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Abstract

:

Efficient navigation of off-road vehicles heavily relies on the ability to accurately model the interaction between the vehicle and the terrain. One of the most important parts of this interaction is the deformation of the terrain and the tire. Although high-precision methods like finite element method (FEM) simulation can be used for this purpose, they require significant computational power, which is impractical to install in a vehicle for real-time navigation purposes. Therefore, simplified and less-detailed models are essential for on-board installation in real-time applications. In this study, three two-dimensional static terrain–vehicle models are compared to a detailed FEM reference model, and the results are evaluated both from the perspective of accuracy and computational capacity requirements. The analysis sheds light on the effectiveness of each model in the real-time navigation of off-road vehicles.
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1. Introduction


A fundamental part of navigation for vehicles in an off-road environment is to determine whether the vehicle is able to traverse a given part of the terrain. In the absence of a human driver, an autonomous vehicle has to evaluate the surrounding area, and plan the optimal route for the vehicle. When planning the optimal route, several factors can be taken into account (such as travel time and fuel consumption); however, considering the complexity of such navigation tasks, it is often deemed sufficient to find the shortest route along which the vehicle can move, while avoiding all non-traversable obstacles of the terrain [1,2]. These parts of the operational area are usually categorized as “go” or “no go”, referring to whether the vehicle can move through a given part of the area or not [3].



The terrain affects the dynamics of the vehicle in several ways. An obstacle can be non-traversable if the vehicle comes into contact with the obstacle through any part other than the wheels (namely, nose-in failure and hang up failure, see Figure 1) [4,5], or when the gravity acting on the center of mass falls outside the ground contact area (loss of stability, see Figure 2) [6]. Both of these factors depend on the geometrical position of the vehicle, which can be described using the coordinates of the wheel centers. For this reason, modeling the deformation of the tire and the terrain (soil) is very important. Apart from the stability and obstacle negotiation capability of the vehicle, the tire deformation affects the rolling resistance [7], and in agricultural applications, the pressure applied to the ground through the contacting area of the tire can also have an unfavorable effect on the soil from the perspective of seed growth [8].



Many already available and widely used methods are applicable to examining the interaction of the vehicle and the terrain, from the perspective of the tire–soil deformation. For example, there are several models used to characterize the deformation of the soil and the tire, and thus determine the total displacement as a function of the wheel or axle load. The most widely used models are the Bernstein model [9]:


  p = k ·   z   n    



(1)




the Saakyan model [10]:


  p = k ·       z   D       n    



(2)




and the Bekker model [11]:


  p =       k   c     b   +   k   ϕ     ·   z   n    



(3)




where:




	
  p  —ground pressure [kPa];



	
  z  —sinkage [mm];



	
  n  —sinkage coefficient [-];



	
  D  —diameter of the contact area [mm];



	
  b  —the smaller characteristic dimension of the contact area [mm];



	
    k   c    —cohesion coefficient [-];



	
    k   ϕ    —internal friction coefficient [-].








Most of these models are, at least partially, based on empirical data [12]. On the other hand, universal modeling methods such as finite element method (FEM) are also applicable for this purpose [13], or a combination of finite and discrete element method (DEM) can be used to model the characteristics of the rubber tire and the soil, respectively [14].



However, the applicability of these models is limited. The load–displacement equations are only applicable in the case of a flat undeformed ground surface, and not generally [15]. Considering that most of these models were created from an agricultural perspective, where the vehicles move on a surface with little to no macroscopic obstacles, general applicability was not an important aspect. Computer simulations, such as FEM and DEM, would be applicable for this purpose; however, they are highly limited by the available computational capacity. While this may not be an issue during scientific research, in real-time applications the available timeframe makes such simulation methods inapplicable, or at the very least, require a remarkably less detailed model. It also has to be taken into account that the available on-board hardware capacity—considering the operational conditions of an off-road vehicle, such as temperature and vibrations—is much less than that of a comparable desktop computer or server. Cloud-based remote computing theoretically could be a solution for this, but in many application fields, such as military or emergency services, the vehicle cannot rely on the availability of a high-speed network.



For these reasons, it is necessary to select an optimal modeling method (or create one, if none of the available models meets all criteria). An optimal model:




	
is applicable in a general case;



	
needs computational capacity that does not exceed the performance of readily available on-board hardware;



	
is based only on theoretical methods and not empirical data, so as to be easily adapted for different conditions.








Determining the accuracy of a model is necessary when selecting the most suitable modeling method. With a known accuracy, the error can be easily compensated by applying a safety factor; thus, lower accuracy models can also be used reliably—even though the introduction of a safety factor partially reduces the number of theoretically traversable areas.



In this paper, three different modeling methods (including sub-types, seven models in total) are compared to an FEM reference model, and both the accuracy and the computational time of the models are compared.




2. Materials and Methods


2.1. Parameters of the Vehicle and Terrain


To compare the different models, a reference terrain profile was created. The terrain profile is based on a photogrammetric 3D scan of the agricultural test field at the Hungarian University of Agriculture and Life Sciences (Szent István Campus), modified to include a variety of different terrain features in a 20 m long section. The inclusion of a variety of terrain features in the reference profile ensures that the models are tested against a diverse range of obstacles, thereby providing a more accurate representation of real-world off-road conditions. The 3D mapping of the test terrain was carried out using a DJI Phantom 3 SE 4K quadrocopter. The point cloud, which is derived from the photogrammetric model, can be seen in Figure 3.



The point cloud model has a horizontal resolution of approximately 100 mm. For the modeling of the wheel–terrain interaction, the terrain profile was derived by extrapolating the discrete data points.



Considering that the longitudinal obstacle negotiation capabilities of off-road vehicles are far more important compared to the lateral ones, a two-dimensional terrain profile was used. For the three-dimensional FEM models, the same profile was used as a constant cross-section 3D solid. The position of the vehicle was determined at the same 50 points of the terrain by each of the following modeling methods. To describe the mechanical properties of the soil, the stress–strain characteristics shown in Figure 4 were used, comprising the typical values for a soft clay soil [16,17]. A soft soil was selected to examine the results at a relatively higher deformation, and thus a larger absolute error. The data shown in Figure 4 are a simplified characterization of the typical soil mechanical properties. Since the aim of the paper is not to model the wheel–terrain interaction in a specific case, but instead to compare the models in a general case, it was not important to obtain highly accurate values for the soil characteristics. Instead, approximate values were selected, while of course choosing the values from a realistic interval. The position (and thus the stability and obstacle negotiation capability) of the vehicle is dependent on the position of the four wheels (or two wheels, in the case of 2D modeling). The total displacement of each wheel depends on the wheel load, and the wheel load, in the case of a specific vehicle, depends on the pitch and roll of the vehicle, due to the change in weight distribution. This means that the geometrical position of the vehicle and the tire–soil deformation are mutually dependent variables. For this reason, an iterative process could be used for the calculations. However, considering that the expected deformation values are relatively small compared to the characteristic dimensions of the vehicle, this effect is deemed negligible and the weight distribution between the axles is considered to be approximately the same as it is in the non-deformed initial state.



Even without further examination of the effect of the elastic parameters on the model accuracy, it is trivial that a more rigid material pairing would mean smaller absolute error in the results. The hypothetical vehicle used in the simulations was a four wheeled vehicle with a 1.2 m wheelbase, and 600 mm × 200 mm × 250 mm (external diameter, width and rim diameter) solid rubber tires with a linear strain characteristic (with a Young’s modulus of 0.2 MP) [18], and a total mass of 500 kg, comparable to a typical small unmanned ground vehicle used in many fields. The tread pattern of the tire was neglected, as the research of Zeng et al. [19] has shown that the thread profile only causes a constant offset in the displacement. The effect of threads on other mechanical properties of solid rubber tires was also considered to be minor [20]. It has to be noted that, while these parameters are partially hypothetical, the aim of the research is not to model the interaction of a specific vehicle and terrain, but to compare modeling methods.




2.2. Reference Model


As a reference, a finite element model was used. The model takes into account the deformation of the terrain and the rubber tire; other parts of the vehicle were modeled as rigid bodies, as their only purpose in this model is to distribute the load to the tires. The model was created in Ansys Workbench R1 (2023). For better visualization, only a single wheel and rim is shown in Figure 5; a full model consists of a pair of these. The model created was a static model, meaning that the effect of rolling of the tire is not taken into account. Instead, the deformation of the tire and the terrain was modeled as a static state in each position, with only a vertical displacement of the wheel center allowed by the constraints. This is a necessary simplification, because, if a rolling tire model were used, the comparison to the other, simplified models (which do not take the effect of rolling into account) would not be possible. A dynamic modeling method would also be unrealistically complicated for this purpose. With static modeling, the conditions in each geometrical coordinate can be directly calculated; however, the introduction of dynamic modeling methods would mean that the speed of the vehicle and even the phase of vibration would have to be taken into account as independent variables. Aside from the fact that the introduction of two additional independent variables would make the results of this simulation much more complicated to compare, it must also be taken into account that the purpose of this research is to compare modeling methods for real-time purposes. In a navigation task of a vehicle under realistic conditions, these values (especially the phase angle of the vibration) cannot be calculated for a specific point or section further on the path of the vehicle when creating a mobility map. The phase angle of the vibration of the tire on off-road terrain can be influenced by various factors, including the earlier conditions encountered by the vehicle along its path. The effect of the speed and vibrations definitely influence the tire–soil interaction, but it must be considered that for off-road obstacles for which the obstacle negotiation capabilities of the vehicle are (nearly) exceeded—which is the main purpose of this research—the vehicle usually has a relatively small longitudinal speed. For these reasons, while a dynamic model would without doubt be more accurate, it was deemed to be much more complicated both from the perspective of the model itself and the comparison of the results. Therefore, it was decided that a static model would be more appropriate for this purpose.



For the modeling of tire–terrain interaction, a mathematical model also can be used. This would be expected to be less computationally intensive compared to a finite element model. However, such mathematical modeling methods cannot be created based on physical values alone; instead, results from either physical measurements or other simulations are required [21]. For this reason, while mathematical modeling can generally be useful, in this specific case, it is not an appropriate method for creating a reference model. Contrary to mathematical models, FEM simulation can be created based on the geometry and the mechanical properties of the included materials alone, which makes it the most suitable method for the purposes of this study.



In this research, the finite element model was used as a reference. The model can be considered theoretically perfectly accurate, as Deng has shown [22] that, based on actual measurements, finite element models of a non-pneumatic wheel have an error of approximately 5% from the perspective of wheel center displacement under operational loads, which is expected to be orders of magnitude smaller than the error of other methods compared in this research.



The reference model was created with a 20 mm meshing element size (triagonal) for the rubber tire, and an adaptive element-sized triagonal meshing for the terrain. The width and height of the modeled terrain section was chosen so that the effect of the load did not appear at the boundaries of the terrain section, and was thus equivalent to an infinite half space. The wheel load was determined and each point was based on the load shifting between the axles due to the pitch of the vehicle, with a 1250 N default load. The connection of the rigid rim and flexible tire was modeled as “Bonded”, the interaction of the tire and terrain as “No separation”. The solver method used for the reference simulation was “Conjugate gradient solver”, with a convergence tolerance of 10−8. The number of solver iterations was in the range of 100 to 150. The meshing of the FEM model and the results of a simulation can be seen in Figure 5b and Figure 6, respectively. The visualization of one of the reference simulations (Figure 6) shows the gradual displacement of both the wheel and the soil. As can be seen, the displacement of the rigid rim is constant at each point of the rim, and this displacement (which is the same as the axle displacement of the vehicle) is referred to as the wheel displacement in later parts of the study.




2.3. Finite Element Models


Apart from the one used as reference, two other, less detailed finite element models were examined and compared to the reference model. The FEM 1 and FEM 2 models had a decreased meshing resolution of 5 and 15 cm, respectively. As these models were identical to the reference model in every respect apart from the meshing resolution, including the mechanical material properties, the solver settings, and all other aspects of the FEM method, these models are not discussed in detail. The reduced resolutions of 5 and 15 cm changed the total node number from approximately 80,000 to 14,000 and 4000, respectively. The finite element models with a reduced meshing resolution can be seen in Figure 7a,b.




2.4. Linear Model


The simplest model which can be used assumes that the displacement of the axle is the same on any part of the terrain as it would be on a perfectly flat, horizontal terrain section, under the same load. This means that, compared to the position of the axle aster, the deformation can be derived from the theoretical non-deformed position and a load-dependent constant, which can be derived from a look-up table created by using the reference model. It was found that—within the load interval examined here—the axle displacement was linear to the vertical force, with a theoretical stiffness of 22.6 N/mm. The stiffness was acquired by gradually increasing the wheel load of the reference model up to 1250 N in 5 steps on a flat and horizontal terrain section, and a linear characteristic was fitted for these 5 force-displacement value pairs. In this method (which is more of an estimation method and not a simulation), the simplified characteristic is similar to a Hooke element, or a spring, in other words. It is important to note that this estimation method is expected to have a relatively high accuracy on flat terrains; however, on terrain sections with a more complex shape, the accuracy of the estimation is expected to be low. This effect of the terrain shape on the model accuracy is not examined in detail in this paper, but it could be a further research possibility.




2.5. Parallel Element Model


The rheological behavior of the soil and the rubber tire can be described by various models. The most commonly used soil rheological models are:




	(a)

	
A serial combination of an Voigt element and a Hooke element [23];




	(b)

	
A parallel combination of a Hooke element, a Newton element, and a Maxwell element [24];




	(c)

	
A parallel combination of a Coulomb and Newton element, serially connected to a Voigt element [25].









These models can be seen in Figure 8. The models are different in many ways, however, considering that only the static, steady state deformation is examined in this study, the velocity-dependent Newton elements of the models can be neglected. With this modification, all mentioned soil models could be simplified to a single linearly elastic Hooke element, or to a serially connected set of a Newton element and a Coulomb element. The latter will be used in this study to describe the behavior of the soil.



For similar reasons, the behavior of the rubber tire (which is usually characterized by the parallel connection of a linearly elastic Hooke element and a speed-dependent Newton element) was characterized using simple linearly elastic elements. The parallel element models combine the features of the finite element method and the conventional rheological models. Both flexible bodies are divided into a finite number of separate elements, however—contrary to finite element models—the elements of a body have no effect on each other. As Figure 9 shows, the model can be considered a set of parallel, vertical rheological elements with the same characteristics.



The rheological parameters of the tire and the soil elements were identified using the reference FEM model in two steps: by using a theoretically non-flexible tire to identify the soil parameters, and a non-flexible terrain to identify the tire parameters, as can be seen in Figure 10. In these two simulations, only the mechanical characteristics (of the rubber tire and the soil, respectively) were changed from flexible characteristics to rigid. With these changes, the simulation was carried out on a flat and horizontal terrain surface to identify the parameters for the parallel element model. After simulating the total displacement on the modified reference model, the parameters of the soil and tire elements were identified using the parallel element model with a reduced gradient method. It can be noted that, while the deformation under a given load obviously depends on the mechanical properties, the number of interacting soil–tire element pairs with a given wheel displacement do not, which makes the parameter identification simpler. When using a horizontal resolution of 1 cm, the following parameters were as follows: ktyre = 25.53 N/cm, ksoil = 168.9 N/mm, Fsoil = 92.3 N. It also has to be taken into account that the critical force of the soil models’ frictional part is only exceeded in a very small area of the terrain, which makes the parameter identification of the frictional elements critical force inaccurate; however, it also means that this parameter only has minor effects on the results.



The model was applied using three different values of longitudinal element size: 10 mm, 25 mm, and 50 mm. These models are referred to as parallel element 1.1, 1.2, and 1.3, respectively. The visualization of the parallel element model in an actual terrain section can be seen in Figure 11 and Figure 12. The undeformed initial state (which can be seen in Figure 11) shows that the undeformed tire and terrain are connected only through a single rheological element. After applying the vertical load to the wheel, the connection surface increases (in this case to the width of seven elements), as can be seen in Figure 12. It can be noted that the contact area in the undeformed initial state is not a single element in every case, as it depends on the exact terrain profile. However, this does not affect the calculations. Due to the wheel load, the vertical coordinate of the wheel center (in a local, relative coordinate system) changed from 2.4768 m to 2.4509 m, which means a total wheel displacement of approximately 26 mm.



The software implementation of both parallel element models was carried out in Python 3. The rheological properties of the connecting tire–terrain element pairs were simplified to a parallel set of a Hooke and a Coulomb element. The resultant elastic coefficient can be calculated as


    k   R E S   =   1     1     k   T Y R E     +   1     k   S O I L        



(4)







The resultant elastic coefficient of the parallel element model, in the case of a 10 mm element width, is kRES = 22.17 N/cm, with the frictional element of the soil keeping the original value of Fsoil = 92.3 N. Using this resultant rheological characteristic for the element pairs, the wheel displacement was calculated with an iterative process, since the number of the acting rheological element pairs depends on the displacement and so a simple algebraic equation could not be used. From the undeformed initial condition, the wheel displacement was increased in 1 mm increments, until the calculated total vertical force of the acting element pairs exceeded the nominal wheel load. The final wheel displacement value was calculated using linear interpolation between the two adjacent discrete displacement values.




2.6. Parallel Element Model 2


The second type of parallel element model used was similar to the first model in many ways. The main difference is that, in the second model, the rheological elements are not vertical, but perpendicular to the (undeformed) surface of the terrain and the tire, as can be seen in Figure 13.



In all other respects, the model is identical to the parallel element 1.1 model, and the same rheological parameters were used.





3. Results


All five of the previously discussed methods were used at the selected points of the terrain profile. It was assumed that the finite elements model used as a reference is perfectly accurate in the sense that, while the error of the model is not zero, it is negligible compared to the errors of other, less detailed models. Table 1 shows the results for the average accuracy of the models compared to the reference finite element model, and the required computational capacity. Apart from the reference finite element model, the table includes results for two additional FEM models (which only differ from the reference in their decreased resolution), the linear model, and four different parallel element models. Since the exact computational time required for each simulation method would be hard to interpret, a more meaningful value, the “Relative computational time”, was used. The relative computational time is a proportional value (compared to the least capacity-intensive linear model), where the linear model has a relative computational time of 1 (100%). This means that the computation of the “Parallel element 2”-type simulation is approximately 20 times longer compared to the linear model, regardless of the computer specifications. The introduction of the relative value is necessary to exclude the significant effect of hardware performance on the computational time. The usage of the relative value is based on the assumption that the ratio of computational times for different models would be the same, regardless of the exact hardware. The computing time only refers to the runtime of the simulation itself and does not include the importation of the initial data, identification of the model parameters, and the exportation and visualization of the results.



The results show that the less computational capacity a modeling method needs, the less accurate it is. It is important to note that this statement is not true in general, just for the models compared in this study. Modeling methods that require higher computational capacity yet are still less accurate can also exist.



By examining the results, it can be seen that there is no “best” modeling method, as the more accurate models require consistently more computational capacity. However, there are models that are inferior from the perspective of their cost–performance ratio. For example, it can be seen that, if a parallel element 1-type model is used, it is not necessary to use a higher resolution than 50 mm, as it would not significantly improve the accuracy. The results show that, apart from the FEM models, the parallel element 2 model has the highest accuracy, and the computational time of said model falls in the same magnitude as the simpler parallel element 1 models. However, the possible practical implementation of the models should also be considered. The linear and parallel element models were created in Python 3 for the purpose of this research, and the same method can easily be integrated into a larger project, for example, the creation of a mobility map. However, the FEM simulations require a separate software, and for these reasons the requirement for automatized modeling simulations can limit the applicable software solutions. Another aspect of optimal model selection (which could be a possibility for future research) is the comparison of the same models on a different point cloud. In this research, the 3D model of the test area was created by a fixed (10 cm) sampling resolution, and the terrain profile was extrapolated from these points. However, when using some 3D mapping methods (for example LIDAR), only an unstructured point cloud can be obtained. As mentioned earlier, the deformation of the tire and the soil affects the mobility and stability of the vehicle in many ways. The accuracy of the examined models can be interpreted differently, depending on the purpose of the modeling. The error of even the less accurate models is small compared to the external dimensions of the vehicle, and, for example, only has a minor effect on the change in the load distribution between the axles due to the pitch of the vehicle. However, from the perspective of the obstacle negotiation capabilities of the vehicle, even these inaccuracies are significant. Considering that a typical small UGV, comparable to the one used in the simulations, usually has a ground clearance of no more than around 150–250 mm, even a 20–30 mm safety clearance would have a significant effect on the obstacle negotiation capabilities. Based on the results of this study, it would be possible to select an optimal modeling method for a specific application, making a compromise between the accuracy and the computational capacity. Apart from selecting an optimal method, the results can be useful to determine what safety margins should be used for the mobility models. The safety margin should be large enough to compensate all of the possible inaccuracies of the mobility models, but also as small as possible so as not to reduce the theoretically traversable parts of the operational area more than what is absolutely necessary.




4. Discussion


In this study, eight different terrain–tire interaction models were compared, both from a perspective of accuracy and computational capacity. Based on the results, it can be said that all of the examined models may have a use in some circumstances. It is not possible to select a “perfect” model, as a compromise has to be made between the accuracy of the model and the available computational capacity. The results of this study can be used to select the optimal model for a specific application. Additionally, it is planned to continue the research and create an iterative method combining some of these models, adaptively using the more detailed (and thus, computational-capacity-intensive) models only for the critical parts of the terrain, while less detailed models can be used on the other parts. In this study, it was not thoroughly examined whether a mathematical connection between the accuracy of the models and the terrain profile can be found. However, it was found that the error of the models was larger at points where the terrain profile has a high microscopic roughness and/or has a high slope. Further research of this phenomena could provide important results, which could be essential to create the earlier-mentioned combined models, as it could provide a method to determine which models should be used at any given part of the terrain.



The wheel–terrain models compared in this study can be used to create a mobility map for off-road vehicle movement. An example of such a mobility map for the test field (Figure 14a) can be seen in Figure 14b. The mobility map shows the traversability of the terrain on grayscale, where non-traversable areas are marked in black and areas that are traversable without any obstacle in white. Based on such maps, an optimal route can be calculated with the appropriate mathematical minimum search algorithms.
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Figure 1. Longitudinal stability of the vehicle: (a) stable position; (b) unstable position. 
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Figure 2. Typical types of untraversable obstacles: (a) nose-in failure; (b) hang up failure. 
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Figure 3. Point cloud geometrical map of the test field. 
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Figure 4. Stress–strain characteristic of the simulated soil and tire. 
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Figure 5. Reference model: (a) geometrical model of the wheel on a 1000 mm wide terrain section; (b) tetrahedral meshing of the model. 
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Figure 6. Results of the reference finite element model, showing the displacement (m) under a 1250 N wheel load. 
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Figure 7. FEM model with reduced 5 cm (a) and 15 cm (b) meshing resolution. 
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Figure 8. Different rheological models of soil. 
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Figure 9. Parallel element rheological model. 
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Figure 10. Parameter identification using the reference model: (a) identification of the soil parameters using a rigid tire mode; (b) identification of the tire parameters on a rigid, perpendicular surface. 
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Figure 11. Undeformed state of the parallel element rheological model. 
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Figure 12. Deformed state of the parallel element model. 
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Figure 13. Parallel element rheological model. 
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Figure 14. An example for the practical applicability of the models: (a) 3D map of the test area (with the vegetation virtually removed); (b) greyscale mobility map of the area. 
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Table 1. Results of the model comparison.
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	Model
	Avg. Accuracy (mm)
	Rel. Computational Time (-)





	Reference
	-
	5199



	FEM 1
	3.352
	2172



	FEM 2
	6.133
	641



	Linear
	17.802
	1



	Parallel element 1.1
	10.764
	12.38



	Parallel element 1.2
	11.550
	7.12



	Parallel element 1.3
	11.684
	4.23



	Parallel element 2
	9.628
	20.86
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