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Abstract: miRNAs are critical for pancreas development and function. However, we found that there
are discrepancies regarding pancreatic miRNA abundance in published datasets. To obtain a more
relevant profile that is closer to the true profile, we profiled small RNAs from human islets cells, acini,
and four rodent pancreatic cell lines routinely used in diabetes and pancreatic research using a bias
reduction protocol for small RNA sequencing. In contrast to the previous notion that miR-375-3p is
the most abundant pancreatic miRNA, we found that miR-148a-3p and miR-7-5p were also abundant
in islets. In silico studies using predicted and validated targets of these three miRNAs revealed that
they may work cooperatively in endocrine and exocrine cells. Our results also suggest, compared to
the most-studied miR-375, that both miR-148a-3p and miR-7-5p may play more critical roles in the
human pancreas. Moreover, according to in silico-predicted targets, we found that miR-375-3p had a
much broader target spectrum by targeting the coding sequence and the 5′ untranslated region, rather
than the conventional 3′ untranslated region, suggesting additional unexplored roles of miR-375-3p
beyond the pancreas. Our study provides a valuable new resource for studying miRNAs in pancreata.
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1. Introduction

The pancreas is an essential metabolic organ composed of, among other cell types,
endocrine and exocrine cells that undergo unique stages during differentiation. This process
is controlled by the expression of specific transcription factors. Multipotent progenitor
cells in the pancreatic bud first differentiate into tip progenitors which then develop into
acinar cells and trunk progenitor cells. The latter further develop into ductal cells, another
major type of exocrine cells, and endocrine progenitor cells. Next, endocrine progenitor
cells differentiate into islets of Langerhans containing glucagon-producing alpha, insulin-
producing beta, somatostatin-producing delta, ghrelin-producing epsilon, and pancreatic
polypeptide-producing PP cells, which produce essential hormones to control glucose
homeostasis. Endocrine cell differentiation is controlled by Neurogenin 3 (NEUROG3 or
NGN3) and other islet cell-specific factors [1,2]. While many transcription factors essential
to the process of pancreatic development and function have been identified (listed in
Supplemental File S1) [2–4], pancreatic development and function can also be modulated
by other regulatory molecules such as microRNAs (miRNAs).

Long and short non-coding RNAs, in concert with coding RNAs, function to orches-
trate gene regulation [5,6]. miRNAs are small non-coding RNAs with biological activities [7].
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miRNAs are known to modulate important processes in the pancreas both in models of
good health and disease [8–10]. However, an analysis of published high-throughput se-
quencing datasets of small RNAs from the pancreas has revealed inconsistent results in the
population of pancreatic miRNAs and their expression levels, especially miRNAs that are
highly expressed in pancreata.

In this study (events were depicted in Figure 1A), using a previously developed
bias-reduction small RNA deep sequencing (smRNAseq) protocol, we profiled small RNA
from eight pairs of human acinar and islet cells and identified miR-375-3p (hereinafter
referred to as miR-375), miR-148a-3p, and miR-7-5p as the most highly abundant miRNAs
in human pancreatic cells, in contrast to the generally accepted idea that miR-375 was the
most abundant pancreatic miRNA that has been most studied. Because the four rodent
pancreatic cell lines, including mouse alpha-TC1, beta-TC-6, MIN6, and rat INS-1, have
been routinely used in pancreatic research and diabetes studies, we also profiled small
RNAs in these cells. Due to the difficulties in elucidating the potential roles of these three
miRNAs in human pancreas cell development and differentiation in vivo, in the current
research, we performed in silico studies of miRNA-target interactions between these three
miRNAs and their predicted and validated targets in pancreatic genes. According to their
predicted targets, we found that both miR-148a-3p and miR-7-5p had a broader target
spectrum than miR-375-3p for target sites located in the traditional 3′ untranslated region
(3′UTR) that are favored by most miRNAs. However, when taking the target sites in the
coding sequence (CDS) or the 5′ untranslated region (5′UTR) into consideration, miR-375-3p
has a much broader target spectrum than miR-148a-3p or miR-7-5p. Most predicted miR-
375 target sites are in CDS or 5′UTR. This result suggests that miR-375 may have additional
unexplored roles in the pancreas and beyond it. According to their validated targets in
highly expressed pancreatic genes and essential pancreatic genes (major transcription
factors and key products), all three miRNAs play a critical role in the pancreas. Pathway
analysis using the above-validated targets showed that miR-7-5p plays a more significant
role in insulin pathways than miR-148a-3p, and miR-375-3p plays a less important role
among the three miRNAs. We hope the results from this study will provide a metric
for future in vivo studies of the miRNA regulation of human pancreatic development,
differentiation, and function.

2. Results
2.1. The Results of Published miRNA Profiles Indicate Discrepancies for Both miRNAs Expressed
in Pancreases and Their Abundance in These Datasets

About two decades ago, a large number of miRNAs were identified and cloned.
Since then, numerous miRNA profiling datasets in different species and organs have been
generated by different techniques and documented. Among them, the small RNA deep
sequencing results are highly appreciated, as the sequencing approach can simultaneously
profile almost all species of small RNAs as well as different isoforms of a given small
RNA. However, there are limited human pancreas small RNA profiling data generated
by smRNAseq and other techniques in the GEO database, probably due to the difficulty
of accessing fresh human tissues in general. We reanalyzed one dataset containing smR-
NAseq results from both human whole islets and sorted alpha and beta cells (GSE52314 by
Kameswaran et al.) [11]. The reanalysis employed miRge [12,13] and the analyzed results
were compared to the published results. Due to the low sequencing depth for the three
islet datasets (SRR1028929, SRR1028930, and SRR1028931) in GSE52314, they were pooled
and treated as the miRNA profile of islets (hereafter referred to as miRNAs of islets).
Because refined profiling methodologies (including both the sequencing device and the
library construction protocol for smRNAseq) were used for sorted alpha and beta cell
samples, datasets from alpha (SRR1028924) and beta (SRR1028925) cells have much higher
sequencing depths than all three islet samples. Because alpha and beta cells account for
the majority of human islet cells, we treated the average of the datasets of alpha and beta
cells as the estimated miRNA profile of islets (hereafter referred to as estimated miRNAs
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of islets). Although our reanalysis of islet smRNAseq data agreed with published data in
general (Figure 1B, “miRge” versus “Ori ref” in “Islets”, “Alpha”, “Beta”), indicating that
the approach of our smRNAseq data analysis performs similarly to the approach used in
the data analysis in original publications, there are differences between the miRNAs of
islets (Figure 1B, “Islets”) and the estimated miRNAs of islets (Figure 1B, “Alpha + Beta”).
A profile of miRNAs of islets revealed that let-7 family members accounted for over 50%
of the total miRNAs and miR-375 was the second-most abundant miRNA, representing
13% of the total miRNAs in the pancreas. In contrast, in the estimated miRNAs of islets,
the most abundant miRNA was miR-375, accounting for ~38% of total miRNAs, while
miR-7-5p was the second-most abundant miRNA, representing 7% of total miRNAs in
the islets. The percentage drop in let-7 family members in the estimated miRNAs of islets
was accompanied by a percentage increase in several miRNAs, including miR-127-3p,
miR-191-5p, miR-99b-5p, miR-26, miR-27, miR-125a-5p, and miR-148a-3p. While there is a
possibility that the sorting of alpha and beta cells from islets may have an effect on their
profiling results, deeper sequencing methodology used for sequencing alpha and beta cells
likely accounts for these differences, and the estimated miRNAs of islets may be closer to
the true miRNA profiles of islets. There are also differences between the published data and
our reanalyzed data, mainly in the abundance of let-7 family members, as indicated by the
ratio of miRNAs in alpha cells and beta cells (Figure 1B). These variations may have arisen
from the use of different mapping algorithms with different mismatch requirements, which
could generate different total read counts for an miRNA with multiple family members. To
rule out potential problems that could have been caused by analysis tools for small RNA
profiling, we reanalyzed another dataset that contained whole islets and sorted the beta
cells (GSE47720 by van de Bunt et al.) [14]. Then, we compared our analyzed data with
the curated data in the miRmine database that contains analyzed data for all six runs in
GSE47720 that have been generated using different data analyzing tools [15]. We first com-
pared runs with high sequence reads, specifically SRR873381 for islets and SRR873401 for
beta cells, which are likely more reliable due to their higher sequencing depth. Both results
analyzed by miRge and miRmine agreed well with each other, further indicating that our
analyzed result is not biased by the approach we have used to analyze smRNAseq data.
Although miR-375 is still shown to be the most abundant miRNA in the pancreas and
covered more than 40% of total miRNA populations in the pancreas, the profiling data
showed several differences compared to GSE52314. Notably, miR-7-5p, a miRNA that
covered ~7% of the total miRNA reads from the pancreas and was the second-most abun-
dant miRNA in the estimated miRNAs of islets in GSE52314 (Figure 1A, “Alpha + Beta”),
dropped to ~0.03% in the dataset of GSE47720, representing an over 200-fold reduction in
abundance (Figure 1B, “Islets” and “Beta”). The low expression level of miR-7-5p in the
dataset of GSE47720 also conflicts with the published qPCR result showing that miR-7-5p
was an islet-enriched miRNA [16] and an islet-specific microRNA during human pancreatic
development [17]. Next, we compared the average of datasets in GSE47720 from all three
runs (SRR873381, SRR871609, and SRR871652) for islets to the average of datasets from
all three runs (SRR873401, SRR873410, and SRR871601) for beta cells, regardless of the
sequencing depth, using the analyzed data by miRmine (Figure 1C, “Islets-all” and “Beta-
all”). In the data averaged from our combined runs, miR-7-5p accounted for 4 to 5% of total
miRNAs in the islets, which represents a greater than 100-fold increase in abundance than
in the deeper runs alone, again highlighting the possible impact of different sequencing
methodologies on the outcome of miRNA abundance. Furthermore, pooling data from runs
using different sequencing protocols may complicate the profiling outcomes, as in the case
of miR-143-3p, which was found to be the second-most abundant islet miRNA (16.9% of the
total) in the pooled data. Published miRNA profile data acquired via arrays also showed
that, while miR-375 was the most abundant miRNA in alpha cells and beta cells, miR-7-5p
was not among the 10 most plentiful types [18], suggesting that result heterogeneity can
also be found in analyses where miRNA microarray techniques were employed. We also
looked at miRNA profiling data in a human tissue miRNA database (miRNATissueAtlas2)
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and found that the expression of miR-375 is ranked 5th at 16 thousand reads per million
mapped reads (RPM), behind the 26.4 thousand RPM of let-7b-5p, 35.4 thousand RPM of
miR-26a-5p, 37.3 thousand RPM of let-7a-5p, and 98 thousand RPM of miR-143-3p in the
human pancreas, despite being considered pancreas-specific and the most highly expressed
pancreatic miRNA [19]. Therefore, it is possible that other small RNA profiling datasets for
the pancreas also contain inconsistent small RNA profiling data and this kind of inconsis-
tency in data may also exist in datasets of other human tissues. Despite the inconsistent
miRNA profiling data from GSE47720 and GSE52314, the two datasets were extensively
used for several miRNA functional studies [8,11,14,20–22]. Therefore, to provide a better
metric for miRNA abundance in the pancreas for future studies on miRNA function in the
human pancreas, a less biased miRNA profile from high-quality tissues closer to the true
profile and more relevant to related studies is needed.
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in the dataset of GSE47720/PRJNA193453 as described in the original publication and reanalyzed
by miRge; (C) Top expressed miRNAs (by percentage of total miRNA) in islets and beta cells in
the dataset of GSE52314/PRJNA227380 that were reanalyzed by miRge or miRmine. “Islets” and
“Beta” represent data from runs with high sequencing depth and “Islets-all” and “Beta-all” represent
average RPM from all three runs for islets and beta cells regardless of sequencing depth. All data
in both tables A and B are in percentage, 1% represents RPM at 10,000. To permit comparison by
different analysis tools and data sources, the RPM of an miRNA was defined as the reads of an
miRNA per one million miRNA reads. This was not normalized to all reads mapped to the genome
in a deep sequencing run. Abbreviations: GEO = Gene Expression Omnibus, GSE = GEO Series;
SRA = Sequence Read Archive; SRR = SRA run number; ref = reference; miRge and miRmine are two
computing tools that were used to analyze small RNA deep sequencing data.

2.2. Less Biased Small RNA Profiles in Human Acinar and Islet Cells

Variations in pancreatic miRNA profiling data can arise from numerous causes, such as
the different extents of RNA degradation in different samples related to the freshness, cause
of death, and heterogenicity of the samples, as well as the methods used to acquire and
process samples and the robustness of the sequencing technique [23]. It is very challenging
to get high-quality fresh human samples due to the nature of human samples in that they
need to be from brain-dead cadaveric donors that have gone through many regulation and
processing steps, including hospitalization, transportation, and isolation prior to arriving
at research laboratories. Among all the confounding factors, smRNAseq methodologies
were found to be the major cause of result bias in small RNA profiling. Possible reasons for
smRNAseq data heterogeneity include ligase bias towards certain sequences, biased PCR
amplification of ligated products, unknown effects of small RNA modification on ligation
or reverse transcription, unexpected small RNA sequence interactions with cloning adaptor
sequences, and the use of different algorithms for analyzing smRNAseq data [23–25]. Even
bearing these aspects in mind, a 10 to 100-fold variation in miRNA levels is not acceptable
as these variations could confound conclusions from studies using datasets from such
miRNA profiling and mislead the designs of future experiments depending on results from
such profiling. To this end, we sequenced small RNAs in acinar cells and corresponding
islets from human pancreata of eight organ donors using a bias reduction protocol for
smRNAseq that we previously developed (Table 1) [25,26]. Most importantly, we have
taken advantage of the unique opportunity of having an islet transplantation program in
our institute to obtain high-quality human samples as fresh as possible and at relatively
large numbers for the current study (Figure S1).

Table 1. Pancreas tissue donors’ information.

Isolation
Number

Age
(Years) Race Sex HbA1c (%) BMI Cause of

Death UNOS# OPO

Hu 1116 52 Caucasian M 5 20.7 HT AFEJ152 OneLegacy
Hu 1117 46 Hispanic F 5.6 29.4 HT AFEQ297 OneLegacy
Hu 1119 23 Caucasian M 6.1 26.6 HT AFEU424 OneLegacy
Hu 1120 47 Asian F 5.5 22.4 CVA AFE3481 OneLegacy
Hu 1121 25 Hispanic M 5.6 32 HT AFFE289 OneLegacy
Hu 1122 29 Hispanic M 5 25 HT AFFG219 OneLegacy
Hu 1123 51 Hispanic M 5.4 35.6 CVA AFFK170 OneLegacy
Hu1125 54 Hispanic M 5.8 23.6 CVA AFFW462 OneLegacy

HT: Head trauma, CVA: Cerebrovascular accident, OPO: Organ Procurement Organization, UNOS#: Universal
donor IDs.

Historically, miR-375 was thought to be the most abundant pancreatic miRNA, which
is supported by many of the published pancreatic miRNA profiles, and is the most studied
pancreatic miRNA, especially using mouse models. However, the analysis of miRNA
abundance in our smRNAseq dataset, as reads per million mapped reads (RPM), revealed
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that miR-148a-3p, miR-375, and miR-7-5p probably were the most abundant pancreatic
miRNAs (Figure 2A). We found that miR-148a-3p was the most abundant miRNA in human
acinar cells and miR-148a-3p, miR-375, and miR-7-5p were the most abundant miRNAs in
human islets. miR-26a/b-5p and miR-27a/b-3p were equally well expressed in acinar cells
and islets. In contrast, miR-148a-3p, miR-21, and miR-217 were significantly lower in islets
compared to acinar cells. The abundant miRNAs, miR-148a-3p, miR-375, and miR-7-5p also
showed great variation in their expression levels between acinar cells and islets. miR-148a-
3p was reduced from 48.25% in acinar cells to about 15.92% in islets, while miR-375 was
increased from 4.75% in acinar cells to 16.91% in islets, and miR-7-5p was increased from
<0.7% in acinar cells to 20.18% in islets (Figure 2B,C, Supplementary File S2).
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Figure 2. miRNA expression in acini versus islets. (A) Bar plot of top 25 highly expressed miRNAs
in acini and islets cells measured by log2 value of read per million reads (RPM). (B) Pie chart plot of
miRNAs in acinar cells having an average read count over 1% of total miRNA read counts. (C) Pie chart
plot of miRNAs in islets having an average read count over 1% of total miRNA read counts. (D) Relative
smRNAseq expression in acini and islets by qRT-PCR—plot of log2 ratio of qRT-PCR values of seven
miRNAs to miR-26a-3p. (E) Relative smRNAseq expression in acini and islets by smRNAseq—plot of
log2 ratio of RPM values of seven miRNAs to miR-26a-3p. In panels (A,D,E): Y-axis values represent the
mean value of all eight human samples and the error bar represents standard derivation. In panel (B): a
bar chart value represents the mean percentage value of all eight human samples in each tissue.
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We validated the smRNAseq results using small RNA qRT-PCR (Figure 2D). The small
RNA qRT-PCR results were normalized to the miR-26a-5p expression in each sample and
were compared to normalized results in the smRNAseq data (ratio of RPM of a miRNA to
RPM of miR-26a-5p). miR-26a-5p was chosen for normalization because it has a similar
expression in acini and islets and is highly expressed in both tissues (Figure 2A). The
qRT-PCR data agreed well with smRNAseq data for the relative expression level of each
miRNA in acinar cells versus islets (Figure 2D,E). However, there are instances where the
smRNAseq data and qRT-PCR data do not agree very well. For example, qRT-PCR showed
that both miR-375 and miR-21-5p exhibited a relatively higher expression level compared to
smRNAseq. It has been a known issue that small RNA qRT-PCR data does not always agree
with deep sequencing data. While qRT-PCR data are usually normalized to an miRNA or
several miRNAs, deep sequencing data have the power to be normalized to all miRNA
reads or all small RNA reads in a deep sequencing run. In this regard, deep sequencing data
will have the advantage of representing the relative abundance of an miRNA. The other
reason might be due to the nature of smRNAseq technology which can detect multiple
isoforms of an miRNA. While smRNAseq with high sequencing depth may survey many
isoforms of an miRNA, the detection of a certain high expression level sequence may be
saturated. Conversely, due to the short length of mature miRNA sequences, qRT-PCR
primarily detects one specific isoform with higher detecting ranges.

Since we have a relatively large small RNA profiling dataset, we also attempted to
identify novel pancreatic miRNAs in these samples, especially those that are highly expressed.
Several candidate novel pancreatic miRNAs were predicted using miRge2 (sequence library
matches sequences in miRBase Release 22.1, May 2018) [12]. Some of these predicted miRNAs
were specifically expressed in acini or islets (Supplementary File S3).

We characterized four predicted pancreatic miRNAs that had high read counts
(Supplementary Figure S2). We designated these miRNAs miR-P1 to P4. miR-P1 was
found at a 3 to 1 ratio in acini versus islets, and miR-P4 was found at a 1 to 1 ratio in acini
versus islets. Both miR-P2 and miR-P3 were found only in islets. We used their mature
sequences to query miRNAs in the latest version of miRBase (Release 22.1, October 2018,
June 2021) and noted that miR-P1 matched with miR-802-3p, miR-P2 matched with hsa-mir-
7-3-5p, miR-P3 matched with hsa-mir-153-1-5p, and miR-P4 matched with hsa-mir-452-3p.
These miRNAs were likely deemed novel by miRge due to their precursor sequences.
Alternatively, these miRNAs may have been included in the latest version of miRBase that
was released after the release of miRge2 and updated thereafter [12,27]. Nonetheless, our
data indicate that the most highly expressed miRNAs in the pancreas have probably been
identified already. Additionally, miR-P2 results support our finding that miR-7-5p was
present in greater amounts in islets compared to acini.

Combining smRNAseq data from acini and islets together and classifying them by
miRNA families, we found that miR-148a-3p was the most abundant miRNA in the hu-
man pancreas, followed, from the most to the least, by miR-375, miR-7-5p, miR-26-5p,
let-7-5p, miR-21-5p, miR-30-5p, miR-200-3p, miR-27-3p, miR-143-3p, miR-217, miR-99-5p,
miR-215-5p/192-5p, and miR-101-5p. Together, these miRNAs formed the top 14 abundant
miRNAs/miRNA families in the pancreas (Figure 3A). Differentially expressed gene anal-
ysis using DESeq2 showed that there were many other miRNAs differentially expressed
between acini and islets (Figure 3B). Cluster and heatmap analyses showed that miR-
148a-3p, miR-375, and miR-7-5p were clustered together as the miRNAs with the highest
expression, followed by the second-most highly expressed miRNA cluster, which included
miR-30a-5p, miR-217, miR-127-3p, miR-221-3p, miR-148a-5p, and miR-216b-5p (Figure 3C).
Interestingly, miR-7-5p and miR-217 had the greatest change in expression level between
acinar cells and islets in both qRT-PCR and smRNAseq, consistent with miRNA microarray
expression data in rat acinar cells and islets [16]. This result suggests a potential role for
these miRNAs in the separation of tip progenitors from trunk progenitors.
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Figure 3. Pancreas miRNAs and differentially expressed miRNAs in islets versus acini. (A) Bar plot of
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2.3. Comparing Small RNA Profiles in Human Acini and Islets with Small RNA Profiling Data
from Rodent Acini and Islets

Rodents have been widely used in pancreas and endocrine research despite differences
in tissue cytoarchitecture, endocrine cell proportions, and signaling between human and
murine cells and organs [28]. We compared our human miRNA profiling data with a set
of published murine miRNA profiles summarized in a comprehensive review of miRNAs
and their functions in the pancreas [8]. Specially, we compared our profiling results of
human acinar cells and islets with mouse acinar miRNA profiling data in GSE81260 [29]
and mouse islet miRNA profiling data (no raw dataset in GEO) [30].

As observed in our human acinar cell miRNA profiling, mouse miR-148a-3p (mmu-
miR-148a-3p) was the most abundant miRNA in murine acini. However, while the hsa-
miR-26 family is the second-most abundant miRNA in human acinar cells, mmu-miR-375 is
the second-most abundant miRNA in murine acini (Figure S3A). As observed in our
human islet miRNA profiling, miR-148a-3p, miR-375, and miR-7-5p are also the three most
abundant miRNAs in murine islets (Figure S3B).

Due to their higher rate of proliferation and insulin production, rodent cell lines were
more routinely used in pancreas and diabetes research than human cell lines. Therefore, we
also profiled small RNAs in four widely used rodent cell lines, murine pancreatic alpha cell
lines alpha-TC1, murine beta cell line beta-TC-6 and MIN6, and rat beta-like INS1 cell line.
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Our profiling results showed that the three mouse cell lines, alpha-TC1, beta-TC-6,
and MIN6, had similar miRNA profiles. However, there are major differences between our
miRNA profiling data and the published MIN6 cell smRNAseq data in GEO (GSE44262),
with the exception of miR-375 being shown to be the top expressed miRNA in our profiling
results for all three murine cell lines and the results for MIN6 cells from GSE44262 [20]
(Figure S3C,D). In our profiling data, mmu-miR-7-5p and mmu-miR-26a-5p were the
second- and third-most abundant miRNAs in all three cell lines, whereas data for MIN6 cells
from GSE44262 showed that mmu-miR-7-5p was expressed at very low levels compared
to mmu-miR-375. Instead, mmu-miR-182-5p and mmu-miR-27b-3p were ranked the second
and third most abundant miRNAs in data for MIN6 cells from GSE44262
(Figure S3C,D). Notably, mmu-miR-148a-3p was expressed at low levels in these murine
insulinoma cell lines, consistent with its role as a tumor suppressor gene that is downregu-
lated in cancers [31–33].

In the rat beta-like INS1 cell line, rat miR-375 (rno-miR-375), rno-miR-7-5p, rno-
miR-26a-5p, and rno-miR-148-3p were the four most abundant miRNAs similar to their
abundance in human pancreas samples (Figure S3E and Figure 3A). INS-1 is also an
insulinoma cell line. However, unlike mmu-miR-148a-3p expression in the three murine
cell lines, rno-miR-148-3p was expressed at a relatively high level (Figure S3C,E). Published
array data also showed that rno-miR-217 is abundant in rat acinar cells versus islets and
agrees with our data on human acinar cells and islets [16].

In summary, our human pancreatic miRNA profiling data is consistent with published
profiling data from rodent cells regarding dominant miRNAs in both acinar cells and islets.
The presence of mmu-miR-7-5p in our MIN6 profiling data, an miRNA that was discrimi-
nately profiled by different smRNAseq methodologies, as indicated in our reanalysis of
published data, indicated that our rodent cell line profiling may also be closer to their
true expression level. However, we acknowledge that we only performed one replicate of
sequencing for each murine cell line and the two donated cell lines (MIN-6 and INS-1) by
other laboratories were not characterized for their identification.

2.4. Potential Roles of miR-375, miR-7-5p, and miR-148a-3p in the Human Pancreas According to
Their Predicted Targets

Acinar cells and islets are derived from tip and trunk progenitor cells, respectively [1,2].
Conceivably, differentially expressed miRNAs between acini and islets, such as miR-148a-3p,
miR-7-5p, and miR-217, may play a role in cell fate decisions during this differentiation
process [9]. In general, miRNAs function by regulating specific target molecules, such as
transcription factors, by targeting their 3′UTR [34]. A number of transcription factors that
participate in pancreatic development and differentiation were identified and described [1–4].
Based on this data, we generated a list of pancreatic transcription factors and functional genes
and designated them as pancreas-essential genes (Supplementary File S1).

Our initial analysis included targets predicted by the TargetScan algorithm (version
7.2 and 8.0), which used the seed sequence of an miRNA or a family of miRNAs (nucleotides
#2 to 8 from 5′ end) to locate conserved complementary sequences in the 3′UTR regions
of genes [35]. Targeting conserved sequences that cross several species is an indication of
a bona fide target of an miRNA. Unexpectedly, miR-375, which has been widely studied
and is believed to be critical for and specific to the pancreas, was found to target only a few
of the designated pancreas-essential genes [36,37]. TargetScan predicted more targets for
miR-148a-3p and miR-7-5p than for miR-375 with several among the pancreas-essential
genes (Figure 4A). Therefore, we looked at miRNA targets in miRDB which include both
predicted and validated targets [38]. miRDB (version 2020) gave similar results in that the
number of targets of miR-148a-3p and miR-7-5p were greater than the number of targets
of miR-375 (Figure 4B). Next, upon employing miRWalk, which covers all seed matched
sites in CDS, 5′UTR, and 3′UTR [39], we found that the target sites of miR-148a-3p and
miR-7-5p predicted by miRWalk (new version 2022) compared to the target sites predicted
by TargetScan (version 8.0) increased by about 10-fold (from about 1000 to about 10,000),
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but the number of miR-375 target sites increased more than 70-fold (from about 500 to about
36,000). The increase in miR-375 targets was presumably due to most new targeting genes
having miR-375 target sites located in their CDS or 5′ UTR regions. When seed sequences
in CDS, 5′UTR, and 3′UTR were counted, more pancreas-essential genes were noted to be
potential targets of miR-375 compared to miR-148a-3p and miR-7-5p (Figure 4C). This result
suggests that miR-375 may employ a different targeting mechanism than the other two
miRNAs. In contrast to the other two miRNAs, which are also highly expressed in other
organs or tissues, miR-375 is only highly expressed in the pancreas, suggesting that miR-
375 may be the most important pancreatic miRNA even though it is not the sole dominant
miRNA in the pancreas. It is also conceivable that circulating miRNA-375, usually found in
serum and exosomes, may behave like insulin, is promiscuous, and may signal beyond its
function in the pancreas [40–42]. The broad target spectrum of miR-375 may be the result of
evolution selection between miRNA-375 and its broad targets in the pancreas and beyond.
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The Venn Diagram analysis did not yield a single essential gene targeted by all three
miRNAs (Figure 4). To focus on genes with conserved miRNA target sites that have a better
chance to have biological functions, TargetScan was employed to assess the predicted genes
of miR-375, miR-148a-3p, and miR-7-5p that are also pancreatic cell type-specific genes
identified by single cell RNA sequencing in each pancreatic cell group [3,4]. Coinciding with
its greater abundance in the pancreas, TargetScan (version 7.2) predicted more pancreas-
essential gene targets of miR-148a-3p than miR-375 or miR-7-5p in the nine major pancreas
cell types (Supplementary File S6). Here, we also discovered several essential pancreatic
genes targeted by more than one miRNA. For example, miR-375 and miR-7-5p were
predicted to target GATA-6 in acinar and ductal cells and PAX6 in alpha and PP cells. miR-
375 and miR-148a-3p were predicted to target klf5 in acinar and ductal cells and ELAVL4 in
beta and delta cells. miR-148a-3p and miR-7-5p may target EGFR and ZNF704 in acinar
and ductal cells and MAP1B in beta and delta cells. NGN3 and MAFB, which are known to
promote endocrine cell differentiation, were predicted targets of miR-148a-3p in alpha, beta,
and PP cells, supporting a potential role for this miRNA in the differentiation of exocrine
and endocrine cells.

2.5. Potential Roles of miR-7-5p, miR-148-3p, and miR-375 in the Human Pancreas According to
Their Experimentally Validated Targets

Next, we looked at target genes of miR-7-5p, miR-148-3p, and miR-375 that are highly
expressed in islets (islet-genes 5 RPKM and up, based on an unpublished RNA sequencing
dataset of human islets, the list of islet-genes is provided in Supplementary Data File S1) and
the aforementioned list of essential genes for the pancreas (regardless of their expression
level). We used multiMiR to retrieve the interactions between these miRNAs and their
targets from validated targets documented in the integrated multiple microRNA-target
databases [43] that contain experimentally validated miRNA-target interactions curated
by miRecords [44], miRTarBase [45], and TarBase [46]. There are 920, 506, and 368 vali-
dated targets for miR-7-5p, miR-148-3p, and miR-375, respectively, in the list of islet-genes
(Figure 5A). In agreement with the results for predicted targets, miR-375 still has the least
number of validated targets, but in contrast to only a few common targets of the three
miRNAs, there are 111 islet-genes and two essential genes (IRS1 and SOX4) that are targeted
by all three miRNAs (SOX4 is also in the list of islet-genes) in the validated targets. Among
the targeted essential genes, PSIP1 is targeted by both miR-375 and miR-148a-3p, GATA6 is
targeted by both miR-7-5p and miR-148a-3p, ERRFI1 is targeted by both miR-375 and miR-
7-5p, and all three genes are also in the list of islet-genes. miR-375 has 9 validated targets
that are essential genes and 6 of them are in the list of islet-genes; miR-7-5p has 10 validated
targets that are essential genes and 9 of them are in the list of islet-genes; miR-148a-3p
has 9 validated targets that are essential genes and 4 of them are in the list of islet-genes
(Figure 5B,C). Therefore, the three miRNAs have an almost equal number of validated
targets in the list of essential genes, and some essential genes are targeted by two or all
three miRNAs. Next, using their validated targets in the list of islet-genes, we performed a
comparison KEGG pathway analysis. It is not surprising to find that miR-7-5p regulates
more pathways than miR-148a-3p, and that both miR-7-5p and miR-148a-3p regulate more
pathways than miR-375 does, probably because the former two have more validated targets
in the list of islet-genes. This analysis also revealed that miR-7-5p regulates the insulin
signaling pathway more significantly than miR-148a-3p, and miR-375 has less regulation
for this pathway, indicating that miR-7-5p plays a more important role in insulin regulation
than miR-148a-3p, and miR-375 seems to participate less in the insulin signaling pathway
(Figure S4). However, all three miRNAs regulate the FoxO signaling pathway that regulates
apoptosis, cell-cycle control, glucose metabolism, the AEG-RAGE signaling pathway in
diabetic complications, and the EGFR signaling pathway (Figures 5D and 6). The KEGG
pathway analysis also revealed that the validated targets of the three miRNAs are most
involved in glucose uptake, glycogenesis, proliferation, and differentiation—especially
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proliferation and differentiation, as revealed by Pathview (2017) analysis—and support
their important regulatory roles in pancreas development [47] (Figures 6 and S4).
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Figure 5. Islet-genes and pancreas-essential genes are experimentally validated targets of miR-
148a-3p, miR-375, and miR-7-5p. (A) Venn Diagram analysis of islet-genes that are experimentally
validated targets. (B) Venn Diagram analysis of pancreas-essential genes that are experimentally
validated targets. (C) Venn Diagram analysis of islet-genes and pancreas-essential genes that are
experimentally validated targets. (D). Comparison KEGG pathway analysis of islet-genes that are
validated targets of miR-148a-3p, miR-375, and miR-7-5p.
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Figure 6. KEGG pathway view of islet-genes that are experimentally validated targets of miR-148a-3p,
miR-375, and miR-7-5p. All islet-genes that are experimentally validated targets of miR-148a-3p,
miR-375, and miR-7 were put into Pathview to generate a KEGG pathway graph of the insulin
signaling pathway (hsa04910). If the node of a protein is labeled in white, no targets from the three
miRNAs is involved in regulating this protein. Nodes labeled from yellow to green to red indicate
that an increased number of targets are correlated with the protein at this node in the pathway.
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Taken together, the three major pancreatic miRNAs may work together to regulate
pancreatic cell development and cell differentiation by targeting different pancreatic genes
and essential pancreatic genes.

3. Discussion

Taking advantage of our unique opportunity to access high-quality human pancreas
tissue and our bias reduction small RNA profiling methodology, we have profiled small
RNAs from eight paired human samples of acinar cells and islets and four rodent cell
lines. Our small RNA profiling data of human pancreatic tissues showed that miR-148a-3p
was highly expressed in acini and islets, being the most abundant miRNA in acini, and
miR-148a-3p, miR-375, and miR-7-5p were found to be the three most abundant human
islets miRNAs. Our data also showed that miR-7-5p is the most abundant miRNA in human
islets, a finding that is distinct from published miRNA sequencing data and microarray
data [16]. Furthermore, in contrast to the very low expression level of miR-148a-3p in both
datasets of GSE52314 and GSE47720, our profiles showed that miR-148a-3p is the most
abundant pancreatic miRNA and present in near-equal abundance to miR-375 and miR-7-
5p in human islets. Multiple factors that are essential for pancreatic cell differentiation or
pancreatic development have been predicted and/or validated to be the targets of these
miRNAs, supporting the idea that combined targeting by miR-148a-3p, miR-375, and
miR-7-5p could play a role in pancreatic cell development and differentiation.

The function of miRNAs closely correlates with their abundance in cells. Highly
expressed miRNAs have more chances to find and bind their targets and higher potency to
repress their targets [48]. The overall miRNA expression level is controlled by transcription,
processing to mature forms, and miRNA half-life. miRNAs can be produced rapidly and
persist for minutes to weeks [49]. However, due to the numerous types, small size, and
variation in half-life, miRNA profiling is challenging using traditional cloning, RT-PCR,
microarray, and deep sequencing technologies. Among them, cloning methodologies are
labor-intensive, costly, and restricted to the identification of highly expressed miRNAs in
the early era of miRNA studies. Both RT-PCR and microarray technologies have similar
limitations in that they rely on known small RNA sequences to identify their presence in
new samples. High-throughput sequencing technologies can profile both known sequences
and novel sequences, simplify small RNA profiling, increase capacity, reveal different
isoforms and their abundance, and reduce costs, and have become the preferred small RNA
profiling methodology. However, potential bias in the sampling of small RNA sequences
has resulted in inconsistent smRNAseq data.

Variations in small RNA profiling data from tissue samples are unavoidable due to the
multiple cell types that make up complex tissues and organs. Variation in sample handling
and RNA isolation methods also contributes to data heterogeneity. Our smRNAseq data
showed that miR-7-5p, which easily degrades with a short half-life [50], was the most
abundant miRNA in human islets, which has been shown to be a low abundance pancreatic
miRNA in some published datasets, implying that the RNA samples we used for sequencing
were of high quality and our sequencing protocol performed well in surveying all members
of small RNAs. The high expression level of miR-148a-3p in the pancreas, elevated levels
of miR-7-5p, and decreased levels of miR-148a-3p in endocrine cells compared to exocrine
cells are compatible with the distinct proliferative rates of exocrine and endocrine cells. The
meaning of the high levels of miR-148a-3p in acini or pancreas remains to be experimentally
determined. Presumably, it may play a critical role in the pancreas since the majority of the
pancreatic mass consists of acini and ductal cells [51].

In summary, reanalysis of published datasets and de nova analysis of human pancreata
and rodent pancreas cell lines revealed discrepancies in miRNA expression patterns. The
high abundance of miR-375, miR-148a-3p, and miR-7-5p in the pancreas revealed by our
less biased small RNA profiling methodology using high-quality human samples, and
the special targeting mechanism of miR-375 and its ability to bind Toll-like receptors [52],
suggests possible regulatory roles by the three miRNAs in pancreatic development, cell
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differentiation, and diabetes. There is a limitation in that we did not profile small RNA from
all types of pancreatic cells, such as ductal cells and all members of islets (alpha, beta, delta,
epsilon, and PP cells) in the current study due to the heterogeneity in pancreatic cells caused
by subgroups in each cell type [53] and the technical challenges in single cell smRNAseq
analysis [54,55]. There is another limitation in our study in that the acini and islets we used
were of high quality but not as pure as sorted cells. Therefore, cross contamination of acini
by islets, or islets by acini were unavoidable. However, fresh tissues have the advantage of
reduced RNA degradation over decomposed tissues. In this regard, single cell smRNAseq
analysis, which also needs islets to be dissociated into single cells, will also have the risk of
RNA degradation. Nonetheless, either acini or islet samples must go through the process
of collagenase digestion of the pancreata. Therefore, how we processed the samples may
have impacted the profiling data we have obtained in the current study. Regarding the
most highly expressed miRNAs in acini or islets, the high level of miR-375 in acini may
have some carryover from islets and the high level of miR-148a-3p in islets may have some
carryover from acini. However, the almost 30-fold expression level of miR-7-5p (20.18%) in
islets over in acini (0.68%) indicates that the cross contamination between acini and islets in
our samples is very low. Finally, we only analyzed eight pairs of samples with high islets
quality, enough for statistical analysis, but we have not been able to consider other factors
that could influence the outcome of the profiling, including gender, age, race, BMI, etc., and
the outcome may also be dependent on the protocol used for tissue preparation.

Based on the profiling data, we propose a model in which miRNA may control human
pancreas development. Specifically, miR-375 may be specific for pancreas development, the
expression of miR-148a-3p in the pancreas may guide lineage separation of exocrine cells
from endocrine cells, and the expression of miR-7-5p may reenforce the fate of endocrine
cells., Both miR-148a-3p and miR-7-5p or miR-7-5p alone may work with miR-375 to
promote subtype cell differentiation in islets.

4. Materials and Methods

All methods were carried out in accordance with relevant guidelines and regulations.

4.1. RNA Isolation

Aliquots of islets and acini were frozen and stored at −80 ◦C for later RNA isolation.
RNA was isolated from tissues and cultured cell lines using TRIzol (ThermoFisher, Waltham,
MA, USA). The manufacturer’s instructions were followed throughout. RNA quality was
determined, and amounts quantified using a Nanodrop and an Agilent Bioanalyzer.

4.2. Small RNA Deep Sequencing, Reads Processing, and Data Analysis

Small RNA deep sequencing was carried out using a customized protocol [25,26].
Briefly, 100 ng to 1.0 µg of RNA was used to construct small RNA libraries for single reads,
flow cell cluster generation, and 51 cycle (51-nt) sequencing on a HiSeq 2500 (Illumina, San
Diego, CA, USA). The sequence depth was 30M reads per sample, 8 samples per lane (by
barcoding), and was performed by the Integrative Genomics Core of City of Hope National
Medical Center. To construct small RNA libraries, the 5′ adaptor used in the Illumina
(San Diego, CA, USA) Truseq small RNA deep sequencing protocol was replaced with a
customized 5′ adaptor by adding 3 random nucleotides (nts) at the 3′ end of the original
5′ adaptor to reduce bias [25,26]. The 3′ adaptor provided in the kit was used for 3′ end
ligation and sample barcoding.

Raw smRNAseq reads for each sample were separated by barcodes. Then the 5′

adaptor with the three random nts was removed prior to further processing and analyzing
using miRge [12,13]. Unnormalized miRNA read counts generated by miRge were inputted
into the Bioconductor package DESeq2 (version 1.30.0) in R (version 4.0.2) to generate the
differential expressed miRNA results (islet versus acinus) at the default setting [the Wald-
test was applied to assess the p value for differential gene expressions and the adjusted p
value (p-adj) was obtained using the method of Benjamini and Hochberg] [56].
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4.3. Small RNA qRT-PCR

We followed a published S-Poly(T) small RNA qRT-PCR detection protocol with some
modification for multiplex in a reverse transcription step [26,57]. Briefly, 100 ng DNase I
treated total RNA was poly-A tailed using the poly-A tailing kit from Epicentre (Madison, WI,
USA). Since miR-26a-3p and miR-27a-3p had similar abundance in acini and islets, miRNA-
26a-3p was selected as an RNA sample loading control to normalize relative expression of
other miRNA, and miR-27a-3p was used to validate similar miRNA-26a-3p expression levels
across different samples. Reverse transcription primers for all eight miRNAs were pooled and
used in one reverse transcription reaction. Reverse transcription primers for miRNAs were
designed according to the most abundant isoforms of a given miRNA in miRBase. All oligoes
were from Integrated DNA Technologies (Coralville, IA, USA). Universal TaqMan probe and
PCR mixtures were employed as published [57]. The ∆Cq (quantitation cycle) value of an
miNRA relative to miR-26a-3p in each sample was calculated as CqmiRNA-CqmiRNA-26a-3p.
The value of 2∆Ct was calculated as the relative fold change of an miRNA to miRNA-26a-3p.
miRNA qRT-PCR primers are list in Supplementary Table S1.

4.4. Isolation of Human Pancreatic Islets and Acinar Cells

Brain-dead cadaveric donor pancreata were obtained from a local organ procurement
organization. Organs were shipped after flushing with cold University of Wisconsin preser-
vation solution. Pancreatic islet and acinar isolation protocol was followed to obtain these
cells as described [58]. Briefly, pancreata were digested using collagenase supplemented
with either thermolysin or neutral protease. Then, the digested pancreatic tissue was
collected, washed, and purified in a cooled COBE 2991 cell processor (COBE Laboratories
Inc., Lakewood, CA, USA). After islet purification, the acinar cells were collected from the
remaining digested pancreatic tissue. As a standard procedure, following each isolation,
immunofluorescent staining was used to check the purity of human islets and acinar cells.
Islets were stained with insulin and acinar cells were stained with amylase to show the
distinct cell population harvested during islets isolation (Figure S1). Acinar samples had
<1% islets. Islets were cultured at 37 ◦C with 5% CO2 for 24–72 h before assessing purity.
The use of human pancreatic tissues was approved by the Institutional Review Board of
City of Hope National Medical Center. Informed consent was obtained from the legal next
of kin of each donor. Donor information is provided in Table 1.

4.5. Cell Lines and Culture Conditions

Murine alpha-TC1 (ATCC #CRL-2934) and beta-TC-6 (ATCC # CRL-11506) cells were
purchased from the American Type Culture Collection (Manassas, VA, USA). MIN6 cells
were a kind gift from Dr. Jun-ichi Miyazaki (Osaka University Medical School, Osaka,
Japan). Rat insulinoma INS-1 cells were a kind gift from Dr. Fouad Kandeel (City of Hope
National Medical Center, Duarte, CA, USA). Both MIN-6 and INS-1 cell lines were not
characterized for their identity.

All cell lines were cultured at 37 ◦C in a humidified atmosphere containing 5% CO2
in medium supplemented with 2 mM penicillin/streptomycin. Alpha-TC1 cells were
cultured in DMEM supplemented with 10% heat inactivated fetal bovine serum (FBS),
15 mM HEPES, 0.1 mM non-essential amino acids, 0.02% BSA, 0.5 g/L Sodium Bicarbonate,
and 2.0 g/L Glucose. Beta-TC-6 and MIN6 cells were cultured in DMEM supplemented
with 15% heat inactivated FBS. INS-1 cells were cultured in RPMI-1640 supplemented with
10% FBS, 10 mM Hepes, 2 mM L-glutamine, 2 g/L Glucose, 1 mM sodium pyruvate, and
0.05 mM 2-mercaptoethanol.

4.6. Computational Resources

R version 4.02, R studio, and many R or Bioconductor software packages were used for
data analysis and visualization. ComplexHeatmap was used to generate the heatmaps [59],
the EnhancedVolcano R package was used to generate the volcano plots [60], and cluster-
Profiler for KEGG pathway analysis [61]. Pathview was used to generate KEGG graphs [47].
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Other smRNAseq analysis tools and miRNA targets prediction or document tools used
included miRmine [15], miRDB [38], miRwalk [39], TargetScan [35], and multiMiR [43].

4.7. Statistical Analyses

Inferential statistics of differential miRNA expression in islets versus acinar cells were
calculated using the default setting in DESeq2. Descriptive statistics in miRNA qPCR
data or comparison of one miRNA in islets versus acini or in two different data sets were
calculated by two tailed t-tests. Unless specified in the figure legends, p-adj < 0.05 for
DESeq2 data or p-value < 0.05 for others was used as the cutoff for significance in gene
expression. Error is expressed as SD.

Supplementary Materials: The following supporting information can be downloaded at: https:
//www.mdpi.com/article/10.3390/ncrna9020020/s1, Figure S1: Immunofluorescent staining of
pancreatic tissue, islets, and acinar cells; Figure S2: Characterization of the four miRge predicted
novel miRNAs; Figure S3: miRNA profiling in rodents; Figure S4: KEGG pathway view of islet-genes
are experimentally validated targets of miR-148a-3p, miR-375, and miR-7-p; Table S1: Primers used in
the S-PolyT method for detection of mature miRNAs; File S1: List of essential pancreatic genes.xlsx:
the list of essential pancreatic genes used to analyze miRNA targets; File S2: Human islets and acinar
cells miRNA count.xlsx: miRge analyzed raw read counts of miRNAs in individual human islet and
acinar cells samples: “i” indicate islet samples and “a” indicate acinar cell samples; File S3: Novel
miRNAs in human islets and acinar cells.xlsx: all miRge predicted novel miRNAs in human islets and
acinar tissues; File S4: DEseq2_results_condition_islet_vs_acinar.xlsx: DEseq2 analyzed differential
expressed miRNAs in islets versus acinar cells; File S5: Rodent cell line miRNA read count.xlsx:
miRge analyzed raw read counts of miRNAs in rodent cell lines; File S6: Pancreas cell genes that are
TargetScan predicted targets.xlsx: TargetScan predicted targets that are genes expressed in pancreas;
File S7: Islet-genes and essential genes are validated targets of miR-375, miR-7-5p, and miR-148a-3p.

Author Contributions: G.S., M.Q., I.H.A.-A. and A.D.R. designed the experiments. G.S. performed
data analysis. A.S.K. and E.M.L. performed experiments. G.S. and A.D.R. wrote the manuscript with
input from the other authors. O.W.S. revised the manuscript and Figures for the revision, with the
help from G.S. All authors have read and agreed to the published version of the manuscript.

Funding: This work was supported by an Innovated Project Award from the Wanek Family Project
to Cure T1D, Arthur Riggs Diabetes & Metabolism Research Institute [WFPCT1D 2019-9 to G.S.] The
funders had no role in study design, data collection and analysis, decision to publish, or preparation
of the manuscript.

Institutional Review Board Statement: The use of human pancreatic tissues in this study was
conducted according to the guidelines of the Declaration of Helsinki and approved by the Institutional
Review Board of City of Hope National Medical Center (IRB#01046).

Informed Consent Statement: Informed consent was obtained from the legal next of kin of each
donor. Donor information is provided in Table 1.

Data Availability Statement: All raw and some processed sequencing data generated in this study
was submitted to the NCBI Gene Expression Omnibus (GEO; https://www.ncbi.nlm.nih.gov/geo/)
under accession number GSE181066.

Acknowledgments: We thank Jeffery Isenberg for his thorough editing of this manuscript. We
appreciate the gift of murine MIN6 cells from Jun-ichi Miyazaki and of rat insulinoma INS-1 cells
from Fouad Kandeel. smRNAseq data presented herein was performed in the Integrative Genomics
Core of City of Hope and was supported by the National Cancer Institute of the National Institutes of
Health under award number P30CA33572.

Conflicts of Interest: G.S. holds the US patent 8859239B2 of method for small RNAs profiling. The
other authors declare no conflict of interest.

https://www.mdpi.com/article/10.3390/ncrna9020020/s1
https://www.mdpi.com/article/10.3390/ncrna9020020/s1
https://www.ncbi.nlm.nih.gov/geo/


Non-Coding RNA 2023, 9, 20 17 of 19

References
1. Murtaugh, L.C. Pancreas and β-cell development: From the actual to the possible. Development 2007, 134, 427–438. [CrossRef]

[PubMed]
2. Al-Khawaga, S.; Memon, B.; Butler, A.E.; Taheri, S.; Abou-Samra, A.B.; Abdelalim, E.M. Pathways governing development of

stem cell-derived pancreatic β cells: Lessons from embryogenesis. Biol. Rev. Camb. Philos. Soc. 2018, 93, 364–389. [CrossRef]
[PubMed]

3. Muraro, M.J.; Dharmadhikari, G.; Grun, D.; Groen, N.; Dielen, T.; Jansen, E.; van Gurp, L.; Engelse, M.A.; Carlotti, F.; de Koning,
E.J.; et al. A Single-Cell Transcriptome Atlas of the Human Pancreas. Cell Syst. 2016, 3, 385–394.e383. [CrossRef] [PubMed]

4. Segerstolpe, A.; Palasantza, A.; Eliasson, P.; Andersson, E.M.; Andreasson, A.C.; Sun, X.; Picelli, S.; Sabirsh, A.; Clausen, M.;
Bjursell, M.K.; et al. Single-Cell Transcriptome Profiling of Human Pancreatic Islets in Health and Type 2 Diabetes. Cell Metab.
2016, 24, 593–607. [CrossRef]

5. Mattick, J.S.; Makunin, I.V. Non-coding RNA. Hum. Mol. Genet. 2006, 15, R17–R29. [CrossRef]
6. Amaral, P.P.; Dinger, M.E.; Mercer, T.R.; Mattick, J.S. The eukaryotic genome as an RNA machine. Science 2008, 319, 1787–1789.

[CrossRef]
7. Bartel, D.P. Metazoan MicroRNAs. Cell 2018, 173, 20–51. [CrossRef]
8. Filios, S.R.; Shalev, A. β-Cell MicroRNAs: Small but Powerful. Diabetes 2015, 64, 3631–3644. [CrossRef]
9. Agbu, P.; Carthew, R.W. MicroRNA-mediated regulation of glucose and lipid metabolism. Nat. Rev. Mol. Cell Biol. 2021, 22,

425–438. [CrossRef]
10. Kaviani, M.; Azarpira, N.; Karimi, M.H.; Al-Abdullah, I. The role of microRNAs in islet β-cell development. Cell Biol. Int. 2016,

40, 1248–1255. [CrossRef]
11. Kameswaran, V.; Bramswig, N.C.; McKenna, L.B.; Penn, M.; Schug, J.; Hand, N.J.; Chen, Y.; Choi, I.; Vourekas, A.; Won, K.J.; et al.

Epigenetic regulation of the DLK1-MEG3 microRNA cluster in human type 2 diabetic islets. Cell Metab. 2014, 19, 135–145.
[CrossRef]

12. Lu, Y.; Baras, A.S.; Halushka, M.K. miRge 2.0 for comprehensive analysis of microRNA sequencing data. BMC Bioinform. 2018,
19, 275. [CrossRef]

13. Baras, A.S.; Mitchell, C.J.; Myers, J.R.; Gupta, S.; Weng, L.C.; Ashton, J.M.; Cornish, T.C.; Pandey, A.; Halushka, M.K. miRge—A
Multiplexed Method of Processing Small RNA-Seq Data to Determine MicroRNA Entropy. PLoS ONE 2015, 10, e0143066.
[CrossRef]

14. van de Bunt, M.; Gaulton, K.J.; Parts, L.; Moran, I.; Johnson, P.R.; Lindgren, C.M.; Ferrer, J.; Gloyn, A.L.; McCarthy, M.I. The
miRNA profile of human pancreatic islets and β-cells and relationship to type 2 diabetes pathogenesis. PLoS ONE 2013, 8, e55272.
[CrossRef]

15. Panwar, B.; Omenn, G.S.; Guan, Y. miRmine: A database of human miRNA expression profiles. Bioinformatics 2017, 33, 1554–1560.
[CrossRef]

16. Bravo-Egana, V.; Rosero, S.; Molano, R.D.; Pileggi, A.; Ricordi, C.; Dominguez-Bendala, J.; Pastori, R.L. Quantitative differential
expression analysis reveals miR-7 as major islet microRNA. Biochem. Biophys. Res. Commun. 2008, 366, 922–926. [CrossRef]

17. Joglekar, M.V.; Joglekar, V.M.; Hardikar, A.A. Expression of islet-specific microRNAs during human pancreatic development.
Gene Expr. Patterns 2009, 9, 109–113. [CrossRef]

18. Klein, D.; Misawa, R.; Bravo-Egana, V.; Vargas, N.; Rosero, S.; Piroso, J.; Ichii, H.; Umland, O.; Zhijie, J.; Tsinoremas, N.; et al.
MicroRNA expression in alpha and β cells of human pancreatic islets. PLoS ONE 2013, 8, e55064. [CrossRef]

19. Keller, A.; Groger, L.; Tschernig, T.; Solomon, J.; Laham, O.; Schaum, N.; Wagner, V.; Kern, F.; Schmartz, G.P.; Li, Y.; et al.
miRNATissueAtlas2: An update to the human miRNA tissue atlas. Nucleic Acids Res. 2022, 50, D211–D221. [CrossRef]

20. Baran-Gale, J.; Fannin, E.E.; Kurtz, C.L.; Sethupathy, P. Beta cell 5′-shifted isomiRs are candidate regulatory hubs in type 2 diabetes.
PLoS ONE 2013, 8, e73240. [CrossRef]

21. Jin, W.; Mulas, F.; Gaertner, B.; Sui, Y.; Wang, J.; Matta, I.; Zeng, C.; Vinckier, N.; Wang, A.; Nguyen-Ngoc, K.V.; et al. A Network of
microRNAs Acts to Promote Cell Cycle Exit and Differentiation of Human Pancreatic Endocrine Cells. iScience 2019, 21, 681–694.
[CrossRef] [PubMed]

22. Wong, W.K.M.; Joglekar, M.V.; Saini, V.; Jiang, G.; Dong, C.X.; Chaitarvornkit, A.; Maciag, G.J.; Gerace, D.; Farr, R.J.; Satoor,
S.N.; et al. Machine learning workflows identify a microRNA signature of insulin transcription in human tissues. iScience 2021,
24, 102379. [CrossRef] [PubMed]

23. Tian, G.; Yin, X.; Luo, H.; Xu, X.; Bolund, L.; Zhang, X. Sequencing bias: Comparison of different protocols of microRNA library
construction. BMC Biotechnol. 2010, 10, 64. [CrossRef] [PubMed]

24. Fuchs, R.T.; Sun, Z.; Zhuang, F.; Robb, G.B. Bias in ligation-based small RNA sequencing library construction is determined by
adaptor and RNA structure. PLoS ONE 2015, 10, e0126049. [CrossRef]

25. Sun, G.; Wu, X.; Wang, J.; Li, H.; Li, X.; Gao, H.; Rossi, J.; Yen, Y. A bias-reducing strategy in profiling small RNAs using Solexa.
RNA 2011, 17, 2256–2262. [CrossRef]

26. Sun, G.; Cheng, Y.W.; Lai, L.; Huang, T.C.; Wang, J.; Wu, X.; Wang, Y.; Huang, Y.; Wang, J.; Zhang, K.; et al. Signature miRNAs
in colorectal cancers were revealed using a bias reduction small RNA deep sequencing protocol. Oncotarget 2016, 7, 3857–3872.
[CrossRef]

http://doi.org/10.1242/dev.02770
http://www.ncbi.nlm.nih.gov/pubmed/17185316
http://doi.org/10.1111/brv.12349
http://www.ncbi.nlm.nih.gov/pubmed/28643455
http://doi.org/10.1016/j.cels.2016.09.002
http://www.ncbi.nlm.nih.gov/pubmed/27693023
http://doi.org/10.1016/j.cmet.2016.08.020
http://doi.org/10.1093/hmg/ddl046
http://doi.org/10.1126/science.1155472
http://doi.org/10.1016/j.cell.2018.03.006
http://doi.org/10.2337/db15-0831
http://doi.org/10.1038/s41580-021-00354-w
http://doi.org/10.1002/cbin.10691
http://doi.org/10.1016/j.cmet.2013.11.016
http://doi.org/10.1186/s12859-018-2287-y
http://doi.org/10.1371/journal.pone.0143066
http://doi.org/10.1371/journal.pone.0055272
http://doi.org/10.1093/bioinformatics/btx019
http://doi.org/10.1016/j.bbrc.2007.12.052
http://doi.org/10.1016/j.gep.2008.10.001
http://doi.org/10.1371/journal.pone.0055064
http://doi.org/10.1093/nar/gkab808
http://doi.org/10.1371/journal.pone.0073240
http://doi.org/10.1016/j.isci.2019.10.063
http://www.ncbi.nlm.nih.gov/pubmed/31733514
http://doi.org/10.1016/j.isci.2021.102379
http://www.ncbi.nlm.nih.gov/pubmed/33981968
http://doi.org/10.1186/1472-6750-10-64
http://www.ncbi.nlm.nih.gov/pubmed/20815927
http://doi.org/10.1371/journal.pone.0126049
http://doi.org/10.1261/rna.028621.111
http://doi.org/10.18632/oncotarget.6460


Non-Coding RNA 2023, 9, 20 18 of 19

27. Kozomara, A.; Birgaoanu, M.; Griffiths-Jones, S. miRBase: From microRNA sequences to function. Nucleic Acids Res. 2019, 47,
D155–D162. [CrossRef]

28. Cabrera, O.; Berman, D.M.; Kenyon, N.S.; Ricordi, C.; Berggren, P.O.; Caicedo, A. The unique cytoarchitecture of human pancreatic
islets has implications for islet cell function. Proc. Natl. Acad. Sci. USA 2006, 103, 2334–2339. [CrossRef]

29. Dixit, A.K.; Sarver, A.E.; Yuan, Z.; George, J.; Barlass, U.; Cheema, H.; Sareen, A.; Banerjee, S.; Dudeja, V.; Dawra, R.; et al.
Comprehensive analysis of microRNA signature of mouse pancreatic acini: Overexpression of miR-21-3p in acute pancreatitis.
Am. J. Physiol. Gastrointest. Liver Physiol. 2016, 311, G974–G980. [CrossRef]

30. Tattikota, S.G.; Rathjen, T.; McAnulty, S.J.; Wessels, H.H.; Akerman, I.; van de Bunt, M.; Hausser, J.; Esguerra, J.L.; Musahl,
A.; Pandey, A.K.; et al. Argonaute2 mediates compensatory expansion of the pancreatic β cell. Cell Metab. 2014, 19, 122–134.
[CrossRef]

31. Pan, L.; Huang, S.; He, R.; Rong, M.; Dang, Y.; Chen, G. Decreased expression and clinical significance of miR-148a in hepatocellular
carcinoma tissues. Eur. J. Med. Res. 2014, 19, 68. [CrossRef]

32. Zhu, A.; Xia, J.; Zuo, J.; Jin, S.; Zhou, H.; Yao, L.; Huang, H.; Han, Z. MicroRNA-148a is silenced by hypermethylation and
interacts with DNA methyltransferase 1 in gastric cancer. Med. Oncol. 2012, 29, 2701–2709. [CrossRef]

33. Wang, W.; Dong, J.; Wang, M.; Yao, S.; Tian, X.; Cui, X.; Fu, S.; Zhang, S. miR-148a-3p suppresses epithelial ovarian cancer
progression primarily by targeting c-Met. Oncol. Lett. 2018, 15, 6131–6136. [CrossRef]

34. Takamura, K.; Hirao, M.; Kato, K.; Taguchi, K. Surgical cases of congenital heart diseases in the older age group (over 30 years of
age). Kyobu Geka 1975, 28, 108–112.

35. Agarwal, V.; Bell, G.W.; Nam, J.W.; Bartel, D.P. Predicting effective microRNA target sites in mammalian mRNAs. eLife 2015,
4, e05005. [CrossRef]

36. Poy, M.N.; Eliasson, L.; Krutzfeldt, J.; Kuwajima, S.; Ma, X.; Macdonald, P.E.; Pfeffer, S.; Tuschl, T.; Rajewsky, N.; Rorsman, P.; et al.
A pancreatic islet-specific microRNA regulates insulin secretion. Nature 2004, 432, 226–230. [CrossRef]

37. Kloosterman, W.P.; Lagendijk, A.K.; Ketting, R.F.; Moulton, J.D.; Plasterk, R.H. Targeted inhibition of miRNA maturation with
morpholinos reveals a role for miR-375 in pancreatic islet development. PLoS Biol. 2007, 5, e203. [CrossRef]

38. Chen, Y.; Wang, X. miRDB: An online database for prediction of functional microRNA targets. Nucleic Acids Res. 2020, 48,
D127–D131. [CrossRef]

39. Sticht, C.; De La Torre, C.; Parveen, A.; Gretz, N. miRWalk: An online resource for prediction of microRNA binding sites. PLoS
ONE 2018, 13, e0206239. [CrossRef]

40. Yan, C.; Hu, J.; Yang, Y.; Hu, H.; Zhou, D.; Ma, M.; Xu, N. Plasma extracellular vesiclepackaged microRNAs as candidate
diagnostic biomarkers for earlystage breast cancer. Mol. Med. Rep. 2019, 20, 3991–4002. [CrossRef]

41. Lee, J.; Kwon, M.H.; Kim, J.A.; Rhee, W.J. Detection of exosome miRNAs using molecular beacons for diagnosing prostate cancer.
Artif. Cells Nanomed. Biotechnol. 2018, 46, S52–S63. [CrossRef] [PubMed]

42. Marchand, L.; Jalabert, A.; Meugnier, E.; Van den Hende, K.; Fabien, N.; Nicolino, M.; Madec, A.M.; Thivolet, C.; Rome, S.
miRNA-375 a Sensor of Glucotoxicity Is Altered in the Serum of Children with Newly Diagnosed Type 1 Diabetes. J. Diabetes Res.
2016, 2016, 1869082. [CrossRef] [PubMed]

43. Ru, Y.; Kechris, K.J.; Tabakoff, B.; Hoffman, P.; Radcliffe, R.A.; Bowler, R.; Mahaffey, S.; Rossi, S.; Calin, G.A.; Bemis, L.; et al. The
multiMiR R package and database: Integration of microRNA-target interactions along with their disease and drug associations.
Nucleic Acids Res. 2014, 42, e133. [CrossRef] [PubMed]

44. Xiao, F.; Zuo, Z.; Cai, G.; Kang, S.; Gao, X.; Li, T. miRecords: An integrated resource for microRNA-target interactions. Nucleic
Acids Res. 2009, 37, D105–D110. [CrossRef]

45. Huang, H.Y.; Lin, Y.C.; Cui, S.; Huang, Y.; Tang, Y.; Xu, J.; Bao, J.; Li, Y.; Wen, J.; Zuo, H.; et al. miRTarBase update 2022: An
informative resource for experimentally validated miRNA-target interactions. Nucleic Acids Res. 2022, 50, D222–D230. [CrossRef]

46. Karagkouni, D.; Paraskevopoulou, M.D.; Chatzopoulos, S.; Vlachos, I.S.; Tastsoglou, S.; Kanellos, I.; Papadimitriou, D.; Kavakiotis,
I.; Maniou, S.; Skoufos, G.; et al. DIANA-TarBase v8: A decade-long collection of experimentally supported miRNA-gene
interactions. Nucleic Acids Res. 2018, 46, D239–D245. [CrossRef]

47. Luo, W.; Brouwer, C. Pathview: An R/Bioconductor package for pathway-based data integration and visualization. Bioinformatics
2013, 29, 1830–1831. [CrossRef]

48. Mullokandov, G.; Baccarini, A.; Ruzo, A.; Jayaprakash, A.D.; Tung, N.; Israelow, B.; Evans, M.J.; Sachidanandam, R.; Brown, B.D.
High-throughput assessment of microRNA activity and function using microRNA sensor and decoy libraries. Nat. Methods 2012,
9, 840–846. [CrossRef]

49. Reichholf, B.; Herzog, V.A.; Fasching, N.; Manzenreither, R.A.; Sowemimo, I.; Ameres, S.L. Time-Resolved Small RNA Sequencing
Unravels the Molecular Principles of MicroRNA Homeostasis. Mol. Cell 2019, 75, 756–768.e757. [CrossRef]

50. Kingston, E.R.; Bartel, D.P. Global analyses of the dynamics of mammalian microRNA metabolism. Genome Res. 2019, 29,
1777–1790. [CrossRef]

51. Wollny, D.; Zhao, S.; Everlien, I.; Lun, X.; Brunken, J.; Brune, D.; Ziebell, F.; Tabansky, I.; Weichert, W.; Marciniak-Czochra, A.; et al.
Single-Cell Analysis Uncovers Clonal Acinar Cell Heterogeneity in the Adult Pancreas. Dev. Cell 2016, 39, 289–301. [CrossRef]

52. Raden, M.; Wallach, T.; Miladi, M.; Zhai, Y.; Kruger, C.; Mossmann, Z.J.; Dembny, P.; Backofen, R.; Lehnardt, S. Structure-aware
machine learning identifies microRNAs operating as Toll-like receptor 7/8 ligands. RNA Biol. 2021, 18, 268–277. [CrossRef]

http://doi.org/10.1093/nar/gky1141
http://doi.org/10.1073/pnas.0510790103
http://doi.org/10.1152/ajpgi.00191.2016
http://doi.org/10.1016/j.cmet.2013.11.015
http://doi.org/10.1186/s40001-014-0068-2
http://doi.org/10.1007/s12032-011-0134-3
http://doi.org/10.3892/ol.2018.8110
http://doi.org/10.7554/eLife.05005
http://doi.org/10.1038/nature03076
http://doi.org/10.1371/journal.pbio.0050203
http://doi.org/10.1093/nar/gkz757
http://doi.org/10.1371/journal.pone.0206239
http://doi.org/10.3892/mmr.2019.10669
http://doi.org/10.1080/21691401.2018.1489263
http://www.ncbi.nlm.nih.gov/pubmed/30033809
http://doi.org/10.1155/2016/1869082
http://www.ncbi.nlm.nih.gov/pubmed/27314045
http://doi.org/10.1093/nar/gku631
http://www.ncbi.nlm.nih.gov/pubmed/25063298
http://doi.org/10.1093/nar/gkn851
http://doi.org/10.1093/nar/gkab1079
http://doi.org/10.1093/nar/gkx1141
http://doi.org/10.1093/bioinformatics/btt285
http://doi.org/10.1038/nmeth.2078
http://doi.org/10.1016/j.molcel.2019.06.018
http://doi.org/10.1101/gr.251421.119
http://doi.org/10.1016/j.devcel.2016.10.002
http://doi.org/10.1080/15476286.2021.1940697


Non-Coding RNA 2023, 9, 20 19 of 19

53. Wang, Y.J.; Kaestner, K.H. Single-Cell RNA-Seq of the Pancreatic Islets–a Promise Not yet Fulfilled? Cell Metab. 2019, 29, 539–544.
[CrossRef]

54. Wang, N.; Zheng, J.; Chen, Z.; Liu, Y.; Dura, B.; Kwak, M.; Xavier-Ferrucio, J.; Lu, Y.C.; Zhang, M.; Roden, C.; et al. Single-cell
microRNA-mRNA co-sequencing reveals non-genetic heterogeneity and mechanisms of microRNA regulation. Nat. Commun.
2019, 10, 95. [CrossRef]

55. Alberti, C.; Manzenreither, R.A.; Sowemimo, I.; Burkard, T.R.; Wang, J.; Mahofsky, K.; Ameres, S.L.; Cochella, L. Cell-type specific
sequencing of microRNAs from complex animal tissues. Nat. Methods 2018, 15, 283–289. [CrossRef]

56. Love, M.I.; Huber, W.; Anders, S. Moderated estimation of fold change and dispersion for RNA-seq data with DESeq2. Genome
Biol. 2014, 15, 550. [CrossRef]

57. Kang, K.; Zhang, X.; Liu, H.; Wang, Z.; Zhong, J.; Huang, Z.; Peng, X.; Zeng, Y.; Wang, Y.; Yang, Y.; et al. A novel real-time PCR
assay of microRNAs using S-Poly(T), a specific oligo(dT) reverse transcription primer with excellent sensitivity and specificity.
PLoS ONE 2012, 7, e48536. [CrossRef]

58. Qi, M.; McFadden, B.; Valiente, L.; Omori, K.; Bilbao, S.; Juan, J.; Rawson, J.; Oancea, A.R.; Scott, S.; Nair, I.; et al. Human
Pancreatic Islets Isolated From Donors With Elevated HbA1c Levels: Islet Yield and Graft Efficacy. Cell Transpl. 2015, 24, 1879–1886.
[CrossRef]

59. Gu, Z.; Eils, R.; Schlesner, M. Complex heatmaps reveal patterns and correlations in multidimensional genomic data. Bioinformatics
2016, 32, 2847–2849. [CrossRef]

60. Kevin Blighe, S.R.; Turkes, E.; Ostendorf, B.; Grioni, A.; Lewis, M. EnhancedVolcano: Publication-Ready Volcano Plots with Enhanced
Colouring and Labeling. Available online: https://github.com/kevinblighe/EnhancedVolcano (accessed on 3 January 2020).

61. Wu, T.; Hu, E.; Xu, S.; Chen, M.; Guo, P.; Dai, Z.; Feng, T.; Zhou, L.; Tang, W.; Zhan, L.; et al. clusterProfiler 4.0: A universal
enrichment tool for interpreting omics data. Innovation 2021, 2, 100141. [CrossRef]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

http://doi.org/10.1016/j.cmet.2018.11.016
http://doi.org/10.1038/s41467-018-07981-6
http://doi.org/10.1038/nmeth.4610
http://doi.org/10.1186/s13059-014-0550-8
http://doi.org/10.1371/journal.pone.0048536
http://doi.org/10.3727/096368914X683548
http://doi.org/10.1093/bioinformatics/btw313
https://github.com/kevinblighe/EnhancedVolcano
http://doi.org/10.1016/j.xinn.2021.100141

	Introduction 
	Results 
	The Results of Published miRNA Profiles Indicate Discrepancies for Both miRNAs Expressed in Pancreases and Their Abundance in These Datasets 
	Less Biased Small RNA Profiles in Human Acinar and Islet Cells 
	Comparing Small RNA Profiles in Human Acini and Islets with Small RNA Profiling Data from Rodent Acini and Islets 
	Potential Roles of miR-375, miR-7-5p, and miR-148a-3p in the Human Pancreas According to Their Predicted Targets 
	Potential Roles of miR-7-5p, miR-148-3p, and miR-375 in the Human Pancreas According to Their Experimentally Validated Targets 

	Discussion 
	Materials and Methods 
	RNA Isolation 
	Small RNA Deep Sequencing, Reads Processing, and Data Analysis 
	Small RNA qRT-PCR 
	Isolation of Human Pancreatic Islets and Acinar Cells 
	Cell Lines and Culture Conditions 
	Computational Resources 
	Statistical Analyses 

	References

