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Abstract: In order to find optimized headlight distributions based on real traffic data, a three-step
approach has been chosen. The complete investigations are too extensive to fit into a single paper;
this paper is the last of a three part series. Over the three papers, a novel way to optimize automotive
headlight distributions based on real-life traffic and eye tracking data is presented. Across all three
papers, a total of 119 test subjects participated in the studies with over 15,000 km of driving, including
recordings of gaze behaviour, light data, detection distances, and other objects in traffic. In this third
paper, driver gaze behaviour is recorded while driving a 128 km round course, covering urban roads,
country roads, and motorways. This gaze behaviour is then analysed and compared to prior work
covering driver gaze behaviour. Comparing the gaze distributions with roadway object distributions
from part two of this series, Analysis of Real-World Traffic Data in Germany and combining them with the
idealized baseline headlight distribution from part one, different optimized headlight distributions
can be generated. These headlight distributions can be optimized for different driving requirements
based on the data that is used and weighting the different road types differently. The resulting
headlight distribution is then compared to a standard light distribution in terms of the required
luminous flux, angular distribution, and overall shape. Nonetheless, it is the overall approach that
has been taken that we see as the primary novel outcome of this investigation, even more than the
actual distribution resulting from this effort.

Keywords: automotive lighting; adaptive driving beam; light distributions; eye tracking; gaze
distributions; pedestrian; detection; laser headlamps

1. Introduction

When investigating the light levels and distributions required for safe nighttime
driving, analysing the gaze behaviour of a driver is a useful step, as most of the information
gathered by drivers is obtained visually [1]. Since the science of tracking drivers’ gaze
behaviour has been evolving since at least 1972 [2], much work has been published over the
last 50 years. In recent years, there have been numerous investigations into visibility from
advanced headlighting systems and on the illumination requirements for visually guided
behaviour [3-13]. Many different topics have been investigated such as the difference of
gaze orientation between experienced and inexperienced drivers [2], orientation behaviour
when cornering [14], and gaze directions of tired versus vigilant drivers [15]. With the
introduction of new headlamp systems, the influence of different lighting systems on gaze
behaviour was also studied extensively.

DAMASKY, BRUCKMAN, DIEM, SCHULZ, WINTER, and SHIBATA all investigated the
influence of different headlight systems on the gaze behaviour of drivers [16-22], albeit to
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address different research questions. The approach of DIEM comes closest to the approach
chosen in this paper series. In his studies, the overall gaze behaviour in real-life traffic
situations was recorded. The data were then split into different overall categories and the
data acquired in these categories were compared to the data acquired in similar situations,
but during the daytime.

While a substantial amount of research has been conducted on this very topic of gaze
behaviour during the night, it is crucial for this paper’s approach to conduct new studies.
One reason is that the technology available for gaze tracking has improved drastically, with
new camera technologies allowing for high-resolution capture of the driver’s eyes, and
much increased computational power allowing for the evaluation of large datasets in a
much shorter time (DIEM for example evaluated his data manually on video). Another
reason is that new data that are recorded simultaneously with video data of the road are
needed for the current study’s approach. The gaze behaviour acquired in this study will
be compared with the data presented in part two of this series, Analysis of Real-World
Traffic Data in Germany, where roadway object distributions in real traffic situations were
recorded. Since the gaze behaviour was recorded simultaneously with the object data, both
distributions can be compared directly, showing not only where drivers look but what they
look at while driving. Knowing the exact light distribution of the test vehicle and the data
published by DIEM, BRUCKMANN, AND DAMASKY, assumptions can be made on how
different light distributions could affect the gaze behaviour. Combining all of these data, a
newly optimized light distribution is derived in this series of papers.

2. Driver Gaze Behaviour on Real Roads

This first section will cover the required test set-up, give an overview of the test
procedure including the calibration routine, describe the test subjects in more detail, and
show examples of the acquired gaze data, as well as providing a short comparison to
existing work. The comparison to existing work is mainly for validation purposes and to
show that the system as implemented works as intended.

2.1. Test Vehicle

The test vehicle used in this test, is the same vehicle that was used in part two, Analysis
of Real-World Traffic Data in Germany, as the data for both parts were recorded simultaneously.
Additionally to the set-up previously described, an eye tracking camera system consisting
of four cameras pointing towards the driver was used. Since the headlights and especially
the light distribution is important for this part of the paper series, the passing (low) beam
light distribution of the light emitting diode (LED) headlights on this vehicle is shown
in Figure 1.
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Figure 1. Light distribution of the BMW 3 Series passing (low) beam as used in this study. In the
false colour representation shown, the darker blues correspond to lower intensities, while the lighter
yellows correspond to higher intensities.

2.1.1. Eye Tracking System

The eye tracking system that was used is a Smart Eye system. This system records all
head and eye movement of the driver at 120 Hz. A time stamp is added to these data to
synchronize the gaze data with the data shown in the second paper of our series. The four
cameras are mounted to the chassis of the test vehicle using custom aluminium stands to
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minimize the movement of the cameras and to ensure that the relative positions, including
rotations, between the cameras does not change over the course of a test drive. The cameras
use an infrared filter so that the exposure is kept constant under different exterior light
conditions. For this reason, three infrared light sources were placed between the cameras.
The driver’s view can be seen in Figure 2, where the equipment used for the tests from part
two is also shown.

Figure 2. Interior of the test vehicle, with the eye tracking cameras marked by red circles, the infrared
LEDs for illumination marked by green circles, the stereo camera used for part two of this series
marked in yellow, and an illuminance sensor marked by the blue circle.

2.1.2. GPS and Light Measurement

As shown in Figure 2, additionally, an illuminance sensor was placed behind the rear
view mirror. This sensor was placed in a position where it did not interfere with the vision
of the driver, while at the same time being placed as closely as possible to the driver’s
head position to measure the illuminance at the driver’s eye. The system was a Gigahertz
Electronics X1, measuring at 20 Hz. Additionally, a GPS sensor, measuring at 10 Hz, was set
up outside of the car to measure the driving speed and to control the route, as described in
part two of this paper series.

2.2. Test Procedure

Since an eye tracking system requires intensive calibration routines, this section will
explain the complete procedure performed for each test drive.

2.2.1. Calibration

In the first step, the eye tracking cameras need to be calibrated with each other in
order to calculate the distance and the relative movement of the driver’s head and from
that, the eye movement. For this, a chequerboard pattern was presented to all four cameras
at the same time. From the relative distortion of the pattern, the individual orientations of
all cameras were calculated automatically by the Smart Eye system.

In the next step, the test subject is invited to the vehicle and the calibration of the
system to the driver is performed. This step is necessary since the eye tracking system itself
is only able to calculate a vector from the centre of the eyeball through the pupil’s centre.
However, the gaze vector of each individual is slightly different from this measured vector.
Thus, an individual calibration that calculates the difference between these two vectors
is necessary.

For this study, a six point calibration is performed. For this, each test subject is asked to
look at a series of six fixed markers. The position of these markers relative to the coordinate
system of the cameras inside of the car is known. By this information the calculated vector
by the system can be corrected to match the chosen vectors for the calibration. Since this
calibration has some uncertainty, and each individual has a wide variety of unconscious
eye movements [23-25], the measured data will always exhibit scattering around the
targets even after calibration. From these data, two major metrics are derived: the accuracy,
showing how much the mean gaze vector deviated from the theoretical gaze vector, and
the precision, showing how much the gaze vector scattered around the mean gaze vector.

To achieve reasonable results, only test subjects with both accuracy and precision
below 2.0° were chosen for the study. The accuracy and the precision data for all test
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subjects, separated for each eye individually, are shown in Figure 3 for accuracy and in
Figure 4 for precision.
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Figure 3. Accuracy for all 54 test subjects divided by left and right eyes after the calibration: shown
as a box plot with the median (red line), the 25% and 75% quartiles (blue boxes), the whiskers (dashed
black lines), and the outliers (red diamonds).

The accuracy data clearly show that, overall, accuracy is best for the left eye and that a
mean accuracy of around one degree is achieved with this system.
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Figure 4. Precision for all 54 test subjects divided by left and right eye after calibration: shown as a
box plot with the median (red line), the 25% and 75% quartiles (blue boxes), the whiskers (dashed
black lines), and the outliers (red diamonds).

Similar findings can be made when it comes to precision. Again, on average the left
eye shows the better results, with a mean precision of about 1.4°.

Since accuracy and precision were different for each eye, for each test subject, the more
accurate eye was chosen for the gaze data.

2.2.2. Test Subjects

As mentioned above, a total of 54 test subjects participated in this study. After selecting
only subjects with both accuracy and precision below 2.0°, only 15 of the initial 54 test
subjects remained for further evaluation. It should be remarked here, that due to the
relatively long preparation time and the different parameters used in addition to gaze
tracking, the complete test was conducted with all 54 test subjects; only the analysis of gaze
behaviour was limited to these 15 subjects.

All of the test subjects were between 20 and 40 years of age. Every subject had had a
driver’s licence for at least one year and drove a minimum of 1000 km per year. From the
54 subjects, 16 were female. From the 15 subjects with both accuracy and precision of gaze
tracking below 2.0°, 2 were female. All test subjects were asked to wear their appropriate
corrective lenses for driving (if any) and to arrive at the test location well rested. To test
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their attention span, a memory test was performed before and after the test drive. Overall,
no significant change in the attention span of the subjects was recorded after the test drive.

2.2.3. Route

The route driven is identical to the route used to measure traffic conditions in the
second paper of this series, since the data were acquired simultaneously to that data
collection effort. To summarize, the total route is 128 km, consisting in roughly equal parts
of motorways, rural roads, and urban roads around Darmstadt and Frankfurt.

2.2.4. Driving Conditions

As previous studies have shown, gaze behaviour is highly dependent on different
environmental conditions such as speed, time of day, and light conditions. The illuminance
sensor was placed behind the rear view mirror to measure incoming light at the driver’s
eye. For the test runs, the average illuminance values for urban roads were 7.88 1x, for rural
roads were 0.231x, and for motorways were 0.401x. The complete data for all three road
categories are displayed in Figure 5. All nighttime test drives started at the same time
(19:00 p.m.) and were only conducted during weekdays to ensure similar traffic situations
for all drivers. Test drives were only conducted on days with dry weather.
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Figure 5. Illuminance values recorded during the nighttime drives for urban roads (blue), rural roads
(red), and motorways (yellow).

This figure shows that the illuminance while driving through cities is substantially
higher than along rural roads and motorways. This is likely due to additional fixed road
lighting, more frequent oncoming traffic, and illuminated advertisement and store fronts
that cannot be found along the other categories of roads.

For driving speeds, the recorded average driving speed on urban roads was 31.6kmh ™1,
61.2kmh~! on rural roads, and 100.3kmh~! on motorways. For the calculation of these
data, only data points with a speed of above 1kmh~! were used, meaning that traffic
jams and waiting at traffic lights were excluded. The reason for this is that during those
situations an optimization of light distributions is unnecessary and recording the gaze data
during these standing periods would lead to skewed distributions since drivers would not
need to focus on the road during those times.

2.3. Results

In order to visualize the gaze distributions, several calculations were required. Since
the starting point of each gaze vector is each subject’s eye with the greatest accuracy and
precision, and since the head of each test subject is located at a different position depending
on body size and seat position, and also moves around while driving, the origin of each
gaze vector is moving throughout the data collection. For that reason, displaying gaze
angles only, horizontal and vertical, does not lead to valid results.
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In order to obtain valid results, each single gaze vector is intersected with a plane at a
distance of 25 m away from the test vehicle’s windscreen. Obviously, changing the distance
of this plane would change the gaze distribution. However, testing this for 25, 50, and 75 m
showed only minimal changes in the distribution. However, changing the distance of this
intersecting plane down to 1 m changes the distributions quite drastically, since the head
position now influences the gaze vectors significantly.

2.3.1. Gaze Distributions During Night

Looking at the overall gaze distributions did not lead to any new findings. Therefore,
this section will only show selected situations and road categories. Furthermore, investigat-
ing the overall gaze data did not necessarily lead to the desired insight since a large portion
of these recorded gaze vectors were just scanning gazes not leading to any information
gathering for the driver. For this reason, the data presented here focus solely on fixations.
For this paper, a fixation is defined as a gaze direction that stays within a 2.0° area for more
than 200 ms [26]. The 2.0° area is, for this evaluation, set to be around the moving mean
value of the last 50 ms to ensure that the behaviour of tracking objects will be evaluated as
well [27,28].

One important remark here is that from the overall collected gaze dataset, 24.4% of the
data are correlated to fixations during the night, while only 18.3% of the daytime data are
correlated to fixations. This indicates that the additional light available during the day may
lead to more scanning gaze behaviour, while the limited light available during the night
leads to a more fixation-oriented gaze behaviour.

While the overall fixation distribution did not lead to any particular insight, the most
important metrics are given in Table 1. As a comparison, the same data are presented for
the daytime driving. Additionally to the median values, the standard deviation of both the
horizontal and vertical fixations as well as the median fixation distances, where the fixation
vectors intersect with the road surface, are given.

Table 1. Fixation data for daytime and nighttime driving. The distance d is calculated as the
intersection of the fixation vectors with the road surfaces.

Day Night

Median Horiz. —0.86° —0.82°
Std (o) Horiz. 7.65° —7.34°
Median Vert. —0.80° —2.04°
Std (o) Vert. —3.10° —3.01°
A ied 85.9m 33.5m
Aied—o 17.7m 13.5m

Without going into too much detail, the difference between the fixation distributions
between daytime and nighttime driving mainly appears to be the gaze distance (d,,.),
which is more than double the distance during the day. The nighttime fixation distributions
also appear to be slightly narrower than the overall daytime distribution.

Both of these effects are to be expected due to the limited amount of light avail-
able during the nighttime. Without going into more detail about the daytime fixations,
Table 2 shows the same information for nighttime driving, but divided into the three major
road categories.
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Table 2. Fixation data for the different road categories during nighttime driving.

Urban Rural Motorway
Median Horiz. —0.83° —1.02° —2.31°
Std (¢) Horiz. 6.91° 6.60° 5.78°
Median Vert. —0.81° —0.74° —0.28°
Std (o) Vert. 2.74° 2.70° 2.90°
A ped 84.8m 92.9m 229.0m
Aed—o 19.4m 20.2m 21.6m

The data shows, when compared to the average speed that is being driven in each of
these road categories, that the orientation distance is highly speed dependent. The higher
the speed, the higher and smaller the fixation areas are. The relatively far distance of 229 m
for highway driving is mainly due to the focus on preceding vehicles, and not on the road
ahead. Therefore, while the fixation vectors might intersect the road 229 m ahead of the
driver, the actual fixation, in terms of other vehicles, could be much closer. However, an
exact distance cannot be derived from this analysis.

2.3.2. Comparison to Previous Work

Three main points are described here when comparing to the gaze distributions
reported in previous studies. First of all, the finding that during the night gaze distributions
become narrower and closer to the vehicles was already found by BRUCKMANN and
DieM [17,18]; DAMASKY, however, has found the exact opposite [16]. The difference in
fixation behaviour on different road types, however, match the results presented by DIEM.

Additionally, to further verify the data acquired for this study, the data were compared
to the orientation behaviour found by SHIBATA [19]. For this, curves with similar radii to
those of SHIBATA's study, 150 m to 250 m were selected. The datasets from this study as
well as the data from SHIBATA are shown in Figure 6, and they clearly show that a very
similar orientation behaviour is found. The data acquired in this study is colour-graded,
with dark blue areas showing no fixations and yellow showing the normalized maximum
of the recorded fixations. SHIBATA’S data are marked by red crosses, and in black lines a
curve with a 200 m radius is inserted into the graphic as well.

V. Ang. in Deg

—20 —10 0 10 20

Horizontal Angle in Degree

Figure 6. Fixation data while driving through curves with a radius between 150 m and 250 m. Data
digitalized from SHIBATA [19] are marked by red crosses. In the false colour representation shown,
the darker blues correspond to low fixation numbers, while the lighter yellows correspond to higher
fixation numbers.

All of these findings mainly show that the eye tracking system works as intended
and that the chosen route represents, at least from a gaze behaviour point of view, a
representative road system. The next step is, therefore, to use the present data to develop
an optimized light distribution.

3. Optimizing Light Distributions
In this section, the data acquired from the studies in all three papers in this series will
be brought together to achieve a simple, optimized light distribution. As a starting point,
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the gaze data acquired in this part of the paper series are taken and compared to the object
data from part two, Analysis of Real-World Traffic Data in Germany.

The main concept is that areas that are shown to contain many “important” traffic
objects, such as other cars, pedestrians, or cyclists, should receive a lot of “attention”, which
in this study is represented by fixations. Areas in which no such objects appear do not
require fixations from the driver.

To make the comparison, the normalized mean fixation distribution is subtracted from
the normalized mean object distribution. With both distributions being normalized to their
corresponding maximum, both data matrices have a minimum value of 0 and a maximum
value of 1, meaning that the resulting modification matrix (Figure 7) has a minimum of
—1 for areas where only gazes but no objects were detected, 0 where equal amounts of
objects and gazes were measured, and +1 where only objects and no fixations were found.
This is visualized in Figure 7. Orange and yellow areas mark those areas in which more
objects than fixations are recorded (positive values). Green areas show those parts in which
roughly equal amounts of fixations and objects are found (values around 0) and blue areas
show the parts in which more fixations than objects are detected (negative values).

=

-5
-20 =15 -10 =5 0 5 10 15 20
Horizontal Angle in Degree

V. Ang. in Deg

Figure 7. Visual representation of the modification matrix that was calculated by subtracting the
normalized fixation data from the normalized object distributions. Yellow areas represent more
objects than fixations and blue areas mark the opposite. Green areas show where roughly the same
amount of gazes and objects were found.

For the next step, the base light distribution from part one, Idealized Baseline Headlight
Distribution, shown in Figure 8, is taken into account as well. As described in part one of
this series, this headlight distribution was determined from detection tests under different
horizontal angles under ideal conditions for the driver, including a completely straight
road, no other traffic participants, no other lighting than the vehicle’s headlights, and only
one detection object that was placed along different detection angles.

a1

o

V. Ang. in Deg

-5
-20 =15 -10 -5 0 5 10 15 20

Horizontal Angle in Degree

Figure 8. Baseline headlight distribution used as a starting point for the optimization of the headlight
distribution in the present study.

Multiplying the matrices represented by Figures 7 and 8, results in a matrix that takes
the baseline light that is required to detect objects under certain angles and modifies it
according to the frequency of both fixations and objects found in real-life traffic. Since the
resulting light distribution, as evident from Figure 7, is not going to be symmetrical and
will have some hotspots, the result will be mirrored and smoothed in both the vertical and
horizontal directions by a moving mean smoothing filter over 10 values corresponding to
0.1° in order to generate a light distribution that fits for right-hand traffic as well as for
left-hand traffic. The result of this is displayed in Figure 9.



Appl. Sci. 2023,13, 9898

9of11

a1

o

V. Ang. in Deg

-5
-20 =15 -10 =5 0 5 10 15 20
Horizontal Angle in Degree

Figure 9. Mirrored and smoothed proposed new headlight distribution based on real traffic and gaze
data as well as on detection tests under ideal road conditions

The resulting headlight distribution can be rather clearly separated into two areas.
Below 0° vertically, a wide area is illuminated. Above the horizon, only a small “hotspot”
is visible. This is rather similar to current light distributions, with a wide passing beam
and a narrow but bright main beam.

If the data acquired in part one, Idealized Baseline Headlight Distribution, for the luminous
intensity is used here for scaling the intensity of the centre hotspot, the total luminous flux
as well as the width of this light distribution can be compared to current headlamps. For
this example, the generated light distribution is compared to the light distribution of the
test vehicle used in the detection studies, as presented in Figure 1, with added high beam.

This leads to an increase in the total luminous flux of about 66%, mainly coming from
the much wider distribution in the high beam area. For example, 50% of the maximum is
reached at +10° for the proposed headlight distribution, while the headlight distribution
from the test vehicle reaches the 50% already at £3° from the centre. Furthermore, the
decrease in intensity when comparing the passing beam part of the headlight with the
main beam part of the headlamp is not as strong for the proposed light distribution. The
maximum at —0.5° vertically is around 20% higher for the proposed headlight distribution.

Overall, this optimized headlight distribution mimics currently available high-end
light distributions rather similarly. The differences in width and intensity are rather small;
however, the increase in total luminous flux of 66% is significant.

4. Discussion

When looking only at the third part of this three part paper series, it might seem that
only using 15 test subjects for the gaze analysis seems like a small number of test subjects,
especially considering that a total of 54 test subjects participated in the study presented
here. However, using 15 test subjects with an average of over 2.5 h each and a sample rate
of 120 Hz for the eye tracking system led to a total of more than 900 million gaze vectors
that had to be analysed for the nighttime driving alone. Nonetheless, it is the analytical
approach embodied in this and earlier papers that is the main novel outcome of the present
work, more so than the resulting headlight distribution. For this reason, the decision to
only evaluate the data test subjects with calibration results below 2.0°, would be expected
to influence the acquired results positively rather than negatively.

However, one major point needs to be addressed. All of the data shown in this part,
as well as in part two, were acquired on the same single route through Germany. So, while
the data, when compared to similar data found by other studies, seems similar and by that
representative of overall road conditions, it cannot truly be representative for the world, for
Europe, or even for Germany. Therefore, the proposed light distribution is to be taken with
the required scepticism. A more appropriate approach would be to consider this paper as a
starting point and as a novel way to create an optimized headlight distribution.

On the same note, it should be noted, that the light distribution shown in Figure 9
has been created by simply using all the available data for urban roads, rural roads, and
motorways and weighting them all equally. Obviously different cars are created with
different driving types in mind. Small cars that are mainly designed to be driven inside of
large cities, for example, could use a different light distribution than cars that are typically
designed for longer journeys, and which will be mainly driven on motorways.
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Additionally, with the current technology and increasing possibilities of those tech-
nologies in modern headlights, a scenario is possible where thousands of different light
distributions could be programmed into a single headlamp. Then, the next step would
be to go through datasets such as the ones created for the present studies, and to define
more granular situations in which different light distributions might increase traffic safety.
Following this, the light distributions for those different situations could be optimized.

The three-part approach taken in this and the accompanying papers (parts one and
two) illustrate how it might be possible to use empirical visual detection data from closed-
road investigations and apply the resulting photometric requirements to real-world road-
way environments such as the ones underlying the test drives in this and the previous
papers. Of course, the data and real-world environments are limited in the current study.
As a result, this paper should be considered as a starting point for future research rather
than a definitive optimized headlight distribution.
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