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Abstract: We consider a predictor—corrector numerical method for solving Caputo-Hadamard frac-
tional differential equation over the uniform mesh log t; = loga + (log %N) (% ),j=0,1,2,..., N with
a > 1, whereloga = logty < logt; < --- < logty = logT is a partition of [loga,log T]. The error
estimates under the different smoothness properties of the solution y and the nonlinear function f
are studied. Numerical examples are given to verify that the numerical results are consistent with the
theoretical results.

Keywords: predictor—corrector method; Caputo-Hadamard fractional derivative; uniform meshes;
error estimates; Adams-Bashforth-Moulton method; smoothness properties; error estimates

1. Introduction

Fractional differential equations have recently become an active research area due
to the applications in fields including mechanics, computer science, and biology [1-4].
There are different fractional derivatives, e.g., Caputo, Riemman-Liouville, Riesz, etc. Such
fractional derivatives are well studied in literature. One particular fractional derivative, the
Hadamard fractional derivative, is also important and has been used to model physical
problems in many fields [5-11]. The Hadamard fractional derivative was first introduced
Differential Equations. Foundations in early 1892 [12], and the Caputo-Hadamard derivative was suggested by Jarad et al. [8].
2022, 2, 839-861. https://doi.org/ In this paper, we will discuss the numerical method for solving a Caputo-Hadamard
10.3390/ foundations2040057 fractional initial value problem. We will be analyzing the smoothness properties of various
aspects of such equations and explain how these properties will affect the convergence
order of the numerical method.

check for
updates

Citation: Green, CW.H.; Yan, Y.
Detailed Error Analysis for a
Fractional Adams Method on

Caputo-Hadamard Fractional

Academic Editor: Sotiris K. Ntouyas

Received: 28 August 2022 Consider the following Caputo-Hadamard fractional differential equation, with « > 0, [8]
Accepted: 13 September 2022
Published: 22 September 2022 cuDgy(t) = f(ty(t)), 5ky(a) = ygk), k=0,1,...,[a] — 1, 1)

Publisher’s Note: MDPI st tral . .
HoTshers ot TSR for1 < a < t < T. Here, [a] denotes the least integer bigger than or equal to «. Here,

published maps and institutional affil-  f (£,¥/) i3 @ nonlinear function with respect to y € R, and the initial values ygk) are given.
iations. We also define « such thatn —1 < &« < n,forn =1,2,3.... Here, the fractional derivative

C HDg,t denotes the Caputo-Hadamard derivative defined as,

:

£ £ fal—a—1 ds
cuDasy(t) = m/ﬂ (10g§> My(s)—, t>a>1, ()

with regard to jurisdictional claims in

Copyright: © 2022 by the authors.
Licensee MDPI, Basel, Switzerland.
This article is an open access article  with 6™y(s) = (s4£)"y(s). It is well known that (1) is equivalent to the following Volterra

distributed under the terms and integral equation, with a > 0[13,14],
conditions of the Creative Commons

Attribution (CC BY) license (https:// [a] -1 lo tyv 1 t Fya—1 ds
creativecommons.org/licenses /by / ]/(t) = Z y:g]/) @ + 1_,7 / ( 10g *) f (S/ ]/(5)) I 3)
von, = vl () Ja s s

Foundations 2022, 2, 839-861. https://doi.org/10.3390/foundations2040057 https://www.mdpi.com/journal/foundations


https://doi.org/10.3390/foundations2040057
https://doi.org/10.3390/foundations2040057
https://creativecommons.org/
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://www.mdpi.com/journal/foundations
https://www.mdpi.com
https://orcid.org/0000-0002-5686-5017
https://doi.org/10.3390/foundations2040057
https://www.mdpi.com/journal/foundations
https://www.mdpi.com/article/10.3390/foundations2040057?type=check_update&version=1

Foundations 2022, 2

840

Let us begin by reviewing some different numerical methods for solving (1).
Diethelm et al. [15] first introduced the fractional Adams method for the Caputo frac-
tional differential equation as a generalization of the classical numerical method for solving
first-order ODEs. They discussed the error estimates for the proposed method, including
the convergence orders under the different smoothness assumptions of ¥ and f. This work
was then extended by Liu et al. [16] to show that when D% y(t) & C?[0, T}, the optimal
convergence order is not achieved but can be recovered by implimenting a graded mesh.
Gohar et al. [7] studied the existence and uniqueness of the solution of (1), and several
numerical methods were introduced including the Euler and predictor—corrector meth-
ods. Gohar et al. [13] extended their work by introducing the rectangular, trapezoidal,
and predictor—corrector methods for solving (1) with a uniform mesh under the smooth
assumptions -y Dy ,y(t) € C2?[a, T] with & € (0,1). Green et al. [14] extended the results
in [16] to the Caputo-Hadamard differential Equation (1). Numerical methods for solving
Caputo-Hadamard time fractional partial differential equations can be found in [7,17].
More recent works on numerical methods for solving fractional differential equations can
be referred to [17-21].

Caputo-Hadamard type fractional differential equations have the significant interests
when they come to real applications due to the logarithmic nature of the integral kernel.
This is especially true in mechanics and engineering. An example of this is the use of
Hadamard type equations in fracture analysis and the modeling of elasticity [22]. Further-
more, the Caputo-Hadamard fractional derivative has been used in fractional turbulent
flow models [23]. In biology, the Hadamard fractional derivative has been used in mod-
eling for cancer treatments by radiotherapy [24]. Many of these models require efficient
numerical methods for solving them. In literature, the error estimates of the numeircal
methods proposed for solving the Caputo-Hadamard fractional differential Equation (1)
are based on the assumptions that the solution y and f are sufficiently smooth [7,13]. In this
paper, we will consider the error estimates of the numerical methods under the different
smoothness assumptions of y and f.

Diethelm et al. [15] considered a variety of smoothness assumptions of y and f to
the fractional Adams method for solving Caputo differential equations. The aim of this
work is to extend the ideas in [15] for solving Caputo fractional differential equation to
Caputo-Hadamard fractional differential Equation (1).

Let us start by briefly recalling the Adams-Bashforth-Moulton method for the Caputo—
Hadamard fractional derivative. To construct such a method, we require an approximation
of the integral in (3). We will apply the following product trapezoidal quadrature rule,

dz

e e
[ (o) ~tog@)* g0 Z )

dz
z

[ (1ogltx0) ~ tog(2)* 5(2)

where the approximation gy 1 (z) is the piecewise linear interpolant for g at t, j=012,...,k+1.
Using the standard techniques from quadrature theory, we can write the right hand side
integral as,

bt w1 k+1
[ Cogttin) ~log(2)" i@ = Lajeasty) ©
where, t
Ajfr1 = /ak+1 (log(try1) — 108(2))a714’j,k+1d21 (6)
and,
%, ifti 1 <z<t,
Pikr1(2z) = %, ift; <z <ty 7)

0, otherwise.
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Evaluating the integral, we get,

A ':
log% 0s ] 0/
_ 1 L_A+——B,
Gk T G 1) ) los s f+1 J Vg

(log tk+1)a, i=k+1,

]:1,2,...,k, (8)

Ay =(10g 1) (10g %)™ 1 (0 +1) (10g f+1)<1ogfkt;1)“, i=01,.k,

j+1 j ]
B; :<log T)Hl — (log ZT)QH + (tx—l—l)<log i) <log Z‘T) , j=12,.,k

This gives us the formula for the corrector, known as the fractional one-step Adams-
Moulton method,

1
Yer1 = Yo + () (Z Aiks1f(t,¥j) + aka k+1f(tk+l/yk+1>) )

We now must determine the predictor formula required to calculate y}: - For this, we
will generalize the one-step Adams—Bashforth method for ODEs. To do this, we follow a
similar method, but now, we will be replacing the integral on the right-hand side by the
product rectangle formula rule,

bt k
/ak (log(tk+1)—10g(z)) Z i k18 (¢ (10)

where,

o=
LT T+ 1)

(1ogtk;1) (1gi’:) 1 i=0,1,2,... k (11)

Therefore, the predictor can be calculated using the fractional Adams-Bashforth
method,

k
Vi1 = Yo+ Zobj,kJrlf(tj/yj)- (12)

j=
Finally, we can conclude that our basic method, the fractional Adams—Bashforth—
Moulton method, is described with the predictor Equation (12), the corrector Equation (9),
and weights (8) and (11). For this method, however, we will be using a uniform mesh

defined below.
Let N be a positive integer and leta =ty < t; < --- < ty = T be the partition on [a, T].
We define the following uniform mesh on [log(a),log(T)] with loga = logty < logt; <
<logty =logT,

logt; —loga g

=L 1
logty —loga N’ (13)

which implies that,

logt; = loga+jh, withh= (logty —loga)/N. (14)
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when j = N we have logty = log T and when j = 0, we have log ty = loga. By applying
such a mesh on our weights, we can simplify them to,

" (Rt — (k= a) (k+ 1)), if j =0,
Ukl = T ) (k—j+2)" 4+ (k—j)*t —2(k—j+1)%, if1<j<k (15
1, ifj=k+1,
and ”
bjki1 = m((k+ 1—j) = (k=j)"). (16)

The fractional Adams-Bashforth-Moulton method has many useful properties. First,
we may use this method to solve nonlinear fractional differential equation by transform-
ing the nonlinear equation into a Volterra integral equation with a singular kernel and
approximating the corresponding Volterra integral equation with some suitable quadra-
ture formula. Second, the fractional Adams—Bashforth—-Moulton method is an explicit
method, and as such, it can save computer memory and can be more computationally
time-efficient. Finally, this method has been shown to have a convergence order of O(h?~%)
for suitable meshes.

We shall consider the error estimates of the predictor—corrector schemes (9) and (12)
under the various smoothness assumptions of f and y in this paper. The paper is organized
as follows. In Section 2, we will consider some auxiliary results that will aid us for the
remainder of the paper in proving the error estimates. In Section 3, we consider the error
estimates of the predictor—corrector method for solving (1) with a uniform mesh under
different smoothness conditions. In Section 4, we will provide several numerical examples
that support the theoretical conclusions made in Sections 2 and 3.

2. Auxiliary Results

For the remainder of this work, we will be using the Adams method described by the
predictor Equation (12) and the corrector Equation (9) and the uniform mesh described by
(13) to solve the fractional initial value problem (1). To begin, we must apply some condi-
tions on the function f, namely that f is continuous and follows the Lipschitz condition
with respect to its second argument with the Lipschitz constant, L, on a suitable set G. By
forcing these conditions, we may use [25] to show that a unique solution y of the initial
value problem exists on the interval [a, T]. Our goal is to find a suitable approximation for
this unique solution.

As such, we will introduce several auxiliary results on certain smoothness properties
to help us in our error analysis of this method. Our first result is taken from [13].

Theorem 1. (a) Let & > 0. Assume that f € C?(G) where G C R? is a suitable set. Define
6 = [L] — 1. Then, there exists a function ¢ € C'[a, T] and some constants c1,ca,...,c5 € R
such that the solution y of (1) can be expressed in the following form:

y(t) = ¢(t) + v;cv(log é)“ (17)

(b) Assume that f € C3(G). Defined = [2] — 1. and & = [1] — 1. Then, there exists a function

o

P e C? [a, T] and some constants ¢1,¢3,...,¢5 € Rand dy,d, ..., ds € R such that the solution y
of (1) can be expressed in the form,

0

y(t) =9(t) + ) Cv(logé)w + idv(log;

)1+UIX
v=1

(18)

We can also relate such smoothness properties of the solution with that of the Caputo—
Hadamard derivatives. From [13], we have,
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Theorem 2. Ify € C™[a, T] for some m € Nand 0 < a < m, then,
AN L e I ARV £y [a]—a+l
o — _ —
cuDay(t) = q’(loga) + ) T([a] —a+1+1) (1 g ) , (19)

=0

where ® € C"~[¥1[a, T] and 6"y(s) = (s%)”y(s) with n € N. Moreover, the (m — [a])th
derivative of g satisfies a Lipschitz condition of order [a] — a.

A useful corollary can then be drawn from this theorem and can be used to generalize
the classical result for derivatives of integer order.

Corollary 1. Lety € C™[a, T] for some m € N and assume that 0 < a < m. Then, -z D} 1y(t) €
Cla, T).

We will now introduce some error estimates for both the product rectangle rule and
product trapezoidal rule, which we have implemented as the predictor and corrector of our

method. Doing so will aid us in producing error estimates and convergence orders of the
fractional Adams method.

Theorem 3. (a) Let z(t) = z(log L) € C![a, T] and 6z = (t4)z. Let h be defined by (14). Then,
tk+1 tk+l tydt k ‘ £ 1 1\
A (™ ok ]E)”f/kﬂ'z(l"g )| = ozl (log 2t ) 20)
(b) Let z(log t) = (log £)" for some p € (0,1). Then,
et b1\ * 1 AR t Re b1 \* PP
L (10s )" 2 (108 ) T ‘ngﬂkﬂz(l"g Sl =ch(los ™) ey

Proof. Using the construction of the product rectangle formula rule, we can show that in
both cases above, the quadrature error can be represented by,

[ (o) 108 1) F - (1051
_ Z/JH tk“ (z(log E) —Z(log ))it (22)

We will begin by proving statement (a). We first apply the Mean Value Theorem on z
in the second factor of the integrand and note that 6z (t) = (t%)z(t) = z'(log ). This gives
us, with ||6z[[ee = maxc(o 1) [62(t)],

/atkH(logh(TH) (log )ﬁ—ib]kﬂz(log )‘

J+1 t dt
<||5Z||OOZ/ kH) (logtflogt]-)T

h1+uc k< 1

L\

j=0

_ h1+a (k+1)1+zx k <) hl-i—a k+1 . k N
ol (S = ) = sl (] t—];;]). @)

j=0

— 162l [(k+1— )M — (k= )] — <k—j>“)
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The final bracket can be interpreted as the remainder of the standard rectangle quadra-
ture formula for the function t* over the interval [0, k + 1]. We can then apply a standard
result from quadrature theory that states that this term is bounded by the total variation of
the integrand, (k + 1)*. Therefore, we can conclude that,

e b @ 1 tydt & t nite
/a+ (log%) z(loga)t—];)bjlkﬂz(loga])’§||5z||oo . (k+1)* (24

Now to prove (b). We use the fact that z(log £) = (log )" is monotonic and repeated
applications of the Mean Value Theorem. We are required to take cases when 0 < a < 1
and o > 1.

Casel:0<a <1,

/-atk+1 (log tkT—H)ailZ(log 2) ? - Ek(:) bj,k+12(log %) ‘

hetr k-1
< ((k—l—l)"‘—k"‘—l—ptx ij—l(k—j)“‘1+(k+1)i”—kf’>
j=1

herP 1 LS Na—1 1
< (ak"‘ +pa Y PNk — )+ pkP >
o fas

We shall show that,
k—1
].p,1 (k _]')L‘tfl S Ckll(‘i’p*l. (25)

j=1
Assuming (25) holds at the moment, we then have,

a+

I<

' (k= 4 paCHP 1 pk 1) < CHOHP (kP 4 TP 1)
<ChvtPRetr—1 — cprtp ( log t;iT_H)tx-&-p—lh_(M-p—l) —Ch ( log t]iT_,’_l)vH-P—l‘

It remains to prove (25), which we shall do now.

k—1

Pk = T ) 2 ) e (1P )
j=1

Let F(x) = xP~1(k — x)*! for 0 < x < k. Then,

F/(x) = 2P 2(k = 2)* 22— & — p)x = (1= p)k].
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By letting the parenthesis equal zero, we find that F(x) has a turning point at x, =

(1-p)k meaning F(x) is decreasing on [0, x| and increasing on [x,, k]. Therefore,

2—a—p’
k-1
Z]-pfl ) 1</ Nl ) 1dx+/ 2PNk — x)*Tdx
j=1
a=1 (77 p-1 p—1 [F a—1
<(k—xp) / xP~dx + xp /(k—x) dx
0 xp
P
EPRETIR L R
2—a—p p 7 w

=C1k* kP + CokP 1k < CckPHa—l,

Case2:a >1,
tk+1 tk a—1 dt k
DR (M v (]
ha—l—p -
— 2 (G =) (ke +1= ) = (k= 1))
j=0
htp k-1
< (0t =R T e 1 (ke 1) )

j=1

hotp 1 kfll 1 ‘ 1
< o (a(k+1)“ +pa) PN k—j+ 1) +(k+1)P—kP>.
j=1

We shall show that,
k—1
Yo k—j+ 1)t < cre Pl (26)
j=1

Assuming (26) holds at the moment, we then have,

a+p

I §h (oc(k + 1)1 4 paCk P14 pk”fl)

<Che+P (CkHP—1 Lokl g Ck“ﬂ’—l)

<CRHPRFP=1 = cpetp ( log t%l)“w*lh*(“ﬂ’*l) — Ch ( log t’%l) e

It remains to prove (26), which we shall do now.
k—1
Yo k=)t =1 ) 2 k= 1) 4 (k= 1)P (2L
=1

Let F(x) = xP~1(k — x)* ! for 0 < x < k. Then,
Fl(x) =2k —2)* 2|2 —a— p)x — (1= p) (k+1)].

y letting the parenthesis equal zero, we find that F(x) has a turning point at x, =

B
% meaning F(x) is decreasing on [0, xp] and increasing on [xy, k]. Therefore,
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(i) If2—a—p >0, thenx, > 0. Therefore,

k—1 X P

Y k- )t < / " (k41— x)* ldx + / WLk 41— x)* ldx
— 0 Xk

]7

P k+1— %
<(k+1-0)122 +x§*17( 1)

p 14
=(k+ 1) C(k+ 1) + Ca(k+ 1) ' Ca(k +1)*

<C(k+1)*P~1 < ckrtrt,

(i) If2—a—p <0, thenx, < 0. This means that F'(x) < 0 and shows that F(x) is a
decreasing function. Therefore,

k—1 k
YN k—j)t < /O Pk +1—x)" ldx
j=1 *

alg

k
<(k+1 —0)“*1/ P ldx < (k+1)% 1= < cktrd,
0

which gives us the desired result. O

Next, we come to corresponding results for the trapezoidal formula that has been
used for the corrector of our method. The proofs of this theorem are similar to those of the
previous theorem.

Theorem 4. () Let z(t) = z(log L) € C?[a, T] and 6%z = (t4)%z. Let h be defined by (14).
Then, there exists a constant C‘XTV depending on a such that,

[ (o) (o) (sl o e

(b) Let z(log L) € C'[a, T) and assume that 6z fulfils a Lipschitz condition of order u for some
u € (0,1). Then, there exists a positive constant Bgfﬂ and M(z, u) such that,

/a“‘“(logtk%l) z(log - )dT i kHz(log )‘gg;;m<z,m(1og ) Ty, (28)

(c) Let z(log t) = (log £)? for some p € (0,2) and ¢ := min(2, p + 1). Then,

et b1 a1 Byt £ Tr b1\ P76,
/a (logT) z(log)t—];)aj,kﬂz(loga) SCa,p(log7> he. (29)

a

Proof. By construction of the product trapezoidal formula rule, we can show that in the
first two cases above, the quadrature error can be represented as,

/atk+1 <1Og tkTJrl>oc—1z(1og 2) # - i)aj,kﬂ (log %)
j=
e ) n)t
j= ]

where,
log -~ log ¢ [
) = )+ ), €t 61
log Fr log L—
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We will begin by proving statement (a). To find an estimate for (30), we must simplify
the second factor of the integrand by applying the Mean Value Theorem. Therefore,

z(log£> — Pi(t)

gtf}( (log ) —z(logZ)) +b1;((i;;(z(log;) —z(log J+1))
T

log [ j
log ti log ti

= ]: 0z(c1)(logt —logt;) + ﬁé z(c2)(logt —logtiy1)
log +1- log 17—

(logt —logt;;1)(logt —logt;) (
(logtit1 —logt;)
<hé®z(c3)(c1 — 2) < |[6%z| ol

52(c1) — 0z(c2))

Applying the above to (30), we get,

> (g 2) " (2108 2) - ) &
j=0""%

k )
<y [ (1og ) el = 1 ||ooh22 [ (eg )
=07t
kor—1 t ants
=Wl 3 [ (1o %5,
j=0 |
-1 k ¢ N ; .
10%2]|ooh® — ],Z(:)(ogtjﬂ) (10g™:2)

k
= 1[8% ol Y B (ko 1)~ (k) = |6 2R (k1)
j=0

_ 1o 2 fer1\®
= &||5 z|| ool (log7> .
Now to prove (b). As z € Cl[a, T], this time, we are unable to apply the mean value
P pply

theorem for a second time. Instead, we will apply the Lipschitz condition of order y on 6z
for some u € (0,1). Therefore,

z(log£> — Pi(t)

log 7 £ log 1
1t< (log )—z(logé)) +1 + ( (log )—z(log = ))
087 OgT
logt log

5z(c1)(logt —logt;) + ﬁdz(cz)(logt —logtiy1)
log f/+1 logt—j

_ (logt —logt;;1)(logt —logt;)
(logtj1 —logt))
ShM|C1 — Cz|” S M]’llJrV,

(62(c1) — 62(c2)
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where M is a constant depending on z and u. Applying the above to (30), we get,

3 (o) (<o) - o)
L

/]+1 ( tk?1> Mh”" — MAuTH Z/” fk+1 1?
:Mh1+y]é [j(logtk:l)a}éﬂ _ Mhl'*‘ﬂ_al]é (log ?;E)a _ (log tk;jrl)tx

k
MRYEY B (k= j+1)" — h*(k— j)* = %Mh””h"‘(k +1)*
j=0
11 ber1\®
= M (log 11 )
Finally, we shall prove (c). We will start by proving the theorem when 0 < p < 1.
Case1:0 <a <1. Let

A:

[ o2 100 )~ Bse(107)

B o) () (et (o) o (s )]
tit1 b

I sy (o)~ (2 (s ) )4

t.tj+1 <1ogt"t”)“1[(1°g;)p— <‘%<1og2)p+$(logtj;>p)]ﬂ
j

IN

1gt

For I, we have,

| N t\p (log i t\P\ ] dt
1|, (1los=2)" | (rog7) log;l(l"ga) T
o Fegpq \ 41 E\P loga )|t
= /t (log )| (log ) = (=5#") | 7
t —1 X _ 1
s/l (1ogt"i)“ e [(FED K
to t t I
1 _
S k: = WPkl = ChP (k4 1)*"! = ChPllog (”‘7“)

For II, we have,
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Therefore,

11| <c2/
<ChP 2/”

.
T
L

—ChpHe

.
_

Schzx+p

1T
>~ =
| Il
_

Schtx-ﬂ?

1

.
-
I

Similar to our previous proof, we now must find the bounds for the summation.

k=1
Y 72k
j=1

. 1log + log -
:Cz/t.f“ (log tk+1>“ £ tita [ 5—1 p— 1} dtt

b 1
log g+

tj

Og t Og t/+1

ti1
ti

tk+1 a1

[CHas

tk+1 []-p—1 G+ 1)p—1]$

(s )]

log

[t = Gt [ty e [t = e |

=072 [k = ] 2]

=),

)ocfldx

1x1</xp2

"‘1dx+/ x”2

k
<(k—x,)* / e T / (k— x)* ldx
1 xp
g1 —2 (k—xp)"
1 P
=(k—xp)" 7_p+x5 —

=C1k* 1 4 CokP 2. Cak* < Ck* 1 4 Ck* P2,
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Thus,

k—1
11| <Ch**P [ Y PRk ) k”‘z] < Ch*tp [Ck"“l + Ck* P2 4 kP—Z}
j=1

<Ch*tp [Ckzx—l +Ckvc+p—2+ktx+p—2} < Chetp [Ck”“l +Ck"‘+?"2}
<Ch**llog (%)ail + Ch?*log (tkT“)prz < Ch"*llog (tkTJrl)"‘*l'

Thus, we get the desired result.
Case2: 1 <a <2. Let

A:

/ﬂtk“ (log t%“)"‘—lz(log 2)? _]é”f'km(log 2)'
R e

L () st (2 2 )
]

log -
& tit1

<

=I+1II

For I, we have,

| g bep1 )21 t\r (log i P\ dt
SINCEYIICH lg;l(k’ga> T
| Fep1\ 2t t\P log £ p\|dt

|, (o) (s )" = (5e07) | 7

< [ (1oglr )yt <D

“ t t o

-1
Bt (k +“1) _ thrvc(k_'_l)afl _ hp+“(k+1)’x Chp+1tz+%.

For II, we have,

a1 1ogt log -+ B

]+1

(108 )" = (s 2)"

<oy [ (s )" [ - g0

I11] <cz/ tk“

log %

T
L

:cW“_ []Pl (j+1)P1][(k+1—j)ﬂ-(k—j)ﬂ+[k?1—(k+1)P1H

1 r
T
_

<Che+P ‘(p - 1)]'!’—2‘ [zx(k —j+ 1)"‘—1] + k’”‘z]

1 r
»—\ —_

Scha+p ]p 2( —j—|—1)"‘1+k?’2].
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Similar to our previous proof, we now must find the bounds for the summation.

k—1 X k
Y P k—j+ 1)t g/ PP 2(k+1— x)* ldx +/ P2 (k41— x)* ldx
= 1 Xp

] _2(k+1—x )
1 14 p
—(k+1 Xp)a 1 +xp

=Ci(k+1)" 1+ Cok+1)"2- Ca(k +1)*
<Clk+1)* 1+ C(k+1)~tr=2

Thus,
|II| Schszrp[Z IX 1+kp 2] < Chtx+p [C(k—l—l)“il—I—C(k—i—l)'x+p72+kp72]

<Ch**?|C [ (k+1)* 1+ Ck+1)"P2 4 (k+ 1)“?’*2}
<chtr|c [ (k+ 1)1+ Clk+1)*+r- 2}

p+1 k+1 2 b1 atp=2 p+1 b1 a1
<Ch 1g( ) +Ch log(a> < Ch log(a)

Thus, we get the desired result. The proof for this theorem when 1 < p < 2 is similar
to when 0 < p < 1. As such, it has been omitted. [

Remark 1. In the final part of Theorem 4, there is a case when o, p < 1. This would result in
a¢ = p+1,and, in turn, this would make the right hand side exponent of log(ty1/a) become
negative, taking a value of « — 1. This results in a case in which the error increases as the interval
of integration decreases. The explanation for such a situation is that as the interval of integration
decreases, so too does the weight function, making the integral more difficult to calculate and
resulting in an increase in error.

3. Error Analysis for the Adams Method

In this section, we will be presenting the main error estimates for the Adams method
for solving (1). We will be investigating different smoothness conditions for each of y and f
and how they affect the error and convergence order.

3.1. A General Result

Using the error estimates established in the previous section, we will present the gen-
eral convergence order of the Adams-Bashforth-Moulton method relating to the smooth-
ness properties of the given function f and the solution y.

Lemma 1. Assume that the solution y of (1) is such that,

/atm (log tl‘%l)ail {CHDg,t]/( }dt ib] k+1 [CHDa iy(t )} ’ <G (10% tk7+1>%hél’ 2
and,

/:k+l (log tkTH)a_l [CHDZ‘/ty(t)} # — i)ﬂj,kﬂ [CHDg,ty(tj)] ’ (log i1 )nh&z (33)

. =

with some 7y1,7v2 > 0 and 61,6, > 0. Let y; be the approximate solution of (1). Then, for some
suitably chosen T > 1, we have,

Jmax [y(t) —yj| = O,
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where g = min{dy + &, 5, }.
Proof. We will show that, for sufficiently small #,
ly(t) —y;l < CH, (34)

forall j € {0,1,2,...,N}, where C is a suitable constant. This proof will be based on
mathematical induction. By using the initial conditions, we can confirm the basis step at
j = 0. We now assume that (34) is true forall j = 0,1, ...,k for some k < N — 1. Finally,
we will prove that inequality (34) is true for j = k+ 1. To show this, we must start by
finding the error of the predictor y} +1- By the definition of the predictor, we can show
the following:

k+1 &— k
[ (g 1) payen® - 1 b (5, )(8)
=

1
ly(tes1 — ylljﬂ\ :W

1 b trp1 @1 dt k
Slq(oc) /a (log T) cnDay() 5 = Jg bikr1cuDg ey (t))
1 k
= T & el Gy () = £y
]:
Cilog (%)“’1 " 1 kK
, q
Cilog (%)% m 4 CL(log %)'th'
B I'(a) T(a+1)

For this proof, we have used several properties. These include the Lipschitz condition
placed on f, the assumption of the error on the rectangle formula, and the understanding
of the underlying predictor weights, b; 1 > 0 for all j and k and,

‘ a

k
1 T\«
L bjkr1 < (105 )" (35)
]:

Now, we have a bound for the predictor error. We also need to analyze the corrector
error. To do so, we will be using a similar argument as with the predictor case as well as
using the assumption made for mathematical induction. Note that,



Foundations 2022, 2

853

ly(trs
_ 1
T(a)

)

= Ykt
tk+1
(lo
a

=
. /-atk+1 (log tkTH)”‘—l [CHDg,ty(t)} # - ;)aj,k-&-l [CHDg,ty(tj)} ’
j=

b1\ 21 it &
gf) f(ty(t)) v ﬂ]k+1f( oY) = A err f (Bt Virr)

t

k
Flg k+1|f Y ]))_f(tjryj)|

+F(1{X)ak+1,k+1|f(tk+1ry(tk+1)) _f(tkﬂryfﬂ)!

- Colog (t"+1 )72 )

¥

I'(a)

CL & L (Ci(log)™ CL(log I)*
02 4 = 4 ) a T a q
*rox)hg“ffk““"“fk“r(«)( rer " e )

Co(log §)™ | CL(log7)"  CiL(logf)™ =~ CL*(log§)" .\,
L

I'(a)

I'(a+1) M) (a+2) T(a+1)T(a+2

Due to both 7; and 7, being non-negative and the relations /, < gand é; +a < g,
we may choose a sufficiently small T such that the second summand in the parentheses is
bounded above by C/2. Then, by fixing the value of T, we may bound the rest of the terms
by C/2 as well, given a small enough value of & and by choosing a large C value. Finally,
we can state that the error estimate for the corrector is now bounded above by Ch7. O

3.2. Error Estimates with Smoothness Assumptions on the Solution

In this subsection, we will be introducing some error estimates given certain smooth-
ness assumptions being placed on the solution of our inital value problem. To do this, we
will be using the general error estimate introduced above as well as the auxiliary results
demonstrated in Section 2. For our first case, we will assume that y is sufficiently differ-
entiable. This means the outcome is dependent on a—more specifically, when « < 1 and
when a > 1.

Theorem 5. Let « > 0 and assume cyDy 1y € C2[a, T for some suitable T. Then,

oh?) a>1,
max () = yjl = {O(hm) f o1 (36)

We can note from this theorem that the order of convergence depends on «. More
specifically, a larger value of « gives a better order of convergence. The reason for this
is due to the fact that we have chosen to discretize an integral operator that will behave
more smoothly as the value of a increases, thus creating a higher order. We could have
chosen to discretize the differential operator directly from the inital value problem. It can
be shown that the opposite result occurs compared to the integral operator. As « increases,
the smoothness of the operator deteriorates, and the convergence order diminishes. More
specifically, it has been shown that when « > 2, no convergence is achieved. This means
that such a method is effective when « is small but will be ineffective for larger « values.
This is one of the main advantages of this method for the Caputo-Hadamard derivative, as
convergence is not only achieved but is most optimal at larger values of .
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Proof. By applying Theorems 3 and 4 and Lemma 1 with y; = 92 =« > 0,47 =1, and
dp = 2, we can show that the an O(h1) error bound where,

2 ifa >1
=min{l +a,2} = ’ 37
1 { ' {1+1x ifa < 1. G7)

O

We can note from this theorem that this is for an optimal situation. The function we
must approximate when applying the Adams method is the function f(-,y(-)) = cuDj ;y-
Therefore, the error bound is heavily dependent on obtaining a good approximations of
f. To obtain such good error bounds, we can look to quadrature theory, which gives a
well-known condition for obtaining this, namely the function f € C? over the interval of
the integral. As we can see from the above theorem, that is the case that we are looking at
here. Therefore, this can be considered as an optimal situation. However, this can be also
considered as an unusual situation. Rarely are we given enough information such that we
can determine the smoothness of y or, in this case, cyDj ¥, so we cannot rely on such a
theorem. In general, we must formulate our theorems using the data given on the function
f, which will be considered in the next subsection.

We next move on to giving some theorems that now give the smoothness assumptions
based on the unknown solution y instead of cy Dy ;. Theorem 2 implies that the smooth-
ness of y often implies the nonsmoothness of cy Dy ;y; we are expecting some difficulties
in finding the error estimates. However, Theorem 2 also gives us the form of cyDy,y
under such smoothness conditions and gives us information about the singularities and
smoothness of cy Dy ;. As such, we can use this information to give the following result.

Theorem 6. Let & > 1 and assume that y € C**1%1[a, T] for some suitable T. Then,

N ] — 1+[a]—a
éﬁ@W@) yjl = O(h )- (38)

Proof. By applying Theorem 2, we have that ¢;; D% y(t) = C(log £) ol g(log L) where
g € Cl{a, T] and g follows the Lipschitz condition of order [a] — a. Therefore, by applying
Theorems 3 and 4 and Lemma 1, we getthaty; = 0,72 =a—1,0; = land d = 1+ [a] —a.
With « > 1, we can say that 6; + « = 1+ a > 2 > ;. Therefore, min{d; +«,d,} = d,, so

an error bound of O(h3) is finally given. [

From the above theorem, we can draw some conclusions, namely that the fractional
part of « plays a huge role in the overall convergence order. More specifically, as [a] — «
increases or the fractional part of a decreases, the convergence order improves. This means
that the convergence order no longer forms a monotonic function of a« but rather oscillates
between 1 and 2 depending on «. However, this theorem does show that under such
smoothness properties, this method converges for all « > 0.

Theorem 7. Let 0 < a < 1 and assume that y € C2[a,T| for some suitable T. Then, for
1<j<N,
R if0<a < 3,

39
e ifl <a<i, 39)

fina—1
Y — y 1
ly(t)) wISC(bgu) X{
where C is a constant independent of j.

From this, we can take the following corollary.
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Corollary 2. Under the assumption of Theorem 7, we have,

On*) ifo<a<i,

O(h) if i <a<l. #0)

max [y(t;) — yjl —{

0<j<N

Moreover, for every € € (a, T), we have,

0(h1+a) if0<a< %,
L 41
trél[a% |]/( i) — y]| {O(hZa) z‘f% <a<l1. “

Proof of Theorem 7. For this proof, we would be following that of Theorem 6. However,
as 0 < « < 1, we have that 7, = « — 1 < 0, meaning that we can no longer apply Lemma 1.
We will need to adapt the proof of this lemma in order to apply it to this case. To do so, we
will retain the main structure of the proof and application of mathematical induction but
will now change the induction hypothesis to that of (39). Wlth such a change in hypothe51s

we must now find estimates for the terms Z = bjjs1(log 2 ) and Zk 1 @jj+1(log 2 )02

By applying the Mean Value Theorem, it is known that 0 < bjy i1 S h*(k — j)*~! and
0 < ajjyq < ch®(k—j)*'forl <j<k—1and cisindependent of j and k. Applying
these bounds for the weights, we reduce the problem to finding bounds for the sum
Sk = Z}:ll j72(k — j)*~1. Looking back at Theorems 3 and 4, we have shown similar
results, and it is easily shown that Sy = Ck72** when both the indices 7, and « — 1 are
in the interval (0,1). By applying this, we can complete this proof using structure of
Lemmal. [O

3.3. Error Estimates with Smoothness Assumptions on the Given Data

In this final subsection, we will be looking at how changing the smoothness assump-
tions of the given function f can change the error and convergence order for this method.
We will be looking at both when & < 1 and whena > 1.

Theorem 8. Let « > 1. Then, with f € C3(G),

| — 2
Ogl}@;vw —yj| = O(n). (42)

Proof. We will split this proof into when « > 2 an when 1 < a« < 2. When a > 2,
we can adapt a result from Miller and Feldstein [26] to apply here which shows that
y € C%[a, T]. Then, given the smoothness assumpions on f, and applying the chain
rule, cy fo,ty € C? [a, T|]. This then fulfills the conditions of Theorem 5, which gives the
desired result.

Now, for when 1 < a < 2, we wish to apply Lemma 1. To do this, we must find
the constants 1, 72,41 and J; in the lemma. As in the case of our previous theorems, we
must determine the behavior and smoothness of y. We find this information by applying
Theorem 1b, which tells us that y is in the form,

y<t>=¢(t>+flcv(log )" Z o(10g 1) (43)

As ¢ € C?[a, T], this implies that y € C![a, T]. Similar to the case of « > 2, we can
deduce ;D% ,y € C'[a, T]. This then fulfills the conditions of Theorem 3a, giving us that
¥1 = « and 61 = 1. Furthermore, we may apply Theorem 4a,c to find the remaining values
such that 7, = min{a,2a —2} = 24 —2 > 0 and &, = 2. By applying Lemma 1, the
required result is achieved. [
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4. Numerical Examples

In this section, we will be considering some numerical examples to confirm the
theoretical results presented in the previous sections. We will be presenting examples
below with 0 < & < 2 as the applications for @ > 2 are not currently of interest. We will be
solving the following examples for a = 1 and T = 2. The following examples and graphs
were created in blueMATLAB using the following algorithm.

1.  Give an initial value yy.
2. Find yf using (11) and (12) such that,

vy = o+ bo1f(to, vo), (44)

where,

le_’IKa%+l){(logié)a-—(logii>a} _'[(a{%l)(logi;)a. (45)

3. Find y; using (8) and (9) such that,

Vi=vo+ r(la) <ﬂo,1f(to,yo) + ﬂ1,1f(t1,yf))- (46)

4.  Repeat steps 2-3 to find y2,y3,...,yN.

Example 1 (cy Dy 1y is smooth). Consider the following nonlinear fractional differential equation,
with) < a <2,

caDay(t) = f(ty), 1<a<t<T, W)
y(a) =0,0y(a) =0,

where,

() t\8—«  T(5+a/2) £\ 4-a/2
Fo = gy (53) 75—z (°8)

Qlust) = () ) -

This example has a nonlinear and non smooth f. However, due to the form of this
equation, it is well known that the solution y is given as,

y(t) = (log 2)8—3(1055 t)4+a/2+Z(log é)lx. (49)

a

+Zua+1) (48)

As such we can say,

r9) (lo ;)8—“71"(5-%0(/2)(1 t)4—“/2 9

o — - T .
CHDﬂ,ty(t) r(g _ 06) r(5 _ 0(/2) Og a + 4 (0é + 1) (50)
For a < 4, we have that -y D%,y € C?[a, T|; this fulfills the requirements for Theorem 5.
As such, we can show the theorem holds for such an example. Let N be a positive integer
and let loga = logty < logt; < --- < logty = logT be the uniform mesh on the
interval [log a,log T]. such that logt; = loga + jhforj =0,1,2,...,Nand h = (log %) /N.

Therefore, we have by Theorem 5,

O(h?) a>1,

el = jmax [y(t) — y;| = { o) xe1 61

0<j<N
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In Tables 1 and 2, we can see the maximum absolute error and experimental order
of convergence (EOC) for the predictor—corrector method at varying « and N values. For
our different 0 < & < 2, we have chosen N valuesas N = 10 x 2/, 1 = 0,1,2,...,7.The
maximum absolute errors ||ey || Were obtained as shown above with respect to N, and we

calculate the experimental order of convergence or EOC as log (\I\I:g{ ““"" ) As we can see,

the EOCs for the above example follow that of Theorem 5.

Table 1. Table showing the maximum absolute error and EOC for solving (47) using the predictor—
corrector method for 0 < & < 1.

N « =04 EOC « = 0.6 EOC « =0.8 EOC

10 6.839 x 1072 2.607 x 1072 1.350 x 102
20 2064 x 1072 1.728 7433 x 1073 1810 3542 x 1073  1.930
40 6576 x 1073 1.650 2209 x 1073  1.751 9534 x 107*  1.894
80 2193 x 1073 1584 6768 x 107* 1706  2.610 x 10*  1.869
160 7561 x 107* 1536 2120 x10~%* 1675 7225x10°°  1.853
320 2671 x 107% 1502 6744 x 107>  1.653 2.015x 10>  1.842
640 9.600 x 107> 1476 2169 x 10™°>  1.637 5652 x107®  1.834
1280 3497 x 107> 1457 7.026 x107® 1626 1591 x 10°®  1.829

Table 2. Table showing the maximum absolute error and EOC for solving (47) using the predictor-
corrector method for a > 1.

N « =125 EOC « = 1.50 EOC « = 1.75 EOC

10 6.166 x 1073 5475 x 1073 5.369 x 1073

20 1463 x 1073 2.076 1319 x 1073 2053 1.319x 103  2.026
40 3497 x 107% 2,065 3207 x 107*  2.040 3259 x 10~*  2.017
80 8408 x 107>  2.056 7.853x10~°  2.030 8.091 x 107>  2.010
160 2033 x107° 2049 1934 x 107> 2022 2014x10">  2.006
320 4935 x107% 2,042 4783 x107° 2016 5022 x10°®  2.004
640 1203 x 107®  2.036 1187 x107® 2011 1253 x10°°®  2.002
1280 2943 x 1077 2031 2951 x 107 2008 3.131x 107  2.001

In Figure 1, we have plotted the order of convergence for Example 1. From Equation (51),
we have fora <1,

(log, [len]) < (log,C) + (log, h1**)) < (log,C) + (1 +a)(log, k). (52)

We can now plot this graph such that y = (log, ||en||) and let x = (log, ) and
h = ﬁ,l = 0,1,...,7. Doing this, we get that the gradient of the graph would equal
the EOC. To compare this to the theoretical order of convergence, we have also plotted
the straight line y = (1 4 a)x. For figure 1, we use @ = 0.8. We can observe that the two
lines drawn are parallel. Therefore, we can conclude that the order of convergence of this
predictor—corrector method is O(h'*#) for when & < 1. A similar result can be obtained
for when & > 1. Figure 2 shows the same graph but for « = 1.75. However, now we can
see that the line is parallel to the straight line y = 2x, which is what we expected as the
convergence order should tend to 2 for & > 1.
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Figure 1. Graph showing the experimental order of convergence (EOC) at T = 2 in Example 1 with

x=0.8.
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Figure 2. Graph showing the experimental order of convergence (EOC) at T = 2 in Example 1 with

a =1.75.

Example 2 (y is smooth). Consider the following nonlinear fractional differential equation, with

0<a<?2,
{CHDZ‘,ty(f) =f(ty), 1<a<t<T,
y(ﬂ) = 0/5]/(11) - 1
where,
2—u 2
G- a)(log ) —y+(logé) —1085, foroa>1,

TG a)(log )2_0é = a)(log )1_a*y+(log£)2—log£, fora <1.

The exact solution of this equation is,

y(t) = (log£>2 —log%.

(53)

(54)

(55)
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In Tables 3-5, we can see the maximum absolute error and experimental order of
convergence (EOC) for the predictor—corrector method at varying « and N values. For
our different 0 < & < 2, we have chosen N valuesas N = 10x 2,1 =0,1,2,...,7. As
y € C%[a, T] we can apply Theorems 6 and 7 and more specifically, Corollary 2. As we can
see, the EOCs for the above example verifies these theorems. When « < 0.5, we find that
the EOC is close to 1 + « and when 0.5 < « < 1, we find that the EOC is close to 2 — «.
Finally, when a > 1, we have that the EOC is close to 1 + [a] — a.

Table 3. Table showing the maximum absolute error and EOC for solving (53) using the predictor-
corrector method for 0 < « < 0.5.

N a=0.1 EOC «=10.3 EOC a« =05 EOC

10 2.225 x 1072 9.375 x 103 5.123 x 1073

20 1261 x 1072 0.819 3345 x 1073 1487 1622x10%  1.660
40 5625 x 1073 1164 1196 x 1073 1484 5255 x 107*  1.626
80 2387 x 1073 1.237 4343 x107* 1461 1.739 x 10°*  1.595
160 1.004 x 1073 1249 1.606 x 107* 1436 5.856 x 107>  1.571
320 4242 x 1074 1243  6.033 x 107> 1412 1998 x 107>  1.552
640 1.805 x 107%  1.233 2299 x 107> 1392  6.884 x 10°®  1.537
1280 7742 x107° 1221 8864 x107° 1375 2389 x10°° 1527

Table 4. Table showing the maximum absolute error and EOC for solving (53) using the predictor—
corrector method for 0.5 < o < 1.

N x =07 EOC a=09 EOC
10 5.507 x 1073 1.162 x 1072
20 1.931 x 1073 1.512 5.100 x 103 1.188
40 7.031 x 107% 1.457 2.300 x 1073 1.151
80 2.635 x 1074 1.416 1.051 x 1073 1.129
160 1.008 x 10~* 1.386 4.847 x 1074 1.116
320 3.920 x 105 1.363 2247 x 1074 1.109
640 1.541 x 107> 1.347 1.045 x 10~% 1.105
1280 6.110 x 10~° 1.335 4.863 x 1075 1.103

Table 5. Table showing the maximum absolute error and EOC for solving (53) using the predictor—
corrector method for a > 1.

N « = 1.25 EOC a = 1.50 EOC « = 1.75 EOC

10 6.166 x 1073 5475 x 1073 5.369 x 1073

20 1463 x 1073 2.076 1319x 103 2053 1.319x 103  2.026
40 3497 x 107% 2,065 3207 x 107*  2.040 3259 x 10~*  2.017
80 8408 x 107>  2.056 7.853 x 10~°>  2.030 8.091 x 107>  2.010
160 2033 x107° 2049 1934 x10°° 2022 2014x10"°>  2.006
320 4935 x107%  2.042 4783 x107° 2016 5022 x10°®  2.004
640 1203 x 10°®  2.036 1.187 x 10~  2.011 1.253 x 10~®  2.002
1280 2943 x 1077 2031 2951 x 107 2008 3.131 x 1077  2.001

Example 3 (f is smooth). Consider the following nonlinear fractional differential equation, with
O<a<?2,

caDay(t) = —y(t), 1<a<t<T,
{y(ﬂ) =1,6y(a) = 0. (56)
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The exact solution of this equation is y(t) = Eq1( — (logt)*). Therefore, -y D y(t) =
—Ey1( — (logt)*), where E, ,(z) is defined as the Mittag—Leffler function,

) Zk
Evy(2) =) ——— a,7v>0. (57)
& k:zo T'(ak + )

Therefore, f is smooth. As such, this equation fulfils the conditions of Theorem 8.
In Tables 6 and 7, we can see the maximum absolute error and experimental order of
convergence (EOC) for the predictor—corrector method at varying « and N values. For
our different 0 < a < 2, we have chosen N values as N = 10 x 21, 1=0,1,2,...,7. As f
is sufficiently smooth, we can apply Theorem 8. As we can see, the EOCs for the above
example verifies these theorems. When 0 < & < 1, we have that the EOC is close to 1 + «.
For & > 1, we have the EOC is close to 2.

Table 6. Table showing the maximum absolute error and EOC for solving Example 3 using the
predictor—corrector method for a < 1.

N a«=0.3 EOC a = 0.6 EOC a=0.9 EOC

10 1.353 x 1073 6.520 x 10~* 3414 x 10~*

20 4324 x 107% 1646 1937 x107* 1751 8704 x 10> 1972
40 1466 x 107* 1560 6.019 x 107>  1.686 2270 x 107>  1.939
80 5159 x 107> 1507 1919 x 10™°>  1.649 5990 x 10~¢  1.922
160 1.863 x 107> 1470 6211 x107® 1.628 1591 x10°°® 1913
320 6.863 x 107© 1441 2027 x10°® 1615 4239 x10~7  1.908
640 2570 x 107® 1417  6.652x 1077 1608  1.132x 1077  1.905
1280  9.752 x 1077 1398 2189 x 1077  1.604 3.026 x 1078  1.904

Table 7. Table showing the maximum absolute error and EOC for solving Example 3 using the
predictor—corrector method for a > 1.

N « = 1.25 EOC « = 1.50 EOC « =175 EOC

10 2457 x 1074 2.108 x 104 1.507 x 10~*

20 5847 x 107° 2071 5141 x107°  2.036 3723 x10°°  2.017
40 1400 x 107> 2.062 1261 x 107>  2.027 9236 x107°®  2.011
80 3.374 x 10~° 2.053 3.109 x 10~° 2.020 2.298 x 10~° 2.007
160 8213 x 1077 2.039  7.693x 1077 2015 5728 x 1077  2.004
320 2016 x 1077 2.027 1909 x 10=7  2.011 1430 x 10=7  2.003
640 4975 x 1078 2.019 4.748 x 1078  2.008 3.570 x 1078  2.002
1280 1.233x 1078  2.013 1.183 x 1078  2.005 8919 x 102  2.001

5. Conclusions

In this paper, we proposed a predictor—corrector method for solving Caputo-Hadamard
fractional differential equations. Both the initial data f and the unknown solution y were
investigated to see how the different smoothness conditions affected the convergence order.
It was found under optimal conditions and with & > 1 that we can obtain a theoretical
convergence order of 2. However, under certain smoothness conditions, a suboptimal
convergence order is achieved, often depending on the fractional part of a. Several numeri-
cal simulations are given to support the theoretical results obtained above in terms of the
error estimates.
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