symmetry MBPY

Article

The Inertial Sub-Gradient Extra-Gradient Method for
a Class of Pseudo-Monotone Equilibrium Problems

1,2,3,%

Habib ur Rehman @7, Poom Kumam , Wiyada Kumam %*{, Meshal Shutaywi > and

Wachirapong Jirakitpuwapat !

1" KMUTTFixed Point Research Laboratory, KMUTT-Fixed Point Theory and Applications Research Group,
SCL 802 Fixed Point Laboratory, Department of Mathematics, Faculty of Science, King Mongkut’s University
of Technology Thonburi (KMUTT), 126 Pracha-Uthit Road, Bang Mod, Thrung Khru, Bangkok 10140,
Thailand; hrehman.hed@gmail.com (H.u.R.); Wachirapong.Jira@hotmail.com (W.].)

Center of Excellence in Theoretical and Computational Science (TaCS-CoE), Science Laboratory Building,
King Mongkut’s University of Technology Thonburi (KMUTT), 126 Pracha-Uthit Road, Bang Mod,
Thrung Khru, Bangkok 10140, Thailand

Department of Medical Research, China Medical University Hospital, China Medical University,

Taichung 40402, Taiwan

Program in Applied Statistics, Department of Mathematics and Computer Science, Faculty of Science and
Technology, Rajamangala University of Technology Thanyaburi, Thanyaburi, Pathumthani 12110, Thailand
Department of Mathematics, College of Science and Arts, King Abdulaziz University, P.O. Box 344,
Rabigh 21911, Saudi Arabia; mshutaywi@kau.edu.sa

*  Correspondence: poom.kum@kmutt.ac.th (P.K.); wiyada.kum@rmutt.ac.th (W.K)

check for
Received: 16 January 2020; Accepted: 1 March 2020; Published: 15 March 2020 updates

Abstract: In this article, we focus on improving the sub-gradient extra-gradient method to find
a solution to the problems of pseudo-monotone equilibrium in a real Hilbert space. The weak
convergence of our method is well-established based on the standard assumptions on a bifunction.
We also present the application of our results that enable to solve numerically the pseudo-monotone
and monotone variational inequality problems, in addition to the particular presumptions required
by the operator. We have used various numerical examples to support our well-proved convergence
results, and we can show that the proposed method involves a considerable influence over-running
time and the total number of iterations.

Keywords: sub-gradient extra-gradient method; strongly pseudo-monotone equilibrium problems;
convex quadratic optimization; strong convergence; Hilbert spaces

1. Introduction

Equilibrium problems involve many mathematical problems as a particular instance, such as
minimization problems, complementarity problems, problems of fixed point, Non-cooperative games
of Nash equilibrium problem, problems of saddle point and problem of vector minimization and the
variational inequality problems (VIP) (for more details follow e.g., [1-4]). As an explanation of the
equilibrium problem, we can also recognize this problem as a Ky Fan inequality, for the infer that Fan [5]
produces research and proposes a specific condition on a bifunction for the presence of a solution of
an equilibrium problem. As long as we know, Mu and Oettli [6] established this particular notion
“equilibrium problem” in 1992 and was advanced further by Blum and Oettli [1]. Several authors
have achieved and generalized many results with regard to the existence of an equilibrium problem
solution (e.g., see [7-11] and the references therein). The development of new iterative methods and
the examination of their converging analysis are among the most effective and valuable research
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directions in equilibrium theory. Several numerical results for solving the problem of equilibrium in
different abstract spaces have been established (for instance, see [12-27]).

Two effective techniques are exceptionally well recognized due to their numerical efficiency i.e.,
the proximal point method [28] and the principle of auxiliary problem [29] are used to handle the
problems of equilibrium. The proximal point method theory was basically formed by Martinet [30]
in the case of the problem of monotone variational inequality and afterwards, this was enhanced by
Rockafellar [31] in the case of monotone operators. Moudafi [28] provided the proximal point method
for monotone equilibrium problems. This method is usually dealt with equilibrium problems that
must contain a monotone bifunction. As a following, each sub-level problem is converted into a strong
monotone equilibrium problem so that we can obtain its unique solution. However, in the case that
the bifunction is a more general particular pseudo-monotone, we are not in a position to solve the
equilibrium problem. Another important concept is the auxiliary problem principle, that is established
on the understanding of forming a new problem that is analogous and generally simpler to carry
out with respect to our initial problem. Cohen originally established this rule [32] for the problems
of optimization, and further extended it to solve variational inequality problems [33]. Additionally,
Mastroeni [29] introduced this theory in the case of problems of equilibrium engaged through strong
monotone bifunction. On the other side, let us discuss inertial-type methods, which are based on
said heavy ball methods of the second-order time dynamical system. In order to solve the problem of
smooth convex minimization, Polyak [34] proposed an iterative scheme that would involve inertial
extrapolation as a boost ingredient to the convergence of an iterative sequence. This approach is
typically a two-step iterative scheme, and the next iteration is computed by taking the previous two
iterations and can be referred to as a strategy of pacing up the iterative sequence ([34,35]). In the case
of equilibrium problems, Moudafi initiated and proposed an inertial-type approach, specifically the
second-order differential proximal method [36]. Such inertial methods are basically used to accelerate
the iterative process to the desired solution. Numerical reviews suggest that inertial effects often
improve the performance of the algorithm in terms of the number of iterations and time of execution
in this context. There are many methods are already established for the different classes of variational
inequality problem for more details see, [37-41].

In this study, we follow the Dadashi et al. sub-gradient extra-gradient method [42] and the
method of Censor [43] and present their enhancement by implementing inertial technique. We are
coming up with a modified sub-gradient extra-gradient method to solve problems of pseudo-monotone
equilibrium in the setting of a real Hilbert space. The stepsize is not specified in our proposed method
but is built up by an explicit formula based on some previous iterations. We are formulating a
weak convergence theorem with regard to our recommended method of handling the problem of
equilibriums under specific conditions. In addition, some application in the problem of variational
inequality for monotone operator is considered and many numerical examples in finite and infinite
dimensions are also taken in order to support the appropriateness of our proposed results.

The rest of this article will be structured according to the following: In Section 2, We are giving
some concepts and relevant findings. Section 3, contains our algorithm involving pseudo-monotone
bifunction, and provides the weak convergence result. Section 4, includes the application of our
proposed results in variational inequality problems. Section 5, set out the numerical examples to
demonstrate the algorithmic performance.

2. Preliminaries

Now we are including some of the important lemmas, definitions and other concepts that will be
used throughout the convergence analysis. We were going to make use of that K as a closed, convex
subset of the Hilbert space E. The notion (.,.) and ||.|| stands for the inner product and norm on
the Hilbert space, receptively. We note down u, — u* to mention that the sequence {u,} weakly
converges to u*. In addition, EP( f, K) indicates the solution set of an (EP) on K and u* is an arbitrary
element of EP(f, K) or the solution set VI(G, K) of a variational inequality problem G over C.
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Definition 1. [1] Let K to be a convex, closed and nonempty subset of E and f : E x E — R be a bifunction
such that f(u,u) = 0 for all u € K. The equilibrium problem respect to a bifunction f on K is reported in the
following manner:

find u* € K suchthat f(u*,v) >0, forallv e K. (EP)

Next, we consider certain notions of a bifunction monotonicity (see [1,44] for further information).

Definition 2. The bifunction f : E x E — R on K for v > 0 is said to be:

(i) strongly monotone if f(u,v) + f(v,u) < —|lu —v|? Yu,v € K;

(i)) monotone if f(u,v) + f(v,u) <0,Vu,v € K;

(iii) strongly pseudo-monotone if f(u,v) > 0= f(v,u) < —y|u —v|? Yu,v € K;

(iv) pseudo-monotone if f(u,v) > 0= f(v,u) <0, Vu,v € K;

(v) satisfying the Lipschitz-type condition on K if there are two real numbers Ly, Ly > 0, such that

flu,w) < f(u,0) + f(v,w) + Li||u — v||® + La|lo — w||?, Yu,v,w € K.

Remark 1. As a consequence, we have the following implications from the above definition.

strongly monotone = monotone = pseudo-monotone

strongly monotone = strongly pseudo-monotone = pseudo-monotone

Definition 3. Assume g : K — R is a convex function and subdifferential of g at u € K is define as follows:

0g(u) ={z€E:g(v)—g(u) > (z,v—u), Vv € K}.
Definition 4. The normal cone of K at u € Kis

Nix(u)={z€E:{(z,v—u) <0, Vv e K}.

Definition 5. [45] A metric projection Px(u) of u onto a closed, convex subset K of E is define as

Py (u) = argmin{|[o — u/[}.
veK

Lemma 1. [46] Let Px : E — K be the metric projection from E onto K. Thus, we have
(i) Forallue K,v e E,
lu = P (0) |2 + || Px (0) = o||* < [lu —o||*.

(ii) w = Px(u) if and only if
(u—w,v—w) <0.

This section ends with a few important lemmas that are useful in examining the convergence of
our proposed results.

Lemma 2. [47] Let K be a nonempty, closed and convex subset of a real Hilbert space E and g : K — R bea
convex, subdifferentiable with lower semicontinuous function on K. Moreover, y is a minimizer of a function g if
and only if 0 € 9g(y) + Nk(y), where 0g(y) and Nk (y) denotes the subdifferential of g at y and the normal
cone of K at y respectively.
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Lemma 3 ([48], Page 31). For everye, f € Eand x € R, then the following relation is true:
e + (1 = x) fII* = xellel|* + (1 = ©) | £II* = (1 = ) [le — fII*.

Lemma 4. [49] Let ay, b, and c,, are sequences in [0, +00) such that

—+o00
api1 < ay+by(an —ay_1) +cn, Vn>1, with Z Cp < +09,

n=1
while b > 0 such that 0 < b, < b < 1 forall n € N. Thus, the followings items are true:

(i) L % an — ap—1]4+ < oo, with [q]4 := max{g,0};

(ii) limy—s 4oy = a* € [0,00).
Lemma 5. [50] Let {1, } be a sequence in E and K C E such that

(i) Foreachn € K, limy_ye0 |72 — 17| exists;
(ii) All sequentially weak cluster point of {n, } lies in K;

Then, {1, } weakly converges to a point in K.

Lemma 6. [42] Assume {x,},{yn} are sequences in R in such a way that x, < y,, ¥V n € N. Suppose that
0,0 € (0,1) and y € (0,0). Then, there is a sequence {y, such that {nx, < uy, and {n € (op, ).

Due to Lipschitz-type condition on a bifunction f through above lemma, we have the subsequent
inequality.

Corollary 1. Assume f satisfy a Lipschitz-type condition on K through positive constants Ly and Ly. Let
0 € (0,1), ¢ < min {%, i, ﬁ} where ® € [0,1) and yu € (0,0). Then, there is a real number {
such that

C(f(u,w) = f(u,0) = Lillu = olf* = Laflo — w]]?) < puf (o, w),

and op < { < o where u,v,w € K.

Assumption 1. Let a bifunction f : E x E — R satisfy the following conditions:

fi. f(v,v) =0, forall v € Kand f is pseudomontone on a set K.

fa.  f satisfy the Lipschitz-type condition on [E through positive constants L1 and L.

f3. limsup f(uy,v) < f(u*,v) foreachv € Kand {u,} C K satisfy u, — u*.
n—o0

fa. f(u,.) need to be convex and subdifferentiable on K for arbitrary u € K.

3. An Inertial Sub-Gradient Extra-Gradient Method and Its Convergence Analysis

Now we are presenting our first main algorithm and prove a weak convergence theorem to find a
solution to the equilibrium problems (EP) involving pseudo-montone bifunction. The Algorithm 1 in
details is given below.
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Algorithm 1 Inertial sub-gradient extra-gradient method for pseudomontone (EP).

Initialization: Choose u_1,1u9 € E, 0 € (0,1), ¢ < min {%, %, 21?2}, e (0,0), >0and

non-decreasing sequence 0 < ¢, < ¢ € [0, %) Set
b= tp + Op(Uy — tty_1).

Iterative steps: Given u,_1, u, and {, are known for n > 0.
Step 1: Find

, 1
v = argmin{uf(tn, y) + 5 |tn — I}
yeK

If t,, = v,; STOP. Otherwise, construct a half-space
I, = {Z ck: <tn — Cnwy — U,z — Un> < 0}/
where wy,, € 92f (tn, Un).

Step 2: Compute the next iterate

_ 1
g1 = argmin{pgnf(on,y) + 5 [ta — v}
yell,

Next, the stepsize sequence (41 is updated as follows:

B (@t 1) Lo

tnstns) = f(tn,on) — clltn — 0al|? = c2l|ttpgq — on]|2 +1

£yt =min o,

Set nn := n 4 1 and go back to Iterative steps.

Remark 2. By Corollary 1, {,,1 in Equation (1) is well-defined and
Cnst (f (b, tnsn) = f(tu, 0n) — cal[tn — onl® = callon — ”n+1||2) < uf(On tns1) @
Now, we prove the validity of stopping criterion with regard to Algorithm 1.
Lemma 7. If v, = t, in Algorithm 1, then t, € EP(f,K).

Proof. By the definition of v, with Lemma 2, we have

0 € 02{Guf (tury) + 31 — yI*}0n) + Ni(ou).

Thus, there exists w, € 92f(ty,vn) and @ € Ng(vy) so that {,w, + v, — ty, + @ = 0. Due to
hypothesis t, = v,, implies that {,w;, + @ = 0. Thus, we have

Cn{wn,y —vp) + (@, y —vn) =0, Vy € K.
By @ € Nk(vy) implies (w,y — v,) < 0 and through above expression, we obtain
Enlwn,y —on) 20, Vy € K. ®)
By wy € f(tn,vy) and the subdifferential definition, we obtain
f(tu,y) — f(tn,0n) = (wn,y —vn), Vy € K. 4)

By Equations (3) and (4) with {, € (0, +o0) implies that f(t,,y) > 0forally € K. O
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Lemma 8. Let bifunction f : E x E — R follows the conditions (f1-fy). Thus, for each u* € EP(f,K) # @,
we could have

1 = |2 < tw = 01 = (1= Cuin) a1 — a2

= Cnp1(1 = 2¢18n) [|tn — UnHz — Cnp1(1 = 2c28n) [ uny1 — Un||2~

Proof. By Lemma 2 with definition of u,, 1, we have

0 € 02 { G f (o y) + 5 ltw Y1t 2) + it ().
From above implies that w € daf (v, uy41) and @ € Ny, (14,,41) such that
ulpw + 1 —ty +w =0.
Thus, we have
(th = Uns1,Y — Un1) = Uon(w,y — tpi1) + (0, y — tng1), Yy € 1.
Since w € Npy, (uy41) then (W, y — 1,41) < 0 forall y € IT,. This gives
pon(w,y = tny1) 2 (b = Ung1, Y — Unpa), Vy € Iy ®)
By w € 92f (vn, Uy+1), we can obtain
f(on,y) — f(on, tiy1) > (W, y —uyi1), Vy € K ®)
Combining expression (5) and (6), we get
1onf (On,y) — uGnf (On, tns1) > (bn — Uny1, ¥ — Unt1), Yy € K. @)
By substituting y = u* into expression (7), we get
l/‘gnf(vn/u*) - Vgnf(vnrurﬂrl) > <tn — Uy, U — Upg1), VyeKk 8)

Since u* € EP(f,K) then implies that f(u*,v,) > 0 and due to the pseudomonotonicity of a
bifunction f we can get f(v,, u*) < 0. Therefore, from (8), we get

(tn — Upg1, tpe1 — U*) > ulnf (O, thyy1). )

By the expression (2) and (9) implies that

(tn — Upg1, tppr —U°) > Cupa {gn{f(tn/”nﬂ) - f(tnrvn)}

(10)
= crZulltn = oall? = eaZullnr = oal?]

Since uy, 11 € I1, and then by the definition of IT, implies that (t, — {nwn — Uy, tly11 — vn) < 0.
Thus, we have
gn <wnr Upt1 — Un> > <tn — On, Upt1 — vn>- (11)

Since wy, € 9 f (ty, vn) With y = 1,41, we gain

f(tu, 1) = f(tn, 0n) > (Wn, tpy1 —vn), Yy € K. (12)
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By combining (11) and (12), we have

én{f(tn/ un+1) _f<tnrvn)} > <tn — On,Upy1 — Un>- (13)

Next, combining (10) and (13), we get

2<tn —Up41, Up41 — ”*> > Cnt1 [2<tn — On,Upy1 — Un>

(14)
—261Zulltn — vul* = 26a8ull1 — on?].

We have the following facts:

2(tn = 1, 1 = 17) = b = 052 = unsr = tull? = fangr — |

2(tn = vn 1 = ) = [t = 0ul* + g1 = oul* = b — g %

From the above last two inequalities and Equation (14), we obtain

ttnr — w1 < |ltn — w1 = (1 = Zugr) [ttng1 — ta)?
= Cnp1(1 = 2c18n) [|tn — UHHZ = Cn1(1 = 2c28n) [ uny1 — Z’n||2-

O

Theorem 1. Let a bifunction f : E x E — R satisfying the assumptions (fi-f4). Thus, for each u* €
EP(f,K) # @, the sequence {t,}, {un} and {v, } generated by Algorithm 1, converges weakly to u*.

Proof. By Lemma 8, we write

ltnr = |2 < fltn = w12 = (1= G |t — |

— Cnp1 (1 —2¢18n) [|tn — n ||2 = Cns1(1 = 2¢28n) [ty 1 — 0n ||2 (15)

Thus, for n > 1 above expression implies that

it =712 <l = 72 = (1= Gt — b (16)
By t, in Algorithm 1, we get

l[tn — w* || = Jun + O (un — 1) — u*||
= (1 + 80) (un — u*) — B (up—q — u*)|?
= (14 0) ||t — u*]|? = Onllttg—q — u*||* + 00 (1 + ) ||t — i1 ||* (17)

Furthermore, by the definition t,, and follows the Cauchy inequality, we have

|11 — thz = |ltns1 — ttn — On(tn — “nfl)”z
= [funr1 — 1> + O3 1 — w1 [|* = 280 (st 1 — oy U — 10 1) (18)
> g1 — tall* + 05 0 — w1 [1* = 200|101 — |1 — 11 |
> Ntgsr = unl* + O ltn — w1 > = Onllttnga — wn|l* = On it — w1 |?
> (1= ) |[tnr1 — tn||* + (9 = 8n) [t — w1 |>. (19)
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By combining the expression (16), (17) and (19), we are getting
[
< (L 0) [ — (> = Ol [ty 1 — (| + O (1 + B) [t — 10—1|?
= (1= ) [ (1= 00 1t = 0l + (9% = 80) 1t — 101 | 20)
< (14 0) [Jun = 0|2 = Bty — 0| = (1= Cusa) (1 = 8u) i1 — 1?
(814 80) = (1= ) (83 = 80) |1ty — 100 1]

< (14 0n) [Jun = ]2 = Bullttn—1 — 7|1 = Qullttur1 — ttnl|* + Ruflutn — 1%,

(21)
where
Qn = (1 - €n+l)(1 - 1911)/
and
Ry = 8 (14 8n) — (1= Gup1) (87 — Bn).
Further, we put
Dy = |Jun — u* || = Oy — *||* + Rullttn — 1%
Next, we compute
D1 — Py = [ungr — > = Sugallun — || + Ryga g1 — ua)?
— Jtn = u*||? + Bulltty—1 — w*||* = Rollutn — 11>
= g1 — (1> = (14 1) [lun — w1 + O |1 — u*||?
+ Ry llttng1 — wn||* — Rullun — uy|?
< lttpar — P = (14 8) [|tn — w¥|1* + Bnlltty—1 — u*)?
+ Ryqallung1 — ”n”Z — Ry |lun — ”n71||2
—(Qu = Ryg1) |1 — un > (22)
We obtain the above last inequality from Equation (21) and
Qn - Rn+1
= (1= Zuy1) (1= 0n) = Oy (14 Opr1) + (1 = Luya) (9 w1 — Ons1)
>(1-0)(1 l9n+1) — U1 — 19%“
>(1—-0)(1-08)2—0—6
=(1-8)2—-c(1—-0)2—0-9
= (1-39) —0(1—19)
(23)

By our hypothesis and for some § > 0, we get

Dpp1 = Pu < —(Qn — Rug1)[ttr1 — tnl* < =t 1 — ual”. (24)
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So the above implies that {®, } is non-increasing. From the definition of ®,, 1, we have

| tng1 — u*HZ — Qg || un — M*HZ + Ry tny1 — un”z

— Ot [|un — u*|%. (25)

q)nJrl

Y

In addition, from &, we have
|7 = Bullun—1 — w*||* + Rollun — 1 ||
7 = Bl — || (26)

D, = |juy —u

> g —
The above implies that

[t = || < @y + Ol 11 — u*?
< @y + B|up—y —u*|?
< @y + 0[Py + O|up—2 — u*|?]
< @y + 0Dy + 8|uy o — |
O 1)+ 8 g — P
D,
1-0¢

IN

IN

0" up — | (27)

Combining (25) and (27) we obtain

— @11 < g [fun — |7
< Bfoun — 0|
Nl
1—

<¢ 3 + " ug — u* || (28)

It follow from the expression (24) and (28) that
k
0 ) Nlunt1 —unl| < @1 — Ppyq

n=1

o
< Py + 95 + 0 Jug —u|?

]
< %ﬁ—i- g — u*||2. (29)

letting k — oo in above expression implies that
[e9)
n; [tn1 = nl| < +oo = lim l[tn1 — unll = 0. (30)

From (18) and (30) we can obtain
|uys1 —tal| =0 as n — oo. (31)
By expression (20) with Lemma 4 and Y=, ; ||#y11 — un| < +o0 implies that

lgn lun — u*||> = 1, for some finite [ > 0. (32)
n—oo
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By (17), (30) and (32) we also get
1 — * 2 =
nlglgo ltn —u™||” =1L (33)

Next, we show that lim,, .« |0, — u*||?> = L. It follows from Lemma 8, for n > 1 such that

Cnt1 (1 - 2C1€n)”tn - Z)71”2
<ty — w¥[? = fltgr — u*|?
< (lItn — ™[ + luper — w10 — 0[] = w1 — u™|)

< ([t — w4 [lungr = Dl = tall — 0 as 1 — co. (34)

The above implies that
nh_{{}o [tn —vnll = 0. (35)

The above expression with (33) gives that
. 2
lim {|o, —u*[|* = 1. (36)
It follows from (31) and (35) such that
0 < |ltps1 —vnll = |upsr — tal| + |tn —on|| — 0 as n — oo. (37)

The above implies that for each u* € EP(f,K), the lim, e ||y — u*||? exists and also the
sequences {u,}, {t,} and {v,} are bounded. Now, we prove that all weak cluster point respect
to the sequence {u, } lies inside in EP(f, K). For this we take z is any weak cluster point of {u,}, i.e.,
there is a subsequence, indicated by {uy, }, of {u,} converges weakly to z. Due to ||u; — v,|| — 0
implies that {v,, } too converges weakly to z and z € K. Let prove that z € EP(f, K). By the expression
(7), (2) and (13), we have

Wonf (0n,y) > wlnf (Une, 1) + (bng — Ungr1,Y — Ungr1)
> Tnlnsrf (tngr ting 1) — Cnnst f (bns ) — €18nGnst [tn, — Oy |12
— 20nCn+1llom, — tne1 ||2 + (b — U1, Y — Ungy1)
> Cny1(tn, — Ongr Unp+1 — Ony) — C18nCnv1lltn, — Ony H2

— 20nCn41 ||Unk — Up 41 ”2 + <tnk —Up+1,Y — unk+l> (38)

for any element y € K. Moreover, from (31), (35), (37) and the boundness of {u,} implies that
right-hand side of above inequity appears may to zero as n — co. Using y, {, > 0, condition (f3) in
(Assumption 1) and v,,, — z, we have

0 < limsup f(vy,,y) < f(z,y), forally € K. (39)

k— o0

Given thatz € Kand f(z,y) > 0, for all y € K. It gives that z € EP(f, K). Finally, we establish that the
sequence {u, } converges weakly to u* by using the Lemma 5. This completes the proof. [J

If we use ¢, = 0 in the Algorithm 1, we get an algorithm that appears in the Dadashi et al. [42].

Corollary 2. Let a bifunction f : E x E — R satisfying the assumptions (fi—fs). Thus, for every u* €
EP(f,K) # @, the sequence {u, } and {v, } are generated as follows:

i Givenug € E, 0 € (0,1), ¢ < min{1, 2171, i}, ue (0,0)and o> 0.
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ii. ~ Compute

op = argmin{ f (un,y) + 3 ||un — [},
yeK
g1 = argmin{uluf (0, y) + 3 lun — yl*},
yell,
with 1T, = {z € E: (uy — {nwn — vy, z — vy) < 0} where wy, € 05 f (tty, vy ). Moreover, the stepsize
sequence (11 is updated as follows:

]’lf(vn/”n+1) }

Un, Uny1) — f(tn, 0n) — 1]|n — vnl|? = c2l|ttns1 — vnl]? + 1

{n+1 =min {0’, f(

The sequence {u, } and {vy, } weakly converges to the solution u* € EP(f,K).

4. Solution for Variational Inequality Problems

We state the variational inequality problem as follows:
Find u* € K suchthat (G(u*),v—u*)>0,VoveK.

A operator G : E — E is called
e monotone on Kif (G(u) — G(v),u —v) >0, Vu,v€K;
e  pseudo-monotone on K if (G(u),v —u) > 0= (G(v),u —v) <0, Vu,v € K;
e  L-Lipschitz continuous on K if ||G(u) — G(v)|| < L||u —v||, Yu,v € K.
Note: if we take the bifunction f(u,v) := (G(u),v — u) for all u, v € K, then the equilibrium problem

convert into the above variational inequality problem with L = 2L = 2L,. By definitions of v, in the
Algorithm 1 and the above definition of bifunction f such that

) 1
0 = argmin{Zuf (ta, ) + 5 |1tn — |2}
yeK

1 2
= argmin{ (G (tn),y — tn) + ltw — yI? + LGt}

yeK
1
= i Sltn — CnG(tn) — 2
arger;m{zn EnG(tn) — v
:PK(tn_gnG(tn))' (40)

Due to wy, € 92f(tn, vy) and by subdifferential definition, we obtain

(Wn,z —vn) <(G(tn),z—tn) — (G(tn),vn — tn), Vz€EERE
= (G(tn),z—vy), Vz€E, (41)

and consequently 0 < (G(t,) — wy,z — v,). That is why we have

(th — CnG(tn) — vn, 2 — Uy)
<ty — CnG(tn) — Un, 2 — Vn) + (u{G(tn) — Wn, 2 — Vy)
<ty — Cnwn — Uy, z — Vy). (42)

Similarly to the expression (40), u,; in algorithm 1 convert into

unt1 = Pry, (tn — uGnG(0n)).

Assumption 2. Suppose that G satisfying the following assumptions:
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Gi. G is monotone on K and VI(G, K) is nonempty;
G1. G is pseudo-monotone on K and VI(G, K) is nonempty;
Gy. G is L-Lipschitz continuous on K for constant L > 0.
Gs. limsup(G(uy),v —uy) < (G(u*),v —u*) forevery v € Kand {u, } C K satisfying u, — u*.
n—oo
As a result, the inertial sub-gradient extra-gradient algorithm 1 with theorem 1 covert to the
subsequent result for solving the variational inequality problems.

Corollary 3. Assume that G : K — E is satisfying (G, Gy, G3) as in Assumption 2. Let {t, }, {uy } and {v,}
be the sequences generated as follows:

1-30 1
107/ L

i.  Chooseu_1,ug € E,0€ (0,1),0 < min{
0<9,<9€(03).
ii.  Given u,_1,u, and compute

}, u € (0,0),Co > 0and non-decreasing sequence

vy = Px(ty — (uG(ty)), where t, = uy+ 8, (uy —u_q),
Upy1 = Pri, (tn — nCuG(vn)),

where 1T, = {z € E : (ty — {nG(tn) — vn,z — vn) < 0}. Moreover, the stepsize sequence ;1 is
updated as follows:

#(GOp, Uy i1 — On) }

{n+1 =min {(r
" ’<th/”n+1—vn>—%”tn—vnnz—%|”n+1—vn||2+1

The sequence {t,}, {un} and {v, } weakly converges to the solution u* of VI(G, K).

Corollary 4. Assume that G : K — E is satisfying (G1, Ga, G3) as in Assumption 2. Let {u, } and {v,} be
the sequences generated as follows:

i.  Chooseug € E, ¢ € (0,1), ¢ < min {1, %}, u e (0,0)and o> 0.

ii.  Given u, and compute

On = Px(un — 5nG(un)),
uny1 = P, (un — pCnG(0n)),

where 11, = {z € E : (up — {nG(un) — v,z — vn) < 0}. Moreover, the stepsize sequence ;1 is
updated as follows:

. ]/l<GUn, Upt1 — U">
Cna :mm{a }
! "Gty Ups1 — vn) — %””n —va|? - %””nﬂ — o2 +1

The sequence {u, } and {vy, } weakly converges to the solution u* of VI(G, K).

Next, we consider that provided G is monotone, assumption (G3) can be removed. The assumption
(G3) is needed to express f(u,v) = (G(u),v — u) satisfy the assumption (f3). In addition, condition
(f3) is used to prove z € EP(f,K), see description (39). This means that condition (G3) is employed to
show z € VI(G, K). Next, we are continuing to show z € VI(G, K) by applying the monotonicity of
operator G. This means that

(G(v),v—vy) > (G(vy),v—vy), Vv €K (43)
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By f(u,v) = (G(u),v — u) and expression (38), we get

limsup(G(vy, ), v — vy, ) >0, Vv € K. (44)

k—o0

Combining (43) with (44), we conclude that

limsup(G(v),v —vy,) >0, Vv € K. (45)

k—o0

Therefore v,, — z € K, implies that (G(v),v —z) > 0,V v € K. Letv; = (1 —t)z + tv for all
t € ]0,1]. Due to the convexity of K, v; € K for each t € (0,1). Then, we can write

0 < (G(vy), v — z) = t{G(v¢),v — 2) (46)

That is (G(v;),v —z) > 0 for every t € (0,1). From v; — z as t — 0 and the continuity of G,
we reach (G(z),v —z) > 0 for all v € K, this shows that z € VI(G, K).

Corollary 5. Assume that G : K — E is satisfying (G}, Gp) as in Assumption 2. Let {t,}, {u,} and {v,}
are sequences created as follows:

1-30 1
1-6)2/ L

i. Takeu_q,up € E, 0 € (0,1), 0 < min {(
0<0,<0€(03).
ii.  Given uy,_1,u, and compute

}, u € (0,0), o > 0and non-decreasing sequence

vy = Px(ty — 0nG(ty)), where t, =ty + 8y(uy —u_q),
Uny1 = Pr, (tn — puG(on)),

where 11, = {z € E : (ty — {nG(tn) — vn,z — vn) < 0}. Moreover, the stepsize sequence ;1 is
updated as follows:

(GO, U 11 = On) }

L

{n+1 =min {0’
! ' (Gtn, tyg1 — vn) — Eth — o2 — %H”nﬂ —oul2+1

Then, the sequence {t,}, {u,} and {v, } weakly converges to the solution u* of VI(G, K).

Corollary 6. Assume that G : K — E is satisfying (G}, Gp) as in Assumption 2. Let {u, } and {v,} be the
sequences generated as follows:
i.  Chooseuy € E, 0 € (0,1), 0 < min {1, %}, ue (0,0)and gy > 0.
ii.  Given u, and compute
Op = PK(un - énG(un»/
up+1 = Pr, (un — pnG(0n)),

where I, = {z € E : (uy — {nG(un) — vy, z — vy) < 0}. Moreover, the stepsize sequence (11 is
updated as follows:

V<Gvnr”n+l - vn> }

{n+1 =min {0’
" " (G, Uy1 — V) — Flun —vul? = 5 llttnga — val> +1

Then, the sequence {uy} and {v, } weakly converges to the solution u* of VI(G, K).
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5. Computational Experiment

Some numerical results will be presented to show the efficiency of our above-mentioned methods.
The MATLAB codes run in MATLAB version 9.5 (R2018b) on a PC Intel(R) Core(TM)i5-6200 CPU
@ 2.30GHz 2.40GHz, RAM 8.00 GB. During all these examples we use 1y = vy = (1,1,---,1,1)T
and y-axes display error term D, while the x-axis refers to the total number of iterations or the
running time (in seconds). Moreover, for our proposed Algorithm 1 (Shortly, Int.EgA) with error
term D, = ||t, — vy|| and for Tran et al. [23] (Shortly, Tran.EgA) and Dadashi et al. [42] (Shortly,
Dadshi.EgA) with error term Dy, = ||u, — vy |.

5.1. Example 1

Suppose that there will be n firms which generates the same product. Let u stands for a vector in
which the each entry u; denote the amount of the product manufactured by the firm i. We take the price
P as a decreasing affine function that depends upon on the value of S = Y/ | u; ie., Pi(S) = ¢; — ;S,
where ¢; > 0, ¥; > 0. The profit function for each firm i is define by F;(u) = P;(S)u; — t;(u;), where
ti(u;) is tax and producing cost u;. Assume K; = [uM", 4] is set of strategies belongs to each firm
i, and the strategy scheme for the whole model take the form as K := Kj x Ky x - -- x K;;. In fact,
each firm aims to achieve its maximum revenue by taking the corresponding level of growth on the
assumption that production of the other companies is an input parameter. The technique often utilized
to deal such type of model focuses mainly on the well-known Nash equilibrium concept. We would

like to remind that point u* € K = K; x K x - -+ x K}, is the point of equilibrium of the model if
Fi(u*) > Fi(u*[ui}) Yu; € K;, Vi=1,2,--- ,n.

with the vector u*[u;] represent the vector get from u* by taking u} with u;. Finally, we take f(u,v) :=
¢(u,v) — ¢(u,u) with ¢(u,v) := — ¥ | Fi(u[v;]), and the problem of evaluating the Nash equilibrium
point as:

find u* €K: f(u",v)>0, VYoveKk

In addition, we assume that both the tax and the fee for the production of the unit are increasing
as the amount of productivity increases. It follows from [18,23], the function f could be taken in
the following:

f(u,v) = (Pu+Qu+gq,v—u),

where g € R" and P, Q are matrices of order n so that Q — P is symmetric negative definite and Q is
symmetric positive semidefinite with Lipschitz constants L; = L, = %||P — Q| (for more details see,
[23]). During this Example in Section 5.1, the matrices P, Q are generated randomly (Two matrices A,
B are randomly generated with entries from [—1,1]. The matrix Q = ATA, S = BTBand P = S + Q).
and entries of g randomly belongs to [—1, 1]. The feasible set K C R" is written as

K:={ueR": -5<u; <5}.

1 =3 ;=5

The experimental results are shown in Figures 14 and Table 1 with { = 4i1 /0= 1 b= 1

_1 _ 1
ﬁn—zandgo—m.
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Table 1. The experimental finding for Figures 1-4.

Tran.EgA Dadshi.EgA Int.EgA

n Iter. CPU(s) Iter. CPU(s) 1Iter. CPU(s)

5 69 0.5508 28 0.2356 13 0.1145
10 124 1.2234 101 0.8967 51 0.4338
20 283 3.4558 223 2.5063 155 1.4874
40 379 5.1930 259 3.0970 177 1.7652

100 [4 T T T T T T ]
—+—Tran.EgA ]
—»—Dadshi.EgA| 1
—o—Int.EgA ]
102 F
S
Q
107 ¢
106 E
1 1 1 1 1 1 1
0 10 20 30 40 50 60 70
Number of iterartions
Figure 1. Example in Section 5.1 when n = 5.
]_00 i T T T T T T E
; —+—Tran.EgA ]
10t —»—Dadshi.EgA| |
—o—1Int.EgA ]
102 F
103 F E
=
Q
10 F 3
10°F 3
10°F E
10-7 L L L L L L |
0 20 40 60 80 100 120 140

Number of iterartions

Figure 2. Example in Section 5.1 when n = 10.
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—+—Tran.EghA ;
—»—Dadshi.EgA|3
—o—Int.EgA ]

10°

107?

0 50 100 150 200 250 300
Number of iterartions

Figure 3. Example in Section 5.1 when n = 20.

T T T T T T T

0 J

10" | —+—Tran.EgA |}

—=—Dadshi.EgA| ]

—6o—Int.EgA

102
=
Q

10%F

10—6 1 1 1 -

0 50 100 150 200 250 300 350 400

Number of iterartions
Figure 4. Example in Section 5.1 when n = 40.
5.2. Example 2
Let take G : R? — R? be explained by

0.5u1uy — 2uy — 107
F =
(x) <—4u1 —0.112 — 107

and let K = {u € R? : (u; —2)% + (up — 2)?> < 1}. It is east to see F is Lipschitz continuous with
L = 5 and pseudo-monotone. During these experiments we use stepsize { = 1078 for Tran et al. [23]
and {p = 0.1, ¢ = 0.199, ¥, = 0.25 and y = 0.19. The experimental results are shown in Table 2 and

Figures 5-8.
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Table 2. Results for Figures 5-8.

Tran.EgA Dadshi.EgA Int.EgA
Uug = g Iter. CPU(s) Iter. CPU(s) Iter. CPU(s)
(1.5,1.7) 86 2.9587 62 1.9962 40 1.6405
(2.0,3.0) 89 3.5329 71 2.0817 46 1.4633
(1.0,2.0) 99 3.4713 73 2.2057 52 1.5730
(2.7,26) 71 2.7353 55 1.9161 36 1.2266
0 T T T T T T T T ]
10 —+—Tran.EgA | ]
—+—Dadshi.EgA| |
—+—Int.EghA
10
Q
10
10—6 I I I I - 1 I B
10 20 30 40 50 60 70 80 90
Number of iterartions
Figure 5. Example in Section 5.2 when uy = vg = (1.5,1.7).
]_OO T T T T T T T T 3
—»—Tran.EghA |
10t —»—Dadshi.EgA| |
—»—Int.EgA ]
10
10
Q
10
10° 3
108 5
10-7 L L L L L L L L o
10 20 30 40 50 60 70 80 90

Number of iterartions

Figure 6. Example in Section 5.2 when 1y = vg = (2.0, 3.0).

17 of 25
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T T T T T T T T T 3

—+—Tran.EgA
—*—Dadshi.EgA
—#+—Int.EghA

10°

1072
Q
10
10
0 10 20 30 40 50 60 70 80 90 100
Number of iterartions
Figure 7. Example in Section 5.2 when 1y = vg = (1.0,2.0).

]_OO T T T T T T T 3
—»—Tran.EgA ]

10t —»—Dadshi.EgA| |
—»—Int.EgA ]

10-7 L L L L L L L |
0 10 20 30 40 50 60 70 80

Number of iterartions
Figure 8. Example in Section 5.2 when 1y = vg = (2.7,2.6).
5.3. Example 3
Let a bifunction f define on the convex set K as

f(u,0) = ((BBT + S+ D)u,v — u)

where B is an order n matrix, S is an order n skew-symmetric matrix, D is an order n diagonal matrix,
having nonnegative entries. The feasible set K C R" defined as

K={ueR":Au <b},
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while A is | x m matrix and b is nonnegative vector. We can see that bifunction is monotone

T
with Lipschitz-type constants are L1 = L, = w. The numerical findings shall be noted
in Figures 9-11 and Table 3 with { = ﬁ, o= %, U= 125L1 L0, = 411 and (o = i.

Table 3. The numerical results for Figures 9-11.

Tran.EgA Dadshi.EgA Int.EgA
ug =vy Iter. CPU(s) Iter. CPU(s) Iter. CPU(s)
5 198 4.6833 136 2.0156 78 1.1475
10 498 13.9149 190 2.3003 94 0.8930
20 1471 35.1972 119 1.5241 65 0.8603
10° Tran.EghA |7
= = =Dadshi.EgA
————— Int.EgA
1074 ]
!
S
S i
!
!
4l ]
10 i
)
L
‘\ I N <
wo SNl
10 | 7.-.-7"—-: = il I | |
0 20 40 60 80 100 120 140 160 180 200
Number of iterartions
Figure 9. Example in Section 5.3 when n = 5.
]_02 T T T T T T T T T
Tran.EgA
= = =Dadshi.EgA
————— Int.EgA
10° 4
Q 10?2 ]
j
d
i
t
1074 i 4
i
n
‘\\
‘\\
Y~ -
10.6 Il 1 1 1 1 1 1 1

0 50 100 150 200 250 300 350 400 450 500
Number of iterartions

Figure 10. Example in Section 5.3 when n = 10.
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10t w

Tran.EgA
10° E
107 E

Q
108 . |
0 500 1000 1500
Number of iterartions
102 T T
= = =Dadshi.EgA
----- Int.EgA
i
10° E
S 102 ]
104 F E
0
RN
DO
\~ -~
R
0% | "'T""---_ _________ L
0 20 40 60 80 100 120

Number of iterartions

Figure 11. Example in Section 5.3 when n = 20.

5.4. Example 4

Let E = I; be the real Hilbert space having elements are square-summable infinite sequence of
real numbers and K = {u € E : ||u|| < 3}. Let a bifunction f(1,v) = (5 — ||ul|){u,v —u) Vu,v €E,
where |[u]| = \/Y; |u;|?>. We can easily check that EP(f,K) # @ and also satisfy the assumption 3.
Next, we show that bifunction is Lipschitz-type continuous

fu,w) = f(u,0) = f(v,w)

= (6= llul){u,w—u) = (5= ul)(u, o —u) = (5 [[ol}){v,w —v)
(5= lulh){w,w —v) = (5= |lv[){v,w — v)

(5= lull)u = G = llolhv,w - v)

< 5= lulhu = = lole] o - ]

=[5 = ) = lJull (= ©) = (ull = el o — ]
< [llu—oll+ ull e = o + [l = ol el ] o = ]
< [5llu =l + 3]l = vll +3llu — o] o — ]

— 11~ o]l o - w]|

< Slu—olP+ Sl —wl?
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while u,v,w € K and value of Lipschitz-constants are L; = L, = % Next, we prove that bifunction is
pseudo-monotone. Letu, v € Kbesothat f(u,v) = (5— ||ul|){u,v—u) > 0, mean that (u,v — u) > 0. Thus

f(o,u) = (5= |loll){v,u —v)
< (5= llel)(o,u—0) + (5= o) (w0 —u)
< (5=l {o,u—=0) = (5= lol){s, u—wv)
< (Iloll = 5)lu—o|* < 0.

Next, we show that bifunction f is not monotone. Let we take u = (%,O, 0,---,0,---) and
v=(300,---,0,--) in a manner that

f(u,0) + f(v,u) = <uv u) +2(v,u—v) > 0.

The projection onto K is explicitly computed as

w if Jlull <3,

Px(u) =

”37”H, otherwise.

The numerical results are shown in Figures 12 and 13 and Table 4 with { = ﬁ, o= ﬁ, U= ﬁ,
9y = jand {o = -

Table 4. The numerical results for Figures 12 and 13.

Tran.Egh Dadshi.EgA Int.Egh
Uy = vg Iter. CPU(s) Tter. CPU(s) Tter. CPU(s)
(1,1,--- ,15000,0,0,--+) 69 0.5508 28 0.2356 13 0.1145
( -,5000,0,0,---) 124 1.2234 101 0.8967 51 0.4338

10?

10°

1072

10

106

108

10-10

10-12 I I I I
0 20 40 60 80 100 120 140

Number of iterartions

Figure 12. Cont.
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10° w
—O—Dadshi.EgA
—O—Int.EgA

10°

S 10°

10-10

10'15 C 1 1 1 1
1 1.5 2 2.5 3 3.5 4
Number of iterartions

Figure 12. Example in Section 5.4 when uy = vo = (1,1, - -, 15000,0,0, - - - ).

1010 "

—6—Tran.EgA

10°

10

10-10

101° : :
0 50 100 150

Number of iterartions

1010 :
—©—Dadshi.EgA
—O—Int.EgA

10°

10710 I I I I I
1 15 2 25 3 3.5 4

Number of iterartions

Figure 13. Example in Section 5.4 when 1y = vg = (1,1, -+, 15000,0,0, - - - ).
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6. Conclusions

We have provided an extra-gradient-like method to resolve pseudo-monotone equilibrium
problems in real Hilbert space. The key influence of our recommended method is that our generated
iterative sequences have been integrated with the particular step-size evaluation formula. The stepsize
formula is revised for each iteration based on the preceding iterations. Numerical conclusions were
performed in order to explain our algorithm’s numerical performance contrasted with other methods.
Such numerical reviews prove that inertial effects often normally promote the performance of the
iterative sequence in this context.
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