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Abstract

:

The automation of workflows for the optimization of manufacturing processes through digital twins seems to be achievable nowadays. The enabling technologies of Industry 4.0 have matured, while the plethora of available sensors and data processing methods can be used to address functionalities related to manufacturing processes, such as process monitoring and control, quality assessment and process modelling. However, technologies succeeding Computer-Integrated Manufacturing and several promising techniques, such as metamodelling languages, have not been exploited enough. To this end, a framework is presented, utilizing an automation workflow knowledge database, a classification of technologies and a metamodelling language. This approach will be highly useful for creating digital twins for both the design and operation of manufacturing processes, while keeping humans in the loop. Two process control paradigms are used to illustrate the applicability of such an approach, under the framework of certifiable human-in-the-loop process optimization.
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1. Introduction


Industry 4.0 key enabling technologies have been increasingly integrated in the last years, leading to more efficient, more anthropocentric and eco-friendlier factories, driving the industries forward and moving closer to the state of the art of innovation [1,2,3,4]. However, modernizing and digitalizing the industry has not been an easy task, as the policies have not been harmonized with the readiness of the equipment and the people. The introduction of many policies, such as Zero Defect Manufacturing (ZDM) [5] and Circular Economy (CE) [6] has added to the complexity of the problem, rendering the implicated optimization a difficult task. Additional concepts, equally demanding in terms of the manipulation of the technologies, have been the need for certification [7], the integration of information and communication technologies (ICT) such as 5th generation mobile networks (5G) [8] and frugal manufacturing [9], followed by the requirement for high flexibility and customization [10]. Furthermore, harmonization between business aspects and the technological background has led to the servitization of functionalities [11], while each technology ought to consider the environmental footprint within the context of a Life Cycle Assessment (LCA), the Circular Economy and other policies. An additional driver for workflow management would be the non-financial reporting [12].



There are a plethora of technologies available to achieve the selected strategy (or strategies); the fourth industrial revolution (Industry 4.0) itself, focusing on networking, offers some enabling technologies [13]. These technologies, with the help of human capabilities [14], can boost productivity and sustainability. Respective workflows, however, are often difficult to be implemented, especially when they involve the collaboration between the technologies and humans, known as human-in-the-loop procedures [15]. It is then up to the businesses to absorb them; this is an additional milestone [16,17]. In addition, there is the “paradox of low investment in innovation despite vast potential gains in efficiency, quality, and diversification, and the lack of effective policies to facilitate these returns” [18].



All these aspects lead to a highly expressed need for capabilities documentation and technology integration [19] that will simultaneously solve the interoperability and context awareness problems. At the same time, related terms, demanding in terms of systems integration, that could be used towards (possible real-time) holistic decision making and optimization in manufacturing, have been those of digital twin (DT) [20,21], cyber-physical systems (CPS) [22] and cloud manufacturing [23]. The aspects of the overall optimization problem can be graphically seen in Figure 1.



Towards a digital twin creation through utilizing intense systems integration, this work addresses the problem of workflow automation, potentially in conjunction with human-in-the-loop methodologies through a classification of technologies and a corresponding metamodelling framework that has been designed based on the needs of manufacturing process optimization and is tailored to industrial systems, processes design and integration. The idea is based on an automation workflow knowledge database, aiming at facilitating the design and the operation of the digital twins, customized on the digital maturity of a business [24]. This is carried out through building up an ensemble of workflows that can be chosen in case of optimization, to speed up time-consuming rigor. Two different examples are made, one for optimization of a thermal process (process level) and one for optimizing a process chain (system level).



A brief description of the state of the art follows, providing an overview of the workflow management techniques as well as of the technologies available. The method is then presented, based on metamodelling followed by workflow selection. Subsequently, the two aforementioned case studies are presented, for process and line level operations, while the corresponding results along with some discussion lie in the next section. Finally, conclusions on the usability of both the technology classification as well as the workflow library are provided.




2. State of the Art


2.1. Technology Modelling and Workflows


The state of the art in manufacturing, (as shown though European projects and Research, Technology Development and Innovation [25]) seems to dictate integrating a bundle of technologies and implies their smooth functionalities. To this end, a classification of technologies could be useful. This could be the toolset of an engineer designing and operating a digital twin [26] and making it work both technically and in a business sense. Such a classification system is described hereafter and is depicted in Appendix A.



In terms of previous works, the Business Process Model and Notation (BPMN) is one of the first formal approaches for production workflow modelling [27], while Petri networks can be introduced [28] to this end, also as a part of authorization models [29]. Another well-known concept that is helpful in this and can enhance optimization is metamodelling [30]; an even more generic term.



As far as (meta)modelling techniques are considered, there are specific grammar techniques that can boost workflows towards preventing errors [31]; these methods are highly useful in taking into account cyber-physical systems (CPS) [32] as well; however, they can be quite hard to apply. In the same context, functional and sequence modelling has also been suggested [33]. Regarding workflows, it is imperative that automation is also regarded; this, however, introduces additional needs [34]. Partially, this can be addressed by (entities’) identity management [35], leading also potentially to certification. Finally, it is noted that there are dedicated pieces of software [36] that can help with workflow modelling. At this point, it can be stated that there may be three different drives towards modelling, beyond optimization: standardization, simplification and transformation [37].




2.2. Metamodelling Protocols


Regarding communicating data, several authors have dealt with the concepts of CPS and the Internet of Things (IoT) [38]. The definitions could be:




	
“Cyber-physical systems are the integration of computation and physical processes. Embedded computers and networks monitor and control the physical processes, usually with feedback loops where physical processes affect computations and vice versa.” [39]



	
“A global infrastructure for the information society, enabling advanced services by interconnecting (physical and virtual) things based on existing and evolving interoperable information and communication technologies.” [40]








However, communicating data on their own is inadequate to address digital twins’ formation since workflows have to be addressed, both technically and in a business sense. It is noted that a variety of protocols and standards have existed for similar reasons; for instance, CPS architecture follows the “5C” protocol [41]. A list of standards and classifications would also include international standards ISO 25.XXX for manufacturing processes (e.g., 25.020 for forming), standards of American society for testing and materials ISO ASTM 52900 for additive manufacturing (AM) processes, international electrotechnical commission IEC 61360 classification and EXPRESS, ISO 13584-42: Parts library—Part 42: Description methodology: Methodology for structuring part families, and other standards related to CPS (i.e., ISO 13374 and IEC 61508) [42], specific standards for processes such as ISO: 6520-1 for welding, and standards for technologies implied in the digital twin implementation [43]. Additionally, data manipulation standards and formats have to be mentioned. It is noted that the start towards a holistic approach was made with Computer-Integrated Manufacturing (CIM) [44]. Furthermore, application is highly relevant; indicatively, in an electric vehicle (EV), where different international standards exist such as the IEC 62196 and IEC 61851 regarding charging.



The concept of metamodelling is not new, either. The Manufacturing Automation Protocol (MAP) [45] has previously been proposed and Specific Communication Service Mapping (SCSM) [46] has been utilized, while there are standards related to Manufacturing Message Specification (MMS) (IEC 61850-8-1:2011 and ISO 9506-6 [47]), as well as to the Simple Network Management Protocol (SNMP) [48]. More recent works have involved working on the “ideal of automating production optimization” [49], while a review of languages [50] has been made, highly useful for holistic metamodeling. More pieces of literature on metamodelling include BPMN standardization [51], automation standardization [52] and coexistence standardization [53].



Both MMS and SNMP are based on Abstract Syntax Notation One (ASN.1), a network management language, which has many implementations, i.e., the one based on extensible mark-up language (XML), known as XER format [54]. Moreover, virtual manufacturing devices [55] have been used on the physical aspect, even leading to commercial applications [56]. Interoperability [57] could be addressed in IoT and CPS utilizing SNMP in manufacturing [56], or a hybrid approach of SNMP and MMS [58].



Additional concepts that could be used are related to the technology classification. The Remote Monitoring Management information base (RMON MIB) (1 and 2) [59] offers a tree-like structure and this is a highly useful approach for the current case. Additionally, it is mentioned that concepts such as object-oriented modelling [60], Process Specification Language (PSL) and Unified Modeling Language (UML) [61], as well as languages such as “Monitor-Analyze-Plan-Execute over a shared Knowledge” (MAPE-K) [62] can be used at different phases of a digital twin (operation and design), while the concept of orchestration [63] is highly relevant. Additionally, the need for integrating the key enabling technologies (KETs) into the design process of manufacturing systems [64] and the corresponding orchestration could be enhanced through the use of a BPMN structure, while an alternative approach, that of service-based manufacturing systems [65], could be integrated. The lack of an overall framework though is evident. Figure 2 illustrates this issue, by representing different phases of manufacturing where a metamodel could be used. The interactions between the phases are also shown.



It is logical that the capabilities and constraints of the technologies define their applicability. However, it is also the connectivity with each other that drives their choice since they will be used complementarily to create, eventually, a production system. Thus, it may be inevitable that the classification does not only contain the definition of families per use, but also a system that manipulates meta-information on the technologies’ capabilities.



In summary, a tree-like structure is adopted in conjunction with an information management system. To begin with, industrial entities could be broken down into nine categories: processes, cell, auxiliary functions, monitoring and control, operation and design line level functionalities, information and communication technologies, Industry-4.0-related concepts, materials and resources, and finally, policies and strategies. The fifth industrial revolution (Industry 5.0) is treated herein tentatively as a strategy. At this point two important notes are made: (i) these categories could be enriched in the future and (ii) not all technologies can be uniquely classified. An example of the second fact is that the Internet of Things could fit under both ICT and Industry 4.0. In addition to this, subcategories can be defined, in a tree-like structure, by also mentioning their characteristics in terms of meta-information.



This kind of meta-information can be used in various phases of the production, such as the design and the operation of the factory, or the integration of new technologies. To this end, a Unified Manufacturing Meta-Modelling Mark-up Language (UML4.0) can be defined, following the patterns of the RMON MIB tree-like structure and ASN.1, potentially with XML encoding rules. In addition to all of the protocols mentioned above, a taxonomy of methods has to be formed. This could be performed in analogy similar to RMON1 and RMON2, as illustrated in Figure 3.




2.3. Technologies


To address all the strategies imposed by the social and environmental requirements, novel manufacturing technologies have rapidly emerged over the last decade, establishing their position in the manufacturing sector [66]. Prior publications have focused on the enabling technologies in the concept of Industry 4.0 (or even Industry 5.0) and the subcategories of these. The current work expands on this approach by investigating the integration of the nine attributes, namely the processes, the cell, the auxiliary functions, monitoring/control, manufacturing functionalities, ICTs, Industry 4.0, materials and policies on a small–medium enterprise (SME) or original equipment manufacturer (OEM) environment with respect to the environmental footprint.



The existing research does not fully address classification, while the current paradigm is adaptive enough to cover it as a whole; as an example, Ahuett-Garza and Kurfess [67] briefly presented the enablers of the Industry 4.0 such as IoT, additive manufacturing (AM), Big Data and so on. A similar brief investigation was conducted by Bigliardi et al. [68] who presented some of the applications of the concept of Industry 4.0. A more thorough research regarding the Smart Factory in the context of Industry 4.0 and the structure of itself was conducted by Chen et al. [69]. Furthermore, a recent review by Oztemel and Gursev [70] outlined the related technologies in the context of Industry 4.0., and the same authors structured a classification in four different pillars such as the strategic, managerial, technical and human resource view [71]. Moreover, Wan et al. [72] integrated the enabling technologies into the social manufacturing context, meaning that clients/customers can interfere directly with the production. Similar keywords of the enabling technologies of Industry 4.0 may be found in the article from Qian et al. [73], who discussed the key technologies for “Smart and Optimal Manufacturing”. It is pointed out, however, that business models, in addition to technologies, are also essential to make everything work. In addition, it is a fact that various technologies found in the literature, cannot be implemented in a straightforward way. There are challenges pertaining to cyber-physical cloud manufacturing [74], challenges linked to management and standards [75], and technology limitations (i.e., related to augmented and virtual reality (AR/VR) [76]).



2.3.1. Category 1 (Manufacturing Processes)


Regarding the modules taken into account herein, the attribute “Process” regards all the production processes that can be used for manufacturing a product. Moreover, constraints from the client can be adopted on the novel shop floor, while the integration of additive manufacturing (AM) in small and medium enterprises (SME’s) could provide the solution to this challenge with minimal changes in each request and in a cost-effective way [77,78].



Subtractive, joining, deforming, forming as well as property changing [44], additive manufacturing and custom processes have to be taken into consideration. At this point it would be useful to mention that one of the fastest growing and most promising manufacturing technologies is additive manufacturing, which provides major advantages over traditional production processes [79]. However additive manufacturing technologies have problems linked to low productivity, poor quality and uncertainty about the mechanical properties of the final part [80]. In Appendix A, this classification is further analyzed, and it has to be noted that the aforementioned families consider only the mechanisms. In order to enhance metamodelling, the involved variables have to be taken into consideration, namely the process parameters and the performance indicators. These entities are considered in a separate category, to indicate their independence. They can, however, be linked to processes. For instance, a laser welding machine is related to the laser welding process, and also has additional process parameters: either directly linked to the process, such as laser power, laser frequency and scanning speed, or linked to the machine, such as the shield gas flow rate [81].




2.3.2. Category 2 (Cell-Related Equipment)


This is another intuitive category. The machine tool, robotic arms, automated guided vehicles (AGVs), cobots and exoskeletons are only a few of the cell characteristics that interact with the process itself; the interference, for example, of a machine tool with the process has already been mentioned. Machine tool characteristics, additionally, will play an important role in the processes’ performance, i.e., motors will define the boundaries of the speed of the process, and the frame type will define its capabilities in terms of “processability”.




2.3.3. Category 3 (Auxiliary Functionalities)


Resources management, safety systems, cooling equipment, heating, ventilation, and air conditioning (HVAC), augmented reality (AR) and virtual reality (VR) are only a few of the aspects that interact with the process; however, the implications of their use are not always evident. Examples that can easily be mentioned here are the effects on the process performance because of the feedstock delivery system’s existence, or the quality restrictions due to maintenance management. Furthermore, chillers in the case of laser cutting may interfere with optimization with respect to energy efficiency [82], while in the case of human-in-the-loop optimization, the existence of AR visualization techniques may slow down the cycle time [83].




2.3.4. Category 4 (Monitoring/Control as Operations)


This is an additional straightforward category, with clear repercussions for the process. A clear subcategorization can involve monitoring, control and modelling. Process monitoring and control sustain the process with respect to high quality [6,84,85], while offline optimization involves process parameters, key performance indicators (KPIs), process planning, supply chain management, etc., creating a close relationship with the manufacturing processes’ operation and design. A concrete example would be online optimization based on machine learning (ML) techniques [86] with concurrent resource management.



Process control, however, is a complicated subcategory [87]. The concept of statistical process control, for instance, can also be integrated here, even if it is not directly linked to the deterministic control approach as expressed by control theory.



Modelling techniques are also highly relevant in digital twins’ formation and in metamodelling. Thus, the techniques can be documented under this category, as well as the solution techniques. The latter are highly relevant in the workflows of digital twins as they define the use of the models and the computational time is highly relevant. If the models are fast enough, then they can be integrated in real-time decision making. The issue of their adaptivity should also be taken into account; semi-analytical methods and reduced order model (ROM) [88,89] approaches are highly adaptive and they can be used in uncertainty management schemes (i.e., in cases where the material properties of the workpieces differ from batch to batch).




2.3.5. Category 5 (Functionalities and Manufacturing Operations)


Functionalities have to be taken into account, as they are highly coupled to methods that are presented further below, as well as to the processes’ operations, i.e., in the case of a digital twin design, a series of experiments may have to be implemented. To this end, metamodelling of this case would require management of the analysis of variance (ANOVA) results into the workflow. Additionally, process monitoring may be linked to such functionalities and their corresponding software, i.e., to product lifecycle management (PLM) or enterprise resource planning (ERP), in order to create corresponding alarms under the framework of a digital twin workflow. An indicative structure is also given in Figure A7 of the Appendix A.




2.3.6. Category 6 (ICT)


Blockchain, cryptography and security, data communications, visualization techniques and data formats, are meta-functions of a digital twin. However, they have a huge impact on the digital twin’s performance. Bandwidth, speed and storage needs as well as the existence of delays [7] can contribute to a non-profitable digital twin or the bad performance of a closed-loop system.



Simultaneously, Industry 4.0 and ICT are closely related due to the fact that two sub-attributes of ICT, Blockchain and IoT, are common to the nine pillars of Industry 4.0 [90]. The ICTs are the backbone of the future industry, which enable the wireless communication and the smartness through powerful IoT devices at each stage on the shop floor.




2.3.7. Category 7 (Industry 4.0)


In Appendix A (Figure A9), the integration of Industry 4.0 key enabling technologies [91] is summarized into the current tree structure. What is more, several other concepts, such as Computer-Integrated Manufacturing (CIM), are integrated into this category, rendering older trends and legacy systems to also be included in the workflow (often adding constraints and limitations though).




2.3.8. Category 8 (Materials)


A vast variety of different materials can be used towards manufacturing a component; i.e., the primary raw material in the automotive industry has been steel, especially super high-strength steel (SHSS). With the environmental issues and international policies demanding the reduction in carbon dioxide (CO2) emissions per vehicle, there are repercussions for the reduction in weight in each body in white (BiW) frame through multi-material design [92,93]. There is even a trend of utilizing polymers (nylon, polyetheretherketone—PEEK) or metallic powders (titanium-based) in high-speed deposition in the automotive industry to construct low volume production vehicles [94].




2.3.9. Category 9 (Policies)


This section regards the last category encountered in manufacturing metamodelling MIB. It is related to the policies (and strategies) that the manufacturing processes of digital twins may have to accommodate and address. For instance, optimizing a process may be an objective (even if multi-criteria optimization is relevant); however, certification and circularity may be additional objectives (or restrictions). Thus, they all have to be taken into consideration.



The optimization of process efficiency could involve additional terms, such as “Zero-Defect-Manufacturing (ZDM)”, under the scope of preventing defects while reducing the cost and energy-related consumption, as the successor of Total Quality Management (TQM). The main challenge of ZDM is the integration of diverse big-data-generated sources through the monitoring production systems/subsystems. Lindström et al. [95] came up with a framework based on an objective function regarding the quality and manufacturing-processes-related parameters collaborating with five industries. Another aspect that should be taken into account more by firms in terms of the concept of Industry 4.0 are the Circular Economy policies. Recently, Nascimento et al. [96] investigated Circular Economy integration in an Industry 4.0 environment and identified the key technologies in this framework. A similar study conducted by Yang et al. [97] regarding remanufacturing utilizing three aspects (“Smart Life Cycle Data for Design for Remanufacturing”, “End-of-Life Management” and “Smart Factory”) explored the key enablers with the same KETs as mentioned before for Industry 4.0, although with the addition of non-destructive techniques, smart logistics, machine-to-machine (M2M), smart monitoring and the human–machine interface (HMI). It is worth noting that Industry 5.0 could also fit under this policy since human inclusion and resilience [98] can be integrated in the workflow.






3. Approach


A method of optimizing a workflow would comprise three main constituents: the technology used (T), the algorithm achieving the method (A) and finally the implementation in terms of computational effort (F). The method then would be encoded as a triplet (T,L,F), where all the implicated constituents belong to a tree-like structure. In order to achieve this, first of all, a technology classification could be used.



The classification could start by defining a node for manufacturing, which can also be considered to be a tree root; the nabla character ( ∇ ) could be used as its annotation herein (implying transformation), as there is no point in assigning a route in the classical MIB for the time being. Then the nine categories follow, as per the state of the art; for instance, processes can be  ∇ .1, while welding techniques can be classified under the mechanism, as  ∇ .1.2.1 and  ∇ .1.2.1.1, while  ∇ .1.2.1.2 and  ∇ .1.2.1.3 could be used to denote metal inert/active gas (MIG/MAG), and resistance sport welding and laser welding, respectively. Given that MIB has been mentioned, object identifier (OID) syntax is used here [99]. The next step would be to use an abstraction language in order to create entities within the manufacturing environment. The example below defines a milling machine with specific properties. It is only indicative; however, it provides a glimpse of how entities can be defined, as well as how they can be enriched by interactions with other entities. A good implementation of such a language could be AutomationML and Asset Administration Shell (AAS) in particular [100], a language that is used most often for robotized processes; however, it is kept generic herein, for the sake of simplicity, especially since the focus of the current work is the workflows.



MyShopfloor DEFINITIONS AUTOMATIC TAGS ::= BEGIN



 



MillingMachine1 ::= SEQUENCE {



process OBJECT IDENTIFIER ::= { 2 2 1 } -- equals milling



name VisibleString (SIZE (5 .. 50)) OPTIONAL



model VisibleString (“Cut 100” | “Cut 200” | “Cut 300”),



OperatingVoltage INTEGER (110 | 220)



}



 



END



3.1. Classification of Technologies


The classification, as aforementioned, adopts nine categories, as also shown graphically in Figure 4. The rest of the technologies follow the taxonomy in Appendix A. Then, after setting the parameters equal to some value, relationships could be established in terms of the extra properties. For instance, the milling machine could also have a whole sequence as a property for a monitoring system and one more for the controller. This could also be depicted in terms of classical UML, for reasons of simplicity. However, this does not end there; various levels of variables have to be defined in order to define the full manufacturing problem (Table 1).



Indicatively, level 1 can concern data types such as INTEGER. Level 2 can be about structures for the manufacturing operation such as criteria, process parameters, performance indicators and entities, which are analyzed below, Level 3 can regard complex structures consisting of many level 2 entities. One would then also need classes and their instances, as well as functions that also need to be defined, in order for this meta-language to be compiled into some sort of concrete programming language. This would then lead to a full systemic description that can be used for optimization.



To continue, more complicated methods can be defined, but this exceeds the purposes of the current work. Finally, for reasons of completeness, the workflow should be able to be defined, preferably in the form of a state machine. This would help define the requirements to a full extent using UML4.0.



However, the automation of the workflow is not easily automated. There can be many different ways of interacting with the elements mentioned, and possibly this is a human-in-the-loop operation. The first step is to define what the operation is about: designing a system or operating it. This means that when it comes to a scheme of the form function (module, criteria), it has to be specified whether the design of the function has to be considered or its operation. For instance, the cases monitoring (milling machine, energy consumption), design and monitoring (milling machine, energy consumption) and operation, as also indicated in Table 1, are completely different. The first one refers to selecting the equipment (sensors, communications, etc.) and the second one is about implementing the monitoring.



The second step of the automation of the workflow is to transcribe this to a flowchart. For instance, function (module, criteria ^ constrains) is straightforward, as it refers to one loop (Figure 5a). The module selection is an iterative procedure, where various candidate technologies can be checked against the criteria set. However, function2 ((module1, module2), criteria) has at least two implementations (i.e., Figure 5b,c). The first one is related to the sequential selection of the modules, while the second is about the simultaneous choice of the two modules.




3.2. Knowledge Database


This would lead an engineer to utilize predefined workflows. As a matter of fact, an automation workflow knowledge database could be formed. For the two different expressions mentioned above, one could choose the workflow they desire (through flowcharts in this case, as shown in Figure 5). The choice is dependent on the environment, the ease of access to technologies and skills, the business policies and the implementation time, as well as the cost [101]; thus, per case, this allows for the integration of human-in-the-loop selection or an automated one. This way, based on feasible workflows, one can overcome the “cost” of an optimization that would have doubtful actual profit for a business.



The technology readiness level plays a really important role. Thus, research results should be documented in great detail (i.e., through European Factories of the Future Research Association—EFFRA) [102], as they may be useful in future applications. This, however, implies one more difficulty in the workflow generation, as the research results, even if they are of high technological readiness, should be tailored for reasons of applicability. For instance, modelling techniques, such as reduced order model techniques (ROMs), need a phase of customization before being applied to the workflow. A typical example is defining a digital twin architecture [103]. In this case, the workflow may demand the choice of both a machine learning module and a physics module; however, it is quite possible that neither of them is ready during the optimization; the first one may need tailoring (ROM creation for a specific part geometry), while the second one may need training. As a matter of fact, this is the reason why the digital twin was inserted as an extra module in the technologies’ classification; already ready frameworks could be tested. However, even in this case, the workflow may demand extra information for designing an overall system; the design of experiments could be its outcome in this case. Thus, both automated and human-in-the-loop workflows can be designed and operated.



The database of optimization workflows can also be accompanied by tables that characterize invasiveness. These tables can contain the information pertaining to the changes needed, beyond actual direct economic repercussions as well as technical and business workflows, such as (i) training-related information [104] and (ii) generalized return of investment (i.e., environmental and social impact).





4. Case Studies


This section consists of two different case studies illustrating the applicability of the current methodology. The first one regards a single process control metamodelling schema that is required to be certifiable and optimized. It is a continuation of previous works [105,106], where adaptive control of laser-based processes is applied. The second paradigm concerns a multi-process chain and, specifically, how to properly select the process sequence with the help of the current framework. It is related to designing lines [101] and to operating them [107].



4.1. Process Monitoring/Control and Policies Integration


With manufacturing process monitoring and control becoming a driver for the growth and sustainability of manufacturing industries today [108], making use of certification schemes [109] in process monitoring can be highly complex. To illustrate the applicability of the current classification under the scope of certification for policies integration, the following problem is discussed: “Non-data-intensive certification & optimization of proper monitoring for process control of laser welding under the prism of Zero-defect manufacturing and upfront investment”.



The pseudo-mathematical description in this case would be optimize (Certify (Optimize (monitoring (Laser Welding), with respect to cost and efficiency)),with respect to data). The corresponding traditional workflow would then be as per the following image (Figure 6). The first loop implies the sequential choice of alternatives for the equipment that is available and the evaluation. An immediate conclusion of this workflow would be the rejection of thermal cameras and a focus on pyrometers, due to the cost and data rate. Then, once the equipment is fixed, the certification mechanism has to be finalized. Under the requirement of a non-data-intensive approach [85], a mechanism for data abstraction is required. Then, it is time for the choice of implementation. In the case where Unified Architecture of Open Platform Communications (OPC-UA) communication [110] is required, then there may be restrictions for the sampling rate. Thus, this implies that a controller has to be designed before the implementation design. For instance, a bang-bang controller, with a low on–off rate, may have to be used in this case instead of a traditional one (i.e., PID [111]).



The difficulties in this workflow are evident: the implementation specifications should be used in advance so that all related technologies are able to be eliminated beforehand. The implemented schema, along with the communications, as well as messages passing towards certification and data logging, can be seen in Figure 7. Moreover, two aspects of modelling have been superimposed to it; vertically, the cyber-physical–social aspects are considered, while horizontally the spatial distribution of functionalities is shown. The virtual manufacturing devices, handling the message passing, are also shown in this schematic, with the communication protocols, rendering it as a holistic scenario depiction.




4.2. Process Chain Manipulation


Decision tables [44] are often used for choosing the appropriate process chain. In the case of computer-aided process planning (CAPP) [113], the enrichment of the list of criteria can be made in an automated way. For instance, in the case of selecting the machine/process, ICT criteria can be inserted, as shown in Table 2 below. This will allow optimizing not only the manufacturing performance per se but also the interoperability for reasons of data traceability and Zero Defect Manufacturing.



Clustering, the second phase of process planning [115], will also benefit from this procedure, as with additional capabilities, the equipment can also be integrated. Indicatively, it is mentioned that, depending on the policies introduced, the augmentation of the method can be multi-fold, as per the list below:




	
Certification: Data acquisition capabilities and communication devices;



	
Lifecycle assessment (LCA): energy consumption monitoring, as well as traceability system for the parts;



	
Zero Defect Manufacturing: sensors’ inclusion during, before and after processing, as well as data traceability technique.










5. Results and Discussion


5.1. Process Monitoring and Control


For the control case, an expert would be required to intervene, leading to human-in-the-loop optimization and empirical control, since, as shown below, the automated optimization is possible, at least with the available techniques (cost is also a restriction). To this end, in the following figures, the efficiency of various controllers with respect to tracking at 650 K is shown. To begin with, Figure 8 is related to a proportional–integral–derivative-based (PID) controller enforced on a simple dynamic system. The problem here lies with the fact that there is a cooling down phase, during which the dynamic system modelling is no longer valid. Thus, a switched system has to be developed, allowing the dynamics of the system to change.



Using a bang-bang controller [116] and a dynamic system, however, excludes the integration of automated controller calibration. Figure 9 illustrates the effect of a sophisticatedly selected bang-bang controller. It has a rather undesired performance due to it overshooting.



For this reason, a bang-bang controller with a lower frequency, as well as different extreme values for the power were developed; the performance of the closed-loop system is satisfactory, as per the graph of Figure 10.



It is evident that the original workflow of Figure 6 is not adequate to address the optimization problem. For this reason, the classification can be highly useful. In Figure 11, a new workflow is attempted, integrating the classification paradigm; the dashed boxes are generated in the procedure, due to alarms generation, while the whole workflow has been linearized due to constraints being imposed at the beginning (one can strengthen this characteristic adding human-in-the-loop optimization and thus enforce empirical constraints).



The role of the expert would be centered in metamodelling and control selection, primarily. This will help achieve extra goals such as human inclusion. Tools and technologies, such as artificial intelligence (AI) and high-performance computing (HPC) help in achieving this to a larger extent.




5.2. Process Chain Manipulation


In this case study, the enhanced binary clustering algorithm for CAPP could be used to give solutions as per Table 3 for three different parts that require Zero Defect Manufacturing, LCA techniques and certification for ZDM.



The methods for the binary clustering algorithm also need to be documented, while the outcome can be integrated into the scheduling and then the control directives. Thus, the workflow will eventually be that shown in Figure 12. However, it is noted that this case requires intense systems’ integration, as the link to ERP and PLM is greatly needed due to the accommodation of parts information and orders-related data.



Artificial intelligence is also expected to help decision making. However, data and experience from previous cases is particularly useful, as manufacturability is not a straightforward topic to this day. For instance, addressing uncertainties in dimensional accuracy may be solved with the help of some extra work and the installation of some fixtures.




5.3. Business Aspects (Complexity and Cost)


Depending on the KPIs selected at the strategic level (as well as productivity and sustainability, technology integration may be desirable), the workflow may be profitable or not. An additional, interesting, yet heuristic, metric for the workflow could be the transactions taking place. This exceeds the purposes of the current work; however, there are already works towards this [117], helping the study of the efficiency of the changes and the insertion of certification procedures. What is attempted herein, is backtracking in the lifecycle [36] that could be helpful towards facilitating accounting for all of the capital expenditure (CAPEX) and the operating expense (OPEX) involved, while changes are associated with the help of matrices such as those of Equation (1).


   [  N e w   o p e r a t i o n s  ]  =  [  A s s o c i a t i o n   M a t r i x  ]  ·  [  O l d   o p e r a t i o n s  ] ,   



(1)







Moreover, regarding different policies, such as dematerialization [118], it seems that there is the chance through such knowledge bases to take into account additional KPIs that could potentially be transformed into monetary units, such as: time, quality, energy consumption, flexibility, amount of data utilized, social KPIs and training needs. Then, using an overall cost function, one could determine whether digitalization is profitable. A first approach to this would be the correlation of heuristic values with existing measurable KPIs, as per Equation (2). A human expert, however, would probably still be needed to interpret the results and be able to make comparisons between different case studies in different sectors.


   [          d e m a t e r i a l i z a t i o n       g r e e n n e s s               h u m a n   e m p o w e r m e n t       i n n o v a t i o n   d e g r e e          ]  =  [           a  11        ⋮             a  12          a  22                  …   ⋮             ⋮   ⋮             ⋮   ⋮       ⋱     a  N − 1 N            ⋮       …     a  N 2              …     a  N N            ]  ·   [      u t i l i z a t i o n       C O 2   e m i s s i o n s       m a r k e t   d e m a n d   c o v e r      ]   



(2)









6. Conclusions and Future Outlook


The use of a classification system for involved technologies as well as the use of a unified metamodelling framework is undeniably a powerful tool for the design and the operation of manufacturing processes, along with the optimization through digital twins. Herein, it has been shown how a tree-like structure as well as a metamodelling language can be used, in combination with preexisting workflows, for such an objective. The main added value of this approach concerns the aspects of systems’ integration, technology capabilities’ documentation and workflow formation. The latter also includes policy integration, such as human-in-the-loop optimization and certification, which have repercussions for the choice of the equipment as well as the flow of information among the manufacturing entities.



More specifically, in the case of the closed-loop optimization of manufacturing processes, it has been proved that through specific techniques, such as the inclusion of equipment capabilities in the metamodelling, the linearization of the workflow can be achieved and various malfunctions can be prevented, i.e., the inability of the automated workflow. Additionally, in the case of multi-process chains management, metamodelling is highly useful for the optimization since other entities, beyond the processes (and the machines), can be consolidated in the decision-making process. The safe and reliable operations in industrial manufacturing processes play a crucial role in the economic productivity [119].



It also seems that common aspects in business models should be adopted in case previous knowledge is to be utilized. This dictates the existence of a regulatory framework as well as the integration of procedures such as certification and encryption.



Additionally, regarding future work, strictly defining the parameters of the language, such as the XML-based syntax, standardizing the positioning of the majority of the technological advancements in the MIB (tree-like structure), as well as describing the optimization of the workflow with mathematical tools are waiting to be completed. Finally, it is critical to have compilers that can be used to generate machine-specific control, as well as instruction sets for the integrators. Maybe the way to achieve this would be establishing common standardized architectures and/or the use of virtual machines in parallel with every agent installed on the shop floor. AAS is highly expected to facilitate this procedure through its structures.
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Appendix A


An indicative technology classification is given hereafter, in the following figures:
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Figure A1. Technologies’ classification: Process-related branch. 
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Figure A2. Technologies’ classification: Cell-related branch. 
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Figure A3. Technologies’ classification: Auxiliary-related branch. 
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Figure A4. Technologies’ classification: Monitoring/Control-related branch. 
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Figure A5. Technologies’ classification detail on process control. 
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Figure A6. Technologies’ classification detail on modelling. 






Figure A6. Technologies’ classification detail on modelling.



[image: Applsci 13 01945 g0a6]







[image: Applsci 13 01945 g0a7 550] 





Figure A7. Technologies’ classification: Functionalities-related branch. 
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Figure A8. Technologies’ classification: ICT-related branch. 






Figure A8. Technologies’ classification: ICT-related branch.
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Figure A9. Technologies’ classification: Industry-4.0-related branch. 






Figure A9. Technologies’ classification: Industry-4.0-related branch.
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Figure A10. Technologies’ classification: Materials-related branch. 






Figure A10. Technologies’ classification: Materials-related branch.
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Figure A11. Technologies’ classification: Policies-related branch. 
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Figure 1. The problem of choosing the right combination for a successful workflow. 
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Figure 2. Three distinct phases and the corresponding languages that can be developed. SNMP, MAPE and architecture description languages (ADL) are mentioned. 
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Figure 3. Analogy between SNMP taxonomy and current approach. 
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Figure 4. The first level of technologies’ classification. 
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Figure 5. Three different workflows: (a) single optimization, (b) sequential double optimization, (c) concurrent double optimization. 
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Figure 6. Workflow for process monitoring/control. 
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Figure 7. 7C Protocol, adopted from [112] & Metamodelling of process control scenario including certification framework and transactions. 
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Figure 8. PID controller applied in a thermal manufacturing process: tracking efficiency. 
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Figure 9. Gain controller applied in a thermal manufacturing process modelled as a switched system: tracking efficiency. 
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Figure 10. PID controller applied in a thermal manufacturing process modelled as a switched system: tracking efficiency. The controller was empirically calibrated. 
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Figure 11. Updated workflow for process monitoring/control taking into account metamodelling. 
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Figure 12. Workflow for process chain management. 
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Table 1. Indicative ontology towards workflow definition.
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Category

	
Symbol

	
Technology/Operation

	
Comment






	
Level 1

	
A1

	
Milling machine

	
A combination of process and machine tool




	
A2

	
RGB Camera 1

	
A vision systems subclass 2




	
A3

	
Controller

	
It refers to the implementation—from the machine point of view




	
A4

	
IoT Communications

	
-




	
A5

	
PID 3 Motion Control

	
-




	
A6

	
FPGA 4

	
To implement control




	
A7

	
Ziegler–Nichols algorithm

	
To calibrate the PID controller




	
A8

	
Matlab

	
It is part of ICT




	
A9

	
Closed-Loop System

	
-




	
Level 2

	
B1

	
Enhanced Milling Machine

	
Integrating Level 1 modules B1 = (A1, A3, A5, A6)




	
B2

	
Closed-Loop System operation

	
B2 = (A2, A4, A6)




	
Method 1

	
M1

	
Design a PID Controller for the Milling Machine

	
M1 = (B1, A7, A8)




	
Method 2

	
M2

	
Run the PID Controller for Milling Machine

	
M2 = (A1, A9, B3)








1 Red–Green–Blue, 2 to minimize cost, 3 proportional–integral–derivative, 4 field-programmable gate array.
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Table 2. Augmented decision table for technology-enhanced computer-aided process planning (CAPP).
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	Scenario 1
	Scenario 2
	…





	Condition 1 (Large Diameters)
	
	…
	…



	Condition 2 (Small Diameters)
	True
	…
	…



	Condition 3 (Large Tolerance)
	
	…
	…



	Condition 4 (Small Tolerance)
	True
	…
	…



	Condition 5 (OPC-UA)
	True
	…
	…



	Condition 6 (MQTT [114])
	
	…
	…



	…
	
	…
	…



	Condition N
	
	…
	…



	Action 1 (Choose Lathe 1)
	X
	
	



	Action 2 (Choose Lathe 2)
	
	
	



	…
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Table 3. Instance of enhanced binary clustering algorithm for CAPP.
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	Part
	Process 1

Milling
	Process 2

Welding
	Process 3

Drilling
	Sensor 1

Electric Current
	Sensor 2

CMM
	Agent 1

Logging to Blockchain
	Agent 2

QR Engraver
	Agent 3

QR Reader
	…





	#1
	X
	X
	
	
	X
	
	X
	X
	…



	#2
	X
	X
	X
	X
	
	
	
	
	



	#3
	
	X
	X
	
	X
	X
	X
	X
	



	…
	…
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