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Abstract: The earth has been reshaped for millennia. The accelerating pace of anthropogenic activities
has generated enormous impacts on the water environment. As one of the main drivers of landscape
change, anthropogenic disturbance has brought many negative effects on rivers. Studying the
relationship between anthropogenic disturbances and river water quality is of significance for
regional conservation and ecosystem management, while the relationship remains poorly understood
in the current. In this study, we quantified anthropogenic disturbances by introducing the concept of
the hemeroby index and evaluated rivers’ water quality in eight sub-watersheds on the Loess Plateau.
The results indicated that 37.5% of the sub-watersheds were in Eutrophic status, and 62.5% were in
Marginal water quality index. The river water quality was most poor in the southwestern region
near the Yellow River with high-level anthropogenic disturbance. A correlation analysis between
water quality indicators and hemeroby suggested that anthropogenic disturbance contributed to
a significant water quality deterioration trend (p < 0.01). The river water quality was relatively
sensitive to the changes of completely disturbed land-use covers, including urban and industrial land.
Our findings provide theoretical guidance for regional water resources conservation and ecosystem
management in arid areas.
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Highlights

1. A method to quantify human disturbance on the landscape was developed;
2. The rivers in Eastern Loess Plateau were relatively sensitive to construction land;
3. The rivers near the Yellow River are more vulnerable affected by soil erosion;
4. Managers should adopt measures to protect water resources by land-use planning.

1. Introduction

Intensive anthropogenic activities and rapid economic development are likely to
lead to a vast increase in water resource use, and eventually, a water crisis in the long
run [1]. On the other hand, anthropogenic activities (excessive pollution discharge, nutrient
pollution from increased construction land, agricultural surface source pollution, and the
industry discharge, including textile industry, metal mining industry, and pharmaceutical
industry, etc.) [2–4] have led to irreversible changes in landscape structure, which have
generated enormous impacts on river ecosystems [5]. The deterioration of water quality
has constrained socio-economic development, even posing a severe threat to the ecosystem,
food safety, and human health [6–8], which has become a common problem facing all
countries in the world [9]. Therefore, an urgent need exists for information to help us better
understand the ecological effects of human activities and to reduce their negative effects
on the landscape.
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Anthropogenic activities, including changes in the land-use type and vegetation
cover, increase in fragmentation, destruction of biological communities, and pollution
of air, soil, and water, have increased worldwide and profoundly altered the natural
states of the aquatic ecosystem and their surrounding environment [10,11]. Furthermore,
urban waste discharge and agricultural non-point source pollution substantially increased
loadings of nutrients and organic pollutants into waters, thereby leading to eutrophication
and deteriorating water quality [12,13]. One study found that anthropogenic fertilizer
inputs and wastewater discharge were the leading cause of eutrophication upstream
of the Three Gorges Reservoir [14], and the surface water quality was closely related
to land-use type [15]. Another study analyzed the relationship between anthropogenic
activities and hydrochemical indices of the Fen River Basin; its results demonstrated that
primary pollution sources were related to the land-use pattern of the high proportions of the
cropland and the low proportions of the forest [16]. Even many microscopic pollutants, such
as pharmaceuticals, organic polymers, and suspended solids, that are difficult to identify
are already discharged into rivers and reservoirs [17]. In addition, land-use changes and
urbanization caused by anthropogenic activity directly degraded water quality and the
aquatic ecosystem [18]. Anthropogenic activity has been looked at as a critical factor for
the water environment.

Currently, the intensity and scale of human transformation of nature have been increas-
ing. More than half of the global land is disturbed by anthropogenic activities [19], which
led the anthropogenic disturbance and pressure on the aquatic ecological environment to
increase. Therefore, assessing the effects of anthropogenic activities with the quantitative
index on water quality is of great significance for correctly understanding the scale, inten-
sity, and spatio-temporal changes of anthropogenic activities [20]. Land-use/cover change
(such as farmland expansion, afforestation, deforestation, urbanization, and industrializa-
tion) increases the vulnerability of the aquatic ecosystem [21]. Quantitative evaluation
of regional human activity intensity is necessary to recognize and quantify human inter-
ference effects directly. Halpern et al. [22] calculated the impacts of human stressors on
marine ecosystems globally and found that human-made pressure had seriously affected
one-fifth of the world’s oceans. The net primary production of the biosphere caused by
human intervention has risen from 6.9 in 1910 to 14.8 GtC/year in 2005 [23]. Quantitative
evaluation of regional anthropogenic activities would help us obtain insight into impacts
from humans. A correlation analysis between landscape indices and hemeroby suggested
that the landscape patterns in regions with high-level human disturbance were relatively
sensitive to water quality and species richness [24]. The findings in this paper provide
additional spatial information and theoretical guidance.

The degree of anthropogenic disturbance expressed as the hemeroby index (HI), was
used to evaluate the impact of anthropogenic activities based on remote sensing, socio-
economic or ground survey data to quantify the level of anthropogenic disturbance in a
specific area [25,26]. HI converts land-use types into values representing the degrees of an-
thropogenic disturbance, and a higher value indicates a strong disturbance on the land-use
type or ecosystem [27]. Yang and Song [28] assessed the spatio-temporal characteristics of
ecological vulnerability (sensitivity and recovery ability of ecosystems to external distur-
bances) based on the HI and found that the ecological environment in high-disturbance
areas was more vulnerable than low disturbance areas. Wale and Stein [29] incorporated
hemeroby into a land-use monitoring system. The results on hemeroby of several time-
cuts can estimate the cumulative impact of land-use changes on the environmental status.
Zhao et al. [30] indicated that land use and hydrological variables could explain more than
50% of the variation in water quality, of which urban and industrial accounted for more
than 70%. Although HI has been used as the quantitative intensity of anthropogenic activity
index in a different watershed and proved a valuable parameter, few studies focused on
the spatial relationship between HI and ecological effects of anthropogenic disturbance,
especially in the arid areas.
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Water ecosystem-based management needs a better understanding of water quality
variations and their driving factors. Quantitative effects of anthropogenic activity on water
quality are essential and urgent necessities. However, current research rarely addresses
the quantified impacts of human activities on the aquatic environment at a large scale. To
address this issue, we developed a strategy to quantify the impact of human activities
on surface water through a case study of a typical arid area, the Loess Plateau of north-
ern China. We analyzed the characteristics of different land-use covers and quantified
the intensity of anthropogenic disturbance using remote sensing data and geographical
information system technology. Then, we evaluated the eutrophication status and com-
prehensive index of surface water in different watersheds under different anthropogenic
disturbance backgrounds.

2. Materials and Methods
2.1. Study Area

Shanxi province is located on the Loess Plateau in northern China. It covers an area
of 156,700 km2 between 110.23◦ E–114.54◦ E, 34.56◦ N–40.7333◦ N (Figure 1a). Shanxi
province, the largest coal distribution region in China, is a typical arid area with an annual
average precipitation of 350–600 mm. The agricultural and construction areas account for
36.87% (57,782 km2) and 5.56% (8317 km2), respectively (Table S1). Data on land-use change
were collected from Resource Environment Data Cloud Platform (http://www.resdc.cn/
(accessed on 2 October 2021)) and was accurate to 1 km. We classified the land-use
covers into 9 types: paddy land, dry land, green land (forest and grassland), human-made
penstock, lake, marsh, construction land, saline, and alkaline land, and bare land base on
the land-use-type parameters of the hemeroby model (Figure 1b). The classification of
land-use cover and hierarchy with respect to the HI is shown in Table S1.
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Figure 1. Location (a), land-use cover pattern (b), and watershed delineation (c) in Shanxi Province.

Shanxi Province has more than 1000 large and small rivers with noticeable seasonal
variation in water quantity and 250 rivers with a drainage area of more than 100 km2

(http://www.shanxi.gov.cn/ (accessed on 2 October 2021)). Shanxi’s rivers originate from
the mountains of the eastern and western plateaus. The rivers flowing westward to the
South belongs to the Yellow River system (97,138 km2, 62%), including Fenhe River, Qinhe
River, and Sushui River, and the rivers flowing eastward belongs to the Haihe River system,
including Hutuo River, Yongding River, Zhangwei River, and Daqing River (59,133 km2,
38%) (Figure 1c). The heterogeneity and characteristics of the rivers on the arid Loess
Plateau make the area an ideal region to verify the method proposed in this paper.

http://www.resdc.cn/
http://www.shanxi.gov.cn/
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2.2. Sampling Strategy
2.2.1. Sample Collection

A total of 84 surface water samples were collected from two watersheds and eight
sub-watersheds in Eastern Loess Plateau during August of 2020 (Figure 1). Water samples
were collected and put into clean 5.0 L polyethylene buckets and filtered using precleaned
0.45 µm GF/C membranes. All samples were stored at 4 ◦C before analysis.

2.2.2. Sample Determination

Hydrochemical parameters, including total phosphorus (TP), total nitrogen (TN),
chemical oxygen demand (COD), transparency (Tr), chlorophyll a (chla), manganese (Mn),
copper (Cu), zinc (Zn), fluoride (F–), chlorine (Cl–), arsenic (As), sulfate (SO4

2–), nitrate
(NO3–), ammonia nitrogen (NH4-N) and dissolved oxygen (DO) (Table S2) were determined
according to the standard methods for examining water and wastewater [31].

2.3. Assessment Model for River Quality

The model construction process for analyzing rivers’ states based on land-use gradient
and anthropogenic interference is shown in Figure 2. The specific methods and equations
in the flowchart were listed as follows.
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2.3.1. Eutrophication State of Rivers

The Carlson’s Trophic Level Index (TLI) is the most popular and important method
to reflect the eutrophication degree of the waterbody [32]. The TLI of each index was
calculated using Equations (1)–(5). The TLI was determined using Carlson’s [33] method,
as follows Equations (6) and (7).

TLI(chla) = 10 × (2.5 + 1.086 × ln chla) (1)
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TLI(TP) = 10 × (9.436 + 1.624 × ln TP) (2)

TLI(TN) = 10 × (5.453 + 1.694 × ln TN) (3)

TLI(SD) = 10 × (5.118 − 1.94 × ln SD) (4)

TLI(COD) = 10 × (0.109 + 2.661 × ln COD) (5)

TLI =
m

∑
j=1

Wj × TLIj (6)

Wj =
r2

ij

∑m
j=1 r2

ij
(7)

where TLIj is the Trophic Level Index of the jth parameter; Wj is the correlation weight of
the trophic level index of the jth parameter; rij is the correlation coefficient between the jth
parameter and the reference parameter of chla; m is the number of evaluation parameters.

The calculation results of Wj were performed according to Li et al.’s method [34]. The
TLI of rivers was classified by a series of continuous numbers from 0 to 100: TLI ≤ 30
Oligotropher; 30 ≤ TLI ≤ 50 Mesotropher; TLI > 50 Eutropher; 50 < TLI ≤ 60 Light
Eutropher; 60 < TLI ≤ 70 Middle Eutropher; TLI > 70 Hyper Eutropher.

2.3.2. Water Quality Assessment

Water quality index (WQI) is a kind of environmental quality index. It is a combination
of several water quality parameters of the test results to describe the quality of water
quality of a comprehensive dimensionless value. The Canadian Council of Ministers of
the environment water quality index (CCME WQI) is a tool for measuring the pollution
status of a waterbody from three aspects: quantity, frequency, and extent of pollutants
exceeded water quality standards which reflect the comprehensive situation of the water
environment succinctly and intuitively [35]. In our study, we selected 14 parameters except
for ChlorophyII a to calculate the CCME WQI index. The desired criteria values of each
parameter were based on Class III guidelines of China environmental quality standards
for surface water (“Class III” for short, GB3838-2002). According to water quality and
measured value guidelines, the CCME WQI score ranges from 0 to 100.

CCME WQI was calculated through Equation (8).

CWQI = 100 −
[√

(F12 + F22 + F32)

1.732

]
(8)

where the scope (F1) is the number of parameters that were not compliant with the water
quality guidelines; the frequency (F2) is the number of times that the guidelines were not
respected; the amplitude (F3) is the difference between non-compliant measurements and
the corresponding guidelines [36].

F1, F2, and F3 were calculated through Equations (9)–(13). For parameters in which
higher values denoted poor quality (such as total nitrogen), the excursion (e) was calculated
as Equation (11). For parameters in which higher values denoted better quality (such as
the presence of DO), the excursion (e) was calculated as Equation (12).

F1 =

(
Number of failed parameters
Total number of parameters

)
× 100 (9)

F2 =

(
Number of failed results
Total number of results

)
× 100 (10)

eij =

(
Failed test resultij

Guidelineij

)
× 100 (11)
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eij =

(
Guidelineij

Failed test resultij

)
× 100 (12)

F3 =

100
M
∑

i=1

N
∑

j=1
eij

M
∑

i=1

N
∑

j=1
eij + MN

(13)

where N is the total number of pollutants; M was the total number of the measured ith
pollutant. i and j indicate the concentration of the ith pollutant of the jth time measured
in assimilated water. The CCME WQI of rivers was classified by a series of continuous
numbers from 0 to 100: CCME WQI < 45 Poor; 45 ≤ CCME WQI < 65 Marginal; 65 ≤ CCME
WQI < 80 Fair; 80 ≤ CCME WQI < 95 Good; CCME WQI ≥ 95 Excellent [37].

2.4. Evaluation Model for Anthropogenic Interference

Hemeroby index (HI) was calculated by Equation (14) expressing the human distur-
bance index; n is the number of land-use covered in the statistical unit; Si is the area of the
current land-use type; S is the total area of the statistical units. The HI for each land-use
type is listed in Table S1.

HI =
n

∑
i

Si
S
× Hi (14)

2.5. Data Statistics and Analyses

Remote sensing data, statistical data, and water quality data were collected and
processed according to the flowchart in Figure 2. Sources of nitrogen and phosphorus
nutrients in Shanxi Province were collected from China Statistical Yearbook [38].

One-Way ANOVA tested the differences (between different watersheds and sub-
watersheds at 95% confidence interval (p-values < 0.05)) followed by Kruskal–Wallis tests
based on Sigma Plot 14.0 (Systat Inc., San Jose, CA, USA) (Mahapoonyanont et al., 2010).
We employed linear regression analysis to explain the correlation between the human
disturbance index and the river’s status calculated by Sigma Plot. The spatial distributions
of eutrophication and water quality state were predicted using Inverse Distance Weighting
interpolation (IDW) based on ArcGIS 10.2 (ESRI Inc., West Redlands, CA, USA) [39].

3. Results
3.1. Spatial Variation of Hydrochemical Indices

The spatial variations of 15 hydrochemical indices are shown in Table 1. The wa-
ter of the sub-watershed was very turbid. It was found that the mean concentrations of
TN (>1.0 mg L−1) exceeded the Class III standard for surface water (shorter form Class
III). The TN concentration in decreasing order was: Yellow River (7.75 mg L−1) > Shanxi
Province (6.98 mg L−1) > Hai River (5.98 mg L−1). The maximum of TN was found in
Yellow River Tributaries, reaching 8.73 mg L−1. The TP exceeded Class III (>0.1 mg L−1)
in the Yellow River Tributaries (0.13 mg L−1) and the Yongding River (0.202 mg L−1).
The TP concentration in decreasing order was Hai River (0.13 mg L−1) > Shanxi Province
(0.10 mg L−1) > Yellow River (0.08 mg L−1). For other hydrochemical indices, the concentra-
tions of COD, SO42−, and NH4-N exceeded Class III sporadically. There was 37.5% of the
sub-watersheds with Eutrophic status, and 62.5% were in the Marginal water quality index.
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Table 1. Sampling numbers and mean concentration of 15 hydrochemical indices in different watersheds and rivers.

Watershed River Sampling
Numbers

Mean Concentrations (mg L−1)

TP TN COD Tr (cm) Chla Mn Cu Zn F− Cl− As SO42− NO3− NH4-N DO

Yellow
River

Fen River 28 0.08 8.37 4.16 33.77 0.0350 0.0131 0.0046 0.0070 0.71 157.31 0.0012 286.82 6.88 0.69 8.35
Yellow River
Tributaries 9 0.13 8.73 2.60 32.20 0.0340 0.0007 0.0042 0.0010 0.61 64.60 0.0023 109.20 6.20 1.44 9.69

Qin River 7 0.02 3.84 1.72 37.69 0.0290 0.0032 0.0025 0.0042 0.48 76.17 0.0016 209.87 2.28 0.17 11.28
Sushui River 3 0.10 8.19 8.87 44.28 0.0352 0.0011 0.0179 0.0015 0.66 147.70 0.0025 262.00 0.51 0.53 9.66

Total 47 0.08 7.75 3.80 34.72 0.0332 0.0101 0.0054 0.0058 0.67 140.07 0.0015 262.37 5.81 0.75 9.13

Hai River

Hutuo River 10 0.06 5.57 2.34 27.22 0.0386 0.0043 0.0030 0.0021 0.51 44.98 0.0013 182.00 3.93 0.31 9.59
Yongding River 16 0.22 7.35 3.90 26.92 0.0425 0.0190 0.0042 0.0035 0.82 125.05 0.0024 194.57 3.16 1.15 9.77
Zhangwei River 9 0.05 3.84 3.43 30.62 0.0414 0.0077 0.0031 0.0173 0.50 94.68 0.0013 151.52 3.16 0.23 9.74

Daqing River 2 0.01 7.16 0.75 30.92 0.0306 0.0412 0.0034 0.0082 0.52 98.36 0.0014 135.80 3.02 0.03 10.77

Total 37 0.13 5.98 3.26 28.06 0.0385 0.0129 0.0036 0.0068 0.67 100.20 0.0019 180.59 3.32 0.66 9.76

Shanxi Province 84 0.10 6.98 3.53 31.81 0.0323 0.0113 0.0046 0.0062 0.67 123.24 0.0016 227.84 4.76 0.70 9.41
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3.2. Hemeroby Index of Different Sub-Watersheds

Hemoroby index, completely disturbed, and completely disturbed proportion of the
sub-watersheds can be seen in Table 2. The results showed that the hemoroby index
(0.7036), completely disturbed (0.1074), and completely disturbed proportion (15.27%)
of Sushui River were maximum. The HI (0.5832), completely disturbed (0.0082), and
completely disturbed proportion (1.40%) of Daqing River (0.6418) were minimum. The
spatial distribution of these three indicators was high in the southwest and low in the
northeast of Shanxi Province (Figure 3).

Table 2. Anthropogenic interference levels, including Hemoroby index, completely disturbed, and completely disturbed
proportion in different watersheds and rivers.

Watershed River Watershed
Area (km2) Hemoroby Index Completely

Disturbed
Completely Disturbed

Proportion (%)

Yellow River

Fen River 38,014 0.6218 0.0569 9.15
Yellow River

tributaries 43,105 0.6096 0.0231 3.79

Qin River 12,621 0.6209 0.0479 7.72
Sushui River 5540 0.7036 0.1074 15.27

Hai River

Zhangwei River 15,713 0.6323 0.0600 9.49
Daqing River 2173 0.5832 0.0082 1.40

Yongding River 22,279 0.6418 0.0701 10.93
Hutuo River 17,255 0.6074 0.0515 8.49
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3.3. Rivers’ State of Different Watersheds and Sub-Watersheds
3.3.1. Trophic Level Index of Different Watersheds and Rivers

Trophic level index (TLI) in different watersheds and sub-watersheds are shown in
Table 3. The mean TLI of the two watersheds and Shanxi Province were Mesotropher
(30 ≤ TLI ≤ 50). The order of TLI was: Yellow River (49.00) > Shanxi Province (48.67) > Hai
River (48.24) (Figure 4). The TLI of Sushui River (55.00), Yongding River (51.62), and Fen
River (50.39) were Eutropher (TLI > 50). The maximum TLI 68.82 was found in Yongding
River in Middle Eutropher (60 < TLI ≤ 70). We predicted the spatial pattern of the TLI of
all rivers in Shanxi Province based on the spatial analysis model of ArcGIS (Figure 5a). The
results showed that the TLI of all rivers were ranged from 43.07 to 54.76. The rivers’ TLI in
Eutropher state was found in the southwest and north of Shanxi Province.
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Table 3. Results of the eutrophication state (TLI) and water quality (CCME WQI) in different watersheds and rivers.

Watershed River
TLI CCME WQI

Mean SD Maximum Minimum Mean SD Maximum Minimum

Yellow
River

Fen River 50.39 7.13 60.18 35.81 59.43 17.90 100.00 27.35
Yellow River
Tributaries 48.37 7.75 61.91 39.30 54.33 14.70 77.54 31.93

Qin River 41.67 1.34 43.10 39.60 72.15 9.71 86.75 59.68
Sushui River 55.00 4.83 60.43 48.71 54.68 17.65 74.57 40.89

Total 49.00 7.42 61.91 35.81 60.04 16.80 100.00 27.35

Hai River

Hutuo River 44.97 9.39 57.22 28.38 67.24 17.91 100.00 36.27
Yongding River 51.62 7.55 68.82 40.36 60.90 19.62 88.01 31.45
Zhangwei River 47.16 3.29 53.46 41.46 76.45 18.60 100.00 41.87

Daqing River 36.42 3.58 60.12 57.06 57.53 0.66 45.35 36.42

Total 48.24 8.05 68.82 28.38 66.44 19.21 100.00 31.45

Shanxi Province 48.67 7.75 68.82 28.38 62.76 17.95 100.00 27.35
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3.3.2. CCME WQI of Different Watersheds and Sub-Watersheds

The water quality indexes (CCME WQI) of different watersheds and sub-watersheds
are shown in Table 3. The mean CCME WQI of two watersheds and Shanxi Province were
in Marginal (45 ≤ CCME WQI < 65) and Fair (65 ≤ CCME WQI < 80) state, respectively.
The order of CCME WQI was: Hai River (66.44) > Shanxi Province (62.76) > Yellow River
(60.04) (Figure 5). TLI of Sushui River (55.00), Yongding River (51.62), and Fen River (50.39)
were Eutropher (TLI > 50). The mean CCME WQI was minimum found in Yellow River
Tributaries (54.33) in the Marginal state. No Poor state (CCME WQI < 45) rivers were found
in all sub-watersheds. We predicted the spatial pattern of the CCME WQI of all rivers in
Shanxi Province based on the spatial analysis model of ArcGIS (Figure 5b). The results
showed that the CCME WQI of all rivers were ranged from 47.87 to 76.73. The rivers’
CCME WQI was found in Marginal state in the southwest and north of Shanxi Province.
The rivers were in Fair state in the southeast and central part.

3.4. Relationship between Hemeroby Index and Rivers’ Environment
3.4.1. Relationship between HI and TLI

We analyzed the correlations between the anthropogenic interference, including the HI
(Figure 6a), completely disturbed (Figure 6b), completely disturbed proportion (Figure 6c),
and rivers’ TLI in all sub-watersheds. TLI was positively correlated with the HI (p < 0.01,
r2 = 0.88), completely disturbed (p < 0.0001, r2 = 0.94) and completely disturbed proportion
(p < 0.0001, r2 = 0.93). Among them, the coefficient between completely disturbed and TLI
was the highest.
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TLI and Completely disturbed proportion; (d) correlations between CCME WQI and Hemoroby index; (e) correlations
between CCME WQI and Completely disturbed; (f) correlations between CCME WQI and completely disturbed proportion;
30 ≤ TLI ≤ 50 indicates mesotropher; 50 < TLI ≤ 60 indicates light Eutropher.

3.4.2. Correlation between Hemeroby Index and CCME WQI

We analyzed the correlations between the anthropogenic interference, including the
HI (Figure 6d), completely disturbed (Figure 6e), and completely disturbed proportion
(Figure 6f), and rivers’ CCME WQI in all sub-watersheds. CCME WQI was positively
correlated with the HI (p < 0.01, r2 = 0.64), completely disturbed (p < 0.0001, r2 = 0.69), and
completely disturbed proportion (p < 0.0001, r2 = 0.71). Among, the coefficient between
completely disturbed proportion and CCME WQI was highest.

4. Discussions
4.1. Spatial Variation of Hydrochemical Indices

To meet the rapid economic development and population growth requirements, the
nitrogen load has been mainly impacted by urbanization and agriculture activities [40].
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Wastewater discharge, exhaust gas, and fertilizer use were the main reasons for the high
nitrogen content in rivers in the Loess Plateau [41]. Nitrogen and other compound fertilizer
applied 22.6 × 104 and 67.1 × 104 tons in 2020 (Figure 7) [42]. In 2017, the amounts
of nitrogen from wastewater discharge and exhaust gas (NOx) were 4.66 × 104 and
52.10 × 104 tons, respectively [38]. It should be noted that the total atmospheric N de-
position increased from 28.34 kg N ha−1 a−1 in 2001–2005 to 32.31 kg N ha−1 a−1 in
2010–2015 in Shanxi Province [43]. Therefore, atmospheric nitrogen could also be a source
of nitrogen in rivers in the Loess Plateau.
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Phosphorus fertilizer application, pesticide use, and wastewater discharge are important
sources of high phosphorus content in the surface water in the Loess Plateau (Li et al., 2017).
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The amount of phosphorus fertilizer applied in Shanxi in 2020 reached 10.2 × 104 tons
(Figure 3) [42]. The phosphorus from wastewater discharge was 0.25 × 104 tons in 2017
in the same area [38]. A large amount of unused phosphorus was transported to water bodies
by farm drainage, rainwater, domestic sewage, industrial wastewater, and municipal pipeline
water. Moreover, the heavy water and soil erosion in the Loess Plateau intensified the input
and transportation of phosphorus nutrients [44]. Excess nitrogen and phosphorus are enriched
in surface water, which could negatively affect water quality and cause eutrophication.

4.2. Anthropogenic Disturbances of Different Sub-Watersheds

The intensity of human interference was generally stronger in the southwest and
northeast of the Shanxi Province. This heterogeneity supplied clearer details of anthro-
pogenic activities. The east and west sides of Shanxi are mountainous areas, and the center
area comprises six large basins and the Fen River Valley. Desirable locations and fertile
lands mean that the low altitude area gradually became a populated center with increased
economic activities [45]. The intensive anthropogenic activities have been identified as a
key driver for anthropogenic land-use cover change, mainly agricultural and construction
land [46].

Different landscape configurations would produce different ecological effects depend-
ing on how they were allotted [47]. The disturbance caused by anthropogenic activity
would have different impacts based on landscape configuration differences. In the calcula-
tion process of HI, each land-use category was assigned a specific value that represents
the exposure to environmental threats [48]. The anthropogenic interference of construction
(0.99), bare (0.72), and agricultural land (0.70) were higher than other land-use covers. Be-
cause the proportions of agricultural (72%) and construction land (11%) in the Sushui River
were higher than other sub-watersheds, the HI of Sushui River was the highest (0.7036).

4.3. Rivers’ State of Different Watersheds and Sub-Watersheds

Fen River, located in the east of the Loess Plateau, was in Eutropher state. The high
input of nutrients to rivers was the main reason for eutrophication. As the economic
center of Shanxi Province, approximately 45% of the population, gross domestic product
(GDP), and grain output are from these areas [49]. Moreover, the Fen River plays an
important role in Shanxi’s industrial and domestic water supply. High nitrogen content
was discharged from wastewater, exhaust gas, and fertilizer use [41]. Soil erosion is an
important driver of nutrient loss, including nitrogen and phosphorus, decreasing water
availability [50]. Han et al. [51] showed that soil erosion in Fen River Basin exceeded
8000 t km−2 a−1 accounted for 15.8% of the Shanxi Province. Anthropogenic activities led
the eutrophication in the Fenhe River.

The water quality indexes (CCME WQI) of different watersheds and sub-watersheds
are shown in Table 3. The mean CCME WQI of two watersheds and Shanxi Province were
in Marginal (45 ≤ CCME WQI < 65) and Fair (65 ≤ CCME WQI < 80) state, respectively.
The order of CCME WQI was: Hai River (66.44) > Shanxi Province (62.76) > Yellow River
(60.04) (Figure 5). TLI of Sushui River (55.00), Yongding River (51.62), and Fen River (50.39)
were Eutropher (TLI > 50). The mean CCME WQI was minimum found in Yellow River
Tributaries (54.33) in the Marginal state. No Poor state (CCME WQI < 45) rivers were found
in all sub-watersheds. We predicted the spatial pattern of the CCME WQI of all rivers in
Shanxi Province based on the spatial analysis model of ArcGIS (Figure 6b). The results
showed that the CCME WQI of all rivers were ranged from 47.87 to 76.73. The rivers’
CCME WQI was found in Marginal state in the southwest and north of Shanxi Province.
The rivers were in Fair state in the southeast and central part.

Fen River Basin receives industrial wastewater and domestic sewage from the sur-
rounding areas. Only 57.8% of the hydrochemical indices in the main tributaries reached
a Class III surface water standard, such as Lan River and Jian River [52]. Taiyuan City
is the capital of Shanxi Province and the center of Fenhe River Basin. In 2017, industrial
wastewater and urban domestic sewage discharge were 37.39 and 265.2 million tons, re-
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spectively [38]. The surrounding coking plants, fertilizer plants, and roads that mainly
served for coal transport brought many pollutants to the rivers [53]. Eutrophication and
poor water quality posed a severe threat to aquatic ecosystems and created a water resource
crisis in the arid areas. The same result of the water quality index and eutrophication also
showed the effectiveness of the CCME WQI evaluation method.

4.4. Relationship between Hemeroby Index and Rivers’ Environment

For economic and socio-cultural reasons, human interventions on terrestrial land
(such as the spread of chemical substances on land, surface sealing, vegetation cover
decrease, and soil erosion) directly impact environmental degradation, water pollution,
and biodiversity loss [54]. In recent years with the rapid development of urbanization and
industrialization, wastewater discharge, agricultural fertilization, environmental disasters,
harvesting of forests, deposition of atmospheric pollutants, and soil erosion increased the
content of nutrients in the waterbody [55]. Land-use changes disturbed by human beings
affect approximately three-quarters of all vegetated lands, disturbing the nitrogen cycle and
availability for use [23]. This environmental degradation has interfered with the natural
process of the waterbody and accentuated eutrophication in rivers of Shanxi Province.
Considering the eutrophication and completely disturbed were more related, it was very
effective to control construction and bare land reasonably in land-use planning [56]. In order
to reduce the eutrophication risk of water resources in arid areas, policymakers should:
(1) control point source discharges of nitrogen and phosphorus in sewage and domestic
treatment plants; (2) control non-point source discharges of nitrogen and phosphorus
through mitigating nutrient transfers to surface water including the use of livestock feed
and farmland fertilizer; (3) develop sustainable land-use policy characterized by low
nutrient exports.

Human beings affect surface water quality by interfering with land-use cover types [57].
Song et al. [58] showed that construction and agricultural lands negatively influenced sur-
face water quality, while forests could benefit water quality by mitigating soil erosion,
increasing physical absorption, and intercepting water runoff. The size, density, and diver-
sity of landscapes could influence nutrient transfer, hydrological characteristics, and energy
dynamics, impacting water quality [59]. Therefore, the proportion of land-use covers has
become an effective means to explain water quality change [24]. For example, land-use and
hydrological variables could explain more than 50% of the variation in water quality, of
which urban and industrial variables accounted for more than 70% [30].

The southwest of Shanxi Province had high GDP, high population density, concen-
trated industry development, and seriously affected ecological environment. In addition,
due to its proximity to the Yellow River, Shanxi Province’s soil erosion was also very
large. Altogether, these were the important reasons for the poor water quality. In order to
reduce the risk of water quality degradation in arid areas, policymakers should: (1) identify
pollutant sources and control pollution through planning human-altered land-use spatial
pattern; (2) restore and reinforce the buffer strip areas around strong interference land-use
covers (such as agroecosystems, urban and industrial clusters); (3) focus on the propor-
tion of completely interference land-use types by increasing the area of green land and
natural water.

5. Conclusions

A land-use cover-based anthropogenic disturbance model was used to understand the
correlation between anthropogenic activity intensity and rivers’ environment in Eastern
Loess Plateau. The rivers’ status was strongly associated with land-use type. Eutrophication
has a greater correlation with fully disturbed land-use types (construction and agricultural
land), and the risk of regional water quality degradation is higher when a higher proportion
of such land-use types are present. The method used in this study was effective and feasible
for assessing the rivers’ state under different anthropogenic disturbances. For example,
when performing land-use planning, the government can identify the relationship between
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the level of regional water quality pollution and human disturbance in relation to historical
land-use types. The conclusions reached can provide reference suggestions for the next
land planning.

Our results illustrated the correlation between anthropogenic activity and water
quality of the rivers on the Loess Plateau and contributed to a better understanding of
the ecological effects that anthropogenic activities have on different landscape configura-
tions. This research would provide scientific guidance for water ecosystem management
and regional sustainable development for maintaining ecological balance and regulating
anthropogenic activities in arid areas.
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10.3390/w13223305/s1. Table S1: Classification of land-use cover and hierarchy with respect to
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completely disturbed, and completely disturbed proportion in different watersheds and rivers.

Author Contributions: Conceptualization: L.J. and Y.B. Data curation: L.J. Funding acquisition: L.J.
and Y.B. Investigation: Y.L. and G.Z. Supervision: L.J. Writing—original draft: L.J. Writing—review
and editing: Y.B. All authors have read and agreed to the published version of the manuscript.

Funding: This work was supported by the National Key Research and Development Project (No.2020Y
FA0907402), National Science and Technology Major Project for Water Pollution Control and Treat-
ment (No.2017zx07108-001), and the grants from CAS Key Laboratory of Soil Environment and
Pollution Remediation, Institute of Soil Science, Chinese Academy of Sciences (SEPR2020-03).

Data Availability Statement: The data presented in this study are available upon request from the
corresponding author.

Acknowledgments: We are thankful to Yuan Li, Guixiang Zhang, and Yonghong Bi for their assis-
tance with fieldwork and analysis of water samples. Thanks to all the staff at State Key Laboratory of
Freshwater Ecology and Biotechnology, Institute of Hydrobiology (Chinese Academy of Sciences),
for their hard work and dedication.

Conflicts of Interest: The authors declare that they have no known competing financial interests or
personal relationships that could have appeared to influence the work reported in this paper.

References
1. World Bank. World Development Indicators. 2018. Available online: http://data.worldbank.org/data-catalog/world-

development-indicators (accessed on 2 October 2021).
2. Rasheed, T.; Ahmad, N.; Nawaz, S.; Sher, F. Photocatalytic and adsorptive remediation of hazardous environmental pollutants by

hybrid nanocomposites. Case Stud. Chem. Environ. Eng. 2020, 2, 100037. [CrossRef]
3. Rashid, T.; Sher, F.; Hazafa, A.; Hashmi, R.; Zafar, A.; Rasheed, T.; Hussain, S. Design and feasibility study of novel paraboloid

graphite based microbial fuel cell for bioelectrogenesis and pharmaceutical wastewater treatment. J. Environ. Chem. Eng. 2020, 9,
104502. [CrossRef]

4. Sadiq, H.; Sher, F.; Sehar, S.; Lima, E.; Zhang, S.; Iqbal, H.; Zafar, F.; Nuhanovic, M. Green synthesis of ZnO nanoparticles from
Syzygium cumini leaves extract with robust photocatalysis applications. J. Mol. Liq. 2021, 335, 116567. [CrossRef]

5. Ning, J.; Liu, J.; Zhao, G. Spatio-temporal characteristics of disturbance of land use change on major ecosystem function zones in
China. Chin. Geogr. Sci. 2015, 25, 523–536. [CrossRef]

6. Bagheri, A.; Aramesh, N.; Sher, F.; Bilal, M. Covalent organic frameworks as robust materials for sustainable mitigation of
environmental pollutants. Chemosphere 2021, 270, 129523. [CrossRef]

7. Duan, W.; He, B.; Nover, D.; Yang, G.; Chen, W.; Meng, H.; Zou, S.; Liu, C. Water quality assessment and pollution source
identification of the eastern Poyang Lake Basin using multivariate statistical methods. Sustainability 2016, 8, 133. [CrossRef]

8. Zhang, X.; Dong, Q.; Costa, V.; Wang, X. A hierarchical Bayesian model for decomposing the impacts of human activities and
climate change on water resources in China. Sci. Total Environ. 2019, 665, 836–847. [CrossRef]

9. Yang, X.; Chen, X. Using a combined evaluation method to assess water resources sustainable utilization in Fujian Province,
China. Environ. Dev. Sustain. 2020, 5, 1–15. [CrossRef]

10. Chi, Y.; Shi, H.; Sun, J.; Li, J.; Yang, F.; Fu, Z. Spatiotemporal characteristics and ecological effects of the human interference index
of the Yellow River Delta in recent 30 years. Ecol. Indic. 2018, 39, 1219–1220. [CrossRef]

https://www.mdpi.com/article/10.3390/w13223305/s1
https://www.mdpi.com/article/10.3390/w13223305/s1
http://data.worldbank.org/data-catalog/world-development-indicators
http://data.worldbank.org/data-catalog/world-development-indicators
http://doi.org/10.1016/j.cscee.2020.100037
http://doi.org/10.1016/j.jece.2020.104502
http://doi.org/10.1016/j.molliq.2021.116567
http://doi.org/10.1007/s11769-015-0776-8
http://doi.org/10.1016/j.chemosphere.2020.129523
http://doi.org/10.3390/su8020133
http://doi.org/10.1016/j.scitotenv.2019.02.189
http://doi.org/10.1007/s10668-020-00939-z
http://doi.org/10.1016/j.ecolind.2017.12.025


Water 2021, 13, 3305 16 of 17

11. Mariano, D.; Santos, C.; Wardlow, B.; Anderson, M.; Schiltmeyer, A.; Tadesse, T.; Svoboda, M. Use of remote sensing indicators to
assess effects of drought and human-induced land degradation on ecosystem health in Northeastern Brazil. Remote Sens. Environ.
2018, 213, 129–143. [CrossRef]

12. Guan, Q.; Feng, L.; Hou, X.; Schurgers, G.; Tang, J. Eutrophication changes in fifty large lakes on the Yangtze Plain of China
derived from MERIS and OLCI observations. Remote Sens. Environ. 2020, 246, 111890. [CrossRef]

13. Kuo, Y.; Liu, W.; Zhao, E.; Li, R.; Muñoz-Carpena, R. Water quality variability in the middle and down streams of Han River
under the influence of the Middle Route of South-North Water diversion project, China. J. Hydrol. 2018, 569, 218–229. [CrossRef]

14. Strokala, M.; Kahilb, T.; Wadab, Y.; Albiacc, J.; Baid, Z.; Ermolievae, T.; Langanf, S.; Mad, L.; Oenemag, O.; Wagnerh, F.; et al.
Cost-effective management of coastal eutrophication: A case study for the Yangtze River basin. Resour. Conserv. Recycl. 2020, 154,
104635. [CrossRef]

15. Gu, Q.; Hu, H.; Ma, L.; Sheng, L.; Yang, S.; Zhang, X.; Zhang, M.; Zheng, K.; Chen, L. Characterizing the spatial variations of the
relationship between land use and surface water quality using self-organizing map approach. Ecol. Indic. 2019, 102, 633–643.
[CrossRef]

16. Chai, N.; Yi, X.; Xiao, J.; Liu, T.; Liu, Y.; Deng, L.; Jin, Z. Spatiotemporal variations, sources, water quality and health risk
assessment of trace elements in the Fen River. Sci. Total Environ. 2020, 757, 143882. [CrossRef]

17. Sher, F.; Hanif, K.; Rafey, A.; Khalid, U.; Zafar, A.; Mariam, A.; Lima, E. Removal of micropollutants from municipal wastewater
using different types of activated carbons. J. Environ. Manag. 2020, 278, 111302. [CrossRef]

18. Luo, Z.; Shao, Q.; Zuo, Q.; Cui, Y. Impact of land use and urbanization on river water quality and ecology in a dam dominated
basin. J. Hydrol. 2020, 584, 124655. [CrossRef]

19. Hurtt, G.; Chini, L.; Frolking, S.; Betts, R. Harmonization of land use scenarios for the period 1500–2100: 600 years of global
gridded annual land-use transitions, wood harvest, and resulting secondary lands. Clim. Chang. 2011, 109, 117–161. [CrossRef]

20. Liu, S.; Liu, L.; Wu, X.; Hou, X.; Zhao, S.; Liu, G. Quantitative evaluation of human activity intensity on the regional ecological
impact studies. Acta Ecol. Sin. 2018, 38, 6797–6809. [CrossRef]

21. Mohan, M.; Kandya, A. Impact of urbanization and land-use/landcover change on diurnal temperature range: A case study of
tropical urban airshed of India using remote sensing data. Sci. Total Environ. 2015, 506–507, 453–465. [CrossRef]

22. Halpern, B.; Frazier, M.; Potapenko, J.; Casey, K.; Koenig, K.; Longo, C.; Lowndes, J.; Rockwood, R.; Selig, E.; Selkoe, K.; et al.
Spatial and temporal changes in cumulative human impacts on the world’s ocean. Nat. Commun. 2015, 6, 7615. [CrossRef]

23. Krausmann, F.; Erb, K.; Gingrich, S.; Haberl, H.; Bondeau, A.; Gaube, V.; Lauka, C.; Plutzara, C.; Searchinger, T. Global human
appropriation of net primary production doubled in the 20th century. Proc. Natl. Acad. Sci. USA 2013, 110, 10324–10329.
[CrossRef]

24. Zhou, P.; Huang, J.; Pontius, R.; Hong, H. New insight into the correlations between land use and water quality in a coastal
watershed of China: Does point source pollution weaken it? Sci. Total Environ. 2016, 543, 591–600. [CrossRef]

25. Hill, M.; Roy, D.; Thompson, K. Hemeroby, urbanity and ruderality: Bioindicators of disturbance and human impact. J. Appl. Ecol.
2002, 39, 708–720. [CrossRef]

26. Li, X.; Chen, H.; Jiang, X.; Yu, Z.; Yao, Q. Impacts of human activities on nutrient transport in the yellow river: The role of the
water-sediment regulation scheme. Sci. Total Environ. 2017, 592, 161–170. [CrossRef]

27. Wellmann, T.; Haase, D.; Knapp, S.; Salbach, C.; Selsam, P.; Laush, A. Urban land use intensity assessment: The potential of
spatio-temporal spectral traits with remote sensing. Ecol. Indic. 2018, 85, 190–203. [CrossRef]

28. Yang, Y.; Song, G. Human disturbance changes based on spatiotemporal heterogeneity of regional ecological vulnerability: A case
study of Qiqihaer city, northwestern Songnen Plain, China. J. Clean. Prod. 2021, 291, 125262. [CrossRef]

29. Walz, U.; Stein, C. Indicators of hemeroby for the monitoring of landscapes in Germany. J. Nat. Conserv. 2014, 2, 279–289.
[CrossRef]

30. Zhao, J.; Lin, L.; Yang, K.; Liu, Q.; Qian, G. Influences of land use on water quality in a reticular river network area: A case study
in Shanghai China. Landsc. Urban Plan. 2015, 137, 20–29. [CrossRef]

31. APHA. Standard Methods for the Examination of Water and Wastewater, 23rd ed.; American Public Health Association: Washington,
DC, USA, 2017.

32. Yang, G.; Sun, X.; Song, Z. Trophic level and heavy metal pollution of Sardinella albella in Liusha Bay, Beibu Gulf of the South
China Sea. Mar. Pollut. Bull. 2020, 156, 111204. [CrossRef]

33. Carlson, R. A trophic state for lakes. Limnol. Oceanogr. 1977, 22, 1–10. [CrossRef]
34. Li, N.; Li, J.; Li, G.; Li, Y.; Xi, B.; Wu, Y.; Li, C.; Li, W.; Zhang, L. An analysis of the present situation of the trophic state of a typical

lake in China and the difference between regions. Acta Hydrobiol. Sin. 2018, 42, 854–864. (In Chinese) [CrossRef]
35. CCME, Canadian Council of Ministers of the Environment. Canadian Water Quality Guidelines for the Protection of Aquatic Life;

Canadian Council of Ministers of the Environment: Winnipeg, MB, Canada, 2013.
36. Yu, C.; Yin, X.; Li, H.; Yang, Z. A hybrid water-quality-index and grey water footprint assessment approach for comprehensively

evaluating water resources utilization considering multiple pollutants. J. Clean. Prod. 2020, 248, 119225. [CrossRef]
37. Hurley, T.; Sadiq, R.; Mazumder, A. Adaptation and evaluation of the Canadian Council of Ministers of the Environment Water

Quality Index (CCME WQI) for use as an effective tool to characterize drinking source water quality. Water Res. 2012, 46,
3544–3552. [CrossRef]

http://doi.org/10.1016/j.rse.2018.04.048
http://doi.org/10.1016/j.rse.2020.111890
http://doi.org/10.1016/j.jhydrol.2018.12.001
http://doi.org/10.1016/j.resconrec.2019.104635
http://doi.org/10.1016/j.ecolind.2019.03.017
http://doi.org/10.1016/j.scitotenv.2020.143882
http://doi.org/10.1016/j.jenvman.2020.111302
http://doi.org/10.1016/j.jhydrol.2020.124655
http://doi.org/10.1007/s10584-011-0153-2
http://doi.org/10.5846/stxb20171172048
http://doi.org/10.1016/j.scitotenv.2014.11.006
http://doi.org/10.1038/ncomms8615
http://doi.org/10.1073/pnas.1211349110
http://doi.org/10.1016/j.scitotenv.2015.11.063
http://doi.org/10.1046/j.1365-2664.2002.00746.x
http://doi.org/10.1016/j.scitotenv.2017.03.098
http://doi.org/10.1016/j.ecolind.2017.10.029
http://doi.org/10.1016/j.jclepro.2020.125262
http://doi.org/10.1016/j.jnc.2014.01.007
http://doi.org/10.1016/j.landurbplan.2014.12.010
http://doi.org/10.1016/j.marpolbul.2020.111204
http://doi.org/10.4319/lo.1977.22.2.0361
http://doi.org/10.7541/2018.105
http://doi.org/10.1016/j.jclepro.2019.119225
http://doi.org/10.1016/j.watres.2012.03.061


Water 2021, 13, 3305 17 of 17

38. CNBS, China National Bureau of Statistics. China Statistical Yearbook of 2018. 2018. Available online: http://www.stats.gov.cn
(accessed on 2 October 2021).

39. Li, Y.; Bi, Y.; Mi, W.; Xie, S.; Ji, L. Land-use change caused by anthropogenic activities increase fluoride and arsenic pollution in
groundwater and human health risk. J. Hazard. Mater. 2021, 406, 124337. [CrossRef]

40. Wang, Y. Urban land and sustainable resource use: Unpacking the countervailing effects of urbanization on water use in China,
1990–2014. Land Use Policy 2020, 90, 104307. [CrossRef]

41. Meng, Z.; Yang, Y.; Qin, Z.; Huang, L. Evaluating temporal and spatial variation in nitrogen sources along the lower reach of
Fenhe River (Shanxi Province, China) using stable isotope and hydrochemical tracers. Water 2018, 10, 231. [CrossRef]

42. CNBS, China National Bureau of Statistics. China Statistical Yearbook of 2020. 2020. Available online: http://www.stats.gov.cn/
tjsj/ndsj/2020/indexeh.htm (accessed on 2 October 2021).

43. Jia, Y.; Yu, G.; He, N.; Zhan, X.; Fang, H.; Sheng, W.; Zuo, Y.; Zhang, D.; Wang, Q. Spatial and decadal variations in inorganic
nitrogen wet deposition in China induced by human activity. Sci. Rep. 2014, 4, 3763. [CrossRef]

44. Tao, Y.; Wei, M.; Ongley, E.; Zicheng, L.; Jingsheng, C. Long-term variations and causal factors in nitrogen and phosphorus
transport in the Yellow River, China. Estuar. Coast. Shelf Sci. 2010, 86, 345–351. [CrossRef]

45. Tang, D.; Liu, X.; Zou, X. An improved method for integrated ecosystem health assessments based on the structure and function
of coastal ecosystems: A case study of the Jiangsu coastal area, China. Ecol. Indic. 2018, 84, 82–95. [CrossRef]

46. Peter, A.; Todd, E.; Heery, L.; Loke, R.; Thurstan, D.; Johan, K.; Christopher, S. Towards an urban marine ecology: Characterizing
the drivers, patterns and processes of marine ecosystems in coastal cities. Oikos 2019, 128, 1215–1242. [CrossRef]

47. Li, H.; Peng, J.; Liu, Y.; Hu, Y. Urbanization impact on landscape patterns in Beijing City, China: A spatial heterogeneity
perspective. Ecol. Indic. 2017, 82, 50–60. [CrossRef]

48. Wunder, S.; Bodle, R. Achieving land degradation neutrality in Germany: Implementation process and design of a land use
change based indicator. Environ. Sci. Policy 2019, 92, 46–55. [CrossRef]

49. Yang, Y.; Meng, Z.; Jiao, W. Hydrological and pollution processes in mining area of Fenhe River Basin in China. Environ. Pollut.
2018, 234, 743–750. [CrossRef] [PubMed]

50. Krasa, J.; Dostal, T.; Jachymova, B.; Bauer, M.; Devaty, J. Soil erosion as a source of sediment and phosphorus in rivers and
reservoirs-watershed analyses using WaTEM/SEDEM. Environ. Res. 2019, 171, 470–483. [CrossRef]

51. Han, X.; Xiao, J.; Wang, L.; Tian, S.; Liu, Y. Identification of areas vulnerable to soil erosion and risk assessment of phosphorus
transport in a typical watershed in the Loess Plateau. Sci. Total Environ. 2021, 758, 143661. [CrossRef] [PubMed]

52. Li, Y.; Wang, F.; Feng, J.; Lv, J.; Liu, Q.; Nan, F.; Liu, X.; Xu, L.; Xie, S. Spatio-temporal variation and risk assessment of
hydrochemical indices in a large diversion project of the Yellow River, northern China, from 2008 to 2017. Environ. Sci. Pollut. Res.
2020, 27, 28438–28448. [CrossRef]

53. Zhao, H.; Zhu, W.; Zheng, Y. Water environment risk assessment for upstream of Fenhe Reservoir. Shanxi Hydrotech. 2013, 189,
53–56. (In Chinese)

54. Souza, D.; Teixeira, R.; Ostermann, O. Assessing biodiversity loss due to land use with Life Cycle Assessment: Are we there yet?
Glob. Chang. Biol. 2015, 21, 32–47. [CrossRef]

55. Zhang, Y. Temporal and spatial changes of nutrient content and eutrophication condition in waters of the abandoned yellow river
delta. Appl. Ecol. Environ. Res. 2019, 17, 14069–14085. [CrossRef]

56. Álvarez, X.; Valero, E.; Santos, R.; Varandas, S.; Fernandes, L.; Pacheco, F. Anthropogenic nutrients and eutrophication in multiple
land use watersheds: Best management practices and policies for the protection of water resources. Land Use Policy 2017, 69, 1–11.
[CrossRef]

57. Wang, L.; Li, H.; Dang, J.; Zhao, Y.; Qiao, P. Effects of urbanization on water quality and the macrobenthos community structure
in the Fenhe River, Shanxi Province, China. J. Chem. 2020, 8, 1–9. [CrossRef]

58. Song, W.; Pijanowski, B.; Tayyebi, A. Urban expansion and its consumption of high-quality farmland in Beijing, China. Ecol. Indic.
2015, 54, 60–70. [CrossRef]

59. Shi, P.; Zhang, Y.; Li, Z.; Li, P.; Xu, G. Influence of land use and land cover patterns on seasonal water quality at multi-spatial
scales. Catena 2017, 151, 182–190. [CrossRef]

http://www.stats.gov.cn
http://doi.org/10.1016/j.jhazmat.2020.124337
http://doi.org/10.1016/j.landusepol.2019.104307
http://doi.org/10.3390/w10020231
http://www.stats.gov.cn/tjsj/ndsj/2020/indexeh.htm
http://www.stats.gov.cn/tjsj/ndsj/2020/indexeh.htm
http://doi.org/10.1038/srep03763
http://doi.org/10.1016/j.ecss.2009.05.014
http://doi.org/10.1016/j.ecolind.2017.08.031
http://doi.org/10.1111/oik.05946
http://doi.org/10.1016/j.ecolind.2017.06.032
http://doi.org/10.1016/j.envsci.2018.09.022
http://doi.org/10.1016/j.envpol.2017.12.018
http://www.ncbi.nlm.nih.gov/pubmed/29245148
http://doi.org/10.1016/j.envres.2019.01.044
http://doi.org/10.1016/j.scitotenv.2020.143661
http://www.ncbi.nlm.nih.gov/pubmed/33248771
http://doi.org/10.1007/s11356-020-09182-5
http://doi.org/10.1111/gcb.12709
http://doi.org/10.15666/aeer/1706_1406914085
http://doi.org/10.1016/j.landusepol.2017.08.028
http://doi.org/10.1155/2020/8653486
http://doi.org/10.1016/j.ecolind.2015.02.015
http://doi.org/10.1016/j.catena.2016.12.017

	Introduction 
	Materials and Methods 
	Study Area 
	Sampling Strategy 
	Sample Collection 
	Sample Determination 

	Assessment Model for River Quality 
	Eutrophication State of Rivers 
	Water Quality Assessment 

	Evaluation Model for Anthropogenic Interference 
	Data Statistics and Analyses 

	Results 
	Spatial Variation of Hydrochemical Indices 
	Hemeroby Index of Different Sub-Watersheds 
	Rivers’ State of Different Watersheds and Sub-Watersheds 
	Trophic Level Index of Different Watersheds and Rivers 
	CCME WQI of Different Watersheds and Sub-Watersheds 

	Relationship between Hemeroby Index and Rivers’ Environment 
	Relationship between HI and TLI 
	Correlation between Hemeroby Index and CCME WQI 


	Discussions 
	Spatial Variation of Hydrochemical Indices 
	Anthropogenic Disturbances of Different Sub-Watersheds 
	Rivers’ State of Different Watersheds and Sub-Watersheds 
	Relationship between Hemeroby Index and Rivers’ Environment 

	Conclusions 
	References

