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Abstract: Agricultural machinery has an essential impact on climate change. However, its emission
data are often missing, which makes it harder to develop policies which could lower its emissions.
An emission inventory should first be developed to understand the impact of agricultural machinery
on climate change. This article presents a spatial variation of emissions from agricultural machinery
in Croatia. Data on agricultural machinery for 2016 was collected via a large-scale survey with
8895 respondents and included machinery type, location data, and fuel consumption by fuel type.
Data processing was conducted to optimize the survey results, and the emissions were calculated
using the “EEA /EMEP Emission Inventory Guidebook” Tier 1 method. The research shows that
two-axle tractors with engine power 61-100 kW had the most significant energy consumption and
were responsible for most of the emissions. The highest total emissions were in counties in the
Slavonia region, while counties in the Dalmatia region had the highest emissions per hectare of arable
land. Results obtained this way enable policies to be developed that will target specific spatial areas
and machinery types. Furthermore, this approach could allow precise spatial and temporal emission
tracking. A designated institution which could conduct annual surveys and update the agricultural

machinery emission data would ensure emission data continuity.

Keywords: climate change; agricultural machinery; emission inventory; non-road emissions; NRMM

1. Introduction

All vehicles that use fossil fuels have some emissions. These emissions are divided into
greenhouse gas emissions, which trap additional heat into the Earth’s atmosphere [1], and
air pollutant emissions, i.e., substances which can lead to adverse health effects, primarily
affecting respiratory and cardiovascular systems [2,3]. Emission levels are continuously
rising globally [4], and lowering emissions presents one of the most prominent global
goals. On a worldwide level, the Paris Agreement indicated a global intention of keeping
the increase in global average temperature to well below 2 °C, which means lowering
greenhouse gas emissions by at least 40% by 2030 compared with 1990 [5]. This has also
been reaffirmed by the Glasgow Climate Pact [6]. The European Union (EU), via the
European Commission, further increased its ambition to lower overall carbon dioxide
(CO,) emissions by 2030, setting a goal of 55% CO, emission reduction compared with
1990 [7].

Developing an emission inventory is the first step in determining a course of action
to reduce emissions. Listing emissions by source and quantity for each tracked pollutant
enables defining the primary emissions sources. Since the development of an emission
inventory is a long-term process which requires a continuous collection of data via various
sources, it represents one of the most reliable tools in developing technologies. An emis-
sion inventory also polices for emission reduction [8,9], especially on the local level [10].
Furthermore, it shows the effectiveness of policies already in place [11].
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In some areas of the emission inventories, there is a significant lack of data, such as non-
road mobile machinery (NRMM). The lack of data in this area (NRMM) is mainly because
NRMM has been seen as a much smaller pollutant than road vehicles. Emission limits for
NRMM are generally much more liberal than emission limits for road vehicles worldwide,
including the EU [12,13]. Consequently, there is less research concerning NRMM and little
data collection from government bodies. The first step in collecting data about NRMM
would be for the government to designate an institution for data collection [14]. This would
enable long-term data collection on a national scale, enabling the use of new information in
line with new technologies to achieve the previously mentioned targets. Once collected,
the NRMM emission data could be presented in a visually engaging way. Such is the case
in the United Kingdom, where the NRMM emission inventory, for example, has provided
spatial data on primary pollutants [11]. A similar case is present in the USA, where the
Environmental Protection Agency (EPA)-developed NRMM emission inventory for 2017
offers data disaggregated by federal states [15].

As a subgroup of NRMM, agricultural machinery is an important area of NRMM
research. As with the other NRMM, there is a lack of data necessary to develop national
emission inventories for researching fuels, operating modes of the machinery, and making
connections to other socioeconomic areas, etc. [16]. An emission inventory would greatly
help to formulate long-term policies for emission reduction from agricultural machines
and significantly affect their future total emissions [17,18]. In China, in the Beijing region,
emissions of carbon monoxide (CO), hydrocarbons (HC), nitrogen oxides (NOx), particulate
matter (PM), and the total emissions from agricultural machinery decreased by 63.11%,
62.93%, 72.07%, 74.67%, and 68.66%, respectively, from 2006 to 2016, due to regulations
which promoted emission-reduction technologies. In the Yangtze River Delta region,
overall air quality was poorer during the heavy agricultural work season [19], with similar
results on a national level [20]. However, adding emission-reduction technologies to the
agricultural machinery puts a considerable financial strain on machinery owners [21], and
is not as efficient as procuring new machinery [22].

Apart from a lack of general machinery data, developing an agricultural machinery
emission inventory is also tricky because of a lack of research on agricultural machinery
emissions during fieldwork, which is mainly due to many different types of machinery
and field conditions. Gathering activity data from real-world operating conditions, such
as engine load profiles, idling times, differences between other machinery operators, etc.,
helps determine the actual emissions of agricultural machinery instead of using models
based on laboratory research. Without this data, the results of emission inventories can have
high degrees of uncertainty [23]. Based on engine load factors throughout a typical working
day, measurement results can have variability as high as a factor of 20 [24]. Emissions
also vary among different land types where machinery is used. For example, machinery
working in vineyards can emit up to 80% more emissions compared with arable land for the
same land area [25]. However, gathering detailed on-site data on a large scale represents
a significant financial strain and is time-consuming.

The EMEP/EEA Air Pollutant Emission Inventory Guidebook includes three methods
of determining agricultural machinery emissions, depending on available data [26]. The
Tier 1 method uses only primary NRMM data, i.e., fuel consumption and emission factors.
Tier 2 is a method that requires more data as it also uses data on fuel consumption based
on equipment type and technology level. The most precise method is the Tier 3 method
which is used when there are no available data for fuel consumption but other data are
available, e.g., annual hours of use, engine size, and machinery age. However, since the
available data on agricultural machinery is substantially limited, most countries have no
emission inventories for agricultural machinery at the national level. Existing emission
inventories are made mainly by collecting information about vehicle sales or extrapolating
data from machinery imports. In Switzerland, data on total fuel sales for agriculture is
only available up to 2004 [27]. NRMM emissions in Germany are reported by the Federal
German Environment Agency using vehicle stock data. However, activity data are taken
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from various resale platforms, and further investments towards real-world measurements
are needed [22]. A similar system of data collecting is in place in Denmark, where the
Association of Danish Agricultural Machinery Dealers provides annual sales data, but
there is no available activity data [28]. The Netherlands also has only vehicle sales data
but no activity data [29]. Sweden uses the Tier 3 method described in the EMEP/EEA Air
Pollutant Emission Inventory Guidebook, which uses activity data and machinery age [26]
for its national emission inventories [30]. Regarding Croatia, there are currently no official
data on agricultural machinery emissions. Additionally, there are no data on which to base
initial assessments since there is no continuous data collection regarding the machinery
numbers or types of activity, making it very difficult to develop an emission inventory.

More reliable data can be collected by conducting a large-scale survey. By collect-
ing the data via a questionnaire, accurate data can be collected about fuel consumption,
several different types of machinery, land types, etc., and it provides more accurate data
about real-world fuel consumption [20,31]. However, conducting a large-scale survey is
logistically and financially consuming, thus requiring logistical and financial support, in
most cases, from governmental bodies [32]. Such large-scale surveys are conducted in
the Netherlands [33] and Sweden [34], where several governmental bodies participate in
national surveys on energy statistics. The Finnish model offers publicly available data on
NRMM emissions divided into subcategories by emission source, fuel type, end-use of
NRMM and year, even providing future estimations up to the year 2040 [35].

As previously mentioned, most countries do not have an agricultural machinery
emission inventory, or if they do, it is developed based on vehicle stock data or vehicle
sales without using actual data from the agricultural entities. This paper aims to develop
a spatial agricultural machinery emission inventory using large-survey data. An emission
inventory for agricultural machinery can be developed without conducting a census or
gathering detailed on-site activity data. Such an emission inventory, with emission data
by machinery category and county, offers a baseline for developing policies for specific
areas or machinery types. Furthermore, this paper represents the first emission inventory
for agricultural machinery in Croatia, with results disaggregated spatially, by counties,
and by machinery type. The survey includes several thousand respondents. Agricultural
machinery emissions are compared with energy consumption and emissions from road
vehicles. Additionally, spatially disaggregated emissions are compared with the respective
total distribution of agricultural land.

2. Materials and Methods
2.1. Data Collection and Classification of Agricultural Machinery

As mentioned in the introduction, no official data on agricultural machinery emissions
in Croatia is currently available. In order to establish a baseline for future research and
emission scenario development, data on as much agricultural machinery as possible must
be collected. Since a large-scale survey is both financially demanding and time-consuming,
data were collected in collaboration with the Croatian Bureau of Statistics (CBS) as a part
of a large project concerning energy consumption in the agricultural sector in Croatia.
Although only limited types of data could be collected (e.g., machinery age and hours
of operation), this survey project provided the infrastructure necessary to collect data on
a maximum number of machines.

An invitation to fill out the survey via a web application or a field survey was sent
to every agricultural entity to collect the maximum amount of data possible. The CBS
provided administrative data on all agricultural businesses, and data were collected from
December 2017 to April 2018. The respondents were asked to fill in data on machinery type,
the number of machines for each class, fuel type (diesel or gasoline), fuel consumption for
each piece of machinery in litres, land type, agricultural land area in hectares, and business
type. Data on the business type was used during data processing and classification. The
participants were divided into three business type groups: family farms, eco-producers,
and enterprises. A total of 8895 respondents participated in the survey, and their spatial
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distribution is shown in Figure 1. Most respondents were located in Osjecko-baranjska
and Vukovarsko-srijemska counties, with 1421 and 1070 respondents, respectively. These
results are expected since this part of Croatia is traditionally oriented towards agricultural
activity and features most of the total agricultural entities. Krapinsko-zagorska county had
the smallest number of respondents, with 125 respondents.
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Figure 1. Spatial distribution of the number of respondents in the survey.

Classification of agricultural machinery for the survey was done based on a previous
CBS survey on agricultural machinery numbers from 2003, in which the most often used
agricultural machinery was included. The same categorisation of eight equipment cate-
gories was included in the survey (Table 1). Since agricultural tractors are the most used
agricultural machinery, they were divided into single-axle tractors and two-axle tractors.
Two-axle tractors were further divided into several categories based on engine power.

Table 1. Categories of equipment included in the survey.

Category Equipment

1 Single-axle tractors
2 Two-axle tractors

21 up to 40 kW

2.2 from 41 to 60 kW

2.3 from 61 to 100 kW

24 more than 100 kW
3 Combine harvesters
4 Machinery for potatoes and sugar beet
5 Machinery for fodder plants
6 Other harvesting machinery
7 Balers
8 Other

2.2. Data Processing and Classification

Because the CBS had data on the location of all survey respondents, each survey
respondent was assigned a unique identification number. This enabled merging survey
results with the existing CBS data, which helped to determine the areas of highest agricul-
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tural machinery emissions, i.e., sites of their highest atmospheric impact. The CBS provided
a database to select the municipality and county for each respondent. Furthermore, it pro-
vided the information necessary for showing the results on a national level, which was done
using weight factors, calculated on an individual participant level, considering location,
business type and agricultural land area. Weighing factors were added on a municipality
level based on the calculations according to the formula:

WEFjk = (Ajx/Ajx), @

where WEF;; \ is the weighing factor; A, is the total agricultural land area on a county level;
A is the total agricultural land area on a municipality level; i is the county number (i =1,
..., 21);jis the municipality number (j=1, ..., 560), and k is the business type (k=1, ..., 3).

Data were also refined by conducting plausibility control of the answers. After calculat-
ing average fuel consumption for a particular machinery class, outliers and illogical inputs
were removed (e.g., inputs of the wrong fuel type or a wrong order of magnitude). This was
done by comparing individual fuel consumption per hectare of arable land with the county
average and conducting a manual plausibility control for every record of consumption,
an order of magnitude, or more different from the average. The top and bottom 5% of
average fuel consumption were also controlled. Another plausibility control introduced
in the survey was a question requiring data on total fuel bills for 2016. In Croatia, legal
agricultural and marine entities can use blue diesel fuel. Blue diesel has the same properties
as regular diesel fuel but is approximately 40% cheaper. The legal entities must keep all the
bills and use blue diesel only for business. Comparing blue diesel bills and blue diesel fuel
consumption enabled additional plausibility control for this fuel.

2.3. Calculating Agricultural Machinery Emissions

Total emissions from agricultural machinery were calculated for carbon dioxide (CO,),
carbon monoxide (CO), hydrocarbon (HC), nitrogen oxide (NOx) and particulate matter
(PM) emissions using the method listed in the 2019 EEA /EMEP Emission Inventory Guide-
book. The Tier 1 method was used, since the only data concerning emissions that were
collected were data on machinery numbers, engine power class for two-axle tractors, and
fuel consumption [26]:

Ei,j,m,n = Z(Fci/m’n X EFi/j), (2)

where Ej; i, , is the emission of the pollutant for each fuel type from a machinery category
in a county; FC; , , is the fuel consumption for each fuel from a machinery category in
a county; EF;; is the emission factor for a specific pollutant for each fuel type; i is the fuel
type (i=1, 2);jis the pollutant type (j=1, ... , 5); m is the machinery category (m =1, ... , 8),
and n is the county (n=1, ..., 21). Emission factors were obtained from the EEA/EMEP
Emission Inventory Guidebook and are shown in Table 2 [26].

Table 2. Emission factors of gasoline and diesel fuel for agricultural machinery.

Emission Factor (kg/ton of Fuel)

Pollutant

Diesel Gasoline !
Carbon dioxide (CO,) 3160 3197
Carbon monoxide (CO) 11.149 770.368
Methane (CHy) 2 0.087 0.665
Non-methane volatile organic
compounds (NMVOC) 2 3.542 18.893
Nitrogen oxides (NOx) 34.457 7.717
Particulate matter 10 (PM;) 3 1.913 0.157
Particulate matter 2.5 (PM; 5) 3 1.913 0.157

! Values for four-stroke gasoline engines are used; 2 CHy and NMVOC emissions are summed and presented as CH
emissions in the results; and 3 PM;o and PM, 5 emissions are summed and presented as PM emissions in the results.
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Spatial visualization of emissions was done for 21 counties in Croatia, which enables
the identification of areas of more considerable atmospheric impact of agricultural ma-
chinery. An additional spatial visualization was made by comparing these emissions with
each county’s total agricultural land area. Furthermore, data on agricultural machinery
emissions were compared with emissions from road vehicles to better show the impact of
agricultural machinery relative to their energy consumption on a national level.

3. Results and Discussion
3.1. Number of Agricultural Machines and Fuel Consumption

The number of agricultural machines and diesel and gasoline fuel consumption per
county are shown in Table 3. Osjecko-baranjska county had the most significant number
of machines, with 60,758 machines. Zagrebacka county observed a similar number of
machines with 57,358 machines but significantly lower fuel consumption of 7189 tons,
compared with 27,417 tons of fuel in Osjecko-baranjska county. This indicates that most of
the agricultural machines in Zagrebacka county have lower fuel consumption per machine
compared with Osje¢ko-baranjska county, which may be due to fewer hours worked per
machine in Zagrebacka county. This difference is also spatially shown in Figure 2a,b, which
indicate the number of machines and the total fuel consumption per county, respectively.

Table 3. The number of agricultural machines and diesel and gasoline fuel consumption per county.

Fuel Consumption

County T\}[l::ll:ier:e(;f (tons of Fuel)
Diesel Gasoline
Bjelovarsko-bilogorska 54,646 10,682 12
Brodsko-posavska 38,508 9404 11
Dubrovacko-neretvanska 11,287 1544 100
Grad Zagreb 10,877 2303 21
Istarska 17,868 3361 7
Karlovacka 20,318 2938 77
Koprivni¢ko-krizevacka 43,861 11,142 11
Krapinsko-zagorska 25,985 2354 32
Li¢ko-senjska 13,099 1944 2
Medimurska 16,095 3554 5
Osjecko-baranjska 60,758 27,401 16
Pozesko-slavonska 23,685 6279 12
Primorsko-goranska 1938 711 12
Sisacko-moslavacka 33,718 7410 13
Splitsko-dalmatinska 13,295 5374 59
Sibensko-kninska 6441 1468 18
Varazdinska 36,104 3891 16
Viroviti¢cko-podravska 33,310 10,614 9
Vukovarsko-srijemska 46,479 17,628 3
Zadarska 17,587 3216 19
Zagrebacka 57,358 7186 3

Total 583,216 140,404 458




Agriculture 2022, 12, 1962

7 of 18

AN

Primorsko
g0
X

ranska
Karl
RN
g

Zagrebacka

bilogorska ' podravska bilogorska  podravska

By Zagrebacka
Primorsko
30
iy

AN o
Pozesko
ranska
Karl
N
g

slavonska

Pozesko;

slavonska
Vukovarsko

srijemska

Vg_kova rsko SIEE)
srijemska E

OVaCkomg ) ocavatka

Number of Total fuel
agricultural machinery o X consumption (t)
71900 - 11200 RIS 1700 - 1900
111200 - 15300 \‘\ 71900 — 2800
[ 15300 - 19300 32800 - 3500
i [ 19300 - 29100 [ 3500 — 5800
Splitsko [ 29100 - 36800 I 5800 - 8000

I 8000 - 10800
I 10800 — 27400

fdalimatinska Bl 36800 — 47600
Il 47600 — 60800

(a) (b)
Figure 2. Spatial distribution of the number of agricultural machines (a) and total fuel consumption (b).

The results were also calculated based on the machinery category. Table 4 shows the
number of agricultural machines and diesel and gasoline fuel consumption for all machinery
categories. Diesel is almost exclusively used, with 140,404 tons of fuel out of the total
140,462 tons used by agricultural machinery, or 99.95%. The other harvesting machinery
category has the highest number of machines, with 258,745. The second largest machinery
group by machinery number is two-axle tractors, with 111,113 tractors, and is also the
largest group for fuel consumption, with 78% of total fuel consumed. Fuel consumption
per agricultural machine is shown in Figure 3a. Osje¢ko-baranjska county had the most
significant fuel consumption per agricultural machine, with 451 kg of fuel per machine,
followed by Splitsko-dalmatinska Zupanija with 409 kg. Krapinsko-zagorska county had
the lowest fuel consumption of 92 kg per machine, which could be due to larger machinery
with more downward engine displacement or power. Since two-axle tractors have the most
significant fuel consumption, their fuel consumption per county and per tractor is shown in
Figure 3b. Splitsko-dalmatinska and Osjecko-baranjska counties have the most considerable
consumption, with 1100 and 948 kg of fuel per two-axle tractor, respectively.

Table 4. Number of agricultural machines and diesel and gasoline fuel consumption for all machin-
ery categories.

Fuel Consumption (tons of Fuel)

. Number of
Class Equipment !
Machines Diesel Gasoline
1 Single-axle tractors 56,039 17,057 171
2 Two-axle tractors 111,113 112,051 2.1
2.1 up to 40 kW 57,184 25,405 14
22 from 41 to 60 kW 31,579 26,250 /
2.3 from 61 to 100 kW 16,598 33,043 /
24 more than 100 kW 5752 27,354 /
3 Combine harvesters 8604 9730 /
4 Machinery for potatoes and sugar beet 654 248 /
5 Machinery for fodder plants 5203 16 0.1
6 Other harvesting machinery 258,745 1035 221
7 Balers 51,515 154 0.4
8 Other 73,232 112 61

TOTAL 565,105 140,404 458
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Figure 3. Spatial distribution of the fuel consumption per agricultural machine (a) and fuel consump-
tion per two-axle tractor (b) in tons of fuel.

3.2. Emissions from Agricultural Machinery

After determining fuel consumption, CO,, CO, HC, NOy, and PM emissions were
calculated using Equation (2). The results are shown by county and by machinery category.
For machinery categories, as with fuel consumption, emissions are disaggregated for two-
axle tractors. The Tier 1 method of the EMEP/EEA Air Pollutant Emission Inventory
Guidebook differentiates emission factors by machinery category for different fuel types;
the other emission factors are used for gasoline and diesel fuel. The emissions were
calculated individually and then aggregated by machinery categories. For example, CO,
emissions for single-axle tractors were calculated individually and then aggregated for
all diesel and gasoline single-axle tractors. Table 5 shows emissions for all the equipment
categories in tons. For CO,, emissions are presented in kilotons. Two-axle tractors had the
most significant proportion of emissions in all of the calculated emission types. The most
important proportion of emissions of two-axle tractors was for CO, and NOx emissions,
with a proportion of 80%, followed by a proportion of 79% for PM emissions. As with the
fuel consumption, two-axle tractors with engine power from 61 to 100 kW had the most
significant emissions in all the calculated emission types. Machinery for fodder plants had
the lowest emissions, with a 0.01% proportion of emissions for all emission types.

Table 5. Emissions for all the equipment categories in tons.

Emissions (tons, Kilotons for CO,)

Class Equipment
CO, co HC NOx PM
1 Single-axle tractors 54.4 302 103.8 588.2 66.5
2 Two-axle tractors 354.1 1286.4 407.2 3861 428.7
2.1 up to 40 kW 80.3 292.2 92.5 875.4 97.2
2.2 from 41 to 60 kW 82.9 301.1 95.3 904.5 100.4
2.3 from 61 to 100 kW 104.4 379 119.9 1138.6 126.4

2.4 more than 100 kW 86.4 313.7 99.3 942.5 104.7




Agriculture 2022, 12, 1962 9of 18
Table 5. Cont.
. Emissions (tons, Kilotons for CO,)
Class Equipment
CO, co HC NOx PM
3 Combine harvesters 30.7 111.6 35.3 335.3 37.2
4 Machinery for potatoes and sugar beet 0.8 2.8 0.9 8.6 1
5 Machinery for fodder plants 0.1 0.3 0.1 0.6 0.1
6 Other harvesting machinery 4 149.3 57.9 36.3 5.6
7 Balers 0.5 2 0.7 53 0.6
8 Other 0.6 39.4 154 4 0.9
TOTAL 445.1 1893.5 621 4839.2 540.6

Emissions for all machinery categories by emission type are shown in Figure 4. When
combined, single-axle and two-axle tractors are responsible for most emissions for all
emission types. Their proportion is the highest for NOx emissions, 92%, and the lowest for
HC emissions, with a proportion of 82%.

6000
&' 5000
O
£ 4000
b
= 3000
(2]
=
[}
UEJ 1000
,  oeeee HEE == @B
cO2 coO HC NOX PM
B Single-axle tractors Two-axle tractors
Combine harvesters Machinery for potatoes and sugar beet
B Machinery for fodder plants M Other harvesting machinery
M Balers H Other

Figure 4. Emissions for all machinery categories by emission type.

Figures 5-9 show a spatial distribution of total emissions and emissions by a hectare of
arable land for all emission types by a county. The numbers used to prepare those figures
are given in Appendix A in Tables A1 and A2. Figure 5a,b show the spatial distribution
of total CO; emissions and the spatial distribution per hectare of arable land for CO,
respectively. Osje¢ko-baranjska county had the most significant of total CO, emissions,
with 86.6 kt. When considering CO, emission per hectare of arable land, Osjec¢ko-baranjska
county only had 1.1 t/ha of emissions. For comparison, Splitsko-dalmatinska county
had the most significant emissions per hectare of arable land at 28.2 t/ha, followed by
Dubrovacko-neretvanska county with emissions of 14 t/ha. Koprivni¢ko-krizevacka county
had the lowest emissions of 0.5 t/ha. The spatial distribution of total CO emissions
and the spatial distribution per hectare of arable land for CO are shown in Figure 6a,b,
respectively. Osjecko-baranjska county had the most significant total of CO emissions, with
324 t. Dubrovacko-neretvanska county had the most significant CO emissions per hectare
of arable land, with 215 kg/ha.



Agriculture 2022, 12, 1962 10 of 18

A \Varazdinska

N N krii%vaéka
Bjelovarsko - BjelovarskoJmViroViticko
S .. bilogorska ¢ . :bilogorska®podravska o5
N jrel cka A Zagrebacka 3
RriMOrsko, Pozesko iy Po7eko N
CRERL® slavonska slavonska
STStarskal Vukovarsko %
Karl srijemska “ srijemska
* sko ) Brodsko} .
N
3 2 posavska
Total CO, CO; emissions

emissions (t) per hectare of

L QRN
h SN 12300 - 6000 arable land (kg/ha)
Y -1 6000 — 9000
79000 — 11000 1500-1100
I 11000 — 18300 11100 - 1800
B 18300 — 25300 1 1800 — 2500
B 25300 — 34000 [ 2500 - 3200
B 3200 — 4300

Il 34000 - 86600
[ 4300 - 10900

Il 10900 - 28200

(@) (b)

Figure 5. Spatial distribution of total carbon dioxide (CO,) emissions (a) and spatial distribution of
CO; emissions per hectare of arable land (b).

[
bilogors!

Bjelovarsko RV iroviticko
o 2 kapMIpodravska
Zagrebacka
Poieéko

P bilogorska
Zagrebacka

Prﬁors’ko 7 3
goranska Vik b
JIStarskal . Sisacko, AR
' Karlovacka e T acka % srijemska
<

Total CO CO emissions

er hectare of
emissions (t) P

arable land (kg/ha)
[3115-30
£330-50 g i —‘;
C3150-80 b \ QR Sibensko -
B 80110 M YRrinska B17-12
B 110 - 150 Rl B 12-16

B 16-18

I 150 - 200

(a) (b)

Figure 6. Spatial distribution of total carbon monoxide (CO) emissions (a) and spatial distribution of

CO emissions per hectare of arable land (b).
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Figure 9. Spatial distribution of total particulate matter (PM) emissions (a) and spatial distribution of
PM emissions per hectare of arable land (b).

Figure 7a,b show the spatial distribution of total HC emissions and the spatial distri-
bution per hectare of arable land for HC, respectively. Osje¢ko-baranjska county had the
most significant total of HC emissions, with 103.4 t. When considering HC emissions per
hectare of arable land, Dubrovacko-neretvanska county had the most critical emissions per
hectare of arable land at 81 kg/ha.

The spatial distribution of total NOx emissions and the spatial distribution per hectare
of arable land for NOyx is shown in Figure 8a,b, respectively. Osje¢ko-baranjska county
had the most significant total of NOx emissions, with 944 t. Contrary to CO,, CO, and
HC emissions, where Dubrovacko-neretvanska county had the most critical emissions per
hectare of arable land, Splitsko-dalmatinska county had the most significant NOx emissions
per hectare of arable land, with 305 kg/ha. This is due to Splitsko-dalmatinska county
having a more substantial proportion of diesel consumption in total agricultural machinery
fuel consumption than Dubrovacko-neretvanska county. While Dubrovacko-neretvanska
county had 94% of diesel fuel consumption in total fuel consumption, Splitsko-dalmatinska
county had a share of 99%. Since NOx emissions per ton of fuel are significantly larger for
diesel fuel than for gasoline fuel, Splitsko-dalmatinska county had more significant NOx
emissions per ton of arable land.

Figure 9a,b show the spatial distribution of total PM emissions and the spatial distri-
bution per hectare of arable land for PM, respectively. Osjecko-baranjska county had the
most significant total of PM emissions, with 105 t. When considering PM emissions per
hectare of arable land, Splitsko-dalmatinska county had the most critical emissions per
hectare of arable land at 34.5 kg/ha. As with the NOx emissions, Splitsko-dalmatinska
county had the most significant emissions per hectare of arable land due to having a more
substantial proportion of diesel fuel in total fuel consumption compared with Dubrovacko-
neretvanska county.

The spatial distribution of emissions indicates that continental counties in the eastern
continental part of Croatia have the highest emissions for all emission types. This is
expected since that part of Croatia is the central region of agricultural production due
to its topography. Osje¢ko-baranjska, Vukovarsko-srijemska, Koprivni¢ko-krizevacka,
Bjelovarsko-bilogorska, Viroviti¢ko-podravacka and Brodsko-posavska counties are the six
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counties with the highest emissions for all emission types, as is shown in Figures 5-9. When
considering emissions per hectare of arable land, counties in the southern part of Croatia
have the highest emissions for all emission types. Figures 5-9 show that Dubrovacko-
neretvanska, Splitsko-dalmatinska, Sibensko-kninska and Zadarska counties have the
highest emissions for all emission types, despite having lower total emissions compared
with the six counties mentioned above, which is due to the influence of mountainous terrain.

Since there are no official data on agricultural machinery emissions in Croatia, there is
no way to validate the results from the survey with the existing data. Thus, a comparison of
the results of the emissions from agricultural machinery with emissions from road vehicles
was made for Croatia and six other countries. The purpose of this comparison is to show
that agricultural machinery has much higher emissions than road vehicles when looking
at its respective share in energy consumption. Furthermore, the purpose is to show that
the data broadly differ among countries. A comparison was made for energy consumption
and CO,, CO, HC, NOx, and PM emissions. Table 6 presents a comparison of energy
consumption and emissions of agricultural machinery with road vehicles for the year 2016
for Croatia and six other European countries with official data on agricultural machinery
emissions: The Netherlands, Sweden, Finland, Denmark, Germany, and Switzerland.
Emissions for Switzerland are shown for 2015 since only data for that year are available.
It can be seen that agricultural machinery emits much more emissions for some emission
types compared with their respective proportion of energy consumption. In Croatia, for
example, agricultural machinery consumed 6.8% of energy compared with road vehicles,
but they emitted 58.6% of HC, 36.7% of PM and 19.8% of NOx emissions. The results for
all emissions vary by country. For example, in Finland, HC emissions from agricultural
machinery are 40.2% compared with road vehicles, whereas in the Netherlands, they are
only 1.3%. This may be due to the poor quality of data for agricultural machinery. The
Netherlands, Denmark, Germany and Switzerland estimate their agricultural machinery
emissions using only vehicle stock or vehicle sales data. No further data are collected, and
no surveys are made to collect, e.g., activity data. However, Finland and Sweden conduct
annual data gathering on a very limited basis [36]. Further research is necessary for an
in-depth explanation of this data discrepancy.

Table 6. Comparison of emissions for Croatia [37,38] and six other European countries which have
official data on agricultural machinery emissions: The Netherlands [33], Sweden [34], Finland [35],
Denmark [28], Germany [39], and Switzerland [27].

Energy Emissions in Comparison with Road Vehicles
Country .

Consumption CO, Cco HC NOy PM
Croatia 6.8% 7.3% 6.4% 58.6% 19.8% 36.7%
Netherlands No data ! 4.4% 0.8% 1.3% 10.5% 7.3%
Sweden No data ! 6.7% 21.5% 15% 7.0% 40.8%
Finland 7.5% 8.6% 25.1% 40.2% 13.3% 34.6%
Denmark 8.1% 8.6% 20.4% 20% 15.6% 59.3%
Germany 4.2% 3.5% 4% 6.7% 8.1% 59%
Switzerland 3% 2.9% 16.7% 9.5% 8.2% 31.8%

! There are no official data for road vehicles and agricultural machinery energy consumption.

Since this research presents the first emission inventory of agricultural machinery
in Croatia, further research is needed for data to be comparable and verified. As seen
from the data in Table 6, HC and PM emissions from agricultural machinery are much
higher for a unit of consumed energy than road vehicles, indicating that further research
on agricultural machinery emission-reduction technology in Croatia is needed. Adding
emission-reduction technologies, such as oxidation catalysts, selective catalytic reduction,
NOx adsorbers, diesel particle filters, and gasoline particle filters, can considerably lower
overall emissions [40]. The light scattering device offers cost-friendly solutions for lowering
fugitive dust emissions [41]. Researching new propulsion types using hybrid technologies
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and electricity are necessary for achieving climate neutrality in agriculture [42,43]. Research
on on-site infrastructures, such as solar panels for charging machinery, can be used to
develop models for sustainable farming [44]. However, the electrification of agricultural
machinery is still in the early stages [45].

Additional surveys could gather other data to use more detailed emission methods
and compare them with the results of this paper. Additionally, more detailed data on
emission-reduction technologies could show how emission-reduction technology and
machinery electrification can spatially reduce overall emissions in Croatia and other areas
for different machinery categories. However, the first step would be to increase the existing
emission inventory accuracy by surveying with additional data gathering. Information
on machinery age and work hours would enable more detailed Tier 2 or Tier 3 methods
from the EMEP/EEA Air Pollutant Emission Inventory Guidebook [46]. The comparison
between multiple models of determining an agricultural emission inventory would result
in cost-optimal emission research.

4. Conclusions

Emissions from agricultural machinery impact the climate, produced food, and the
health of the agricultural workers. The first step in emission control is data analysis, where
an emission inventory plays the most critical role. In this paper, a spatial emission inventory
was developed via data gathered from a large-scale survey with 8895 respondents in Croatia.
After determining the fuel consumption, agricultural machinery emissions were calculated
using the EEA Tier 1 method. Two-axle tractors had the most significant fuel consumption
and emitted the most emissions for all emission types. A spatial presentation of emissions
showed that Osjecko-baranjska county had the most emissions, with 86,637 t of CO,, 324 t
of CO, 103 t of HC, 944 t of NOx and 105 t of PM. However, the most arable land emissions
per hectare were present in Dubrovacko-neretvanska and Splitsko-dalmatinska counties.
Dubrovacko-neretvanska had the most CO and HC emissions, with 215 kg CO/ha and
81 kg HC/ha, whereas Splitsko-dalmatinska county had the most CO,, NOx, and PM
emissions, with 28,218 kg CO, /ha, 305 kg NOx /ha, and 35 kg PM/ha.

Without an official figure to compare the results, data verification was done by re-
lating the results with the emissions from road vehicles and comparing those relations
with other relative values in some other countries. When comparing fuel consumption
and emissions of agricultural machinery with those of road vehicles, it is evident that
agricultural machinery in Croatia in 2016 had a more significant proportion of emissions
than their respective share in fuel consumption, except for CO emissions, and with no data
for road vehicles for PM emissions. A comparison with other countries indicated similar
proportions, i.e., a higher proportion of emissions compared with energy consumption in
the Netherlands, Sweden, Finland, Denmark, Germany, and Switzerland, except for CO,
emissions in Finland and CO emissions in Germany. Unfortunately, there is no official data
for agricultural machinery energy consumption in the Netherlands and Sweden. Future
studies could focus on determining additional information, such as vehicle age or work
hours, or information on emission-reduction technologies, in order to determine the effects
on overall emissions.

Lack of data presents a significant problem in developing an emission inventory for
agricultural machinery. Conducting an extensive survey can ensure that quality data can
be collected, enabling policies to target specific areas and machinery categories. This task
could be done annually by an institution with enough resources to collect and process the
data. Government funding for such an institution would benefit its stability and capacity
to develop annual emission inventories. It is essential to determine which data can be
accurately collected from the agricultural entities to avoid collecting unreliable data and
to ensure that the agricultural entities can fill the survey with accurate and up-to-date
data. Collaborating between government, academic, and professional institutions with
agricultural entities can help optimize data selection and collection. The critical point,
however, is to ensure the continuity of surveying.
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Appendix A

Table Al. Emissions of agricultural machinery by county.

Emissions (t, kt for CO,)

County
CO, cO HC NOy PM
Bjelovarsko-bilogorska 10,694 33,795 42 130 368
Brodsko-posavska 9415 29,752 37 115 324
Dubrovacko-neretvanska 1644 5198 30 80 53
Grad Zagreb 2324 7344 13 39 79
Istarska 3368 10,643 14 43 116
Karlovacka 3015 9531 30 82 101
Koprivni¢ko-krizevacka 11,153 35,244 43 135 384
Krapinsko-zagorska 2386 7542 16 47 81
Li¢ko-senjska 1946 6151 8 24 67
Medimurska 3558 11,244 14 44 122
Osjecko-baranjska 27,417 86,637 103 324 944
Pozesko-slavonska 6291 19,879 26 79 216
Primorsko-goranska 722 2283 5 15 25
Sisacko-moslavacka 7423 23,456 30 93 255
Splitsko-dalmatinska 5433 17,170 34 98 185
Sibensko-kninska 1487 4699 10 28 51
Varazdinska 3907 12,348 18 55 134
Viroviti¢ko-podravska 10,623 33,568 41 127 366
Vukovarsko-srijemska 17,631 55,714 65 204 607
Zadarska 3235 10,223 16 48 111
Zagrebacka 7189 22,717 27 84 248

Total 445,138 621 1894 4839 541
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Table A2. Emissions of agricultural machinery per hectare of arable land by county.

Emissions per Hectare of Arable Land (kg)

County
CO, co HC NOx PM
Bjelovarsko-bilogorska 13,316 2538 3 10 28
Brodsko-posavska 15,661 1900 2 7 21
Dubrovacko-neretvanska 370 14,045 81 215 145
Grad Zagreb 2780 2642 5 14 29
Istarska 2788 3818 5 15 42
Karlovacka 2266 4205 13 36 45
Koprivni¢ko-krizevacka 64,968 542 1 2 6
Krapinsko-zagorska 2591 2911 6 18 31
Li¢ko-senjska 1229 5004 6 19 54
Medimurska 6079 1850 2 7 20
Osjecko-baranjska 79,593 1089 1 4 12
PozZesko-slavonska 12,782 1555 2 6 17
Primorsko-goranska 958 2382 6 16 26
Sisatko-moslavacka 39,156 599 1 2 7
Splitsko-dalmatinska 608 28,218 56 161 305
Sibensko-kninska 336 14,005 29 84 151
Varazdinska 3419 3612 5 16 39
Viroviti¢ko-podravska 21,599 1554 2 6 17
Vukovarsko-srijemska 54,693 1019 1 4 11
Zadarska 982 10,407 16 49 113
Zagrebacka 4852 4682 6 17 51
Average 13,316 2538 3 10 28

References

1.  Ramanathan, V.; Feng, Y. Air Pollution, Greenhouse Gases and Climate Change: Global and Regional Perspectives. Atmos.
Environ. 2009, 43, 37-50. [CrossRef]

2. Sanidas, E.; Papadopoulos, D.P; Grassos, H.; Velliou, M.; Tsioufis, K.; Barbetseas, J.; Papademetriou, V. Air Pollution and Arterial
Hypertension. A New Risk Factor Is in the Air. . Am. Soc. Hypertens. 2017, 11, 709-715. [CrossRef] [PubMed]

3. Ye, S.H.; Zhou, W.; Song, J.; Peng, B.C.; Yuan, D.; Lu, Y.M.; Qi, P.P. Toxicity and Health Effects of Vehicle Emissions in Shanghai.
Atmos. Environ. 2000, 34, 419-429. [CrossRef]

4. Environment, U.N. Emissions Gap Report 2022. Available online: http://www.unep.org/resources/emissions-gap-report-2022
(accessed on 15 November 2022).

5. Hoehne, N.; Kuramochi, T.; Warnecke, C.; Roeser, F.; Fekete, H.; Hagemann, M.; Day, T.; Tewari, R.; Kurdziel, M.; Sterl, S.; et al.
The Paris Agreement: Resolving the Inconsistency between Global Goals and National Contributions. Clim. Policy 2017, 17, 16-32.
[CrossRef]

6.  United Nations Framework Convention on Climate Change. Glasgow Climate Pact; United Nations Framework Convention on
Climate Change: Rio de Janeiro, Brazil; New York, NY, USA, 2021.

7. The European Commission Stepping up Europe’s 2030 Climate Ambition—Investing in a Climate-Neutral Future for the Benefit
of Our People. Available online: https:/ /eur-lex.europa.eu/legal-content/EN/TXT /?uri=CELEX%3A52020DC0562 (accessed on
28 July 2021).

8. Piscitello, A.; Bianco, C.; Casasso, A.; Sethi, R. Non-Exhaust Traffic Emissions: Sources, Characterization, and Mitigation Measures.
Sci. Total Environ. 2021, 766, 144440. [CrossRef] [PubMed]

9.  Madden, S.M.; Ryan, A.; Walsh, P. Exploratory Study on Modelling Agricultural Carbon Emissions in Ireland. Agriculture 2022,
12, 34. [CrossRef]

10. Sun,].; Zhai, N.; Miao, J.; Sun, H. Can Green Finance Effectively Promote the Carbon Emission Reduction in “Local-Neighborhood”

Areas?—Empirical Evidence from China. Agriculture 2022, 12, 1550. [CrossRef]


http://doi.org/10.1016/j.atmosenv.2008.09.063
http://doi.org/10.1016/j.jash.2017.09.008
http://www.ncbi.nlm.nih.gov/pubmed/28989071
http://doi.org/10.1016/S1352-2310(99)00306-4
http://www.unep.org/resources/emissions-gap-report-2022
http://doi.org/10.1080/14693062.2016.1218320
https://eur-lex.europa.eu/legal-content/EN/TXT/?uri=CELEX%3A52020DC0562
http://doi.org/10.1016/j.scitotenv.2020.144440
http://www.ncbi.nlm.nih.gov/pubmed/33421784
http://doi.org/10.3390/agriculture12010034
http://doi.org/10.3390/agriculture12101550

Agriculture 2022, 12, 1962 17 of 18

11.

12.

13.

14.
15.

16.

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.
27.

28.

29.

30.

31.

32.

33.

34.

35.

36.

37.
38.

39.

40.

Desouza, C.D.; Marsh, D.J.; Beevers, S.D.; Molden, N.; Green, D.C. A Spatial and Fleet Disaggregated Approach to Calculating
the NOX Emissions Inventory for Non-Road Mobile Machinery in London. Atmos. Environ. X 2021, 12, 100125. [CrossRef]
Szymlet, N.; Lijewski, P; Fu¢, P; Sokolnicka, B.; Siedlecki, M. Comparative Analysis of Passenger Car and Non-Road Machinery
Specific Emission in Real Operating Conditions. In Proceedings of the 2018 International Interdisciplinary PhD Workshop
(IIPhDW), Swinoujscie, Poland, 12 May 2018; pp. 226-230.

Walus, K.J.; Wargula, L.; Krawiec, P.; Adamiec, ].M. Legal Regulations of Restrictions of Air Pollution Made by Non-Road Mobile
Machinery-the Case Study for Europe: A Review. Environ. Sci. Pollut. Res. 2018, 25, 3243-3259. [CrossRef] [PubMed]

Poulsen, T.S. Market Analysis for Non-Road Mobile Machinery Sector; Scandinavian GPP Alliance: Oslo, Norway, 2017; p. 40.

US EPA 2017 National Emissions Inventory (NEI) Data. Available online: https://gispub.epa.gov/neireport/2017/ (accessed on
24 September 2021).

Cao, T.; Durbin, T.D.; Russell, R.L.; Cocker, D.R.; Scora, G.; Maldonado, H.; Johnson, K.C. Evaluations of In-Use Emission Factors
from off-Road Construction Equipment. Atmos. Environ. 2016, 147, 234-245. [CrossRef]

Dallmann, T.; Shao, Z.; Menon, A.; Bandivadekar, A. Non-Road Engine Technology Pathways and Emissions Projections for the Indian
Agricultural and Construction Sectors; SAE International: Warrendale, PA, USA, 2017.

Bie, P; Ji, L.; Cui, H,; Li, G,; Liu, S.; Yuan, Y.; He, K.; Liu, H. A Review and Evaluation of Nonroad Diesel Mobile Machinery
Emission Control in China. J. Environ. Sci. 2022. [CrossRef]

Zhang, J.; Liu, L.; Zhao, Y.; Li, H,; Lian, Y.; Zhang, Z.; Huang, C.; Du, X. Development of a High-Resolution Emission Inventory of
Agricultural Machinery with a Novel Methodology: A Case Study for Yangtze River Delta Region. Environ. Pollut. 2020, 266, 115075.
[CrossRef] [PubMed]

Lang, J.; Tian, J.; Zhou, Y.; Li, K,; Chen, D.; Huang, Q.; Xing, X.; Zhang, Y.; Cheng, S. A High Temporal-Spatial Resolution Air
Pollutant Emission Inventory for Agricultural Machinery in China. J. Clean Prod. 2018, 183, 1110-1121. [CrossRef]

Dallmann, T. Costs of Emission Reduction Technologies for Diesel Engines Used in Non-Road Vehicles and Equipment; International
Council on Clean Transportation: Washington, DC, USA, 2018; p. 24.

Helms, H.; Jamet, M.; Heidt, C. Renewable Fuel Alternatives for Mobile Machinery 2017; Ifeu: Heidelberg, Germany, 2017.

Guo, X.; Wu, H,; Chen, D.; Ye, Z.; Shen, Y.; Liu, J.; Cheng, S. Estimation and Prediction of Pollutant Emissions from Agricultural
and Construction Diesel Machinery in the Beijing-Tianjin-Hebei (BTH) Region, China. Environ. Pollut. 2020, 260, 113973.
[CrossRef] [PubMed]

Wang, F; Li, Z.; Zhang, K.; Di, B.; Hu, B. An Overview of Non-Road Equipment Emissions in China. Atmos. Environ. 2016, 132,
283-289. [CrossRef]

Loncarevi¢, S.; Ilingi¢, P; gagi, G.; Luli¢, Z. Energy Consumption and Emissions of Agricultural Machinery for Different Arable
Landtypes. IX Int. Sci. Congr. Agric. Mach. 2021, 79, 71-74.

EEA. EMEP/EEA Air Pollutant Emission Inventory Guidebook 2019; EEA: Copenhagen, Denmark, 2019.

Notter, B.; Wiithrich, P.; Heldstab, J. An Emissions Inventory for Non-Road Mobile Machinery (NRMM) in Switzerland. J. Earth
Sci. Geotech. Eng. 2016, 6, 273-292.

Winther, M. Danish Emission Inventories for Road Transport and Other Mobile Sources. Inventories until the Year 2018. In Danish
Centre for Environment and Energy; AARHUS UNIVERSITY: Aarhus, Denmark, 2020; p. 132.

Ruyssenaars, P.; Coenen, P; Rienstra, J.; Zijlema, P; Arets, E.; Baas, K; Droge, R.; Geilenkirchen, G.; 't Hoen, M.; Honig, E.; et al.
Greenhouse Gas Emissions in the Netherlands 1990-2019; Rijksinstituut voor Volksgezondheid en Milieu: Utrecht, The Netherlands, 2021.
Al-Hanbali, H.; Genberg Safont, J.; Josefsson Ortiz, C.; Guban, P.; Eklund, V.; Kellner, M.; Yaramenka, K.; Kindbom, K.; Helbig, T.;
Danielsson, H.; et al. Informative Inventory Report Sweden 2021; Swedish Environmental Protection Agency: Stockholm, Sweden,
2021; p. 331.

Lijewski, P.; Merkisz, J.; Fu¢, P.; Ziétkowski, A.; Rymaniak, L.; Kusiak, W. Fuel Consumption and Exhaust Emissions in the
Process of Mechanized Timber Extraction and Transport. Eur. |. For. Res. 2017, 136, 153-160. [CrossRef]

Ai, Y,; Ge, Y,; Ran, Z,; Li, X.; Xu, Z.; Chen, Y.; Miao, X.; Xu, X.; Mao, H.; Shi, Z,; et al. Quantifying Air Pollutant Emission from
Agricultural Machinery Using Surveys-A Case Study in Anhui, China. Atmosphere 2021, 12, 440. [CrossRef]

Statistics Netherlands Emissions in The Netherlands by Mobile Sources. Available online: https://opendata.cbs.nl/statline/
portal.html?_la=en&_catalog=CBS&tableld=84735ENG&_theme=1128 (accessed on 24 April 2021).

Statistic Sweden Emissions of Air Pollutants from Off-Road Vehicles and Other Machinery by Subsector. 2018. Available online:
http:/ /www.statistikdatabasen.scb.se/pxweb/en/ssd /START__MI__MI0108/MI0108 ArbMask/ (accessed on 10 April 2020).
VTT Technical Research Centre of Finland TYKO Calculation Model for Working Machines. Available online: http:/ /lipasto.vtt.
fi/en/tyko/index.htm (accessed on 28 March 2020).

Lonéarevi¢, S.; Ilini¢, P; éagi, G.; Luli¢, Z. Problems and Directions in Creating a National Non-Road Mobile Machinery Emission
Inventory: A Critical Review. Sustainability 2022, 14, 3471. [CrossRef]

Croatian National Inventory Report 2020. Available online: https://unfccc.int/documents /223243 (accessed on 17 November 2022).
Ministry of Economy and Sustainable Development. Republic of Croatia 2022 Informative Inventory Report; Ministry of Economy
and Sustainable Development: Zagreb, Croatia, 2022; p. 187.

Ortl, E. Aktualisierung der Modelle TREMOD/TREMOD-MM fiir Die Emissionsberichterstattung 2020 (Berichtsperiode 1990-2018);
Umweltbundesamt: Dessau-Rofllau, Germany, 2020.

Johnson, T.; Joshi, A. Review of Vehicle Engine Efficiency and Emissions. SAE Int. ]. Engines 2018, 11, 1307-1330. [CrossRef]


http://doi.org/10.1016/j.aeaoa.2021.100125
http://doi.org/10.1007/s11356-017-0847-8
http://www.ncbi.nlm.nih.gov/pubmed/29238926
https://gispub.epa.gov/neireport/2017/
http://doi.org/10.1016/j.atmosenv.2016.09.042
http://doi.org/10.1016/j.jes.2021.12.041
http://doi.org/10.1016/j.envpol.2020.115075
http://www.ncbi.nlm.nih.gov/pubmed/32622217
http://doi.org/10.1016/j.jclepro.2018.02.120
http://doi.org/10.1016/j.envpol.2020.113973
http://www.ncbi.nlm.nih.gov/pubmed/31991351
http://doi.org/10.1016/j.atmosenv.2016.02.046
http://doi.org/10.1007/s10342-016-1015-2
http://doi.org/10.3390/atmos12040440
https://opendata.cbs.nl/statline/portal.html?_la=en&_catalog=CBS&tableId=84735ENG&_theme=1128
https://opendata.cbs.nl/statline/portal.html?_la=en&_catalog=CBS&tableId=84735ENG&_theme=1128
http://www.statistikdatabasen.scb.se/pxweb/en/ssd/START__MI__MI0108/MI0108ArbMask/
http://lipasto.vtt.fi/en/tyko/index.htm
http://lipasto.vtt.fi/en/tyko/index.htm
http://doi.org/10.3390/su14063471
https://unfccc.int/documents/223243
http://doi.org/10.4271/2018-01-0329

Agriculture 2022, 12, 1962 18 of 18

41.

42.

43.

44.

45.

46.

Liu, Y,; Shao, L.; Wang, W.; Chen, J.; Zhang, H.; Yang, Y.; Hu, B. Study on Fugitive Dust Control Technologies of Agricultural
Harvesting Machinery. Agriculture 2022, 12, 1038. [CrossRef]

Streimikiene, D.; BaleZentis, T.; BaleZentiené, L. Comparative Assessment of Road Transport Technologies. Renew. Sustain. Energy
Rev. 2013, 20, 611-618. [CrossRef]

Zeiner, M.; Landgraf, M.; Knabl, D.; Antony, B.; Barrena Cédrdenas, V.; Koczwara, C. Assessment and Recommendations for
a Fossil Free Future for Track Work Machinery. Sustainability 2021, 13, 11444. [CrossRef]

Gorjian, S.; Ebadi, H.; Trommsdorff, M.; Sharon, H.; Demant, M.; Schindele, S. The Advent of Modern Solar-Powered Electric
Agricultural Machinery: A Solution for Sustainable Farm Operations. J. Clean Prod. 2021, 292, 126030. [CrossRef]

Scolaro, E.; Beligoj, M.; Estevez, M.P.; Alberti, L.; Renzi, M.; Mattetti, M. Electrification of Agricultural Machinery: A Review.
IEEE Access 2021, 9, 164520-164541. [CrossRef]

Han, G.-G,; Jeon, J.-H.; Cho, Y.-J.; Kim, M.-H.; Kim, S.-M. Analysis of Air Pollutant Emissions for Mechanized Rice Cultivation in
Korea. Agriculture 2021, 11, 1208. [CrossRef]


http://doi.org/10.3390/agriculture12071038
http://doi.org/10.1016/j.rser.2012.12.021
http://doi.org/10.3390/su132011444
http://doi.org/10.1016/j.jclepro.2021.126030
http://doi.org/10.1109/ACCESS.2021.3135037
http://doi.org/10.3390/agriculture11121208

	Introduction 
	Materials and Methods 
	Data Collection and Classification of Agricultural Machinery 
	Data Processing and Classification 
	Calculating Agricultural Machinery Emissions 

	Results and Discussion 
	Number of Agricultural Machines and Fuel Consumption 
	Emissions from Agricultural Machinery 

	Conclusions 
	Appendix A
	References

