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Abstract: Mastering the relationship between urban landmarks and urban space morphology in urban
planning, landscape planning, and architectural design helps maintain the intelligibility of compact
urban districts. The objective of the present study was to numerically determine the structural salience
of various landmarks in an urban environment and use it to interpret the intelligibility of the city.
Combining the measurement method of 3D visibility and the related principles of space syntax, this
study develops a new 3D Node–Landmark Grid Analysis Model (3D NL GAM) for structural salience
computation of urban landmarks. In this study, a numerical approach is used to construct a 3D
simulation model. Firstly, the visibility of each decision node to landmarks in an urban environment,
using a 3D digital model, is measured using the 3D isovist component of Rhinoceros and Grasshopper
software. Secondly, links among wayfinding decision nodes and landmarks are established to form
a 3D NL GAM. The normalized angular integration of decision nodes and the normalized angular
choice of landmarks are computed using the principle of space syntax. Thirdly, the structural salience
of landmarks is determined with a function of landmark visibility, spatial properties of landmarks,
and wayfinding decision nodes. Finally, a case study was carried out by using a 3D NL GAM to
analyze three types of urban areas located in Changsha. The results indicated that large-scale natural
landscapes have a higher structural salience among the types of landmarks. The structural salience
of architectural landmarks in the combined spatial form of combining tall and low building groups
has a clear advantage over the form dominated by high-rise building groups. Raising the height of
landmark buildings can modify the structure of the grid analysis model and improve the people
aggregation of urban space. The 3D NL GAM can quantify the spatial properties and landmark
structural salience of a city and can effectively assist in the evaluation of the intelligibility of built or
future urban environments.

Keywords: structural salience; landmark visibility; space syntax; 3D isovist; node–landmark grid
analysis model

1. Introduction

Compact cities are an important means of sustainable development and are conducive
to the intensification of urban resources, but they also present higher requirements for
urban planning, landscape planning, and architectural design [1–3]. UN-Habitat advocates
moderately compact and high-density cities, and suggests that the population density of
future urban planning should be greater than 150 people per hectare [4]. This has led to
higher population densities, mixed-function land use, more centralized public facilities,
compact residential built communities within a given urban area, and the development of
vertical space. “Intelligibility” plays a crucial role in the quality of urban space [5].
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However, high density and high-rise clusters in compact cities tend to block views
in urban spaces, which affects the permeability of urban spaces and undermines urban
intelligibility. Therefore, intelligibility in urban environments has become an important
topic in urban design for compact cities. In order to ensure the quality of urban space and
enhance urban intelligibility, urban designers need to think about the following questions:
(1) how to obtain comfortable perception density in urban street space [6–8], (2) ensuring
the synergy of landmarks, (3) how to garner the necessary landscape resources, (4) the
synergy between specific location and the overall environment [9,10], and (5) other urban
image elements in relation to urban residents’ activities. Among them, where clarifying
the structural relationship of landmarks in compact urban areas, accurately describing
the structural salience of landmarks in a compact urban environment is a key issue for
enhancing urban intelligibility.

Urban intelligibility is the original goal of urban imagery in terms of how people
orient themselves and navigate the city [5,11]. People’s actions are governed by their
visual perception and influenced by the characteristics of urban imagery. In essence,
urban imagery describes the structural salience of the city’s elements in relation to each
other [9,12]. The integration of the five elements of urban imagery reflects the behavior of
people moving in the city, i.e., for a person moving in an urban area, this is the process of
perceiving and acting in this area, with boundaries determining the scope of analysis, paths
as channels, nodes as decision points for action, and landmarks as references. Therefore,
the structural salience of landmarks is based on the integration of nodes, paths, areas, and
boundary forms, expressing the role of landmarks in the spatial structure of urban areas
and their relationship with other elements [13].

The structural salience of landmarks has substantial implications for wayfinding and
navigation in cities [13–16]. Caduff et al. generated landmark route navigation using a
landmark saliency-weighted path algorithm and compared landmark routes with shortest-
distance routes, which demonstrates the advantage of landmark routes for navigating route
selection in most cases [17,18]. Simulation analysis agent-based modeling has shown [19]
that the route selection model containing landmarks provides directional guidance and
environmental characteristic variability, thus expressing more urban information. That is,
the urban information conveyed by landmarks is related to the visibility of landmarks, and
the analysis of landmarks in urban areas should consider not only neighboring but also
distant landmarks. In terms of the location relationship between landmarks and pathfinders,
landmarks are usually classified into global and local landmarks [15,20]. Global landmarks
refer to landmarks that can be seen from a large distance, and a global reference system,
such as the efficacy of a compass in landmark routes. Local landmarks can only be seen
from a small distance; they are only visible in a limited area and only from a specific
method [15,20]. Studies have shown that both local and global landmarks are used for
decision making [15,20–22].

However, there has been a lack of quantitative characterization metrics and scientific
analytical methods to describe the structural salience of landmarks in urban spaces [23]. In
terms of landmarks and human wayfinding needs, landmarks are defined as “geographic
objects that constitute human mental representations of space” [24], and landmark represen-
tations are the result of the local integration of visual, motor, and spatial information [25].
Klippel and Winter determined the structural salience of landmarks from the semantic ex-
pression of the positional relationship between landmarks and navigation routes. This is a
kind of qualitative research method focused on navigation route arrangement [26], where it
is difficult to form a difference comparison for the structural salience of landmarks. Winter
also proposed an extension of the advance visibility assumption, in which landmarks can
be identified early along the roadway with valid landmark structural saliency [27], but does
not provide a measure of visibility in complex 3D urban environments and miscellaneous
road grids. Therefore, the structural salience of landmarks in urban environments is a
unique property of the cognitive and physiological trilateral relationship between the
landmark feature itself, its surroundings, and the observer’s perspective [11,14,28].
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Space syntax theory provides methods for measuring spatial node accessibility and
directional guidance in cities [29]. Claramunt and Winter adopted the method of mathemat-
ical graph theory and space syntax to analyze the saliency of regions, boundaries, streets,
and nodes and formed a structural model of urban element recognition [12,30]. It has been
shown that the principles of space syntax are suitable for the structural description of urban
spatial forms, and quantitative analytical results can be obtained. However, this analytical
approach does not deal with distant landmarks on the one hand, nor does it consider the
impact of the visibility of nearby landmarks on the urban structure model. Therefore, based
on the two-dimensional limitation of urban grids, space syntax cannot adequately describe
landmarks [31]. Enhancements based on 3D isovist generation techniques have promoted
the development of spatial syntactic analysis toward 3D spatial analysis. These have been
realized in spatial analyses regarding the measurement of urban spatial openness [32], the
spatial morphological characteristics [33], as well as visual permeability measurements [34].
Detailed representations of spatial visibilities have been implemented in these studies, but
they have not been synchronously implemented for the visibility of a particular object.

The above literature gives an important insight that if a 2D grid analysis model for
an urban network can be developed into a 3D grid analysis model, then the objective of
accurately quantifying the structural saliency of landmarks is possible. Two conditions must
be satisfied to achieve this objective. First, visibility measurements of urban landmarks
are implemented for all the wayfinding decision nodes in a 3D environment. Second,
the spatial properties of landmark locations and the spatial properties of wayfinding
decision nodes are implemented for directional guidance and spatial accessibility. With the
improvement of computer hardware and software technology, the current measurement
technology for both 3D digital models of cities and visibility data of spatial places has
been significantly improved [35,36]. Meanwhile, there is a mature research paradigm for
analyzing the relationship between urban spaces using space syntax [37,38]. In order to
achieve these two fundamental conditions, the next section is devoted to a literature review
on the construction of a grid analysis model based on space syntax, and the presentation of
a 3D isovist.

Based on the literature and analysis, this study develops a 3D Node–Landmark Grid
Analysis Model (3D NL GAM) to incorporate the 3D visibility data of landmarks into the
spatial syntactic analysis model. In the context of compact cities, this paper aimed to clarify
the integrated relationship between landmarks and textural features in urban areas. In
particular, the relationship between natural landscape resources, street grids, the combined
forms of different architectural groups, and the landmark’s own form was examined and
used to guide the evaluation of urban intelligibility and the urban design.

2. Literature Review
2.1. Grid Analysis Model Based on the Principle of Space Syntax

Space syntax is a scientific reconstruction of how people interact with their environ-
ment. This helps to understand the relationship between humans and their environment
by creating a model that connects real spaces with human cognitive structures through
logical spaces (employing signs, symbols and representations to create schematized mul-
tidimensional spaces) [39]. After more than 50 years of development, space syntax has
become a paradigm for spatial research, and is linked to other disciplines or research
fields [40]. Using the principles of space syntax, the city is understood as a network formed
by space, thus establishing a link between human behavior and network science in the
urban environment [41,42]. The analytical method of space syntax can be used to analyze
the urban street networks, functional layouts, data on urban points of interest, as well
as the structure of urban centers and other mobile features of human agglomeration and
dispersion in the urban environment [43–46].

Traditional grid analysis models for space syntax include convex map analysis [47],
axial map analysis [48], and Visibility Graph Analysis (VGA) [49,50]. An urban network is
used to abstractly express the location, connectivity relationships, and the structure of the
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city’s nodal spaces in a region-wide system, as well as to form a corresponding structural
form with various types of analytical models [51–53]. The approach to grid construction is
consistent with the principles of mathematical graph theory, i.e., a grid graph is composed
of nodes and lines, where nodes correspond to the vertices of the graph, in mathematical
graph theory, and lines correspond to the edges of the graph [30]. Thus, there are two core
tasks for constructing an analytical model:

1. Investigating as to how the logical space expresses the real space of the city;
2. Establishing links between spatial nodes.

Traditionally, there are three ways to construct a grid. The first way is to consider
streets as spatial nodes, with axes acting as the logical space of streets and intersections
between the streets acting as connecting edges, which is used to calculate the motion
properties of street space in the form of an axial analysis map [29]. The second way treats
street intersections and turning points as spatial nodes and street segments as connecting
edges, which is then used to analyze the spatial movement properties of street intersections
in the form of convex analysis maps [12,30]. The third way belongs to VGA. First, isovist is
employed to express a field of view; an isovist is the set of all visible objects of a viewpoint
formed according to set viewpoint parameters [54]. Essentially, an isovist is 3D, and only a
cross-section containing the viewpoint is taken in the viewable analysis model construction,
i.e., a 2D isovist [54,55]. The grid spacing as a raster is filled in the view plane of the urban
space, and a cell of the raster represents a node, which is the logical space of the grid. The
connectivity between nodes is determined by applying the visibility principle of isovists to
determine the accessibility between nodes. All nodes contained in the 2D isovist generated
by a node are neighbors of that node, and the domains are connected to each other so that
they can be used to analyze the spatial mobility properties of all nodes in the urban planar
space.

The essence of grid analysis model construction is to reflect the relationship between
spaces in as simple and accurate way as possible [56]. Batty has compared the above three
grid analysis models, where the setting of the axis and the convex is set manually with some
subjectivity, while the raster can be automatically generated after setting the accuracy [56].
Based on the VGA analysis model, it can automatically generate more axial analysis maps
consisting of axes, while the convex itself is a subset of the raster plane, and the removal of
some unwanted cells becomes the convex analysis map [56]. Therefore, the second method
describe can be understood as a simplified version of the traditional VGA graph, where the
intersections are located on the same linear street and close elevations are all neighborhood
nodes. That is, n intersections on the same linear road are neighbors of each other, and the
grid is a graph with a combination of n vertices and C2

n bar edges.
Integration and choice express the motion properties of spatial nodes. The integration

originates from the concept of node closeness centrality in graph theory, i.e., the smaller the
cumulative value of the distance from the point to all other points, the more it indicates
that the node is close to the center in the system [12,30]. The integration is expressed by
the space syntax as the reciprocal of the depth of a spatial node relative to other spaces;
therefore, the integration reflects the structural relationship of a node with others [57]. The
higher the integration of a node, the better the accessibility, and thus the easier it is for
a moving population to cluster or stay at that spatial node. This choice originates from
the probability of a node intervening in the shortest path between two nodes in graph
theory, and is referred to, in graphs, as betweenness centrality [12]. Space syntax theory
uses choice to analyze the degree of movement through a node and is a powerful tool for
predicting the potential of pedestrian and vehicular movement. Spaces with high global
choice records lie on the shortest paths from all origins to all destinations [29]. The choice
usually describes the movement through a place rather than possession or a stay.

In order to compare the spatial property metrics of different urban areas, a normalized
approach is used to calculate the spatial properties of nodes [46,58,59]. Earlier space
syntax theory was usually limited to the comparison of nodes within the same grid system.
However, in urban design, it is often necessary to compare the differences between the
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spatial attributes of different areas of the city, or those between similar nodes of different
cities; therefore, the space syntax method incorporates the total depth and total number of
nodes of the grid system into the integration degree calculation, resulting in the Normalized
Angular Integration (NAIN) [58], which is calculated as follows:

NAIN =
(Nc)1.2

TDi
(1)

where NAIN is the normalized angular integration degree, Nc is the total number of nodes
in the urban grid, and TDi is the total topological distance from node i to all other nodes [58].

Similarly, the Normalized Angular Choice (NACH) is described using the relationship
between the ratio of selectivity and total depth of that node in the grid system, as given by:

NACH =
log(Chi + 1)
log(TDi + 3)

(2)

where NACH is the normalized angular choice, Chi is the choice of node i in the grid, and
TDi is the total topological distance from node i to all other nodes [58].

The calculation of spatial properties can be done by the UCL Depthmap software,
which was the first professional software developed by University College London for
space syntax calculation [60,61]. Later, it was extended to Rhinoceros and Grasshopper
software platforms as plug-ins for spatial syntactic operations, such as DeCodingSpaces
Toolbox for Grasshopper [62], which integrates and extends existing methods for urban
spatial analysis.

The previous section has already mentioned the problem of the breakthrough of the
space syntax construction model at the level of 3D analysis. It is clear from the spatial
logic of space syntax that real progress can only be achieved by accurately representing
the problem of spatial nodes and their connections [47,56]. Essentially, the analysis of the
structure of urban networks represents an attractive model for describing urban phenomena.
Landmark structures are used as attractors into the urban grid, whose spatial properties are
computed in the same way as those of the conventional 2D grid analysis model [41,63,64].
Obviously, it is not possible to use 2D isovists to check the visibility of all landmarks in a
complex urban space by measuring each spatial node in the grid, but if a 3D isovist can
achieve this goal, it is possible to construct a 3D NL GAM.

For 3D NL GAM, the computation of spatial properties should separately consider the
NAIN of the wayfinding decision nodes and the NACH of the landmark location nodes.
According to the multiplier effect of grids [29,65–67], the greater the integration of the
nodes at the location of the path decision node, the greater the number of people gathered
at this location. Therefore, the influence of the landmarks is greater. Additionally, choosing
a higher number of of landmark location nodes indicates that landmarks are also more
directive for going to the destination in the direction of the wayfinding route. Landmarks
can be more involved in the navigation path [19,68,69]. Therefore, the structural salience of
landmarks is positively correlated with the NAIN of wayfinding decision nodes and the
NACH of landmark location nodes.

2.2. The Representation of 3D Isovist

The 3D isovist is an extension of the 2D isovist, and expresses visual data in a 3D field
of view [54]; however, a 3D isovist is easy to understand but difficult to express [35]. In
GIS, the 3D isovist is used to determine the visual extent, by the use of Boolean operations,
of the line of sight emanating from the viewpoint with the terrain of the digital elevation
model [70]. Morello and Ratti used the DEM as the basis for generating a 3D isovist and
isovisi-matrix [31], and this approach further explains the influence of the five elements
of urban imagery on the intelligibility of the urban environment. However, the 3D isovist
formed by the DEM is still not a true 3D view representation. Since the topographic data
only correspond to an “X-Y” planar reference system, it is difficult to express the visibility
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relationships of complex urban building forms, for example, building overhangs, bridges,
and other cases with multiple “Z” values [32,71].

The increase in the computational power of 3D modeling software platforms has
effectively facilitated the generation of 3D isovist methods. It is first necessary to build a
3D geometric model in a 3D software platform (e.g., AutoCAD, Sketchup, Rhinoceros, etc.),
and then to determine the vantage points from which the field of view needs to be generated.
The usual approach is to use the 3D isovist as a set of lines of sight emanating from the
vantage point locations, and have the lines of sight fill the viewing space [72]. In this way,
the 3D isovist itself becomes a geometric form consisting of lines of sight. Using parametric
plugins in the 3D software platform makes the lines of sight Boolean in nature, with 3D
geometry, and, eventually, the 3D isovist becomes a line structure with the viewpoint as the
starting point of all lines of sight, and the endpoints of the lines of sight as the visual objects
of the spatial place. Bhatia, Chalup and Ostwald generated a 3D isovist using Sketchup
software and used it to analyze the structural salience of a single building space to simulate
the experience of walking inside a building space [73]. Gewirtzman used Rhinoceros
software to create 3D models and generated a collection of three-dimensional views of
viewpoints connected to mesh surfaces based on the Grasshopper plug-in, which enabled
the use of Boolean operations to analyze views and geometric entities, and was applied
to the visibility measurement of real 3D scene models [72,74]. Bielik et al. developed a 3D
isovist computing component based on the Rhinoceros and Grasshopper platforms [75],
and the generated 3D isovists achieved highly accurate visibility measurements.

Essentially, the analytic model construction of spatial syntax is a perceptual description
of visual perception in real space. Because all procedures, activities, and relationships in
parametric design are explicitly defined [76], the parametric generation of 3Disovist also
reflects the use of parametric design in spatial analytic models. In this paper, Rhinoceros
and Grasshopper are used to construct a 3D isovist. First, the 3D isovist view structure is
inherited from one or more parameters [77,78]. Meanwhile, the Grasshopper platform is
able to transfer the geometric properties of the 3D isovist view structure to the subsequent
spatial property operations, thus realizing the idea of a parametric model based on graphical
metrics [62,79,80].

3. Materials and Methods

In this paper, a 3D grid analysis model was established for measuring the structural
saliency of urban landmarks. We built the analytical model (Figure 1) as follows: first, a
3D geometric model of the neighborhood was built in the 3D modeling platform Rhino
7.0, and the 3D isovist component was run in Grasshopper to obtain accurate landmark
visibility data. Then, the links between decision nodes and landmarks were established
from the visibility data to form a 3D grid model that satisfied the spatial syntactic analysis,
and the spatial motion properties of decision nodes and landmark locations were obtained.
Finally, the expression function for structural landmark saliency was formed from the
visible dominance index of landmarks and the motion properties of spatial nodes.
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3.1. 3D Isovist-Based Landmark Visibility Measurement Method

Algorithms using 3D isovists achieve the visibility of landmarks measured from
all decision nodes, as a fundamental condition for 3D NL GAM construction. In this
study, the 3D isovist component on Rhino 7.0 and Grasshopper software platforms is
used to generate 3D isovists located at the viewpoint of the decision node. In the software
platform, a 3D isovist is represented as a line-of-sight structure originating from a viewpoint,
and is generated according to the viewing direction, viewing range, and line-of-sight
generated density, parameter settings, etc. In the process of wayfinding, people adjust the
direction of their head’s rotation, so that a horizontal viewing range of 180◦ can usually be
reached [81]. When a decision point is reached, it is possible to turn around and identify
the surroundings. Thus, the horizontal viewpoint can reach 360◦, and this field of view
is defined as the panoramic 3D isovist [39]. The vertical viewpoint includes the vertical
downward viewpoint α and the vertical upward viewpoint β. In the vertical viewing, the
color of the visible object is not easily perceived when the upward viewpoint β is greater
than 30◦, and people are more accustomed to the viewpoint centerline, which is generally
directed downward by 10◦ when standing to ensure the safety of traveling [40]. Thus,
β = 30◦ was taken. Although the actual downward perspective is often greater than the
upward perspective because the viewpoint is very close to the ground, the visible volume
is smaller, thus, we set α = 15 ◦.

In an ideal state without occlusion, the panoramic viewshed of the viewpoint consists
only of equidistant lines of sight at a set viewing range (Figure 2), forming a sphere with
the radius of the length of the line-of-sight. Figure 2a,b represent a vertical sector view.
Taking the angle between the vertical lines of sight as 1◦, the number of lines of sight of a
vertical sector is α + β roots. Rotating the vertical sector by 360◦ horizontally and copying
one vertical sector every 1◦ forms the structure of a panoramic field of view (Figure 2c).
Then the total number of lines-of-sight (Tlos) of the ideal field of view is:

Tlos = 360 × (α + β + 1) (3)
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Subtracting the area of the upper and lower crowns from the area of the sphere, it
follows that the visible area represented by the end of each line-of-sight is:

Alos =
πR2(sin α + sin β)

180(α + β + 1)
(4)

where Alos: the visible area of each line-of-sight; R: the length of the line-of-sight.
In a line-of-sight obstacle environment formed by a 3D geometry model, the panoramic

viewshed is divided into three line-of-sight types:
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1. No obstacle line-of-sight: the initially set viewing range is maintained, representing
the visibility of the sky;

2. Ground line-of-sight: line-of-sight projected onto the ground;
3. Obstructive line-of-sight: line-of-sight is obstructed by geometry. At the same time,

the reference number and length of the line-of-sight, as well as the reference number
of the geometry onto which the line-of-sight is projected, are recorded in the 3D isovist
dataset.

Since the obstructed environment only changes the length of the initial line-of-sight
distance and does not change the density of lines-of-sight in the 3D isovist, the visible
area at the endpoint is only related to the length of the line-of-sight. In Equation (4), the
visible area expressed by the endpoints of every line-of-sight projected onto a landmark is
cumulatively the visual area of that landmark corresponding to the decision node.

3.2. Simulation Model of a Standard Urban Neighborhood

A standard residential neighborhood (10 min walkable range) model (Figure 3) was
simulated in the Rhinoceros3D platform to express the 3D NL GAM construction process.
The area of the simulated neighborhood was about 100 hm2, the average number of floors
of all residential buildings was 10, and the population size was 30,000, which comprised a
typical compact urban neighborhood. The urban spatial form is the external appearance of
the urban tissue, which consists of four categories of geometric models: natural landscape
resources, residential buildings, public buildings, and urban public facilities, etc., which
are subdivided as follows:

• Natural landscape resources: mountains, forests, rivers, lakes, etc., within the city;
• Neighborhood blocks: urban residential area units made up of residential building

groups;
• Public buildings: civic buildings of various functional types, including office buildings,

shopping malls, hotels, conference centers, etc.
• Urban public facilities: streets, sidewalks, street trees, parks, squares, parking lots, etc.
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Figure 3. Simulated 3D geometric model of a standard urban residential neighborhood.

Analyzing the street space from a 2D grid alone makes it difficult to determine a
way-finding path and can easily lead to getting lost. The block consisted of eight streets
with sixteen street intersections. This arrangement made it difficult to distinguish the
path orientations of the street intersections and resulted in too many undetermined paths.
For example, if intersection 1 is the starting point and intersection 16 is the ending point,
and each crossing is counted as 1 topological distance, then the shortest path distance is
6 topological depths, and 20 shortest paths can be arranged.
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Landmark-based route selection methods can better reproduce human navigation [14].
It can be seen in Figure 3 that if Landmark A is visible from intersection 1, the shortest
path guided by the landmark is V1-Landmark A-V16, i.e., the topological distance of the
landmark-guided path is 2. Thus, with the intervention of landmarks, the choice of route
intersection becomes less important, and the choice of any actual path does not lead to
getting lost but only toward the landmark, and the destination can be reached by walking
in the direction of the landmark. Therefore, to implement landmark intervention analysis,
it was necessary to determine the setting of the path decision node and the landmark
visibility at the decision node.

3.3. Determination of Path Decision Nodes in 3D Grid

Determining path decision nodes for wayfinding or navigation in urban space is
the first task in constructing 3D NL GAM. Firstly, the visibility differences between road
sections and intersections were dynamically simulated in a 3D environment (Figure 4).
The method involved route selection and parameter setting for walking, cycling, and
driving [74], and arranging motor vehicle lanes, bicycle lanes, street trees, and sidewalks in
a street environment, as follows:

• The trees on either side of the trail were spaced 8 m apart and had a net height of more
than 2.8 m below the branches of the canopy;

• The pavement trees were spaced 6 m apart, with a net height of more than 1.8 m below
the crown branches;

• The line-of-sight triangle was set at the intersection.
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Then, using Rhino 7.0 3D model-making software, a dynamic snapshot was set up
with a camera focal length of 12 mm and the shot direction facing the next viewpoint:

• The height of the walking viewpoint was 1.6 m from the ground, the distance between
the viewpoints was 30 m, and the playing speed of the dynamic snapshot corresponded
to the walking speed of the person, which was 5 km/h;

• The riding viewpoint was 1.75 m from the ground height, the viewpoint spacing was
30 m, and the playback speed of the dynamic snapshot corresponded to the riding
speed, 10 km/h;

• The driving viewpoint height from the ground was 1.35m, the viewpoint spacing was
50 m, and the playback speed of the dynamic snapshot corresponded to the speed of
the motor vehicle, 20 km/h.
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Thirty-two architecture students were assigned to view dynamic snapshots to compare
the differences in landmark visibility between the 3 path types (Figure 4). The results
indicated that the intersection enabled more visible information to be obtained. At the
intersection location, on the one hand, the road was visible in both directions, and on the
other hand, the street trees were less obscured by the city buildings. When in the roadway
area, only one road was visible, and street trees were highly obscured by buildings. Figure 4
shows that two landmark buildings can be seen in the distance at the intersection, but the
visibility of the landmark buildings in the section area was significantly reduced. It follows
that the intersection location should be identified as the decision node, and the intersection
point of the road medians is taken to express the logical space of the intersection.

In addition to the intersections, additional decision nodes should be created in accor-
dance with the axial graph analysis principle. This indicates that the urban grid should
satisfy line-of-sight continuity, and the decision nodes should be set at the locations where
line-of-sight transitions are generated. The decision nodes were required as follows:

1. Street intersections and street turns within the analysis area are decision nodes of the
3D grid;

2. For arc roads, consecutive decision nodes should be set and the maximum spacing
requirement should be satisfied;

3. For roads with significant slopes, the decision node should be set at the top of the
slope;

4. When two roads intersect, path continuity can only be formed by secondary roads.

3.4. Expression Functions for Landmark Visibility in 3D Grid

Landmark visibility measurement consists of two objectives; one is the visibility of the
decision point to the landmark, and if it is visible, the decision point forms a connection
with the landmark. The other objective is to measure the visible area of the landmark and
the distance of the decision point from the landmark if the landmark is visible, and to
quantify the dominance of expressing the visibility of the landmark.

Computation of the viewing data of the decision nodes in the standard urban neigh-
borhood environment was performed by running the dynamic parameters program with
the 3D isovist component on the Rhino 7.0 and the Grasshopper software platforms. The
ideal viewing range was set to 5000 m, the horizontal view angle was 360◦, the vertical
view angle was 45◦, and the viewpoints and obstacles were picked up. After the 3D isovist
component calculation, the visible data of 16 decision nodes were obtained (Figure 5). The
data consisted of various types of lines of sight, and each viewpoint accumulated a total
of 16,560 lines-of-sight. To facilitate landmark visibility, only the obstructive sightlines are
shown in Figure 5, which shows that the greater the number of projected sightlines of the
geometry, the warmer the displayed color of the geometry and, with fewer sightlines, the
cooler the displayed color. Based on the corresponding values of the length of the sightlines
and Equation (4), the visible areas of the viewpoints to the two landmark buildings were
obtained for all decision nodes (Table 1).
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Table 1. Visible area of landmarks from each viewpoint.

Landmark V1 V2 V3 V4 V5 V6 V7 V8 V9 V10 V11 V12 V13 V14 V15 V16

A 1898.9 0 1587.1 1128.8 0 0 217.1 1438.5 479.3 0 0 4979.1 3477 3354.9 3963.4 2378.8
B 798.4 0 2273.7 3461.2 0 0 1752.8 4578.1 0 0 0 * 4880.9 3229.4 3533.5 4370.1 2343.9 *

* Unit: m2; 0: invisible.

Landmark visibility dominance is an expression of the visual perception of landmark
visibility at the decision node location. The main influencing factors of people’s visual
perceptions of landmarks include visual acuity, sight distance, and visible area [82]. The
initial setting of the 3D isovist is a constant viewing range; that is, the volume of the
panoramic field of view is consistent within the same urban area, representing a normalized
field of view. Thus, the comparison of visual perception metrics for different landmarks
at a decision node is achieved in the same normalized viewshed. That is, the landmark
visibility metric is directly expressed as a function of the visibility area of the viewpoint to
the landmark and the view distance:

VISIBILITYi =
Alm

Dsight + 1
(5)

VISIBILITYi: landmark visibility index; Alm: landmark visible area; Dsight: average
length of lines of sight.

4. Salience Computation of Structural Landmarks in Urban Neighborhood
4.1. Computation of Structural Landmark Salience

The decision node locations and landmark visibility measurements were determined
to form a 3D NL GAM, which was used to compute the spatial mobility properties of
node and landmark locations. The computation of the spatial properties in this paper
is performed on the DepthmapX software, that is, after importing the spatial node data
obtained in the Rhino and Grasshopper software platforms into the DepthmapX software
platform, the grid analysis model is further constructed and computed in the DepthmapX
software. To illustrate the differences before and after landmark intervention in the grid,
the changes in the spatial movement attributes of nodes and landmarks in the GAM were
compared for the unlink and link cases (Figure 6, Supplementary Materials Table S1). In the
unlink case (Figure 6a), it expressed only a 2D node link. The VGA result indicated [61,83]
that the NAIN value for all intersections was 1.16. Thus, it was difficult to determine
if there was any difference in the spatial mobility properties of the decision nodes from
the 2D grid alone. Based on the landmark visibility measurements of the 16 decision
nodes determined with the 3D isovist method, the link between nodes and landmarks was
established (Figure 6b). In this case, the spatial movement attributes of both landmarks
and nodes reflected significant differences (Figure 6c).
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While the decision node was concerned with spatial accessibility, the landmark location
was concerned with spatial selectivity; that is, the NAIN of the decision node and the NACH
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of the landmark location were obtained for the 3D NL GAM using the space syntax principle.
According to the multiplier effect of grid grouping [33,44–46], the greater the NAIN of the
nodes of the path decision point location and the higher the number of people gathered at
this place, the greater the influence of landmarks. At the same time, higher NACH values
of landmark location nodes indicate that the landmarks are also more directional along the
wayfinding route to the destination. However, there is a special case where the decision
node, destination, and landmark are adjacent to each other (all decision points that have a
view of the landmark are in the same straight-line street), and the NACH of the landmark is
zero. From the grid effect, landmarks with a degree of zero are named as local landmarks.
Thus, for a decision node, the structural salience of a landmark is computed as follows:

SSLi = (NAINi × VISIBILITYi)× (NACHlm + a) (6)

where SSLi: structural salience of a landmark corresponding to path decision node i;
NAINi: normalized angular integration of path decision point location nodes; VISIBILITYi:
landmark visibility index; NACHlm: normalized angular choice of landmark location nodes;
a: initial bootstrap effect constant of local landmarks.

Having determined the landmark salience values for each decision node (Figure 7),
it was possible to compare the advantages of the locations of the landmarks in the grid
with the locations of the decision nodes. The values of each structural landmark salience-
related factor in the standard neighborhood NL GAM were substituted into Equation (6) to
obtain the landmark salience for the 16 viewpoints (Figure 7a). The structural salience of a
landmark in the grid was the average of the salience of the landmark with respect to all
decision nodes in the grid for all decision nodes. The structural salience of Landmark A
was 6.24 and that of Landmark B was 5.99 (Figure 7b).
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4.2. Computation Procedure of Structual Landmark Salience for Two Typical Samples of Districts
in Changsha

A typical urban sample area is a compact urban residential area with a 15 min walkable
living radius, typically around 400 hectares. It has distinct natural and architectural
landmarks within its viewing area. At the same time, the building groups in the area have
the typical spatial form of a compact city. In this paper, two tracts located in Changsha,
Hunan, China (Figure 8, Table 2) were selected, which are the Tianxin Pavilion District (TP-
District) (Figure 9) and the Xinhe Delta District (XD-District) (Figure 10), which two urban
areas in Changsha, China, and both are typical high-density compact urban neighborhoods
along the riverfront, with significant spatial morphological differences between them
(Table 2). Table 2 presents the basic situation of the two zones. The landmarks in the area
were initially identified based on natural landscape resources, human resources, building
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volume, building height and architectural shape [11,28]. The final landmark analysis objects
were identified based on relevant public results from the Changsha Planning Information
Center combined with expert consultation recommendations. In this study, three types of
3D NL GAM were established based on the morphological features of each neighborhood:

1. TP-District, an area typically formed by a combination of high- and low-rise architec-
tural groups;

2. XD-District, a typical area pattern formed mainly by high-rise building groups;
the height of the proposed A2-Beichen Landmark was 268 m (Figure 11a), with
Ha2 = 268 m as the default in the later text;

3. For the XD-District, the height of the proposed A2-Beichen Landmark was set at
400 m (Figure 11b), with Ha2 = 400 m as the default in the latter part of the text.

Computation of structural landmark salience for the above three morphologies of
urban areas was needed to achieve three research objectives: First, we compared the
structural salience differences between landmarks in the two types of neighborhoods with
the combined architectural group morphologies. Second, quantitative results were used to
compare the structural salience of large-scale natural landscapes, super-tall architectural
landmarks, multistory buildings, and human landmarks. Finally, we analyzed the effect of
changing the morphology of individual building landmarks (A2-Beichen Landmark) on
the structural salience of landmarks.

Table 2. Comparison of the spatial morphological characteristics of the two sample urban districts.

City Tissue TP-District XD-District

Block size 435 hm2 204 hm2

Population density 275 persons/hm2 350 persons/hm2

Building Groups Form Building groups with a combination of
high- and low-rise buildings High-rise dominated building groups

Land Use
High degree of mixed functions, with

residential land accounting for 28% of the
total construction land

Low degree of mixed functions, with
residential land use accounting for 52% of

total construction land

Large-scale natural landscape landmarks Yuelu Mountain, Tianma Mountain,
Xiangjiang River, Orange Island Xiangjiang River

Architectural and cultural landscape
landmarks

A total of 14, located adjacent to or within
the area, including 9 high-rise buildings.
IFS-West Tower is the tallest building in

Changsha, with a height of 452 m

A total of 27, with 11 high-rise buildings
adjacent to or located in the area; at

present, China CITIC Bank is the tallest
building in the area, the height of 268 m.
Nine super high-rise buildings are distant
landmarks facing the area across the river

Construction situation Mature built environment, all landmark
buildings have been constructed

Mature built environment, but the
A2-Beichen Landmark is a proposed

project. There are 2 publicized schemes;
the design height of scheme 1 is 268 m,

and scheme 2 is 400 m

We followed the steps below to build the 3D NL GAM for computing the structural
salience of landmarks in the grid:

Step 1: Make a 3D model of each urban district. On the ArcGIS platform, geographic
information data are formed based on raster images of terrain and building vector data.
Then, these are converted to a DXF vector data format, and imported into the Rhino 7.0 3D
software platform, in order to generate the 3D model (Figures 9b and 10b).
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Step 2: Determine the landmarks of the area. Landmarks of urban districts include
both neighboring landmarks and distant landmarks.

Step 3: Determine the decision nodes. The decision node number is set according
to the name of the main road where the decision node was located and classified as a
riverfront road decision node (Riverside-RD), north–south road decision node (NS-RD),
east–west road decision node (EW-RD), or north–south to east–west road decision node
(NS-EW-RD). Cumulatively, there are 44 decision nodes in the TP-District (Figure 12a) and
43 decision nodes in the New River Delta area (Figure 12b).

Step 4: Measure landmark visibility for all path decision nodes (Figure 13). On the
Grasshopper platform, the initial setup parameters of the 3D isovist are kept consistent
with those of the standard urban neighborhood model, and a dynamic program is written
to record and filter the sightline data projected to different landmarks from each viewpoint,
as well as to calculate the visibility of landmarks according to Equation (5).

Step 5: Calculate the movement attribute of node space (Figure 14). The 3D NL GAM
is formed by establishing relationships between route decision nodes and between decision
nodes and landmarks. Perform the graph analysis operation on the DepthmapX platform,
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edit the node normalized angle integration degree attribute according to Formula (1), and
edit the node-normalized angle choice degree attribute according to Formula (2).
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Figure 14. Space syntax computation. (a) 3D NL GAM of the TP-District, (b) NAIN of each node and
landmark in the TP-District, (c) 3D NL GAM of the XD-District, (d) NAIN of each node and landmark
in the XD-District.

Step 6: Calculate the structural salience of the landmarks. Calculate the structural
salience of landmarks corresponding to each decision node according to Formula (6) and
calculate the structural salience of landmarks in the whole grid system.
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5. Results
5.1. Spatial Movement Properties of 3D NL GAM

When comparing the NAIN values of the three grid decision nodes (Figure 15, Tables S2–S4),
the TP-District had obvious advantages. The average NAIN value in the TP-District was
1.128; when Ha2 = 268 m, the average NAIN in the XD-District was 0.984, and when
Ha2 = 400 m, the average NAIN in the XD-District was 1.006. This indicated that the route
decision nodes in the TP-District had better accessibility and were suitable for keeping.
Increasing the height of landmarks, which increased the connection between decision nodes
and landmarks, improved the NAIN values of nodes. The connection data indicated that
the A2 landmark increased from 268 to 400 m with the addition of only three links, and the
improvement in NAIN was not significant.
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(b) XD-District.

The integration of decision nodes in the TP-District was relatively concentrated, and
the grid was uniform. The box plot (Figure 15a) of the integration of the decision nodes and
the standard deviation (Table 3) of various types of data demonstrated that the decision
nodes along the Riverside-RD had a wide field of view on its west side, and their integration
maintained the maximum value in the system, as well as the most concentrated numerical
range. The values for the NS-EW-RD were relatively consistent and at a moderate level.
The values for the NS-RD were relatively scattered, with low mean and median values.

Table 3. Standard deviation of NAIN values for each type of node.

Type TP-District XD-District
(Ha2 = 268 m)

XD-District
(Ha2 = 400 m)

Riverside RD 0.018 0.067 0.073
NS-EW RD 0.076 - -

EW RD 0.098 0.160 0.158
NS RD 0.142 0.77 0.85

ALL 0.108 0.144 0.145

The NAIN values of decision nodes in the XD-District were relatively scattered. The
box plot (Figure 15b) and the standard deviation (Table 3) of the data of each type of
decision node indicated that the NAIN values in both cases were relatively scattered, and
the data were located in a large range. The NAIN values of the path decision nodes along
the Riverside-RD remained at the maximum value in the system but they were more
scattered than in the TP-District. Although the decision nodes of the NS-RD had the largest
number of nodes, their NAIN values were relatively concentrated, with mean and median
values close to one. The NAIN values of the EW-RD were scattered, and most of the values
were less than one; that is, the node space was relatively isolated.
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After increasing the height of the A2 landmark in the new 3D NL GAM, the NAIN
values of a few decision nodes remained unchanged, while the NAIN values of most
decision nodes were improved. In particular, the NAIN values of the three nodes that
gained visibility of the A2 landmark because of its elevation were significantly enhanced.

Comparing the landmark NACH values of the three 3D NL GAMs (Figure 16, Tables S2–S4),
the TP-District still maintained a clear advantage. The average value of landmarks in the
TP-District was 0.789; when Ha2 = 268 m, it was 0.595 for the XD-District and when
Ha2 = 400 m, it was 0.573 for the XD-District. That is, the TP-District landmarks had higher
NACH values, indicating that landmarks in this area were more guided. Increasing the
height of the landmarks changed the structural relations of the grid, but the results indicated
that the mean NACH value of the landmarks decreased instead.
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Figure 16. Boxplot analysis of NACH values for various types of landmarks. (a) TP-District; (b) XD-
District.

The results of the box plot (Figure 16) and standard deviation (Table 4) indicated that
the NACH data of the TP-District landmarks were more dispersed, and the guiding of
landmarks had obvious variability. High-rise buildings maintained larger NACH values in
the system and remained within a more concentrated range of values, with the IFS-West
Tower having the highest NACH value of those in the grid. Although there were only five
natural landscape landmarks, the NACH value interval of landmarks was large and the
data dispersion was high, among which the NACH value of Yuelu Mountain was second
only to that of the IFS-West Tower, but the NACH value of Orange Head was zero, the
smallest value in the grid. The number of humanistic landmarks was smaller, and the
connections with decision nodes were lower. Their landmark NACH values were all lower,
and the data were more concentrated.

Table 4. Standard deviations of NACH values for each type of landmark.

Type TP-District XD-District
(Ha2 = 268 m)

XD-District
(Ha2 = 400 m)

Nearby high-rise building 0.193 0.424 0.419
Distant high-rise building - 0.260 0.243

Cultural landscape 0.160 0.313 0.333
Natural landscape 0.519 - -

ALL 0.379 0.363 0.366

The NACH values of the landmarks in the XD-District were more scattered in both
cases. The Xiangjiang River was the only natural landscape landmark in the area, and its
NACH value was second only to the Beichen-A2 landmark. For the neighboring high-rise
landmarks, the data lay in a larger dispersion interval, and their mean and median values
were only lower than those of the Xiangjiang River. For distant high-rise landmarks, the
NACH value interval remained low, even though they were all ultra-high-rise buildings.
Cultural landscape landmarks had lower NACH values and more scattered data.
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After raising the height of the Baichen-A2 landmark, the NACH was first significantly
increased, and the NACH values of most of the nearby high-rise landmarks were raised.
However, this also lowered the NACH values of most of the distant high-rise buildings, as
well as those of the area’s cultural landmarks.

5.2. Structural Salience of Landmarks

The landmark visibility values at each node were calculated according to Equation (5), and the
structural salience of the landmarks was then calculated by substituting Equation (6). The results
of the TP-District (Figure 17, Table S2) and XD-District (Figures 18 and 19; Tables S3 and S4)
expressed the structural salience of landmarks in the area with a combination of high-
and low-rise building groups, and in the area dominated by high-rise building groups,
respectively. The calculated results indicated that the mean value of landmark structure
salience was 6.402 for the TP-District and 1.211 (Ha2 = 268 m) and 1.291 (Ha2 = 400 m)
for the XD-District. This meant that the landmark salience of the TP-District was much
larger than that of the XD-District, and raising the height of the landmark improved its
own salience and that of the area.
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Figure 19. Structural salience of XD-district landmarks (Ha2 = 400 m). (a) Boxplot of the structural
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In the TP-District, the structural salience of all landmarks had a large range of values,
with a median of 2.54. The structural salience of Yuelu Mountain and IFS-West Tower was
definitely dominant, with Yuelu Mountain being the largest. Yuelu Mountain could be
seen from 29 of the 44 path nodes, mainly those along the EW-RD, including Xiangjiang
Middle Road, Jiefang Road, Renmin Road, Chengnan Road, and Baisha Road. Although
the IFS-West Tower was visible from 30 nodes, the building’s visibility was not comparable
to that of a large-scale natural mountain. Thus, the structural salience of the IFS-West
Tower was the second-highest in GAM. The structural salience of the Xiangjiang River was
much lower than that of the Yuelu Mountain, with only 15 nodes visible to the Xiangjiang
River, ranking third. High-rise buildings had a high structural salience, with most of them
ranking above the median. Cultural landscape landmarks had lower structural salience
and ranked below the median.

In the XD-District, the structural landmark salience of the Xiangjiang River ranked first
when the Baichen-A2 landmark Ha2 = 268 m (Figure 18). There were 11 high-rise buildings
in the neighboring landmarks, and although the top five architectural landmarks were all
neighboring landmarks, four of them were also ranked below the median, indicating that
the structural salience of high-rise buildings in the neighboring landmarks was obviously
less advantageous than that in the TP-District. For the distant landmarks, there were four
super-high-rises that ranked above the median. The Changsha Hilton Hotel was ranked
seventh, with a height of only 241 m, but it had more structural salience than the Financial
Center Block A (328 m, ranked fifth in Changsha) in the RiverSide New Town. The cultural
landscape with a lower volume and height was ranked lower, but Changsha Museum was
ranked 10th because of its location advantage in the grid.

After raising the building height of the Baichen-A2 landmark Ha2 = 400 m (Figure 19),
firstly, the structural significance of the A2 landmark overtook Xiangjiang, taking first place.
Second, the structural salience values of 15 landmarks were raised while the others were
lowered, resulting in a further broadening of the numerical range of structural salience
values and a certain change in the ranking order. This suggested that changing the shape
of a landmark building can change the entire grid system of structures in the area.

6. Discussion
6.1. Correlation between Structural Landmark Salience and Urban Intellibility

The structural salience of landmarks can be considered an intelligibility indicator for
urban districts. Claramunt and Winter synthesized the structural salience of landmarks
from four levels of salience, district, path, edge, and node [12], which is a pure street
grid structure idea that cannot express the visual relationship between decision points
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and landmarks. In this paper, using this reference, we obtained visibility measurements
between decision nodes and landmarks using 3D isovist methods, such that the structural
saliency of landmarks constituted a comprehensive quantification of each element of urban
intent. From the relationship between the structural salience of landmarks and the other
four elements of urban imagery (Table 5), the structural salience of landmarks was a
function of the spatial attributes of landmark visibility and grid nodes.

Table 5. The relationship between the structural salience of landmarks and the other four elements of
the city.

Elements of Urban
Imagery Structural Landmark Salience

district

The visibility measure expressed in terms of decision nodes and
landmarks is the morphological feature of the region. Differences in the

morphology of the region lead to differences in the shading relation
between the landscape resources of the regional landmarks and the

surrounding environment. It is difficult to obtain good structural salience
for landmarks with excessive occlusion of the environment.

edge

The structural salience of landmarks has broadened the scope of the
analysis of urban areas. The edges of the visual field are formed by

distant landmarks, and the edges of human activity are peripheral streets
or large-scale natural landscape dividers within the area.

path

The wayfinding decision nodes are grouped according to the street
alignment, and the decision nodes themselves express the sequential
relationship of paths. 3D NL GAM incorporates landmark directional

guidance interventions into the path selection analysis.

node

The NAIN values of the nodes at the decision point locations express the
influence of landmark structural salience on the aggregation and

accessibility of people, and the NACH values of the landmark node
locations express the influence of landmark structural salience on the

guidance of the wayfinding directions.

The computation of landmark salience results reflects the synthesis of all elements
of urban imagery within the field of view of the urban network. The realization of this
synthesis benefits from the transformation of structural thinking regarding the space syntax
model [56]. The 3D NL GAM extends the horizontal and vertical spatial extents constrained
by the street network. In terms of horizontal spatial extent, the 3D NL GAM contains both
accessible and visibility dual regions and dual edges. In terms of vertical spatial extent,
it expresses the influence of the combination of heights of building clusters on spatial
morphology [32]. Thus, the 3D NL GAM incorporates the effects of more agglomerative
phenomena in the urban spatial environment, thus enabling an effective analysis of the
intelligibility of urban areas.

It can be assumed that the values of landmark structural saliency have a positive
correlation with the comprehensibility of the city. Firstly, landmark saliency includes the
values of spatial attributes of grid nodes, i.e., NAIN for path decision points in the street
grid and NACH for landmark locations in the field of view. The corresponding spatial
attribute values in the two sample district cases show that TP-district has higher ones than
those of the XH-district. Secondly, the fact that landmark saliency values include indicators
of landmark visibility further enhances the description of the comprehensibility of the
urban spatial environment. Since the combined pattern of high- and low-rise building
clusters tends to result in better visibility of the ground’s surface, the numerical results of
landmark structural saliency for the two sample districts indicate that TP-district receives
significantly higher values than XH-district. It is clear from the calculated results that
TP-District is more comprehensible than XH-District.

Based on the comprehensive analytical capabilities of 3D NL GAM, analytical results
have been validated in this project. First, the results of the 3D NL GAM and the traditional
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axial map analysis are compared. For the TP-District, the 3D NL GAM indicated that the
NAIN values of decision points on Riverside-RD were higher than those of other streets,
indicating that Riverside-RD had a higher integration of pedestrian flow, while the analysis
of traditional axial maps reflected a higher integration of roads located in the center of the
district (Figure 20). The comparison with the Baidu heat map [84] showed that the actual
number of pedestrian gatherings on Riverside-RD was indeed the most aggregated place
in the district, and the analysis of the actual pedestrian flow showed that the 3D NL GAM
analysis map better correlated with the actual street pedestrian flow than the axial analysis
map. Therefore, the use of the 3D NL GAM enabled more realistic wayfinding simulations
and more accurate quantitative indicators of spatial node movement properties.
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6.2. The Significance of Computing the Structural Salience of Landmarks for Urban Design

In addition to evaluating the legibility of built-up urban environments, structural
landmark salience analysis has practical guidance for the spatial design of compact cities.
It mainly manifests itself in the formulation of planning strategies for large-scale natural
landscape resources, control of the combined morphology of building groups, site selection,
and body shape control of important single landmark buildings.

The 3D NL GAM of the three sample cases demonstrated that large-scale natural
landscapes typically have the highest landmark structural salience in urban areas, and
mountainous landscapes also reflect absolute dominance. Therefore, the natural landscape
of the mountain should be expanded as much as possible for the landscape corridor
perpendicular to the natural landscape interface road. For example, the decision nodes
on the EW-RD in the TP-District can see Mount Yuelu, so pedestrians can quickly identify
their locations. In urban areas, the water surface of rivers is easily obstructed, but the roads
immediately adjacent to the water boundary have individual open view spaces, and the
analysis results of the sample cases confirmed that the riverside avenues tended to form
the highest concentration of people, so that the river interface played a decisive role in the
arrangement of the street grid.

In compact urban areas, the 3D NL GAM can guide urban design in determining
building height control requirements for each area. Clearly, a combination of high-rise and
low-rise groups in the TP-District is more likely to create significant visible permeable space
than a single combination of high-rise groups in the XD-District. Therefore, the placement
of large groups of high-rise buildings must fully consider the visible permeable space of
the city. With the 3D NL GAM, it is possible to screen important decision point locations



Buildings 2023, 13, 1024 23 of 28

and landmark locations, based on the spatial attribute index of the decision points and
landmarks, and to achieve as much visual connectivity of important decision points and
important landmarks as possible.

The 3D NL GAM facilitates the siting, architectural form, and facade design of indi-
vidual architectural landmarks. In the sample case, the height variation of the Beichen-A2
landmark in the XD-District demonstrated the interdependence of landmarks and decision
nodes. First, landmark buildings should be located on sites where they can form line-of-
sight connections to many important decision nodes. Second, optimizing the shape and
facade of landmark buildings in the direction of important decision nodes is an important
means to highlight the cognitive salience and visual salience of landmarks [13]. In fact,
landmark salience is a combination of several salience indicators [24], and the image design
of landmarks that is based on the most important line decision nodes is an important means
of maintaining the structural prominence of landmarks.

6.3. Further Research Objectives

The current study still has certain limitations, including regarding the exploration of
types of urban sample areas and the impact of changes in old and new urban environments.
In addition, the construction of the 3D NL GAM is not intelligent enough. The visibility
results of landmarks are not automatically passed to the spatial analysis software, and the
link of wayfinding decision nodes and landmarks needs to be done manually. Thus, the
computational procedure needs to be improved and optimized in the future.

The development of a legible city into an imageable city is the unremitting goal of
urban design [10,50,85]. The structural landmarks mentioned in this paper expressed
only the visibility and location of landmarks. However, only integrated landmarks can
express the image of the city. When the 3D NL GAM confirms landmarks, it is essentially a
subjective judgment, which often leads to an exaggerated landmark salience or neglect of
landscape resources with more landmark effects in the city. So, is it possible to use 3D NL
GAM for inverse derivation of landmark salience for all landscape objects and buildings
spanning an urban area?

In addition to the visual, cognitive, and structural salience of landmarks proposed by
Sorrows and Hirtle [13], color is also an important factor in landscape architectural identity
itself [86]. In a study on the semantic significance of landmarks, Bartie used semantic clus-
tering technology to study the semantic aspect of landmark significance [87,88]. Landmark
salience also includes the impact of landmark facade images on cognitive affect [23,87,89].
The literature presents more landmark salience-related factors for 3D NL GAM, which can
further enhance the intelligibility evaluation of cities. Therefore, how to deeply interpret
the perception of natural landscapes and landmarks is the main research objective for
future work on this topic. Furthermore, the 3D NL GAM can be further developed as a tool
for assessing and predicting landmark salience, with the integration of multiple factors.

On the one hand, the current implementation of smart cities hopes to identify land-
marks in the urban network by machines [24,64]. As applied to a wider range of domains,
the analysis of more types of landmark association factors could provide more detailed
landmark data to facilitate the establishment of machine learning, and thus improve intelli-
gent landmark navigation technique. On the other hand, compact cities are changing the
urban form of the past. Most of the relevant literature is focused on the context of landmark
distinctiveness identification in built environments, and it is difficult to form guidelines for
landmark architecture design in sheltered urban environments. With increasing computa-
tional power, 3D simulation analysis has been able to achieve deeper and more accurate
visibility measurements. This facilitates quantitative analysis of the combined indicators
of the visual, cognitive, and emotional significance of landmarks, which can be used as
design guidance for architects and planners.
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7. Conclusions

In this paper, we developed a 3D NL GAM to compute the structural salience of
landmarks in compact urban tracts, from the perspective of improving the intelligibility of
compact cities. The 3D NL GAM is able to quantitatively describe the spatial properties of
urban nodes, their visibility and the structural salience of landmarks with different urban
spatial morphological types. Thus, the intelligibility of cities can be deciphered and used to
guide urban design for the sustainable development of compact cities.

Currently, cities around the world are in a period of sustainable transition, and there is
a need to further strengthen the research regarding the development, planning, and design
of urban spaces, in order to cope with the pressures of urban population growth [2]. 3D NL
GAM is an effective means to help designers enhance their knowledge of cities from the
level of spatial composition and comprehensively interpret the connectivity of urban spatial
nodes. It also provides a comprehensive explanation of the connectivity of spatial nodes in
the city and extends to the directional guidance of the spatial locations of landmarks, from
which 3D NL GAM accurately quantifies the visibility and structural saliency measures of
landmarks. Therefore, this study has practical implications for urban studies.

Reinforcing the interactive interpretation of humans and the environment is a funda-
mental objective of space syntax theory, and the 3D NL GAM reflects that space syntax
theory is also highly scalable for the study of urban environments. The computational
results of the study show that large-scale natural landscape resources have outstanding
structural salience in urban environments. Tall buildings can only reflect a higher structural
salience in urban forms with a combination of high- and low-rise building groups, but
in forms dominated by purely tall buildings, the role of supertall buildings in enhancing
urban intelligibility is limited. These results can help designers effectively deal with urban
planning, architectural design, and the conservation of natural landscape resources.

The 3D NL GAM extends the analysis range of urban tracts and upgrades the tradi-
tional analysis of the grid from 2D to 3D, thus expanding the application of space syntax
theory. In fact, the expansion of the 3D analysis of space syntax has achieved results,
with studies investigating the distribution of spatial morphological openness [7,32], the
simulation of intelligent bodies [53], etc., which are the basis for forming the concept of
this study. The most important contribution of this work is the response of the 3D NL
GAM, constructed by expanding the visual perception of the city in horizontal and vertical
ranges, and the interpretation of the urban structure in terms of the visibility and saliency
of landmarks. This study is limited in terms of the number of samples analyzed, and more
sample studies are needed to explore the interaction between humans and urban environ-
ments. The construction procedure of 3DNLGAM should be continuously improved in the
future, including an intelligent construction of the computational software and the loading
of factors for urban environment analysis, so as to expand the applicability of 3D NL GAM
in urban environment analysis and to gradually realize the extent of the findings garnered
with this method.

Supplementary Materials: The following supporting information can be downloaded at: https://www.
mdpi.com/article/10.3390/buildings13041024/s1, Table S1. Spatial attribute of nodes in standard
city block when linked and unlinked with landmarks; Table S2. Computation of Structural salience of
landmarks in TP-District; Table S3. Computation of Structural salience of landmarks in XD-District
(Hight of Beichen-A2 Landmark is 268 m); Table S4. Computation of Structural salience of landmarks
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