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Abstract: Although agricultural intensification generally has homogenizing effects on landscapes
that reduce crop diversity, the specific effects of different input strategies on crop diversity are unclear.
This study examines the effects of irrigation inputs on crop species diversity in Mexico. We assess
the richness and evenness diversity of 297 crop species across 2455 municipalities while controlling
for environmental and socioeconomic factors and farm structural and functional characteristics.
Using a quantile regression approach, we assess relationships across conditional quantiles of low-,
medium-, and high-diversity farm regions. Results show irrigation level (% cropland irrigated)
is a strong positive predictor of crop species richness and evenness diversity across all quantile
regions. Moreover, the quantile effects of irrigation on evenness diversity are five times greater in
low-diversity rather than high-diversity regions. With implications for agricultural water policy
in Mexico, this study illustrates the potential benefits of sustainable irrigation expansion in water-
rich but irrigation-poor farming regions. Specifically, by enhancing crop species diversity, carefully
targeted irrigation expansion can support the transition to sustainable intensification.
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1. Introduction

Crop diversity is an important factor in food and livelihood security, sustainable
agriculture, and ecosystem services production [1–3]. Crop diversity also serves as a hedge
against risk by reducing farm-level vulnerability to climatic change or commodity market
shocks [4,5]. Erosion of crop diversity is of growing concern to global food systems security,
the health and primary productivity of agricultural landscapes, and the long-term stability
of socio-environmental systems [6–9]. Enhancing crop diversity is now a core component
of agri-environmental policies around the world, including multiple initiatives of the Food
and Agriculture Organization of the United Nations [10,11]. Despite this policy focus,
many of the drivers of crop diversification are poorly understood [12,13].

Studies often frame the drivers of crop diversification categorically as factors asso-
ciated with broad farm types or cultivation strategies. A prime example is agricultural
intensification, which is widely recognized as a key driver of diversity loss [14,15]. Agri-
cultural intensification tends to have homogenizing effects on landscapes that lead to
specialized monocropping and erosion of biodiversity [16–18]. Therefore, high-intensity,
conventional agricultural systems are typically associated with lower crop diversity, while
low-intensity, more traditional or agroecological systems are often associated with higher
crop diversity. Within this framework, the categorical effects of agricultural intensification
on crop diversity are clear. Less clear is how the partial (individual) effects of conventional
inputs (e.g., chemical fertilizers, mechanization, irrigation) impact crop diversification.

There are at least two reasons why disaggregating ‘intensification’ and examining
its partial effects on diversity is important. First, farm systems today often incorporate
the characteristics of multiple farm types, blending attributes of traditional, agroecolog-
ical, conventional, industrial, and other systems [19–21]. In Mexico, for example, many
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low-input, traditional, smallholder farm systems nonetheless use high levels of chemical
fertilizers [22]. While understanding relationships between general farm system types,
intensification levels, and crop diversity is informative, this level of analysis obscures the
effects of specific inputs on diversity.

Second, the effects of intensification on crop diversity are poorly understood in the
context of sustainable intensification. Increasingly, sustainable intensification is recognized
as crucial to meeting future demands for food and minimizing environmental degra-
dation [23,24]. Although enhancing crop diversity is a key component of sustainable
intensification [25–27], it is conspicuously unclear how the mechanisms of intensification,
whether conventional or sustainable, enhance crop diversity. In part, this is because high
crop diversity is typically associated with low-intensity systems. While research on ‘scaling-
up’ low-intensity practices to meet future demands for food is promising [28,29], many
conceptual and practical barriers remain [30,31].

More immediate and feasible pathways to sustainable intensification are needed. Con-
ventional input strategies have variable impacts on productivity and the environment. If
properly managed, some conventional strategies can boost productivity without significant
biodiversity loss [32]. Though again, more research is needed to determine the effects
of specific inputs on diversity loss or gain. Ultimately, a better understanding of input-
diversification relationships is critical for transitioning to sustainable intensification—a
transition that will inevitably require tradeoffs between conventional and agroecological
approaches [33–36].

Mexico presents an ideal case study of input-diversification relationships. Existing
research has focused largely on maize genetic (landrace) diversity and the traditional
intercropping systems (milpa) where much of this diversity is found [37–39]. Beyond maize
genetic diversity, less attention has been given to other forms of crop diversity, especially at
higher taxonomic levels (e.g., species) and larger spatial scales (e.g., national level). Further,
while several studies have examined the potential effects that changes in irrigation would
have on crop production in Mexico—changes desperately needed to address growing
regional- and national-level water scarcity [40,41]—the potential effects of such changes on
crop diversity are poorly understood.

To address these research gaps, this study seeks to answer two questions: (1) Does
irrigation lead to higher or lower crop species diversity (hereafter, CSD) at regional and
national levels in Mexico? (2) Are the effects of irrigation on CSD different in low-, medium-,
and high-diversity regions? To answer these, we examine irrigation effects on crop species
richness and evenness diversity using a quantile regression approach. We compare irri-
gation effects across conditional quantiles of low-, medium-, and high-diversity regions
after adjusting for a range of socioeconomic, environmental, and farm characteristic factors.
Findings are discussed in the contexts of water resources management and agricultural
policy in Mexico, and the broader role of irrigation in sustainable intensification.

2. Materials and Methods
2.1. Data Sources and Variables

Data for this study came from four main sources. First, crop production data were
obtained from the Food, Fisheries, and Nutritional Information Services (SIAP) database
of Mexico’s Secretary of Agriculture and Rural Development, which provides the official
yearly production totals for each municipality (n = 2455). Second, data on farm character-
istics came from the latest national agricultural census (2007), which provides the most
comprehensive accounting of farm-level agricultural activity in the country [42]. Third,
socioeconomic data were derived from Mexico’s Marginalization Index, a broadly used
indicator of poverty based on a composite measure of 10 sociocultural and economic indica-
tors (e.g., income level, ethnic identity, educational access) [43]. Finally, climate data were
derived from the National Commission on Arid Zones classification, which outlines eight
distinct climate regions based on modified Thornthwaite projections [44]. The smallest
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administrative unit common to all variables, the municipality, was chosen as the unit of
analysis for the study.

Species diversity indices (dependent variables). We calculated CSD from the produc-
tivity measures of 297 crop species across the country [45]. Each crop was expressed
in terms of area (hectares cropped) following SIAP formatting and previous agronomic
studies [7,46–48]. CSD was quantified as species richness and evenness, two related but
distinct measures of diversity (Figure 1) [49]. Richness diversity is a measure of species
abundance or the total number of distinct species in a community (municipality). Because
species abundance measures are sensitive to sample size, the Margalef richness index was
used. The index weights species abundance by the logarithm of the sample size, thereby
controlling for this sensitivity:

R =
(S − 1)

ln N
(1)

where R is Margalef richness diversity, S is the total number of individual crop species per
municipality, and N is total number of cropped hectares per municipality.

Figure 1. Illustration of richness and evenness diversity. Richness is a measure of the number of
species (S) in a community, and evenness is a measure of the distribution of the abundance of species
in a community. Each square represents one hectare, and each color is a distinct crop species. Area (A)
has lower richness than area (B) since SA = 2 and SB = 6. Area (C) has lower evenness than area (D)
since the distribution in area (C) (Red = 3, Green = 2, Blue = 1, Orange = 1, Purple = 5, Yellow = 38)
is more skewed than in area (D) (Red = 9, Green = 8, Blue = 8, Orange = 9, Purple = 8, Yellow = 8).

Simpson’s evenness diversity index was used to express crop evenness. Simpson’s
index quantifies species abundance and how similar these abundances are within a com-
munity. Higher evenness indicates a more balanced distribution of species, while lower
evenness indicates a skewed distribution where only a few species dominate. To match the
direction of the richness index, for which higher measures indicate higher diversity, the
complement of Simpson’s index was used:

E = 1 − ∑ n(n − 1)
N(N − 1)

(2)

where E is Simpson’s evenness diversity, n is the number of cropped hectares of an individ-
ual species per municipality, and N is the total number of cropped hectares per municipality.
Both indices were used as separate dependent variables for comparative purposes, a com-
mon practice in agronomic and ecological studies [50]. Once calculated, R and E values
were standardized to facilitate analysis.

Determinants of crop species diversity (independent variables). Independent variable se-
lection followed a two-step process. First, topically relevant determinants of CSD were
considered based on existing literature. An initial list of 32 variables was considered,
though data availability limited these to 18. Next, a lasso screening procedure was used to
refine this selection, using the Bayesian information criterion as validation [51]. For both
richness and evenness models, a subset of 11 variables (9 continuous and 2 categorical) was
found relevant (Table 1).
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Table 1. Independent variables per municipality.

Municipalities (N = 2455)

Continuous Variable Unit Code Mean SD

Land use Irrigation land ratio % cropland Irrigation 0.19 0.28
Chemical fertilizer land ratio chemfertz. 0.28 0.27

Maize land ratio Maize 0.49 0.32
Farm challenges Input costs % farms ch.inputs $ 0.22 0.20

Soil fertility ch.soils 0.23 0.20
Commercialization ch.comm. 0.54 0.25

Labor Mechanized mechan. 0.32 0.31
Production Subsistence subsistence 0.72 0.25

Socioeconomic Marginalization index (std.) marginality 0.00 1.00

N %

Categorical 2455 100

Mean farm area (MFA) Very small (0–2 ha) v.small (mfa) 421 17
Small (2–5 ha) * small (mfa) 871 35

Medium (5–15 ha) med. (mfa) 727 30
Large (15–50 ha) large (mfa) 350 14

Very large (>50 ha) v.large (mfa) 86 4
2455 100

Climate region Perhumid (A) A 334 14
Humid (B) B 333 14

Moist subhumid (C2) C2 246 10
Dry subhumid (C1) * C1 704 29
Semiarid light (D3) D3 388 16

Semiarid moderate (D2) D2 258 11
Semiarid dry (D1) D1 164 7

Arid (E) E 28 1

* reference category. $ costs.

Nine variables were derived from the agricultural census data. This included three
land-use variables (land ratios), each expressed as the percent of cultivated land per munic-
ipality: (1) to receive irrigation, (2) to receive chemical fertilizers, and (3) to be cultivated
with maize. Three other variables expressed farmer perceptions of production challenges.
These variables were calculated as the percent of farms in each municipality identifying
primary challenges to production as: (4) high input costs, (5) soil infertility, and (6) barriers
to commercialization or marketing of crops. Labor inputs were quantified as (7) the percent
of farms in each municipality that primarily use mechanization. Farm production type was
quantified as (8) the percent of farms in each municipality primarily practicing subsistence
production. Additionally, a mean farm size indicator was calculated as (9) the mean farm-
land area (MFA) of each municipality. Here, five MFA classes were calculated by dividing
the total cultivated area by the total number of farms per municipality following previous
studies [52–54]. Municipality-level poverty (10) was quantified using the standardized
Marginalization Index [43]. Lastly, each municipality was assigned to one of eight climate
regions (11) based on the location of its geometric centroid within the CONAZA and UACH
classification [44].

2.2. Quantile Regressions

Quantile regressions were used to examine the effects of the above variables on
conditional quantiles of CSD richness and evenness, while standard ordinary least squares
(OLS) regression was used to test the stability of these results [55]. As an extension
of OLS regression, quantile regression offers several distinct advantages. First, while
OLS regression estimates the conditional mean of a dependent variable across values
of independent variables, quantile regression estimates the conditional median of the
dependent variable across different conditional quantiles [56]. Quantile regression is
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therefore more robust to dependent variable distributions or outliers and does not assume
constant variance of residuals [57,58]. Analytically, by estimating variable effects at different
conditional intervals (quantiles), the full range of unit change effects can be observed [59].
In other words, while OLS regression provides the singular unit effect on the mean of the
dependent variable, quantile regression provides the full range of unit effects at different
conditional quantile levels. Therefore, it allows the comparison of variable effects at lower
(e.g., 10th), middle (50th or median), and higher (e.g., 90th) levels of the dependent variable,
which ultimately allows a fuller explanation of relationship dependencies [60].

CSD richness and evenness were each modeled as dependent variables, first using
OLS and then quantile regressions. The OLS regression followed the standard form:

LS(yi) = β0 + β1xi1 + · · ·+ βpxip + εi , i = 1, . . . , n (3)

where OLS(yi) is the conditional mean of the dependent variable, β0 is the constant, βi are
the coefficients, xi are the independent variables, and εi is the error term. As an extension
of the OLS form, the quantile regression followed:

Qτ(yi) = β0(τ) + β1(τ)xi1 + · · ·+ βp(τ)xip + εi(τ), i = 1, . . . , n (4)

where Qτ(yi) is the conditional median of response variable yi at quantile τ (0 < τ < 1).
For each model, quantile process plots were used to illustrate the entire range of

coefficient values (standardized effects) across conditional quantiles of the dependent
variables. For comparison, the OLS coefficients (constant, standardized) were also included
in the plots. For both sets of coefficients, 95% confidence bands were included. Forest plots
were used to make side-by-side comparisons of the effects of variables on richness and
evenness diversity at selected quantiles (τ = 0.10, 0.25, 0.50, 0.75, 0.90.).

To further explore irrigation effects, the richness and evenness diversity of irrigated
and rainfed crops were compared across climatic regions. Non-parametric Kruskal–Wallis
and Dunn’s post-hoc tests (p < 0.05) were used to determine significant differences across
climatic regions. Finally, national-level crop species richness and evenness diversity and
the irrigation and maize land ratios were mapped. All analyses were performed with JMP
Pro 15.2.1 (SAS Institute, Cary, NC, USA).

3. Results

About 19% of municipality cropland received irrigation and about 28% received
chemical fertilizers (Table 1). About one-half (49%) of cropland was dedicated to maize
cultivation, which broadly aligns with previous studies [61,62]. On average, about 25%
of farms cited the costs of inputs as a primary challenge, about 25% cited soil infertility,
and more than one-half (54%) cited the challenge of commercializing or marketing crops.
On average, about one-third (32%) of farms relied on mechanized labor and about 72%
practiced subsistence agriculture. About 65% of municipalities had small (2–5 ha) or
medium (5–15 ha) MFA (35 and 30%, respectively), and about 17%, 14%, and 4% had very
small (0–2 ha), large (15–50 ha), or very large (>50 ha) MFA.

3.1. Model Results (OLS)

OLS models explained about 40% of the variances in both crop richness and evenness
diversity, with adjusted r-squared values of 0.38 and 0.39, respectively (Tables A1 and A2).
These values were similar to that of a previous national-level study on the determinants
of CSD [47]. The irrigation land ratio had the strongest positive effect on richness diver-
sity (0.30), which was twice the effect of the next strongest positive predictor, location in
the light semiarid (D3) climate region (0.15). The irrigation land ratio also had the strongest
positive effect on evenness diversity (0.31), followed by subsistence agriculture (0.19),
medium MFA (0.19), and location in the humid (B) region.

The strongest negative effects on richness diversity were location in the humid
(B) region (−0.33), marginality level (−0.24), very small MFA (−0.17), mechanization chal-
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lenges (−0.12), and the maize land ratio (−0.11). The strongest negative effects on evenness
diversity were the maize land ratio (−0.50), locations in the semiarid dry (D1) and semiarid
moderate (D2) regions (−0.31 and −0.18, respectively), and very large MFA (−0.17).

3.2. Model Results (Quantile)

The irritation land ratio also had the strongest positive effects on both richness and
evenness diversity under quantile regression (Figure 2a,b). Importantly, the positive
effects on evenness diversity were up to five times larger in lower quantiles than in higher
quantiles: effects in the 10th, 20th, and 25th quantiles of evenness diversity were 0.36, 0.50,
and 0.35, respectively; while in the 75th, 90th, and 95th quantiles the effects were 0.18, 0.13,
and 0.10, respectively (Figure 2b). Additionally, the positive effects of medium MFA on
richness diversity were more than three times as large in lower quantiles than in higher
quantiles, which differed significantly from OLS results (i.e., where the 95% confidence
intervals did not overlap).

Figure 2. Process plots for quantile and OLS regressions on (a) crop richness and (b) evenness
diversity. Standardized coefficients shown with 95% confidence bands. Effects are statistically
significant where shaded bands do not intersect with zero (dashed red line). Differences between
quantile and OLS effects are statistically significant where confidence bands do not overlap. See
Table 1 for variable explanations.

The negative effects identified in OLS regression were mostly confirmed by quantile
regression, except in the case of the maize land ratio effect on evenness diversity. Though
maize continued to have the strongest effects, these varied by quantile, falling well below
the lower boundary of the OLS confidence band (Figure 2b). In contrast to the effects
pattern of irrigation, the negative effects of the maize land ratio were about twice as large in
higher quantiles of evenness diversity than in lower quantiles (−0.8 to −0.4, respectively).
In other words, while the maize land ratio negatively predicted crop evenness diversity
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across all quantiles, the effects were twice as large in municipalities with higher, rather
than lower evenness diversity. As in the case of the irrigation land ratio, these quantile
distinctions were not detectable under standard OLS regression.

3.3. Forest Plot Comparisons

Side-by-side comparison of richness and evenness models showed irrigation effects
were relatively consistent and stronger at lower, rather than higher quantiles (Figure 3).
In contrast, the negative effects of maize on richness and evenness diversity were less
consistent, with strong negative effects on evenness diversity but weaker effects on richness
diversity. In addition, while the negative effects of maize on richness were small across all
quantiles (−0.06 to −0.11), the effects on evenness were large, ranging from −0.39 in lower
quantiles to −0.77 in higher quantiles.

Figure 3. Standardized effects on crop species richness and evenness diversity for quantile and OLS
regressions. Error bars represent 95% confidence intervals. Effects are statistically significant when
bars do not intersect with zero (dashed red line).

Aridity generally had negative effects on evenness diversity, though its effects on
richness diversity varied widely across quantiles. These tended to be positive in the
moderately dry regions (e.g., C2, D3, D2), negative in the most humid region (A), and small
and insignificant in the most arid regions (e.g., D1 and E). Overall, analyses show that the
effects of climate on crop diversity, once adjusted for other factors, were either small or
statistically insignificant compared to the effects of the irrigation and maize land ratios.
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3.4. Rainfed and Irrigated Crop Diversity

When stratified across climate regions, the richness of rainfed CSD varied little, with
small and statistically significant differences in only a few regions (Figure 4). The evenness
of rainfed CSD varied even less, with no significant differences detected across climate
regions. In contrast, irrigated CSD was generally higher than rainfed CSD, except in the
most humid (A) region. The gap between rainfed and irrigated CSD tended to widen as
aridity increased. The increase was also reflected in the irrigation land ratio—about 70% of
cropland received irrigation in the two most arid regions (D1 and E), while less than 22%
received irrigation in all other climate regions. The reverse trend was observed for maize,
which was cultivated on less than 10% of cropland in the D1 and E regions, but on more
than 40% in all other regions.

Figure 4. Evenness and richness diversity of rainfed and irrigated crops and the percent of cultivated
land irrigated and harvested with maize, all by climate region (see Table 1). Error bars show
95% means confidence intervals. Climate region differences within each category are statistically
significant where no letters are shared (Kruskal–Wallis and Dunn’s post hoc).

At the municipality level, crop species richness and evenness tended to be highest
in Mexico’s northern regions, including the Baja Peninsula, northern Pacific coasts, and
northern Central Tablelands (Figure 5A,B). Species diversity tended to be lowest in the
Southern Highlands region, northwestern mountains, and some areas in the Yucatán
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Peninsula. The share of cropland receiving irrigation was highest in municipalities of
the northern border regions and in isolated patches of central and south-central Mexico
(Figure 5C). In contrast, the share of cropland cultivated with maize was highest in the
Southern Highlands, Chiapas, the Yucatán Peninsula, and the northwestern and eastern
mountains regions (Figure 5D).

Figure 5. Crop species (A) richness and (B) evenness diversity (quartiles), and percent of cultivated
land (C) irrigated and (D) under maize production by municipality (n = 2455).

4. Discussion
4.1. Irrigation Enhances Crop Species Richness and Evenness Diversity

The main objective of this study was to determine how irrigation influences CSD
at regional and national levels in Mexico. As a broad category of agricultural change,
intensification generally leads to crop diversity loss, though the effects of individual inputs
on diversity have been poorly understood.

Irrigation is a primary component of agricultural intensification, whether defined as a
farm input [63], a driver of increased productivity [64], or both [65]. Irrigation is also at the
center of debates over the future of agricultural systems, water resources management, and
sustainable development [66,67]. Although the relationship between irrigation and crop
diversity has received little direct attention, existing studies suggest two distinct types of
effects.

First, irrigation leads to greater crop diversity when farmers take advantage of the
broader range of crops that can be grown due to enhanced water availability [26]. This
pattern has been observed in farm-, landscape-, and regional-level studies in India [68],
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Bolivia [69], Nepal [70], Bangladesh [71], Ethiopia [4,72], and several locations in Sub-
Saharan Africa [73]. In these cases, irrigation-led diversification often produces value-
added crops that can be sold for a greater profit or more nutritionally diverse crops, which
can enhance food and nutritional security [74].

In contrast, irrigation leads to lower crop diversity (greater specialization) when
farmers use the water to increase productivity (yield) but instead focus on a few water-
intensive, high-yielding monocrops [75–77]. Examples are found in several Asian counties
where expanded access to irrigation disincentivized shifts toward alternative crops and
instead increased cultivation of water-intensive rice [78,79]. In Bangladesh, irrigation led to
higher productivity but also to increased specialization in water-intensive wheat, which
decreased overall crop diversity [76]. Under both positive- and negative-effect scenarios,
studies cite the contextual nature of farmer decisions about diversifying or specializing
production, which are largely driven by farm-level responses to perceived opportunities
and constraints [80,81].

Only a few studies have assessed the relationships between irrigation and diversi-
fication at national levels. Studies from Slovakia [47] and the United States [82] found
irrigation expansion led to greater CSD, while a study from China instead found it instead
led to specialized monocropping [12]. In general, national-level understanding of the rela-
tionship is insufficient, which has served as a barrier to effective policies [83]. These policies
increasingly view enhancing crop diversity as central to meeting sustainable development
goals [26,84,85].

This study found a positive relationship between irrigation and CSD in Mexico. At
regional and national levels, as the share of cropland receiving irrigation increased, crop
species richness and evenness increased. This relationship held after controlling for socioeco-
nomic and environmental factors and multiple farm structural and functional characteristics.

In the context of previous research on relationships between irrigation and farmer
decision making (above), our study shows that in the aggregate (municipality level), farms
in Mexico employ irrigation more to diversify than to specialize crop species production.
Regionally, the effects of irrigation on CSD are tied to the availability of existing irrigation
infrastructure and other farm-level factors. Though beyond the scope of this study, previous
work shows that regional differences in irrigation intensity (Figure 4c) are strongly tied
to existing socioeconomic inequalities and the influence of trade agreements [41,86]. As
explained below, these differences also manifest as regional differences in municipality-
level CSD.

4.2. Irrigation Has Stronger Effects in Regions of Low Crop Species Diversity

The second objective of this study was to determine how irrigation influences CSD
across conditional quantiles of low-, middle-, and high-diversity regions. We found that
while most variable effects were small or statistically insignificant, those of irrigation
were large and statistically significant across quantile ranges. Further, the positive effects
of irrigation on species richness were almost twice as large in low-diversity quantiles
compared with high-diversity quantiles. An even greater difference was observed with
species evenness, as irrigation effects were five times larger in low-diversity compared with
high-diversity quantiles.

Interestingly, these findings align with a recent study on the marginal effects of irriga-
tion on maize and wheat yield in Mexico. The study found diminishing marginal returns
on yield from increases in the irrigation land ratio in municipalities already receiving high
levels of irrigation [22]. The quantile effects on species diversity identified in this study,
though distinct from the marginal effect on yield, suggest another form of diminishing
returns from irrigation inputs. Together, both findings have implications for agricultural
policy and water resources management in Mexico.

Recent studies also highlight the potential benefits of expanding irrigation access
in southern Mexico. Southern agricultural regions are largely characterized by rainfed,
maize-based cultivation, where crop water scarcity and low access to irrigation contribute to
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chronically low productivity [22,87,88]. However, southern Mexico has the country’s largest
reserves of replenishable freshwater resources [89]. Southern regions also have among
the highest rates of poverty and are home to many marginalized indigenous communities.
Targeted expansion of sustainable irrigation infrastructure (i.e., soft-path approaches) in
southern regions could contribute to numerous sustainable development objectives aligned
with Mexico’s National Water Program priorities [40,41].

Calls to expand irrigation in southern regions come with growing recognition that
irrigation strategies in northern regions are unsustainable. The large-scale hydraulic in-
frastructure built during the 20th century (i.e., hard-path infrastructure) is outdated, and
agricultural water-use efficiency has plummeted in the region [41,89]. However, as this
study illustrates, municipalities in these regions have among the highest levels of crop
species diversity in the country—diversity that is strongly dependent on existing irrigation
infrastructure. This pattern of dependency is similar to that of the United States, where
the nation’s highest levels of crop species diversity are largely dependent on unsustainable
irrigation practices in California [82].

The strong effects of irrigation expansion on CSD observed in lower-quantile re-
gions of southern Mexico adds support to calls for greater irrigation investment in this
water-rich but irrigation-poor region, a condition expressed as agricultural-economic water
scarcity [90]. To be effective and sustainable, irrigation expansion in the region must be:
(1) based on participatory approaches to integrated watershed management [91], (2) care-
fully planned and targeted to priority regions and tailored to farm-level capacities and
needs; (3) primarily limited to existing farmland [27], and (4) focused on building small-
scale, ‘soft-path’ infrastructure that preserves environmental flows [92].

However, before changes in policy are made, a better understanding of the effects of
irrigation on crop diversity at multiple taxonomic levels is needed. Specifically, understand-
ing of the potential impacts of irrigation expansion on maize genetic diversity in Mexico is
insufficient.

4.3. Crop Species Diversity and Scale: Important Distinctions

Importantly, our findings do not suggest that farm-level crop diversity is necessarily
lower in regions of low municipality-level diversity (e.g., Southern Highlands). The level
of spatial aggregation is a key consideration for measuring crop diversity, as larger-scale
measures often differ from farm-level measures [48,93]. The level of spatial aggregation is
especially relevant when assessing diversity across heterogeneous agricultural landscapes,
where diversity measures are highly scale dependent [94].

To illustrate this point, Figure 6 depicts a hypothetical model of two Mexican munic-
ipalities (A and B) with different crop compositions. When measured at the farm level
(interior circles), crop richness and evenness diversity are higher in municipality B (see also
Figure 1). When measured at the municipality level (exterior circles), both richness and
evenness diversity are higher in municipality A (more crop types and more even abundance
of types).

We suspect a similar pattern exists in regions of Mexico where farm-level diversity and
municipality-level diversity contrast. If confirmed, the pattern would be consistent with:
(1) the high municipality-level species richness and evenness diversity in northern irrigated
regions observed in this study and (2) the high farm-level species diversity observed in
smallholder milpa systems of southern Mexico [53]. Additional research on the gamma-,
alpha-, and beta-diversity of crops in Mexico is needed to confirm this pattern [95], as is
additional research into the possible interaction effects of farm-level factors on CSD.
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Figure 6. Crop diversity measures are dependent on the level of aggregation. Municipalities A and
B have different farm sizes and crop species compositions (colored squares). Municipality A has
fewer but larger farms, and municipality B has more but smaller farms. At the farm scale (inner
circles), municipality B has greater crop richness and evenness diversity than municipality A (see
also Figure 1). At the municipality scale, municipality A has greater aggregate crop richness and
evenness diversity than municipality B.

4.4. Other Limitations

The determinants and effects of diversification vary widely according to the taxonomic
level of crops under study [18,96,97]. In this study, we examined species-level crop diversity,
including the singular species of maize (Zea mays L.). We did not consider the rich diversity
of maize subspecies, varieties, and genetic (landrace) populations. Indeed, maize-based
intercropping systems (milpa) are recognized as key reservoirs of in situ maize genetic di-
versity [98]. The regions of high maize genetic diversity identified in previous research [99]
strongly correlate with the regions of high maize land ratios identified in Figure 4d. At
the crop species level, however, we found that the same regions tended to have lower
municipality-level crop richness and evenness (Figure 4a,b,d).

These taxonomic distinctions are especially relevant for understanding the potential
effects of irrigation on diversity. While irrigation allows farmers to expand the range of
crop species that can be grown, species diversification can also lead to genetic (within
species) specialization. In the case of irrigation, changes in the hydrologic conditions under
which crop landraces developed can render these landraces less able to compete with newly
introduced species or cultivars [96].

In sum, crop diversity measures can increase and decrease simultaneously depending
on several factors. These include crop taxonomy, the measurement techniques or diversity
indices being used (e.g., richness vs. evenness), the spatial scales of analysis, and the
levels of data aggregation (e.g., farm level, regional level, national level) [16,100]. Each
of these factors has implications for how the different drivers of crop diversity ultimately
impact biodiversity and ecosystem services [101]. Therefore, we caution against fully
embracing irrigation expansion as a means of enhancing crop diversification without better
understanding the full range of potential effects at different taxonomic, spatiotemporal,
and functional levels.
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5. Conclusions

Irrigation was a strong positive predictor of crop species richness and evenness diver-
sity across Mexico. Moreover, irrigation effects were significantly larger in regions where
municipality-level species richness and evenness diversity were lower. These findings
have important implications for regional- and national-level water policy in Mexico, which
is tasked with directing water management to achieve sustainable agricultural intensifi-
cation. However, before promoting irrigation expansion in southern regions, careful ex
ante assessment of the suitability of different forms of irrigation infrastructure (e.g., hard-
vs. soft-path) is needed. Tradeoff assessments must first consider the potential effects of
irrigation on agrodiversity across taxonomic levels, spatial scales, and agricultural contexts.
Nonetheless, if targeted appropriately, sustainable irrigation expansion has strong potential
to create synergies with multiple water policy priorities and sustainable development goals.
Among these is the potential to enhance municipality-level crop species diversity.
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Appendix A

Table A1. Results of crop species richness models (OLS and quantile regressions).

Variable
OLS

Richness (Margalef)

Quantile Regression

10th 25th 50th 75th 90th

β SE β SE β SE β SE β SE β SE

irrigation 0.30 0.02 *** 0.35 0.03 *** 0.35 0.02 *** 0.32 0.01 *** 0.26 0.02 *** 0.23 0.02 ***
chemfertz. 0.09 0.02 *** 0.01 0.02 0.06 0.02 *** 0.10 0.01 *** 0.11 0.02 *** 0.10 0.02 ***

maize −0.11 0.02 *** −0.10 0.03 *** −0.10 0.17 *** −0.12 0.01 *** −0.09 0.03 *** −0.06 0.02 **
ch.inputs $ 0.11 0.02 *** 0.11 0.02 *** 0.09 0.02 *** 0.11 0.01 *** 0.13 0.02 *** 0.12 0.02 ***

ch.soils −0.07 0.02 *** −0.05 0.02 ** −0.08 0.01 *** −0.07 0.01 *** −0.07 0.02 *** −0.09 0.02 ***
ch.comm. 0.06 0.02 *** 0.06 0.02 ** 0.08 0.02 *** 0.07 0.01 *** 0.03 0.02 0.05 0.02 *
mechan. −0.12 0.03 *** 0.01 0.03 −0.07 0.02 *** −0.15 0.01 *** −0.21 0.03 *** −0.19 0.03 ***

subsistance 0.10 0.03 *** 0.06 0.03 * 0.08 0.02 *** 0.12 0.02 *** 0.10 0.03 ** 0.11 0.03 ***
marginality −0.24 0.02 *** −0.25 0.03 *** −0.21 0.02 *** −0.22 0.01 *** −0.29 0.03 *** −0.30 0.03 ***

v.small (mfa) −0.17 0.05 *** −0.07 0.05 −0.01 0.04 0.04 0.03 0.09 0.05 0.06 0.05
med. (mfa) 0.13 0.03 *** 0.48 0.05 *** 0.43 0.03 *** 0.34 0.02 *** 0.25 0.05 *** 0.14 0.05 ***
Large (mfa) 0.10 0.04 ** 0.35 0.07 *** 0.24 0.05 *** 0.33 0.03 *** 0.30 0.07 *** 0.21 0.07 **
v.large (mfa) 0.13 0.08 *** 0.34 0.12 ** 0.35 0.08 *** 0.37 0.06 *** 0.27 0.12 * 0.34 0.12 **

A −0.33 0.06 *** −0.26 0.06 *** −0.36 0.04 *** −0.29 0.03 *** −0.25 0.06 *** −0.31 0.06 ***
B −0.02 0.05 0.21 0.06 *** 0.06 0.04 0.00 0.03 0.00 0.06 −0.02 0.06

C2 0.12 0.05 * 0.28 0.07 *** 0.16 0.05 *** 0.22 0.03 *** 0.17 0.07 ** 0.11 0.06
D3 0.15 0.04 *** 0.35 0.06 *** 0.29 0.04 *** 0.26 0.03 *** 0.22 0.06 *** 0.13 0.06 *
D2 0.06 0.05 −0.06 0.07 0.07 0.05 0.20 0.03 *** 0.22 0.07 ** 0.23 0.07 ***
D1 −0.02 0.07 −0.21 0.10 * −0.09 0.07 0.10 0.05 * 0.19 0.10 * 0.26 0.10 **
E 0.10 0.14 0.24 0.19 0.20 0.13 0.10 0.09 0.21 0.19 −0.03 0.18

Adj. R-sqr 0.38
F-test 73.29

* (p ≤ 0.05), ** (p ≤ 0.01), *** (p ≤ 0.001), all VIF < 2.60. $ costs.
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Table A2. Results of crop species evenness models (OLS and quantile regressions).

Variable
OLS

Evenness (Simpson)

Quantile Regression

10th 25th 50th 75th 90th

β SE β SE β SE β SE β SE β SE

irrigation 0.31 0.02 *** 0.36 0.04 *** 0.35 0.02 *** 0.28 0.04 *** 0.18 0.02 *** 0.13 0.02 ***
chemfertz. −0.07 0.02 *** −0.05 0.03 0.06 0.02 *** −0.07 0.04 −0.03 0.02 * −0.03 0.02 *

maize −0.50 0.02 *** −0.39 0.04 *** −0.10 0.02 *** −0.69 0.04 *** −0.74 0.02 *** −0.77 0.02 ***
ch.inputs $ 0.00 0.02 −0.01 0.03 0.09 0.02 *** 0.03 0.04 0.01 0.02 0.03 0.02

ch.soils −0.01 0.02 −0.02 0.03 −0.08 0.01 *** −0.01 0.03 −0.02 0.01 −0.02 0.01
ch.comm. 0.05 0.02 ** 0.06 0.03 * 0.08 0.01 *** 0.04 0.03 0.04 0.01 ** 0.01 0.02
mechan. 0.08 0.03 *** 0.06 0.04 −0.07 0.02 *** 0.11 0.04 * 0.04 0.02 * 0.05 0.02 **

subsistance 0.19 0.03 *** 0.25 0.04 *** 0.08 0.02 *** 0.19 0.05 *** 0.10 0.02 *** 0.08 0.02 ***
marginality −0.09 0.02 *** −0.04 0.04 −0.21 0.02 *** −0.08 0.04 * −0.09 0.02 *** −0.10 0.02 ***

v.small (mfa) −0.05 0.05 −0.06 0.08 −0.01 0.04 −0.08 0.08 0.06 0.04 0.10 0.04 *
med. (mfa) 0.19 0.03 *** 0.15 0.07 * 0.43 0.03 *** 0.10 0.07 0.14 0.03 *** 0.14 0.03 ***
Large (mfa) 0.06 0.04 −0.16 0.10 0.24 0.05 *** 0.00 0.10 0.07 0.05 0.08 0.05
v.large (mfa) −0.17 0.08 * −0.58 0.17 *** 0.35 0.08 *** −0.14 0.18 −0.05 0.08 −0.08 0.09

A 0.13 0.05 * 0.03 0.09 −0.36 0.04 *** −0.08 0.10 −0.07 0.04 −0.03 0.05
B 0.18 0.05 *** 0.10 0.08 0.06 0.04 0.00 0.09 0.02 0.04 0.04 0.04

C2 0.15 0.05 ** 0.11 0.09 0.16 0.04 *** −0.02 0.10 −0.04 0.04 0.00 0.05
D3 −0.06 0.04 −0.13 0.08 0.29 0.04 *** −0.19 0.09 * −0.10 0.04 * −0.11 0.04 **
D2 −0.18 0.05 *** −0.20 0.10 * 0.07 0.05 −0.38 0.10 *** −0.11 0.05 * −0.04 0.05
D1 −0.31 0.07 *** −0.30 0.14 * −0.09 0.07 −0.58 0.15 *** −0.43 0.07 *** −0.19 0.07 **
E −0.07 0.14 0.36 0.27 0.20 0.13 −0.49 0.29 −0.38 0.12 ** −0.11 0.13

Adj. R-sqr 0.39
F-test 76.78

* (p ≤ 0.05), ** (p ≤ 0.01), *** (p ≤ 0.001), all VIF < 2.56. $ costs.
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47. Lazíková, J.; Bandlerová, A.; Rumanovská, L’.; Takáč, I.; Lazíková, Z. Crop Diversity and Common Agricultural Policy—The Case

of Slovakia. Sustainability 2019, 11, 1416. [CrossRef]
48. Martin, A.R.; Cadotte, M.W.; Isaac, M.E.; Milla, R.; Vile, D.; Violle, C. Regional and Global Shifts in Crop Diversity through the

Anthropocene. PLoS ONE 2019, 14, e0209788. [CrossRef] [PubMed]
49. Roberts, F.S. Measurement of Biodiversity: Richness and Evenness. In Mathematics of Planet Earth: Protecting Our Planet, Learning

from the Past, Safeguarding for the Future; Springer: Berlin/Heidelberg, Germany, 2019; pp. 203–224.
50. Morris, E.K.; Caruso, T.; Buscot, F.; Fischer, M.; Hancock, C.; Maier, T.S.; Meiners, T.; Müller, C.; Obermaier, E.; Prati, D.; et al.

Choosing and Using Diversity Indices: Insights for Ecological Applications from the German Biodiversity Exploratories. Ecol.
Evol. 2014, 4, 3514–3524. [CrossRef]

51. Sauerbrei, W.; Perperoglou, A.; Schmid, M.; Abrahamowicz, M.; Becher, H.; Binder, H.; Dunkler, D.; Harrell, F.E.; Royston, P.;
Heinze, G.; et al. State of the Art in Selection of Variables and Functional Forms in Multivariable Analysis—Outstanding Issues.
Diagn. Progn. Res. 2020, 4, 3. [CrossRef]

52. LaFevor, M.C.; Ponette-González, A.G.; Larson, R.; Mungai, L.M. Spatial Targeting of Agricultural Support Measures: Indicator-
Based Assessment of Coverages and Leakages. Land 2021, 10, 740. [CrossRef]

53. Galeana-Pizaña, J.M.; Couturier, S.; Figueroa, D.; Jiménez, A.D. Is Rural Food Security Primarily Associated with Smallholder
Agriculture or with Commercial Agriculture?: An Approach to the Case of Mexico Using Structural Equation Modeling. Agric.
Syst. 2021, 190, 103091. [CrossRef]

54. Samberg, L.H.; Gerber, J.S.; Ramankutty, N.; Herrero, M.; West, P.C. Subnational Distribution of Average Farm Size and
Smallholder Contributions to Global Food Production. Environ. Res. Lett. 2016, 11, 124010. [CrossRef]

55. Lamu, A.N.; Olsen, J.A. The Relative Importance of Health, Income and Social Relations for Subjective Well-Being: An Integrative
Analysis. Soc. Sci. Med. 2016, 152, 176–185. [CrossRef]

56. Hao, L.; Naiman, D.Q. Quantile Regression; Quantitative Applications in the Social Sciences; Sage: Thousand Oaks, CA, USA, 2007;
ISBN 1-4129-2628-9.

57. John, O.O. Robustness of Quantile Regression to Outliers. Am. J. Appl. Math. Stat. 2015, 3, 86–88. [CrossRef]
58. Cade, B.S.; Noon, B.R. A Gentle Introduction to Quantile Regression for Ecologists. Front. Ecol. Environ. 2003, 1, 412–420.

[CrossRef]
59. Alsayed, A.R.M.; Isa, Z.; Kun, S.S.; Manzi, G. Quantile Regression to Tackle the Heterogeneity on the Relationship Between

Economic Growth, Energy Consumption, and CO2 Emissions. Environ. Model. Assess. 2020, 25, 251–258. [CrossRef]
60. Waldmann, E. Quantile Regression: A Short Story on How and Why. Stat. Model. 2018, 18, 203–218. [CrossRef]
61. Zahniser, S.; López, N.F.L.; Motamed, M.; Vargas, Z.Y.S.; Capehart, T. The Growing Corn Economies of Mexico and the United States;

FDS-19f-01; US Department of Agriculture, Economic Research Service: Washington, DC, USA, 2019.
62. Lerner, A.M.; Appendini, K. Dimensions of Peri-Urban Maize Production in the Toluca-Atlacomulco Valley, Mexico. J. Lat. Am.

Geogr. 2011, 10, 87–106. [CrossRef]
63. Boserup, E. The Conditions of Agricultural Growth: The Economics of Agrarian Change under Population Pressure; Aldine: Chicago, IL,

USA, 1965.
64. Turner, B.L.; Doolittle, W.E. The Concept and Measure of Agricultural Intensity. Prof. Geogr. 1978, 30, 297–301. [CrossRef]
65. FAO. The Ethics of Sustainable Agricultural Intensification; Food Agriculture Organization: Rome, Italy, 2004; ISBN 978-92-5-105067-5.
66. D’Odorico, P.; Davis, K.F.; Rosa, L.; Carr, J.A.; Chiarelli, D.; Dell’Angelo, J.; Gephart, J.; MacDonald, G.K.; Seekell, D.A.; Suweis, S.;

et al. The Global Food-Energy-Water Nexus. Rev. Geophys. 2018, 56, 456–531. [CrossRef]
67. MacDonald, G.K.; D’Odorico, P.; Seekell, D.A. Pathways to Sustainable Intensification through Crop Water Management. Environ.

Res. Lett. 2016, 11, 091001. [CrossRef]
68. Mukherjee, A. Evaluation of the Policy of Crop Diversification as a Strategy for Reduction of Rural Poverty in India. In Poverty

Reduction Policies and Practices in Developing Asia; Economic Studies in Inequality, Social Exclusion and Well-Being; Heshmati, A.,
Maasoumi, E., Wan, G., Eds.; Spring: Singapore, 2015; pp. 125–143, ISBN 978-981-287-419-1.

69. Zimmerer, K.S. Conserving Agrobiodiversity amid Global Change, Migration, and Nontraditional Livelihood Networks: The
Dynamic Uses of Cultural Landscape Knowledge. E&S 2014, 19, art1. [CrossRef]

http://doi.org/10.1002/ird.2242
https://www.inegi.org.mx/programas/cagf/2007/
http://doi.org/10.1111/gcb.15396
http://www.ncbi.nlm.nih.gov/pubmed/33064906
http://doi.org/10.3390/su11051416
http://doi.org/10.1371/journal.pone.0209788
http://www.ncbi.nlm.nih.gov/pubmed/30726231
http://doi.org/10.1002/ece3.1155
http://doi.org/10.1186/s41512-020-00074-3
http://doi.org/10.3390/land10070740
http://doi.org/10.1016/j.agsy.2021.103091
http://doi.org/10.1088/1748-9326/11/12/124010
http://doi.org/10.1016/j.socscimed.2016.01.046
http://doi.org/10.12691/ajams-3-2-8
http://doi.org/10.1890/1540-9295(2003)001[0412:AGITQR]2.0.CO;2
http://doi.org/10.1007/s10666-019-09669-7
http://doi.org/10.1177/1471082X18759142
http://doi.org/10.1353/lag.2011.0033
http://doi.org/10.1111/j.0033-0124.1978.00297.x
http://doi.org/10.1029/2017RG000591
http://doi.org/10.1088/1748-9326/11/9/091001
http://doi.org/10.5751/ES-06316-190201


Agriculture 2022, 12, 911 17 of 18

70. Thapa, G.; Kumar, A.; Roy, D.; Joshi, P.K. Impact of Crop Diversification on Rural Poverty in Nepal. Can. J. Agric. Econ./Rev. Can.
D’agroeconomie 2018, 66, 379–413. [CrossRef]

71. Rahman, S.; Kazal, M.M.H. Determinants of Crop Diversity in the Regions of Bangladesh (1990–2008): Determinants of Crop
Diversity in Bangladesh. Singap. J. Trop. Geogr. 2015, 36, 83–97. [CrossRef]

72. Passarelli, S.; Mekonnen, D.; Bryan, E.; Ringler, C. Evaluating the Pathways from Small-Scale Irrigation to Dietary Diversity:
Evidence from Ethiopia and Tanzania. Food Sec. 2018, 10, 981–997. [CrossRef]

73. Domenech, L.; Ringler, C. Impact of Irrigation on Nutrition, Health and Gender: A Review Paper with Insights for Africa South of the
Sahar; The International Food Policy Research Institute: Washington, DC, USA, 2013; p. 28.

74. Aheibam, M.; Singh, R.; Feroze, S.M.; Singh, N.U.; Singh, R.J.; Singh, A.K. Identifying the Determinants and Extent of Crop
Diversification at Household Level: An Evidence from Ukhrul District, Manipur. Econ. Aff. 2017, 62, 89. [CrossRef]

75. Headey, D.D.; Hoddinott, J. Agriculture, Nutrition and the Green Revolution in Bangladesh. Agric. Syst. 2016, 149, 122–131.
[CrossRef]

76. Hossain, M.; Naher, F.; Shahabuddin, Q. Food Security and Nutrition in Bangladesh: Progress and Determinants. eJADE Electron.
J. Agric. Dev. Econ. 2005, 2, 30.

77. Cutforth, L.B.; Francis, C.A.; Lynne, G.D.; Mortensen, D.A.; Eskridge, K.M. Factors Affecting Farmers’ Crop Diversity Decisions:
An Integrated Approach. Am. J. Altern. Agric. 2001, 16, 168–176. [CrossRef]

78. Akanda, A.I. Rethinking Crop Diversification under Changing Climate, Hydrology and Food Habit in Bangladesh. J. Agric.
Environ. Int. Dev. 2010, 104, 3–23. [CrossRef]

79. Rosegrant, M.W.; Schleyer, R.G.; Yadav, S.N. Water Policy for Efficient Agricultural Diversification: Market-Based Approaches.
Food Policy 1995, 20, 203–223. [CrossRef]

80. Van Zonneveld, M.; Turmel, M.-S.; Hellin, J. Decision-Making to Diversify Farm Systems for Climate Change Adaptation. Front.
Sustain. Food Syst. 2020, 4, 32. [CrossRef]

81. Giordano, M.; Namara, R.; Bassini, E. The Impacts of Irrigation: A Review of Published Evidence; The World Bank: Washington, DC,
USA, 2019; 46p.

82. Goslee, S.C. Drivers of Agricultural Diversity in the Contiguous United States. Front. Sustain. Food Syst. 2020, 4, 75. [CrossRef]
83. Mortensen, D.A.; Smith, R.G. Confronting Barriers to Cropping System Diversification. Front. Sustain. Food Syst. 2020, 4, 199.

[CrossRef]
84. Kissoly, L.D.; Karki, S.K.; Grote, U. Diversity in Farm Production and Household Diets: Comparing Evidence From Smallholders

in Kenya and Tanzania. Front. Sustain. Food Syst. 2020, 4, 77. [CrossRef]
85. Michler, J.D.; Josephson, A.L. To Specialize or Diversify: Agricultural Diversity and Poverty Dynamics in Ethiopia. World Dev.

2017, 89, 214–226. [CrossRef]
86. Hartman, S.; Chiarelli, D.D.; Rulli, M.C.; D’Odorico, P. A Growing Produce Bubble: United States Produce Tied to Mexico’s

Unsustainable Agricultural Water Use. Environ. Res. Lett. 2021, 16, 105008. [CrossRef]
87. Turrent-Fernández, A.; Cortés-Flores, J.I.; Espinosa-Calderón, A.; Turrent-Thompson, C.; Mejía-Andrade, H. Cambio Climático y

Algunas Estrategias Agrícolas Para Fortalecer La Seguridad Alimentaria de México. Rev. Mex. Cienc. Agrícolas 2016, 7, 1727–1739.
[CrossRef]

88. Turrent-Fernández, A.T.; Gómez, R.C.; Luna, A.L.; Almaguer, M.C.; Silva, J.R.; Méndez, J.M.; Caballero, A.P. Producción de Maíz
Bajo Riego En El Sur-Sureste de México: I. Análisis Agronómico. Agric. Técnica México 2004, 30, 153–167.

89. CONAGUA. Estadísticas de Agua en México, Edición 2018; Comisión Nacional de Agua: Mexico City, Mexico, 2018.
90. Rosa, L.; Chiarelli, D.D.; Rulli, M.C.; Dell’Angelo, J.; D’Odorico, P. Global Agricultural Economic Water Scarcity. Sci. Adv. 2020, 6,

eaaz6031. [CrossRef]
91. Wilder, M. Water Governance in Mexico: Political and Economic Aperatures and a Shifting State-Citizen Relationship. Ecol. Soc.

2010, 15, 22. [CrossRef]
92. Rosa, L.; Chiarelli, D.D.; Sangiorgio, M.; Beltran-Peña, A.A.; Rulli, M.C.; D’Odorico, P.; Fung, I. Potential for Sustainable Irrigation

Expansion in a 3 ◦C Warmer Climate. Proc. Natl. Acad. Sci. USA 2020, 117, 29526–29534. [CrossRef]
93. Smith, J.C.; Ghosh, A.; Hijmans, R.J. Agricultural Intensification Was Associated with Crop Diversification in India (1947–2014).

PLoS ONE 2019, 14, e0225555. [CrossRef]
94. Merlos, F.A.; Hijmans, R.J. The Scale Dependency of Spatial Crop Species Diversity and Its Relation to Temporal Diversity. Proc.

Natl. Acad. Sci. USA 2020, 117, 26176–26182. [CrossRef]
95. Walters, K.E.; Martiny, J.B.H. Alpha-, Beta-, and Gamma-Diversity of Bacteria Varies across Habitats. PLoS ONE 2020, 15, e0233872.

[CrossRef] [PubMed]
96. Van de Wouw, M.; Kik, C.; van Hintum, T.; van Treuren, R.; Visser, B. Genetic Erosion in Crops: Concept, Research Results and

Challenges. Plant Genet. Res. 2010, 8, 1–15. [CrossRef]
97. Valentine, J.W. Determinants of Diversity in Higher Taxonomic Categories. Paleobiology 1980, 6, 444–450. [CrossRef]
98. Lopez-Ridaura, S.; Barba-Escoto, L.; Reyna-Ramirez, C.A.; Sum, C.; Palacios-Rojas, N.; Gerard, B. Maize Intercropping in the

Milpa System. Diversity, Extent and Importance for Nutritional Security in the Western Highlands of Guatemala. Sci. Rep. 2021,
11, 3696. [CrossRef]

http://doi.org/10.1111/cjag.12160
http://doi.org/10.1111/sjtg.12086
http://doi.org/10.1007/s12571-018-0812-5
http://doi.org/10.5958/0976-4666.2017.00031.6
http://doi.org/10.1016/j.agsy.2016.09.001
http://doi.org/10.1017/S0889189300009164
http://doi.org/10.12895/jaeid.20101/2.18
http://doi.org/10.1016/0306-9192(95)00014-6
http://doi.org/10.3389/fsufs.2020.00032
http://doi.org/10.3389/fsufs.2020.00075
http://doi.org/10.3389/fsufs.2020.564197
http://doi.org/10.3389/fsufs.2020.00077
http://doi.org/10.1016/j.worlddev.2016.08.011
http://doi.org/10.1088/1748-9326/ac286d
http://doi.org/10.29312/remexca.v7i7.165
http://doi.org/10.1126/sciadv.aaz6031
http://doi.org/10.5751/ES-03469-150222
http://doi.org/10.1073/pnas.2017796117
http://doi.org/10.1371/journal.pone.0225555
http://doi.org/10.1073/pnas.2011702117
http://doi.org/10.1371/journal.pone.0233872
http://www.ncbi.nlm.nih.gov/pubmed/32966309
http://doi.org/10.1017/S1479262109990062
http://doi.org/10.1017/S0094837300003614
http://doi.org/10.1038/s41598-021-82784-2


Agriculture 2022, 12, 911 18 of 18

99. Orozco-Ramírez, Q.; Perales, H.; Hijmans, R.J. Geographical Distribution and Diversity of Maize (Zea mays L. Subsp. Mays) Races
in Mexico. Genet. Resour. Crop. Evol. 2017, 64, 855–865. [CrossRef]

100. Aguiar, S.; Texeira, M.; Garibaldi, L.A.; Jobbágy, E.G. Global Changes in Crop Diversity: Trade Rather than Production Enriches
Supply. Glob. Food Secur. 2020, 26, 100385. [CrossRef]

101. Beillouin, D.; Ben-Ari, T.; Malézieux, E.; Seufert, V.; Makowski, D. Positive but Variable Effects of Crop Diversification on
Biodiversity and Ecosystem Services. Glob. Chang. Biol. 2021, 27, 4697–4710. [CrossRef]

http://doi.org/10.1007/s10722-016-0405-0
http://doi.org/10.1016/j.gfs.2020.100385
http://doi.org/10.1111/gcb.15747

	Introduction 
	Materials and Methods 
	Data Sources and Variables 
	Quantile Regressions 

	Results 
	Model Results (OLS) 
	Model Results (Quantile) 
	Forest Plot Comparisons 
	Rainfed and Irrigated Crop Diversity 

	Discussion 
	Irrigation Enhances Crop Species Richness and Evenness Diversity 
	Irrigation Has Stronger Effects in Regions of Low Crop Species Diversity 
	Crop Species Diversity and Scale: Important Distinctions 
	Other Limitations 

	Conclusions 
	Appendix A
	References

