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Social media platforms are a type of web-based applications that are built on the
conceptual and technical underpinnings of Web 2.0 and enable the generation and dissem-
ination of user-generated content. Social media platforms provide a seamless means for
users to connect, communicate, and collaborate with each other. Social media is digital
as it exists fully on the Internet or via outlets connected to the Internet. Social media
is a collection of several social media platforms, such as Twitter, Facebook, Instagram,
TikTok, YouTube, Sina Weibo, and SnapChat, just to name a few. While there have been
multiple social media platforms developed in the last few years, all such platforms use
the same underlying architecture based on Web 2.0 technologies. This implies they are
built on an Internet framework that lets countless users collaborate on content production
and dissemination. Users do not only consume digital content from the Web; they also
contribute to its creation. Social media significantly differs from traditional Web 1.0 com-
munication methods and online interaction mediums such as email and text messaging.
Web 1.0 systems are more linear in terms of content distribution and cannot readily sustain
massive and heavily engaged networks. Web 1.0 technologies, in contrast to Web 2.0, do
not allow numerous users to retrieve and change uploaded material. To summarize, social
media differs from previous online networks and online interaction mediums in that they
are far more open, participatory, flexible, robust, and creative [1].

One well-known aspect of social media is that, unlike randomized networks, where
two nodes in the network have a predetermined chance of being linked to each other,
the framework of social media is scale-free. A scale-free network is one in which the
degree distribution of a network follows a power law. A network’s degree distribution
is termed a power law when the probability of a node having degree k is proportional to
k−G where the value of G is empirically determined. Such networks are distinguished by
exceptionally high-degree hub nodes, whereas the vast majority of nodes have significantly
lower degrees. Few individuals impact large groups on a social media platform because
they have a considerably greater number of connections or friends, whereas most average
users possess significantly fewer connections or friends in comparison. The small-world
feature is another essential property shared by social media networks. Even in a very vast
and sparse scale-free network like the Web, two nodes will probably be connected by a very
short route. This may not always seem obvious, given that most links in social networks
are densely packed. However, the existence of hubs in scale-free networks can also confer
the small-world property, provided a connection in the majority of the network remains
clustered. Social media platforms like real-life social networks comprise virtual connections
between individuals, so the small-world phenomena always apply to such platforms [2].

Every day, massive volumes of user-generated material are uploaded on social media
platforms. This pattern is expected to grow in the years to come. As a result, it is vital
for content creators, users, and services on social media platforms to understand how to
generate, mine, manage, analyze, and utilize large amounts of data. The popularity of
social media platforms has been growing exponentially in the last few years. At present,
4.9 billion people use social media, and this number is expected to rise to 5.85 billion by
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2027. On average, a social media user has 8.4 social media accounts and spends about
145 min across different social media platforms daily [3].

The exponential growth of social media platforms in the last few years has been
driven by several research challenges. Gundecha et al. [1] and Jones et al. [4] presented
various challenges related to the mining and analysis of content production, alteration, and
dissemination on different topics on social media. These challenges in this area of research
are summarized as follows:

• Information Diffusion: Understanding and analyzing the multimodal patterns of
information exchange and dissemination on social media, including investigating
misinformation, memes, rumors, conspiracy theories, and viral posts. Researchers in
this field have studied different information diffusion models, such as the indepen-
dent cascade model, the threshold model, the susceptible–infected model, and the
susceptible–infected–recovered model.

• Privacy: Investigation of privacy concerns of social media users. The conflicting desires
of social media users have led to new challenges in this area of research. Specifically,
users desire to have as many friends or connections as possible, and at the same time,
they wish to be as private as possible. Social media users have been subject to different
privacy concerns, such as stalking, cyberbullying, phishing, scamming, and clickjacking.

• Trust: Studying the various degrees to which the general public trusts the information
available via social media. Prior works in this field have mostly interpreted trust in
terms of integrity, ability, and benevolence.

• Sentiment Analysis and Opinion Mining: Investigation of the sentiment, emotion, or
opinion associated with different topics of conversation on social media. For instance,
companies or organizations may be able to comprehend the opinions of consumers
regarding goods, brand perception, new product awareness, degrees of perceived
acceptance of new products, and reputation by using concepts of sentiment analysis
and opinion mining.

• User Migration: Understanding when and why users move from one social media net-
work to another. It is crucial for social media platforms to retain their current users
while also attracting new ones. Studying how users select social media platforms has
significant ramifications. Understanding migratory patterns may assist a social media
platform in three ways: (1) generating revenue through applicable recommendations,
(2) increasing traffic via shared content, and (3) expanding its network of committed users.

• Location-Based Social Networks (LSBNs): An LSBN is an architecture that comprises
individuals connected via the interdependencies obtained from their locations in the
physical world and their location-tagged content on social media platforms, such
as photos, videos, and texts. The instantaneous position of a person at a specific
timestamp and the location history make up the physical location in this case. Interde-
pendency comprises information, such as common interests, behavior, and operations,
deduced from a person’s geographical location and location-tagged data.

• Social Recommendations: The idea behind social recommendations is that individuals
who are linked or connected on social media platforms are more likely to have shared
or comparable likes and dislikes, and users are readily swayed by their friends or con-
nections on such platforms over random recommendations. Social recommendations
aim to reduce the issue of information overload.

• Community Analysis: A community may also be described as a collection, network,
harmonious subgroup, or component, depending on the situation and the social media
platform being studied. Social media allows people to develop and grow their virtual
connections, so community analysis in this context helps to infer the multimodal
characteristics of these virtual connections.

• Influence Modeling: It is crucial to understand whether a social media platform is
homophily-driven or influence-driven. For instance, in the advertising sector, if a social
media platform is influence-driven, influencers on that platform should be identified,
and they may be given incentives to spread the word about a certain product or
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service among other users to increase sales for that product or service. However, if a
social media platform is homophily-driven, then specific people should be sought to
increase sales for that product or service. Most social networks combine homophily
and influence. Therefore, differentiating them and following specific and applicable
measures (for instance, for advertising a product or service) is a challenge.

• Topic Modeling: Techniques for topic modeling are frequently used in natural language
processing to extract topics and linguistic information and underlining patterns from
unordered data. Performing topic modeling on data obtained from social media helps
to identify the different topics of conversations in virtual communities and trends of
the same over a period of time.

The ubiquitousness of social media platforms makes them a rich resource for the
investigation of a wide range of research questions related to one or more of the above-
mentioned focus areas, as can be seen from the recent works in this field, which focused on
the mining and analysis of conversations on social media related to ChatGPT, the Russia–
Ukraine war, cryptocurrency markets, virtual assistants, abortions, loneliness, housing
needs, fake news, religion, cognitive impairment, gender identity, elections, fall detection,
drug safety, pregnancy, food insufficiency, indoor localization, education, MPox outbreak,
and COVID-19 outbreak [5–7]. These works related to the mining and analysis of data
from social media platforms have been complemented by research in the areas of software
development, algorithm design, algorithm development, and programming languages
in the last few years. As a result of this research, several libraries, tools, applications,
frameworks, and software platforms are available today that make the mining and analysis
of data from social media platforms seamless and faster than ever before [1].

To conclude, mining and analysis of data from social media holds the potential to
contribute towards the timely advancement of research and development in a wide range
of disciplines. The objective of this Editorial is to announce the Special Issue titled “Recent
Advances in Social Media Mining and Analysis” for the Journal of Information (ISSN
2078-2489). This Special Issue aims to present and disseminate successful research projects
related to the mining and analysis of data from social media with a specific focus on one or
more of the above-mentioned challenges and related areas of research in this field, with a
solid methodological structure, and where the novel findings differentiate the developed
and adopted solutions.
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