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Abstract: In plant biology, metabolomics is often used to quantitatively assess small molecules,
metabolites, and their intermediates in plants. Metabolomics has frequently been applied to detect
metabolic alterations in plants exposed to various biotic and abiotic stresses, including pesticides.
The widespread use of pesticides and agrochemicals in intensive crop production systems is a
serious threat to the functionality and sustainability of agroecosystems. Pesticide accumulation
in soil may disrupt soil–plant relationships, thereby posing a pollution risk to agricultural output.
Application of metabolomic techniques in the assessment of the biological consequences of pesticides
at the molecular level has emerged as a crucial technique in exposome investigations. State-of-the-
art metabolomic approaches such as GC–MS, LC–MS/MS UHPLC, UPLC–IMS–QToF, GC/EI/MS,
MALDI-TOF MS, and 1H-HR-MAS NMR, etc., investigating the harmful effects of agricultural
pesticides have been reviewed. This updated review seeks to outline the key uses of metabolomics
related to the evaluation of the toxicological impacts of pesticides on agronomically important crops
in exposome assays as well as bench-scale studies. Overall, this review describes the potential
uses of metabolomics as a method for evaluating the safety of agricultural chemicals for regulatory
applications. Additionally, the most recent developments in metabolomic tools applied to pesticide
toxicology and also the difficulties in utilizing this approach are discussed.

Keywords: pesticides; toxicological consequences; metabolomic analysis; metabolic pathways

1. Introduction

The current review gives a general overview of how metabolomics is now used to
evaluate the phytotoxic effects of pesticides and their biological responses. Even though
metabolomics can be used to study diverse biologicals, this review focuses on research
involving plants because they are highly sensitive to many abiotic stresses (such as heavy
metals, salinity, drought, water logging, temperature, oxidative stress, and other organic
contaminants) including chemical pesticides. This review specifically aims to highlight the
use of various analytical techniques and reveal metabolite changes in plants while growing
in a stressed environment.

2. Pesticide Toxicity to Agricultural Crops: A Burning Problem

According to the US EPA (United States Environmental Protection Agency; William
Jefferson Clinton Federal Building, Washington, DC, USA), “any substance or mixture of
substances intended for preventing, destroying, repelling, or mitigating any pest” falls
under the category of pesticides [1]. Pesticides comprise herbicides, fungicides, insecticides,
rodenticides, molluscicides, nematicides, and plant growth regulators. Among pesticides,
herbicides have long been employed to control unwanted weeds that inhibit plant devel-
opment [2,3]; insecticides control/destroy a variety of insect pests [4]; and fungicides are
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used to prevent fungal pathogens from damaging agricultural crops [5,6]. There are cur-
rently several environmental media, including food, water, and soil, that contain pesticide
residues [7]. Uncontrolled use of pesticides/agricultural chemical protectants often causes
toxicity to plants, leading to the retardation in growth, physiology [8], biochemical pro-
cesses [9], yield attributes [10], and nitrogen and carbon metabolism [11]. Physiologically,
pesticides are reported to hinder the photosynthesis process by adversely impacting plant
photosystems [12]. In a study, the pesticide hexaconazole has been shown to shorten the
length of plant organs (roots and shoots), fresh weights, protein content, and chlorophyll
pigment in Vigna radiata (L.) raised in soil treated with increasing concentrations of the
pesticide [13]. Additionally, pesticides are reported to cause oxidative stress in plants by
producing reactive oxygen species (ROS) such as superoxide anions (O−2) and hydrogen
peroxide (H2O2) [14,15]. For instance, the pesticide chlorothalonil enhanced H2O2 levels in
tomato plants grown under pesticide stress [15]. The ROS that are subsequently deposited
inside plant tissues impair the integrity of the membrane, ultimately causing electrolytes
to flow outside the cell [16]. Plants eventually die due to a loss/imbalance of vital ions
from the interior to the exterior environment. However, plants, including tomato, while
growing under pesticide stress have RBOH1 (respiratory burst oxidase homologous 1)
that eventually controls the levels of H2O2 and allows plants to grow normally [17]. Ad-
ditionally, chemical pesticides alter root physiology and the morpho-anatomical features
of plants [18]. For instance, higher concentrations of neonicotinoid insecticides (imida-
cloprid and thiamethoxam) have been shown to decrease the biological growth features,
symbiotic attributes, and nutrient uptake in chickpeas [Cicer arietinum (L.)] [8]. A micro-
scopic examination of insecticide-stressed roots revealed obvious damage/alteration in
surface morphology/root tips and anatomical structure [8]. In a related work, pyrimorph (a
novel fungicide which inhibits the majority of fungal pathogens) seriously impaired plant
physiological machinery by substantially inhibiting the chloroplasts’ electron-transport
(ET) reactions [19]. Apart from these, chemical pesticides have a variety of other harmful
effects on plant cells, such as chelation and the development of mixed disulfide bonds
that are transported across membranes [20,21]. They also operate as multiple-site in-
hibitors. Furthermore, according to reports, pesticides increase the ratios of NAD and
NADP (NAD/NADP), which interferes with the electron transport system (ETS) and raises
ATP levels by causing changes in the enzyme system, preserving chlorophyll and leaf and
grain protein in plants [22]. Additionally, pesticides alter the effective quantum yield (PS-II)
and maximal quantum efficiency (Fv/Fm) of PS-II of plants [23].

Similar to the toxic impact of agrichemicals on plants, the hazardous effects of pesti-
cides on non-target organisms have also drawn considerable attention worldwide because
pesticide application in cropping systems is increasing alarmingly and consistently [24].
Although several pesticides were outlawed because of their ecotoxicity and environmental
persistence, pesticides that are still present in the environment may nevertheless have an
impact on agronomically useful, non-target organisms. Due to these and other reasons that
are not covered in this review, analytically based metabolomics studies have become perti-
nent in understanding the actual pesticide-induced metabolic changes in agronomically
important crops.

3. Pesticidal Toxicity Mechanisms: An Overview

According to the existing literature dealing with the hazardous behaviour of pesti-
cides starting with absorption by leaves and roots and progressing to translocation and
internalization in various plant organs, the phytotoxic events of pesticides leading to
plant death can be categorized as follows: (i) adsorption: chemical/agricultural pesti-
cides adhere to the plant surfaces, leaves, and roots due to different forces (attractive
and repulsive); (ii) uptake: following foliar/soil application, pesticides are intracellularly
accumulated/taken up by different plant organs; (iii) internalization: following effective
adsorption, pesticides are internalised (infiltrated) and subsequently deposited onto vari-
ous cellular organelles (vacuoles and tonoplast); and (iv) translocation: pesticides move
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from one plant organ to another via circulatory tissues, such as the xylem. Intracellular
connections enable the transport of these harmful substances from cell to cell throughout
the plant system. With their sequestration on the nuclear membrane, pesticides begin to
disturb cellular homeostasis by (a) deteriorating the nuclear components; (b) dissipating
the mitochondrial membrane potential (∆Ψm); (c) disrupting homeostasis; (d) causing
genotoxicity (as evidenced by the disruption of mitosis (mitotic index) and development
of chromosomal abnormalities, pesticides cause genotoxic effects and damage the DNA);
apoptosis is also indicated by the fact that pesticides cause the nuclear DNA (sub-G1 phase)
to degrade in a caspase-dependent manner; (e) generating reactive oxygen species (ROS)
(pesticides upsurge the lipid peroxidation and production of ROS (O2

−, OH, and H2O2),
which is the ultimate cause of mitochondrial membrane potential); (e) causing a loss of
physiological and metabolic processes resulting in a decrease in biological characteristics
and crop production; and (f) affecting the mortality of plants due to one or more simulta-
neous activities of pesticides. Despite these reports, more detailed research focussing on
crop-specific pesticides is needed to understand how pesticides cause phytotoxicity. In
this context, some state-of-the-art molecular techniques, such as metabolomics, proteomics,
and genomics, are anticipated to improve our understanding about the phytotoxicity of
agricultural pesticides.

4. Metabolomics: A Brief Outline

The field of science known as “metabolomics” is devoted to the assessment/measure
(both qualitative and quantitative) of the metabolites found in biological materials such as
cells, tissues, and other plant organs [25]. The metabolome, also referred to as the entire
collection of metabolites present in a given biological sample, is influenced by endogenous
variables and the cellular response to environmental cues [26]. Among various metabolomic
approaches (Figure 1), environmental metabolomics reveals how living things interact with
their surrounding environment [27]. Compared to the transcriptome and proteome, the
metabolome is significantly more closely related to the cellular phenotype [28]. In response
to gene expression and protein activity, metabolites, substrates, cofactors, and products of
enzymatic reactions are secreted, transported, degraded, and stored. Additionally, changes
in metabolite levels can have an impact on other “omics” layers, such as proteomics and
transcriptomics. As an illustration, lipids are an energy source and can function as second
messengers in cellular signalling cascades, whereas amino acids and nucleotides are the
chemical building blocks of nucleic acids and proteins [29]. As a result, since metabolite
levels reflect the cellular state, characterization of the metabolome becomes essential for
comprehending the phenotype of the target species and the physiological mechanisms that
are activated under particular environmental conditions.

Figure 1. A simplified overview of several “omics” methodologies. Analysing metabolites, including
amino acids, peptides, carbohydrates, lipids, and nucleotides that vary in response to biological
disturbances which may show up as various environmental changes, is the focus of the field of
metabolomics. Adapted with permission from Matich et al. [30].
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Currently, metabolomics is employed extensively in the field of pesticide toxicology. In
laboratory-level research, the inadvertent effects of several pesticides on plants’ metabolomes
were identified using various metabolomic approaches. For instance, lindane and chlordecone,
two organochlorine pesticides, were examined for their effects on Zea mays (L.) roots using
1H-NMR-HRMAS-based metabolomics. During analysis, approx. 26 altered metabolites
were identified, which were then mapped to eight metabolic pathways in the Plant Metabolic
Network and Kyoto Encyclopaedia of Genes and Genomes [31,32]. The findings revealed
that sucrose was downregulated, pointing to variations in the metabolism of starch and
sugar. Succinate and fumarate are the two tricarboxylic acid (TCA)-cycle metabolites that
underwent alteration, suggesting that the roots may be respiring less quickly. Addition-
ally, considerable changes in the amino acids gamma-aminobutyric acid, asparagine, and
isoleucine were noticed. These findings point to an imbalance between carbon (C) and
nitrogen (N) under exposure to organochlorine pesticides, as well as an increase in oxidized
fatty acids, which points to a degraded state of cell wall integrity and vitality [30]. Similarly,
in a comparable study, ascorbate, sugar, lipid, nucleotide, and amino acid metabolism
was altered when Lactuca sativa plants were exposed to the fungicide mancozeb [33]. Rice
(Oryza sativa L.) is another agronomically important cereal food crop that has undergone
extensive metabolomics research. Using GC–LRMS analysis, metabolite alterations in rice
plants following the exposure of the insecticide diazinon were recorded. Treatment had
time-dependent effects, including changes in metabolites involved in the biosynthesis
and metabolism of sugars, amino acids, and organic acids, alterations in antioxidant de-
fence, disruption of energy metabolism, and oxidative stress [34]. Zhao et al. [35] used
a GC–LRMS-targeted metabolomics technique to investigate how pesticides, transgenes,
and backcross breeding affected rice leaves and seeds. The findings revealed that seeds
and leaves of O. sativa (L.) had up-regulated levels of amino acids, while rice seeds had
downregulated levels of phenols, antioxidants, and carbohydrates.

5. Analysis Processes of Metabolomics

Metabolomics, a crucial component of systems biology, helps elucidate the connec-
tions between various metabolites and the associated physiological and pathological states
of plants by quantitatively analysing changes in small-molecule metabolites in plant tis-
sues [36]. Currently, nuclear magnetic resonance (NMR) and mass spectrometry (MS) are
the two primary analytical methods utilized in environmental metabolomics [37]. The use
of NMR as an analytical tool in metabolomics dates back to the early 2000s [38]. It is a
quick and incredibly repeatable spectroscopic technique that relies on the atomic nuclei’s
ability to absorb energy and release it again in response to changes in external magnetic
fields [39]. NMR can gather comprehensive information about the target samples by de-
tecting most endogenous metabolites in plant samples [40]. The benefits of NMR include
the results of its detection being consistently stable and repeatable [41]. Additionally, the
NMR metabolome-based sample pretreatment technique is rather straightforward, and the
sample may be evaluated and identified objectively and non-destructively [42]. The most
popular platform for analysing metabolomics data is the mass spectrometer (MS), which
may gather spectral information about the relative strength of the measured chemical’s
mass-to-charge ratio (m/z) [43]. As of now, GC–MS and LC–MS are the two most widely uti-
lized MS-based methods in environmental metabolomics. LC–MS can evaluate molecules
that are highly polar, have a high relative molecular mass, are thermally unstable, or are
not easily volatile [44]. Additionally, derivatization is not necessary for sample preparation
for LC–MS-based metabolomic analysis [45]. However, its drawbacks are the prolonged
processing time and the absence of appropriate databases. Contrarily, the primary benefit
of GC–MS is that it has an established database, which facilitates the easier characterization
of metabolites [46]. However, this approach is more sensitive, particularly for metabolites
containing volatile compounds.
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Preparation of Samples for Metabolomic Evaluation

In order to keep up with the expansion in biological studies, metabolomics has at-
tracted attention as a quicker and more thorough analytic technique. When extracting
metabolites, pre-treatment of biological samples is necessary because the abundance of
some metabolites or contaminants might make it difficult to identify other metabolites [47].
The development of a successful metabolite extraction procedure is, therefore, essential in
every metabolic profiling study. Since internal or external environmental changes cause
low-molecular-weight metabolites to degrade, quick quenching of metabolic enzymes is
one of the most crucial requirements for precise analysis [48]. For instance, rapid freezing
in liquid nitrogen is frequently employed to fully block metabolic events [49]. In practice,
the quenching and metabolite extraction processes are carried out concurrently. An effec-
tive method for quenching and extracting metabolites is to use an organic solvent such
as methanol, chloroform, isopropanol, acetonitrile, acetone, ethanol, or hexane, etc. [50].
Methanol and aqueous alcohol are popularly used solvents for identifying polar metabo-
lites [51]. However, plants are adversely affected by the constant use of solvents, which
causes the majority of their organs to perish. Despite the fact that organic solvents such
as acetone, DMSO, and DMF, as well as aromatic chemicals such as benzene, toluene,
and chlorinated solvents, cause environmental pollution, they are nevertheless utilized
extensively [52]. The primary goal of green chemistry is to utilize fewer solvents or to
replace them with less harmful ones. The category of “green solvents” includes water,
supercritical fluids, and non-toxic liquid polymers such as PEG [53]. They are categorized
according to their ease of accessibility, low toxicity, and potential for reuse. Because of their
diverse behaviour, including excellent stability, biodegradability, low vapor pressure, and
low toxicity, ionic liquids (ILs) are the most well-liked among scientists [54]. Because of
these characteristics, ILs are the ideal alternative to conventional chemicals and are seen as
green solvents [55]. Additionally, pressured liquid extraction (PLE), often referred to as
accelerated solvent extraction (ASE), pressurized solvent extraction (PSE), or pressurized
fluid extraction (PFE), is a technique for extracting solid and semi-solid materials using liq-
uid solvents in metabolomics [56]. Furthermore, the method of extracting one component
(the extractant) from another (the matrix) using a supercritical fluid as the extracting solvent
is known as supercritical fluid extraction (SFE) [57]. Though it can also be accomplished
with liquids, extraction is typically achieved from a solid matrix. SFE can be employed
as a step in the preparation of samples for metabolomic analysis. Eutectic solvents are a
combination of a hydrogen bond acceptor (HBA) and a hydrogen bond donor (HBD) at
room temperature [58]. The interaction between HBDs and other molecules, such as sugars,
amino acids, carboxylic acids (such as benzoic acid, citric acid, or succinic acid), or amines
(such as urea or benzamide), is crucial for the synthesis of these solvents.

For lipid metabolites, several conventional techniques including the Folch method
and Bligh and Dyer methods are frequently employed [59]. Polar metabolites may be
extracted from lipids and pigments using similar extraction techniques, and they can
then be separated from one another [60]. Intracellular metabolites from plant samples are
isolated after cell destruction using enzymatic (such as lysozyme) or physical methods,
bead beaters, ultrasonication, and freeze–thaw cycles [61]. Following extraction, the extracts
are concentrated. Due to high volatility and potential loss during the concentration stage,
some metabolites, such as short-chain organic acids, should be handled carefully [62].

For environmental metabolome analysis, preparation of samples is primarily influ-
enced by analytical instrumentation, followed by the chemical characteristics of the sam-
ple [63]. In this regard, various workers have used different solvents, methods of metabolite
extraction, and metabolomic tools to investigate the effect of environmental variables on
plant samples (Table 1). For instance, Maia and co-workers [64] developed a more effective
metabolite extraction method for the analysis of the metabolic profile of grapevine leaves
by means of DI–FTICR–MS-based metabolomics. According to their method, both polar
and non-polar molecules containing all significant classes present in plants and enhancing
the metabolome coverage can be extracted.
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To determine the optimal method for preparing samples for NMR analysis,
Brown et al. [65] investigated several solvents, including times for depuration and lyophiliza-
tion. For the extraction, they used a number of solvents such as a D2O-based phosphate
buffer, CH3CN, dimethyl sulfoxide (DMSO), chloroform, methanol, etc. They suggested
that phosphate buffers (based on D2O) have the best repeatability, the highest concentration,
and the widest range of metabolites, offering the most comprehensive metabolic profile.
Additionally, lengthier depuration times resulted in less fluctuation in the results, and
they discovered minimal changes between the data of homogenized tissue samples before
lyophilization and those lyophilized individually [66]. Additionally, McKelvie et al. [67]
analysed various sample derivatization methods such as HMDS, TFA, hydroxylamine
hydrochloride, MSTFA, and MTBSTFA for GC/MS analysis. Figure 2 depicts the overall
scheme of biological sample analysis using metabolomic tools.

Figure 2. The overall scheme of biological sample analysis using metabolomic tools.

Table 1. Examples of some extraction methods for metabolomic analysis of plants.

Plant Organs
Used/Involved Extraction Solvents Methods of

Extraction
Metabolomic

Tools/Platform References

Chenopodium album (L.) Leaves, stem Methanol Lyophilization +
centrifugation UHPLC-QQQ-MS [68]

Lemna minor (L.) Leaves Methanol-ethyl acetate
mixture (50:50, v/v)/Ribitol

Extraction,
pulverization,

sonication
GC/EI/MS [69]

Zea mays (L.) Root CH3OH:CHCl3 (2:2, v/v) -
1H-HRMAS NMR

analysis [70]

Lonicerae japonicae flos Flower buds Methanol Ultrasonication
UPLC/Q-Orbitrap-

Full
MS

[71]
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Table 1. Cont.

Plant Organs
Used/Involved Extraction Solvents Methods of

Extraction
Metabolomic

Tools/Platform References

Lactuca sativa (L.) Leaf tissues Methanol (80%) and formic
acid (0.1%) Homogenization UHPLC [72]

Arabidopsis thaliana (L.) Plant cells Methanol and H2O Homogenization LC/EI/MS [73]
A. thaliana (L.) Leaves Methanol, chloroform, and

H2O (chilled) Homogenization LDI/MS [74]

Cucumis sativus (L.) Leaves
Methanol/water (100:0),
acetonitrile/water (80:20)

acetone/water

Homogenization+
centrifugation LS–MS/MS [75]

Solanum lycopersicum
(L.) Leaves Methanol (70%) Centrifugation UHPLC/Q-TOF [76]

Solanum tuberosum (L.) Tubers Methanol Homogenization UPLC-IMS-QtoF [77]

Oryza sativa (L.) Leaves and
seeds

Acetonitrile/isopropanol/
water (3/3/2, v/v/v) Centrifugation GC–MS [78]

O. sativa (L.) Leaves Methanol Solvent extraction +
homogenization GC–MS [79]

S. lycopersicum (L.) Fruit
Acetonitrile/acetic

acid/anhydrous
MgSO4/sodium acetate

Solvent extraction LC–MS [80]

O. sativa (L.) Leaves Methanol and H2O
Solvent extraction +

derivatiza-
tion/homogenization

HS-SPME/GC-MS [81]

C. sativus (L.) Fruit Methanol/ H2O and
chloroform

Extraction/
homogenization

UHPLC-Q-
Orbitrap-HRMS [82]

O. sativa (L.) Leaves Methanol/methyl-tertiary
butyl ether/H2O

Solvent extrac-
tion/homogenization LC–MS [83]

Tasmannia piperita (L.) Leaves Methanol Solvent extraction UHPLC-HRMS [84]

Vitis vinifera (L.) Leaves Methanol/chloroform/H2O
Solvent extrac-

tion/fractionation/
homogenization

FTICR–MS [64]

O. sativa (L.) Leaves
Acetonitrile/

isopropanol/water (3:3:2,
v/v/v)

Solvent extraction +
ultrasonication GC–MS [85]

Glycine max merr Leaves
Methanol/acetonitrile/
deionized water, 2/2/1,

v/v/v
Ultrasonication/
centrifugation LC–MS/MS [86]

Helianthus annuus Plants Perchloric acid - 1D 1H NMR [87]

Brassica oleracea Leaves Methanol/chloroform/water
in a 2:2:1

Solvent extraction+
centrifugation NMR [88]

L. sativa (L.) Leaves Acetone: hexane (1:1, v/v) Solvent extraction GC×GC–MS [89]
Beta

vulgaris (L.) Roots Ethanol Solvent extraction/
homogenization

UPLC Q-TOF
LC-MS [90]

6. Metabolomics Approaches Used to Assess Pesticide–Plant Interactions

Environmental metabolomics offers its relevance and potentiality in investigating
the effect of pollutants/contaminants on biological systems, including plants, and in
the evaluation of environmental health and safety. The range of metabolites covered by
metabolomics has expanded due to developments in analytical instrumentation. The two
most used analytical methods are mass spectrometry (MS) combined with chromatographic
separation and nuclear magnetic resonance (NMR) spectroscopy. A detailed description of
some of the metabolomic tools used in assessing the phytotoxic impact of pesticides on the
plant metabolome has been discussed in the following section (Table 2).

6.1. Nuclear Magnetic Resonance (NMR)-Based Metabolomics

The nuclear magnetic resonance (NMR) technique was firstly utilised in 1974 to anal-
yse the metabolome [91]. This technique provides sample handling convenience and
quantitative power, allowing for the avoidance of metabolite extraction processes [92].
Additionally, NMR is a highly reliable and non-destructive metabolomic tool [93]. NMR
can detect the majority of endogenous metabolites in an organism and thus provide com-
prehensive information about the target biologicals [94]. This method, however, harbours
many difficulties related to automation and high-throughput analysis and requires large
concentrations, usually in the millimolar (mM) range [95]. The varied nuclei (for example,
1H, 13C, 5N, and 31P) and the degree of correlation that they offer can change the type and
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variety of NMR investigation. To help in metabolite identification, two-dimensional (2D)
approaches seek to increase sensitivity, shorten acquisition times, and give more structural
detail [96]. Additionally, the high-resolution magic-angle spinning (HR-MAS) NMR is
capable of analysing both liquid samples and intact tissue samples. Several NMR studies
have been used to evaluate the response of pesticides to crop plants. In this regard, root tips
of Zea mays (L.) exposed to 2.5 to 25 µM of lindane and chlordecone were assessed using
1H-HR-MAS NMR. The results revealed that pesticide exposure increased the amount of
fatty acids (FA) present in root tissues, which was accompanied by a significant rise in
oxidised FAs. Furthermore, pesticidal stress caused an increase in LOX3 transcription levels
due to a build-up of asparagine and oxidised fatty acids, which induced protein and lipid
catabolism [70]. In another HR-MAS NMR-based study, Pereira et al. [33] demonstrated
that mancozeb negatively affected the metabolomic profile of Lactuca sativa (L.). Man-
cozeb induced oxidative stress in crops by causing a variation in phenylalanine (PPA) and
polyphenols (PPO). Furthermore, pesticide exposure led to alterations in amino acids lead-
ing to up-regulation in the Krebs cycle. Abnormalities in sucrose, phospholipid, nucleotide,
and nicotinamide metabolism were also observed.

6.2. MS-Based Metabolomics
6.2.1. Gas Chromatography–Mass Spectrophotometry (GC–MS)-Based Metabolomics

Due to its excellent sensitivity, detection limits of very small molecules, versatility
for high-throughput analysis, and a variety of application capabilities, MS is considered
one of the most frequently employed analytical technologies in the area of environmental
metabolomics [97,98]. When using standard or other reference substances, such as surro-
gates, MS-based metabolomics, which is based on tracking the mass-to-charge ratios (m/z)
of all ionizable molecules present in the sample, can provide absolute quantification as
well as relative metabolite levels between samples [99,100]. Due to the enormous chem-
ical diversity among metabolite classes, different separation techniques, such as liquid
chromatography (LC), gas chromatography (GC), and capillary electrophoresis (CE), have
been connected to the mass spectrometer (MS) [101]. These separation methods depend on
variations in the boiling temperatures of volatile and non-volatile chemicals, as well as the
ionic mobility of charged ions. LC–MS and GC–MS are the most frequently used MS-based
methods due to their ability to cover a large portion of the metabolome. However, features
such as superior chromatographic resolution, repeatable retention durations, and simplicity
of use make GC–MS a more preferable technique over LC–MS. In addition, GC–MS requires
less maintenance than other methods and can deliver higher throughput [102]. Furthermore,
GC is frequently connected to hard ionisation sources such as electron impact ionisation
(EI), enabling in-source fragmentation and identification of molecular ions with the vast
databases available for GC–MS [103]. GC–MS can only be used to examine volatile analytes;
it cannot be used to detect non-volatile substances such as amino acids, sugars, and organic
acids without first derivatizing them [104]. Several MS-based metabolomic studies have
been performed to assess the phytotoxic impact of agricultural pesticides on different crops.
For instance, very recently LC–MS/MS analysis of acetamiprid (ACE)- and cyromazine
(CYR)-exposed Vigna unguiculata (L.) plants revealed the modifications/alterations in the
metabolome of leaf tissues. Both the pesticides resulted in a significant alteration in the
metabolism of amino acids. Furthermore, the flavonoids and sugars synthesis pathways
were changed by CYR. Additionally, phenylalanine, isoleucine, and glutamate levels, as
well as expressions of genes related to these amino acids, were significantly lowered. Plants
exposed to ACE had higher anthocyanin levels and lower levels of quercetin and narin-
genin chalcone [105]. Likewise, Cu-based pesticides caused the depletion of antioxidants
in Cucumis sativus (L.), which increased the levels of benzoic acid, gallic acid hydrate, and
p-coumaric acid, suggesting the activation of a defence mechanism [75]. Similarly, Liu
and Zhu [78] performed GC–MS analysis in order to evaluate the metabolic profiling of
chlorpyrifos-exposed Oryza sativa (L.) leaves. They found that pesticide application dra-
matically altered the amino acid and key DEG (mainly enriched in aspartate and glutamate
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metabolism) metabolic pathways. In addition, chlorpyrifos caused the degradation of
soluble proteins (48.7% reduction over the control). In addition, Zhao et al. [35] used a
GC–LRMS-targeted metabolomics technique to investigate how pesticides, transgenes,
and backcross breeding affected rice leaves and seeds. The findings revealed that seeds
and leaves of O. sativa (L.) had up-regulated levels of amino acids, while rice seeds had
downregulated levels of phenols, antioxidants, and carbohydrates (Figure 3).

Figure 3. Pathway analysis of differential metabolites related to pesticide stress of rice leaves (MH3301
and 8Km732). The metabolic response indicates relative metabolite levels of the treated group against
the control group (treated/untreated) at the same time point. Red (treated/untreated > 1) and
green (treated/untreated < 1) represent a p-value of metabolite less than 0.05 between treated and
untreated groups, while white reflects a p-value more than 0.05 (colour figure online). Adapted from
Zhao et al. [35] Springer Nature Publishing group 2022.

6.2.2. Liquid Chromatography–Mass Spectrophotometry (LC–MS)-Based Metabolomics

LC–MS is one of the most popular and widely used analytical techniques that, when
applied in metabolomics, provides spectral information about the relative intensity of
the mass to-charge ratio (m/z) of the measured chemicals. Non-volatile substances can
also be analysed using LC–MS, which offers great sensitivity and selectivity. However,
when the sample matrix is complicated, and depending on the type of LC column used,
separation via LC is sensitive to retention time fluctuations [106]. To reduce interference
from complicated matrices, the use of 2D LC and GC has also been applied to metabolomics.
Chromatographic resolution and peak capacity have both been improved because of this
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two-dimensional method [107,108]. Electrospray ionisation (ESI) and a high-resolution
mass spectrometer (HRMS), which enable highly accurate mass measurements of the
precursor and fragment ions for metabolite identification, are frequently used in LC–MS
analyses [109,110]. The smallest variation in m/z that can be distinguished for a particular
signal (at a given m/z value) is referred to as resolution ® in MS terminology. In the area
of plant biology, this technique is often used to assess the influence of toxic pollutants,
including agricultural pesticides, on metabolomic profiling of various crops. For instance,
in a study, Danek et al. [111] applied different pesticides such as deltamethrin (DMN),
thiamethoxam (THIA), metalaxyl (MTL), and cyhalothrin (CLN) and their metabolites
to Raphanus sativus var. longipinnatus, which was exposed to these compounds under
experimental conditions employing LC–MS/MS. After harvesting, analysis revealed that
R. sativus contained MTL (0.008 mg/kg), metalaxyl acid (0.009 mg/kg), and (+)-trans-
chrysanthemic acid (0.098 mg/kg). Even though pesticide concentrations were below
the analytical method’s limit of detection (0.005–0.006 mg/kg), non-targeted analysis
showed the existence of THIA, CLN, and DMN metabolites in pesticide-treated plants. In
addition, tyramine and leucine (non-specific) and serotonin, tryptamine, dopamine, and
epinephrine (specific) metabolites were detected. The LC–MS/MS technique, therefore,
demonstrated the importance of non-targeted analysis as a method for assessing pesticide
exposure in plants, even after the parent molecule has been entirely metabolized. LS–MS
analysis was carried out to compare the glyphosate and triclopyr susceptibilities of several
Conyza spp. (a flowering plant) biotypes [112]. Significant variations in glyphosate content
in plant samples were noticed. This resistant biotype has a faster and more powerful
metabolism than sensitive biotypes, converting glyphosate into the metabolites amino
methylphosphonic acid (AMPA), glyoxylate, and sarcosine, thereby lowering the amount
of intracellular glyphosate that reaches the target enzyme EPSPS [113]. The residues and
dissipation of imidacloprid in Ipomoea batata (L.) and Zizania latifolia (L.) were investigated
using liquid chromatography–tandem mass spectrometry (LC–MS/MS). First-order kinetics
were used to describe imidacloprid dissipation dynamics in plants, with half-lives ranging
from 3.2 to 5.5 days in each sampling location. In Z. latifolia and purple sweet potatoes,
the terminal imidacloprid residues ranged from 0.005 to 0.120 mg kg−1, and average
insecticide recovery in both crops ranged from 82.12 to 113.79%. Likewise, in order to
identify 60 pesticides and their residues, 144 vegetable and fruit samples were analysed
using the LC–MS/MS method [114].

6.2.3. Gas Chromatography/Electron Impact Mass Spectrometry (GC/EI/MS)-
Based Metabolomics

In environmental studies, the GC/EI/MS metabolomics technique has been used to
research a variety of subjects, including monitoring the hazardous effects of pesticides
on diverse crop plants [115]. Herbicides, glyphosate, and metribuzin are frequently em-
ployed in agricultural practises, and residues from both have been found in water samples
at amounts ranging from ppb to ppm. In this context, Kostopoulou et al. [69] used the
aquatic plant Lemna minor L. (duckweed) to assess the GC/EI/MS metabolomics analysis
for investigation of the combined impacts of glyphosate and metribuzin and the evalua-
tion of the health and safety of aquatic ecosystems. Duckweed is often used as a model
in ecotoxicology because of its potential for comparative metabolomics research and for
analysing the toxicity of bioactive substances in aquatic ecosystems [116,117]. The results
showed that metribuzin is more hazardous than glyphosate and that its metabolome un-
derwent commensurate modifications, according to metabolomics. Furthermore, pesticides
significantly altered the amino acid pool in plants. According to the findings, electro-
proteolytic activity was activated. In addition, the mixture of both herbicides activated the
salicylate-signalling pathways [69]. Gamma-aminobutyric acid (GABA), salicylate, caffeine,
a-trehalose, and squalene were some of the identified metabolites that were found to be
biomarkers. These compounds have numerous functions in plant metabolism, including
signalling, antioxidant defence, and structural protection [69].
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6.2.4. Gas Chromatography–Time-of-Flight Mass Spectrometry (GC–TOF MS)-
Based Metabolomics

Plant metabolites that are over- or under-expressed due to environmental changes
can be quickly screened using untargeted metabolomics-based GC–TOF MS. In addition,
metabolomics based on GC–TOF MS provides the preliminary data that helps in under-
standing further mechanisms [118]. This technique produces a large number of metabolites
that are adversely impacted by a given environmental stressor. A total of 150 metabolites
were identified from vegetable samples based on their mass spectral (MS) signatures and
retention index matches from up to 357 different metabolites that were occasionally found
using GC–TOF MS. Among the identified metabolites, 30 were found to be altered [119]. In
a similar study, Zhao et al. [120] used chromatography–time-of-flight mass spectrometry
(GC–TOF MS)-based metabolomics to identify chemical alterations in Cucumis sativus (L.)
plants treated with varied ecologically relevant concentrations of Cu-based fungicide until
full maturity. Studies on metabolomics revealed that Cu fungicide disrupted Fe (iron) up-
take in leaves. In addition, the quantum of macro nutrients such as calcium, phosphorous,
sulphur, potassium, magnesium, and zinc drastically decreased under fungicidal stress.
The chemical profile in cucumber fruits was noticeably changed as a result of fungicidal ex-
posure, which was determined using metabolomics and partial least-squares discriminant
analysis (PLS-DA). In response to stress exposure, a variety of metabolites up-regulated or
down-regulated. Numerous C- and N-related pathways were altered, particularly the TCA
cycle and galactose metabolism, demonstrating that applied C-based fungicide disrupted
C and N metabolism.

Wu et al. [119] analysed the leaf metabolomic profiling of phosphite (Pi)-treated
Solanum tuberosum L. (potato), and changes in metabolite pools were observed. Chloro-
genic acid, caffeic acid, and salicylic acid, phytochemicals that play an important role
in plant defence against biotic and abiotic stressors, increased following Pi treatments,
supporting an efficient, indirect method of action. However, because there is no systematic
evaluation of the recovery of metabolites during extraction or calibration of GC–TOF MS
instruments, the untargeted metabolomics study only offers semi-quantitative data on
changes in metabolite levels. As a result, it is necessary to quantify the changes using
accurate quantification techniques.

6.2.5. Combined NMR- and MS-Based Metabolomics

Due to the complimentary analytical benefits of both techniques, NMR- and MS-based
metabolomics methodologies have been effectively combined in several investigations [121,122].
For instance, 1H NMR and GC–MS-based metabolomics studies have been performed to
assess the effect of nano-copper pesticides on the nutritional content of Cucumis sativus (L.)
fruits. Both platforms’ supervised partial least-squares discriminant analysis results re-
vealed that samples of C. sativus fruit extracts were firmly categorised according to the
amount of pollutant in the soil system. This suggests that contaminant exposure had an
impact on the profile of fruit metabolites. According to GC–MS data, pollutant could
either raise or reduce the content of certain sugars, organic acids, amino acids, and fatty
acids. Additionally, only trigonelline, methyl nicotinamide, quinolinate, and imidazole
metabolites were found and measured using 1H-NMR [120]. The combined use of the
two platforms enabled researchers to understand how exposure to pollutants could affect
the metabolite (nutrient supply) variations in C. sativus fruits. In another study using 1H
NMR and GC–MS-based metabolomics, the response of nutrient uptake in C. sativus (L.)
plants to various doses of other pollutants was assessed by Zhao et al. [118]. Moreover,
ICP–MS revealed changes in the metabolism of mineral nutrients due to pollutants. The
outcomes demonstrated that the absorption of both macro- and micro-nutrients (Na, P,
S, Mo, Zn, and Fe) was hampered under stress. According to metabolomics data, root
and leaf metabolites were significantly altered under stressed conditions. A defensive
mechanism against stress was active, as evidenced through metabolic alterations in root
exudate, up-regulation of amino acids, down-regulation of citric acid, up-regulation of
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ascorbic acid, and up-regulation of phenolic compounds. Therefore, these findings show
that non-targeted 1H NMR and GC–MS-based metabolomics may be helpful in effectively
pinpointing the physiological reactions occurring in plants while growing under abiotic
stresses, including pesticides stress.

6.2.6. Ultra-High-Performance Liquid Chromatography (UHPLC)-Based Metabolomics

In order to analyse the metabolome of a wide variety of crop plants, UHPLC-based
metabolomics and other combination techniques have proven crucial in metabolomics
research. In a study, Zhang et al. [123] used UHPLC to detect metabolic changes in
Lactuca sativa (L.) leaves exposed to two insecticides, imidacloprid (IMD) and fenvalerate
(FVE). Of these, FVE significantly reduced the leaf flavonoid (FVD) content, while IMD did
not cause any significant changes in PPO and FVD. Furthermore, both insecticides altered
root and shoot metabolism. A drastic increase in the level of amino acid metabolism but
a remarkable decrease in carbohydrates metabolism was recorded following exposure to
IMD. Furthermore, following pesticide application, the relative abundance of most organic
acids and polyphenolic substances was considerably decreased.

6.2.7. Ultra-High-Performance Liquid Chromatography Coupled with High-Resolution
Mass Spectrometry (UHPLC–HRMS)

Based on high-resolution mass spectrometry (HRMS) and ultra-high-performance
liquid chromatography (UHPLC), this metabolomics-based technique can identify small
molecules. This analytical method has undergone complete validation in accordance with
ISO17025 and WADA criteria, and the applicability of this method has been evaluated
using real samples. Pan et al. [82] analysed the metabolomics profiling of pesticide-treated
C. sativus (L.) leaves using the UHPLC-Q-Orbitrap–HRMS technique. It was observed
that in fruits, antioxidants alleviated pesticide stress by up-regulating the shikimate–
phenylpropanoid pathway by 1.3 times. Pesticide administration, however, enhanced
both the tricarboxylic acid cycle (TCA) by 1.1-fold and the concentration of ROS-processing
enzymes. These findings suggest that foliar pesticidal applications can control both associ-
ated metabolites and metabolic pathways, enhance cucumber fruit quality and antioxidant
capability, and aid in pesticide detoxification.

6.2.8. Matrix-Assisted Laser Desorption/Ionization Time-of-Flight Mass Spectrometry
(MALDI–TOF MS)-Based Metabolomics

Before harvesting, edible plant components may have trace levels of insecticides and
their by-products. Specialized methods with low inputs but greater sensitivity is required
for the analysis of such substances. Having the ability to detect target molecules in real time
might also be very advantageous (Table 3). Finding possible biomarkers is made simpler us-
ing UHPLC-QTOF/MS, which can evaluate samples’ lower amounts of distinct metabolites
more quickly and thoroughly [124]. To date, various plant species exposed to environmental
pollutants/contaminants have been studied using this technique. For instance, LC–MS and
MALDI–TOF MS-based metabolomics analysis of chlorpyrifos-treated pods and beans of
the Phaseolus vulgaris L. (common bean) plant has been performed by Fernandes et al. [125].
Pesticide application significantly decreased leaf pigments, and considerable reduction
in triacyclglycerols revealed the alteration in lipidomic profiling of seeds and pods. In
order to investigate the impact of the herbicides paraquat (PQT) and glyphosate (GP) on
metabolomic profiling and protein expression, levels of rice leaves were studied using 2D
gel electrophoresis combined with matrix-assisted laser desorption/ionization–time-of-
flight (MALDI–TOF) mass spectrometry (MS) tools [126]. Here, from herbicide-treated
leaf tissues, they identified 25 up-regulated/down-regulated variably expressed proteins.
The effects of both herbicides were clearly seen to drastically reduce the major subunit of
Rubisco. The treatments may cause oxidative stress in plants, as evidenced by the increased
concentration of antioxidant enzymes in GP- and PQT-exposed samples. In another study,
amiprophos methyl (APM), an herbicide that inhibits microtubule formation, was studied
for its impact on microtubule and proteome activity in the mesocotyls, roots, and leaves
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of Zea mays (L.) using MALDI–TOF MS metabolomic tools [127]. In mesocotyls, roots,
and leaves, the examination of 28 protein spots—15 new protein spots and 13 pre-existing
proteins—had disappeared, which was observed under proteomic analysis. Furthermore,
MALDI–TOF MS analysis of 10 protein spots revealed the presence of cold acclimation pro-
tein WCOR615, ubiquitin, maturase K, a ubiquitin-like protein, ferrdoxins, 2,4 Dienoyl-CoA
reductases in the root, ATP-dependent protease, and retrotransposons in the leaves. These
proteins were involved in a variety of biological processes, including protein synthesis.
These findings imply that APM is a particular herbicide that disrupts microtubule dynamics
and affects the expression of a number of proteins in crops, which may serve as potential
biochemical markers to assess the herbicide’s toxicity in plants. Likewise, Fang et al. [128]
applied the herbicide bentazon to rice plants in order to assess the expression and binding
patterns of protein. They used 2D-DIGE coupled with MALDI–TOF MS/MS to investigate
the bentazon-exposed leaf proteome in order to develop a thorough, pathway-oriented,
mechanistic knowledge of the effects directly generated by the chemical herbicide. Results
showed that proteins were stimulated by bentazon to change their relative levels of expres-
sion. Additionally, bentazon predominantly inhibited photosynthetic processes, and it had
negative effects on carbohydrate metabolism and ATP generation. However, it also induced
a number of stress-response proteins. In an experiment, Gholipour et al. [129] determined
pesticidal residues accumulated on the fruit surface of Solanum lycopersicum (L.) by employ-
ing UV-MALDI–TOF MS technology. Fruits produced hydroponically in a greenhouse
condition were treated one week later with a mixture of four pesticides and assessed for
accumulation of pesticides on the fruit surface.

6.2.9. Ultra-Performance Liquid Chromatography–Ion Mobility Spectroscopy–Quadrupole
Time-of-Flight Mass Spectrometry (UPLC–IMS–QtoF)-Based Metabolomics

To understand the impact of the fungicide tebuconazole on lipid profiling and metabo-
lites, Zhao et al. [130] conducted targeted and non-targeted metabolomics/lipidomics
experiments using UPLC–QtoF MS and UPLC MS/MS. They observed that tebuconazole
underwent a minimal amount of enantioselective degradation, and six potential degrada-
tion products were found. Tebuconazole exposure had a strong enantioselective impact
on the endogenous metabolites involved in the metabolism of lipids, amino acids, nucleic
acids, phenylpropanes, and flavonoids, as well as those involved in the metabolism of
carbohydrates, amino acids, and vitamins. The activation of tebuconazole greatly increased
nucleotide metabolism and the network of metabolic processes for nicotinic acid. Overall,
it was discovered that tebuconazole exposure had a considerable effect on lipid and plant
metabolism in lettuce. In a similar study, Lacina et al. [131] used a UHPLC–TOF MS-based
metabolomic approach to investigate the comprehensive effects of 212 pesticide residues
in QuEChERS extracts obtained from four plant matrices. Very recently, Wang et al. [132]
employed UHPLC–QtoF MS to detect the metabolites in 10 different varieties of cooked,
processed, and fruit radishes. Among the identified metabolites, three groups of metabolites
were varied in composition, as shown through multivariate analysis, and a comparative
analysis revealed that the metabolites that significantly differed in accumulation were
primarily amino acids and their derivatives, lipids, flavonoids, hydroxycinnamate deriva-
tives, and carbohydrates. Further, the UHPLC–QtoF MS metabolomic analysis revealed
that radish fruit had higher amounts of metabolites, especially flavonoids. In order to
identify and characterise residual pesticide metabolites in Brassica species, Bauer et al. [133]
performed a metabolomic-based experiment using a UPLC–TWIMS–QtoF MS technique.
The metabolomics revealed distinct degradation mechanisms and distribution profiles,
including those for three difenoconazole metabolites, eight thiacloprid metabolites, and
eleven azoxystrobin metabolites. In several plant organs, including leaves, stems, (broc-
coli) heads, and roots, various phase I and phase II metabolites of the pesticides have
been found.
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Table 2. Metabolomics approaches involved in the assessment of pesticide–plant interactions.

Pesticide Used Chemical
Class/Family Dose Rate Crop/Vegetable Used Organ Involved Way of Analyses/

Platform Observation Changes Observed References

Mancozeb Dithiocarbamate
family 2.0 mg/L Lectuca sativa

(Lettuce) Leaves NMR-HRMAS Negatively
affected

â Variations in phenylalanine (PPA) and
polyphenols (PPO) showed increased
oxidative stress induced by herbicide.

â Herbicide exposure led to alterations in
amino acids leading to up-regulation in
the Krebs cycle.

â Abnormalities in sucrose, phospholipid,
nucleotides, and nicotinamide
metabolism were also observed.

[33]

Imidacloprid (IMD)
and fenvalerate

(FVE)

IMD; neonicotinoids,
FVE; pyrethroid 10 mg/L Lactuca sativa L.

(lettuce) Leaves UHPLC Negative effect

â Exposure of fenvalerate caused
significant reduction (25%) in leaf
flavonoid content (FVD).

â Imidacloprid did not cause any
significant changes in PPO and FVD.

â Both insecticides significantly changed
the metabolism in plant organs (roots and
shoots) of lettuce.

â Imidacloprid action caused a drastic
increase in metabolism of several amino
acids; however, a remarkable reduction in
carbohydrate metabolism was recorded.

â Furthermore, following pesticide
exposure, the relative abundance of the
majority of organic acids and
polyphenolic substances
drastically decreased.

[123]

Chlorpyrifos Chlorinated
organophosphate

0.576, 0.720, and
1.080 kg a. i./ha Oryza sativa L (rice) Leaves GC-MS Negatively

affected

â Dramatic chlorpyrifos-induced reduction
(60%) in six amino acid metabolism
pathways and key DEG (mainly enriched
in aspartate and glutamate metabolism)
pathways were observed.

â Degradation of soluble proteins (down to
48.72% of the control).

[134]

Isoprocarb,
carbofuran, and

carbaryl
Carbamates 5.0 µg mL−1

Brassica campestris L.
ssp. Chinensis

(mustard) and Makino
var. communis

Leaves SPME Negatively
affected

â When exposed to carbamates, the fold
changes of these important metabolites
reduced from 0.78–1.07 to 0.28–0.82,
demonstrating significant
time-dependent dysregulations in the
glucosinolate-related metabolite content.

[135]
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Table 2. Cont.

Pesticide Used Chemical
Class/Family Dose Rate Crop/Vegetable Used Organ Involved Way of Analyses/

Platform Observation Changes Observed References

Chlorpyrifos Chlorinated
organophosphate

0.02%, 0.06%,
and 0.08%

Phaseolus vulgaris L.
(Common bean) Pod and beans LC–MS and

MALDI–TOF MS
Negatively

affected

â Decreased leaf pigments and lipids in
leaves and a considerable inhibition in
triacyclglycerols was determined in seeds
as well as pods.

[125]

Acetamiprid (ACE)
and cyromazine

(CYR)

ACD; chloropyridinyl
neonicotinoids,

CYMZ;
aminotriazines

540 g a.i. ha 150 g
a.i. ha

Vigna unguiculata L.
(cowpea) Leaves LC–MS/MS Negatively

affected

â Both pesticides significantly affected
amino acid metabolism, while CYR
altered the flavonoid and sugar
synthesis pathways.

â Alanine, glutamic acid, isoleucine, and
phenylalanine levels and expression of
genes associated to amino acids were
lowered by ACE and CYR and elevated
by MIX, respectively, in cowpea.

â Additionally, pesticide exposure to
cowpea lowered the saccharide level and
associated genes.

â Plants exposed to ACE had higher
anthocyanin levels and lower levels of
quercetin and naringenin chalcone.

[105]

Nano copper
pesticides 400–800 mg/kg Cucumis sativus L.

(cucumber) LC–MS/MS

â When other antioxidants were depleted,
levels of benzoic acid, gallic acid hydrate,
and p-coumaric acid increased,
suggesting the activation of the
defence mechanism.

[118]

Glyphosate (GP)
and metribuzin

(MBN)

GP;
organophosphorus,
MBN; triazinones

0.5, 1.0, 5.0, 10, 25
and 50 ppm Lemna minor L. Leaves GC/EI/MS Negative effect

â Both of the pesticides significantly altered
the amino acid pool in plants, leading to
increased concentrations of most known
amino acids.

â As a result of the toxicity brought on by
the pesticide mixture,
salicylate-signalling pathways were also
observed to be activated.

[69]

Lindane (HCH) and
chlordecone (CLD)

LCH; organochlorine,
CLD; organochlorine 2.5 µM to 25 µM Zea mays L. (maize) Root tips 1H-HR-MAS NMR Negative effect

â Pesticide exposure increased the amount
of fatty acids (FA) present, which was
accompanied by a significant rise in
oxidised FA.

â Under pesticide stress, an increase in
LOX3 transcription levels was
accompanied by a build-up of asparagine
and oxidised fatty acids, which induced
protein and lipid catabolism.

[70]
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Table 2. Cont.

Pesticide Used Chemical
Class/Family Dose Rate Crop/Vegetable Used Organ Involved Way of Analyses/

Platform Observation Changes Observed References

Fungicides - - Solanum tuberosum L.
(potato) Tubers UPLC–IMS–QtoF Negative effect

â Metabolome of the tubers underwent
substantial alterations following
fungicide treatment.

â When a fungal or viral infection was
imminent, flavonoids began to naturally
increase in expression in the untreated
group, whereas phytoalexin rishitinol
was significantly more prevalent in the
groups that received fungicide treatment.

[77]

Butachlor (BUTA),
chlorpyrifos (CPF),
tricyclazole (TZL)

BUTA; acetanilide
class,
CPF;

organophosphates,
TZL; triazolobenzoth-

iazoles

CPF = 0.576, 0.720
and 1.080 kg a.i./ha.

BUT = 0.90 and
1.574,

2.624 kg a.i./h.

Oryza sativa L. (rice) Leaves GC-MS Negative effect

â The distribution of starch sucrose was
disrupted by butachlor because it
primarily affected five pathways for the
metabolism of carbohydrates (38.5%), and
more than 48.0% of differentially
expressed genes (DEGs) were involved in
these routes, as well as photosynthesis.

â Chlorpyrifos significantly inhibited the
amino acid metabolism and DEG
pathways. These effects resulted in an
increase in free amino acid contents (up to
29.02% of the control) and the breakdown
of soluble proteins.

â Fas metabolic pathways were
considerably altered by tricyclazole
(53.9%), and DEGs that largely code for
oil–body membrane proteins. As a result,
saturated Fas (palmitic acid and stearic
acid) decreased and unsaturated Fas
(linolenic and octadecadienoic
acids) increased.

[78]

Chlorpyrifos Organophosphate 2.0, 5.0 and
20.0 mg L−1 Oryza sativa L. (Rice) Leaves and roots LC–QTOF/MS Negatively

affected

â Higher concentration caused oxidative
stress and inhibited the synthesis of
chlorophyll and proteins.

â Affected the metabolic profiling of roots.
â Metabolism of glutamate amino acids,

lipids, and flavonoids was
significantly disrupted.

â A 1.32 to 2.19-fold change in quinic,
aminobenzoic, and phosphoenolpyruvic
acids was detected.

[136]



Metabolites 2023, 13, 246 17 of 25

Table 2. Cont.

Pesticide Used Chemical
Class/Family Dose Rate Crop/Vegetable Used Organ Involved Way of Analyses/

Platform Observation Changes Observed References

Thiamathoxam Neonicotinoid 500 mgL−1 Camellia sinensis L. Leaves GC–MS and HPLC Negatively
affected

â Under insecticide stress, 113 metabolites
were up-regulated, while 122 were found
to be down-regulated.

â Following insecticide exposure, metabolic
pathways of alanine, aspartate, and
glutamate were severely affected.

[137]

Gulfosinate - 1, 5, 10, and 15%
v/v

Stenotaphrum
secundatum L. Plant GC–MS Negatively

affected

â Caused a significant alteration in amino
acid metabolism through up-regulation of
isoleucine and phenylalanine.

[138]

Imazamox Imidazolinone 0.036, 0.035, and
0.203 mg/L Lemna minor L. Leaves LC–MS Negatively

affected

â Pesticide exposure caused the inhibition
in metabolic pathways involved in
pentose phosphate, photosynthesis,
zeatin, and porphyrin.

â Additionally, phenylalanine metabolism,
phenylpropanoid biosynthesis, zeatin
biosynthesis, and secondary metabolite
biosynthesis pathways were
drastically influenced.

[117]

Perfluorooctanesulfonic
acid - 0, 25, and 50 mg/kg Triticum aestivum L. Roots and grains HPLC/MS/MS Negatively

affected

â Higher concentration (50 mg/kg) reduced
the chlorophyll content (49%) and root
biomass (37%).

â The grain quality declined and the
content of macro-elements such as P, K,
and Mg was hampered.

â Sugar metabolites (e.g., sucrose, glucose
6-phosphate, fructose 6-phosphate, and
trehalose) and PFOS also decreased the
abundance of non-polar proteinogenic
amino acids but increased the levels of
polar amino acids in grains.

[139]

NMR–HRMAS = nuclear magnetic resonance and proton high-resolution magic angle-spinning; UHPLC = ultra-high-performance liquid chromatography, GC–MS = gas chromatography–
mass spectroscopy; SPME = solid-phase microextraction; MALDI–TOF MS = matrix-assisted laser desorption/ionization time-of-flight mass spectroscopy; LC–MS = liquid chromatogra-
phy mass spectroscopy.
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Table 3. Advantages and limitations of NMR- and MS-based metabolomics analysis.

NMR MS

Sensitivity

Low but can be enhanced using
cryo- and microprobes, dynamic
nuclear polarisation, and greater
field strengths.

High with a nanomolar
detection threshold

Selectivity

Despite the fact that there are
only a few selective experiments
available, such as selective
TOCSY, it is typically employed
for nonselective analysis.

Can be used for both targeted
and untargeted (selected and
non-targeted) studies

Sample measurement
One measurement allows for the
detection of all metabolites with
an NMR concentration level.

For various kinds of metabolites,
different chromatographic
methods are typically required.

Sample recovery

Numerous analyses can be
performed on the same sample
without causing any damage;
the sample can be recovered
and kept for a long time.

Destructive method, but
requires a small sample size

Reproducibility Very high Moderate

Number of detectable
metabolites 30–100

300–1000+ (depending on
whether GC–MS or LC–MS
is used)

Sample preparation Little sample preparation is
required

More difficult; requires different
columns and ionisation
condition optimization

Tissue samples Yes, using HR-MAS NMR tissue
samples analysed directly No, requires tissue extraction

Target analysis Inapplicable to targeted analysis More effective for
specialised analysis

Sample analysis time
Quick—one measurement can
be used to analyse the entire
sample.

Longer and uses various
chromatography methods
depending on the metabolites
being examined

In vivo studies

Yes—widely used for 1H
magnetic resonance
spectroscopy (and to a lesser
degree 31P and 13C)

No—although desorption
electrospray ionization (DESI)
may be a useful way to sample
tissues in a minimally invasive
way during surgery

Instrument cost More expensive and occupies
more space

More affordable (cheaper)
and compact

Sample cost Low cost per sample High cost per sample
Adapted and modified from Emwas [140].

7. Challenges in Metabolomics and Future Prospects

Metabolomics can be used in environmental toxicology to study how various crops
are affected by chemical pesticides. For instance, the application of lipidomics, which
reveals modifications in lipid composition of plant tissues following exposure to pesticides,
has a significant potential to uncover the mode of action, illuminate toxicity mechanisms,
and expose exposure pathways [141]. In addition to the capability of high-throughput
metabolite analysis, metabolomics also provides information regarding potential toxicity
processes. Environmental metabolomics has made it easier over the past ten years to iden-
tify the effects of harmful contaminants such as xenobiotics and other related substances.
A deeper understanding of molecular mechanisms of action in (eco)toxicological research
will be greatly aided by the extensive computational models that may be created through
the analysis of thousands of metabolites at the cellular level.

Comprehensive investigation of all metabolites impacted by various stressors still
presents a difficulty because of the physiochemical diversity of the complete metabolome.
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Early initiatives in metabolomics used solitary systems for analysis. Recent studies have,
however, benefited from combined analysis platforms, which integrate various analyt-
ical methodologies to increase the coverage of metabolites, thanks to developments in
instrumentation and analysis. The identification of metabolites is a significant obstacle
for untargeted metabolomics. An additional difficulty in metabolomics is choosing the
right LC columns to effectively separate extremely polar metabolites that are poorly main-
tained in traditional reversed-phase columns without losing the separation of less polar
metabolites. However, combining revolutionary mixed-mode column technologies with
UHPLC may increase the coverage of metabolome change detection. We anticipate that
such advancements will considerably aid environmental science in the future, allowing for
the discovery of biomarkers for early exposure or elucidating an organismal state.

Currently, the metabolomic scientific community is trying to further the application of
metabolomics and transcriptomics within the framework of the OECD’s programme for
chemical safety. Furthermore, usage of NAMs, computational pipeline development, and
ongoing mass spectrometry advancements will make it easier to meet the requirements
necessary for laboratory-based toxicological investigations in plant science. Additionally,
metabolomics (and transcriptomics) will play a significant role in toxicology laboratories
in the near future to evaluate the effects of pollutants, including chemical pesticides, at
a molecular level, providing a wealth of useful information to ecotoxicological studies,
assuming the use of omics technologies for chemical safety regulation is approved.
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Abbreviations

GC–MS Gas chromatography–mass spectrophotometry
LC–MS Liquid chromatography–mass spectrophotometry
HPLC High-performance liquid chromatography

UPLC–IMS–QtoF
Ultra-performance liquid chromatography–ion mobility
spectroscopy–quadrupole time-of-flight mass spectrometry

MALDI–TOF MS
Matrix-assisted laser desorption/ionization time-of-flight mass
spectrometry

GC/EI/MS Gas chromatography/electron impact mass spectrometry
1H-HR-MAS NMR High-resolution magic angle-spinning nuclear magnetic resonance
ROS Reactive oxygen species
H2O2 Hydrogen peroxide
(O−2) Superoxide anions
RBOH1 Respiratory burst oxidase homologous 1
NAD Nicotinamide adenine dinucleotide
NADP Nicotinamide adenine dinucleotide phosphate
ATP Adenosine triphosphate
(∆Ψm) Mitochondrial membrane potential
DNA Deoxyribonucleic acid
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TCA Tricarboxylic acid cycle
GC-LRMS Gas chromatography coupled to low-resolution mass spectrometry
NMR Nuclear magnetic resonance
DI–FTICR–MS Direct-infusion Fourier-transform ion cyclotron-resonance
DMSO Dimethyl sulfoxide
HMDS Hexamethyldisilazane
MTBSTFA N-tert-butyldimethylsilyl-N-methyltrifluoroacetamide
FTICR–MS Fourier-transform ion cyclotron resonance (FTICR) mass spectrometry
GC–TOF MS Gas chromatography (GC) coupled to time-of-flight mass spectrometry
ICP–MS Inductively coupled plasma mass spectrometry
UHPLC Ultra-high-performance liquid chromatography
2D-DIGE Two-dimensional difference gel electrophoresis
QuEChERS Quick, easy, cheap, effective, rugged, and safe

MS (UPLC–TWIMS–QTOF)
Ultra-performance liquid chromatography system coupled to a
high-resolution quadrupole/traveling wave ion mobility
spectrometry/time-of-flight
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