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Abstract

:

Using microdata from Statistics Canada’s Labour Force Survey (LFS) and Population Census, this paper explores how spatial characteristics are correlated with temporary employment outcomes for Canada’s immigrant population. Results from ordinary least square regression models suggest that census metropolitan areas and census agglomerations (CMAs/CAs) characterized by a high share of racialized immigrants, immigrants in low-income, young, aged immigrants, unemployed immigrants, and immigrants employed in health and service occupations were positively associated with an increase in temporary employment for immigrants. Furthermore, findings from principal component regression models revealed that a combination of spatial characteristics, namely CMAs/CAs characterized by both a high share of unemployed immigrants and immigrants in poverty, had a greater likelihood of immigrants being employed temporarily. The significance of this study lies in the spatial conceptualization of temporary employment for immigrants that could better inform spatially targeted employment policies, especially in the wake of the structural shift in the nature of work brought about by the COVID-19 pandemic.
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1. Introduction


Canada’s labour market has undergone a series of shifts since the second post world war era (Vosko 2011). One trend that reflects this is the growth of non-standard employment, including temporary employment that is characterized by labour market insecurity (compared with full-time, permanent employment) (Statistics Canada 2019; Vosko 2003). During the past 20 years, temporary employment outpaced permanent employment (Statistics Canada 2019). Data from Statistics Canada’s Labour Force Survey (LFS) further reveals that in 1998 there were 1.4 million workers (11.8%) employed temporarily compared with 2.1 million (13.3%) in 2018 (Statistics Canada 2019). Comparatively, across OECD (Organization for Economic Co-operation and Development) economies, the share of workers employed temporarily in Canada was slightly lower than that of the OECD average in 2021 (12.4% vs. 12.8%, respectively) (OECD 2021).



Within the broader framework of precarious employment studies, several authors have conceptualized non-standard employment in differing ways (Krahn 1995; Polivka 1996; Vosko et al. 2003). Krahn’s (1995) definition of non-standard employment encompasses a range of employment forms that deviate from the Standard Employment Relationship (SER) model (i.e., full-time permanent employment). These forms of employment include temporary employment, part-time employment, self-employment, and employment in multiple jobs (Krahn 1995). Other studies, namely Vosko et al. (2003) and Polivka (1996), adopt a more restricted definition of non-standard employment. Vosko et al. (2003) include temporary and part-time employment and exclude self-employment and employment in multiple jobs, whilst Polivka (1996) excludes part-time employment and only includes temporary employment. Polivka’s (1996) inclusion of temporary employment is based on the notion that temporary work arrangements lack attachment between workers and employers. This is not the case for most part-time work arrangements. In this paper, we conceptually focus on temporary employment based on Polivka’s (1996) restricted definition as a considerable share of workers who are employed temporarily lack some form of attachment with their employers. Typically, temporary employment arrangements are equated with less employment security, lower wages, fewer benefits, less possibility of unionization, and chances of upward mobility (relative to permanent full-time employment) (Statistics Canada 2019; Vosko et al. 2003).



Concerning the relationship between temporary employment and social locations, women, immigrants, and racialized populations have been noted to be disproportionately employed in temporary wage work and other insecure forms of employment compared with their respective counterparts (Ali et al. 2020; Ali and Newbold 2021a, 2021b; Fuller and Vosko 2008). Fuller and Vosko (2008, p. 33) argue that temporary employment in Canada has been tied to gender, race, and immigration statuses of populations when they write, “patterns of economic restructuring are often shaped by prevailing gendered and racialized divisions and the spread of temporary employment in Canada in the 1990s echoed such historic tendencies insofar as it was promoted among women and recent immigrants in particular”. As such, we focus on immigrants as the study’s main population unit of analysis, since the demographic composition of this group appears likely to shape temporary employment outcomes in Canada (Ali and Newbold 2020; Fuller and Vosko 2008).



On another note, the spatial dimension of temporary employment by social groups (specifically immigrants) is an imperative focus for both national and comparative research that has received less attention in the literature (MacDonald 2009). MacDonald (2009, p. 211) broadly underscores the importance of spatially aware conceptualizations in the study of precarious employment when stating that “precariousness is created not just by specific job characteristics but by the spatial contexts in which such work occurs. Precarious employment affects individuals in particular locations and is shaped by spatial dynamics”. More so, “the spatial dimension is part of the dynamic that creates and maintains precarious employment and determines its distribution”.



Despite the dearth of studies examining the intersections of migration, space and temporary employment in Canada, some advancements in the literature have been made. This includes studies theorizing spatial arrangements of broader labour market outcomes (see MacDonald 2009; Taylor et al. 2019). Other studies, including Ali and Newbold (2021a) and Jacquemond and Breau (2015), investigated the spatial dimensions of precarious employment (including temporary employment) but did not consider immigrants as the main population unit of analysis.



In this article, we examine how temporary employment for immigrant populations in Canada is correlated with a range of spatial characteristics. In doing so, we capture the salience of how temporary wage work for immigrants is spatially constituted. By and large, the findings of this paper can have significant implications for policy and planning by informing place-based policies that negate negative employment outcomes for immigrants.




2. Literature Review


Numerous studies situated within the Canadian context have established that immigrants (relative to their Canadian-born counterparts) are more likely to be employed in temporary wage work that is characterized by a high degree of insecurity, low pay, little to no benefits, and, in some cases, does not appropriate with their education credentials (Ali and Newbold 2020; Hira-Friesen 2018; Noack and Vosko 2011; Vosko et al. 2003). Racialized immigrants are also disproportionately overrepresented in temporary employment types such as seasonal, contract, casual, and other forms of non-standard employment (Ali and Newbold 2021a; Lamb et al. 2021; Stecy-Hildebrandt et al. 2019). The non-recognition of foreign credentials, lack of local experience, discrimination, and language and cultural differences (that make networking difficult) has significantly impacted the ability of racialized immigrants to access the Canadian labour market with ease (Teelucksingh and Galabuzi 2007).



A plethora of studies in the literature has depicted the broader labour market disadvantage faced by immigrants relative to their Canadian-born counterparts (Agyekum 2016; Ali and Newbold 2020; Bauder 2003a, 2003b; Reitz 2007). They include low returns for immigrants’ foreign educational credentials (Aydede and Dar 2017; Ferrer and Riddell 2004; Reitz 2007), a decline in immigrant entry earnings across cohorts (Green and Worswick 2012; Picot et al. 2016), and deskilling in the Canadian labour market, i.e., the mismatch between education and skills (Creese and Wiebe 2012; Ertorer et al. 2022; Wilkinson et al. 2016; Man 2004). As it pertains to the trends in temporary employment for Canada’s immigrant population, Noack and Vosko (2011) find that recent immigrants have a higher likelihood of being employed in temporary work than their Canadian-born counterparts. Key findings in their study also revealed that one in ten employees is a recent immigrant (9.8%), yet recent immigrants make up 15.9% of temporary, part-time employees. Other studies examining the social stratification of the Canadian labour market by race and immigration establish that racialized immigrants encounter high levels of unemployment, underemployment, and lower income levels than their non-racialized immigrant counterparts (Akbar 2019; Agyekum et al. 2021; Mensah and Williams 2022). In accordance with these findings, this study hypothesizes the following: CMA/CAs characterized by high shares of racialized immigrants are associated with a greater likelihood of immigrants being employed temporarily (hypothesis 1) and CMA/CAs characterized by high shares of low-income increases the likelihood of immigrants working in temporary settings (hypothesis 2).



Some studies have offered a series of explanations as to why immigrants in Canada are relegated to insecure non-standard employment arrangements. Bauder (2001, 2003a, 2003b) and Creese and Wiebe (2012) assert that the devaluation of immigrant labour into non-standard work arrangements is associated with the workings of cultural capital in society. Creese and Wiebe (2012) argue that forms of cultural capital that are relevant to the integration of immigrants into the labour market include embodied cultural capital (immigrant accents and other local cultural competencies) and institutionalized cultural capital (immigrant academic credentials). Creese and Wiebe (2012) further maintain that the non-recognition of immigrants’ credentials by employers in conjunction with the absence of forms of embodied cultural capital (including accents, cultural knowledge, or work experience) contributes to their deskilling in the Canadian labour market (Creese and Wiebe 2012). Bauder (2003a) echoes Creese and Wiebe’s (2012) assertions by suggesting that the devaluation of immigrant labour could also be correlated in some way with one’s habitus in society. Bauder (2005) interrogates this further in his examination of the obstacles associated with workplace conventions and hiring practices (encountered by immigrants) in the context of Bourdieu’s theory of habitus. Bauder (2005) puts forth the argument that immigrants may be unfamiliar with the norms and conventions of the hiring processes in the Canadian marketplace or unable to judge employers’ expectations. As such, some studies have shown that immigrants are apt to use temporary employment agencies as a stepping-stone to negate the challenges of matching to domestic market rules (Fuller and Stecy-Hildebrandt 2015), while others have shown no evidence of a stepping-stone effect (Hveem 2013).



From a policy lens, reducing labour market inequalities for immigrants is a key policy priority for the Canadian government, with both language training and acceptance of foreign credentials being specific priorities (Agyekum 2020; Tamtik 2017; Trilokekar and El Masri 2017). The need for a focus on the promotion of equity in labour market participation has been recognized and it is on the agenda in several policy areas beyond that of health, including social justice, social inclusion, education, etc. (Li et al. 2017; Mahomed 2020). In Canada, several policy responses have been put forth, among others, legislative responses such as equal opportunity and employment equity; workplace-based initiatives such as inclusive workplace and diversity management, and broader public policy instruments including education, training, and job creation (Abella 2014; McGowan and Ng 2016). However, the potential for spatially targeted (place-based) policies in negating negative labour market outcomes in Canada has not been well documented in the literature. As such, the adoption of a spatial lens in this study has the potential to inform spatially disaggregated employment policies geared towards reducing labour market inequality for immigrants.



From the literature we have established the growing trend of temporary employment in Canada, the channels facilitating this growth, and the populations at risk of being employed in this type of wage work. Nevertheless, the examination of how spatial characteristics are correlated with temporary employment outcomes for immigrants has received less attention. MacDonald (2009) affirms that there is a need for more empirical and conceptual studies to explore how spatial conceptualization can be considered in the study of labour market insecurity. MacDonald (2009) proclaims that non-standard work arrangements are essentially created by the spatial contexts in which such work occurs and shaped by spatial dynamics (and not only by job-specific characteristics). Within the literature, the few studies that pay attention to the spatial dimensions of non-standard employment do not focus on immigrants as the population unit of analysis. Ali and Newbold’s (2021a) study situated in Canada, for instance, finds that the labour market (prevalence in low income) and size characteristics of Canada’s census metropolitan areas and census agglomerations (CMAs/CAs) were positively associated with temporary employment. Their study further confirms that temporary employment outcomes in Canada have an inherent spatial dimension (Ali and Newbold 2021a). Other studies beyond the Canadian context indicate that non-standard forms of employment are inevitably shaped by a suite of spatial factors. Jacquemond and Breau’s (2015) study, for example, finds that regions in France with a high percentage of populations employed in the secondary sector of the economy were associated with a higher likelihood of temporary employment. Similar findings are expected in the current study, as we expect CMA/CAs characterized by a high share of immigrants employed in service occupations (within the secondary sector) to be positively associated with an increase in temporary employment for immigrants (hypothesis 3). Analysis of other economic variables in their study further shows that regions in France with high unemployment rates were also associated with a greater likelihood of temporary employment (Jacquemond and Breau 2015). This finding is supported by other studies that establish regions with high proportions of non-standard employment are likely to have high unemployment rates, lower rates of unionization, and lower average wages (Ali and Newbold 2021a; Çitçi and Begen 2019; MacDonald 2009; Ruokonen and Makisalo 2018). Following these findings, we hypothesize that CMA/CAs characterized by a high share of unemployed immigrants are positively associated with an increase in temporary employment for immigrants (hypothesis 4). We further hypothesize that CMAs/CAs characterized by both a high share of unemployed immigrants and immigrants in poverty will have a greater likelihood of immigrants being employed temporarily (hypothesis 5).



The overall aim of this paper is to examine how spatial characteristics are correlated with temporary employment outcomes for Canada’s immigrant population within census metropolitan areas and census agglomerations (CMAs/CAs). The spatial unit of analysis in this paper is CMAs/Cas, as the paper focuses only on large, populated areas. The significance of this study lies in the empirical quantification of the broader spatial characteristics that are correlated with temporary labour market outcomes for immigrants in Canada, the findings of which could better inform decision-making when formulating spatially targeted labour market policies.




3. Methods


3.1. Data and Sample


Data used in this study were pooled from the 2016 microdata Labour Force Survey (LFS) and the 2016 Census of population survey conducted and compiled by Statistics Canada. The LFS provides monthly, nationwide estimates of the labour force status of Canada’s population. A suite of socio-economic, socio-demographic and geographic population characteristics supplements each sample. The target population of the LFS includes household residents who are 15 years of age or older. Exemptions include populations in aboriginal reserves, remote areas, institutions, and Canadian Forces bases. The Census, on the other hand, provides a detailed statistical portrait of Canada’s population by geographic region and demographic, social, and economic characteristics. This survey enumerates the entire Canadian population, consisting of Canadian citizens, landed immigrants and non-permanent residents and their families living in Canada. The Census also enumerates Canadian citizens and landed immigrants who are temporarily living outside Canada on census day. Both the LFS and the Census follow a cross-sectional survey design.



For the Census, one in four households (25%) received a long-form questionnaire (via systematic sampling, selected from the Census of Population dwelling list). All other households received a short-form census questionnaire, therefore, no sampling was done. The Census long-form covers the same target population as the short-form census, except for populations in institutional and non-institutional collective dwellings, Canadian Forces bases and Canadian citizens temporarily living abroad. Alternatively, the LFS sample size typically includes 100,000 individuals representing 56,000 households. This survey follows a rotating panel sample design, with data collected from the same subsample for six consecutive months, with each month consisting of six sub-samples. In any given month, the survey drops 1 sub-sample after completing its six months stay in the survey. A new sub-sample is then drawn to replace the dropped respondents. To ensure that the samples in the LFS do not overlap, January and July samples were focused on, thus ensuring that the two months are within separate rotating panels and have unique household identifications. The study sample used in this study was then restricted to include Canada’s population who are 25–64 years of age in both the Labour Force Survey (LFS) and the Census survey. Furthermore, the spatial unit of analysis was restricted to only include CMAs/CAs.




3.2. Method of Analysis


The analysis focused on the use of Ordinary least square (OLS) and principal component regression (PCR) models using SAS 9.4. OLS regression models are used to provide insights into the correlation of individual spatial characteristics on temporary employment for immigrants assuming the remaining explanatory variables are kept constant. The general equation for the OLS regression is given as follows:


    y   k   =   a   0   +   a   1     x   1 k   +   a   2     x   2 k   + … +   a   p     x   p k   +   ε   k    



(1)




where yk denotes the value of a continuous response variable for observation k, xik, (i = 1, 2, 3, … p, k = 1, 2, 3, … n) are the values of p explanatory variables for the same observation; and εk is the random error that is assumed to be normally distributed with zero mean and constant variance σ2.



However, in ideal situations these (spatial) explanatory variables work concurrently, thus, a PCR is used to estimate the joint effects (interrelationships) among spatial characteristics for immigrant populations on temporary employment. PCR serves the same technique as a linear regression with the only difference being that PCR uses principal components as a predictor. The explanatory spatial characteristics used in the regression models are informed by both empirical and theoretical underpinnings in the literature (see Table 1). The percentage of immigrants employed in temporary employment (dependent variable) is calculated for each of the 83 CMA/CAs. Moreover, the percentage of immigrants that make up a specific spatial characteristic is also calculated for each of the 83 CMA/CAs (independent variable). Figure 1 shows a map of the CMA/CAs in Canada.



All independent variables (except for geographic mobility status and EI beneficiaries) are defined for the immigrant population. While the LFS and Census lists a total of 152 CMA/CAs only 83 CMA/CAs met the disclosure requirements of Statistics Canada for the dependent variable. Further, due to disclosure limitations within smaller spatial scales, we were limited in examining the spatial effects of individual subclassifications of temporary employment (seasonal, contract and casual employment) for immigrants. As such, we combined all subtypes of temporary employment into one unified form of temporary employment and calculated the portion of immigrants in temporary employment for both dependent and independent variables. Both dependent and independent variables are continuous. Table 1 identifies and defines the dependent variable and provides a rationale for the various proposed independent variables. All explanatory variables in the final model had a Variance Inflation Factor (VIF) less than 10 indicating no presence of multicollinearity. Table 2 lists the abbreviation and description of all explanatory variables.





4. Results


4.1. Ordinary Least Squares (OLS) Regression Results


Table 3 presents the results of the OLS regression model examining the effects of individual spatial (CMA/CA) characteristics and temporary employment outcomes for immigrants. Overall, the fit of the model was statistically significant (p < 0.0001). The coefficient of determination (r-square) further suggests that the model explained 95.4% of the total variation in temporary employment.



With respect to socio-demographic spatial characteristics, we found that CMA/CAs characterized by an older share of immigrants (35–44 and 45–54 years of age) were significant and simultaneously negatively associated with temporary employment for immigrants. On the other hand, CMA/CAs with a higher share of young immigrants (25–34 years of age) were significantly positively associated with an increase in temporary employment for immigrants (β = 0.01, p = 0.0033). Further examination of the immigrant population by race showed that CMA/CAs that are characterized by a high portion of racialized immigrants were positively associated with an increase in immigrants employed temporarily (β = 0.02, p = 0.0635). This result however did not hold for the immigrant variable as a whole i.e., racialized and non-racialized (β = −0.04, p = 0.0086). On mobility status, our results showed that an increase in the share of migrants within CMA/CAs was positively associated with immigrants employed temporarily (β = 0.05, p = 0.0003). This was also the case for CMA/CAs with a high share of non-migrants, but to a lesser degree (β = 0.03, p = 0.0005).



Moving to socio-economic spatial characteristics, the results in Table 3 reveal an insignificant positive association between the deviation of the mean wage for immigrant workers from the minimum wage within CMA/CAs and immigrants employed temporarily (β = 0.02, p = 0.1877). Concurrently, an increase in the share of CMA/CAs with a high portion of immigrants in low income resulted in a higher likelihood of temporary work for immigrants, holding other factors constant (β = 0.14, p = 0.0423). Likewise, CMA/CAs characterized by high unemployment rates for both immigrants and racialized immigrants had coefficients that were positive and highly significant in estimation for temporary employment for immigrants. (β = 0.10, p = 0.0375 and β = 0.40; p = 0.0220, respectively).



Concerning occupation, we find several mixed results. Specifically, CMA/CAs characterized by a larger portion of immigrants employed in specific occupations, namely the natural and applied sciences had a significant positive relationship with temporary work held by immigrants (β = 0.17, p = 0.0211). Counter to this, we found a significant negative relationship between immigrants employed in temporary work and the share of immigrants within CMA/CAs employed in the following occupations: business, finance, and administration occupations, education, law, and social, community and government services, occupations in manufacturing and utilities. On the other hand, CMA/CAs characterized by a high share of immigrants employed in the health, sales and services occupations were positively associated with temporary employment for immigrants, although their relationship to temporary employment occupied by immigrants was insignificant. Finally, CMA/CAs with a high share of populations receiving employment insurance were found to be negatively associated with temporary work for immigrants (β = −0.06, p = 0.0285).




4.2. Principal Component Regression (PCR) Results


We now turn to the PCA (Table 4, Table 5 and Table 6) and PCR analyses (Table 7) that model the interrelationships (joint effects) among spatial characteristics for immigrant populations on temporary employment. Table 4 presents 1. the initial component eigenvalues, 2. the percent of variance accounted for, and 3. the cumulative variance accounted for in the PCA analysis. We can see that in the initial extraction process, the PCA retains as many components as the individual indicators (explanatory variables in this case). While the first principal component explains 18.47% of the variation with the maximum variance (eigenvalue of 4.62). The second principal component explains 15.29% of the variation with the maximum amount of the remaining variance of 3.8215. Continuing in this sequential order, we observe that the first 8 PCs explain about 81.22% of the total variation, while the last seventeen principal components explain the remaining 18.78% of the variance in the data set.



The first eight components (explaining 81.22% of the total variation) are retained following Cattell’s (1966), and Kaiser’s (1960) selection criteria. Cattell (1966) proposes the use of a graphical “scree plot” to be used to determine the optimal number of components to retain. The basic idea behind the scree plot involves plotting the eigenvalues with their order of magnitude and finding a point where the line joining the eigenvalues smoothly decreases and flattens out (point of inflection) to the right of the plot. After examining the “scree plot’ only eight components were retained for the analysis. One of the shortcomings of the “scree plot” method is that the ‘levelling off’ of eigenvalues on the Scree plot is subjective. As such for validation purposes, we used Kaiser’s (1960) criterion, which stipulates that only components with an eigenvalue of 1.0 or more are retained. Using this criterion, we similarly retained only 8 components.



Table 5 presents the PCA analysis using varimax rotation to assess how the spatial (CMA/CA) characteristics clustered in each component. Table 6 further shows the total variance explained due to the varimax rotation. The eight retained components cumulatively explain 81.22% of the total variance in the data. The labels of the principal components in the PCR regression are further labelled in accordance with variables that highly loaded in each respective component (see Table 5 below).



Table 7 below presents the results of the principal component regression examining the relationship between a combination of spatial (CMA/CAs) characteristics and temporary employment occupied by immigrants. Holding other factors constant, an increase in CMA/CAs with a high portion of unemployed immigrants and immigrants in low income significantly resulted in a higher level of temporary employment for immigrants (β = 2.20, p = 0.0001). The second principal component explained by CMA/CAs with a high portion of immigrants, populations receiving EI beneficiaries and immigrants employed in business, finance and administration occupations was negatively associated with temporary employment for immigrants (β = −0.61, p = 0.2339). This could be explained by the offset in the high loading in % employment insurance beneficiaries that includes persons who have been without work in off-season temporary jobs. Similarly, CMA/CAs with a high share of non-unionized immigrants and immigrants occupying manufacturing and trades occupations were (significantly) also negatively associated with temporary employment for immigrants (β = −0.87, p = 0.0907).



CMA/CAs that are characterized by a highly mobile population, immigrants in the arts occupation, and immigrants in low income were found to be positively associated with temporary employment for immigrants (β = 0.398, p = 0.4452). This positive association also held for CMA/CAs with a high portion of immigrants aged 25–44 and immigrants in natural and applied sciences and related occupations. We also found that CMA/CAs characterized by a high share of immigrants employed in the management and sales and service occupations to be statistically significant and positively associated with immigrants employed temporarily (β = 1.40, p = 0.0084). Conversely, an increase in CMA/CAs characterized by larger portions of non-unionized immigrants and immigrants occupying manufacturing and trades occupations, significantly decreased temporary employment outcomes for immigrants, holding other factors constant (β = −0.87, p = 0.090).





5. Discussion


This paper sought to understand how spatial characteristics are correlated with temporary employment outcomes for immigrants. We first examined the effects of individual spatial characteristics for immigrant populations on temporary employment assuming the remaining explanatory variables are kept constant. The results from Table 3 suggest that CMA/CAs characterized by a larger share of younger immigrants were positively associated with temporary employment for immigrants. This finding is corroborated by Ali and Newbold’s (2020) study that investigated the geographic variations of precarious employment outcomes between immigrant and Canadian-born populations. Their results showed that young immigrants (aged 25–34) are more likely to be employed in temporary wage work (compared with older immigrants). From the onset, most young immigrants face multiple difficulties in matching the Canadian labour market rules as new labour market entrants (Oreopoulos 2011) with foreign credentials and limited Canadian work experience (Gribble and McRae 2017; Noack and Vosko 2011).



Further stratification of the immigrant population, by race in Table 3, showed that CMA/CAs with a high share of racialized immigrants and racialized immigrants in low-income were both associated with a greater likelihood of temporary employment. These results support both hypotheses 1 and 2. Our findings are further corroborated by several studies that look beyond spatial effects to point to the growing racialization of poverty (within industrialized economies), with key findings indicating that racialized populations continue to encounter higher levels of unemployment, underemployment, and lower-income levels than their non-racialized counterparts (Agyekum 2020; Block et al. 2014; Liu 2019). Temporal data dating back from 1996–2001 also substantiate our findings as racialized and immigrant populations (compared to non-racialized groups) are found to not have fared well in their labour market positions as they are overrepresented precarious employment in low-wage occupations and continue to sustain a double-digit income gap despite contributing to a much higher rate of new entrants to the Canadian labour force (Teelucksingh and Galabuzi 2007).



From the results in Table 3, it is expected that CMA/CAs with a high share of immigrants (racialized and non-racialized) would be positively associated with temporary employment. However, our findings contradict this popular assumption. This may be due to offset by the large fraction of non-racialized immigrants who have a higher likelihood of employment in standard forms of employment (or less precarious non-standard employment) similar to their Canadian-born counterparts. This finding further reinforces the role of race in shaping temporary employment outcomes. Fuller and Vosko’s (2008) study echoes this sentiment by revealing that race and migration together increase the probability of employment in various types of temporary employment in Canada. Other studies within the Canadian context show similar findings when using earning differentials (between racialized and non-racialized groups) as an indicator of economic well-being (Pendakur and Pendakur 1998). Pendakur and Pendakur’s (1998) findings for instance report no substantial earning penalty among white immigrants from Northern and Central Europe, whilst racialized immigrants faced earning penalties ranging from 1% (Chinese immigrants) to 22.2 % (Black immigrants).



Turning again to Table 3, the results show that CMA/CAs characterized by a high share of immigrants employed in service occupations were positively associated with an increase in temporary employment for immigrants. This finding support hypothesis 3 and is corroborated by Ali and Newbold’s (2021a) study that showed a positive association between CMA/CAs characterized by high shares of sales and service occupations and temporary employment outcomes. Ali and Newbold’s (2021a) study, however, did not consider immigrants as the study’s main population unit of analysis. Other studies beyond the Canadian context including Jacquemond and Breau’s (2015) find that regions in France with a high percentage of populations employed in the secondary sector of the economy were associated with a higher likelihood of temporary employment. Taken together, this study together with Ali and Newbold’s (2021a) and Jacquemond and Breau’s (2015) studies affirm that temporary employment outcomes are inevitably shaped by the concentration of occupations within census metropolitan and agglomeration areas.



Findings on spatial characteristics such as the unemployment rate reveal that CMA/CAs with a high share of unemployed racialized immigrants (relative to the aggregate unemployed immigrant population) are significantly and greatly associated with temporary work for immigrants, further supporting hypothesis 4. Within the literature, It is insisted that regions with high unemployment rates are likely to have a high concentration of non-standard employment, an absolute shortage of jobs, lower rates of unionization and lower average wages (Ali and Newbold 2021a; Biegert 2017; MacDonald 2009). Previous research has also found that regions with a high share of temporary wage workers and unemployed populations experience periods of economic instability as workers are less likely to receive Employment Insurance (EI) benefits because of short employment durations and low hours worked (Biegert 2017). The individual effects in Table 3 are further reinforced when looking into joint effects in Table 7. These results support hypothesis 5 as we find that CMA/CAs with a high share of unemployed immigrants and immigrants with low income were significantly associated with immigrants employed temporarily.



Concerning geographic mobility, our findings are similarly reported to generalized findings in the literature as CMA/CA’s with a high share of migrants and non-migrants (Table 3) were significantly associated with immigrants employed temporarily. MacDonald (2009) and Walsh et al. (2014) argue that the maintenance of non-standard employment in poor/disadvantaged geographical regions is associated with labour immobility of workers that provide a captive labour force for non-standard employment. They further affirm that the immobility of workers may be related to residential patterns (in an urban context), or household gender dynamics. Migrants, as (somehow) expressed by patterns of geographic labour mobility, may also be a factor fuelling the labour supply of non-standard workers because of policies related to international migration, the housing market, social policies, unemployment insurance, and transportation (Walsh et al. 2014). The findings in Table 3 on geographic mobility are corroborated by the joint effects in Table 7 as an increase in CMA/CAs with a highly mobile population, immigrants in the arts occupation and immigrants in low-income were associated with an increased likelihood of temporary employment for immigrants.




6. Limitations and Policy Implications


One of the weaknesses encountered in this study was the incapacity to explore the effects of spatial characteristics for varied types of temporary employment held by immigrants (e.g., seasonal, contract and casual employment) due to data disclosure limitations, especially at the CMA/CA scale. As such, we treated temporary employment as homogeneous to meet the vetting requirements of Statistics Canada. We acknowledge that immigrants may experience different levels of insecurity within different types of temporary employment as highlighted by Fuller and Vosko (2008).



Beyond these limitations, the findings of this paper have significant policy implications, as they encourage policymakers to focus beyond job-specific characteristics or institutional contexts and consider the broader spatial attributes that influence immigrants’ temporary employment outcomes when formulating policies that negate employment inequality for immigrants. Such policies are imperative to revitalize the social and economic features of geographies that are associated with key spatial attributes that influence immigrant precarity. Such an undertaking is vital as the immigrant and racialized populations continue to be relegated to low-paying, non-standard jobs despite their contribution to Canada’s growing labour market. To put the aforementioned statement into perspective, census data shows that international migratory increases could account for more than 80% of Canada’s population growth beginning in 2031 (Statistics Canada 2018a). Furthermore by 2031, 47% of the second generation (the Canadian-born children of immigrants) will belong to a racialized group, nearly double the proportion of 24% in 2006 (Statistics Canada 2018b). Therefore, if racialized and immigrant populations continue to be relegated to non-standard forms of employment the Canadian economy will lose out and not reap the full potential benefits of these growing populations (Agyekum 2020; Block et al. 2014). This concern is further expressed by a report by the conference board of Canada that estimates underemployment costing immigrants up to $12.7 billion in lost wages (El-Assal and Fields 2017). As a direct consequence, the performance of the Canadian economy or the geographies where disadvantaged groups work and live could suffer through lower tax revenue, lost productivity, and reduced purchasing power for immigrants (El-Assal and Fields 2017).




7. Conclusions


This paper has demonstrated the degree to which spatial characteristics are correlated with temporary employment outcomes for Canada’s immigrant population. We have presented a suite of spatial characteristics that affect labour market demand for immigrants, such as the types of work available in tertiary occupations, geographic mobility, as well as those affecting labour market supply including unemployment rate, poverty (measured by low-income cut-offs), temporary income support, and racial/immigrant divides, were correlated with temporary work for immigrants. We further demonstrated the joint effects among macro-level spatial characteristics for immigrants and their association with immigrants employed temporarily. Specifically, we showed that a combination of spatial attributes, namely, high unemployment rates and poverty significantly resulted in an increase in temporary employment for immigrants. These findings add valuable empirical insights into the way temporary employment for immigrants is fashioned by macro-level spatial characteristics that ultimately influence the casual bases of the labour market demand and supply in non-standard employment settings.



Concerning future work, more studies adopting spatially aware conceptualizations of non-standard employment are needed. For instance, future studies could consider comparing the effects of peri-urban spatial characteristics on temporary work or any other form of non-standard work occupied by immigrants. We base this on spatial assimilation theories, which suggest that immigrants first settle in large metropolitan areas where of people from the same ethnic backgrounds reside. As they stay longer, they tend to move to the peri-urban or suburban areas. Finally, the interrogation of seasonal work occupied by immigrants in rural areas could be an area of interest for future work. Taken together, these proposed future works that are grounded in spatially aware conceptualizations are imperative in furthering our understanding of non-standard employment in Canada.
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Figure 1. Census metropolitan areas and census agglomerations across Canada’s landscape. 
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Table 1. The rationale for explanatory variables.






Table 1. The rationale for explanatory variables.





	Spatial Characteristics
	Rationale





	Age
	Younger immigrants are more likely to be employed in non-standard work arrangements compared with older immigrants (Ali and Newbold 2020; Canadian Labour Congress 2016; Eckelt and Schmidt 2014; Jonna and Foster 2016; PEPSO 2015)



	Immigration/racialization
	Racialized immigrants (compared to non-racialized groups) are documented to experience higher unemployment rates and are overrepresented in precarious employment in low-wage occupations (Teelucksingh and Galabuzi 2007).



	Prevalence of low income
	Lower-income geographies are associated with an increased likelihood of employment in non-standard work (Ali and Newbold 2021a).



	Unemployment rate
	Geographies with high unemployment rates are likely to have a high concentration of non-standard work, an absolute shortage of jobs, lower rates of unionization and lower average wages (Ali and Newbold 2021a; Biegert 2017; MacDonald 2009).



	Employment Insurance (EI) benefits
	There is a positive correlation between the lack of entitlements to income security protection, such as Employment Insurance (E.I.) and non-standard work (Ali and Newbold 2021a; MacDonald 2009). Furthermore, geographies with a high share of immigrants employed in non-standard employment arrangements are not able to qualify for EI, because of short employment durations and low hours worked (Kapsalis and Tourigny 2004).



	Geographic mobility
	Studies have shown that non-standard employment in poor geographical regions is linked with the labour immobility of workers that provide a captive labour force for non-standard employment (MacDonald 2009; Walsh et al. 2014).



	Unionization
	The supply of workers in the marketplace is mediated by unions in one way or another. Non-standard workers enjoy some limited benefits from collective bargaining e.g., fringe benefits that may offset the effects of non-standard work (Kalleberg and Vallas 2018). As such, a decline in unionization is likely to be associated with the effects of most of the perils associated with non-standard work.



	Occupation
	According to the dual labour market theory, the demand for immigrant labour is dependent on the type of work available. There is a greater demand for immigrants in the secondary sector, characterized by irregular non-standard employment and, less demand in the primary sector, characterized by unionized stable employment with higher wages (Peck 1996; Piper and Withers 2018).
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Table 2. Abbreviation and description of variables.
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	Abbreviation
	Variable Description





	
	Population age



	IMA25–34
	% Immigrants aged 25–34



	IMA35–44
	% Immigrants aged 35–44



	IMA45–54
	% Immigrants aged 45–54



	
	Population groups



	IMP
	% Immigrant population



	RIMP
	% Racialized immigrant population



	
	Income



	DMWI
	% Deviation of the mean wage for immigrant workers from minimum wage



	
	Prevalence of low income (low-income measure, after-tax)



	IMLI
	% Immigrant population in low income



	RIMLI
	% Racialized immigrant population in low income



	
	Labour force status



	IMU
	% Immigrant population unemployed



	RIMU
	% Racialized immigrant population unemployed



	
	Immigrant population by occupations



	IMMO
	% Management occupations



	IMBFA
	% Business, finance, and administration occupations



	IMNAS
	% Natural and applied sciences and related occupations



	IMHO
	% Health occupations



	IMOELS
	% Occupations in education, law and social, community and government services



	IMOAC
	% Occupations in art, culture, recreation, and sport



	IMSS
	% Sales and service occupations



	IMTTO
	% Trades, transport and equipment operators and related occupations



	IMOMU
	% Occupations in manufacturing and utilities



	
	Union status



	NUIW
	% Non-unionized immigrant workers



	
	Employment Insurance (EI) regular benefits



	IMEIB
	% Population receiving EI beneficiaries



	
	Geographic mobility status 1 year ago



	IMNMOV
	% Non-movers (living same address as the one residing 1-year earlier)



	IMMOV
	% Movers (living different address than the one residing 1-year earlier)



	IMNOMI
	% Non-migrants (living in different address but same census subdivision 1-year earlier)



	IMMI
	% Migrants (includes internal and external migrants)
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Table 3. OLS regression model exploring the relationship between spatial (CMA/CA) characteristics and temporary employment outcomes among immigrant populations.
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Variable

	
β

	
SE

	
p-Value






	
Intercept

	
31.03

	
24.47

	
0.0006 ***




	
Population age

	

	

	




	
IMA25–34

	
0.01

	
0.09

	
0.0033 ***




	
IMA35–44

	
−0.04

	
0.08

	
0.0083 ***




	
IMA45–54

	
−0.22

	
0.13

	
0.0014 ***




	
Population groups

	

	

	




	
IMP

	
−0.04

	
0.03

	
0.0086 ***




	
RIMP

	
0.02

	
0.04

	
0.0635 *




	
Income

	

	

	




	
DMWI

	
0.02

	
0.02

	
0.1877




	
Prevalence of low income (low-income measure, after-tax)

	

	

	




	
IMLI

	
0.14

	
0.06

	
0.0423 **




	
RIMLI

	
0.10

	
0.04

	
0.2120




	
Labour force status

	

	

	




	
IMU

	
0.10

	
0.28

	
0.0375 **




	
RIMU

	
0.40

	
0.20

	
0.0220 **




	
Immigrant population by occupations

	

	

	




	
IMMO

	
0.08

	
0.20

	
0.1888




	
IMBFA

	
−0.06

	
0.14

	
0.0598 *




	
IMNAS

	
0.17

	
0.10

	
0.0211 **




	
IMHO

	
0.07

	
0.19

	
0.2083




	
IMOELS

	
−0.16

	
0.13

	
0.0302 **




	
IMOAC

	
−0.14

	
0.49

	
0.2791




	
IMSS

	
0.07

	
0.11

	
0.1831




	
IMTTO

	
−0.05

	
0.10

	
0.4425




	
IMOMU

	
−0.17

	
0.09

	
0.0882 *




	
Union status

	

	

	




	
NUIW

	
−0.04

	
0.06

	
0.1346




	
Employment Insurance (EI) regular benefits

	

	

	




	
IMEIB

	
−0.06

	
0.16

	
0.0285 **




	
Geographic mobility status 1 year ago

	

	

	




	
IMNMOV

	
−0.22

	
0.25

	
0.0003 ***




	
IMMOV

	
−0.36

	
0.28

	
0.0003 ***




	
IMNOMI

	
0.03

	
0.05

	
0.0005 ***




	
IMMI

	
0.05

	
0.05

	
0.0003 ***




	
Diagnostic statistics

Pr > F =< 0.0001

F value = 10.79

R-Square = 0.9540

Adj R-Sq = 0.8656








Note: Income deviation form minimum wage = (w − wm)/wm × 100, where w = hourly wage, and wm = minimum wage. β = Coefficient, SE = Standard Error, VIF = Variance Inflation Factor. * Significant at the 90% level; ** significant at the 95% level; and *** significant at the 99% level. In this study, we use the term racialized persons to refer to visible minorities. According to Statistics Canada (2021), visible minorities include “persons, other than Aboriginal peoples, who are non-Caucasian in race or non-white in colour. The visible minority population consists mainly of the following groups: South Asian, Chinese, Black, Filipino, Arab, Latin American, Southeast Asian, West Asian, Korean, and Japanese”.
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Table 4. Eigenvalues for the correlation matrix.






Table 4. Eigenvalues for the correlation matrix.












	PC
	Eigenvalue
	Difference
	Proportion
	Cumulative





	1
	4.61832201
	0.7967902
	0.1847
	0.1847



	2
	3.82153185
	0.4211067
	0.1529
	0.3376



	3
	3.40042517
	0.965020
	0.1360
	0.4736



	4
	2.43540522
	0.2650018
	0.0974
	0.5710



	5
	2.17040340
	0.6380248
	0.0868
	0.6578



	6
	1.53237856
	0.2329039
	0.0613
	0.7191



	7
	1.29947466
	0.2714164
	0.0520
	0.7711



	8
	1.02805822
	0.070738
	0.0411
	0.8122



	9
	0.95732023
	0.2422027
	0.0383
	0.8505



	10
	0.71511755
	0.1282579
	0.0286
	0.8791



	11
	0.58685969
	0.0496016
	0.0235
	0.9026



	12
	0.53725810
	0.0723105
	0.0215
	0.9241



	13
	0.46494765
	0.1331750
	0.0186
	0.9427



	14
	0.33177270
	0.0242138
	0.0133
	0.9560



	15
	0.30755886
	0.0733704
	0.0123
	0.9683



	16
	0.23418845
	0.0408383
	0.0094
	0.9776



	17
	0.19335013
	0.0455501
	0.0077
	0.9854



	18
	0.14780005
	0.0729958
	0.0059
	0.9913



	19
	0.07480427
	0.0186172
	0.0030
	0.9943



	20
	0.05618705
	0.0166087
	0.0022
	0.9965



	21
	0.03957837
	0.0195967
	0.0016
	0.9981



	22
	0.01998170
	0.0046051
	0.0008
	0.9989



	23
	0.01537663
	0.0076376
	0.0006
	0.9995



	24
	0.00773905
	0.0035787
	0.0003
	0.9998



	25
	0.00416041
	
	0.0002
	1







Notes: The sum of the variances of the principal components is equal to the sum of the variances of the original variables So that:     λ   1   +   λ   2   + … +   λ   p   =   m   11   +   m   22   + … +   m   p p     = 25.
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Table 5. Rotated factor pattern.






Table 5. Rotated factor pattern.
















	Variable
	PC1
	PC2
	PC3
	PC4
	PC5
	PC6
	PC7
	PC8





	IMA25–34
	
	
	
	0.70454
	
	
	
	



	IMA35–44
	0.40537
	
	
	0.67229
	
	
	
	



	IMA45–54
	
	
	
	
	
	
	
	



	IMP
	
	0.89253
	
	
	
	
	
	



	RIMP
	
	0.87325
	
	
	
	
	
	



	DMWI
	
	
	
	
	
	0.81715
	
	



	IMLI
	0.71584
	
	0.42763
	
	
	
	
	



	RIMLI
	0.68812
	
	
	
	
	
	
	



	IMU
	0.87469
	
	
	
	
	
	
	



	RIMU
	0.93298
	
	
	
	
	
	
	



	IMMO
	
	
	
	
	
	
	
	0.63849



	IMBFA
	
	0.62042
	
	
	
	
	
	



	IMNAS
	0.48365
	
	
	0.43606
	
	0.49711
	
	



	IMHO
	
	
	
	
	
	
	
	



	IMOELS
	
	
	
	
	
	0.51591
	
	



	IMOAC
	
	
	0.64877
	
	
	
	
	



	IMSS
	
	
	
	
	
	
	
	0.62746



	IMTTO
	
	
	
	
	0.45124
	
	
	



	IMOMU
	
	
	
	
	0.52757
	
	
	



	NUIW
	
	
	
	
	0.83831
	
	
	



	IMEIB
	
	0.81159
	
	
	
	
	
	



	IMNMOV
	
	
	
	
	
	
	
	



	IMMOV
	
	
	
	
	
	
	0.94443
	



	IMNOMI
	
	
	
	
	
	
	
	



	IMMI
	
	
	0.80834
	
	
	
	
	







Notes: Factor loadings greater than 0.4 are retained.
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Table 6. Component variances due to VR rotation (Squared Component Loading).






Table 6. Component variances due to VR rotation (Squared Component Loading).





	Variables
	PC1
	PC2
	PC3
	PC4
	PC5
	PC6
	PC7
	PC8
	Communality





	Variance

(before rotation)
	4.6183
	3.8215
	3.4004
	2.4354
	2.1704
	1.5324
	1.2995
	1.0281
	20.3060



	Variance

(after rotation)
	3.5582
	3.1952
	2.8099
	2.5328
	2.3599
	2.1319
	2.0859
	1.6321
	20.3060



	% Variance

(before rotation)
	18.47%
	15.29%
	13.60%
	9.74%
	8.68%
	6.13%
	5.20%
	4.11%
	81.22%



	% Variance

(after rotation)
	14.23%
	12.78%
	11.24%
	10.13%
	9.44%
	8.53%
	8.34%
	6.53%
	81.22%
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Table 7. PCR exploring the joint effects among spatial (CMA/CA) characteristics on temporary employment for immigrants.






Table 7. PCR exploring the joint effects among spatial (CMA/CA) characteristics on temporary employment for immigrants.





	
PC

	
Label

	
Β

	
p-Value

	
Tolerance

	
VIF






	

	
Intercept

	
11.14234

	
<0.0001 ***

	
0

	
0




	
PC1

	
CMA/CAs characterized by unemployed immigrants and immigrants in low income

	
2.19841

	
0.0001 ***

	
1

	
1




	
PC2

	
CMA/CAs characterized by immigrants, immigrants receiving EI beneficiaries and immigrants employed in business, finance, and administration occupations

	
−0.60509

	
0.2339

	
1

	
1




	
PC3

	
CMA/CAs characterized by mobile populations, immigrants in the arts occupation and immigrants in low income

	
0.38534

	
0.4452

	
1

	
1




	
PC4

	
CMA/CAs characterized by immigrants aged 25–44 and immigrants in natural and applied sciences and related occupations

	
1.22589

	
0.0198 **

	
1

	
1




	
PC5

	
CMA/CAs characterized by non-unionized immigrants and immigrants occupying manufacturing and trades occupations

	
−0.87071

	
0.0907 *

	
1

	
1




	
PC6

	
CMA/CAs characterized by immigrants whose wages deviated slightly from the minimum wage and immigrants employed in social and technical occupations

	
0.24985

	
0.6196

	
1

	
1




	
PC7

	
CMA/CAs characterized by mobile populations

	
−0.60895

	
0.2310

	
1

	
1




	
PC8

	
CMA/CAs characterized by immigrants employed in management and sales and service occupations

	
1.40446

	
0.0084 ***

	
1

	
1




	
Diagnostic statistics

	




	
R-Square = 0.6; Adj R-Sq = 0.5; F value = 5.05

	








Notes: dependent variable = %immigrants in temporary employment. * Significant at the 90% level; ** significant at the 95% level; and *** significant at the 99% level.
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