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Abstract

:

This paper investigates the relationship between bank debt and earnings management in private SMEs in a bank-oriented economy. In this study, we leverage a sample of 4866 Italian private SMEs from 2005 to 2012 and propose a new metric to isolate the annual increase in bank debt. The results of our OLS regression suggest that, even though bank monitoring is an effective mechanism to constrain firms’ earnings management, firms engage in higher income-increasing earnings management, as proxied by discretionary accruals, in the fiscal year prior to a new bank loan application. The results are robust to different econometric specifications and are not affected by endogeneity.
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1. Introduction


Financial statements provide information on firms’ activities and performance. As such, they represent a primary source of information for lenders assessing the risk of potential borrowers therefore affecting credit approval decisions. The relevance of accounting information in the risk assessment and credit approval process has been widely documented in the academic literature (see, for example, Ahn and Choi 2009 and García-Teruel et al. 2014). However, the number of studies investigating the link between the quality and the reliability of financial information and external financing is still limited, particularly in relation to private small and medium enterprises (SMEs). This is somewhat surprising, given that in most countries worldwide SMEs account for the overwhelming majority of businesses, employment, and up to 60% of value added (Asker et al. 2015; OECD 2019). SMEs’ contribution to the overall economy is particularly pronounced in countries such as Italy, where SMEs account for 66.9% of overall value added and employ 78.1% of the workforce (European Commission 2019). This study aims to fill this gap by investigating the relationship between the increase in bank debt and the ex-ante amount and direction of SMEs’ earnings management.



The academic literature around earnings management is well-established. A core aim of earnings-management research is to identify which firms have the propensity to engage in earnings manipulation, and to what degree firms are able to influence capital markets’ perception of their financial performance (Datta et al. 2013).



In bank-oriented economies such as Italy, where banks represent 50 to 60 percent of the total SME financing (OECD 2020), SMEs’ incentives to misreport their earnings when applying for a new loan may be particularly strong given the lack of viable alternative sources of finance (Scellato and Ughetto 2010). These incentives include obtaining better financing conditions (e.g., a lower interests rate, maximized funding) (Fraser et al. 2001), avoiding debt covenant violations or renegotiating an outstanding debt (Dechow and Dichev 2002). At the same time, banks have higher monitoring capacity than any other lender, because of economies of scale and access to private information, which is likely to discourage managers from engaging in misleading practices (Ahn and Choi 2009; Kim et al. 2021). However, managers’ incentives to engage in earnings management may vary according to different situational contexts. Earnings management is, in fact, a reversal phenomenon (Baber et al. 2011). As such, income-increasing earnings management initiated in the current period will have to reverse and become income-decreasing earnings management in the following fiscal period and vice versa. It can be argued that mangers tend to engage in misreporting behaviors only when they need to (e.g., to hide financial distress or to obtain more credit) (Belot and Serve 2018).



To our knowledge, empirical studies examining the relation between bank-debt earnings management tend to focus on the concurrent levels of bank debt and earnings management (Ahn and Choi 2009; García-Teruel et al. 2014). However, in the context of bank financing, incentives to misreport are likely to be at their peak in the fiscal year prior to a loan application. Indeed, anecdotal evidence suggests that the most recent financial statement represents the starting point and the most influential source of information in the risk assessment of SMEs, which are typically characterized by lower information availability and transparency than public or larger firms.



In light of the above, we predict that Italian SMEs engage in higher income-increasing earnings management in the fiscal year prior to a new bank-loan application despite banks’ monitoring capabilities, and that such an increase is positively correlated with the amount of new bank debt obtained in the following fiscal year. We tested our hypotheses on a sample of 4866 Italian SMEs, using discretionary accruals as a proxy for earnings management (Dechow et al. 1995; Stubben 2010) and a novel measure of bank debt. More precisely, Italian accounting principles are the only reporting standards in Europe1 that require firms to disclose the amount of bank debt due within and beyond the following fiscal year, and this allows us to isolate the annual increase (rather than the existing stock) in bank debt. Furthermore, in contrast to previous studies, we explore the potential lead effect of bank debt on earnings management, therefore providing unique insights into the temporal dynamics of this phenomenon.



Our results confirm the effectiveness of bank monitoring in constraining earnings management and show that firms engage in higher income-increasing earnings management when they apply for new loans. Our findings therefore suggest that bank monitoring is effective in constraining borrowers’ earnings management ex post rather than ex ante. A series of robustness tests confirm the validity of our results. Our study contributes to the earnings management literature in, at least, three ways. First, we provide further empirical evidence on the effectiveness of bank monitoring in a bank-oriented economy. Accounting research tends to focus on public firms and market-based economies (e.g., United States, United Kingdom, etc.) (Bar-Yosef et al. 2019). This is particularly evident in respect to existing research on earnings management and bank debt with very few exceptions (e.g., García-Teruel et al. 2014). Second, we expand the literature on bank debt by providing evidence supporting the idea that Italian SMEs tend to engage in misleading practices the year prior to an increase in bank debt. Previous studies adopt the concurrent stock in bank debt when investigating the relationship between earnings management and bank debt. In so doing, they do not consider the dynamic nature of earnings management incentives. By adopting a new measure of the increase in bank debt, and by investigating the inter-temporal relationship between earnings management and new bank debt, we overcome such a limitation and provide more robust evidence of earnings manipulation prior to loan applications. Finally, we contribute to the literature on earnings management by providing further evidence of the importance of management incentives in determining the extent and the direction of misreporting in Italian private SMEs. Previous studies have demonstrated that managers tend to adopt earnings management to influence short or long-term price performance or as a consequence of other market-related incentives (Healy and Wahlen 1999). However, managers’ incentives for earnings management in private firms, which are not subject to market pressure, are still under-investigated. In light of the prominent role of private firms in the economy, this represents a significant limitation of current academic research, but it also reflects data and information availability. Our study investigates management incentives in private Italian SMEs therefore providing a valuable contribution to this field of the academic literature.



The remainder of this article is organized as follows. The next section presents the existing literature; in Section 3, we develop the research hypotheses; in Section 4, we describe the sampling process and the data source; in Section 5, we describe the research design. In Section 6, we discuss the empirical results; in Section 7, we present a series of robustness tests; and, finally, in Section 8, we conclude the paper with some important concluding remarks.




2. Related Literature


2.1. Earnings Management and Debt Financing


The extant literature identifies three main categories of incentives to earnings management (Healy and Wahlen 1999), namely, (i) capital markets-related incentives, when firms aim to influence the short-term stock price performance before major announcements (Chou et al. 2006; Cohen and Zarowin 2010; DeAngelo 1988; Dechow et al. 1996; Perry and Williams 1994; Teoh et al. 1998) or to meet financial analysts’ expectations (Burgstahler and Eames 2006; Doyle et al. 2013); (ii) regulatory incentives, when firms attempt to circumvent industry-specific regulations (Beatty et al. 1995; Chen et al. 2011; Collins et al. 1995) or antitrust requirements (Cahan 1992; Makar et al. 1998); and (iii) contract-related incentives, when managers use accounting judgment to increase earnings-based bonuses (Healy 1985; Holthausen et al. 1995). More recent studies have added economic political uncertainty as a fourth category of incentives for earnings management, as it may impact investors’ attention (El Ghoul et al. 2021; Hölzer et al. 2022; Kim and Yasuda 2021). Debt contract is a prominent example of contracts that can create incentives to misreporting. However, empirical research provides ambiguous results with respect to such a relationship.



According to the covenant-based hypothesis, firms are incentivized to implement opportunistic reporting criteria such as income-increasing earnings management to meet debt covenants to avoid technical default. Empirical evidence suggests that firms accelerate earnings one year before the covenant violation (DeFond and Jiambalvo 1994; Dichev and Skinner 2002; Jaggi and Lee 2002).



On the other hand, the financial distress hypothesis predicts that earnings management is positively related to a firm’s leverage, as high leverage may cause liquidity problems. Ghosh et al. (2010) show that very high levels of debt are associated with more discretionary accruals. Interestingly though, empirical evidence also suggests that there is a negative relationship between discretionary accruals and debt level for low creditworthy firms (Ghosh et al. 2010). The authors argue that this differential effect is due to lender monitoring. Both Gupta et al. (2008) and Fung and Goodwin (2013) argue that there is a positive relationship between short-term debt and earnings management, since borrowers attempt to ‘circumvent lender enforcement’ (Gupta et al. 2008, p. 619). However, firms might also manage earnings to improve their bargaining position in the event of debt renegotiation (Dichev and Skinner 2002).




2.2. Earnings Management, Information Asymmetry and Bank Debt


Despite the large number of studies exploring the relationship between debt financing and earnings management, empirical evidence on the effect of bank debt is still limited. Compared to individual lenders and other specialized agencies, including auditors, banks have advantages in monitoring borrowers because of their low costs of delegation, economies of scale, and access to private information (Ahn and Choi 2009; Hope et al. 2017). Notwithstanding these advantages in monitoring, banks rely heavily on accounting information to assess the repayment capacity of perspective borrowers (Berger and Udell 1998). This is particularly the case with private SMEs, where information is typically scarce. In this context, financial statements represent a primary source of information for banks to mitigate the problems associated with borrower risk (Cassar et al. 2015; García-Teruel et al. 2014; Hope et al. 2017). However, financial statements may contain ‘opaque’ information and do not always provide an accurate picture of a firm (Moro and Fink 2013). In such a situation, the ability of banks to correctly evaluate the quality of customers may be compromised (Fredriksson and Moro 2014).



Cole et al. (2004) show that different banks deal with information asymmetry in different ways. While large banks tend to rely more on ‘hard’ information gathered from annual and interim reports, assets evaluation, and credit scoring techniques (i.e., transaction lending), small banks tend to integrate the information on financial statements with ‘soft’ information gathered from firms’ private information and other stakeholders (i.e., relationship lending). Relationship lending is particularly beneficial for SMEs (Beltrame et al. 2022). Indeed, it makes it easier for them to access credit despite the fact that official information about them is limited compared to larger firms (Moro and Fink 2013). As a result, SMEs mostly rely on bank debt as a source of external financing and tend to deal with small local banks (Behr et al. 2013).



Empirical studies in the banking literature suggest that creditors monitoring is an effective way to mitigate borrowers’ earnings management (Bigus and Hillebrand 2017; Hope et al. 2017). Hope et al. (2017) analyze a sample of US private firms and find firms with more senior debt have higher accruals quality (i.e., lower earnings management) and argue that this effect is linked to debt investor demand for monitoring. Similarly, De Meyere et al. (2018) analyze a sample of privately held Belgian firms and find a positive relationship between earnings quality long-term debt, and that such a relationship is more pronounced for SMEs. Focusing specifically on the role of banks as creditors, Ahn and Choi (2009) analyze a sample of US public companies and show that borrowing firms’ earnings management generally decreases as the strength of banks’ risk oversight increases due to bank monitoring. García-Teruel et al. (2014) instead examine a sample of Spanish SMEs and find that accounting quality is positively related to bank debt. Ding et al. (2016) and Mafrolla and D’Amico (2017) reach similar conclusions investigating a sample of Chinese and European (Italian, Spanish and Portuguese) private firms. To summarize, bank monitoring is an effective way to constrain firms’ opportunistic behaviors, regardless of the size of the firm, or the size of the bank.





3. Hypotheses Development


As illustrated in the previous section, banks have concrete advantages in monitoring borrowers to discourage them from engaging in opportunistic earnings-management behaviors. Ahn and Choi (2009) directly address this point by analyzing a sample of US public companies. According to the literature, these companies tend to deal with large banks whose risk-assessment techniques are based upon ‘hard’ (official) information. Even though small banks mostly rely on relationship lending, both borrowers and lenders have incentives to build long-term relationships (Moro and Fink 2013). Indeed, small banks accumulate private information over time that can be used as a basis for making further decisions, while lenders may have more access to credit if they prove to be trustworthy. Such a relation has been investigated by García-Teruel et al. (2014) using a sample of Spanish SMEs. Their results show a positive impact of accounting quality on access to bank credit (i.e., the amount of bank debt).



In light of the above, we expect to find a negative relationship between the level of earnings management and the level of bank monitoring (i.e., the amount of existing bank debt).



H1. 

The amount of existing bank debt has a negative effect on borrowers’ earnings management.





There are two major limitations within the existing empirical studies investigating the relationship between bank debt and earnings management. First, they consider only the overall amount of earnings management while ignoring whether it aims to increase or decrease the income. Second, they only adopt concurrent measures of bank debt and earnings management. In other words, prior models examine only the relation between the existing level of bank debt and the corresponding level of earnings management within the same fiscal year.



The accounting literature suggests that earnings management is a reversal phenomenon (Baber et al. 2011). This means that income-increasing (decreasing) earnings management initiated in the current period become income-decreasing (increasing) earnings management in the following period. This means that managers cannot keep under- or over-representing firms’ earnings constantly, but they need to plan when and how to do it on the basis of different situational contexts and in relation to the strategic objectives of the firm. On the other hand, according to the banking literature, financial statements represent an important source of information in assessing borrowers’ risk and the most recent report is likely to have a key role in determining the outcome of the risk assessment process. This is particularly relevant in assessing the risk of private SMEs, for which available information is limited. For SMEs, financial statements are published once a year; therefore, when they apply for a new bank loan, the most up-to-date financial information is typically the financial statement of the previous fiscal year.



In such a context, we expect that managers’ incentives for earnings manipulation are at their highest when preparing the financial statement of the year before the loan application, and that they are positively related with the loan amount. Furthermore, we also expect that managers engage in income-increasing rather than income-decreasing earnings management in order to make firms appear more creditworthy than they actually are. Our second research hypothesis is as follows:

H2. 

The amount of new bank debt has a positive effect on income-increasing earnings management.








4. Sample and Data


To test our hypotheses, we use a sample of private Italian SMEs. The main data source is the AIDA database provided by Bureau Van Dijk. This database consists 180 different fields containing detailed financial information about all Italian limited-liability companies. Particularly relevant in the context of this study is the fact that the database also contains the amount of bank debt due within the following fiscal year and beyond, as well as other information on profitability, leverage and corporate governance. To build our dataset, we started with a list of all non-financial firms2 in the database from 2005 to 20123, with detailed financial statement4. This search results in 13,272 companies. Out of this selection we further excluded companies that report only the consolidated financial statement, have no bank debt, contain errors or incomplete information5, or that cannot not be classified as SMEs6. Finally, we did not include industries with fewer than 10 observations per fiscal year as per Capalbo et al. (2014). The final sample consists of 4866 individual firms, corresponding to 16,259 firm-years. Table 1 reports the number of observations for each year. A total of 14% of the firms included in our sample have observations for the entire sample period.




5. Research Design


The research methodology implemented in this study is based on Capalbo et al. (2014) and García-Teruel et al. (2014). Our OLS regression model is presented below. All the variables included in our main regression model are presented in Table 2.


     D  A  i , t   = α +  β 1  Δ B a n  k  i , t + 1   +  β 2  T o t B a n  k  i , t   +  β 3  D i s t r e s  s  i , t   +  β 4  L e  v  i , t   +  β 5  S i z  e  i , t   +        +  β 6  R o  a  i , t   +  β 7  C  F  i , t   +  β 8  N o  i  i , t   +  β 9  Z S c o r  e  i , t   + β Y e a r D u m m i e s + β I n d D u m m i e s +  ϵ  i , t       



(1)







The dependent variables in our model are the absolute (|DA|) and the signed value of discretionary accruals (DA), which are our proxies for earnings management. While the former provides information about the overall level of misreporting, the latter allows us to assess the direction of the manipulation—i.e., income-increasing or income-decreasing earnings management. In order to estimate firms’ discretionary accruals, we adopt the Conditional Revenue Model, as proposed by Stubben (2010). Even though such a model was initially tested on US public companies, it has been adopted in other studies investigating privately held firms (e.g., Chen et al. 2011, Ding et al. 2016), and also in the Italian context (e.g., Capalbo et al. 2014). When compared with other models for estimating abnormal accruals (e.g., Jones Model, modified Jones Model, Dechow and Dichev Model), the Conditional Revenue Model presents three main benefits. First, Stubben (2010) shows that this model provides less biased accruals estimations than other accrual models. Second, it does not require either cash-flow statement information or cash-flow estimation, which are typically performed using the balance-sheet approach7; as such, it can be used to analyze earnings management practices in non-listed or smaller firms, which are not required to report the cash flow statement. Third, it is based on the annual change in account receivables; therefore, it does not require quarterly data like the Revenue Model (Stubben 2010). Following Stubben (2010), we estimate the Conditional Revenue Model as follows:


     Δ A  R  i , t   = α +  β 1  Δ  R  i , t   +  β 2  Δ  R  i , t   × S i z  e  i , t   +  β 3  Δ  R  i , t   × A G  E  i , t   +       +  β 4  Δ  R  i , t   × A G E _ S  Q  i , t   +  β 5  Δ  R  i , t   × G R R _  P  i , t   +  β 6  Δ  R  i , t   × G R R _  N  i , t   +        +  β 7  Δ  R  i , t   × G R  M  i , t   +  β 8  Δ  R  i , t   × G R M _ S  Q  i , t   +  ϵ  i , t       



(2)







Here,  Δ  is the annual change; AR is the accounts receivable; R is the total revenue; Size the natural log of total assets; AGE refers to the natural log of the number of years since the firm’s setting up; GRR_P is the industry median-adjusted change in revenues (R) multiplied by a dummy variable, which is equal to 1 if the industry median-adjusted change in revenues is higher than 0 for firm i in year t, otherwise it is equal to 0; GRR_N is the industry median-adjusted change in revenues (R) multiplied by a dummy variable, which is equal to 1 if the industry median-adjusted change in revenues for firm i in year t is lower than 0, otherwise it is equal to 0; GRM is the industry median-adjusted gross margin for firm i in year t; and AGE_SQ and GRM_SQ are the square of the variables AGE and GRM, respectively. All revenue and accrual variables are deflated by total assets as per Stubben (2010). We ran the regression per industry and year; residuals from Equation (2) provide an estimate of the abnormal accounts receivables (i.e. discretionary accruals).



The annual increase in bank debt in the following fiscal year ( Δ Bank) is the main variable of interest for the purpose of our study, and is estimated as follows:


  Δ B a n  k  i , t + 1   =   [ B a n  k  i , t + 1   −  ( B a n  k  i , t   − B a n k W 1  Y  i , t   )  ]   T o t A s s e t  s  i , t      



(3)




where Bank is the total amount of bank debt at the end of fiscal year; and BankW1Y is the amount of bank debt that has to be repaid within the following fiscal year (t + 1). In other words, this variable measures the change in bank debt from the end of one fiscal year (t) to the following (t + 1) net of the amount of bank debt that was due to be repaid during t + 18.



Our regression model also includes a number of control variables that might affect the relation between bank debt and firms’ earnings management. TotBank is the total amount of bank debt at the end of the fiscal year and is a proxy for the extent of bank monitoring (Ahn and Choi 2009). Distress is a dummy variable which is equal to one if a firm has a negative working capital and 0 otherwise (McKeown et al. 1991). This controls for the effect of distressed firms because they may have particularly incentives to manipulate earnings to survive. Leverage (Lev) and ZScore control for firms’ financial health, since troubled firms may have higher incentives to engage in misreporting. Specifically, Lev is the debt-to-equity ratio while ZScore is the Altman (1968) Z-Score which provides a measure of the probability for a firm to go into bankruptcy within two years9. The extent of earnings management and bank debt may depend on firms’ size; therefore, we include the natural logarithm of total assets (Size) as a control variable. The return on assets10 (Roa) and the cash flow from operation11 (CF) control for firms’ performance, while the non-operating income to sales ratio12 (Noi) controls for the incidence of non-operating activities. The regression model also includes year and industry fixed effects and was estimated using the robust cluster technique, as suggested by Petersen (2009).




6. Results


6.1. Descriptive Statistics


Table 3 presents the descriptive statistics for selected firms’ characteristics for the full sample (Panel A) and across different time periods (Panels B-H). The table shows that there is not too much variation in any of the variables included in our regression model. The average value of accruals is comparable with the one reported in Degeorge et al. (2013), but lower than Capalbo et al. (2014); such a difference might be due to different sampling criteria, since Capalbo et al. (2014) focus on state-owned enterprises. Our results confirm the importance of bank financing (TotBank) for Italian SMEs. In fact, it accounts for, on average, 27 percent of total assets. While the level of bank debt scaled by total assets remains almost constant over time, the increase in bank debt and the leverage ratio decrease slightly from 2007 ahead. This trend may reflect the implementation of the higher standards for risk management and stricter capital requirements, introduced by the Basel II regime which led to a decrease in bank financing (Kolev et al. 2013). Firms’ leverage (Lev) decreases over the analyzed period. On the one hand, the decrease in leverage may be due to the global financial crisis (GFC). Indeed, during recession periods, firms attempt to pay off all non-useful assets to raise liquidity and repay loans to lower the risk of bankruptcy (Kahle and Stulz 2013). The GFC may also affect firms’ profitability. The return on assets’ decrease over time shows even though the cash flow from operations remains almost constant. The average value of the non-operating income to sales ratio (Noi) is always negative, suggesting that it is not profitable for SMEs to carry out activities other than the operational. Finally, the Altman Z-Score is, on average, within the grey area (Altman 1968), and in line with other studies with a similar sample (Altman et al. 2013). However, its average value increases slightly over time.



Table 4 reports the correlation matrix among variables. The increase in bank debt is positively correlated with the total amount of earnings management, suggesting that firms that apply for new bank loans tend to engage in higher earnings management. The same relation exists between the existing level of bank debt and the amount of earnings management. Unsurprisingly, there is a positive and significant correlation between  Δ Bank and TotBank, meaning that firms with higher levels of bank debt tend to require more funding. This may be an effect of relationship lending, with firms that already have a relationship with banks having easier access to credit because banks can exploit the private information they accumulated over time. The high correlation coefficient between these two variables may raise concerns with regard to potential multicollinearity; therefore, we computed the variance inflation factors (VIFs) for all our regression models. The mean and maximum VIF are well below the thresholds of 6 and 10, respectively, suggesting that collinearity is not an issue. Table 4 also shows that distressed firms tend to engage in less earnings management and to increase their exposure with banks. Finally, firms with higher leverage and larger size tend to engage in more earnings manipulation, while such activity is less pronounced among firms with low performance.




6.2. Regression Results


In Table 5 we present the results of the estimation of the model presented in Equation (1). The dependent variable in Panel A is the absolute value of discretionary accruals while the dependent variable in Panel B is the signed value of discretionary accruals.



In Panel A we show that the coefficient of the increase in bank debt ( Δ Bank) is positive but non-significant, suggesting that firms do not change the extent of their manipulation behavior when they apply for new bank loans. The coefficient of the existing bank debt is negative and statistically significant, which confirms the effectiveness of bank monitoring (Ahn and Choi 2009; García-Teruel et al. 2014). In other words, firms with higher bank debt engage in lower earnings management. The coefficients of the control variables are consistent with previous studies (e.g., Ahn and Choi 2009; Habib et al. 2013; Capalbo et al. 2014; García-Teruel et al. 2014).



In Panel B, we present the results concerning the direction of earnings manipulation. The coefficient of the increase in bank debt is positive and significant. This means that companies applying for bank loans engage in more income-increasing earnings management. In other words, they push their income upwards in order to appear healthier, gain better conditions or larger financing. The coefficient of the existing bank debt, instead, is negative and significant also, in this case, confirming the bank monitoring effectiveness in constraining incentives to manage earnings. The coefficient of Distress is negative and significant. This suggests that distressed firms engage in income-decreasing earnings management more than non-distressed firms (Habib et al. 2013). Finally, the results also indicate that more leveraged and larger firms engage in more income-increasing manipulation while firms in worse financial conditions engage in more income decreasing manipulation. Overall, the results reported in Table 5 provide support for H1 and H2.





7. Robustness Test


7.1. Discretionary Accruals Estimation Model


In order to verify that our results are robust to different discretionary accruals estimation models, we performed the same analyses adopting the modified Jones Model (Dechow et al. 1995) to estimate the discretionary accruals. The modified Jones Model is specified as follows:


    T  A  i , t     T o t A s s e t  s  i , t − 1     =  β 1   1  T o t A s s e t  s  i , t − 1     +  β 2    ( Δ R e  v  i , t   − Δ A  R  i , t   )   T o t A s s e t  s  i , t − 1     +  β 3    P P  E  i , t     T o t A s s e t  s  i , t − 1     +  ϵ  i , t    



(4)




where TA is total accruals13, TotAssets is total assets at the beginning of the year,  Δ Rev is the change in revenue,  Δ AR is the change in accounts receivable, and PPE is the gross property, plant, and equipment. The regression is estimated by industry and year, and the residuals are our measure of discretionary accruals. Table 6 presents the results of the regression model presented in Equation (1). Our main results are confirmed. The coefficient of  Δ Bank is non-significant when the dependent variable is the absolute value of discretionary accruals (Panel A) while it is positive and significant when the dependent variable is the signed value of discretionary accruals (Panel B). Similarly, the sign and the significance of the coefficients of TotBank are coherent with our main results in both Panel A and Panel B.




7.2. Endogeneity


Based on the results of existing studies, endogeneity may be a concern. Endogeneity may arise among regressors as well as among the explanatory variables, in light of the fact that a firm’s borrowing capacity may affect its earnings management, and a firm’s creditworthiness may also be affected by its earnings management (Mafrolla and D’Amico 2017). Following Mafrolla and D’Amico (2017), we addressed this concern by adopting a generalized method of moments (GMM) dynamic model, which uses lagged values of the dependent and explanatory variables and is well-designed for situations with few time periods and many cross-sectional units (Cameron and Trivedi 2010). In order to prevent the model from over-fitting the endogenous variables and failing to remove their endogenous components, we included only one lag for the instruments (Roodman 2009).



Table 7 reports the results of our GMM estimation for the models presented in Equation (1). All our main results are confirmed in this case as well.




7.3. Sampling


As further tests, we ran our regression models using only those firms with observations available during the full period analysis, and on the sub-samples of observation before (2005–2007) and after (2008–2012), the enactment of the Basel II regime, in order to verify that our results were not driven by sample selection issues. The results (not tabulated) confirm our main findings, therefore suggesting that our main results are not affected by sampling bias.





8. Conclusions


In this paper, we examine the effect of the increase in bank debt on the earnings-management practices of Italian SMEs. The results of our empirical analysis suggest that SMEs engage in higher income-increasing earnings management when they apply for new bank loans, regardless of the current level of bank debt (i.e., bank monitoring). Our results are consistent with previous studies in the banking literature, as we confirm that creditors monitoring in general and bank monitoring in particular enhance accounting quality by constraining earnings management (see, for example, Ahn and Choi 2009; García-Teruel et al. 2014; Hope et al. 2017; De Meyere et al. 2018). However, we also extend this literature by introducing a new metric (i.e., the annual increase in bank debt) and by considering the inter-temporal relationship between earnings management and bank debt to investigate such a relationship when SMEs’ incentives to engage in misreporting are at their peak. In this paper, we show that banks should pay attention to borrowers’ opportunistic behaviors when they apply for new bank loans.



Our results provide important insight for regulators and for the banking industry, as we highlight the prevalence of management incentives for misreporting in private SMEs, which represent the backbone of the Italian economy (as well as of most of countries), and also the typical business customers for the majority of banks. To build on prior work, we demonstrate that borrowers’ opportunistic behavior is particularly evident when they apply for new loans, and is positively related with the level of new debt required rather than with the overall level of bank debt already obtained. Based on our results, regulators, banks and other credit institutions would benefit from the opportunity to develop more effective audit and monitoring mechanisms to assess credit risk, which include the new metric presented in this study. Researchers can utilize this new measure of bank debt, and seek additional insights into managers’ incentives for misreporting in private firms, an area which is still under-investigated in comparison with large public companies (Bar-Yosef et al. 2019).



Our study is also subject to limitations, which may represent avenues for future research. Firstly, our model does not include information regarding firm–bank relationships (e.g., the number of lenders or borrowers, the amount of different loans or other debt instruments approved for each firm, etc.), or information regarding the approval process (e.g., time, additional documentation provided, purpose of the loan, etc.). Unfortunately, such information is not readily available for private firms, but even the analysis of a small number of cases might provide further interesting insights. Secondly, our analysis, as well as other studies in this field, is based on firms whose loan application was approved; no information is available regarding those firms that did not obtain the funding required. It would be useful to investigate the differences between these two groups in order to provide a more complete picture of the relationship between financial misreporting in private firms and bank debt. Thirdly, potential changes in financial reporting requirements, banks’ risk assessment and monitoring methodologies, or in the overall lending market outside the time period of our analysis might change the financial reporting practices of prospective borrowers. Finally, future research could investigate whether the relationship between earnings management and bank debt is confirmed when earnings management are measured as real rather then accruals based earnings management (Pappas et al. 2019).
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Notes


	
1

	

With the exception of Spanish accounting principles in their latest version.






	
2

	

Two-digits ATECO 2007 industry codes other than 64, 65, 66.






	
3

	

Despite the fact that the dataset ends in 2012, statistics on SMEs financing suggest that no structural changes have occurred in the Italian market since then and, therefore, the results of our analysis are still relevant. It should also be noted that, at the time of data collection, the AIDA database provided data over the ten most recent fiscal years (i.e., 2004 to 2013). As our analyses involve both lag and lead variables, the first and last years of the time period covered by the database are only used to compute the variables includes in the regression model.






	
4

	

We excluded firms with a simplified financial statement—i.e., Bilancio in forma abbreviata—as they are only required to provide high-level figures for revenues, debt etc.






	
5

	

E.g., negative or zero total assets or equity value.






	
6

	

We adopt the definition for SMEs developed by the European Commission recommendation 2003/361/EC, according to which a firm can be classified as an SME if it has less than 250 employees, EUR 50 million in revenues and the total value of its assets is less than EUR 43 million.






	
7

	

Hribar and Collins (2002) states that, when researchers adopt the balance-sheet approach “the measurement error in total accruals and the resulting coefficient bias for various partitions could lead the researcher to conclude that significant earnings management exists, when in fact there is none” (p. 123).






	
8

	

A numeric example might be useful to better understand the estimation model. If a company had EUR 100.00 of bank debt in year t (where EUR 80.00 was to be repaid within the following fiscal year and EUR 20.00 beyond the following fiscal year) and EUR 120.00 of bank debt at the end of year t + 1, the change in bank debt in year t + 1 would result in   ( 120 − ( 100 − 80 ) ) = 100  .






	
9

	

The Z-Score was calculated as per Altman et al. (2013).






	
10

	

The ratio between net income and total assets (Cameran et al. 2016).






	
11

	

Cash flow from operations scaled by total assets (Mafrolla and D’Amico 2017).






	
12

	

The ratio between net income less operating income, and sales (Capalbo et al. 2014).






	
13

	

Total accruals are calculated as [change in current assets − change in current liabilities − change in cash + change in debt in current liabilities − depreciation and amortization expense].
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Table 1. Number of observations per year.






Table 1. Number of observations per year.










	Year
	No. of Obs.
	Percentage





	2006
	1955
	12.02



	2007
	2451
	15.07



	2008
	2434
	14.97



	2009
	1495
	9.19



	2010
	2677
	16.46



	2011
	2982
	18.34



	2012
	2265
	13.93



	Firm-years
	16259
	100



	Individual firms
	4866
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Table 2. List of Variables.






Table 2. List of Variables.





	Variable
	Definition
	Expected Sign





	|DA|
	Absolute value of discretionary accruals estimated as per Stubben (2010)
	n/a



	DA
	Signed value of discretionary accruals estimated as per Stubben (2010)
	n/a



	 Δ Bank
	Total amount of new bank debt at the end of fiscal year calculated as

per Equation (3)
	+



	TotBank
	Total amount of bank debt at the end of the fiscal year
	−



	Distress
	A dummy variable which is equal to one if a firm has a negative

working capital and 0 otherwise
	   + / −   



	Lev
	Debt-to-equity ratio
	+



	Size
	Natural logarithm of total assets
	   + / −   



	Roa
	Ratio between net income and total assets
	+



	CF
	Cash flow from operations scaled by total assets
	−



	Noi
	The ratio between net income less operating income, and sales
	   + / −   



	ZScore
	Altman’s Z-Score
	−



	YearDummies
	Year fixed effects
	   + / −   



	IndDummies
	Industry fixed effects based on two-digit Ateco codes
	   + / −   
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Table 3. Descriptive Statistics.






Table 3. Descriptive Statistics.





	
Statistics

	
|DA|

	
  Δ  Bank

	
TotBank

	
Lev

	
Size

	
Roa

	
CF

	
Noi

	
Z-Score






	
Full Sample




	
Mean

	
0.043

	
0.292

	
0.274

	
2.803

	
10.098

	
0.034

	
0.045

	
−0.023

	
2.644




	
Std

	
0.040

	
0.182

	
0.158

	
3.168

	
0.501

	
0.037

	
0.041

	
0.131

	
0.738




	
25%

	
0.014

	
0.149

	
0.146

	
1.148

	
9.701

	
0.014

	
0.022

	
−0.038

	
2.144




	
Median

	
0.032

	
0.283

	
0.273

	
1.998

	
10.034

	
0.032

	
0.040

	
−0.025

	
2.551




	
75%

	
0.059

	
0.415

	
0.394

	
3.406

	
10.425

	
0.052

	
0.064

	
−0.013

	
3.053




	
Panel B: 2006




	
Mean

	
0.044

	
0.326

	
0.276

	
3.145

	
10.044

	
0.042

	
0.047

	
−0.029

	
2.73




	
Std

	
0.039

	
0.202

	
0.161

	
3.321

	
0.463

	
0.036

	
0.038

	
0.034

	
0.733




	
25%

	
0.015

	
0.168

	
0.147

	
1.397

	
9.676

	
0.023

	
0.025

	
−0.041

	
2.246




	
Median

	
0.034

	
0.319

	
0.275

	
2.364

	
9.979

	
0.040

	
0.042

	
−0.030

	
2.665




	
75%

	
0.061

	
0.464

	
0.397

	
3.864

	
10.341

	
0.060

	
0.065

	
−0.019

	
3.115




	
Panel C: 2007




	
Mean

	
0.044

	
0.319

	
0.287

	
3.360

	
10.051

	
0.046

	
0.050

	
−0.029

	
2.750




	
Std

	
0.040

	
0.203

	
0.165

	
3.130

	
0.478

	
0.037

	
0.041

	
0.035

	
0.737




	
25%

	
0.014

	
0.162

	
0.152

	
1.397

	
9.665

	
0.025

	
0.025

	
−0.042

	
2.252




	
Median

	
0.032

	
0.311

	
0.288

	
2.502

	
9.993

	
0.043

	
0.043

	
−0.030

	
2.676




	
75%

	
0.059

	
0.456

	
0.414

	
4.177

	
10.36

	
0.064

	
0.069

	
−0.018

	
3.166




	
Panel D: 2008




	
Mean

	
0.047

	
0.282

	
0.274

	
2.724

	
10.119

	
0.038

	
0.044

	
−0.028

	
2.671




	
Std

	
0.042

	
0.175

	
0.159

	
3.013

	
0.492

	
0.037

	
0.044

	
0.064

	
0.724




	
25%

	
0.015

	
0.144

	
0.149

	
1.134

	
9.723

	
0.017

	
0.021

	
−0.041

	
2.182




	
Median

	
0.036

	
0.277

	
0.270

	
1.951

	
10.063

	
0.036

	
0.038

	
−0.029

	
2.573




	
75%

	
0.067

	
0.405

	
0.394

	
3.305

	
10.446

	
0.056

	
0.064

	
−0.017

	
3.072




	
Panel E: 2009




	
Mean

	
0.042

	
0.289

	
0.264

	
2.832

	
10.150

	
0.031

	
0.046

	
−0.019

	
2.584




	
Std

	
0.040

	
0.178

	
0.155

	
4.843

	
0.545

	
0.034

	
0.039

	
0.159

	
0.816




	
25%

	
0.013

	
0.153

	
0.137

	
1.070

	
9.721

	
0.013

	
0.022

	
−0.037

	
2.040




	
Median

	
0.030

	
0.280

	
0.260

	
1.893

	
10.075

	
0.029

	
0.039

	
−0.024

	
2.474




	
75%

	
0.058

	
0.408

	
0.382

	
3.308

	
10.499

	
0.047

	
0.065

	
−0.013

	
2.976




	
Panel F: 2010




	
Mean

	
0.042

	
0.297

	
0.274

	
2.606

	
10.113

	
0.027

	
0.043

	
−0.018

	
2.575




	
Std

	
0.040

	
0.181

	
0.155

	
2.833

	
0.514

	
0.036

	
0.039

	
0.264

	
0.734




	
25%

	
0.013

	
0.159

	
0.148

	
1.057

	
9.699

	
0.009

	
0.020

	
−0.033

	
2.087




	
Median

	
0.029

	
0.293

	
0.275

	
1.823

	
10.053

	
0.026

	
0.038

	
−0.021

	
2.459




	
75%

	
0.057

	
0.419

	
0.395

	
3.102

	
10.450

	
0.044

	
0.061

	
−0.010

	
2.961




	
Panel G: 2011




	
Mean

	
0.042

	
0.271

	
0.270

	
2.614

	
10.110

	
0.028

	
0.042

	
−0.020

	
2.607




	
Std

	
0.039

	
0.164

	
0.156

	
2.761

	
0.504

	
0.035

	
0.042

	
0.112

	
0.708




	
25%

	
0.014

	
0.135

	
0.145

	
1.060

	
9.722

	
0.011

	
0.02

	
−0.035

	
2.114




	
Median

	
0.031

	
0.269

	
0.271

	
1.856

	
10.039

	
0.027

	
0.037

	
−0.022

	
2.502




	
75%

	
0.058

	
0.388

	
0.390

	
3.153

	
10.439

	
0.046

	
0.060

	
−0.012

	
3.034




	
Panel H: 2012




	
Mean

	
0.041

	
0.264

	
0.270

	
2.455

	
10.104

	
0.028

	
0.046

	
−0.020

	
2.595




	
Std

	
0.038

	
0.162

	
0.154

	
2.559

	
0.511

	
0.036

	
0.039

	
0.030

	
0.727




	
25%

	
0.014

	
0.133

	
0.142

	
0.996

	
9.704

	
0.009

	
0.024

	
−0.031

	
2.099




	
Median

	
0.030

	
0.260

	
0.270

	
1.754

	
10.035

	
0.025

	
0.042

	
−0.018

	
2.492




	
75%

	
0.055

	
0.377

	
0.381

	
3.049

	
10.443

	
0.044

	
0.066

	
−0.008

	
3.020
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Table 4. Correlation matrix.






Table 4. Correlation matrix.





	
Variables

	
|DA|

	
DA

	
  Δ  Bank

	
TotBank

	
Distress

	
Lev

	
Size

	
Roa

	
CF

	
NOI

	
Z-Score






	
|DA|

	
1

	

	

	

	

	

	

	

	

	

	




	
 

	

	

	

	

	

	

	

	

	

	




	
DA

	
0.042

	
1

	

	

	

	

	

	

	

	

	




	
(0.000)

	

	

	

	

	

	

	

	

	

	




	
 Δ Bank

	
0.068

	
−0.007

	
1

	

	

	

	

	

	

	

	




	
(0.000)

	
(0.370)

	

	

	

	

	

	

	

	

	




	
TotBank

	
0.039

	
−0.018

	
0.839

	
1

	

	

	

	

	

	

	




	
(0.000)

	
(0.025)

	
(0.000)

	

	

	

	

	

	

	

	




	
Distress

	
−0.043

	
−0.034

	
0.162

	
0.195

	
1

	

	

	

	

	

	




	
(0.000)

	
(0.000)

	
(0.000)

	
(0.000)

	

	

	

	

	

	

	




	
Lev

	
0.039

	
0.039

	
0.228

	
0.252

	
0.186

	
1

	

	

	

	

	




	
(0.000)

	
(0.000)

	
(0.000)

	
(0.000)

	
(0.000)

	

	

	

	

	

	




	
Size

	
0.050

	
−0.049

	
0.008

	
0.013

	
0.063

	
0.056

	
1

	

	

	

	




	
(0.000)

	
(0.000)

	
(0.317)

	
(0.087)

	
(0.000)

	
(0.000)

	

	

	

	

	




	
Roa

	
−0.028

	
0.043

	
−0.037

	
−0.077

	
−0.165

	
−0.07

	
−0.121

	
1

	

	

	




	
(0.000)

	
(0.000)

	
(0.000)

	
(0.000)

	
(0.000)

	
(0.000)

	
(0.000)

	

	

	

	




	
CF

	
−0.027

	
−0.017

	
−0.169

	
−0.223

	
−0.043

	
−0.222

	
−0.084

	
0.558

	
1

	

	




	
(0.000)

	
(0.000)

	
(0.000)

	
(0.000)

	
(0.000)

	
(0.000)

	
(0.000)

	
(0.000)

	

	

	




	
Noi

	
−0.007

	
0.014

	
−0.040

	
−0.056

	
−0.007

	
−0.034

	
0.032

	
−0.079

	
0.175

	
1

	




	
(0.344)

	
(0.066)

	
(0.000)

	
(0.000)

	
(0.408)

	
(0.000)

	
(0.000)

	
(0.000)

	
(0.000)

	

	




	
Z-Score

	
−0.065

	
0.044

	
−0.309

	
−0.384

	
−0.366

	
−0.224

	
−0.258

	
0.476

	
0.341

	
0.029

	
1




	
(0.000)

	
(0.000)

	
(0.000)

	
(0.000)

	
(0.000)

	
(0.000)

	
(0.000)

	
(0.000)

	
(0.000)

	
(0.000)

	








Note: This table reports the Pearson correlation coefficients and their p-values in parentheses.
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Table 5. Impact of the annual increase in bank debt on earnings management.






Table 5. Impact of the annual increase in bank debt on earnings management.





	

	
Panel A—Dep. Var.: |DA|

	
Panel B—Dep. Var.: DA




	
Ind. Variables

	
Coefficient

	
t-Stat

	
p-Value

	
Coefficient

	
t-Stat

	
p-Value






	
Intercept

	
0.081

	
11.77

	
0.000

	
***

	
−0.035

	
−3.32

	
0.000

	
***




	
 Δ Bank

	
0.005

	
1.42

	
0.156

	

	
0.041

	
8.01

	
0.000

	
***




	
TotBank

	
−0.010

	
−2.44

	
0.015

	
**

	
−0.033

	
−5.37

	
0.000

	
***




	
Distress

	
−0.002

	
−1.97

	
0.049

	
**

	
−0.012

	
−9.8

	
0.000

	
***




	
Lev

	
0.004

	
1.69

	
0.091

	
*

	
0.006

	
2.76

	
0.006

	
***




	
Size

	
−0.004

	
−5.69

	
0.000

	
***

	
0.005

	
4.87

	
0.000

	
***




	
Roa

	
0.001

	
6.1

	
0.000

	
***

	
0.000

	
−0.92

	
0.358

	




	
CF

	
−0.071

	
−6.76

	
0.000

	
***

	
0.008

	
0.5

	
0.619

	




	
Noi

	
0.010

	
4.37

	
0.000

	
***

	
−0.004

	
−0.84

	
0.400

	




	
ZScore

	
−0.001

	
1.97

	
0.049

	
**

	
−0.007

	
−7.46

	
0.000

	
***




	
Year Fixed Effect

	
Yes

	
Yes




	
Industry Fixed Effect

	
Yes

	
Yes




	
F-Stat

	
11.41

	
4.37




	
   R 2   

	
0.04

	
0.02




	
N

	
16259

	
16259








Note: ***, ** and * denote significance at 1, 5 and 10 percent level respectively.
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Table 6. Robustness Test—modified Jones Model.






Table 6. Robustness Test—modified Jones Model.





	

	
Panel A—Dep. Var: |DA|

	
Panel B—Dep. Var: DA




	
Ind. Variables

	
Coefficient

	
t-Stat

	
p-Value

	
Coefficient

	
t-Stat

	
p-Value






	
Intercept

	
0.072

	
3.70

	
0.000

	
***

	
−0.275

	
−11.06

	
0.000

	
***




	
 Δ Bank

	
0.010

	
1.18

	
0.239

	

	
0.125

	
7.84

	
0.000

	
***




	
TotBank

	
−0.027

	
−2.39

	
0.017

	
***

	
−0.126

	
−6.94

	
0.000

	
***




	
Distress

	
0.003

	
1.28

	
0.199

	

	
−0.015

	
−5.86

	
0.000

	
***




	
Lev

	
0.021

	
2.25

	
0.024

	
**

	
0.014

	
1.02

	
0.307

	




	
Size

	
−0.002

	
−1.40

	
0.163

	

	
0.029

	
13.35

	
0.000

	
***




	
Roa

	
−0.001

	
−2.53

	
0.012

	
***

	
0.007

	
13.51

	
0.000

	
***




	
CF

	
−0.040

	
−0.99

	
0.324

	

	
−0.257

	
−4.61

	
0.000

	
***




	
Noi

	
0.016

	
0.92

	
0.355

	

	
0.016

	
0.93

	
0.351

	




	
ZScore

	
0.009

	
3.62

	
0.000

	
***

	
−0.022

	
−7.47

	
0.000

	
***




	
Year Fixed Effect

	
Yes

	
Yes




	
Industry Fixed Effect

	
Yes

	
Yes




	
F-Stat

	
14.83

	
9.81




	
   R 2   

	
0.06

	
0.05




	
N

	
16179

	
16179








Note: *** and ** denote significance at 1 and 5 percent level respectively.
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Table 7. Robustness Test—generalised method of moments (GMM) model.






Table 7. Robustness Test—generalised method of moments (GMM) model.





	

	
Panel A—Dep. Var: |DA|

	
Panel B—Dep. Var.: DA




	
Ind. Variables

	
Coefficient

	
z-Stat

	
p-Value

	
Coefficient

	
z-Stat

	
p-Value






	
Intercept

	
−0.069

	
−1.13

	
0.547

	

	
−1.211

	
−11.87

	
0.000

	
***




	
 Δ Bank

	
0.002

	
0.29

	
0.775

	

	
0.034

	
2.64

	
0.008

	
***




	
TotBank

	
−0.023

	
−1.92

	
0.055

	
**

	
−0.122

	
−6.19

	
0.000

	
***




	
Distress

	
0.021

	
0.83

	
0.406

	

	
−0.016

	
−4.02

	
0.000

	
***




	
Lev

	
0.015

	
0.97

	
0.331

	

	
0.067

	
2.77

	
0.006

	
***




	
Size

	
−0.011

	
−1.92

	
0.055

	
**

	
0.121

	
12.86

	
0.000

	
***




	
Roa

	
−0.001

	
−2.03

	
0.032

	
**

	
0.001

	
0.43

	
0.670

	




	
CF

	
0.044

	
0.92

	
0.307

	

	
0.114

	
1.54

	
0.146

	




	
Noi

	
0.007

	
0.27

	
0.786

	

	
−0.002

	
−0.06

	
0.953

	




	
ZScore

	
0.004

	
3.43

	
0.000

	
***

	
−0.036

	
−5.74

	
0.000

	
***




	
Year Fixed Effect

	
Yes

	
Yes




	
Industry Fixed Effect

	
Yes

	
Yes




	
Chi-Squared

	
16.77

	
53.14




	
J-Stat

	
0.19

	
0.19




	
N

	
9062

	
9062








Note: *** and ** denote significance at 1 and 5 percent level respectively.
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