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Abstract: Epiphytic microbial communities significantly impact the health and quality of grape
berries. This study utilized high-performance liquid chromatography and high-throughput sequenc-
ing to explore the epiphytic microbial diversity and physicochemical indicators in nine different wine
grape varieties. In total, 1,056,651 high-quality bacterial 16S rDNA sequences and 1,101,314 fungal
ITS reads were used for taxonomic categorization. Among the bacteria, Proteobacteria and Firmi-
cutes were the dominant phyla, and Massilia, Pantoea, Pseudomonas, Halomonas, Corynebacterium,
Bacillus, Anaerococcus, and Acinetobacter were the dominant genera. Among the fungi, Ascomycota
and Basidiomycota were the dominant phyla, and Alternaria, Filobasidium, Erysiphe, Naganishia, and
Aureobasidium were the dominant genera. Notably, Matheran (MSL) and Riesling (RS) exhibited the
highest microbial diversity among the nine grape varieties. Moreover, pronounced differences in
epiphytic microorganisms in red and white grapes suggested that the grape variety significantly in-
fluences the structure of surface microbial communities. Understanding the composition of epiphytic
microorganisms on the grape skin can provide a direct guide to winemaking.

Keywords: wine grapes; grape surface microorganisms; Illumina high-throughput sequencing;
microbial diversity

1. Introduction

Wine, an alcoholic beverage, is prepared via the microbial fermentation of grapes
or grape juice using microorganisms, such as Saccharomyces cerevisiae [1]. Based on the
color, wine is classified as red, white, or rose wine [2,3]. Cabernet Sauvignon, Merlot, Pinot
Noir, and Syrah are the main grape varieties used for red wines, while Riesling, Chenin
Blanc, and Chardonnay are mostly used for white wines. Different grape varieties provide
distinctive characteristics, such as flavor (e.g., fruity flavor), tannins, acidity, and alcohol
contents, that affect the wine quality [4,5].

Microorganisms are essential to the winemaking process. They not only drive fermen-
tation but also significantly influence the flavor, aroma, quality, and value of the wine [6,7].
In the winemaking process, grape berries are the main source of microbial communities and,
therefore, the microbial diversity of wine grapes has attracted serious attention. A variety
of complex microorganisms (such as yeasts, molds, and bacteria) on the skin of ripe grape
berries contribute to the formation of wine flavor [8]. Geography, soil status, climate, and
cultivation conditions significantly influence the structure of microbial communities [9]. For
instance, fruit microflora adapted to local geographical, climatic, and other conditions of
a grape wine-producing region provides a specific flavor and quality to the wine of that
region [3]. Xinjiang (China) is one such premium wine grape region with unique climatic
and superior geographical conditions [10]. Specifically, Manasi County in Xinjiang has gravel
sandy loam soil, long sunshine hours, a large temperature difference between day and night,
and low precipitation, all of which help make it a premium wine-producing area.
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High-throughput sequencing (HTS) and multivariate data analysis have become
popular methods for studying microorganisms in a variety of contexts, including food
and gut microbes [11]. Traditional microbial culture methods provide limited insights into
microbial diversity, whereas HTS allows for the study of microbes that cannot be cultured
or are yet to be recognized. HTS helps to understand microbial diversity on a much larger
scale by collecting large, high-precision, and low-cost data [12]. HTS has also been used to
study microbial diversity in grapes and wines from different regions [13] and vintages [14]
and derive comparisons between different wine styles. Moreover, such studies concluded
that wine microbes are the main determinants of wine quality and sensory style [15]. An
HTS study revealed the presence of Gluconobacter in Chardonnay wine from two different
regions in California, USA; Gluconobacter produces acetic acid during the winemaking
process, which adversely affects the organoleptic quality of the wines [16]. A study showed
that a change in microbial communities on the surface of Grenache and Carignan grapes
from vineyard to vineyard affected the grape quality, even in close geographical locations,
highlighting the role of the microbial population in wine production [3]. Likewise, another
study showed that the structural characteristics of the grape/wine microbial community
can be highly specific to a region [17]. Gao et al. [18] found that Aureobasidum, Cryptococcus,
Hanseniaspora, Alternaria, Rhodotorula, Botrytis, Mucor, Chaetopyrena, Cladosporium, and
Fusarium were the dominant fungal genera on the grape surface of four wine grapes
(Cabernet Sauvignon, Merlot, Italic Riesling, and Cabernet Franc) in the wine-producing
areas of northern Xinjiang, China (e.g., Shanshan, Yanqi, and Heshuo regions). All these
studies indicated that a variety of factors influence the composition and structure of grape
surface microbiota.

Microbial diversity and its control during wine fermentation have gained growing
attention [19]. However, the variables that influence the diversity of wine grape surface
microbiota remain poorly understood. This study used HTS to characterize the micro-
bial communities on the grapevine carposphere of nine (five red and four white) wine
grape varieties. Our results revealed the microbial diversity in Xinjiang vineyards and
set a theoretical basis for the screening and establishment of high-quality winemaking
microorganisms.

2. Materials and Methods
2.1. Sampling Site

This study was conducted in a large vineyard in Manas County, Changji Hui Au-
tonomous Prefecture, Xinjiang Uygur Autonomous Region (44.18′ N, 86.13′ E). The region
has a temperate continental arid climate, with long and harsh winters, short and hot
summers, and an average annual temperature of 7–8 ◦C. The vineyards did not involve
endangered or protected species, are not privately owned or protected, and did not require
any special permits. The vines were 10 to 37 years old.

2.2. Grape Sampling

The fruit was collected from nine varieties of wine grapes, including five red (CS,
Cabernet Sauvignon; SR, Syrah; PN, Pinot Noir; ML, Merlot; MS, Marselan) and four
white (RS, Riesling; CB, Chenin blanc; IR, Italian Riesling; EL, Ecolly) wine grape varieties.
Disease-free and fresh wine grape fruit samples were collected using scissors that were
disinfected with 75% alcohol. The collected samples were put in sterile self-sealing bags,
transported back to the laboratory in low-temperature boxes, and then a portion of the
samples was frozen at −20 ◦C as a backup [20]. For each wine grape variety, the “five-
point sampling approach” was used to gather samples from five plants, which were then
combined for further tests.

2.3. Determination of Physicochemical Properties

Physiochemical indicators, including pH, total sugars (TS), total acidity (TA), and
soluble solids content (SSC), of the grape samples were measured. The total sugar content
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was determined using the dinitro salicylic acid method, and the pH was measured using
a calibrated pH meter [21]. The total acid content was calculated following the national
standard GB/T 15038-2006 “General analytical procedure for wine and fruit wines”.

Organic acids and soluble sugars were determined using high-performance liquid
chromatography (HPLC). Soluble sugars were extracted according to Cao et al. [22] with
some modifications. The chromatographic separation of sugars was performed with an
XBridge amide column (5 µm, 4.6 mm × 250 mm), and acetonitrile and water were used as
the mobile phases at a flow rate of 1 mL/min. The injection volume was 20 µL, the column
temperature was 30 ◦C, and the elution peak was detected using an RID-10A differential
detector.

Organic acids were estimated following the method of Ryan et al. [23] with some
modifications. Grape samples were centrifuged and filtered into injection vials using
0.45 µm filters. The other experimental conditions were as follows: chromatographic
column, Dikma C18 column (5 m, 4.6 mm, 250 mm; Diamonsil Plus Technology, China);
column temperature, 40 ◦C; mobile phase, 0.1% phosphoric acid and methanol; flow rate,
0.7 mL/min; UV detection, 210 nm. A calibration curve was plotted using standards to
determine the peak area versus concentration.

2.4. Microbial Diversity Analysis

The grape samples were stemmed to avoid contamination by endophytic bacteria
inside the grapes. Each sample of wine grape variety was weighed to approximately
30 g, added to 100 mL PBS buffer (0.1 mol/L, pH 7.0), and vortex shaken for 30 min
at 180 r/min. After sonication for 15 min, the membrane was filtered with a 0.22 µm
microporous membrane (Millipore, Burlington, MA, USA), cut, and placed in a sterilized
centrifuge tube for total DNA extraction.

Total genomic DNA samples were extracted using the OMEGA Soil DNA Kit (M5635-
02) (Omega Bio-Tek, Norcross, GA, USA) following the manufacturer’s instructions. The ex-
tracted DNA samples were assessed for quantity and quality using spectrophotometry and
agarose gel electrophoresis. The fungal ITS1 region was PCR amplified using the forward
primer ITS5F (5′-GGAAGTAAAAGTCGTAACAAGG-3′) and the reverse primer ITS1R
(5′-GCTGCGTTCTTCATCGATGC-3′). The V3–V4 region of the bacterial 16S rRNA gene
was PCR amplified using the forward primer 338F (5′-ACTCCTACGGGAGGCAGCA-3′)
and the reverse primer 806R (5′-GGACTACHVGGGTWTCTAAT-3′). The PCR conditions
were as follows: denaturation at 98 ◦C for 5 min, followed by 25 cycles of annealing at
53 ◦C for 30 s and extension at 72 ◦C for 45 s, and a final extension at 72 ◦C for 5 min [24].
The obtained PCR-amplified products were sequenced on an Illumina MiSeq platform at
Shanghai Personal Biotechnology Co. QIIME2 2019.4 with some minor modifications to the
protocol specified in the official tutorial (https://docs.qiime2.org/ accessed on 1 August),
and the data were subjected to microbial bioinformatics.

2.5. Data Analysis

In this investigation, three parallel tests were run for each grape sample. The exper-
imental data were analyzed for the significance of variance using SPSS data processing
software (version 20; IBM, Chicago, IL, USA) at a significance level of p < 0.05. Origin 2021
was used to generate bar graphs. Principal component analysis (PCA) plots were drawn
using SIMCA 14.1 software based on the Bray–Curtis distance algorithm to analyze the
distribution patterns of microbial communities in different grape samples. Chord diagrams
and heat maps were prepared using R (version 3.3.1) [25].

3. Results and Discussion
3.1. Changes in Physicochemical Characteristics
3.1.1. General Physiochemical Indicators

Physicochemical characteristics define the wine grape quality. The basic physicochem-
ical indicators, such as pH, TA, TS, and SSC, of the ripening fruit of the wine grape varieties

https://docs.qiime2.org/
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are shown in Figure 1. Climate and other factors influence fruit ripening, altering the
physicochemical indices of different wine grape varieties from the same origin [26]. For the
nine grape varieties, the pH ranged between 3.96 and 4.22, and the SSC ranged between
18.45 and 23.5◦ Brix. Among all the grape varieties, CS had the lowest SSC content. Among
the white grape varieties, IR had the highest SSC. The TA content ranged between 4.7 and
9.1 g/L, showing significant differences between the wine grape varieties (p < 0.05). ML
grapes had the lowest TA content (7.14 g/L), while others (except SR) had a TA content
<7.40 g/L. The highest TS content was found in the white wine grape variety IR, followed
by the red wine grape variety PN. CB had the lowest TS content of 109.5 g/L.

Figure 1. Overall differences in pH, soluble solids content (a), total sugars, and total acidity (b) of
different wine grapes.

3.1.2. The Compositions and Contents of Sugar and Organic Acids

Organic acids are natural components in grapes and affect the color, flavor, aroma, and
other characteristics of grape wine [27,28]. Grape organic acids are the key products of fruit
metabolism, and their distribution and concentration characteristics are closely associated
with the processing of wine grapes [29]. In this study, seven organic acids (succinic, citric,
oxalic, lactic, malic, tartaric, and quinic acids) were detected in wine grapes (Figure 2a).
Consistent with Lima et al. [30], tartaric and malic acids were found to be the main organic
acids in grapes. Their sum content accounted for >80% of the total organic acids in all grape
varieties. The highest levels of tartaric (5.3 g/L) and malic (2.71 g/L) acids were present
in SR and ML grapes. Except for CS, white grape varieties typically had higher levels of
lactic acid than red grapes, while the opposite was true for oxalic acid. Consistent with
Haggerty [31], succinic and quinic acids were in lower amounts. Several factors such as
grape variety, climate, and stage of ripening can vary the content of organic acids in wine
grapes.

Figure 2. Differences in the organic acids (a) and soluble sugars (b) in different wine grape samples.
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SSC in grapes directly affects yeast reproduction and metabolism ultimately affecting
the quality of wine alcohol [32]. The components and contents of soluble sugars in nine
wine grapes were analyzed using HPLC (Figure 2b). Fructose, glucose, and sucrose were
in the ranges of 60.00–114.20, 63.00–109.56, and 3.06–12.98 g/L, respectively. Glucose
and fructose were the main sugars in all grapes. Among the red grape varieties, SR had
the highest glucose and fructose content, while CB had the lowest glucose and fructose
content among the white grape varieties. We found no significant differences in the fructose
and glucose contents among the other grape varieties, except for CB. Consistent with
Liu et al. [33], who reported sucrose levels in the range of 0.12–2.83 mg/mL, we also found
sucrose in small amounts in our grape samples, while no maltose was detected.

3.2. Microbial Succession and Interactions
3.2.1. Sequencing Quality Assessment

We employed HTS to study the diversity of epidermal microbial communities in wine
grapes. Poor-quality sequences and chimeras were eliminated to obtain valid sequences
from each sample. In total, 1,056,651 high-quality bacterial sequences and 1,101,314 fungal
sequences were obtained from all the samples. The fungal sequences outnumbered the
bacterial sequences. For all samples, the coverage of high-quality sequences was >99%, and
the flat coefficient curves indicated an adequate diversity of sequences (Figures S1 and S2).
Additionally, the sequencing results indicated that our sequencing data had an appropriate
volume. After data normalization, we performed α-diversity analysis for species richness
and diversity, such as the Chao1 and Shannon indices (Table S1). Concerning bacterial
communities, MS showed the highest richness, as indicated by the Chao1, Shannon, and
Simpson indices (Figure S3). Regarding the fungal communities, ML grapes were richer in
both abundance and diversity than other grapes (Figure S4). These results highlighted the
variation in richness and abundance of epiphytic microbial communities in different grape
varieties. Totals of 72, 79, 90, 104, 108, 59, 58, 47, and 53 OTUs for fungal communities and
161, 198, 391, 329, 478, 366, 400, 237, and 169 OTUs for bacterial communities were recorded
in the CS, SR, PN, ML, MS, CB, IR, EL, and RS grapes, respectively (Figure 3). Interestingly,
apart from a shared microbial community, several wine grape varieties also had unique
microbial communities.

Figure 3. Venn diagrams of the fungal (a) and bacterial (b) OTUs among different wine grape samples.

3.2.2. Sequencing Quality Assessment

We further analyzed the diversity and community succession of grapevine epidermis
microorganisms. Based on the Illumina sequencing of 27 samples from nine grape varieties,
we obtained the number of fungal and bacterial taxonomic units at each taxonomic level
(Figure S5). At the genus level, the highest and lowest numbers of bacterial taxonomic
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units were detected in MSL and RS samples, respectively. The highest number of fungal
taxonomic units was detected in ML grapes.

Moreover, the main phyla and genera were present in all grape varieties, though
in varying degrees. At the phylum level, Proteobacteria (including nitrogen-fixing bac-
teria and rhizobacteria) predominated in the bacterial population of all grape samples
(Figure 4b) [34]. Proteobacteria were followed by Firmicutes, Actinobacteria, etc. The
Firmicutes include various fermentation bacteria [35]. Studies showed that vineyard soils
and leaves are equally dominated by Proteobacteria, Firmicutes, and Actinobacteria and
these microorganisms are prevalent in the environment [36,37]. Massilia, Pantoea, Pseu-
domonas, Halomonas, Corynebacterium, Bacillus, Anaerococcus, Acinetobacter, Brevundimonas,
Peptoniphilus, Paracoccus, Sphingomonas, Finegoldia, Bifidobacterium, and Staphylococcus were
the 15 main bacterial genera in the nine wine grape varieties (Figure 4d). Notably, Massilia
was the most abundant bacterial genus in CS and ML grapes, while the Pantoea genus was
abundant in SR and RS grapes. Some studies found Bacillus and Pantoea genera on ripe
berries, which are also present in the soil [18]. Therefore, these results indicate an ecological
link with the epiphytic communities in the subterranean part of the plant [38]. In general,
except for a few pathogens, the microbiota is usually beneficial to the host. Bacillus is most
frequently used as a biocide in viticulture to control fungal infections [39]. Acinetobacter,
which is a group of heterotrophic nitrifying bacteria, has a denitrification capacity and
contributes to nitrogen fixation in plants [40]. Pseudomonas bacteria are typically present in
vineyard soils and during wine fermentation but their origin is poorly known [41]. Our
results suggested that they are from the grape surface.

Figure 4. Differences in fungal (a) and bacterial (c) communities at the phylum level. The relative
abundances of the top 15 fungi (b) and bacteria (d) at the genus level.
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In comparison to bacterial communities, the diversity among grape fungi was sig-
nificantly lower. Consistent with Singh et al. [42], Ascomycota, followed by Basidiomy-
cota, dominated the fungal communities at the phylum level in all nine grape varieties
(Figure 4a). At the genus level, the dominant fungi on grape skins were Alternaria, Filobasid-
ium, Erysiphe, Naganishia, and Aureobasidium. Alternaria dominated all grape skins except IR
and EL (Figure 4c). Alternaria is considered one of the primary fungal populations during
grape harvest [34], which acts as a biotrophic pathogen (latent in the fruit’s outer layer) and
infects the fruit during development and flowering [43]. Botrytis, which is a necrotrophic
fungal infection, was not found in this study, possibly due to the study location [44]. In
general, healthy plants attempt to maintain pathogenic bacterial populations at a minimum
level. Accordingly, Saccharomyces cerevisiae was not detected in our grapes, indicating the
least infection in healthy and undamaged grapes [45].

3.2.3. Cluster Analysis

The grape samples were clustered according to the species abundance information and
heat maps were produced. In total, 35 fungal genera were in high abundance. The clustering
heat map showing the relative abundance of fungi is shown in Figure 5. The different
grape varieties showed significant variation in fungal composition. Didymella, Aureobasidiu,
and Selenophoma were the dominant strains in CS grapes. Among all grapes, ML showed
the highest microbial diversity with the highest abundances found for Thyrostroma and
Udeniomyces. Pichia showed the highest abundance in MS. Pichia is frequently present in
fermented foods (such as wine) and promotes their flavor by producing enzymes during
metabolic activity [46,47]. Cryptococcus and Rhodotorula showed a relatively high abundance
in IR and RS, respectively. Vishniacozyma, which is a dominant species in the grape skins
of Xinjiang’s organic vineyards and the ice wine made in Yili, Xinjiang, China, was in
relatively high abundance in CB grapes [48]. Vishniacozyma was isolated from a variety of
substrates, including wood [49], soil (including Antarctic, Alaskan, and Arctic soils) [50],
and cold settings [51]. Its potential impact on wine quality, particularly on wine flavor, is
currently unknown and requires further research.

Figure 5. Heatmap of the top 35 abundant fungal genera in different grape samples. Samples are
clustered according to the similarity between their constituents and arranged in horizontal order.
Red and blue represent the more and less abundant genera in the corresponding group, respectively.
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The heatmap clustering for bacteria is shown in Figure 6. Bacterial communities
greatly vary depending on the wine grape variety. Pantoea and Bacillus had a relatively
high abundance in RS grapes. Pantoea is a widely existing bacteria on the surface of plants,
grains, and fruits [52,53]. Lactobacillus, which is a key bacteria in wine manufacture, was
in the highest relative abundance in IR grapes. It produces lactic acid and numerous
antibacterial compounds (such as bacteriocins) during the wine-brewing process and
suppresses the growth of pathogens and spoilage microorganisms [54]. Massilia bacteria
were predominantly found in Chardonnay by Leveau and Tech [55]. We too found a
higher abundance of Massilia in ML and CS grapes. Sphingomonas can survive wine
fermentation but its effect on wine sensory properties is unknown [48]. Studies suggested
that at the genus level, bacterial communities may be directly affected by the external
environment [56], temperature, and other factors, resulting in different bacterial community
compositions in different grape varieties.

Figure 6. Heatmap of the top 35 abundant bacterial genera in different grape samples. Samples are
clustered according to the similarity among their constituents and arranged in horizontal order. Red
and blue represent the more and less abundant genera in the corresponding group, respectively.

We next performed principal component analysis (PCA) to compare the differences
and similarities of microbial diversity between different grape samples. Our PCA-based
analysis of the fungal communities revealed that the first (PC1) and second (PC2) principal
components respectively accounted for 43.2 and 25.1% of the variations between samples
(Figure 7a). For bacteria, the contribution rates of PC1 and PC2 were 31.4 and 28.2%,
respectively (Figure 7b). Our results suggested that despite being grown similarly and in
the same region, the wine grape varieties showed significant differences in species diversity.
Notably, we found closer proximity between the samples of red grape varieties compared
with white grape varieties. This indicated the similar microbial compositions between
grape varieties of the same color. Additionally, these results also suggested that genotyping
(cultivar) affects the variety and make-up of microbial species in grape skins [42].
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Figure 7. Principal component analysis (PCA) scatter plot of the fungal (a) and bacterial communities
(b) in the samples.

3.3. Co-Occurrence Analyses for Relationships between Different Microbes

Microorganism interactions play a key role in maintaining the structure of the microbial
community [11]. To examine the possible association between the dominant microorgan-
isms, we performed a Pearson rank correction coefficient analysis (Figure 8). Among the
fungi, Aspergillus and Mycosphaerella showed a co-occurrence with Fusarium, Thyrostroma,
and Udeniomyces. There was a negative correlation between Alternaria and Filobasidium
(Figure 8a). Concerning bacteria, Gallicola and Bacteroides were positively correlated with
Anaerococcus, Peptoniphilus, and Finegoldia. Massilia showed exclusion with Enhydrobac-
ter (Figure 8b). In addition, correlation analysis between bacteria and fungi indicated
that Pappiliotrema, Stemphylium, and Monilinia were positively correlated with Halomonas,
Lactobacillus, Staphylococcus, Kocuria, and Rubellimicrobium. Pichia also showed a positive
association with Peptoniphilus, Finegoldia, Bacteroides, Gallicola, Alistipes, and Parabacteroides
(Figure 8c). Although the relative abundance of some microbial groups was not high, they
could still play a key role in maintaining the stability of the grape skin microbial com-
munity. A close association between certain microorganisms can have a larger impact on
the structural composition and functional changes in their communities [57]. Overall, our
results offer fresh perspectives on microbial management for viticulture and winemaking.
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Figure 8. Co-occurrence and co-exclusion relationships between different bacteria (a) and fungi (b)
and between bacteria and fungi (c). The Pearson rank correlation matrix showing the abundances of
the top 30 fungi and bacterial genera is depicted. Strong and weak correlations are indicated by the
large and small circles, respectively. The color of the scale bar denotes the nature of the correlation;
1 indicates a perfect positive correlation (red) and −1 indicates a perfect negative correlation (green).
Significant correlations (|r| > 0.7, p < 0.01) and (|r| > 0.9, p < 0.01) are indicated by * and **,
respectively.

4. Conclusions

Specific microorganisms from the Xinjiang region play an important role in wine
production as indigenous fermenters. HTS was used to examine the microbial diversity
among the nine different grape varieties from Manasi county, Xinjiang, China, and the
dominant genera and phyla were revealed. The grape varieties (cultivars) influenced the
microorganisms on their berries, which consequently affected the fruit quality. Wine grape
skin microbes significantly impact the wine-making process and add distinctive aromas to
wines with regional peculiarities. In the future, we plan to study the relationship between
functional grape skin microorganisms and the wine flavor.

Supplementary Materials: The following supporting information can be downloaded from https:
//www.mdpi.com/article/10.3390/foods11203174/s1. Table S1: Richness and diversity indices
of fungal and bacterial communities among different grape samples; Figure S1: Assessment of
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sparse curves for fungal sequencing saturation; Figure S2: Assessment of sparse curves for bacterial
sequencing saturation; Figure S3: Alpha diversity indices for fungal communities; Figure S4: Alpha
diversity indices for bacterial communities; Figure S5: Statistics of the microbiota at each classification
level for fungi (a) and bacteria (b).

Author Contributions: Conceptualization, X.S. and B.W.; methodology, X.X.; software, H.W. and
Y.M.; validation, J.D. and C.W.; formal analysis, X.X. and J.D.; investigation, X.S. and C.W.; resources,
B.W.; data curation, H.W. and J.D.; writing—original draft preparation, X.X.; writing—review and
editing, B.W. and X.S.; visualization, Y.M. and C.W.; supervision, X.X.; project administration, B.W.;
funding acquisition, X.S. All authors have read and agreed to the published version of the manuscript.

Funding: This study was supported by the Science and Technology Research Project of the Xinjiang
Production and Construction Crops (no. 2020AB014), the Science and Technology Research Project of
Seven Division (no. 2022B01), the Youth Innovative Talents Training Program of Shihezi University
(no. CXBJ202004), the Science and Technology Research Project of Fifth Division (no. 202101,
no. 20GY01), the Supported by Bintuan Science and Technology Program (no. 2022AB008, no.
2022DB006), and the National Natural Science Foundation of China (no. 31960456).

Data Availability Statement: Data are contained within the article.

Conflicts of Interest: All authors declare that they have no conflict of interest.

References
1. Reynolds, A.G. (Ed.) Managing Wine Quality: Viticulture and Wine Quality; Elsevier: Amsterdam, The Netherlands, 2010.
2. Nguyen, T.; Fluss, L.; Madej, R.; Ginther, C.; Leighton, T. The distribution of mutagenic activity in red, rose and white wines.

Mutat. Res. Genet. Toxicol. 1989, 223, 205–212. [CrossRef]
3. Portillo, M.d.C.; Franquès, J.; Araque, I.; Reguant, C.; Bordons, A. Bacterial diversity of Grenache and Carignan grape surface

from different vineyards at Priorat wine region (Catalonia, Spain). Int. J. Food Microbiol. 2016, 219, 56–63. [CrossRef] [PubMed]
4. Kerridge, G.H.; Antcliff, A.J. Wine Grape Varieties; Csiro Publishing: Clayton, Australia, 1999.
5. Rombough, L. The Grape Grower: A Guide to Organic Viticulture; Chelsea Green Publishing: Hartford, VT, USA, 2002.
6. Belda, I.; Ruiz, J.; Esteban-Fernández, A.; Navascués, E.; Marquina, D.; Santos, A.; Moreno-Arribas, M.V. Microbial Contribution

to Wine Aroma and Its Intended Use for Wine Quality Improvement. Molecules 2017, 22, 189. [CrossRef] [PubMed]
7. Sherman, E.; Coe, M.; Grose, C.; Martin, D.; Greenwood, D.R. Metabolomics Approach to Assess the Relative Contributions of

the Volatile and Non-volatile Composition to Expert Quality Ratings of Pinot Noir Wine Quality. J. Agric. Food Chem. 2020, 68,
13380–13396. [CrossRef]

8. Sun, D.; Qu, J.; Huang, Y.; Lu, J.; Yin, L. Analysis of microbial community diversity of muscadine grape skins. Food Res. Int. 2021,
145, 110417. [CrossRef]

9. Ribéreau-Gayon, P.; Dubourdieu, D.; Donèche, B.; Lonvaud, A. Handbook of Enology, Volume 1: The Microbiology of Wine and
Vinifications; John Wiley & Sons: Hoboken, NJ, USA, 2006.

10. Ma, W.; Wu, Y.; Wei, Y.; Zou, W.; Yan, Y.; Xue, J.; Tian, G.; Wang, L.; Wang, W.; Pan, H. Microbial diversity analysis of vineyards in
the Xinjiang region using high-throughput sequencing. J. Inst. Brew. 2018, 124, 276–283. [CrossRef]

11. Guo, L.; Luo, Y.; Zhou, Y.; Bianba, C.; Guo, H.; Zhao, Y.; Fu, H. Exploring microbial dynamics associated with flavours production
during highland barley wine fermentation. Food Res. Int. 2020, 130, 108971. [CrossRef]

12. Wei, Y.-J.; Wu, Y.; Yan, Y.-Z.; Zou, W.; Xue, J.; Ma, W.-R.; Wang, W.; Tian, G.; Wang, L.-Y. High-throughput sequencing of microbial
community diversity in soil, grapes, leaves, grape juice and wine of grapevine from China. PLoS ONE 2018, 13, e0193097.
[CrossRef]

13. Morgan, H.H.; du Toit, M.; Setati, M.E. The Grapevine and Wine Microbiome: Insights from High-Throughput Amplicon
Sequencing. Front. Microbiol. 2017, 8, 820. [CrossRef]

14. Rivas, G.A.; Semorile, L.; Delfederico, L. Microbial diversity of the soil, rhizosphere and wine from an emerging wine-producing
region of Argentina. LWT 2022, 153, 112429. [CrossRef]

15. Liu, Y.; Rousseaux, S.; Tourdot-Maréchal, R.; Sadoudi, M.; Gougeon, R.; Schmitt-Kopplin, P.; Alexandre, H. Wine microbiome:
A dynamic world of microbial interactions. Crit. Rev. Food Sci. Nutr. 2017, 57, 856–873. [CrossRef]

16. Bokulich, N.A.; Thorngate, J.H.; Richardson, P.M.; Mills, D.A. Microbial biogeography of wine grapes is conditioned by cultivar,
vintage, and climate. Proc. Natl. Acad. Sci. USA 2014, 111, E139–E148. [CrossRef]

17. Liu, D.; Zhang, P.; Chen, D.; Howell, K. From the Vineyard to the Winery: How Microbial Ecology Drives Regional Distinctiveness
of Wine. Front. Microbiol. 2019, 10, 2679. [CrossRef]

18. Gao, F.; Chen, J.; Xiao, J.; Cheng, W.; Zheng, X.; Wang, B.; Shi, X. Microbial community composition on grape surface controlled
by geographical factors of different wine regions in Xinjiang, China. Food Res. Int. 2019, 122, 348–360. [CrossRef]

19. Ma, Y.; Li, T.; Xu, X.; Ji, Y.; Jiang, X.; Shi, X.; Wang, B. Investigation of Volatile Compounds, Microbial Succession, and Their
Relation During Spontaneous Fermentation of Petit Manseng. Front. Microbiol. 2021, 12, 717387. [CrossRef]

http://doi.org/10.1016/0165-1218(89)90048-7
http://doi.org/10.1016/j.ijfoodmicro.2015.12.002
http://www.ncbi.nlm.nih.gov/pubmed/26736065
http://doi.org/10.3390/molecules22020189
http://www.ncbi.nlm.nih.gov/pubmed/28125039
http://doi.org/10.1021/acs.jafc.0c04095
http://doi.org/10.1016/j.foodres.2021.110417
http://doi.org/10.1002/jib.501
http://doi.org/10.1016/j.foodres.2019.108971
http://doi.org/10.1371/journal.pone.0193097
http://doi.org/10.3389/fmicb.2017.00820
http://doi.org/10.1016/j.lwt.2021.112429
http://doi.org/10.1080/10408398.2014.983591
http://doi.org/10.1073/pnas.1317377110
http://doi.org/10.3389/fmicb.2019.02679
http://doi.org/10.1016/j.foodres.2019.04.029
http://doi.org/10.3389/fmicb.2021.717387


Foods 2022, 11, 3174 12 of 13

20. Zhang, S.; Chen, X.; Zhong, Q.; Zhuang, X.; Bai, Z. Microbial Community Analyses Associated with Nine Varieties of Wine Grape
Carposphere Based on High-Throughput Sequencing. Microorganisms 2019, 7, 668. [CrossRef]

21. Xu, X.; Miao, Y.; Wang, H.; Ye, P.; Li, T.; Li, C.; Zhao, R.; Wang, B.; Shi, X. A Snapshot of Microbial Succession and Volatile
Compound Dynamics in Flat Peach Wine During Spontaneous Fermentation. Front. Microbiol. 2022, 13, 919047. [CrossRef]

22. Cao, S.; Yang, Z.; Zheng, Y. Sugar metabolism in relation to chilling tolerance of loquat fruit. Food Chem. 2013, 136, 139–143.
[CrossRef]

23. Ryan, J.; Hutchings, S.C.; Fang, Z.; Bandara, N.; Gamlath, S.; Ajlouni, S.; Ranadheera, C.S. Microbial, physico-chemical and
sensory characteristics of mango juice-enriched probiotic dairy drinks. Int. J. Dairy Technol. 2020, 73, 182–190. [CrossRef]

24. Wang, K.; Mao, H.; Li, X. Functional characteristics and influence factors of microbial community in sewage sludge composting
with inorganic bulking agent. Bioresour. Technol. 2018, 249, 527–535. [CrossRef]

25. Minh, B.Q.; Schmidt, H.A.; Chernomor, O.; Schrempf, D.; Woodhams, M.D.; von Haeseler, A.; Lanfear, R. IQ-TREE 2: New Models
and Efficient Methods for Phylogenetic Inference in the Genomic Era. Mol. Biol. Evol. 2020, 37, 1530–1534. [CrossRef]

26. Novikova, L.Y.; Naumova, L.G. Dependence of Fresh Grapes and Wine Taste Scores on the Origin of Varieties and Weather
Conditions of the Harvest Year in the Northern Zone of Industrial Viticulture in Russia. Agronomy 2020, 10, 1613. [CrossRef]

27. Soyer, Y.; Koca, N.; Karadeniz, F. Organic acid profile of Turkish white grapes and grape juices. J. Food Compos. Anal. 2003, 16,
629–636. [CrossRef]

28. Chidi, B.S.; Bauer, F.F.; Rossouw, D. Organic Acid Metabolism and the Impact of Fermentation Practices on Wine Acidity:
A Review. S. Afr. J. Enol. Vitic. 2018, 39, 1–15. [CrossRef]

29. Coelho, E.M.; da Silva Padilha, C.V.; Miskinis, G.A.; de Sá, A.G.B.; Pereira, G.E.; de Azevêdo, L.C.; dos Santos Lima, M.
Simultaneous analysis of sugars and organic acids in wine and grape juices by HPLC: Method validation and characterization of
products from northeast Brazil. J. Food Compos. Anal. 2018, 66, 160–167. [CrossRef]

30. Lima, M.d.S.; da Conceição Prudêncio Dutra, M.; Toaldo, I.M.; Corrêa, L.C.; Pereira, G.E.; de Oliveira, D.; Bordignon-Luiz, M.T.;
Ninow, J.L. Phenolic compounds, organic acids and antioxidant activity of grape juices produced in industrial scale by different
processes of maceration. Food Chem. 2015, 188, 384–392. [CrossRef]

31. Haggerty, L.L. Ripening Profile of Grape Berry Acids and Sugars in University of Minnesota Wine Grape Cultivars, Select Vitis
Vinifera, and other hybrid cultivars. Master’s Thesis, University of Minnesota, Minneapolis, MN, USA, August 2013.

32. Dai, Z.; Wu, H.; Baldazzi, V.; van Leeuwen, C.; Bertin, N.; Gautier, H.; Wu, B.; Duchêne, E.; Gomès, E.; Delrot, S.; et al. Inter-Species
Comparative Analysis of Components of Soluble Sugar Concentration in Fleshy Fruits. Front. Plant Sci. 2016, 7, 649.

33. Liu, H.-F.; Wu, B.-H.; Fan, P.-G.; Li, S.-H.; Li, L.-S. Sugar and acid concentrations in 98 grape cultivars analyzed by principal
component analysis. J. Sci. Food Agric. 2006, 86, 1526–1536. [CrossRef]

34. Zhu, L.; Li, T.; Xu, X.; Shi, X.; Wang, B. Succession of Fungal Communities at Different Developmental Stages of Cabernet
Sauvignon Grapes From an Organic Vineyard in Xinjiang. Front. Microbiol. 2021, 12, 718261. [CrossRef]

35. Radita, R.; Suwanto, A.; Kurosawa, N.; Wahyudi, A.T.; Rusmana, I. Firmicutes is the predominant bacteria in tempeh. Int. Food
Res. J. 2018, 25, 2313–2320.

36. Mezzasalma, V.; Sandionigi, A.; Guzzetti, L.; Galimberti, A.; Grando, M.S.; Tardaguila, J.; Labra, M. Geographical and Cultivar
Features Differentiate Grape Microbiota in Northern Italy and Spain Vineyards. Front. Microbiol. 2018, 9, 946. [CrossRef]
[PubMed]

37. Zarraonaindia, I.; Owens Sarah, M.; Weisenhorn, P.; West, K.; Hampton-Marcell, J.; Lax, S.; Bokulich, N.A.; Mills, D.A.; Martin,
G.; Taghavi, S.; et al. The Soil Microbiome Influences Grapevine-Associated Microbiota. mBio 2015, 6, e02527-14. [CrossRef]
[PubMed]

38. Martins, G.; Lauga, B.; Miot-Sertier, C.; Mercier, A.; Lonvaud, A.; Soulas, M.-L.; Soulas, G.; Masneuf-Pomarède, I. Characterization
of Epiphytic Bacterial Communities from Grapes, Leaves, Bark and Soil of Grapevine Plants Grown, and Their Relations. PLoS
ONE 2013, 8, e73013. [CrossRef] [PubMed]

39. Hamaoka, K.; Aoki, Y.; Suzuki, S. Isolation and Characterization of Endophyte Bacillus velezensis KOF112 from Grapevine Shoot
Xylem as Biological Control Agent for Fungal Diseases. Plants 2021, 10, 1815. [CrossRef]

40. Kuan, K.B.; Othman, R.; Abdul Rahim, K.; Shamsuddin, Z.H. Plant Growth-Promoting Rhizobacteria Inoculation to Enhance
Vegetative Growth, Nitrogen Fixation and Nitrogen Remobilisation of Maize under Greenhouse Conditions. PLoS ONE 2016, 11,
e0152478. [CrossRef]

41. Gilbert, J.A.; van der Lelie, D.; Zarraonaindia, I. Microbial terroir for wine grapes. Proc. Natl. Acad. Sci. USA 2014, 111, 5–6.
[CrossRef]

42. Singh, P.; Santoni, S.; This, P.; Péros, J.-P. Genotype-Environment Interaction Shapes the Microbial Assemblage in Grapevine’s
Phyllosphere and Carposphere: An NGS Approach. Microorganisms 2018, 6, 96. [CrossRef]

43. Spadaro, D.; Droby, S. Development of biocontrol products for postharvest diseases of fruit: The importance of elucidating the
mechanisms of action of yeast antagonists. Trends Food Sci. Technol. 2016, 47, 39–49. [CrossRef]

44. De Simone, N.; Pace, B.; Grieco, F.; Chimienti, M.; Tyibilika, V.; Santoro, V.; Capozzi, V.; Colelli, G.; Spano, G.; Russo, P. Botrytis
cinerea and Table Grapes: A Review of the Main Physical, Chemical, and Bio-Based Control Treatments in Post-Harvest. Foods
2020, 9, 1138. [CrossRef]

45. Sabate, J.; Cano, J.; Esteve-Zarzoso, B.; Guillamón, J.M. Isolation and identification of yeasts associated with vineyard and winery
by RFLP analysis of ribosomal genes and mitochondrial DNA. Microbiol. Res. 2002, 157, 267–274. [CrossRef]

http://doi.org/10.3390/microorganisms7120668
http://doi.org/10.3389/fmicb.2022.919047
http://doi.org/10.1016/j.foodchem.2012.07.113
http://doi.org/10.1111/1471-0307.12630
http://doi.org/10.1016/j.biortech.2017.10.034
http://doi.org/10.1093/molbev/msaa015
http://doi.org/10.3390/agronomy10101613
http://doi.org/10.1016/S0889-1575(03)00065-6
http://doi.org/10.21548/39-2-3172
http://doi.org/10.1016/j.jfca.2017.12.017
http://doi.org/10.1016/j.foodchem.2015.04.014
http://doi.org/10.1002/jsfa.2541
http://doi.org/10.3389/fmicb.2021.718261
http://doi.org/10.3389/fmicb.2018.00946
http://www.ncbi.nlm.nih.gov/pubmed/29867854
http://doi.org/10.1128/mBio.02527-14
http://www.ncbi.nlm.nih.gov/pubmed/25805735
http://doi.org/10.1371/journal.pone.0073013
http://www.ncbi.nlm.nih.gov/pubmed/24023666
http://doi.org/10.3390/plants10091815
http://doi.org/10.1371/journal.pone.0152478
http://doi.org/10.1073/pnas.1320471110
http://doi.org/10.3390/microorganisms6040096
http://doi.org/10.1016/j.tifs.2015.11.003
http://doi.org/10.3390/foods9091138
http://doi.org/10.1078/0944-5013-00163


Foods 2022, 11, 3174 13 of 13

46. Belda, I.; Ruiz, J.; Alastruey-Izquierdo, A.; Navascués, E.; Marquina, D.; Santos, A. Unraveling the Enzymatic Basis of Wine
“Flavorome”: A Phylo-Functional Study of Wine Related Yeast Species. Front. Microbiol. 2016, 7, 12. [CrossRef]

47. Shi, W.-K.; Wang, J.; Chen, F.-S.; Zhang, X.-Y. Effect of Issatchenkia terricola and Pichia kudriavzevii on wine flavor and quality
through simultaneous and sequential co-fermentation with Saccharomyces cerevisiae. LWT 2019, 116, 108477. [CrossRef]

48. Chen, Y.; Zhang, W.; Yi, H.; Wang, B.; Xiao, J.; Zhou, X.; Xu, J.; Jiang, L.; Shi, X. Microbial community composition and its role in
volatile compound formation during the spontaneous fermentation of ice wine made from Vidal grapes. Process Biochem. 2020, 92,
365–377. [CrossRef]

49. Chang, C.-F.; Huang, S.-Y.; Lee, C.-F. Vishniacozyma changhuana sp. nov., and Vishniacozyma taiwanica sp. nov., two novel yeast
species isolated from mangrove forests in Taiwan. Int. J. Syst. Evol. Microbiol. 2021, 71, 004703. [CrossRef]

50. Tsuji, M.; Tanabe, Y.; Vincent, W.F.; Uchida, M. Vishniacozyma ellesmerensis sp. nov., a psychrophilic yeast isolated from a retreating
glacier in the Canadian High Arctic. Int. J. Syst. Evol. Microbiol. 2019, 69, 696–700. [CrossRef]

51. Félix, C.R.; Andrade, D.A.; Almeida, J.H.; Navarro, H.M.C.; Fell, J.W.; Landell, M.F. Vishniacozyma alagoana sp. nov. a tremel-
lomycetes yeast associated with plants from dry and rainfall tropical forests. Int. J. Syst. Evol. Microbiol. 2020, 70, 3449–3454.
[CrossRef]

52. Megías, E.; Megías, M.; Ollero Francisco, J.; Hungria, M. Draft Genome Sequence of Pantoea ananatis Strain AMG521, a Rice Plant
Growth-Promoting Bacterial Endophyte Isolated from the Guadalquivir Marshes in Southern Spain. Genome Announc. 2016, 4,
e01681-15. [CrossRef]

53. Kour, D.; Rana, K.L.; Kaur, T.; Yadav, N.; Yadav, A.N.; Kumar, M.; Kumar, V.; Dhaliwal, H.S.; Saxena, A.K. Biodiversity, current
developments and potential biotechnological applications of phosphorus-solubilizing and -mobilizing microbes: A review.
Pedosphere 2021, 31, 43–75. [CrossRef]

54. Xu, Z.; Walker, M.E.; Zhang, J.; Gardner, J.M.; Sumby, K.M.; Jiranek, V. Exploring the diversity of bacteriophage specific to
Oenococcus oeni and Lactobacillus spp. and their role in wine production. Appl. Microbiol. Biotechnol. 2021, 105, 8575–8592.
[CrossRef]

55. Leveau, J.; Tech, J. Grapevine microbiomics: Bacterial diversity on grape leaves and berries revealed by high-throughput sequence
analysis of 16S rRNA amplicons. In Proceedings of the International Symposium on Biological Control of Postharvest Diseases:
Challenges and Opportunities 905, Leesburg, VA, USA, 25 October 2010; pp. 31–42.

56. Ziegler, M.; Grupstra, C.G.B.; Barreto, M.M.; Eaton, M.; BaOmar, J.; Zubier, K.; Al-Sofyani, A.; Turki, A.J.; Ormond, R.; Voolstra,
C.R. Coral bacterial community structure responds to environmental change in a host-specific manner. Nat. Commun. 2019, 10,
3092. [CrossRef]

57. Mandakovic, D.; Rojas, C.; Maldonado, J.; Latorre, M.; Travisany, D.; Delage, E.; Bihouée, A.; Jean, G.; Díaz, F.P.; Fernández-Gómez,
B.; et al. Structure and co-occurrence patterns in microbial communities under acute environmental stress reveal ecological factors
fostering resilience. Sci. Rep. 2018, 8, 5875. [CrossRef]

http://doi.org/10.3389/fmicb.2016.00012
http://doi.org/10.1016/j.lwt.2019.108477
http://doi.org/10.1016/j.procbio.2020.01.027
http://doi.org/10.1099/ijsem.0.004703
http://doi.org/10.1099/ijsem.0.003206
http://doi.org/10.1099/ijsem.0.004193
http://doi.org/10.1128/genomeA.01681-15
http://doi.org/10.1016/S1002-0160(20)60057-1
http://doi.org/10.1007/s00253-021-11509-2
http://doi.org/10.1038/s41467-019-10969-5
http://doi.org/10.1038/s41598-018-23931-0

	Introduction 
	Materials and Methods 
	Sampling Site 
	Grape Sampling 
	Determination of Physicochemical Properties 
	Microbial Diversity Analysis 
	Data Analysis 

	Results and Discussion 
	Changes in Physicochemical Characteristics 
	General Physiochemical Indicators 
	The Compositions and Contents of Sugar and Organic Acids 

	Microbial Succession and Interactions 
	Sequencing Quality Assessment 
	Sequencing Quality Assessment 
	Cluster Analysis 

	Co-Occurrence Analyses for Relationships between Different Microbes 

	Conclusions 
	References

