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Abstract: The purpose of this study is to contribute to the literature, understanding how the micro-
segmentation strategies developed by the C2C e-marketplaces influence customer satisfaction, brand
loyalty, trust, and brand equity by proposing a PLS-SEM model with seven hypotheses. An online
questionnaire was answered by a sample of 403 people. The results were edited, coded, transformed,
and finally analysed with the software Smart- PLS 3.3.7. The results confirm that the reflective
model shows good reliability and validity and that six of the seven were accepted. Furthermore,
micro-segmentation mostly influences customer satisfaction, followed by brand equity and trust. On
the other hand, the results confirm that, apparently, customer satisfaction does not impact brand
loyalty, and micro-segmentation is the more significant construct in reaching brand loyalty in the
C2C e-marketplaces. It is worth noting that this research contributes to knowledge about two issues
unexplored by the academia, micro-segmentation and the C2C e-marketplaces.

Dataset: https://data.mendeley.com/datasets/zzx5kw6cy9/1

Dataset License: CC BY 4.0

Keywords: micro-segmentation; brand loyalty; customer satisfaction; brand equity; trust; C2C; e-Marketplace

1. Summary

Even in Europe and North America, e-marketplaces are for retailers where either
they themselves or, in some cases big companies, sell all kinds of products to a single
customer, in South America or in Asia [1]; the most popular e-marketplaces such as Linio
or Mercadolibre offer a person who does not own a formal company themselves the
opportunity to sell products to single customers, commonly known as a C2C.

Moreover, it is important to underline how e-marketplaces have changed how shop-
pers buy all kinds of products, since, in a highly competitive environment where the
net margins are narrow, the implementation of several kinds of marketing strategies by
e-marketplaces becomes critical. Some of the most common strategies put in place by those
e-businesses are customer satisfaction [2,3], brand equity [4], brand loyalty [5], and trust [2].
Furthermore, a common marketing strategy used by online businesses is micro-segmentation.

Micro-segmentation allows e-retailers to find profitable niche markets [5], communi-
cate almost individually to each customer [6], and adapt offers and promotions to each
customer according to their needs and personal interests. Nevertheless, studies of micro-
segmentation in marketing remain scarce, and this study has the objective of contributing
to the increase in knowledge surrounding the construct. Regarding the literature review,
customer satisfaction was defined as “a cognitive or affective reaction” that emerges as a
response to a single or prolonged set of service encounters [7]. Brand equity was initially
conceptualised by Brady et al. [8] and referred to as the perception of a brand that can
be extended to superiority. The following construct included in the search model is trust,
which is defined as a disposition to depend on an exchange partner whom someone has
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confidence with (Moorman et al. [9]), as well as the partner’s perceived reliability and
integrity [10]. The last variable considered in this research is brand loyalty, defined as the
attachment between the consumer and a brand [11] and which reflects the consumer’s
preferences for certain brands [12].

The data was collected through an online questionnaire distributed to people who
bought a product in a C2C e-marketplace in the six months before the data collection,
which took place for five weeks at the end of the year 2021. Social media platforms such
as WhatsApp, Instagram, Facebook, and Tik-Tok were used to spread the questionnaire.
The dataset was used to develop a PLS-SEM with six hypotheses. Three hypotheses were
set up to validate the positive influence of the micro-segmentation strategies put in place
by the C2C e-marketplaces on customer satisfaction, trust, brand equity and brand loyalty.
The other three hypotheses were proposed to find how customer satisfaction, brand equity,
and trust positively influence brand loyalty.

The first hypothesis (H1) postulated that micro-segmentation in C2C e-marketplaces pos-
itively influenced trust. The second hypothesis (H2) hypothesised that micro-segmentation in
C2C e-marketplaces positively influenced customer satisfaction. That micro-segmentation
positively influenced brand loyalty was the third hypothesis formulated. Despite the fact
that micro-segmentation is a variable recently proposed as a Tier 1 research priority for
modern marketing by the Marketing Science Institute (MSI) [2,13], the amount of research
about the construct remains limited. Therefore, the amount of previous research supporting
the hypotheses is scarce. Nevertheless, the fourth hypothesis was that micro-segmentation
influenced positively brand equity. The first four hypotheses were supported by the
previous literature findings [14–16].

The fifth hypothesis (H5) was supported by the results of past literature concerning
websites [17–19] and postulated that trust in a C2C e-marketplace had a positive influence
on brand loyalty. That customer satisfaction in a C2C e-marketplace positively influenced
brand loyalty was the sixth hypothesis (H6). The hypothesis was supported by the previous
findings of Voss et al. [20], Beerli et al. [21] and Sai Vijay et al. [22]. The final hypothesis (H7)
posited that brand equity in a C2C e-marketplace positively influenced brand loyalty. As
the previous hypotheses, H7 was postulated based on the previous literature equity [23,24].

2. Data Description

The data of this study is divided into three parts. The first section includes data
collected about the sociodemographic and purchase behaviour of the customers of C2C
e-marketplaces. Gender, range of age, C2C e-marketplace preference, and purchasing
preference were evaluated in this part. Detailed information from this part can be found
in Table 1.

The second part of the data description comprises the evaluation of nineteen items
by the participants. Three items were used to evaluate brand equity (BE), trust (TR),
and customer satisfaction (CS). Four items measured brand loyalty, and five items micro-
segmentation (MS). Next, the nineteen items are present, both in English and Spanish. BE1.
“I am loyal to buying on this C2C e-marketplace”, BE2. “I have a positive attitude about
this C2C e-marketplace”, BE3. “I feel that this C2C e-marketplace has a positive image”,
BE4. “I consider that this C2C e-marketplace delivers a correct quality of service”, BE5.
“I am willing to pay more for a product in a C2C e-marketplace than on another website”,
TR1. “I trust the brands the sellers sell on this C2C e-marketplace”, TR2. “I recognise the
quality and reliability of the products sold by sellers on this C2C e-marketplace”, TR3.
“I think brands sold by sellers in this C2C e-marketplace are very good and trustworthy”,
CS1. “The service in this C2C e-marketplace is excellent”, CS2. “I am very satisfied with my
shopping experience at this C2C e-marketplace”, CS3. “This C2C e-marketplace meets my
expectations”, BL1. “I prefer this C2C e-marketplace to others”, BL2. “When I go shopping,
I don’t even consider the competing C2C e-marketplaces”, BL3. “If my favourite C2C
e-marketplace is out of products, I’ll postpone buying”, BL4. “I’ll do without rather than buy
from another C2C e-marketplace”, MS1. “I always find the product(s) I am looking for in
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this C2C e-marketplace”, MS2. “I perceived that there were personalised recommendations
in this C2C e-marketplace”, MS3. “I received personalised advertising or promotions of
products that are interesting to me after visiting this C2C e-marketplace”, MS4. “I perceived
that this C2C e-marketplace constantly updates its personalised recommendations based
on my searches”, MS5.” I’ve encountered a product I like or want without having searched
for it”. BE1. “Soy leal al mercado electrónico C2C”, BE2. “Tengo una actitud positiva hacia
al mercado electrónico C2C”, BE3. “Siento que este mercado electrónico C2C tiene una
imagen positiva”, BE4. “Considero que este mercado electrónico C2C ofrece una calidad de
servicio correcta”, BE5. “Estoy dispuesto a pagar más por un producto que se vende en
un mercado electrónico C2C que en otro sitio web”, TR1. “Confío en las marcas que los
vendedores venden en este mercado electrónico C2C”, TR2. “Reconozco que los productos
vendidos por los vendedores en este mercado electrónico C2C son de calidad y fiables”, TR3.
“Creo que las marcas que venden los vendedores en este mercado electrónico C2C son muy
buenas y confiables”, CS1. “El servicio de este mercado electrónico C2C es excelente”, CS2.
“Estoy muy satisfecho con mi experiencia de compra en este mercado electrónico C2C”, CS3.
“Este mercado electrónico C2C cumple con mis expectativas”, BL1. “Prefiero este mercado
electrónico C2C que otros”, BL2. “Cuando voy de compras, ni considero los mercados
electrónicos C2C de la competencia”, BL3. “Si mi mercado electrónico C2C favorito se queda
sin productos, pospondré la compra”, BL4. “Prescindiré del producto que quiero, en lugar
de comprar en otro mercado electrónico C2C”, MS1. “Siempre encuentro los productos
que busco en este mercado electrónico C2C”, MS2. “Percibí que había recomendaciones
personalizadas en este mercado electrónico C2C”, MS3. “Recibí publicidad personalizada o
promociones de productos que me interesan después de visitar este mercado electrónico
C2C”, MS4. “Me di cuenta de que este mercado electrónico C2C actualiza constantemente
sus recomendaciones personalizadas sobre mis búsquedas”, MS5. “He encontrado un
producto que me gusta o quiero sin haberlo buscado”. The descriptive measures of all
items such as mean and standard deviation are shown in Table 2.

Table 1. Sociodemographic Profile–n 473.

Variables Frequency % % Accumulative

Preferred C2C E-Marketplace
Facebook

Marketplace 161 40 40

Amazon 86 21.3 61.3
Linio 75 18.6 79.9

Mercado Libre 47 11.7 91.6
Other 34 8.4 100
Mode Facebook Marketplace

Gender
Male 196 31 31

Female 277 69 100
Mode Female 100

Age range
18–29 years old 216 53.6 53.6
30–41 years old 92 22.8 76.4

42 and over 95 23.6 100
Mode 18–29 years old

Purchasing
Preference

New 267 66.3 66.3
Used 25 6.2 72.5
Both 111 27.5 100

Mode New
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Table 2. Items Descriptive Analysis-Reliability and validity of the measures of Reflective Model-R2

and VIF.

Variable Item Mean Standard
Deviation

Outer
Loadings

Cronbach’s
Alpha rho_A Composite

Reliability

Average
Variance

Extracted (AVE)
VIF R2

BE BE1 3.56 0.83 0.75 0.83 0.85 0.89 0.66 1.52 0.28
BE2 4.02 0.68 0.80 2.02
BE3 3.90 0.73 0.85 2.32
BE4 3.97 0.74 0.85 1.94

BL BL1 3.89 0.78 0.80 0.77 0.84 0.84 0.57 1.23 0.38
BL2 3.11 1.06 0.73 1.51
BL3 3.07 1.04 0.77 1.90
BL4 2.80 1.06 0.72 1.90

CS CS1 3.77 0.80 0.88 0.86 0.86 0.91 0.78 2.03 0.58
CS2 3.94 0.68 0.89 2.28
CS3 3.97 0.78 0.87 2.13

MS MS1 3.73 0.88 0.71 0.81 0.82 0.87 0.58 1.44
MS2 3.93 0.70 0.80 1.72
MS3 3.82 0.78 0.74 1.68
MS4 3.95 0.68 0.83 2.05
MS5 3.77 0.92 0.70 1.49

TR TR1 3.73 0.72 0.89 0.88 0.88 0.93 0.81 2.35 0.24
TR2 3.73 0.68 0.90 2.54
TR3 3.79 0.69 0.91 2.59

The third stage of the data description includes the data evaluation using a variance-
based approach. Consequently, a Partial Least Square–Structural Equation Model PLS-SEM
was used (See Figure 1), since this combines regression-based path analysis with principal
components [25], allowing the measurement and estimation of complex models with
many constructs. The results of the PLS-SEM were evaluated in two stages. Tables 2–4
summarise the results of the first phase, consisting of the evaluation of the reflective
measurement of the model. The reliability and validity of the measures were evaluated
using the outer loading estimation, Cronbach´s Alpha, Rho A and Convergence Validity
(CR). As shown in Table 1, all the measures were accurate [26]. The average variance
started (AVE) was estimated to evaluate the data´s validity. All items had an AVE above 0,5.
Finally, in the first stage the discriminant validity was checked using two statistical methods,
the Fornell-Larcker Criterion (See Table 3) and the Heterotrait-Monotrait Ratio (HTMT)
(See Table 4). Both methods confirmed the discriminant validity of the reflective model [27].

Table 3. Results Fornell-Larcker Criterion–Discriminant Validity.

BE BL CS MS TR

BE 0.81
BL 0.49 0.75
CS 0.60 0.51 0.88
MS 0.53 0.54 0.61 0.76
TR 0.55 0.46 0.67 0.49 0.90

Table 4. Heterotrait-Monotrait Ratio (HTMT)–Discriminant Validity.

BE BL CS MS TR

BE
BL 0.51
CS 0.70 0.53
MS 0.63 0.63 0.72
TR 0.63 0.49 0.77 0.56
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In the second stage, the results of the structural model were estimated (See Table 5
and Figure 2). To validate the PLS model, the R2 of TR, BL, CS and BE was calculated (See
Table 2) [28,29]. The seven hypotheses were tested using a Bootstrapping of 10,000 samples
and a p-value of 0.05. As can be observed in Table 5, six hypotheses were supported, while
one was rejected.
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Table 5. Results of the estimation of the structural model–p-Values–Path Coefficients.

Path
Coefficients Mean Standard

Deviation T Statistics 2.5% 97.5% p Values Decision

H1 - MS -> TR 0.49 0.49 0.04 13.07 0.42 0.56 0.00 Supported
H2 - MS -> CS 0.61 0.61 0.04 6.31 0.53 0.69 0.00 Supported
H3 - MS -> BL 0.30 0.30 0.06 4.69 0.18 0.43 0.00 Supported
H4 - MS -> BE 0.53 0.53 0.05 10.80 0.43 0.62 0.00 Supported
H5 - TR -> BL 0.12 0.12 0.06 2.04 0.01 0.24 0.04 Supported
H6 - CS -> BL 0.13 0.13 0.08 1.79 -0.02 0.28 0.08 Rejected
H7 - BE -> BL 0.18 0.19 0.08 2.37 0.04 0.34 0.02 Supported

3. Methods

The methods section is divided into three subsections. First, participants provide
information about the population and the sample. Secondly, instruments refers to the ques-
tionnaire and its structure. Finally, data collection offers information about the techniques
used to collect the data.

3.1. Participants

The population was C2C e-marketplace customers. Specifically, the target population
for this study were personal customers who bought all kinds of products, new, second-
hand or both, from other users (not companies). Both the sellers and the buyers did the
transactions through the most popular e-marketplaces in Peru, such as Linio, Amazon,
or Facebook Marketplace, in the last six months before the data collection. A total of
403 people correctly answered all the questions included in an online questionnaire. As can
be observed in Table 1, the most popular C2C e-marketplace was Facebook Marketplace
(161 answers) followed by Amazon (86 answers). In reference to purchasing preference,
most respondents preferred to buy new products (66.3%). In terms of the age range, the
sample shows that 53.6% of the respondents were in the age range between 18 to 29 years old.
Finally, their gender was asked, and according to the answers, 277 women and 196 men
completed the online survey.

3.2. Instruments

To understand how micro-segmentation (MI) influences trust, brand loyalty, brand
equity, and customer loyalty of customers of C2C e-marketplaces, and to simultaneously
study what the antecedents of brand loyalty are, a questionnaire was developed. The
instrument was divided into three sections. First of all, a filter question was included to
ensure that people answering the survey complied with the target population. In the sec-
ond section, four questions were made to know the sociodemographic characteristics and
purchase habits of the sample. Gender and age range were asked in the sociodemographic
data. Meanwhile, preferences of the C2C e-marketplace and the nature of the product
(new or second-hand) were questioned to better understand the sample purchasing be-
haviour. The third block in the questionnaire was used to collect data from the target
population’s evaluation of the five variables included in the research model.

The five constructs were evaluated using Likert scales from 1 to 5, where 1 meant
totally disagree, and 5 totally agree. All the scales used in this research were previously
validated in other studies. Nevertheless, all scales were adapted to a C2C context. Moreover,
since all the scales were originally written in English they were translated into Spanish,
since the target population was not familiar with the English language.

The scale from Brady et al. [8] was adapted to measure Brand Equity, and this scale was
composed of five items. Trust composed of four items was adapted from the original scale
of Zhao et al. [30]. The Vásquez and Vera-Martínez [31] scale was chosen to collect data
of customer satisfaction; the original scale was designed with three items. Brand Loyalty
was evaluated with four items, as Carroll & Ahuvia [32] proposed in their study. The
last variable, micro-segmentation, was measured using a scale developed by the authors.
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Before the micro-segmentation scale was included in the final instrument, a pilot study was
conducted on 20 C2C e-marketplace users to confirm that the new scale accurately measured
micro-segmentation. The new scale was composed of five items. All five items evaluated
how users perceived the micro-segmentation’s actions put in place by the e-marketplaces.

3.3. Data Collection

The data collection was done through an auto-assisted online survey since it was
perceived by the authors as the most suitable method to reach the study population at
a reasonable cost. Moreover, the fact that the research population was familiar with
online shopping determined the collection of the data in an online questionnaire. Data
were collected during five weeks at the end of the year 2021. To distribute the online
questionnaire, the ProQuest online survey platform [33] was used. A snowball and viral
technique were chosen to spread the online survey to the population. Social media sources
such as WhatsApp, Facebook, and Instagram were the main distribution sources.

The final sample was composed of 473 people. Those participants answered all the
questions correctly. The 473 records were edited, coded, and transformed from an initial
excel file with the extension.xls to a new one with the extension .csv. The final file was
analysed with the software Smart-PLS version 3.3.7 [34]. The measure of the structural
model and the reflective measures of the model were calculated.

4. Conclusions

Even though this research is preliminary in nature, it contributes to the framework of
research previously developed mainly in the B2C context, since research in the consumer-to-
consumer dynamic is scarce. For that reason, as well as because relevant authors suggested
it in previous research, the first contribution has been the selection of variables for this
study, such as brand loyalty, trust, brand equity, customer satisfaction, and especially the
micro-segmentation, which has been cited as a tier 1 research priority for the academia.

The first contribution of this study has been the reinforcement of the previous findings
about the relationship between customer satisfaction and brand loyalty and the strong
effect the former has on the latter, which validates the hypothesis and the contributions
of Anderson and Srinivasan [35], Beerli et al. [21], Veloutsou [36], Voss et al. [20], and
Wang et al. [37].

Therefore, it can be inferred that a correct micro-segmentation strategy will establish
brand loyalty, customer satisfaction, trust, and brand equity. In order for this to be achieved,
it is essential that C2C e-marketplaces work efficiently, implementing micro-segmentation
strategies to ensure customer satisfaction, which enables potential circumstances in which
consumers may lose their attributed trust, since the C2C dynamic requires more control
methods to reduce the risks of unethical sellers. Thus, it can be identified that consumers of
a C2C e-marketplace will become brand loyal if they obtain a satisfactory experience with
the purchase, trusting the brand and determining that they are valuable. However, this
loyalty is very volatile, since a bad experience will lead consumers to cease such loyalty,
despite their previous experience with the brand.

Furthermore, another contribution made by this study is the confirmation of the
positive influence trust has over brand loyalty. This aligns with the concept that over-
all trust can help decrease the perceived risk of transactions with a vendor within the
e-commerce dynamic [38–40].

Moreover, the research allows us to infer the importance of the e-marketplace in
itself, which requires a well-developed brand equity that is aligned with the micro-
segmentation strategies. In effect, improving the brand positioning, based on its positive
micro-segmentation, will potentially lead consumers to become more prone to loyalty and,
therefore, make more frequent repurchase transactions.

Accordingly, this research recommends that companies invest resources in further-
developing their C2C e-marketplaces and improve on micro-segmentation tools that en-
hance brand equity and consequently affect customer satisfaction, trust, and brand loyalty.
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One particular tool suggested is the implementation of seller reviews amongst their con-
sumer’s purchase records, in addition to a filter system that deactivates accounts that
deliver below-average customer satisfaction levels. This is believed to predict an im-
provement in the seller’s attention standards and, consequently, in the attributed trust
towards the e-marketplace’s brand. These recommendations can significantly enhance the
overall online purchase market and loyalty rate for both the consumer-to-consumer and
business-to-consumer dynamic. Moreover, emerging markets show considerable potential
since there is a latent increment of micro-companies and informal workers who actively
partake in the C2C e-marketplace seller dynamic. This is considered to provide substantial
opportunity for the local e-marketplaces and contribute to the area’s economic growth.

5. Limitations and Future Research

This study has a series of limitations, all of which could be covered in future research.
First, it intended to carry out a study and data collection from all of Latin America; however,
it could only be carried out in Perú. For that reason, it is recommended to expand the
sample to other Latin-American emerging markets to identify how the variables behave in
these scenarios. Moreover, it was a non-probabilistic sampling. Therefore, it is suggested to
do a probabilistic sampling to universalise the results.

Furthermore, the study of micro-segmentation as a moderating variable upon the
other construct in the research is suggested, since it is a relatively new and relevant concept
for modern marketing. In addition, for future studies, it is crucial to delve into the effect
of this variable on the scales. Since the research is based on a preliminary scale, studying
micro-segmentation in-depth will contribute to improving the scale in measure. Finally, it
is suggested that the research is opened to other markets. These constructs can be analysed
in important sectors of the market, as well as specific categories. Because the results may
be different, this will accomplish relevant contributions to marketing. For example, these
variables can also be studied in the context of C2C e-marketplaces for cars, services, and
even on a B2B e-marketplace spectrum. Lastly, the second-hand sector is considered to
be an essential field of study with these variables, since this type of sales interaction is
predominant within the consumer-to-consumer transaction dynamic.

6. User Notes

The dataset measures the customer’s perception of the micro-segmentation strate-
gies put in place by C2C e-marketplaces that contribute to customer satisfaction, brand
equity, brand loyalty, and trust. The sample size of 473 people and the optimal results
of the validity and reliability analyses warrant the quality of the data and allow the
adoption of multiple statistical studies. For example, a multi-group analysis could be
considered (MGA). Moreover, the rich sociodemographic data collected could be used to
include moderator variables such as gender and preferred C2C e-marketplace. However,
the dataset could have some limitations that could be considered. Data was collected
using a non-probabilistic method and the responders were from Peru, which could con-
dition the results since the C2C e-marketplace customer perceptions could be different in
other countries.
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