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Abstract

:

Climate-smart practices are actions that can be implemented without affecting agricultural activities and that can promote these activities, generating direct and indirect benefits in ecosystem services provision and increasing agricultural productivity and private income. The present study evaluated the effect of three climate-smart actions (establishment of isolated trees, recovery of riparian vegetation, and implementation of live fences) on increased functional landscape connectivity and carbon storage. Three scenarios with rates of participation ranging from 5 to 100% were tested in two watersheds with different degrees of conservation and a high priority for national food production in Mexico. The main results suggest climate-smart practices positively impact landscape connectivity and carbon sequestration. However, the improvement in landscape connectivity mainly benefits species of short displacement (50–100 m), and the increase in carbon storage is directly linear to the area implemented in these practices. Also, the effectiveness of the modeled actions depends on the landscape structure, which was implemented with the highest benefits in watersheds with intense agricultural activity. The findings can support decision-makers in selecting the best strategies to increase landscape connectivity and carbon sequestration in productive landscapes.
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1. Introduction


Agricultural activities occupied 38% of the world’s land surface by 2020 [1]. This conversion of land from natural ecosystems to agricultural land has brought with it strong consequences for natural ecosystems, such as loss of biodiversity, soil degradation, water pollution, and degradation of ecosystem service provision, as well as being a major cause of greenhouse gas emissions or GHGs [2,3]. Simultaneously, the human population depends on agricultural activities and enhancing food production techniques, such as “climate-smart practices.” These practices have been proposed to increase productivity, improve resilience and adaptation to climate change effects, increase the provision of key ecosystem services, and reduce GHG emissions from agricultural activity [4].



Various climate-smart practices, such as crop rotation, soil erosion prevention and water management, irrigation efficiency, and agroforestry, are recognized for providing multiple environmental and socioeconomic benefits [5]. However, despite these win–win scenarios, several challenges constrain their wider implementation, such as a costly initiation process, lack of public policies and institutional support, complexity in management, lack of awareness of their existence and possible benefits, and limited knowledge of the implementation process to visualize the potential benefits and associated costs [6]. Consequently, providing technical evidence at the local and landscape levels is key to boosting acceptance by landowners and institutions and finding funding to support implementation and monitoring [5,6,7].



Agroforestry is recognized as a set of climate-smart practices, defined as the intentional integration of trees and shrubs into cropping and animal husbandry systems to create environmental, economic, and social benefits [8]. These practices generate multiple benefits at the local and landscape levels, including higher biodiversity and landscape connectivity, improved soil health, increased carbon sequestration rates, water purification, and provisioning services (water, food, wood, etc.), among others [6].



Landscape connectivity and carbon sequestration are two potential benefits of climate-smart practices, but their contributions are highly dependent on the context [9]. In the first case, the creation of landscape connectivity networks is frequently proposed as a mitigation strategy to facilitate the movement of species whose spatial distribution is affected by changes in climatic conditions [10]. In the second case, the carbon sequestration capacity of agroforestry crops, such as coffee, is part of the efforts to absorb greenhouse gases (GHGs) from the atmosphere [7].



In this sense, innovative approaches to enhancing ecosystem services and agricultural productivity must be based on comprehensively evaluating how local interventions such as recovering riparian vegetation, establishing isolated trees, and installing living fences can work in synergy. A detailed analysis of the interaction between landscape structure and the effectiveness of climate-smart practices would highlight whether these strategies could contribute to sustainable development efforts and climate resilience. The present study is a detailed analysis that intends to provide a valuable reference for implementing the evaluated strategies in other regions and finding practical and effective solutions to contemporary environmental challenges.



Generating evidence with quantitative data on the benefits of practices is key for decision-making to select the best options to be implemented in highly transformed agricultural landscapes. First, this paper quantitatively describes, with a high degree of precision, the landscape structure, functional connectivity, and carbon storage and sequestration of the current landscape by mapping each arboreal element in the agricultural matrix of two coastal priority watersheds with different levels of degradation. Then, the relative contributions of three climate-smart practices (isolated tree establishment, riparian vegetation recovery, and the implementation of live fences) in terms of landscape connectivity and carbon sequestration capacity are evaluated through simulations. Finally, the effect of different levels of landowner participation is modeled to identify the minimum number of participants needed to have an effect at the landscape scale from these practices.




2. Materials and Methods


2.1. Study Site


Two Mexican watersheds were analyzed: Ameca–Mascota (Jalisco–Nayarit) and Jamapa (Veracruz-Puebla; Figure 1). Both cases are considered priority watersheds for biodiversity conservation [11]. The Ameca–Mascota watershed is on the Tropical Pacific coast, within the physiographic province of the Sierra Madre del Sur, and extends over 2745 km2, where 334 localities are located. The Jamapa watershed is located on the Gulf of Mexico plain, within the physiographic provinces of Chiconquiaco, the Anahuac lakes and volcanoes, and the Veracruz coastal plain. Jamapa extends over 3921 km2 with a total of 1527 localities.



Each watershed has an Integrated Watershed Management Action Plan (IWAP). This territorial planning instrument identifies the activities needed to conserve the provision of critical ecosystem services in the face of climate change. These IWAPs include the priority sites for improving cattle ranching and agriculture (Figure 1). The low-to-medium provision capacity of ecosystem services due to environmental degradation and a high vulnerability to climate change effects on livestock production are characteristics of these priority sites [12].



To evaluate the effects of climate-smart practices, it is necessary first to make a map with a high level of detail of the forest vegetation and thus evaluate the current situation of the structure and connectivity of the landscape with the information obtained from the scenarios. The steps of the multiple analytical and mapping procedures are synthesized in Figure 2.




2.2. Tree Cover Map: Current Scenario and Future Trends


The land use and tree cover map was made from SENTINEL 2A satellite imagery (scenes from 17 February and 6 March 2022 for Jamapa and Ameca, respectively) downloaded from Scihub-Copernicus https://dataspace.copernicus.eu/ (accessed on 15 May 2022). Using the Maximum Likelihood algorithm in Qgis software v.3.22.1, each image was classified using blue, green, red, and NIR bands. One of the disadvantages of these pixel-based algorithms is the well-known “salt and pepper” effect, which consists of pixels being classified erroneously during the classification process, mainly due to difficulties in interpreting spectral signatures [13]. Two processes were carried out to reduce this bias. The first involved using a filter (eliminate) to clean all polygons classified with an area of 100 m2 (i.e., one pixel), and a screen photo interpretation was performed at a fixed scale of 1:2500 to correct most of the salt and pepper effect errors. Two categories were established to perform the classification: tree cover (cloud forests, pine–oak forests, deciduous forests, forest plantations, and coffee plantations) and non-tree cover (pasture, crops, and human settlement). Training for the 2022 image classification was performed with 200 points (100 points per class) taken from field visits and recent Google Earth images. The final map was validated with 100 points (50 per class), with which a confusion matrix and Kappa index were generated to determine the classification accuracy of the results [14].




2.3. Landscape Structure and Functional Connectivity


Landscape structure analyses were performed at the class and landscape levels to describe the diversity and spatial arrangement of the physical elements in each watershed [14]. For tree cover and non-tree cover classes, the following metrics were calculated in Fragstats v4.2.1 [15]: class area (CA), percentage of the landscape occupied by each class (PLAND), and mean patch size (AREA_MN), which are basic measures of landscape composition and indicate specifically the proportion of the landscape per class type. At the landscape level, the largest patch index (LPI) and Simpson’s diversity index (SIDI) were calculated [16].



The functional component of connectivity evaluates how species respond to the physical structure of the landscape [17], and the degree to which the landscape facilitates species’ movement between elements defines the degree of connectivity. Therefore, this measure is directly associated with the effect of location, shape, and extent of forest patches on the abundance and distribution of species in a landscape. The present study applied the probability of connectivity (PC) index to integrate the area of habitat patches and their connectivity using graph theory to measure landscape connectivity. The PC index was calculated with Graphab Software 2.8.5 [18], which allows potential landscape connectivity to be quantified from functional and structural perspectives.



The functional perspective is evaluated from dispersal distances (mean, median, or maximum dispersion), while the structural perspective considers data on the distribution of tree cover fragments in the landscape [17]. In this case, six potential movement distances across open areas were established for organisms to reach separate forest fragments or tree elements (distances: 50, 100, 200, 200, 300, 400, and 500 m). These distances were selected from several studies of animal movement through the agricultural matrix conducted in different areas of the two States where the watersheds are located (Veracruz and Jalisco), including birds [19], bats [20], reptiles [21], and rodents [22]. These studies show that some forest species only move up to 100 m across cleared open areas, while others move up to 200 m. Therefore, the distances were chosen to represent the known displacement distance of groups of species with different capacities to move through pastures and agricultural fields.




2.4. Carbon Storage and Sequestration


Total carbon storage was estimated with the InVEST (Integrated Valuation of Ecosystem Service and Tradeoffs) software v.3.14.0. https://naturalcapitalproject.stanford.edu/software/invest (accessed on 30 June 2022). Previous studies have shown that the InVEST model is a feasible and reliable way to quantify carbon storage [23,24]. The InVEST “carbon storage model” simplifies the carbon cycle calculated by multiplying the average carbon content of four carbon pools (aboveground, belowground, soil, and dead litter) of each land use or land cover type by the corresponding areas. In detail, aboveground biomass includes leaves, bark, branches, trunks, and other living plant material above ground level. Belowground biomass includes the living root systems of aboveground biomass. Dead organic matter includes standing and lying dead wood and litter. Data for the four carbon pools were obtained through tables of coefficients for each LULC type; in this case, average values of carbon storage for the four pools were parameterized based only on secondary forest values of local and regional information to reflect the expected carbon storage capacity of the species (native or exotic) used in the climate-smart practices [25].




2.5. Simulated Climate-Smart Actions to Improve Functional Connectivity and Carbon Storage


Scenarios are models that allow evaluation of the advantages and disadvantages of implementing a strategy, such as climate-smart practice, in the landscape. In this way, generating hypothetical scenarios could support decision-making regarding providing key ecosystem services at the landscape level. To understand the effect of the evaluated climate-smart practices on mitigating the impact of climate change and improving ecosystem service provision, a comparison of the effect of their implementation with the current scenario, the tree cover map of the year 2022, was needed.



Three climate-smart practice scenarios for pastures and agriculture crops were simulated: (1) planting isolated trees in pasture parcels and crop fields, (2) extending tree-lined riparian corridors along permanent rivers, and (3) establishing live fences at properties’ limits where livestock or crop activities are carried out. The connectivity index for the three alternatives was compared to the connectivity values of the 2022 classification before the simulation to determine the relative contribution of each option.



Then, the participation rate was determined by considering the number of parcels within the priority sites of Ameca–Mascota and Jamapa (760 and 1200, respectively) and different proportions of parcels (proxy of landowners) that could participate (5, 10, 25, 50, 50, 75, and 100%) in the climate-smart practices. The plots where the actions were modeled were randomly selected to avoid biases.



The first simulated proposal (isolated trees) was based on the idea of forest islands created by Benayas et al. (2008), which proposed an alternative to forest restoration in agricultural landscapes. The approach uses small-scale active restoration to drive passive restoration at larger scales through regeneration by nucleation [26,27]. The isolated trees scenario consisted of a random point (planted tree) set in each randomly selected plot, where a 5 m radius buffer (10 m diameter) was generated to simulate the tree canopy area. The scenario assumes successful tree plantations that promote the natural regeneration of woody plants in the understory. The second hypothetical practice was the expansion of forested riparian corridors along all streams. Water currents were determined using vector maps of streams in the study area ([28]; scale 1:50,000), and riparian corridors with a continuous 10 m wide tree canopy (5 m along each bank) were simulated. The riparian corridor width was established based on the Mexican Federal Water Law [29]. The third practice was the creation of live fences on the plots’ boundaries with a buffer of 5 m in radius (10 m in diameter), which was established by simulating the canopy of the live fences.



Finally, the maximum possible impact of the actions was evaluated with an “integrated scenario” that included the combination of the three climate-smart practices.





3. Results


3.1. Landscape Structure and Functional Connectivity


The land use and vegetation map’s overall accuracy and kappa indices were 91.74% (K = 0.83) and 90.10% (K = 0.80) for Ameca–Mascota and Jamapa, respectively. In Ameca–Mascota, the class area (CA) and Landscape Percentage (PLAND) indexes indicate the dominance of non-tree cover (6326.13 ha; 81% of the surface area) over tree cover (1522.42 ha; 19% of the surface area) and an average tree cover patch size of 0.24 ha (AREA_MN). Non-tree cover also dominates the Jamapa landscape (10,895.94 ha; 56% of non-tree cover vs. 8428.5175 ha; 44% of tree cover), but with less intensity than in Ameca–Mascota, and the average size of the tree cover patches is 0.5 ha (AREA_MN).



The landscape in Ameca–Mascota is highly fragmented (LPI value: 70.84) and homogeneous (SIDI value 0.31), dominating only a few cover classes with a large proportion of the area covered by agriculture. The Jamapa landscape is less fragmented (LPI value: 41.71) but more homogenous (SIDI value 0.49).



In 2022, the connectivity probability value (PC; Figure 3) was higher in the Ameca–Mascota priority site than in Jamapa (Figure 1). In Jamapa, the PC value between the threshold distance of 50 and 500 m increased by 74%, with the most significant increase (44%) between 50 and 200 m, highlighting that after the 200 m threshold, the PC value increase is inversely proportional (at greater distances, the increase in connectivity is less) to the threshold distance, resulting in a PC value increase of 38% between 300 and 500 m. In contrast, the PC value in Ameca–Mascota increased by 32% between the 50 and 500 m threshold distances, and like Jamapa, the most significant PC increase was obtained between 50 and 200 m (19%), with a marginal increase (11%) between 300 and 500 m. The PC values at short distance thresholds (50 m or less) were up to seven times higher in Jamapa than in Ameca–Mascota. However, the difference decreased to 2.5 times at the widest evaluated distance threshold (500 m).




3.2. Carbon Storage and Sequestration


The Ameca–Mascota priority site is mainly bordered by deciduous forest, while three forest types (pine–oak forest, mountain forest, and deciduous forest) surround the Jamapa priority site (Series VII, INEGI, 2018). Consequently, it was assumed that the species planted in the climate-smart practices should be characteristic of these vegetation types. Therefore, average carbon storage values of 156.61 tons/ha and 242.47 tons/ha were considered in Ameca–Mascota and Jamapa, respectively (GPM-INECC, 2022). A second assumption of the model was that these carbon storage capacity values are homogeneous in all the practices implemented throughout the watersheds. However, values could differ depending on the planted species; no information was available, and similar trends were found in the literature. The carbon sequestration estimation in the 2022 scenario showed that the total carbon storage was 238,504.50 tons/yr and 2043,478.97 tons/yr in Ameca-Mascota and Jamapa, respectively.




3.3. Simulated Climate-Smart Practices to Increase Functional Connectivity and Carbon Storage


The analyses showed that climate-smart practices have the most significant positive impact on the functional connectivity of the Ameca-Mascota landscape, and the effect varies depending on the proportion of participating landowners in all cases. The effects are more visible in the “Integrated scenario”, where in comparison with landscape connectivity in 2022, the participation of 5% of the landowners increases the landscape connectivity by 14%, by 36% with 10% of landowners participating, by 131.5% with a quarter of the landowners participating, by 451.5% when half of the landowners participate, by 726% with two-thirds of owners participating, and by 897.5% when all available parcels are included. The direct effect of the implementing climate-smart practices in the connections between fragments is shown in Figure 4 for a small area of the Ameca–Mascota study case.



The analysis of the “Integrated scenario” effect regarding connectivity in the Jamapa landscape showed that a minimum participation rate of 5% increases the functional connectivity by 13%, with a slight improvement (14%) when 10% of landowners are involved and more significant effects when climate-smart practices are implemented in a quarter (+30.8%), half (75.1%), three-quarters (118.4%), and all parcels (209.5%). Figure 4 shows the effects of threshold distances in connectivity values considering a 50% participation scenario for Ameca–Mascota and Jamapa.



The benefits of landscape connectivity differ between climate-smart practices and watersheds and, in all cases, increase with landowner participation. Living fences had the highest contribution in both watersheds, ranging from 12% to 813% in Ameca–Mascota and 10% to 138.4% in Jamapa. The second practice with better performance was the restoration of riparian vegetation (riparian tree scenario), with a connectivity improvement of 9% to 61% in Ameca–Mascota and from 5% to 14% in Jamapa. Lastly, the isolated tree scenario (tree cover scenario) could increase connectivity by 5% to 7% in Ameca–Mascota and 3% to 4% in Jamapa.



Climate-smart practices benefit connectivity in both watersheds more at short threshold distances (50 and 100 m) than at long thresholds (400 and 500 m). For example, in the 5% landowner participation scenario, the average benefit was 15% increased connectivity at 50 and 100 m threshold distances, while the connectivity only increased by 10% at 400 and 500 m lengths. Also, in the 100% participation scenario, the benefit of practices at short distances is 1096%, while the connectivity increase is less than half (467%) at 400–500 m.



Table 1 shows that the most significant benefits in carbon storage would be obtained in Jamapa due to two factors: a higher number of properties than in Ameca–Mascota and the higher carbon storage capacity of the vegetation types around the priority site. In both watersheds, the ecosystem service of carbon storage is proportional to the intervened area (i.e., the more extensive the recovered area, the higher the amount of carbon storage in the landscape).





4. Discussion


Tree elements included in climate-smart practices and planted in and around agricultural matrices are increasingly recognized as critical structures that improve landscape connectivity, forest restoration, biodiversity conservation, and the essential provision of ecosystem services, such as carbon sequestration, in highly transformed landscapes [30,31]. However, the effectiveness of climate-smart practices regarding specific ecosystem services and the role of the level of landowner participation have been scarcely studied. The results of this research obtained through modeling scenarios contribute to boosting climate-smart practice implementation focused on tree elements, demonstrating their benefits on functional connectivity and carbon storage. This study highlighted that benefits differ depending on the modeled practice, the level of landowner participation, and the landscape matrix where they are implemented.



4.1. Main Contributors to Landscape Connectivity and Storage of Carbon


Our results suggest that landscape structure defines the effectiveness of climate-smart practices, implying that the benefits obtained from a practice depend on the implementation context, a statement that has been the subject of several theoretical models and debates where the importance of landscape structure for biodiversity maintenance has been highlighted [32]. These models suggest that maintaining more habitat in the landscape benefits biodiversity [33]. Increasing the amount of habitat in a landscape is considered a conservation measure because it facilitates the movement of individuals and accessibility to resources (e.g., food and refuge) located in different areas of the landscape [33]. Therefore, climate-smart practices that include arboreal elements favor landscape structure recovery and, despite being small elements from a landscape scale, allow biodiversity conservation in highly fragmented areas functioning as corridors and stepping stones for species that can utilize the matrix and move between fragments [34]. Similarly, the presented results support these ideas and highlight that the practices have more significant effects in landscapes with high levels of fragmentation and homogeneity.



Climate-smart practices affect forest organisms differently depending on their displacement capacity. The three evaluated practices benefit species with short distance thresholds (50–100 m), because these species have a high dependency on tree structures located at close distances to move through the landscape easily. In contrast, species with higher displacement capacity (e.g., bats and birds) can move between areas devoid of vegetation. For example, species with short distance thresholds are more affected by landscape transformation, and climate-smart practices with arboreal elements could help recover their population. The scorpion lizard, a species distributed close to the coast of Jalisco, has a maximum displacement distance from its refuge of 236 m and depends on trees for feeding; consequently, extensive agricultural activities that eliminated tree elements have caused a severe population decrease [21,35]. These species are the ones that would benefit the most from the implementation of the analyzed climate-smart practices.



Live fences had the greatest functional connectivity and carbon sequestration benefits because they create micro-corridors and occupy a larger area than the other two practices; however, each practice fulfills specific functions. Isolated trees are stepping stones between habitat patches and are less invasive for landowners, requiring less space and maintenance, making it easier for landowners to access these practices. In ecological terms, these small patches could be the habitat of a diverse pollinator community [36].



Riparian tree recovery was the second practice with the highest effect on connectivity and carbon sequestration, and multiple additional direct and indirect benefits [37,38] have also been documented, including water regulation, which is a critical resource for agricultural activities. Both live fences and the recovery of riparian areas form corridors but differ in the provision of ecosystem services. For example, riparian vegetation has the potential to provide a much wider range of ecosystem services, ranging from the aesthetic value of the landscape to the mitigation of diffuse pollution [38]. Despite the importance of riparian vegetation, trees are often harvested as the last forest resource in highly degraded areas [39].



The results suggested that the carbon sequestration amount is proportional to the implemented area of the actions. Although the present study tried to find an approximation of the potential benefits of carbon sequestration, modeling limitations and the effects on the amount of carbon estimations are explicitly recognized; for example, the amount of stored carbon could differ depending on the applied method, even in the same study area [40,41,42,43], because the models do not consider several field factors. Consequently, results derived from field data could differ from those obtained through simulations. Other factors that could influence the carbon sequestration capacity in the context of climate-smart practices are the selected species, maintenance activities such as trimming, a favorable or harmful climate for the selected species’ growth, and the occurrence of fires and pests [44].




4.2. Methodological Caveats


The present study comprehensively analyzed the benefits of three climate-smart practices aimed at increasing functional connectivity and carbon storage. However, such analyses rely on assumptions such as the survival of all planted individuals and homogeneous canopies due to the implementation of uniform buffers. These conditions, in reality, are dependent on the species used. Although the use of native vegetation is strongly recommended, the choice of species is critical to the effectiveness of these practices because each species has particular structural growth characteristics, shape, and canopy height, which will determine carbon storage and sequestration, as well as their contribution to functional connectivity [45,46]. Another significant challenge is to ensure landowners’ engagement in maintaining these actions over the years, as the results may only be evident years after the strategies are implemented. In this context, environmental education becomes a fundamental pillar for the success of these initiatives. Facilitating the long-term knowledge transfer of climate-smart practices enhances and promotes a culture of sustainability and ecological responsibility within society.





5. Conclusions


The findings of this study suggest that climate-smart practices generate benefits at the watershed scale but that the effectiveness depends on multiple factors, such as the landscape structure and level of landowner participation. This evidence raises awareness of the importance of engaging in these practices, including these efforts in public policy, and securing funding to cover initial maintenance and monitoring costs. In this sense, a significant challenge to be addressed in future studies is the design and implementation of monitoring plans to track the practices’ goals and analyze the perception of the associated costs and benefits. In the first case, the perception and willingness to participate should be evaluated through surveys carried out at the plot, household, or community level, and in the second case, cost–benefit analyses can be carried out to assess and highlight the feasibility and benefits from the private and social standpoints.



Despite the multiple benefits of climate-smart practices, their implementation must be carefully planned to avoid compromising the livelihoods of landowners, duplication of efforts, and the promotion of conflicting public policies while increasing their feasibility through financial mechanisms such as tax reduction and seeking synergies to achieve greater benefits for producers and biodiversity in a context where adaptation to climate change is increasingly relevant.
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Figure 1. Location of the Ameca–Mascota and Jamapa watersheds and priority sites for improving cattle ranching and agriculture practices. 
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Figure 2. Schematic diagram of the workflow carried out in this study. 
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Figure 3. PC values for the actual scenario (2022) in Ameca–Mascota and Jamapa. 
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Figure 4. (A) Examples of connections between fragments at a threshold of 100 m in Ameca–Mascota for the current scenario (2022) and the integrated scenario (includes the three practices). (B) Probability of connectivity (PC) for a 50% participation scenario in Ameca–Mascota. (C) Probability of connectivity (PC) for a 50% participation scenario in Jamapa. 
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Table 1. Area (ha) occupied per climate-smart practice and amount of stored carbon (tons/ha) in Ameca–Mascota and Jamapa.
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Ameca–Mascota




	

	
5% (59 parcels) Sup; ha–tons/yr

	
10% (118 parcels) Sup; ha–tons/yr

	
25 (294 parcels) Sup; ha–tons/yr

	
50% (589 parcels) Sup; ha–tons/yr

	
75% (883 parcels) Sup; ha–tons/yr

	
100% (1177 parcels) Sup; ha–tons/yr




	
Isolated tree

	
0.46–72.20

	
0.92–144.41

	
2.25–353.67

	
4.60–720.80

	
6.89–1080.59

	
9.19–1440.38




	
Tree riparian

	
6.92–1085.12

	
15.62–2447.06

	
29.44–4611.753

	
65.75–10,297.64

	
95.29–14,924.16

	
115.88–18,148.10




	
Living fences

	
49.42–7740.17

	
100.02–15,664.23

	
233.50–36,568.87

	
429.33–67,238.55

	
590.13–92,421.05

	
709.38–111,096.88




	
“Integrated” scenario

	
56.81–8897.50

	
116.56–18,255.70

	
265.20–41,534.30

	
499.69–78,256.99

	
692.33–108,425.81

	
834.46–130,685.37




	
Jamapa




	

	
5% (59 parcels) Sup; ha–tons/yr

	
10% (118 parcels) Sup; ha–tons/yr

	
25 (294 parcels) Sup; ha–tons/yr

	
50% (589 parcels) Sup; ha–tons/yr

	
75% (883 parcels) Sup; ha–tons/yr

	
100% (1177 parcels) Sup; ha–tons/yr




	
Isolated tree

	
1.08–263.36

	
2.53–615.81

	
4.84–1173.57

	
10.85–2631.12

	
16.27–3946.89

	
21.70–5262.67




	
Tree riparian

	
8.44–2048.25

	
13.67–3314.67

	
31.04–7526.67

	
81.53–19,770.89

	
149.09–36,150.49

	
149.09–36,150.49




	
Living fences

	
88.11–21,366.06

	
183.95–44,603.23

	
411.31–99,732.23

	
845.05–204,899.28

	
1161.71–281,681.30

	
1431.75–347,156.99




	
“Integrated” scenario

	
97.65–23,677.68

	
200.16–48,533.72

	
447.19–108,432.48

	
937.44–227,301.30

	
1327.08–321,778.69

	
1602.54–388,570.16
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