
electronics

Article

An Industrial Quadrotor UAV Control Method Based on Fuzzy
Adaptive Linear Active Disturbance Rejection Control

Changhao Sun 1,2 , Mengqi Liu 2,3, Chang’an Liu 1,2,4, Xueling Feng 1,2 and Hua Wu 1,2,*

����������
�������

Citation: Sun, C.; Liu, M.; Liu, C.;

Feng, X.; Wu, H. An Industrial

Quadrotor UAV Control Method

Based on Fuzzy Adaptive Linear

Active Disturbance Rejection Control.

Electronics 2021, 10, 376. https://

doi.org/10.3390/electronics10040376

Academic Editor: Sudip Chakraborty,

Robertas Damaševičius and
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Abstract: In this paper, a fuzzy adaptive linear active disturbance rejection control (Fuzzy-LADRC)
is proposed for strong coupling and nonlinear quadrotor unmanned aerial vehicle (UAV). At present,
UAV conveys new opportunities in the industry, such as power line inspection, petroleum conduit
patrolling, and defects detection for the wind turbine, because of its advantages in flexibility, high
efficiency, and economy. Usually, the scene of the UAV mission has a high risk, and there are internal
sensor noise and unknown external disturbance. Thus, the attitude stability and anti-interference
ability of UAV are especially essential. To solve the strong coupling problem of UAV, the dynamics
model of UAV is established via the Newton-Euler method, and the coupling part of dynamics is
modeled as an internal disturbance. According to the function of linear active disturbance rejection
control (LADRC) parameters, a Fuzzy-LADRC is proposed to improve the dynamic performance of
the system. The proposed control method makes full use of the adaptive ability of the fuzzy controller
and the anti-interference ability of LADRC to the nonlinear and strong coupling systems. As we
know, this is the first time that Fuzzy-LADRC has been used in UAV control. In the simulation, the
performance indicators of four controllers, including Fuzzy-LADRC, LADRC, PID, and Fuzzy-PID
are compared and analyzed. The results indicate that the average response speed of Fuzzy-LADRC is
12.65% faster than LADRC, and it is 29.25% faster than PID. The average overshoot of Fuzzy-LADRC
is 17% less than LADRC and 77.75% less than PID. The proposed control method can significantly
improve the response speed and anti-interference ability of UAV.

Keywords: linear active disturbance rejection control; fuzzy adaptive control; unmanned aerial
vehicle; anti-interference; system dynamics model; modeling and simulation

1. Introduction

In industry, unmanned aerial vehicles (UAVs) can do a lot of difficult work for people,
such as power line inspection, petroleum conduit patrolling, and photovoltaic power
station inspection, etc. [1–5]. Compared with the wheeled robot and fixed-wing aircraft,
the quadrotor UAV has characteristics of flexibility and rapid reaction capability. Moreover,
it can hover and work in a narrow space. In most cases of inspection, UAV is near the target
equipment or even flies between equipment [6,7]. When UAV patrols the generator at high
altitudes and transmission lines in the mountain area, it is easy to be affected by wind and
magnetic field [8]. During substation and tunnel inspection, UAV is susceptible to GPS,
propeller air current, ground effect [9,10], and ceiling effect [11–13]. Meanwhile, UAV is also
affected by sensor noise and payload disturbance. The quadrotor UAV has six degrees of
freedom but only four inputs, so it has under-actuated and strong coupling characteristics
[14]. These lead to high requirements of reliable attitude control and anti-interference
capability.
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At present, most UAV controllers are realized by cascade PID control: The outer loop
PID realizes position control by controlling the angle; the inner loop PID controls the
attitude by controlling the angular velocity [15,16]. Although PID control is not dependent
on models and easy to be realized, its anti-interference ability and robustness are not strong.
In Reference [17], an auto-tuning adaptive PID controller is proposed for position and
attitude control of quadrotor UAV. The problem of manually adjusting gains is overcome by
using sliding mode control as the adaptive method. In Reference [18], the adaptive neuronal
technique and the extended Kalman filter (EKF) have been applied for adjusting the PID
gains to reduce the control error and improve the response speed. These controllers based
on PID still have many problems, such as sensitivity to disturbance, unreasonable error
calculation, concussion, and control saturation. In addition, there are many other famous
controllers, including Backing-stepping algorithm [19], H∞ control [20], linear quadratic
regulator (LQR) [21], and neural network control [22]. However, adaptive control and LQR
must depend on the dynamics model, and neural network control is time-consuming. For
a nonlinear system, these control methods are not optimal in performance and efficiency, at
the same time, the internal and external disturbances of UAV are not fully considered.

Different from the feedback control based on PID, there are also many feedforward
control methods to eliminate disturbance. Since the accuracy of model parameters are not
very accurate in robot modeling, and there are many internal disturbances. A Dynamic Tube
Model Predictive Control (DTMPC) framework is proposed [23]. By using boundary layer
sliding control and state-dependent uncertainty, the controller has excellent robustness
and solves the problem of the high computational complexity of Robust Model Predictive
Control (RMPC). In Reference [24], a decentralized model predictive control (DMPC)
is proposed, which uses feedforward control for large and infrequent disturbances and
feedback control for small and frequent disturbances. Different from the traditional DMPC,
this method uses event-triggered feedforward control to reduce the cost of communication
and planning between vehicles. At the same time, the conservation of the controller is
reduced by the combination of feedforward and feedback control. At present, the models
of many control schemes based on MPC are too complex to be applied in industry. It is
difficult to accurately measure the formal diversity of the dynamic characteristics of the
object, and feedforward control is easy to cause overcompensation or under-compensation.
At the same time, there are multiple disturbances in the controlled object. If all feedforward
controllers are set, the cost will be increased. In order to solve this problem, several
simplified methods are proposed in Reference [25].

Fuzzy adaptive control is considered as a control scheme to improve the robustness
and adaptability of the system. The main idea of fuzzy adaptive control is to dynamically
adjust the parameters of the controller according to the output of the system, so that
the controller can track the input signal faster. So far, fuzzy adaptive control has been
widely used in the industry. In Reference [26], a fuzzy PID controller is proposed for
attitude control of UAV, the controller parameters are adjusted via fuzzy inference rules,
and the UAV obtains better dynamics and stable performance. However, the fuzzy PID
controller has a poor ability to compensate disturbance. In Reference [27], to improve the
stability of UAV landing on the runway, a backstepping fuzzy sliding mode control method
is proposed. The fuzzy sliding controller is established to improve the performance of
electromechanical actuator, and the ability of UAVs to adapt to runways has been improved.
In Reference [28], to improve the nonlinearity, strong coupling, and uncertainty of UAVs, a
fuzzy sliding mode longitudinal attitude decoupling controller is designed. This method
improves the anti-interference ability of the system and also has a better adaptive ability.
Although the fuzzy controller improves the robustness and response speed, the anti-
interference ability of the system has not been improved obviously.

Based on nonlinear PID control, Han Jingqing proposes the active disturbance rejec-
tion controller (ADRC) [29], and the anti-interference ability of the nonlinear system is
greatly improved [30,31]. Unlike the MPC, ADRC is not model-based. In Reference [32], in
order to ensure that the quadrotor track the target quickly while maintaining stability, a
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double closed-loop ADRC is proposed by using virtual control variables to decouple the
quadrotor flight system. In Reference [33], an original approach is presented to design a
complete digital attitude control unit for a quadrotor UAV, and the development is finished
within the framework of ADRC and Embedded Model Control (EMC). In Reference [34],
considering uncertain parameter and external disturbances, dynamic surface ADRC strat-
egy is demonstrated, in which its dynamic controller can simplify the control law of the
whole system. In Reference [35], a control system of UAV longitudinal pitch angle based
on nonlinear ADRC is proposed to solve the problem that the trajectory tracking control
of UAV is too dependent on mathematical model and measurement accuracy. ADRC can
solve the contradiction between rapid response and overshoot. However, the parameter
adjustment process of ADRC is very complex and difficult due to its too many parameters.
Under this situation, LADRC is proposed, which uses linear gains taking the place of the
nonlinear ones in Extended State Observer (ESO) [36], and has been widely used [37,38].
In Reference [39], based on a novel proportional-integral extended state observer (PI-ESO),
a novel UAV three-dimensional broken-line path following control system is proposed,
and it is divided into four LADRC loops to reduce wind disturbance. In Reference [40], the
designed LADRC system can more quickly estimate and eliminate the total disturbance on
the attitude by improving the algorithm of ESO and constructing a Linear Extended State
Observer (LESO).

In this paper, the research background is to improve the controller performance of
industrial quadrotor UAV. To our knowledge, this is the first time that fuzzy adaptive
control and LADRC have been combined and applied to UAV attitude and position control,
and obtained good effect. Firstly, the dynamics model of quadrotor UAV is established, and
the strong coupling relationships in quadrotor UAV are modeled as an internal disturbance
to decrease the complexity of the model. Next, the principle of LADRC is analyzed, and
the parameters of LADRC are setting based on the particle swarm optimization (PSO)
algorithm. To further improve the performance and anti-interference ability of the LADRC,
according to the function of three parameters of the controller, fuzzy inference rules are
designed, respectively. Finally, the control models of Fuzzy-LADRC, LADRC, PID, and
Fuzzy-PID are built in MATLAB/Simulink. By comparing the performance parameters
of these four controllers, it is proven that Fuzzy-LADRC has stronger dynamic response
ability and robustness.

2. Dynamics Model of Quadrotor UAV

In this section, the dynamics model of the quadrotor UAV is constructed by the
Newton-Euler method. The coordinate frames of the quadrotor UAV are defined as shown
in Figure 1, where ΣB and ΣE denote the body coordinate frame and ground coordinate
frame. The position of quadrotor with respect to ΣE is denoted by pe = [x, y, z]T, and the
attitude of quadrotor is denoted by the Euler angles Φe = [φ, θ, ψ]T, in which φ, θ, and ψ,
respectively, denote roll, pitch, and yaw angle. Rb denotes the rotation matrix form ΣB to
ΣE, which can be denoted as:

Rb =

cos ψ cos θ sin ψ cos φ + cos ψ sin θ sin φ sin ψ sin θ + cos ψ sin θ cos φ
sin ψ cos θ cos ψ cos φ + sin ψ sin θ sin φ cos ψ sin θ + sin ψ sin θ cos φ

sin θ cos θ sin φ cos θ cos φ

. (1)



Electronics 2021, 10, 376 4 of 21

Figure 1. Structure and coordinate system of quadrotor unmanned aerial vehicle (UAV).

2.1. Thrust and Torque

Thrust and torque are two forces acting on the UAV, the thrust produces acceleration
in three directions, and the torque produces rotation. The thrust produced by a single
motor is proportional to the square of the motor speed, which can be defined as:

BFi = cTΩ2
i , (2)

where BFi(i = 1, 2, 3, 4) is the thrust of single rotor, and cT is the thrust coefficient,
Ωi(i = 1, 2, 3, 4) is the speed of single motor. The total thrust BFR generated by four motors
is presented as:

BFR =
4

∑
i=1

BFi = cT

4

∑
i=1

Ω2
i . (3)

B MR is the total torque of quadrotor UAV, and it can be described with the following
equations:

B MR =

B Mx
B My
B Mz

 =

 lcT(Ω2
4 −Ω2

2)
lcT(Ω2

3 −Ω2
1)

cM(−Ω2
1 + Ω2

2 −Ω2
3 + Ω2

4)

, (4)

where B Mx, B My, and B Mz are the driving torques generated by the quadrotor UAV along
the x-axis, z-axis, and z-axis with respect to B. cM is drag coefficient. l is the distance from
the center of the motor to the origin of the body coordinate system. For convenience of
control, we use independent control quantity Ui(i = 1, 2, 3, 4), and it can be denoted as:

U1
U2
U3
U4

 =


BF1 +

BF2 +
BF3 +

BF4
BF4 − BF2
BF3 − BF1

BF2 +
BF4 − BF3 − BF1

 =


cT ∑4

i=1 Ω2
i

cT(Ω2
4 −Ω2

2)
cT(Ω2

3 −Ω2
1)

cM(Ω2
2 + Ω2

4 −Ω2
3 −Ω2

1)

, (5)

where U1 is z-axis speed control input. U2 is roll-axis control input. U3 is pitch-axis control
input. U4 is yaw-axis control input.

There is also a kind of torque that produces by the gyroscopic effect which can be
expressed as:

B Mgyro = IR
−→ez × BωΩτ , (6)

where −→ez = [0, 0, 1]T, Bω = [ωx, ωy, ωz]T, Ωτ = −Ω1 −Ω2 + Ω3 + Ω4, and IR is the total
torque of inertia of rotors and motors.
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Thus, the total torque can be writtened as:

B M = B MR − B Mgyro −Ma, (7)

where Ma = [Max, May, Maz]T is the air resistance torque, and it can be expressed as:

Ma = κw, (8)

where κ = [κx, κy, κz]T denotes the air resistance coefficient, and w = [
·
φ,
·
θ,
·
ψ]T.

2.2. UAV Dynamic Model

Applying the Newton-Euler method, the quadrotor UAV dynamic model can be
described with the following equations:

ẍ =
(sin θ cos φ cos ψ + sin θ sin ψ)U1 − κx

.
x

m

ÿ =
(sin θ cos φ cos ψ− sin θ sin ψ)U1 − κy

.
y

m

z̈ =
(cos φ cos θ)U1 − κz

.
z

m
− g

φ̈ = θ̇ψ̇
Iy − Iz

Ix
+

lcTU2

Ix
− κxφ̇

Ix
− IR

Ix
θ̇(−Ω1 −Ω2 + Ω3 + Ω4)

θ̈ = φ̇ψ̇
Iz − Ix

Iy
+

lcTU3

Iy
−

κy θ̇

Iy
− IR

Iy
φ̇(−Ω1 −Ω2 + Ω3 + Ω4)

ψ̈ = φ̇θ̇
Ix − Iy

Iz
+

lcTU4

Iz
− κzψ̇

Iz

, (9)

where m is the total mass of quadrotor UAV.
Because of the strong coupling in UAV, it is very difficult to design a model-based

controller. Thus, we classify strong coupling relations as internal disturbances χi(i = 1, 2, 3),
and the attitude dynamics can be written as:

φ̈ =
lcTU2

Ix
− κxφ̇

Ix
+ χ1

θ̈ =
lcTU3

Iy
−

κy θ̇

Iy
+ χ2

ψ̈ =
lcTU4

Iz
− κzψ̇

Iz
+ χ3

, (10)

where: 

χ1 =
IR
Ix

θ̇(−Ω1 −Ω2 + Ω3 + Ω4)− θ̇ψ̇
Iy − Iz

Ix

χ2 =
IR
Iy

φ̇(−Ω1 −Ω2 + Ω3 + Ω4)− φ̇ψ̇
Iz − Ix

Iy

χ3 = φ̇θ̇
Iy − Ix

Iz

. (11)

The unknown disturbance mainly comes from the change of airflow, such as wind. In
this paper, it is assumed that the total disturbance is bounded and will not lead to control
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saturation. The disturbance of wind is expressed as ζ i(i = 1, 2, 3, 4, 5, 6). The dynamic
model with disturbance can be expressed as:

ẍ =
(sin θ cos φ cos ψ + sin θ sin ψ)U1 − κx

.
x

m
+ ζ1

ÿ =
(sin θ cos φ cos ψ− sin θ sin ψ)U1 − κy

.
y

m
+ ζ2

z̈ =
(cos φ cos θ)U1 − κz

.
z

m
− g + ζ3

φ̈ =
lcTU2

Ix
− κxφ̇

Ix
+ χ1 + ζ4

θ̈ =
lcTU3

Iy
−

κy θ̇

Iy
+ χ2 + ζ5

ψ̈ =
lcTU4

Iz
− κzψ̇

Iz
+ χ3 + ζ6

. (12)

In addition to the effect of wind, there are also ground effect and ceiling effect in the
external airflow disturbance. The ground effect exists in the process of UAV landing, which
will produce a kind of resistance to UAV landing [41]. This paper focuses on the flight
process of UAV, so the ceiling effect is worth considering. We assume that the ceiling effect
occurs only in the z-axis direction [11].

As shown in Figure 2, d is the distance from the propeller plane to the ceiling. P+ and
P− are the pressures at the upper and lower parts of the propeller plane, respectively. The
lift change generated by the ceiling effect fceiling of a single propeller can be expressed as

fceiling = P0απR2 −
∫ √αR

r=0
P(r)2πrdr, (13)

where P0 is standard atmosphere. R is the radius of a rotor. α is an efficient ratio (0 < α < 1).
P(r) is the function of pressure and radial position r. At this time, the lift of UAV can be
expressed as:

BFi = cTΩ2
i + fceiling. (14)

Define Fz is the component of the force on the z-axis of the aircraft. Since the ceiling
effect is assumed to affect only the z-axis, the dynamics of the z-axis can be written as

z̈ =
Fz − κz ż−mg + 4 fceiling

m
=

(cos φ cos θ)U1 − κz
.
z + 4 fceiling

m
− g + ζ3. (15)

Because the control scheme in this paper is not based on the model, the lift change
caused by fceiling will be estimated and compensated by the state observer as a distur-
bance term.

Figure 2. Influence of ceiling effect on quadrotor UAV.

According to the dynamics model, the form of the transfer function for X-channel
is the same as the form for Y-channel, while Roll-channel and Pitch-channel have the
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same form of the transfer function. According to the relevant data of quadrotor UAV, the
parameters of quadrotor UAV is shown in Table 1.

Table 1. The parameters of quadrotor UAV.

Parameter Unit Value

m kg 1.5
l m 0.4

cT Ns2 3.23× 10−5

cM Nms2 8.1× 10−7

Ix Kgm2 2.372× 10−3

Iy Kgm2 2.372× 10−3

Iz Kgm2 6.136× 10−2

Through the Laplacian transform, the transfer functions in quadrotor UAV are as follows:
(1) X-channel:

Gx(s) =
Kxs + ax

s(bxs + cx)
e−τxS =

−130s + 344
57.95s2 + 3413s

e−0.01S; (16)

(2) Z-channel:

Gz(s) =
Kzs + az

s(bzs + cz)(dz + 1)
e−τzS =

−173s + 634.5
54s3 + 344s2 + 1326s + 264

e−0.01S; (17)

(3) Roll-channel:

Gφ(s) =
Kφs + aφ

(bφs + cφ)(dφs + 1)
e−τφS =

34s + 3520
4s2 + 119s + 953

e−0.01S; (18)

(4) Yaw-channel:

Gψ(s) =
Kψ

s(s + aψ)
e−τψS =

98
s2 + 314s

e−0.01S. (19)

3. Design of Fuzzy-LADRC

3.1. Control Scheme of Quadrotor UAV

To test the UAV’s abilities of stability in control and anti-interference, we design a
complete UAV control system based on the dynamics model. The quadrotor UAV uses
four motors as power. By adjusting the speed of four motors, the force state of the UAV
changes, which causes the change of the attitude and position. The position and attitude
control system of the UAV is shown in Figure 3. This control system has two loops. The
inner loop is attitude control, and the outer loop is position control.

Figure 3. The control of UAV is a cascade feedback control system. The outer loop is position control,
and the inner loop is attitude control.
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3.2. The Principle of LADRC

LADRC is a linearization simplification of ADRC through deleting tracking differen-
tiator (TD) and consists of linear extended state observer (LESO), linear state error feedback
(LSEF), and error compensation control rate [36] with characteristics of high precision, fast
response, and strong anti-interference ability [16]. LADRC regards internal disturbance and
external unobserved disturbance as total disturbance of the system. The total disturbance
can be observed by LESO, while compensating via the rate of linear control.

We choose a second order system as follows:

ÿ = aẏ + cy + bu + ζ, (20)

where a, b, c are system coefficients, ζ is unknown disturbance, and u is input of the system.
By taking several items as total disturbance except the input, we have{

ÿ = bu + Γ

Γ = aẏ + cy + ζ
, (21)

where Γ is total disturbance. Let Γ̂ be the LESO observed value of Γ. The control rate is

u =
u0 − Γ̂

b
. (22)

If observed value of state observer is close to real disturbance value, then it can be
described as

ÿ = u0. (23)

LADRC replaces PD controller by nonlinear states error feedback control laws (NLSEF),
so we have

ÿ = kp(r− z1) + kd(ṙ− ż1) + r̈, (24)

where z1 and ż1 are the observed values of y and ẏ, and r is reference signal. kp and kd can
be given as

kp = ω2
c , kd = 2ωc, (25)

where ωc is the configured pole of the controller.
Assume the initial states of system are zeros and the Laplace form of (17) is

s2Y(s) =kp(R(s)−Y(s)) + kds(R(s)−Y(s)) + s2R(s). (26)

Equation (19) can be rewritten as:

(s2 + kds + kp)Y(s) = (s2 + kds + kp)R(s). (27)

That is:
Y(s) = R(s). (28)

In summary, LADRC can eliminate interference and track the input signal.

3.3. Design of Fuzzy-LADRC

The quadrotor UAV has six channels: X-channel; Y-channel; Z-channel; Roll-channel;
Pitch-channel; Yaw-channel. Taking Roll-channel as an example, the Fuzzy-LADRC con-
troller of the Roll-channel is introduced in detail, and other channels are constructed in the
same way.

3.3.1. The Structure of Fuzzy-LADRC

Fuzzy-LADRC is mainly composed of linear state error feedback (LSEF), fuzzy adap-
tive linear extended state observer (FLESO), and error compensation control (ECC). Among
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them, FLESO is the core module of Fuzzy-LADRC, in which its function is to observe and
estimate disturbance. The structure of Fuzzy-LADRC is shown in Figure 4.

Figure 4. The structure and components of fuzzy adaptive linear active disturbance rejection control
(Fuzzy-LADRC).

3.3.2. Design of Fuzzy Adaptive Controller

The input and output of fuzzy control are expressed as seven language values: nega-
tive big (NB); negative middle (NS); negative small (NS); zero (ZO); positive small (PS);
positive middle (PM); positive big (PB). The parameters of Fuzzy-LADRC are ωc, ω0, and
b0. ω0 and b0. ωc is the bandwidth of controller, ω0 is the bandwidth of the observer, and b0
is the compensation factor. When ωc increases or b0 decreases, the control ability enhances,
and the system has a faster response, however, overshoot and oscillation will occur. With
the increase of b0, LESO has a stronger ability to control the error, and the system responds
faster, but the ability to observe noise also increases which leads to system shock. Firstly,
the initialization parameters are set by experience, and then the PSO algorithm is used to
get the optimal parameters. According to characteristics of these parameters, the fuzzy
rules of b0, ω0, and ωc are shown in Tables 2–4.

Table 2. Fuzzy rules for b0.

b0
ec

NB NM NS ZO PS PM PB

e

NB NB NB NM NM NS ZO ZO
NM NB NB NM NM NS ZO ZO
NS NM NM NS NS ZO ZO PS
ZO NM NS NS ZO PS PS PM
PS NS NS ZO PS PM PM PB
PM ZO ZO PS PM PM PB PB
PB ZO PS PM PM PB PB PB
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Table 3. Fuzzy rules for ω0.

ω0
ec

NB NM NS ZO PS PM PB

e

NB PB PB PM PM PS ZO ZO
NM PB PB PM PM PS ZO ZO
NS PM PM PS PS PS PS NS
ZO PM PS PS NB NB NB NS
PS NS NS NS NS NS NM NM
PM PM PM PB PB PB PB PB
PB PB PB PB PB PB PB PB

Table 4. Fuzzy rules for ωc.

ωc
ec

NB NM NS ZO PS PM PB

e

NB PB PB PM PM PS ZO ZO
NM PB PB PM PM PS ZO ZO
NS PM PM PS PS ZO ZO NS
ZO PM PS PS ZO NS NS NM
PS PS ZO ZO NS NM NM NM
PM ZO ZO NS NM NM NB NB
PB ZO NS NM NM NB NB NB

The inputs of the fuzzy controller are the error e and the error change rate ec between
the desired attitude and the current attitude. In this study, the triangle membership
function with high sensitivity is used in the fuzzy process. According to the fuzzy rules,
the weighted average method is adopted to obtain the modified values ∆b0, ∆ω0, and ∆ωc.
The parameters of Fuzzy-LADRC can be expressed as:

b0 = b̂0 + ∆b0

ω0 = ω̂0 + ∆ω0

ωc = ω̂c + ∆ωc

, (29)

where b̂0, ω̂0, and ω̂c are the optimal initialization parameters calculated by PSO algorithm.
The structure of fuzzy adaptive controller is shown in Figure 5.

Figure 5. The structure of fuzzy adaptive controller.
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3.3.3. Design of Fuzzy Linear Extended State Observer

The core of Fuzzy-LADRC is FLESO. FLESO can estimate unknown external distur-
bance of system and un-modeled internal disturbance in dynamics model. According to
the dynamics model of Roll-channel, the state model of Roll-channel can be written as:

ẋ1(t) = x2(t)

ẋ2(t) =
lcT
Ix

U2(t)−
κx

Ix
x2(t) + x3(t)

ẋ3(t) = d(t)
˙φ(t) = x1(t)

, (30)

where x1(t), x2(t), and x3(t) denotes φ, φ̇, and total disturbance.
The basic form of FLESO is as follows:

ż1(t) = z2(t)− β1(z1(t)− x1(t))

ż2(t) = z3(t)− β2(z1(t)− x1(t))− a1z2(t) + a2U2(t)

ż3(t) = −β3(z1(t)− x1(t))

, (31)

where zi(t)(i = 1, 2, 3) is the estimate state of xi(t)(i = 1, 2, 3). βi(i = 1, 2, 3) is the gain of
the observer, β1 = 3ω0, β2 = 3ω2

0, and β3 = ω3
0. ωc is the bandwidth of the observer.

According to (30) and (31), The FLESO in this paper can be expressed as:
ż1(t) = z2(t)− 3ω0(z1(t)− x1(t))

ż2(t) = z3(t)− 3ω2
0(z1(t)− x1(t))−

κx

Ix
z2(t) +

lcT
Ix

U2(t)

ż3(t) = −ω3
0(z1(t)− x1(t))

. (32)

3.3.4. Error Control Method

In Fuzzy-LADRC, the effect of FLEF is similar to that of PD controller. As can be seen
from Figure 4, LSEF is expressed as:

u0(t) = kp(r0(t)− z1(t)) + kdz2(t), (33)

where kp, kd are gains. Through the pole-placement to ωc in control system, kp = ω2
c and

kd = 2ωc.
The function of ECC is to eliminate the influence of disturbance through control rate.

z3 is a disturbance estimated by the extended state observer. As can be seen from Figure 4,
ECC is expressed as:

u(t) =
u0(t)− z3(t)

b0
. (34)

3.4. Frequency Domain Stability Analysis

In this paper, the Roll-channel of the inner loop is taken as an example to prove the
stability of the controller. For the outer loop position control, the stability proof process
is similar.

When the UAV dynamic model is established, the internal coupling and external
disturbance are unified as the total disturbance of the system. The dynamic model of the
roll-channel can be further represented as follows:

φ̈(t) = b0U2(t) + f0(t) + f (t), (35)

where f (t) is total disturbance. f0(t) is the measurable acceleration. Laplace transform is
applied to (30)–(34), and the following expressions are obtained:
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z1(s) =
3ω0s2 + 3ω2

0s + ω3
0

(s + ω0)3 φ(s) +
bs

(s + ω0)3 U2(s)

z2(s) =
3ω0s2 + 3ω2

0s
(s + ω0)3 φ(s) +

(s + 3ω0)bs
(s + ω0)3 U2(s)

z3(s) =
ω3

0s2

(s + ω0)3 φ(s) +
bω3

0s
(s + ω0)3 U2(s)

, (36)

U2(s) =
ωc[φ̇d(s)− z1(s)]− 2ωcz2(s)− z3(s)

b0
, (37)

where φd(s) is the actual value of roll angle. Substituting (36) into (37)

U2(s) =
ω2

c φd(s)(s + ω3
0)− ((3ω2

c ω0 + 6ωcω3
0)s

2 + (2ω2
c ω2

0 + 2ωcω3
0)s + ω2

c ω3
0)φ(s)

((s + ω0)3 + 2ωc(s) + (ω2
c + 6ω0ωc)s−ω3

0)b0
. (38)

It is assumed that FLESO can accurately observe the total disturbance: z3(t) = f (t).
Use Laplace transform to (35)

φ̇(s) =
b
s2 U2(s) +

1
s2 z3(s). (39)

The relationship between the roll angle output value and the actual value is obtained:

φ̇(s) =
ω2

c φ̇d(s)
s2 + 2ωcs + ω2

c
. (40)

According to Routh criterion, it is proven that the sufficient and necessary condition
for the closed-loop system to be stable is 2ωc > 0 and ω2

c > 0. All the poles of the closed-
loop system are located in the left half plane, and the system is BIBO stable. Since ωc is the
bandwidth of the controller, ωc is a positive number. Therefore, the controller is stable.

4. Simulation and Discussion

Tracking the desired control signal and compensating for the unknown disturbance
determine the operation quality of UAV. To investigate the dynamic response and robust-
ness of Fuzzy-LADRC, this paper contrasts and analyzes Fuzzy-LADRC with LADRC, PID,
and Fuzzy-PID, and four control systems are built in the Simulink of MATLAB R2019a.
PSO algorithm is written in an M-file. The initialization parameters of each controller are
given by experienced. Then, the PSO algorithm is used to optimize the parameters. The
maximum number of iterations is 100, and the particle swarm size is 40. The evaluation
function is to calculate the IAE of each system and take a group of parameters with the
minimum IAE. The environment of the simulation experiments in this paper is a Core
i7-9700F CPU, Windows 10 operating system, and a quad-core Intel processor. The physical
memory is 16 GB, and the speed of the processor is 3.0 GHz. The obtained results show
their respective control performance and anti-interference ability, respectively. The input
signals and disturbance signals of the four controllers are the same. In this paper, the
controller of each channel is simulated separately, and the signals of each control loop are
independent. The comparative experimental structure of the four controllers is shown in
Figure 6.
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Figure 6. The structure of comparative experiment of four controllers.

4.1. Tracking Experiment and Input Energy

Considering the actual flight process, it is necessary to accurately control the position
and heading of the UAV. Therefore, in the tracking experiment, the desired position and
attitude of the UAV will be used as the input signals of the controller. There are two kinds
of reference signals: one is the step signal with a fixed amplitude of 0.5, and the other is the
triangular wave signal which simulates the movement of UAV. In order to facilitate the
analysis, the following performance indicators are used: tr is rise time; σ% is maximum
overshoot; IAE is integral of the absolute value of error criterion. The experimental results
of tracking step signal are shown in Figure 7, and the corresponding performance indicators
are given in Figure 8 and Table 5.

(a) X-channel (b) Z-channel

(c) Roll-channel (d) Yaw-channel

Figure 7. The results of tracking step signal.
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Table 5. Rise time tr(ms) of tracking step signal.

Channel Fuzzy-LADRC LADRC PID Fuzzy-PID

X 240.806 283.164 443.399 458.699
Z 446.113 655.948 1050.423 938.950

Roll 43.824 45.014 40.839 33.953
Yaw 35.896 36.128 45.169 32.990

(a) IAE (b) Maximum overshoot σ%

Figure 8. Comparison of IAE and σ% of four controllers in tracking step signal experiment.

According to Figure 7, the response speed of Fuzzy-LADRC is faster than LADRC,
PID, and Fuzzy-PID. The IAE in Figure 8a shows the degree of deviation in the tracking
process, and it is obvious that the IAE of Fuzzy-LADRC is the smallest. As can be seen from
Figure 8b, there is no overshoot in both the X-channel and Z-channel of the Fuzzy-LADRC
and LADRC. Although all controllers in Roll-channel and Yaw-channel have overshoot,
the overshoot of Fuzzy-LADRC is minimal. According to Table 5, in X-channel and Z-
channel, the rise time of Fuzzy-LADRC and LADRC is less than that of PID and Fuzzy-PID,
and the rise time of Fuzzy-LADRC is the shortest. In the Roll-channel, the rise time of
Fuzzy-LADRC is slightly higher than that of PID, but, as can be seen from Figure 8b, the
overshoot of Fuzzy-LADRC is obviously less than that of PID. Therefore, Fuzzy-LADRC
designed in this paper has the best performance in tracking the step signal.

The triangle wave signal is to simulate the real movement of the aircraft. In X-channel,
the UAV moves forward and backward. In Z-channel, the UAV moves up and down.
In Roll-channel, the UAV moves laterally. In Yaw-channel, the UAV nose rotates. The
experimental results of tracking triangle wave signal are shown in Figure 9, and the
corresponding IAE is shown in Figure 10.

It can be seen from Figure 9 that there are obvious errors in the tracking process of PID
and Fuzzy-PID, and the speed of error elimination is slow. It can be seen from Figure 10
that the IAE of the proposed scheme is the smallest of the four control schemes. Therefore,
the proposed control scheme is also effective for time-varying signals, such as triangular
wave signal.
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(a) Forward and backward movement (b) Up and down movement

(c) Lateral movement (d) Rotating heading

Figure 9. The results of tracking triangle wave signal.

Figure 10. IAE for tracking triangle wave signal.

According to (34), u(t) is the control signal of the controller. Taking X-channel tracking
triangle wave signal as an example, u(t) of the four controls are shown in Figure 11. For
comparison purposes, the area of the region formed by u(t) and the time-axis is calculated
as the input energy. The input energies of the four controllers are shown in Figure 12.
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Figure 11. Controller inputs of X-channel when tracking triangle wave signal.

Figure 12. The input energies of u(t).

According to Figure 12, the proposed control scheme minimizes the input energy.

4.2. Disturbance Experiment

The disturbance of UAV is divided into internal and external, the internal disturbance
is sensor noise, and the external disturbance includes wind, ceiling effect, and load change.
In this study, the wind is used as an external disturbance to test the robustness of the
system. As shown in Figure 13, two kinds of wind with different speeds and types are
set as disturbance signals: (1) wind with fixed speed and direction (Figure 13a); and (2)
time-varying wind with Gaussian white noise (Figure 13b).
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(a) Wind with a fixed speed and direction (b) Time-varying wind with Gaussian white noise

Figure 13. Two different types of disturbance signals.

Set the current state of UAV is hovering, and current location is [x0, y0, z0]
T = [0, 0, 0]T,

[φ, θ, ψ]T = [0, 0, 0]T. At this time, the system is stable. Next, the disturbance is added, and
the IAE of the system is measured as the performance evaluation index. The disturbance
experiment results are shown in Figures 14 and 15, as well as Table 6.

(a) X-channel (b) Z-channel

(c) Roll-channel (d) Yaw-channel

Figure 14. Experimental results of disturbance (1).



Electronics 2021, 10, 376 18 of 21

(a) X-channel (b) Z-channel

(c) Roll-channel (d) Yaw-channel

Figure 15. Experimental results of disturbance (2).

According to Figures 14 and 15, it can be seen that Fuzzy-LADRC and LADRC have
very strong compensation ability to disturbance, and the two kinds of disturbance signals
have very small interference to the stable state of the system. However, the traditional
PID control scheme is very sensitive to disturbance, which will cause a large overshoot
to the system, and the system needs a long time to restore stability after being disturbed.
According to Table 6, the IAE of Fuzzy-LADRC and LADEC is much smaller than that of
PID. Therefore, the proposed control scheme has good disturbance compensation ability
and robustness.

Table 6. Disturbance experiment results under two kinds of disturbance signals.

IAE Disturbance (1) Disturbance (2)
X Z Roll Yaw X Z Roll Yaw

Fuzzy-LADRC 0.4507 0.0798 0.4229 0.7435 7.2666 1.0446 11.7110 12.7429
LADRC 0.5901 0.0827 0.4908 0.9297 9.4654 1.1963 12.4671 14.0729

PID 128.1835 274.6368 34.1867 11.6689 1373.3657 1695.544 480.7782 57.9432

4.3. Robustness Experiment

In order to prove the robustness of the system with model parameter uncertainty,
Monte Carlo experiments are carried out on the controller of the X-channel. All parameters
of the dynamic model in the X-channel are perturbed by 20%. The input of the system is
a unit step signal. The Fuzzy-LADRC and LADRC are tested 1000 times in Monte Carlo
experiments. The settling time ts, rise time tr, and IAE of each experiment are calculated,
respectively. The experimental results are shown in Figure 16.
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(a) IAE-tr (b) IAE-ts

Figure 16. Monte Carlo experimental results.

The experimental results show that the scatterers of Fuzzy-LADRC are more concen-
trated and closer to the origin than those of LADRC. Therefore, the proposed scheme has
good robustness.

5. Conclusions

In this paper, considering the disadvantages of traditional cascade PID, and the strong
coupling and nonlinear of the UAV system, a novel LADRC method based on the fuzzy
adaptive controller is proposed for the first time. The conclusion can be summarized
as follows:

1. The dynamics model of UAV is established by the Newton-Euler method. The dy-
namics model established the relationship among position, attitude, and control variables.
Based on that, LADRC is built, and the PSO algorithm is used to optimize the initialization
parameters.

2. To solve the problem that the response speed of the traditional controller is slow,
and the ability of anti-interference is weak, by considering the control effect of LADRC
parameters on the system, we design a set of fuzzy rules according to our experience. Then,
based on the fuzzy adaptive controller, the Fuzzy-LADRC is proposed.

3. Fuzzy-LADRC, LADRC, PID, and Fuzzy-PID are compared and analyzed. The
simulation results show that the average response speed of Fuzzy-LADRC tracking control
is 12.65% faster than LADRC and 29.25% faster than PID. Under the same disturbance, the
average overshoot of Fuzzy-LADRC is 17% less than LADRC and 77.75% less than PID. The
proposed control method can significantly improve response speed and anti-interference
ability.

4. Based on the controller proposed in this paper, the ability of UAV to track control
signal and compensate disturbance is improved significantly. The application level of UAV
in industrial production fields will be greatly improved, which is conducive to industrial
safety and economic benefits.

In future work, we will study the influence of ceiling effect and ground effect on UAV.
To ensure the control ability of the UAV, the relationship between the strength of unknown
disturbance and control saturation is studied by combining the performance of motor and
the parameters of UAV. Finally, the control method proposed in this paper will be tested
on the actual aircraft. At the same time, our study will attempt to use neural network
technology and the reinforcement learning method to further improve the robustness of
Fuzzy-LADRC.
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