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Abstract:

 Hair color is one of the most visible and heritable traits in humans. Here, we estimated heritability by structural equation modeling (N = 20,142), and performed a genome wide association (GWA) analysis (N = 7091) and a GCTA study (N = 3340) on hair color within a large cohort of twins, their parents and siblings from the Netherlands Twin Register (NTR). Self-reported hair color was analyzed as five binary phenotypes, namely “blond versus non-blond”, “red versus non-red”, “brown versus non-brown”, “black versus non-black”, and “light versus dark”. The broad-sense heritability of hair color was estimated between 73% and 99% and the genetic component included non-additive genetic variance. Assortative mating for hair color was significant, except for red and black hair color. From GCTA analyses, at most 24.6% of the additive genetic variance in hair color was explained by 1000G well-imputed SNPs. Genome-wide association analysis for each hair color showed that SNPs in the MC1R region were significantly associated with red, brown and black hair, and also with light versus dark hair color. Five other known genes (HERC2, TPCN2, SLC24A4, IRF4, and KITLG) gave genome-wide significant hits for blond, brown and light versus dark hair color. We did not find and replicate any new loci for hair color.
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1. Introduction

Hair color is a genetic and physiologically complex phenotype, which represents one of the most visible variations within humans and between populations [1]. It influences many human interactions including spouse selection. Previous studies of the effect of hair color on social behavior and personality have shown that hair color is related to attractiveness, but it is unclear how strong this effect is [2,3]. In general, individuals with a lighter hair color, e.g., blond, have a higher probability to receive courtship solicitations, as compared to individuals with red hair. Dyeing the hair has been practiced for over four thousand years, and is still immensely popular today, with over 75 percent of American women dyeing their hair [4].

Pigmentation of skin and hair is important for protection against sunlight [5]. From a medical point of view, pigmentation is also relevant, as the mechanisms underlying pigmentation are involved in one of the most aggressive types of cancer, namely malignant melanomas. These tumors of melanocytes, cause about 75% of deaths related to skin cancer, with high rates of incidence in Caucasians, especially in northwestern Europeans [6]. This prevalence is associated with ultraviolet light (UV) exposure and the amount of skin pigmentation [7].

Hair pigmentation is a highly heritable trait. In Europeans, genetic factors explain a large part (61%–92%) of the variation in natural hair color, while the rest of the variation is due to environmental influences and measurement error [8,9,10]. Previous studies have found several genes that are relevant in human pigmentation, especially in the melanosome biogenesis or the melanin biosynthetic pathways [11]. Differences in eye and hair color are mainly due to variation in the amount, type, and the packaging process of key pigment molecule melanin polymers produced by melanocytes secreted into keratinocytes. Melanin exists in two basic forms: brown-black eumelanin and yellow-red pheomelanin. Hair color mainly depends on the ratio of eumelanin and pheomelanin [12].

Studying the genetic background of a human pigmentation trait like hair color is useful to understand human evolution and biology and may have important applications to melanoma treatment and to forensics. Loss-of-function mutations at the melanocortin 1 receptor (MC1R) are known to be associated with a switch from eumelanin to pheomelanin production, resulting in a red or yellow coat color in animal models [13]. Over 30 MC1R variant alleles correlated with skin and hair color have been identified [14]. In addition to MC1R, the HERC2 and OCA2 genes, located close to the MC1R gene on chromosome 15, are also related to hair color. Studies have shown that HERC2 regional variants function as enhancers regulating OCA2 transcription [15]. Variants located in and around these genes determine the normal human hair pigment variation.

To identify human pigmentation genetic variants and to gain new knowledge of genetic background of hair color in the Dutch population, we estimated the broad-sense heritability of hair color with a liability threshold model on twins and their family members from the Netherlands Twin Register (NTR) [16]. In addition, we estimated SNP heritability based on the measured and imputed SNP data from unrelated NTR individuals, by associating their genetic relatedness to their phenotypic resemblances using GCTA [17]. Finally, to identify genetic variants underlying the heritability of hair color, we performed a series of genome-wide association studies (GWAS) of hair color in this population-based sample.



2. Materials and Methods


2.1. Subjects

Hair color data were available for 25,201 NTR participants, clustered in a total of 7862 families, with ages ranging between 14 and 80 years old. Each participant completed one or more longitudinal surveys that included questions about age, sex, and natural hair color. The self-reported hair color was obtained from a question with five answer possibilities: “fair/blond”, “light brown”, “red/auburn”, “dark brown”, and “black”. Written informed consent was obtained from all participants. The Medical Ethics Committee of the VU University Medical Center approved the study protocols.

For the twin-family based heritability analyses, we selected families comprising at most 6 members (N = 20,142). The subjects included in these families were the twins (N = 15,359), a maximum of two siblings (N = 2008), and the biological father and mother (N = 2774) (Table S1). Of the twins, 2345 were monozygotic males (MZM), 4651 were monozygotic females (MZF), 1678 dizygotic males (DZM), 2710 were dizygotic females (DZF) and 3975 were from an opposite-sex (DOS) twin pair (Table S2). For the GWAS analyses, a total number of 7091 related subjects were available with genotype, phenotype and covariate data (Table S3). For GCTA, only unrelated people were selected from the available GWAS sample, resulting in a sample of 3340 individuals.



2.2. DNA Sampling and Genotyping

Buccal or blood DNA samples (N = 14,003) were collected for multiple NTR projects. DNA extraction and purification of these samples were performed at various points in time, following several manufacturer specific protocols to obtain the best quality and concentration prior to SNP platform genotyping [17]. Genotyping of several partly overlapping subsets was done on multiple platforms. Chronologically the following platforms have been used Affymetrix Perlegen 5.0, Illumina 370, Illumina 660, Illumina Omni Express 1M, and Affymetrix 6.0. After array specific data analysis, genotype calls were made with the platform specific software (BIRDSUITE, APT-GENOTYPER, BEADSTUDIO).

Quality control was done within and between platforms and subsets prior to imputation. For each platform, the individual SNP markers were lifted over to build 37 (HG19) of the Human reference genome, using the LiftOver tool. SNPs that were not mapped at all, SNPs that had ambiguous locations, and SNPs that did not have matching (or strand opposite alleles) were removed. Subsequently, the data were strand aligned with the 1000 Genomes GIANT phase1 release v3 20,101,123 SNPs INDELS SVS ALL panel. SNPs from each platform were removed if they still had mismatching alleles with this imputation reference set, if the allele frequencies differed more than 0.20 with the reference. From each platform, SNPs with a Minor Allele Frequency (MAF) <0.01 were removed, as well as SNPs that were out of Hardy–Weinberg Equilibrium (HWE) with p < 0.00001. Samples were excluded from the data if their expected sex did not match their genotyped sex, if the genotype missing rate was above 10% or if the Plink F inbreeding value was either >0.10 or <−0.10.

After these steps, the data of the individual arrays were merged into a single dataset using PLINK 1.07 [18]. Within the merged set, identity by state (IBS) sharing was calculated between all possible individual pairs and compared to the known family structure of the NTR study. Samples were removed if the data did not match their expected IBS sharing. DNA samples, which were typed on multiple platforms, were tested to ascertain that the concordance rate among overlapping SNPs exceeded 99.0%. If the concordance rate was lower, we removed all data of these samples. Subsequently, from each MZ twin pair a single DNA sample was selected. The HWE-, MAF- and the reference allele frequency difference <0.20 filters were re-applied in the combined data. As a final step, SNPs with C/G and A/T allele combinations were removed when the MAF was between 0.35 and 0.50 to avoid incorrect strand alignment.

Phasing of all samples and imputing cross-missing platform SNPs was done with MACH 1 [19,20]. The phased data were then imputed with MINIMAC [21] in batches of around 500 individuals for 561 chromosome chunks obtained by the CHUNKCHROMOSOME program [22]. After imputation, DNA confirmed MZ twins were re-duplicated back into the data. The format of the data was transformed to the basic three probabilities SNPTEST gen.gz format, as this is the most general applicable format for the subsequent genomic analyses tools. The mean imputation quality R2 metric is 0.38 (based on all 30,051,533 imputed autosomal SNPs).

After imputation, SNPs were filtered based on the Mendelian error rate in families. The Mendelian error rate was calculated on the best guess genotypes in families (trios and sib-pairs with parents) using first GTOOL to calculate best guess genotypes and then PLINK 1.07 to analyze the data. SNPs were removed if the Mendelian error rate >2%, if the imputed allele frequency differed more than 0.15 from the 1000G reference allele frequency, if MAF < 0.005 and if R2 < 0.30. HWE was calculated on the genotype probability counts for the full sample, and SNPs were removed if the p-value < 0.00001. This left 7,981,681 SNPs prior to the statistical analyses.



2.3. Statistical Analyses

First, we created binary variables for each hair color, representing a given hair color versus the other hair colors. In the following analysis, we found a much lower heritability for the light brown and dark brown classification than for other classifications. By combining light and dark brown hair color into a single brown category, we obtained a more sensible heritability estimate as compared to the other colors. Assuming this discrepancy is due to confusion among participants concerning the distinction light versus dark brown, we decided to proceed with a simple category “brown”. An additional binary variable, denoted “light versus dark”, was created representing blond and red hair versus brown (light and dark) and black. We studied this binary variable to detect the genes involved in the switch from eumelanin to pheomelanin. Hence, in total we analyzed the following 5 binary classifications, namely “blond versus non-blond”, “red versus non red”, “brown versus non-brown”, “black versus non-black”, and “light versus dark”.



2.4. Genetic Covariance Structure Modeling of Hair Color

To obtain an indication of family clustering, we calculated (tetrachoric) correlations among family members for binary hair color variables in OPENMX [23]. We adopted a liability-threshold model, in which the probability of having a given hair color (say blond) is a function on the position on the continuous (standard normal) liability scale. The tetrachoric correlations express the association between family members at the level of the liability. The actual proportion of the given hair color in the sample is expressed in terms of the threshold, i.e., a point on the liability scale. For instance, a threshold of zero on the standard normal liability scale is associated with a proportion of 0.50 (e.g., 50% are blond). The more extreme the threshold is, the greater or smaller the proportion (threshold of 1 implies ~84% are blond; a threshold of −1 implies ~16% are blond).

OPENMX was then used to estimate the heritability of hair color by fitting a genetic model to the liabilities of the parents and offspring (twins and sibs). The total liability variance was decomposed into genetic and environmental variance components [24]. We started with a model, which included the following effects: (1) the spousal correlation to account for phenotypic assortative mating (see supplemental material); (2) quantitative sex differences in the genetic and genetic influences on the liability; and (3) age effects on the threshold. Our visual inspection of the tetrachoric correlations strongly suggested the absence of common (or shared) environment influences for the hair colors blond, brown, and the dark versus light dichotomy [25] (i.e., the MZ correlation was higher than twice the DZ correlation). The twin correlations for the red and black hair color suggested the possible presence of common environmental influences (C). We focused on the model including additive genetic effects (A), which represent the sum of the additive effects of all loci relevant to the trait, genetic dominance effects (D), which represent interactions between alleles at the same locus, and unique (or unshared) environmental effects (E), which are not shared by family members. Note that the unique environmental factors may include genetic causes, such as personal genetic mutations, and also measurement errors. In the analyses of red and black hair, we also considered the model including C instead of D. We accommodated the phenotypic assortative mating by deriving the expected correlation between the family members taking into account phenotypic assortment (more detail in Supplementary Material 1). Since the prevalence of hair color may vary with age, we included age (Z transformed) as covariates on the liability threshold. We fitted the full model as described, and tested various effects by dropping the effects and conducting a likelihood ratio test. In this fashion we tested whether the prevalence of hair color varied with age, whether the spousal correlation was zero (i.e., random mating for hair color), whether sex effects in genetic architecture were absent, and whether dominance effects (or common environmental effects in the cases of red and black hair) were absent. Given the power that our large sample size confers to detect minor effects, we tested the specific effects mentioned using a stringent alpha of 0.0001 [26].

Since hair color displays a geographical gradient in the Netherlands (e.g., blond is more prevalent in the northern provinces), we refitted the full twin model in the subsample of genotyped individuals (5777 individuals in 2225 families) while correcting for the gradient using their data on three Dutch genotype principal components (PCs). These PCs were calculated from the genotype data with the EIGENSOFT software [27]. First, 10 PCs were calculated by projecting the NTR data on the 1000 Genomes reference set and all individuals with non-Dutch ancestry were excluded. Then, three new only Dutch PCs within the NTR samples were calculated, which highly correlate with the geographic location [28]. We examined if these PCs affected the broad heritability with blond, brown and light versus dark hair colors (the rare black and red hair colors excluded) by including these PCs in the ADE model as covariates on the threshold.



2.5. Variance Explained by Common SNPs (GCTA)

The proportion of variance of the binary hair color traits that can be explained by the measured and imputed SNPs was estimated in GCTA (Genome-wide Complex Trait Analysis) using the Restricted maximum likelihood (REML) analysis procedure under a case-control design, where we report the proportion of genetic variance explained on the underlying liability scale untransformed for prevalence [17]. Sex and age were included as covariates and the three Dutch PCs were alternated. A single genetic relationship matrix (GRM) was build to test all hair colors. From the 1000 genomes imputed and cleaned data, we selected SNPs with a minimum imputation R2 quality metric of 0.80 and MAF > 0.01. In order to avoid explained variance and artificially increased GRM differences due to differing platforms and subsamples, additional SNP Quality Control (QC) included an evaluation of the SNP platform effects. We tested the effect of different platforms and removed SNPs showing platform effects. This was done by defining individuals on a specific platform as cases and the remaining individuals as controls. Allelic association was then calculated and SNPs were removed if the specific platform allele frequencies were significantly different from the remaining platforms with p-value < 0.00001. The selected 5,987,253 SNPs were transformed to best guess Plink binary format, and subsets were made for each of the 22 chromosomes. The GRM for all NTR samples was then calculated per chromosome and subsequently the 22 matrixes were merged into a single autosomal GRM using GCTA. Ethnic outliers based on the PCs were excluded and 3340 unrelated individuals with hair color data were selected using the standard GRM cut-off filter of 0.025.



2.6. GWA Analyses

The GWA analyses were run for all binary hair color variables. The input SNPs used were all 7,981,681 that passed the initial imputation QC, however post GWAS analyses we additionally filtered the SNPs, depending on the cases sample size for MAF and imputation quality in the sub-sample of individuals with a hair color phenotype. Re-filtering on MAF > 0.01 was done after the GWAS analyses for blond, brown, and light versus dark hair color. For red and black hair color a MAF > 0.05 was selected to account for the lower prevalence of these hair colors. For imputation quality we filtered on the Plink information criterion, which is similar to R2: the variance of the mean posterior genotype probabilities divided by the maximum expected variance given full HWE and complete known genotypes. In all hair colors we filtered with 0.40 < Plink Info < 1.02. In total 6,473,680 SNPs survived this QC leading to a mean original imputation R2 of 0.77 (0.22) for MAF 0.01–0.05 and a mean R2 of 0.97 (0.07) for MAF ≥ 0.05 for the selected SNPs.

Since, hair color is affected by population stratification; we used the three Dutch ancestry PCs as covariates [28] and excluded ethnic outliers similar as the twin modeling. Other covariates that were included were binary dummies for genotyping platform, sex and age. Analysis was performed with the PLINK 1.07 software running a logistic regression on each SNP, taking genotype inaccuracy into account using dosage data in the analyses. Because the GWAS data includes family members, we included the family option in our analyses, which takes the familial structure into account using a sandwich estimator [29]. The assortative mating of parents was corrected with the same familial-based correction [30]. Only one of the two monozygotic twins was selected for the GWAS analyses in case there was hair color data for both. For the GWAS, we assume a p-value less than 5 × 10−8 to be statistically significant [31].




3. Results and Discussion


3.1. Prevalences and Phenotypic Tetrachoric Correlations

The prevalences and the familial tetrachoric correlations based on N = 20,142 (clustered in 7497 families) for blond, brown, red, black and light versus dark hair colors are presented in Table 1. The prevalence of the blond, brown, and light versus dark hair colors ranges from 39% to 53%, but the prevalence of red and black hair colors is appreciably lower (red: 4.5%; black: 3.4%).

Table 1. Polychoric correlation of hair colors in individuals of the same family for different classification groups.


	Classification
	Prevalence
	rSpouse
	rFS
	rFD
	rMS
	rMD
	rMZM
	rMZF
	rDZM
	rDZF
	rDOS
	rBB
	rSS
	rBS





	Blond
	0.394
	0.226
	0.364
	0.361
	0.454
	0.472
	0.959
	0.972
	0.357
	0.337
	0.454
	0.417
	0.375
	0.442



	Brown
	0.527
	0.144
	0.190
	0.238
	0.351
	0.413
	0.935
	0.967
	0.375
	0.373
	0.416
	0.375
	0.383
	0.421



	Red
	0.045
	0.528
	0.576
	0.485
	0.725
	0.593
	0.978
	0.934
	0.477
	0.610
	0.608
	0.406
	0.529
	0.636



	Black
	0.034
	−0.179
	0.334
	0.352
	0.413
	0.274
	0.928
	0.991
	0.706
	0.857
	0.567
	0.143
	0.752
	0.570



	Light versus dark
	0.439
	0.229
	0.387
	0.380
	0.472
	0.476
	0.957
	0.971
	0.375
	0.398
	0.478
	0.481
	0.407
	0.490





Prevalence: the prevalence of the given hair color in our sample (N = 20,142); rSpouse: phenotypic spousal correlation; rFS: father-son correlation; rMS: mother-son correlation; rFD: father-daughter correlation; rMD: mother-daughter correlation; rMZM: monozygotic male twin correlation; rDZM: dizygotic male twin correlation; rMZF: monozygotic female twin correlation; rDZF: dizygotic female twin correlation; rDOS: dizygotic opposite-sex twins correlation; rBB: brothers correlation, rSS: sisters correlation, and rBS: brother-sister correlation.




The MZ correlations are consistently high, ranging from 0.93 to 0.99. The full sib correlations, including the DZ twins, are lower (range 0.14–0.86) and that also goes for the parent-offspring correlations (range 0.19–0.73). Overall, the pattern of correlations is consistent with the expected large genetic contribution to hair color variation. In all but the red and black hair colors, the correlations suggest the presence of additive genetic and dominance effects, as the MZ correlations (range 0.93–0.99) are appreciably higher than the full sibs (including the DZs, range 0.14–0.49) and the parents and offspring (range 0.33–0.58). The correlations among first-degree relatives for red and black hair color tend to be larger than for the other hair colors. However, given the lower prevalence of these hair colors, these correlations are subject to larger standard errors. The spousal correlations suggest weak assortative mating with respect to hair colors (except black hair where the correlation is −0.179 and red hair where the correlation is 0.528). We note that the spousal correlations may be due to direct phenotypic assortment for hair color, or may be related to the geographic population structure of the Netherlands, as was established previously in our data [28].



3.2. Genetic Covariance Structure Modeling

The results of fitting all models are shown in Tables S4 and S5. Briefly, the ADE model optimally fits for the blond, brown and light versus dark hair colors. Furthermore, the results unambiguously show that no effects could be dropped, i.e., age effects, phenotypic assortment, sex differences on the genetic architecture, and non-additive genetic effects are present (all p-values are <0.0001). The results pertaining to the red and black hair colors are mixed. In the ACE model, as fitted to the red hair color, there is no sex difference (Table S5; p-value = 0.05), but all other effects are present (Table S5, p-value < 0.0001). With respect to the black hair color, we find a simple AE with age effects, but no assortative mating (p-value = 0.07), no C (p-value = 0.21) and no sex differences (p = 0.56). The absence of specific effects in the red and black hair colors may be due to low power as a consequence of the low prevalence of these hair colors.

Table 2 shows the parameter estimates as obtained in the best fitting model. With respect to the genetic influences, we find that the broad sense heritabilities in the ADE models are high (over 0.90). The narrow sense heritability of red hair color, as obtained in the ACE models, is lower (0.73), and the narrow sense heritability of black hair color is 0.96. Inclusion of the genotype based three Dutch PCs in the models, to account for Dutch genetic population stratification and the geographical gradient of hair color in the Netherlands, did not strongly alter the estimates of heritability, phenotypic assortment and variance decomposition (Table S6). However, the PCs do significantly explain hair color variance in all modeled colors (all p-values are <1.0 × 10−9).

Table 2. The heritability and other parameters estimated from A (D or C) E model for hair color (N = 20,142 individuals).














	Classification
	M
	Am
	Dm/Cm
	Em
	Af
	Df/Cf
	Ef
	h2m
	h2f





	Blond (ADE)
	0.210
	0.39
	0.57
	0.04
	0.73
	0.24
	0.03
	0.96
	0.97



	Brown (ADE)
	0.143
	0.22
	0.71
	0.07
	0.68
	0.29
	0.03
	0.93
	0.97



	Red (ACE)
	0.704
	0.73
	0.26
	0.01
	0.73
	0.26
	0.01
	0.73
	0.73



	Black (AE)
	0
	0.96
	
	0.04
	0.96
	
	0.04
	0.96
	0.96



	Light versus dark (ADE)
	0.208
	0.42
	0.54
	0.04
	0.75
	0.22
	0.03
	0.96
	0.97





M: phenotypic assortative mating coefficient (as estimated in the model); Am, Af = total additive variance in males and females; Dm, Df = total non-additive variance in males and females (blond, brown and light versus dark); Em, Ef = total unique environment variance plus measurement error in males and females; Cm, Cf = shared environment variance in males and females (red and black hair color); h2m = heritability in males, h2f = heritability in females (broad sense h2 of blond, brown, and light versus dark; narrow sense h2 of red and black).










3.3. Variance of Hair Color Explained by Autosomal SNPs Using GCTA

The GCTA analyses in unrelated individuals show that depending on the hair color, at most 24.6% of the hair color liability can be explained by the autosomal SNPs (Table 3). All SNPs of the top individual chromosomes explain between 1% and 16.3% of the liability. These SNPs are on chromosome 16 (where the MC1R gene is located) for red hair, on chromosome 15 (where the HERC2 gene is located) for brown and light versus dark, and on chromosome 6 (where the RPS6KA2 gene is located) for black hair color. We also studied the explained liability given by the top SNPs that are already known hair color loci as reported in earlier studies. These SNPs explain between 0.5% and 6.9% of the hair color liability in our sample.

Table 3. The explained genetic variance of the hair color liability scale for autosomal common SNPs in GCTA.


	Phenotypes
	N Cases
	N controls
	Proportion of Genetic Variance Explained by All Common SNPs (SE)
	p
	Top Chromosome
	Proportion of Genetic Variance Explained by Top Chromosome (SE)
	p
	Proportion of Genetic Variance Explained by Known Associated SNPs (SE)
	p





	Blond
	1547
	1793
	0.165 (0.081)
	1.1E−02
	15
	0.014 (0.017)
	1.8E−01
	0.058 (0.022)
	5.75E−40



	Brown
	1946
	1394
	0.095 (0.079)
	9.3E−02
	15
	0.011 (0.016)
	2.5E−01
	0.059 (0.022)
	7.88E−39



	Red
	87
	3253
	0.246 (0.087)
	1.9E−03
	16
	0.163 (0.025)
	3.2E−14
	0.069 (0.026)
	2.25E−55



	Black
	66
	3274
	<0.001 (0.083)
	5.0E−01
	6
	0.031 (0.228)
	7.7E−02
	0.005 (0.003)
	1.2E−02



	Light versus dark
	1890
	1450
	0.140 (0.080)
	2.7E−02
	15
	0.014 (0.017)
	2.0E−01
	0.069 (0.026)
	6.50E−46





SE: standard error. The given proportion of phenotypic variance explained by SNPs V(G)/V(P) without using a prevalence liability scale transformation.




The estimated genetic liability explained by common SNPs is low (<30%), given the fact that the heritability of hair color as a trait is very high (>70%). There are several possible explanations for this: GCTA is less appropriate for binary data than for quantitative phenotypes; there are not many genes related to hair color; the distribution of effect sizes of the genes and a combination of assortative mating plus possible common environment and dominance for this trait are not accounted for by the modeling assumptions of GCTA. In addition, SNPs were filtered by MAF > 0.01 and R2 > 0.80, leading to a large reduction of all SNP variants present within the GCTA matrix, and the coverage of rare alleles and less well imputed SNPs might therefore not be optimal. Also the LD tagging of SNPs might not be good enough to detect all hair color variants. Finally, for red and black hair color the results may be difficult to interpret due to the lack of power.

When adding the three Dutch PCs as covariates in the model, the estimates of the hair color liability explained by the known hair color loci do not change much (Table 4). However, the estimates of the total autosomal variation, as well as the top chromosomes all drop to almost 0 for blond and brown hair (and therefore light versus dark). Although standard errors do not show significant differences between the estimates, it indicates there are still unknown variants that determine blond and brown hair color, which are captured by the PCs, or there are variants that determine traits related to hair color (population stratification).

Table 4. The explained genetic variance of the hair color liability scale for autosomal common SNPs in GCTA including the three Dutch PCs as covariates.


	Phenotypes
	N Cases
	N Controls
	Proportion of Genetic Variance Explained by All Common SNPs (SE)
	p
	Top Chromosome
	Proportion of Genetic Variance Explained by Top Chromosome (SE)
	p
	Proportion of Genetic Variance Explained by Known Associated SNPs (SE)
	p





	Blond
	1547
	1793
	<0.001 (0.084)
	0.5
	15
	0.001 (0.015)
	0.48
	0.054 (0.024)
	2.81E−37



	Brown
	1946
	1394
	<0.001 (0.082)
	0.5
	15
	<0.001 (0.016)
	0.5
	0.054 (0.021)
	6.95E−39



	Red
	87
	3253
	0.165 (0.025)
	1.39E−03
	16
	0.255 (0.083)
	2.36E−14
	0.053 (0.020)
	1.65E−55



	Black
	66
	3274
	<0.001 (0.084)
	0.5
	6
	0.027 (0.228)
	0.10
	0.005 (0.004)
	2.4E−02



	Light versus dark
	1890
	1450
	<0.001 (0.084)
	0.5
	15
	<0.001 (0.016)
	0.5
	0.065(0.024)
	1.53E−43





SE: standard error. The given proportion of phenotypic variance explained by SNPs V(G)/V(P) without using a prevalence liability scale transformation.






3.4. GWA Analysis

In total, genotype and hair color data were available for 7091 subjects from the NTR. We performed five case-control GWAS with logistic regression for all SNPs including age, sex, the three Dutch PCs and genotype platform as covariates. Familial structure was taken into account in the analysis using Plink and selecting a single monozygotic twin. The resulting Q–Q and Manhattan plots for all colors and light versus dark hair color are shown in Figures S1–S10. As shown with GCTA and with the twin heritability modeling, the PC’s are significantly related to hair color in the Netherlands along the three Dutch major axes of genetic variation (Figures S11 and S12). Using the PCs, we corrected for this population stratification, with post correction GWAS λs ranging between 1.004 and 1.027. However, as a consequence, we have likely also reduced the significance of SNPs, which are truly associated with hair color.


3.4.1. Known Hair Color Variants in Relation to the GWAS Results

Table 5 and Table 6 display the gene variants for hair color, which are known from previous studies and our most significant SNPs within these genes. The two genes HERC2 (15q11.2-13), along with neighboring gene OCA2, are known as the most essential genes for determining human pigmentation traits including eye, hair and skin color [15,32]. These genes also show strong signals on chromosome 15 in our study, with SNPs rs7495174 and rs79097182 for blond, brown and light hair color.

Table 5. SNP associations within our study for blond and brown hair against known hair color loci.


	Locus
	Chromosome Location
	Most Significant SNP
	MAF
	OR Blond
	SE Blond
	p Blond
	OR Brown
	SE Brown
	P Brown





	SLC45A2
	5p13.2
	rs16891982 *
	0.050
	0.5036
	0.1752
	9.1E−05
	1.4506
	0.1656
	0.02472



	IRF4
	6p25.3
	rs1540771
	0.489
	1.0253
	0.1978
	0.003
	0.9027
	0.0396
	9.7E−03



	IRF4
	6p25.3
	rs62389424 *
	0.087
	2.4846
	0.1188
	1.3E−13
	0.5551
	0.1081
	5.2E−08



	TYRP1
	9p23
	rs1408799 *
	0.291
	0.8522
	0.0484
	0.001
	1.1846
	0.0468
	2.9E−03



	TPCN2
	11q13.3
	rs72930659
	0.109
	0.6073
	0.0657
	3.2E−14
	1.5544
	0.0649
	1.1E−11



	KITLG
	12q21.33
	rs12821256
	0.128
	0.6715
	0.0616
	9.8E−11
	1.4366
	0.0596
	1.2E−09



	SLC24A4
	14q32
	rs8014907
	0.178
	1.4317
	0.0554
	3.0E−10
	0.7262
	0.0529
	3.1E−09



	SLC24A5
	15q21.1
	rs1834640
	0.110
	1.0163
	0.1323
	0.903
	0.9858
	0.1294
	0.9121



	HERC2
	15q13
	rs79097182
	0.038
	2.9822
	0.1426
	1.8E−14
	0.4827
	0.1235
	3.7E−09



	OCA2
	15q13.1
	rs7495174 *
	0.014
	3.5485
	0.2577
	8.9E−07
	0.3544
	0.2168
	1.7E−06



	MC1R
	16q24
	rs2353688
	0.028
	1.8309
	0.1432
	2.4E−05
	0.6028
	0.1316
	1.2E−04



	MC1R
	16q24
	rs146972365
	0.053
	0.9765
	0.0945
	0.802
	1.7771
	0.0922
	4.5E−10



	MC1R
	16q24
	rs8063160
	0.065
	0.9119
	0.0872
	0.290
	1.7837
	0.0847
	8.6E−12



	MC1R
	16q24
	rs117322171
	0.014
	0.9469
	0.1795
	0.761
	0.9039
	0.1789
	0.572



	ASIP
	20q11.22
	rs1015362
	0.273
	1.0448
	0.0464
	0.344
	0.9559
	0.0452
	0.3181



	ASIP
	20q11.22
	rs4911414
	0.347
	0.9922
	0.0428
	0.855
	1.0148
	0.0417
	0.724





* These SNPs failed the imposed quality control in our sample: rs62389424 (HWE p = 2.6E-21), rs7495174 (HWE p = 1.27203E-12), rs16891982 (HWE p = 1.05107E-05), rs1408799 (MAF difference with imputation reference set >0.15).




Table 6. SNP associations within our study for light versus dark, red and black hair against known hair color loci (same loci as Table 5).


	Most Significant SNP
	OR Red
	SE Red
	p Red
	OR Black
	SE Black
	p Black
	OR Light versus Dark
	SE Light versus Dark
	p Light versus Dark





	rs16891982 *
	0.8443
	0.6410
	0.792
	4.9177
	0.3258
	1.0E−06
	1.9867
	0.1764
	1.0E−04



	rs1540771
	0.6853
	0.367
	0.010
	0.8300
	0.1112
	0.104
	0.6822
	0.307
	0.002



	rs62389424 *
	0.6897
	0.3084
	0.228
	0.3985
	0.2107
	1.3E−05
	0.4424
	0.1171
	3.4E−12



	rs1408799 *
	0.9043
	0.1467
	0.493
	0.9806
	0.1355
	0.885
	1.1823
	0.0478
	4.6E−04



	rs72930659
	1.2327
	0.2211
	0.344
	1.3688
	0.1968
	0.1106
	1.6087
	0.0653
	3.4E−13



	rs12821256
	1.0088
	0.1951
	0.964
	1.3023
	0.1895
	0.1634
	1.4829
	0.0612
	1.2E−10



	rs8014907
	1.0271
	0.1788
	0.709
	0.8070
	0.1453
	0.1400
	0.7028
	0.0547
	2.6E−10



	rs1834640
	1.1650
	0.4093
	0.831
	0.8708
	0.3677
	0.7067
	0.9691
	0.1315
	0.811



	rs79097182
	0.5954
	0.3135
	0.098
	0.4352
	0.2254
	2.2E−04
	0.3900
	0.1386
	5.2E−14



	rs7495174 *
	0.6939
	0.5975
	1.7E−06
	0.9691
	0.3839
	0.9349
	0.3216
	0.2443
	3.4E−06



	rs2353688
	0.5149
	0.3862
	0.086
	1.4452
	0.4024
	0.3601
	0.6148
	0.1348
	3.1E−04



	rs146972365
	0.0720
	0.1674
	1.1E−55
	1.8403
	0.3244
	0.6007
	1.8751
	0.0924
	1.0E−11



	rs8063160
	0.0770
	0.1728
	7.8E−50
	1.9278
	0.3041
	0.3090
	1.8891
	0.0845
	5.2E−14



	rs117322171
	1.7219
	0.6122
	0.375
	452.3873
	1.0414
	4.3E−09
	1.0119
	0.1771
	0.947



	rs1015362
	0.9583
	0.1500
	0.776
	1.0513
	0.1282
	0.6967
	0.9619
	0.0464
	0.402



	rs4911414
	0.7644
	0.1371
	0.725
	1.1988
	0.1200
	0.1309
	1.0366
	0.0426
	0.399





* These SNPs failed the imposed quality control in our sample: rs62389424 (HWE p = 2.6E-21), rs7495174 (HWE p = 1.27203E-12), rs16891982 (HWE p = 1.05107E-05), rs1408799 (MAF difference with imputation reference set >0.15).




The solute carrier (SLC) gene family group is a large family gene group that consists of 458 genes in 52 families. Three loci have been found to be associated with human pigmentation: SLC24A5, SLC45A2 and SLC24A4 gene. Interactions between HERC2 and SLC24A4 play a role in determining blue eye color, but also light hair color and less tanning ability [32,33]. SLC24A4 (14q32.12) encodes the sodium/potassium/calcium exchanger 4 protein (NCKX4). Alternative splicing of this gene results in multiple transcript variants. Variants in SLC24A4 have been previously associated with eye and hair color, skin sensitivity to sun and coetaneous malignant melanoma [34]. We confirmed the associations for hair color. Within SLC24A4, rs8014907 was significantly associated with all hair colors, except red. The SLC45A2 gene, which is in the same family as SLC24A4, encodes a transporter protein that mediates melanin synthesis. The protein of SLC45A2 is expressed in a high percentage of melanoma cell lines. Mutations in this gene are a cause of oculocutaneous albinism type 4, and polymorphisms in this gene are associated with variations in skin and hair color [35,36]. Multiple transcript variants encoding different isoforms have been found for this gene. Our results do show a p-value = 9.1 × 10−5 for the gene. SLC24A5 was found to be involved in skin pigmentation in European populations [33]. A 4-bp insertion (c.569_572insATTA rs1426654) in the SLC24A5 gene, causing a frame shift and premature termination, was identified in a man with Indian ancestry [37]. Homozygosity of this insertion results in extreme hypopigmentation and pinkish-white skin, with dark brown hair and a brown iris [35]. However, we have not found any significant hits in this locus. For SLC24A5 gene the lowest p-value is 0.7 and the question is whether we have people with this particular insertion present within our Dutch population.

MC1R (16q24.3) is an intron-less gene of the size less than 1 kb. Non-synonymous variants in MC1R are present in approximately 50% in the European population [38]. Its multiple variants were first found to be associated with human red hair color in 1995 [39]. A subsequent study found these variants to have the same effect on pigmentation at increased frequency with increasing latitude in humans [40,41]. We replicate this association in our study, as MC1R is associated with multiple hair colors, except blond.

KITLG (12q22) is known to regulate the number of melanocytes during development, melanin distribution and hyper/hypo pigmentation. Sequence variation is thought to affect expression of KITLG (184,745), which results in the blond hair color. In European populations rs12821256 T/C SNP is found to be associated with blond hair color [42,43], and this SNP explains 3%–6% of the variance [10]. Our study confirmed this result, rs12821256 showed a significant associations with blond, brown and light versus dark hair color. Recently, a functional study showed that this SNP alters a transcription factor binding site for lymphoid enhancer-binding factor 1 (LEF1), reducing LEF1 responsiveness and enhancer activity in cultured human keratinocytes [44].

IRF4 (6p25.3) is associated with hair color and skin pigmentation [42]. There is a strong association of the A allele of a single-nucleotide polymorphism (SNP) on chromosome 6p25.3, rs1540771, with the presence of freckles in Icelandic and Dutch population samples (discovery OR = 1.40, p-value = 3.7 × 10−18) [45]. In our study, the most significant SNP rs62389424 is a bit further away (34 kb) and is associated with all hair colors except red (p < 1.3 × 10−5).









Genetic variants in 3-prime-untranslated region of the ASIP result in skin/hair/eye pigmentation variation. ‘The ASIP haplotype’, rs1015362G and rs4911414T was shown to be associated with red hair color, freckling, and skin sensitivity to sun, in addition to burning and freckling that reached genome wide significance (max odds ratio = 1.60, p-value = 3.9 × 10−9) in the Icelandic and Dutch populations [45]. In our study, however, we did not find any significant results for the ASIP locus. Minimum p-values for these genes were above 0.35 for the hair colors. Note that red hair color in our sample is not so frequent, so this could be related to detection power.

TPCN2 (11q13.3.) was found to be significantly associated with blond versus brown hair color in Icelandic Europeans [42]. In our study SNPs in this locus are significantly associated with blond, brown, black and light versus dark hair colors (p < 4.7 × 10−10).

The variants of TYRP1 gene are known skin/hair/eye pigmentation variation locus. A suggestive association for blond versus brown hair was observed for rs1408799 in Iceland and Dutch populations, and functional data suggest that the TYRP1 gene encodes a melanosomal enzyme with a role in the eumelanin pathway [45]. The p-values in our study are about 10−4 implying a potential, but weak association with hair color.



3.4.2. Identification of New Hair Color Variants from the NTR GWAS Results

Within this study, no new SNPs were significantly associated with hair color after conservatively filtering on MAF > 0.01 for blond, brown and light versus dark hair color and MAF > 0.05 for red and black hair color. Initially we had some associations for black and red hair color when also filtering on MAF > 0.01. However, with this threshold of filtering the number of cases having the minor allele(s) is extremely small, which leads to inflated statistics. Subsequently, these were not confirmed as positive results as none of the red hair color findings (black hair color unavailable) were replicated by the Decode study, and permutation analyses showed that the findings were also likely under the hypothesis of no association (Table S7).





4. Conclusions

Our twin family analysis shows high heritability for hair color (70%–97%). Both additive and non-additive genetic models, as well as positive assortative mating and population stratification should be taken into consideration when conducting genetic studies of these traits in the Dutch population. In the GWA analysis we could confirm previously known associated variants in the MC1R and HERC2, TPCN2, SLC24A4, IRF4 and KITLG genes. The GCTA analyses shows that common SNPs in these loci explain about 6% of the hair color liability in our population. In total, between 0% and 25% and, on average, roughly 13% of the hair color liability can be explained by common SNPs genome wide, and therefore new variants, either rare and tagged by the common SNPs or simply not identified yet, are likely still present within the genome. This study also shows the issues of current standard GWAS approaches. The modeling assumptions of GCTA assume additive effects with many genes influencing the trait. However, as made evident, there are non-additive effects, assortative mating, population stratification and the likelihood of involvement of rare gene variants and the question is thus whether estimates of the variance explained by these methods are optimal. To find the missing heritability, an investment in large sample sizes with meta-analysis and methodological innovation to deal with these other-than-additive circumstances, a stratified population and better rare allele detection is needed to improve locus detection, even for a highly heritable trait like hair color.







Supplementary Files

Supplementary File 1



Acknowledgments

We would like to thank David Duffy from the QIMR Berghofer Medical Research Institute and Patrick Sulem from the DECODE genetics group, for their helpful and constructing comments during the development of this manuscript. B. Lin received a PhD grant (201206180099) from the China Scholarship Council. This work was supported by: Genotype/phenotype database for behavior genetic and genetic epidemiological studies (ZonMW Middelgroot [911-09-032]); Genetics of Mental Illness: A lifespan approach to the genetics of childhood and adult neuropsychiatric disorders and co morbid conditions [ERC-230374]; multiple grants for genotyping and expression data, funded by Biobanking and Biomolecular Resources Research Infrastructure (BBMRI-NL) [184.021.007]; the National Institute for Mental Health (NIMH) [1RC2 MH089951-01: Integration of Genomics & Transcriptomics in Normal Twins & Major Depression, and 1RC2MH089995-01: Genomics of Developmental Trajectories in Twins]; and Nederland’s organization door Wetenschappelijk Onderzoek (NWO) [NWO/SPI 56-464-14192].



Author Contributions

Bochao Danae Lin analyzed and interpreted the data, then wrote the manuscript. Hamdi Mbarek supervised the genetic association studies and revised the manuscript. Gonneke Willemsen reviewed and edited the manuscript. She prepared the hair color phenotype data. Conor Dolan supervised and aided in the statistical analyses of the twin modeling. He reviewed and edited the manuscript. Iryna O. Fedko prepared the GRM matrices and reviewed the manuscript. Abdel Abdellaoui edited and reviewed the manuscript. He did the genetic principal components analyses and plots for their relation to geography. Jouke- Jan Hottenga prepared the initial genetic data for the analyses. Eco J. de Geus, Dorret I. Boomsma and Jouke- Jan Hottenga are the guarantors of this work and take responsibility for the availability and integrity of the data and the accuracy of the data analysis.



Conflicts of Interest

The authors declare no conflict of interest.



References


	1. 
Liu, F.; Wen, B.; Kayser, M. Colorful DNA polymorphisms in humans. Semin. Cell. Dev. Biol. 2013, 24, 562–575. [Google Scholar] [CrossRef] [PubMed]

	2. 
Juni, S.; Roth, M. The influence of hair color on soliciting help. Soc. Behav. Personal. 1985, 8, 11–14. [Google Scholar] [CrossRef]

	3. 
Guéguen, N. Hair color and courtship: Blond women received more courtship solicitations and redhead men received more refusals. Psychol. Stud. 2012, 57, 369–375. [Google Scholar] [CrossRef]

	4. 
Ames, B.N.; Kammen, H.O.; Yamasaki, E. Hair dyes are mutagenic: Identification of a variety of mutagenic ingredients. Proc. Natl. Acad. Sci. USA 1975, 72, 2423–2427. [Google Scholar] [CrossRef] [PubMed]

	5. 
Boniol, M.; Autier, P.; Dore, J.F. Re: A prospective study of pigmentation, sun exposure, and risk of cutaneous malignant melanoma in women. J. Natl. Cancer Inst. 2004, 96, 335–338. [Google Scholar] [CrossRef] [PubMed]

	6. 
Lens, M.B.; Dawes, M. Global perspectives of contemporary epidemiological trends of cutaneous malignant melanoma. Br. J. Dermatol. 2004, 150, 179–185. [Google Scholar] [CrossRef] [PubMed]

	7. 
Diffey, B.L. Solar ultraviolet radiation effects on biological systems. Phys. Med. Biol. 1991, 36, 299–328. [Google Scholar] [CrossRef] [PubMed]

	8. 
Brauer, G.; Chopra, V.P. Estimation of the heritability of hair and eye color. Anthropol. Anz. 1978, 36, 109–120. [Google Scholar] [PubMed]

	9. 
Branicki, W.; Liu, F.; van Duijn, K.; Draus-Barini, J.; Pospiech, E.; Walsh, S.; Kupiec, T.; Wojas-Pelc, A.; Kayser, M. Model-based prediction of human hair color using DNA variants. Hum. Genet. 2011, 129, 443–454. [Google Scholar] [CrossRef] [PubMed]

	10. 
Sulem, P.; Gudbjartsson, D.F.; Stacey, S.N.; Helgason, A.; Rafnar, T.; Magnusson, K.P.; Manolescu, A.; Karason, A.; Palsson, A.; Thorleifsson, G.; et al. Genetic determinants of hair, eye and skin pigmentation in europeans. Nat. Genet. 2007, 39, 1443–1452. [Google Scholar] [CrossRef] [PubMed]

	11. 
Schiaffino, M.V. Signaling pathways in melanosome biogenesis and pathology. Int. J. Biochem. Cell Biol. 2010, 42, 1094–1104. [Google Scholar] [CrossRef] [PubMed]

	12. 
Mitra, D.; Luo, X.; Morgan, A.; Wang, J.; Hoang, M.P.; Lo, J.; Guerrero, C.R.; Lennerz, J.K.; Mihm, M.C.; Wargo, J.A.; et al. An ultraviolet-radiation-independent pathway to melanoma carcinogenesis in the red hair/fair skin background. Nature 2012, 491, 449–453. [Google Scholar] [CrossRef] [PubMed]

	13. 
Rompler, H.; Rohland, N.; Lalueza-Fox, C.; Willerslev, E.; Kuznetsova, T.; Rabeder, G.; Bertranpetit, J.; Schoneberg, T.; Hofreiter, M. Nuclear gene indicates coat-color polymorphism in mammoths. Science 2006. [Google Scholar] [CrossRef] [PubMed]

	14. 
Raimondi, S.; Sera, F.; Gandini, S.; Iodice, S.; Caini, S.; Maisonneuve, P.; Fargnoli, M.C. MC1R variants, melanoma and red hair color phenotype: A meta-analysis. Int. J. Cancer 2008, 122, 2753–2760. [Google Scholar] [CrossRef] [PubMed]

	15. 
Visser, M.; Kayser, M.; Palstra, R.J. HERC2 rs12913832 modulates human pigmentation by attenuating chromatin-loop formation between a long-range enhancer and the OCA2 promoter. Genome Res. 2012, 22, 446–455. [Google Scholar] [CrossRef] [PubMed]

	16. 
Boomsma, D.I.; de Geus, E.J.; Vink, J.M.; Stubbe, J.H.; Distel, M.A.; Hottenga, J.J.; Posthuma, D.; van Beijsterveldt, T.C.; Hudziak, J.J.; Bartels, M.; et al. Netherlands twin register: From twins to twin families. Twin Res. Hum. Genet. 2006, 9, 849–857. [Google Scholar] [CrossRef] [PubMed]

	17. 
Yang, J.A.; Lee, S.H.; Goddard, M.E.; Visscher, P.M. GCTA: A tool for genome-wide complex trait analysis. Am. J. Hum. Genet. 2011, 88, 76–82. [Google Scholar] [CrossRef] [PubMed]

	18. 
Purcell, S.; Neale, B.; Todd-Brown, K.; Thomas, L.; Ferreira, M.A.; Bender, D.; Maller, J.; Sklar, P.; de Bakker, P.I.; Daly, M.J.; et al. Plink: A tool set for whole-genome association and population-based linkage analyses. Am. J. Hum. Genet. 2007, 81, 559–575. [Google Scholar] [CrossRef] [PubMed]

	19. 
Li, Y.; Abecasis, G.R. Mach 1.0: Rapid haplotype reconstruction and missing genotype inference. Am. J. Hum. Genet. 2006, 79, S2290. [Google Scholar]

	20. 
Center for Statistical Genetics. MACH 1.0. Available online: http://www.sph.umich.edu/csg/abecasis/MACH/ (accessed on 20 June 2015).

	21. 
Howie, B.; Fuchsberger, C.; Stephens, M.; Marchini, J.; Abecasis, G.R. Fast and accurate genotype imputation in genome-wide association studies through pre-phasing. Nat. Genet. 2012, 44, 955–959. [Google Scholar] [CrossRef] [PubMed]

	22. 
Liu, E.Y.; Li, M.; Wang, W.; Li, Y. Mach-admix: Genotype imputation for admixed populations. Genet. Epidemiol. 2013, 37, 25–37. [Google Scholar] [CrossRef] [PubMed]

	23. 
Boker, S.; Neale, M.; Maes, H.; Wilde, M.; Spiegel, M.; Brick, T.; Spies, J.; Estabrook, R.; Kenny, S.; Bates, T.; et al. Openmx: An open source extended structural equation modeling framework. Psychometrika 2011, 76, 306–317. [Google Scholar] [CrossRef] [PubMed]

	24. 
Sham, P.C.; Walters, E.E.; Neale, M.C.; Heath, A.C.; MacLean, C.J.; Kendler, K.S. Logistic regression analysis of twin data: Estimation of parameters of the multifactorial liability-threshold model. Behav. Genet. 1994, 24, 229–238. [Google Scholar] [CrossRef] [PubMed]

	25. 
Boomsma, D.; Busjahn, A.; Peltonen, L. Classical twin studies and beyond. Nat. Rev. Genet. 2002, 3, 872–882. [Google Scholar] [CrossRef] [PubMed]

	26. 
Rogers, W.H. Regression standard errors in clustered samples. Stata Tech. Bull. 1993, 13, 19–23. [Google Scholar]

	27. 
Patterson, N.; Price, A.L.; Reich, D. Population structure and eigenanalysis. Plos Genetics. 2006, 12, 2074–2093. [Google Scholar] [CrossRef] [PubMed]

	28. 
Abdellaoui, A.; Hottenga, J.J.; de Knijff, P.; Nivard, M.G.; Xiao, X.; Scheet, P.; Brooks, A.; Ehli, E.A.; Hu, Y.; Davies, G.E.; et al. Population structure, migration, and diversifying selection in the netherlands. Eur. J. Hum. Genet. 2013, 21, 1277–1285. [Google Scholar] [CrossRef] [PubMed]

	29. 
Minică, C.C.; Dolan, C.V.; Kampert, M.M.; Boomsma, D.I.; Vink, J.M. Sandwich corrected standard errors in family-based genome-wide association studies. Eur. J. Hum. Genet. 2015, 23, 388–394. [Google Scholar] [CrossRef] [PubMed]

	30. 
Redden, D.T.; Allison, D.B. The effect of assortative mating upon genetic association studies: Spurious associations and population substructure in the absence of admixture. Behav. Genet. 2006, 36, 678–686. [Google Scholar] [CrossRef] [PubMed]

	31. 
Pe’er, I.; Yelensk, R.; Altshuler, D.; Daly, M.J. Estimation of the multiple testing burden for genomewide association studies of nearly all common variants. Genet. Epidemiol. 2008, 32, 381–385. [Google Scholar] [CrossRef] [PubMed]

	32. 
Shekar, S.N.; Duffy, D.L.; Frudakis, T.; Sturm, R.A.; Zhao, Z.Z.; Montgomery, G.W.; Martin, N.G. Linkage and association analysis of spectrophotometrically quantified hair color in australian adolescents: The effect of OCA2 and HERC2. J. Investig. Dermatol. 2008, 128, 2807–2814. [Google Scholar] [CrossRef] [PubMed]

	33. 
Sturm, R.A. Human 'coat colour' genetics. Pigm. Cell Melanoma R 2008, 21, 115–116. [Google Scholar] [CrossRef] [PubMed]

	34. 
Li, X.F.; Kraev, A.S.; Lytton, J. Molecular cloning of a fourth member of the potassium-dependent sodium-calcium exchanger gene family, NCKX4. J. Biol. Chem. 2002, 277, 48410–48417. [Google Scholar] [CrossRef] [PubMed]

	35. 
Graf, J.; Voisey, J.; Hughes, I.; van Daal, A. Promoter polymorphisms in the MATP (SLC45A2) gene are associated with normal human skin color variation. Hum. Mutat. 2007, 28, 710–717. [Google Scholar] [CrossRef] [PubMed]

	36. 
Sabeti, P.C.; Varilly, P.; Fry, B.; Lohmueller, J.; Hostetter, E.; Cotsapas, C.; Xie, X.; Byrne, E.H.; McCarroll, S.A.; Gaudet, R.; et al. Genome-wide detection and characterization of positive selection in human populations. Nature 2007, 449, 913–918. [Google Scholar] [CrossRef] [PubMed]

	37. 
Mondal, M.; Sengupta, M.; Samanta, S.; Sil, A.; Ray, K. Molecular basis of albinism in india: Evaluation of seven potential candidate genes and some new findings. Gene 2012, 511, 470–474. [Google Scholar] [CrossRef] [PubMed]

	38. 
Makova, K.D.; Ramsay, M.; Jenkins, T.; Li, W.H. Human DNA sequence variation in a 6.6-kb region containing the melanocortin 1 receptor promoter. Genetics 2001, 158, 1253–1268. [Google Scholar] [PubMed]

	39. 
Woodworth, S.H.; Singh, M.; Yussman, M.A.; Sanfilippo, J.S.; Cook, C.L.; Lincoln, S.R. A prospective study on the association between red hair color and endometriosis in infertile patients. Fertil. Steril. 1995, 64, 651–652. [Google Scholar] [PubMed]

	40. 
Sturm, R.A.; Duffy, D.L.; Box, N.F.; Newton, R.A.; Shepherd, A.G.; Chen, W.; Marks, L.H.; Leonard, J.H.; Martin, N.G. Genetic association and cellular function of MC1R variant alleles in human pigmentation. Ann. N. Y. Acad. Sci. 2003, 994, 348–358. [Google Scholar] [CrossRef] [PubMed]

	41. 
Nakayama, K.; Soemantri, A.; Jin, F.; Dashnyam, B.; Ohtsuka, R.; Duanchang, P.; Isa, M.N.; Settheetham-Ishida, W.; Harihara, S.; Ishida, T.; et al. Identification of novel functional variants of the melanocortin 1 receptor gene originated from asians. Hum. Genet. 2006, 119, 322–330. [Google Scholar] [CrossRef] [PubMed]

	42. 
Han, J.; Kraft, P.; Nan, H.; Guo, Q.; Chen, C.; Qureshi, A.; Hankinson, S.E.; Hu, F.B.; Duffy, D.L.; Zhao, Z.Z.; et al. A genome-wide association study identifies novel alleles associated with hair color and skin pigmentation. PLoS Genet. 2008, 4, e1000074. [Google Scholar] [CrossRef] [PubMed]

	43. 
Eriksson, N.; Macpherson, J.M.; Tung, J.Y.; Hon, L.S.; Naughton, B.; Saxonov, S.; Avey, L.; Wojcicki, A.; Pe’er, I.; Mountain, J.; et al. Web-based, participant-driven studies yield novel genetic associations for common traits. PLoS Genet. 2010, 6, e1000993. [Google Scholar] [CrossRef] [PubMed]

	44. 
Guenther, C.A.; Tasic, B.; Luo, L.; Bedell, M.A.; Kingsley, D.M. A molecular basis for classic blond hair color in europeans. Nat. Genet. 2014, 46, 748–752. [Google Scholar] [CrossRef] [PubMed]

	45. 
Sulem, P.; Gudbjartsson, D.F.; Stacey, S.N.; Helgason, A.; Rafnar, T.; Jakobsdottir, M.; Steinberg, S.; Gudjonsson, S.A.; Palsson, A.; Thorleifsson, G.; et al. Two newly identified genetic determinants of pigmentation in europeans. Nat. Genet. 2008, 40, 835–837. [Google Scholar] [CrossRef] [PubMed]





© 2015 by the authors; licensee MDPI, Basel, Switzerland. This article is an open access article distributed under the terms and conditions of the Creative Commons Attribution license (http://creativecommons.org/licenses/by/4.0/).







nav.xhtml


  genes-06-00559


  
    		
      genes-06-00559
    


  




  





media/file0.png





