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Abstract

:

The sharing economy has seen a worldwide boom in recent years. In tourism, such platforms are being increasingly used; however, analysis of consumers’ behavior toward such platforms in the context of technological innovation since the COVID-19 pandemic is almost non-existent. The aim of the present research is to fill this gap by studying, with the aid of structural equations, factors that influence the attitudes and behavior of consumers of tourist services offered through sharing economy platforms. Under the impact of the adoption of new technologies, the perceived value generated by these platforms is considered in the context of the COVID-19 pandemic. Trust in tourism sharing economy platforms and their perceived value is determined by consumers’ experience of using them, the authenticity of platforms, propensity toward technological innovation, and users’ demand for novelty. Data collected from 548 respondents were modeled using structural equations in SmartPLS. Results show that experience, the authenticity of platform, openness to new things, and technological innovation are the determining factors that influence consumers’ behavior on sharing economy tourism platforms. The originality of the research consists of the implementation, in a sharing economy context, of a new construct for this sector, which can also be used in other fields, namely that of pandemic fear. Furthermore, the way in which other constructs are included in the proposed conceptual model and the links between them presents additional novelty. Given the trend of increasing demand for such platforms and tourists’ appetite for technological innovation, it will become a managerial challenge for businesses in this field to keep up with the constant evolution of cutting-edge technologies.
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1. Introduction


Worldwide, sharing economy activities represent a new and revolutionary approach to business models in many sectors, generating, in recent years, an increasing trend in profit levels obtained in this field [1]. Statistics estimate that the annual value of sharing economy activities globally will increase by more than 20 times by 2025 compared to 2014, reaching USD 335 billion [2]. The accuracy of this forecast is directly influenced by the medical challenges generated by the recent COVID-19 pandemic and by the contemporary socioeconomic challenges facing humanity, e.g., the Russian–Ukrainian war and the global raw material crisis.



The COVID-19 pandemic has had a major impact not only on sharing economy platforms but also on service providers, customers, and governments, which face the impossibility of collecting taxes generated by these activities [3]. The pandemic has also influenced a reset of activities in the hospitality industry, generating numerous changes and/or adaptations to the new daily realities caused by canceled flights, closed borders, health and/or travel restrictions, interrupted supply chains, lost jobs, closed businesses, etc. [4,5]. Due to social and travel restrictions imposed by countries across the world and the health and safety measures introduced globally to limit the spread of the COVID-19 pandemic [6], many clients of sharing economy platforms have been forced to cancel their accommodation reservations through Airbnb and to stop using Uber services [7]. For sharing economy platforms, among the most considerable challenges generated by the COVID-19 pandemic has been the difficulty in continuing their activity in compliance with health and safety measures, in addition to the reimbursement of payments provided by customers for reservations [8,9]. As the number of guests accommodated via sharing economy platforms, such as Airbnb, significantly decreased in 2020 and 2021, customers making reservations have showed increased concern with respect to the maintenance of sanitary rules to reduce the risk of infection with the SARS-CoV-2 virus [7]. Hence, the COVID-19 pandemic has transformed the sharing of goods and services, representing a source of fear and uncertainty, with social contact being regarded as perilous [10].



Sharing mobility affects many aspects of contemporary society: socially, environmentally, economically, financially, and not least, technologically [3]. The sharing economy has developed along with the Internet as part of digitization, and information and communication technology (ICT) has penetrated our everyday lives [11]. The sharing economy has also led to changes in the tourism sector; thanks to the progress of ICT [12], digitization has become a driver of the collaborative economy [13].



Factors that determine consumers’ acceptance of technology can be analyzed with the aid of the diffusion of innovation theory (DIT) [14]. Innovation diffusion is defined as the innovation transmission process through specific channels to members of a social system over a given period [15]. The innovation diffusion theory explains the concrete way in which individuals adopt an innovation due to the exercise of a certain behavioral model, which will lead them to understand its advantages [15,16].



Although the sharing economy phenomenon is increasingly analyzed in specialized literature, the approach to this perspective in tourism is still deficient; few authors have investigated consumers’ behavior, specifically the way in which they relate to sharing economy platforms, such as Airbnb, CouchSurfing, House Trip, Wiindu, 9flats, and Uber [17,18,19,20,21,22,23]. Moreover, the few existing studies in this area refer rather to the evolution of sharing economy platforms prior to the COVID-19 pandemic rather than after it [24,25,26]. From this perspective, the aim of the present research aims is to fill this gap, studying, with the help of structural equations, the factors that influence the attitudes and behavior of consumers of services offered through sharing economy platforms [27,28,29,30] under the impact of the adoption of new technologies in the context of the COVID-19 pandemic. To measure and test this relationship, the following constructs were used: consumers’ experience, technology seeking, novelty seeking, perceived value, trust in sharing economy platforms, and pandemic fear.



The remained of this paper is structured as follows. The first section consists of a literature review and hypothesis development. In the second section, we analyze the research methodology and design. The third section includes the research results and discussion, and in the last section, we analyze the theoretical and managerial implications of the obtained results, along with the limitations of the current study and perspectives on research in the field.




2. Literature Review: Hypothesis and Theoretical Model Development


The “sharing economy” phenomenon has benefited from increased interest in recent specialized literature [3,4,19,21,22,23]. Sharing is a form of economic human behavior, which is distinguished by specific characteristics and is based on the reciprocity of the parties involved [31]. The rapid expansion of the sharing economy began in 2008 during an economic crisis, with both economic and social effects [32]. Although the sharing process (goods and services) is not a new practice, the sharing economy is a recent phenomenon, which arose due to the influence of the online environment and digital platforms [33,34,35]. The extension of the act of sharing from family ties to individuals who do not know each other is a radical discovery, determined and facilitated by Web 2.0, which connects users from around the globe, regardless of their origin [31].



The sharing economy is a summative, multidimensional concept based on other concepts, such as collaborative consumption, the access economy, the collaborative economy, the platform economy, and the community-based economy [33,36]. The “sharing economy” phenomenon has offered increased opportunities for the extension of small businesses, such as through Airbnb, CouchSurfing, House Trip, Wiindu, etc., owing to the preferable price–quality ratio compared to traditional services, as well as the possibilities for flexible and fast reservations and/or cancellations [35,37,38]. The sharing economy constitutes an umbrella construct for a wide range of non-ownership consumption activities [39,40], as it relies on three foundational cores: the access economy, the platform economy, and the community-based economy [41]. Promoters of the sharing economy concept tend to formulate broad definitions, including “peer-to-peer” initiatives, market mechanisms, and centralized “peer-to-peer” systems available to users mainly online [42]. Opponents of this approach propose a more restrictive definition of the term, emphasizing that it refers to temporary access to certain goods and services that individuals make available to each other to obtain various monetary benefits from these transactions [43].



The concept of the sharing economy is often used to describe transactions that take place on the market different individuals [33], namely the added value resulting from the transformation of an unused asset into one accessible online to a community interested in it [44]. Furthermore, the “sharing economy” is understood to encompass the digital platforms that allow consumers to interact and use, via mobile applications and/or web pages, various products and/or services [32] and assets [45] without a transfer of ownership [46].



The sharing economy is the result of a complex of economic, social, technological, and environmental changes that have taken place worldwide [47]. The subject is relevant for ongoing research, as the literature highlights its complex meanings and implications [36,39,41]. From a sociological perspective, this type of economy highlights an evolution in the relationship between society and the market [48]. The sharing economy potentially has a lot to offer in terms of social development, i.e., an increase in social cohesion [33].



The sharing economy can be defined as the sharing of goods, products, and services among people who do not know each other, with sharing occurring in a peer-to-peer format with a digital platform acting as intermediary in transactions [49]. This process has generated social changes [50] and social innovations, also triggering societal changes and adaptations [51]. Sharing platforms are the object of controversy and uncertainty despite their social, economic, technological, and environmental advantages because they generate an increase in social inequality [45] due to their externalities. For instance, some neighbors may feel uncomfortable in the presence of strangers, and there may be an impact on the traditional market concerning tourists’ expectations, income distribution, etc. [43]. The sharing economy may also trigger risks; therefore, regulatory frameworks must be considered, building and deploying future social capital [52].



Usually, sharing platforms provide space for product and service sharing. Before the COVID-19 pandemic, the business of sharing economy platforms, such as Airbnb, was booming [53]. Although the recent COVID-19 crisis has become an obstacle for most economic sectors [54], affecting millions of vulnerable people, trust-based commercial sharing platforms have quickly adapted to the situation, finding innovative solutions to keep businesses running [55]. The COVID-19 pandemic represents a considerable risk for sharing economy platforms, as it has affected not only platforms providers but also customers. People worldwide have lost their jobs, triggering an increased number of cancellations; this has affected the activities of platform service providers, many of them being forced to reduce their activities [7].



The diffusion of innovation theory and the technology acceptance model can provide rich explanations for the adoption of sharing economy platforms [15,56], providing considerable empirical support in describing users’ acceptance of technology in many socio-economic fields, both in the products and services markets [57]. Both models were also used to analyze mobile tourism shopping in a developing country [14]. To improve efficiency, businesses in this sector must constantly adapt, not only by implementing the latest technology but also by creating their own innovations, aiming to make their business more profitable [58].



2.1. Experience Using Collaborative Platforms


Experience is a way of understanding the interactions that take place between individuals and different places and/or situations, as an internal experience of people, understood and interpreted by each one differently, depending on motivations, traits, lifestyle, personality, etc. [59,60,61,62,63]. Today’s consumers are looking for increasingly authentic opportunities and are oriented toward new experiences that involve meaningful interactions with peers and especially with locals who are considered to be the keepers of ancestral traditions [64].



Travelers expect meaningful social interactions with local inhabitants of visited destinations, as well as unique experiences in authentic settings. Such occurrences have the power to persuade individuals to travel more often, stay longer, and engage in more exotic activities [64]. The three themes important to Airbnb users are the uniqueness of accommodation interiors and atmosphere, interaction with hosts, and experience of local culture [65].



Authenticity is an essential characteristic of the sharing economy experience. Tourists are often seeking authenticity during their trips, preferring unique, attractive, and, above all, authentic experiences [65]. Authenticity is sought by tourists through stays in rural and/or agritourism guesthouses [66], as well as through cultural or historical tourism [67,68]. Authenticity generates the formation of behavioral intentions in relation to tourist destinations [37,38,69]. Therefore, we infer that:



Hypothesis 1 (H1).

Experience has a positive influence on trust in sharing economy platforms.






2.2. Technology Seeking and Personal Innovativeness in Information Technology toward Sharing Economy Platforms


The COVID-19 pandemic triggered massive structural changes in the world’s economy, enhancing digitization and the widespread use of online technologies. Dissemination of digital technologies has enabled the rapid growth of sharing economy platforms [70], with this process accelerating the transition from traditional economies to a collaborative, Internet-based economy and digitization [13], in addition to innovation. As information and communication technology advances, the sharing of goods and services becomes simplified [71]. The use of ICT in the sharing economy is a growing trend, with the Internet playing the role of mediator to reduce transaction costs between providers offering goods and/or services and those wishing to obtain them [72].



Technological communication platforms have been important in facilitating interpersonal communication during the pandemic, with the whole industry enjoying a boom [73]. Therefore, collaborative platforms have represented an efficient communication method in tourism during the COVID-19 pandemic. Innovation during the global pandemic has brought the ICT process to a higher level, with the crisis offering an opportunity to improve creativity and innovation [74]. Digital platforms have therefore become an important communication tool [73].



Individuals react differently to a new idea or practice due to the unique way in which innovation is perceived, accepted, and used [15,31]. The degree of acceptance of innovation by individuals is a concept derived from the theory of innovation diffusion [75,76,77,78,79] and is proposed to measure the willingness of individuals to try new technologies. This degree of acceptance determines the relationship between information about a new technology and its perception [80]. Users with a high level of innovation acceptance are more likely to develop favorable attitudes toward new technologies [15].



In the field of tourism and hospitality, the degree of innovation acceptance is often used to assess consumers’ repurchasing intentions [37,81]; tourists with a higher level of acceptance are more likely to spend money online than those with a low level of acceptance [82,83]. The degree of innovation acceptance can represent an antecedent of trust on sharing economy platforms, such as Airbnb, with innovative people being more inclined to show increased trust [81]. According to these assumptions, we hypothesize that:



Hypothesis 2 (H2).

Technology seeking exerts a positive impact on trust toward sharing economy platforms.





Hypothesis 3 (H3).

Technology seeking exerts a positive influence on the perceived value of sharing economy platforms.






2.3. Novelty Seeking and Sharing Economy Platforms


A novelty-oriented individual is one who desires to obtain new, unique information and/or experiences regarding various products and/or services [83]. Individuals’ novelty-seeking ability is closely related to their orientation toward innovation, specifically toward the acceptance of innovations. The literature considers that through novelty-seeking behavior, a tourist will want to experience new, unfamiliar stimuli [84]. Conceptually speaking, novelty is part of the unique experience felt by an individual when consuming a product and/or service [81,85].



Numerous Airbnb customers have been motivated to use the service partly due to their desire to be up-to-date with the latest innovations, experiences, and situations; this motivation is a relevant criterion for segmentation of frequent users of sharing economy platforms (such as Airbnb) versus those who use them only occasionally [24]. Novelty-seeking behavior is higher in the case of people who seek accommodation via sharing economy platforms [64] and is often positively and significantly associated with the perceived value of a transaction [86]. Based on these arguments, we posit that:



Hypothesis 4 (H4).

Novelty seeking positively impacts the perceived value of sharing economy platforms.






2.4. Perceived Value and Sharing Economy Platforms


Trust in sharing platforms and the value perceived by tourists is determined by their experience of sharing economy platforms; by the relationships established with representatives from the targeted tourist destinations; and by individual tourists’ preferences, attitudes, behaviors, feelings, etc. [53,61,62,83]. The concept of perceived value has often been used to understand consumers’ purchasing decisions and is mostly based on the utility felt by consumers within a consumption situation [87]. Significant connections between perceived value and consumer attitudes are often observed [88], with perceived value exerting a positive effect on the intention to use sharing economy platforms. Thus, the higher the perceived value, the stronger the user’s intention to use such a platform [37,38,89]. The perceived value of the experience of using sharing economy platforms has a significant and direct impact on the intention to use them, as well as trust [85,90]. Therefore, we argue that:



Hypothesis 5 (H5).

Perceived value has a positive influence on trust in sharing economy platforms.





Hypothesis 6 (H6).

Perceived value has a positive impact on behavioral intention with respect to using sharing economy platforms.






2.5. Platform Trust and Sharing Economy Platforms


The mechanisms of trust development in the sharing economy are have not been extensively studied [91,92]. Strengthening trust in online platforms, including those of the sharing economy type, is one of the most considerable challenges for their developers, as trust is often associated with the potential risks perceived by users [93]. Evidently, building trust in such platforms depends on both users’ previous experience of such platforms and the extent to which a platform itself has met individual expectations. Individual use of a platform can affect the degree of other users’ trust [94]. Individuals can improve their social presence within a sharing economy platform, which, in turn, can improve the trust of others [95]. Trust is a significant factor in the adoption of individual decisions concerning the repeated use of sharing economy platforms [85,96]. Moreover, trust in Airbnb platforms is a key determinant of users’ continued intention to use them [37,38,97]. For example, the mediating role of trust and attitude toward sharing economy platforms was developed and validated in a sociotechnical framework to investigate Indian urban and semiurban participants’ intention toward a crowd-shipping platform for last-mile delivery [98]. Therefore, we infer that:



Hypothesis 7 (H7).

Trust in sharing economy platforms exerts a positive influence on behavioral intention with respect to using sharing economy platforms.






2.6. The COVID-19 Pandemic and Sharing Economy Platforms


Many people were afraid of the risk of being infected when traveling during the COVID-19 pandemic [99]. The sharing economy sector was heavily affected by the COVID-19 pandemic from the moment the World Health Organization declared a public health emergency of international interest [7]. The importance of the sharing economy increased during the pandemic period because sectors such as healthcare tourism and the restaurant industry were heavily dependent on it [7]. Renting a property through Airbnb, CouchSurfing, or other platforms was impossible during the pandemic due to restrictions; isolation; and customer-perceived risk of exposure to the virus, travel, physical distancing, and/or the various hygiene protocols that had to be strictly followed [4]. The travel comfort of the pre-pandemic period has become a dream over the last two years. The sharing economy accommodation sector suffered, with weekly bookings on Airbnb between January and March 2020 falling, e.g., by 96% in Beijing, by 46% in Seoul, and by 29% in Milan [100,101]. We argue that:



Hypothesis 8 (H8).

The COVID-19 pandemic had a negative influence on trust in sharing economy platforms.





Hypothesis 9 (H9).

The COVID-19 pandemic had a negative influence on the behavioral intention to use sharing economy platforms.





Based on the literature [81,85,86,90,98], we propose the research model presented in Figure 1, which shows how consumers’ experience, technology-seeking behavior, novelty-seeking behavior, perceived value, and trust in sharing economy platforms influences their behavioral intention to use tourism platforms during the COVID-19 pandemic.





3. Research Methodology


3.1. Research Design


The aim of the present research is to investigate behavioral intention to use sharing economy platforms in tourism, such as Airbnb, CouchSurfing, or House Trip, based on the perceived value of such platforms during the COVID-19 pandemic. Trust in sharing economy platforms, together with the perceived value of such platforms, is generated by the experience of users in accessing them, the extent to which users are oriented toward using the technology, and especially by the degree to which they seek to use the latest innovations and to benefit from the newest experiences. We propose a theoretical analysis model of the mediating impact of trust toward using sharing economy platforms in tourism, as well as the perceived value of generating behavioral intention toward such platforms. Based on the literature [4,63,80,83,84,85,89,94], we propose the research model presented in Figure 1, which considers generating behavioral intentions toward relying on sharing economy platforms during the COVID-19 pandemic.




3.2. Research Context


The COVID-19 pandemic shattered the worldwide economy and profoundly impacted the tourism sector. The recovery of the tourism sector will take time, although some experts speculate that the pandemic could end the sharing economy [102]. The nights spent in short-stay accommodation offered via online platforms decreased by 46.9% in 2020, followed by a strong recovery of 33.9% in 2021 [103]. Only Airbnb has generated a $250 million fund to mitigate the financial losses incurred by hosts due to booking cancellations [104]. The huge decrease was caused by travel restrictions and people’s fear of exposing themselves to health risks.



The 2020 COVID-19 pandemic pushed Romania into recession, with the economy contracting by 3.9% [105]. Even if ICT helped to create an environment of trust between users and service providers, lockdowns increased the cost of sharing goods and services. Transportation and accommodation are two sharing sectors profoundly affected by lockdown restrictions, with millions of workers losing their jobs [6]. Because Romania has an extensive, high-quality digital infrastructure with broad use of the Internet, the government should be capable of implementing appropriate and rapid recovery strategies [105,106].



The most used sharing economy platform in Romanian tourism is Airbnb. In May 2020, Airbnb announced that it would fire 1900 employees due to a dramatic 80% reduction in activity as a result of the COVID-19 pandemic. In 2021, Airbnb Romania was still under the cloud of uncertainty regarding its future development [104,106]. Tourism activity has recently started to increase again, so it is hoped that online platforms will help to relaunch the industry.



This research was carried out during the COVID-19 pandemic. Respondents were invited to complete an online questionnaire about their experiences during the COVID-19 pandemic with respect to how it had affected their access to sharing economy platforms at a time when many tourists were still reluctant to travel. Whereas the literature reveals that the COVID-19 pandemic has only been used as a general research framework [3,6,102], in this research, we developed a new construct regarding the influence of the COVID-19 pandemic on sharing economy platforms. This framework was used to measure the conceptual model. From this perspective, the research is even more original, offering a considerable contribution to the advancement of the literature.




3.3. Sampling and Data Collection


This research was based on an empirical investigation implemented through a quantitatively based survey and online interviews with users of sharing economy platforms, such as Airbnb, CouchSurfing, House Trip, etc., between January and April 2022. As it was not possible to determine the exact number of respondents because Romanian national statistics do not provide information on distribution by gender, age group, or domicile of people who use tourist services through sharing economy platforms, we employed a convenience sampling technique. We attempted to obtain information from travel agencies and distribute questionnaires to their clients, but the support received from such providers was limited. Therefore, the questionnaire was distributed online through Google Docs and on various social media platforms, specifically social media groups formed by declared users of sharing economy platforms in tourism. Through this approach, the aim was to obtain a diversity of answers, as the experience of social media users in these groups was and is vast, both before and during the COVID-19 pandemic.



Of the 548 respondents, 382 were women (69.7%), and 166 were men (30.3%); 141 (25.7%) reported their domicile to be located in a rural area, with 407 (74.3%) residing in urban areas. A total of 71 respondents (13.0%) were 19 years old or younger, 289 respondents (52.7%) were aged between 20 and 29 years, 99 respondents (18.1%) were aged between 30 and 39 years, and 89 respondents (16.3%) were older than 40 years old. A total of 50 respondents (10.8%) reported an average length of stay purchased through sharing economy platforms of one to two days, 236 respondents (43.1%) reported an average stay of between three and five days, 224 respondents (40.8%) reported an average stay of between six and ten days, and 29 respondents (5.3%) reported an average stay of more than ten days. The overwhelming majority of respondents declared that they resorted to bookings through such sharing economy platforms for tourism purposes (495 people, 90.3%), with the rest preferring to use these platforms for medical or business purposes. Sharing economy platforms were used mostly in conjunction with family and relatives by 291 people (53.1%), with friends by 199 people (36.3%), with colleagues by 20 people (3.6%), and alone by 38 people (6.9%). A total of 119 respondents (21.7%) had an average net monthly income of between EUR 401 and 600, 96 respondents (17.5%) reported an average net monthly income of between EUR 601 and 800, and 125 respondents (22.8%) reported an average net monthly income of more than EUR 1200. A total of 121 respondents (22.1%) declared that they had been using sharing economy platforms in tourism for about a year, 134 respondents (24.5%) for almost two years, 207 respondents (37.8%) between three and five years, and 86 respondents (15.6%) for more than five years. The most frequently used sharing economy platform was Airbnb (289 people or 52.7% of the sample), followed by Hotels.com by 170 respondents (31.0%), and Booking.com by 65 respondents (11.9%). Other sharing economy platforms preferred by respondents were Priceline (15 respondents), CouchSurfing (6 respondents), and Travelminit (3 respondents).





4. Results and Discussion


4.1. Evaluation of the Measurement Models


The conceptual model presented in Figure 1 was calculated in SmartPLS 3.0 with structural equations modeling (SEM). All reflective constructs were checked for validity and internal consistency; the item loadings, average variance extracted (AVE), reliability indicators, and discriminant validity are shown in Table 1. All item loadings are above the minimum recommended value of 0.70, which means that the investigated phenomenon was correctly measured, i.e., all items exhibited convergence validity [107]. The values of these item loadings vary between 0.798 and 0.959, which is well above the minimum requirement. Reliability was tested using Cronbach’s alpha, with the minimum value of 0.7 exceeded for all the considered constructs [108]. This situation indicates that the conceptual model shown in Figure 1 presents internal consistency. As shown in Table 2, all the extracted average variance values are above the minimum requirement threshold of 0.5, which means that the measurement model is suitable [109] and that all constructs have convergent validity. The composite reliability (CR) index, with a minimum threshold value of 0.7 according to the literature [107], confirms that all constructs of the proposed model are reliable.



The Fornell–Larcker criterion (Table 2) was used to test the discriminant validity of each construct. According to the Fornell–Larcker criterion [110], for each latent variable, the AVE value is higher than the correlation coefficient between the component and all the distinct variables.



The collinearity level of the items in the measurement model was also analyzed; we found that the variance inflation factor (VIF) value of all indicators are below the maximum level of 5 recommended in the literature [110]. The highest value is 4.695 (item BI3) for this sample, which confirms that there are no multicollinearity problems in the sample. Next, we resorted to a bootstrap procedure to test the nine hypotheses and the relationships between the latent constructs. Among these, eight hypotheses could be accepted, showing a strong and positive influence based on T statistics.




4.2. Evaluation of the Structural Models


We also assessed the collinearity of the constructs of the structural model was. In this regard, the highest variance inflation factor of the inner model is 2.248 (PT → BI). As this value is under the recommended threshold value 5 [110], it indicates that there is not any multicollinearity between constructs. The goodness of fit of the saturated model is more than acceptable, as the square root mean residual (SRMR) highlights a value of SRMR = 0.047, which is under the recommended threshold of <0.08 [110]. COVID-19 pandemic, platform trust, and perceived value explain 77.0% of the variance in behavioral intention (R2 = 0.770), whereas experience, technology seeking and perceived value explain 61.8% of the variance in platform trust (R2 = 0.618). Furthermore, 45.4% of the variance in perceived value (R2 = 0.454) is explained by technology seeking and novelty seeking, indicating a strong predictive power of the structural model (see Figure 2).



Table 3 indicates a positive significant influence between tourists’ experience in using sharing economy platforms and their trust in such platforms (β = 0.201; T-value = 4.264 and p < 0.001), which also confirms previous results [61,63,64]. Experience differs among consumer generations, depending on motivations, traits, lifestyle, personality, etc. [59,60]. Therefore, H1 is supported.



H2 assumes that the technology-seeking behavior of tourists exerts a positive influence on their trust toward sharing economy platforms. The results (β = 0.197; T-value = 4.542 and p < 0.001) highlight a meaningful relationship between these two constructs, a tendency which was also pinpointed by previous research [80]. The degree of acceptance of innovations can represent an antecedent of trust in sharing economy platforms [81]. Therefore, H2 is supported.



H3 presumes that respondents’ technology-seeking behavior has a positive impact on tourists’ perceived value with respect to the use of sharing economy platforms. The results (β = 0.407; T-value = 8.520 and p < 0.001) prove that this relationship is significant and positive, in line with literature reports [81]. The level of acceptance determines the relationship between information about a new technology and its perception [80], so H3 is accepted. H4 infers that the novelty-seeking behavior of respondents has a positive influence on tourists’ perceived value regarding the use of such sharing economy platforms. The obtained results (β = 0.389; T-value = 9.808 and p < 0.001) highlight the positive and significant influence of respondents’ novelty-seeking behavior on the perceived value of using such sharing economy platforms. Similar results were obtained by other researchers [84], with numerous Airbnb customers having also been motivated to use the service due to their desire to be up-to-date with the latest innovations [24]. Therefore, H4 is supported by the empirical data.



H5 asserts that tourists’ perceived value of sharing economy platforms exerts a positive influence on the trust in such platforms. The results (β = 0.498; T-value = 9.827 and p < 0.000) show a very strong and positive influence of the perceived value of sharing economy platforms on developing trust. Similar results have been previously highlighted [90]. The perceived value of the experience of using sharing economy platforms has a significant and direct impact on the intention to use such platforms, as well as on trust in them. Hence, H5 is accepted.



H6 assumes that the perceived value of online platforms positively influences the behavioral intention to use sharing economy platforms. H6 was also confirmed, as the results (β = 0.192; T-value = 4.931 and p < 0.000) show a strong and positive relationship between these constructs. The higher the perceived value, the more customers demand from online platforms [89].



H7 presumes that trust in sharing economy platforms exerts a positive influence on the behavioral intention to use such platforms. The results (β = 0.725; T-value = 18.435 and p < 0.001) prove that there is a very strong positive and significant relation between these constructs, allowing us to accept H7 and validating this hypothesis, similar to previous literature reports [94]. Trust plays a significant role in the adoption of individual decisions regarding the repeated use of sharing economy platforms [85,96].



H8 infers that the COVID-19 pandemic has had a negative influence on trust in sharing economy platforms, as pinpointed by the literature [4], as the sharing economy accommodation sector suffered during the pandemic. Renting a property through Airbnb or other platforms was almost impossible during the pandemic due to restrictions. The obtained results (β = −0.062; T-value = 2.008 and p = 0.045) show a weak negative and insignificant relationship between these constructs; thus, H8 is supported by the empirical data.



H9 asserts that the COVID-19 pandemic has had a negative influence on behavioral intention to use sharing economy platforms. Although at a lower intensity, the results (β = −0.016; T-value = 0.648 and p = 0.511) show that there is no relationship between the constructs; thus, H9 is rejected. The sharing economy became a precarious environment during the COVID-19 pandemic, which triggered numerous risks [90], representing an immense shock for governments, societies, and businesses. The pandemic has dramatically changed how work is carried out in organizations, as such entities had to follow regulations and health instructions and adapt to the challenges associated with the new situation [111]. Collaborative tourism suffered considerably due to job losses, salary cuts, booking cancellations, social distancing, restrictions, and the closure of sharing services due to fear of infection.



The research scope of the present study was to explore how the seven analyzed dimensions (experience, technology, novelty seeking, perceived value, intention, pandemic, and trust in platforms) impacted tourists’ attitudes and behaviors toward the services offered through sharing economy platforms by relying on new technologies during the COVID-19 pandemic in Romania. Of the nine hypotheses, eight were accepted with a positive and significant influence. The obtained results confirm, to a considerably extent, previous findings reported in the international literature from studies carried out in other emerging markets [21,36,82], such as Romania, as well as in more developed markets [85,97].



An important factor leading to the increase in consumer confidence in sharing economy platforms [112,113,114,115,116] is individuals’ inclination toward technological innovations. The direct link between these factors previously highlighted [80], with researchers emphasizing the importance of the acceptance of technical innovations by society in any field, as the rate of innovation adoption is deeply influenced by the social system in which an innovation diffuses. We propose that governments should intervene in ways that exert an impact on the social environment, pinpointing the role of the public in supporting the process of technological development, which eases the acceptance of innovation technology by society. Therefore, there is a direct relationship between consumer confidence and technological innovations [115,117,118,119], which was further confirmed by the current research. Furthermore, technology seeking positively influences both perceived value and trust, which is why managers must be concerned with designing simple and attractive interfaces through which relevant details regarding the latest aspects of the respective platform can be immediately communicated.



A comparison of earlier, later, and non-adopters of Airbnb according to a variety of patterns, behaviors, and characteristics highlighted that in the past decade, Airbnb has attracted millions of new customers [84]. Diffusion theory suggests that over time, different types of customers adopt innovations and become interested in novelty seeking. Adopting the innovation diffusion theory (IDT) Wang and Jeong [81] examined Airbnb customers’ psychological behavior toward the Airbnb experience via a self-administered online survey. The results indicate that personal innovativeness represents a significant antecedent of perceived ease of use, usefulness, and trust. Their results are in line with the current findings, indicating that novelty-seeking behavior and the perceived value of using sharing economy platforms have a significant and positive relationship [84,120].



We claim that tourists’ perceived value of sharing economy platforms exerts a positive influence on the trust in such platforms, also positively impacting behavioral intention to use sharing economy platforms. This conclusion is concordant with the literature [89,90], which indicates that there is a positive relationship between tourists’ perceived value and trust in platforms, as well as the behavioral intention to use sharing economy platforms.





5. Conclusions


From a theoretical perspective, in the present study, we analyzed the factors that persuade Romanian consumers to adopt technological innovations and sharing economy platforms in contemporary society in the context of the COVID-19 pandemic. The original contribution of the paper consists of extending studies focusing on innovation diffusion theory and the technology acceptance model, highlighting the extent to which, in an emerging market, tourists’ experience, search for authenticity and novelty, level of trust in sharing economy platforms, perceived value, and pandemic fear compete in generating trust toward these platforms and, implicitly, in using and relying on them. In contrast to previous research, this study also pinpoints the impact of pandemic fear on generating trust in sharing economy platforms, assuring a new theoretical added value in the literature.



The pandemic impacted all areas of the global economy, including the tourism industry. Romanian sharing economy platforms experienced a dramatic decline in 2020, amid rapid digitization and increase in Internet connectivity. Repeated lockdowns and long-lasting restrictions have extensively influenced sharing economy platforms. Airbnb, Hotels.com, Booking.com, Priceline, CouchSurfing, Travelminit, etc., had to realign their businesses to remain in the market, reconsolidating their position and redefining their market development strategies.



One of the oldest social theories is the diffusion of innovation theory, which suggests that a person (in our case, a potential tourist or a potential sharing platform customer) purchases or uses a new product (or service) in a novel way, which generates not only the adoption of the new idea, behavior, or innovation but also acceptance of a technology. Understanding of the diffusion theory helps people to adapt rapidly to programs, platforms, and new technologies, which may change not only the consumers’ attitudes but also the behavior of an entire social system. This is only one of the reasons why we chose to implement this theoretical model in the field of platform tourism in Romania.



Another reason is that collaborative platforms, compared to classic tourist reservations, ensure that Romanian customers have access to a more varied and rapid offering, just a click away. Therefore, sharing platforms must theoretically contribute to the rapid dissemination of online information regarding tourist services, especially because Romania is a country with widespread access to digital resources. Moreover, these platforms must generate not only trust among customers but also the desire to adapt to new innovative ways of contracting tourist services. The public will successfully adopt innovation and accept new technologies when it understands the advantages of sharing platforms, as well as the ease of accessing them. Once innovations are adopted and new technologies are accessed, people will form a permanent attitude and intentions with respect to the adoption of new technologies. In this way, it will be possible to extend the preference of Romanian customers to other tourist platforms, not only to Airbnb. The diffusion of innovation theory (which, in our case, proposes rapid adoption of an innovation applicable to the sharing economy) is reflected in the results of our research, which show that Romanian sharing platform consumers are open to the direction of innovation and technology and are capable of quickly adapting to the latest technology, even during health crises with economic and travel restrictions.



The testing of hypotheses derived from the specialized literature confirmed the relationships between the constructs previously highlighted in the literature, with pandemic fear exerting only a moderate influence on the generation of trust in sharing economy platforms. Therefore, Romanian tourists were not heavily influenced by COVID-19 pandemic risks and still sought accommodation through sharing economy platforms, seeking out unique, authentic experiences after restrictions were lifted. The experience of sharing economy platforms influences trust in them. People’s inclinations toward new, unique technologies and their adoption thereof have a favorable impact on trust in such platforms. Widespread adoption of technological innovations by consumers and the perceived value of online platforms favorably influence consumption behavior associated with these services.



From a managerial perspective, this paper highlights the determining role of some essential factors that can positively influence consumers’ behavior. The authenticity of a platform and destinations and individuals’ desire seek novelty and to experiment with new technologies are essential factors associated with generating trust in these platforms. Thus, the managers of these sharing economy platforms must consider their construction so that they are able to generate a unique, interesting, and authentic experience based on the latest tools and technologies. Owners of sharing economy platforms can benefit from promotional and market-testing opportunities, making consumers willing to reuse them based on their individual characteristics, thus contributing to the increase in consumers’ social welfare. The sharing economy has also generated changes in the tourism sector thanks to the progress of ICT. Thus, managers must constantly adapt to novelties that appear in the field of innovation technology.



The ways in which sharing companies seek to adapt to the changes caused by the pandemic differ depending on the organization. Therefore, it is up to collaborative platform managers to streamline this area in company strategies, with measures to improve tourists’ trust in collaborative platforms. This change is made possible by offering consumers online space to present their experience of a platform, raising consumer awareness regarding the use of collaborative platforms, and facilitating users’ access to such platforms. The COVID-19 restrictions have the power to force sharing economy platforms to improve their services, not only by recovering lost profits but also by becoming more customer-oriented. In this way, many companies will have the opportunity to rapidly recover after lockdowns.



From a policy maker’s perspective, governments should work together with managers of sharing economy platforms to relaunch this sector after the pandemic. A lack of regulations and excessive bureaucracy can be highlighted. If governments and platform providers cooperate, they may foster the safety of users and sharing businesses by regulating future development. Furthermore, governments should invest more in the sector, using rapid digitization to create new jobs. In this vein, governments will be capable of sustaining and enhancing sharing economy platforms, which may, in the long run, represent a new opportunity triggered by the pandemic.



Among the limitations of this research is the fact that it focuses only on social media users. Future studies could, for example, be more geographically representative, considering developmental regions, age groups, or generations of consumers, as well as respondents’ backgrounds, e.g., urban versus rural or large, medium, and small cities. With this research, we did not aim to delimit the respondents according to the purpose of their trip, i.e., business or tourism/pleasure. Future research should consider such comparisons, as sharing economy platforms can often be used for both personal and business purposes. To more clearly highlight the trends regarding the use of sharing economy platforms, such research should be carried out periodically. Furthermore, future research could make the connection between consumers’ travel motivations, the use of sharing economy platforms, and tourists’ preference for social media and online versus offline information. Airbnb represents a growing trend, increasingly becoming a viable, interesting, and popular alternative to classic accommodation in hotels and guesthouses.
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Figure 1. Behavioral intention to use/rely on sharing economy platforms during the COVID-19 pandemic. Source: authors’ own development. 
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Figure 2. Structural model. Source: own calculations in SmartPLS. 
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Table 1. Constructs and items.






Table 1. Constructs and items.





	
Item

	
Measure

	
Loading

	
Cronbach’s Alpha

	
AVE

	
CR






	
Experience (EX) (adapted from [61,62,63,89]).




	
EX1

	
...offers an authentic local experience.

	
0.859

	
0.937

	
0.725

	
0.949




	
EX2

	
...offers a unique experience.

	
0.881




	
EX3

	
...offers a different experience.

	
0.877




	
EX4

	
...offers a memorable experience.

	
0.896




	
EX5

	
...offers a pleasant accommodation experience.

	
0.830




	
EX6

	
...offers the possibility to accommodate in a dynamic, different, non-standardized environment.

	
0.817




	
EX7

	
...offers a good accommodation based on local cultural activities.

	
0.798




	
Technology Seeking (TS) (adapted from [31,80,81]).




	
TS1

	
I like using the technology-based devices (smart phone, tablet, laptop, smartwatch, etc.).

	
0.885

	
0.852

	
0.771

	
0.910




	
TS2

	
I usually use products and/or services based on technology without other people’s help.

	
0.890




	
TS3

	
I am well-informed concerning the most recent technological evolutions in my fields of interest.

	
0.860




	
Novelty Seeking (NS) (adapted from [81,84,86]).




	
NS1

	
...it’s something new to me.

	
0.839

	
0.834

	
0.746

	
0.898




	
NS2

	
...it offers an unusual memory/experience to me.

	
0.877




	
NS3

	
...it attracts me by offering completely new experiences as compared to classical accommodation (via tourist agency, reservation site, hotel page, etc.).

	
0.876




	
Perceived Value (PV) (adapted from [85,89,90]).




	
PV1

	
Accommodation through the collaborative platform.... provides added value for the money paid.

	
0.867

	
0.923

	
0.813

	
0.946




	
PV2

	
...provides the expected quality.

	
0.903




	
PV3

	
...offers a good image to guests.

	
0.912




	
PV4

	
...offers a good overall accommodation experience.

	
0.924




	
Platform Trust (PT) (adapted from [92,94,97]).




	
PT1

	
The platform follows its promises and engagements.

	
0.927

	
0.939

	
0.771

	
0.910




	
PT2

	
Interaction with the booking platform serves my interests.

	
0.924




	
PT3

	
The platform always keeps its promises and assumed commitments.

	
0.925




	
PT4

	
I find the platform to be user-friendly.

	
0.902




	
Behavioral Intention (BI) (adapted from [85,97]).




	
BI1

	
I will be using this platform more often in the future.

	
0.921

	
0.932

	
0.881

	
0.957




	
BI2

	
I can always positively introduce the accommodation platform to my friends and/or acquaintances.

	
0.946




	
BI3

	
I would recommend the platform for making accommodation reservations to others.

	
0.949




	
COVID-19 Pandemic (COV) (adapted from [99]).




	
COV1

	
I feel nervous when thinking about planning a trip during the COVID-19 pandemic.

	
0.938

	
0.922

	
0.861

	
0.949




	
COV2

	
I am afraid to travel during the COVID-19 pandemic.

	
0.959




	
COV3

	
I believe I could get infected with the pandemic virus if I traveled now.

	
0.886








Note: own development based on the literature. Calculations made in SmartPLS.
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Table 2. Discriminant validity analyses (Fornell–Larcker).






Table 2. Discriminant validity analyses (Fornell–Larcker).





	
Fornell–Larcker




	
Construct

	
BI

	
COV

	
EX

	
NS

	
PV

	
PT

	
TS






	
BI

	
0.939

	

	

	

	

	

	




	
COV

	
−0.060

	
0.928

	

	

	

	

	




	
EX

	
0.633

	
−0.011

	
0.852

	

	

	

	




	
NS

	
0.544

	
0.036

	
0.820

	
0.864

	

	

	




	
PV

	
0.730

	
0.010

	
0.651

	
0.564

	
0.902

	

	




	
PT

	
0.868

	
−0.063

	
0.633

	
0.553

	
0.742

	
0.920

	




	
TS

	
0.597

	
−0.021

	
0.541

	
0.430

	
0.575

	
0.593

	
0.878








Note: Values in bold text represent the square root of the average variance explained. The diagonal values represent the partwise correlations between constructs. BI: behavioral intention; COV: COVID-19 pandemic; EX: experience; NS: novelty seeking; PV: perceived value; PT: perceived trust; TS: technology seeking. Source: own calculations in SmartPLS.
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Table 3. Path coefficients of the structural equations model.
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	Path
	Path Coefficient
	Standard

Deviation
	T-Value
	CI 1
	p-Value
	Hypothesis





	EX → PT
	0.201
	0.048
	4.264
	0.109–0.291
	0.000 ***
	H1 (Supported)



	TS → PT
	0.197
	0.042
	4.542
	0.121–0.470
	0.000 ***
	H2 (Supported)



	TS → PV
	0.407
	0.046
	8.520
	0.320–0.498
	0.000 ***
	H3 (Supported)



	NS → PV
	0.389
	0.040
	9.808
	0.304–0.460
	0.000 ***
	H4 (Supported)



	PV → PT
	0.498
	0.047
	9.827
	0.396–0.583
	0.000 ***
	H5 (Supported)



	PV → BI
	0.192
	0.037
	4.931
	0.119–0.265
	0.000 ***
	H6 (Supported)



	PT → BI
	0.725
	0.038
	18.435
	0.652–0.796
	0.000 ***
	H7 (Supported)



	COV → PT
	−0.062
	0.033
	2.008
	−0.122–0.015
	0.045 **
	H8 (Supported)



	COV → BI
	−0.016
	0.024
	0.658
	−0.068–0.038
	0.511 n.s.
	H9 (Rejected)







Note: ** p < 0.01; *** p < 0.001; n.s.: not significant; BI: behavioral intention; COV: COVID-19 pandemic; EX: experience; NS: novelty seeking; PV: perceived value; PT: perceived trust; TS: technology seeking. 1 CI = confidence interval (2.5–97.5%). Source: own calculations in SmartPLS.
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