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Abstract: Parthenocarpy, the pollination-independent fruit set, can raise the productivity of the fruit
set even under adverse factors during the reproductive phase. The application of plant hormones
stimulates parthenocarpy, but artificial hormones incur extra financial and labour costs to farmers and
can induce the formation of deformed fruit. This study examines the performance of parthenocarpic
mutants having no transcription factors of SlIAA9 and SlTAP3 and sldella that do not have the
protein-coding gene, SlDELLA, in tomato (cv. Micro-Tom). At 0 day after the flowering (DAF)
stage and DAFs after pollination, the sliaa9 mutant demonstrated increased pistil development
compared to the other two mutants and wild type (WT). In contrast to WT and the other mutants, the
sliaa9 mutant with pollination efficiently stimulated the build-up of auxin and GAs after flowering.
Alterations in both transcript and metabolite profiles existed for WT with and without pollination,
while the three mutants without pollination demonstrated the comparable metabolomic status of
pollinated WT. Network analysis showed key modules linked to photosynthesis, sugar metabolism
and cell proliferation. Equivalent modules were noticed in the famous parthenocarpic cultivars
‘Severianin’, particularly for emasculated samples. Our discovery indicates that controlling the genes
and metabolites proffers future breeding policies for tomatoes.

Keywords: tomato; parthenocarpy; metabolomics; transcriptomics; next-generation sequencing;
correlation network analysis
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1. Introduction

Tomatoes (Solanum lycopersicum) are one of the main crops cultivated in the world.
Since improving fruiting productivity can enhance the yield of tomatoes, the investigation
into the mechanism of fruiting and subsequent fertilisation of tomatoes has been studied
thoroughly. Parthenocarpy is the cultivation of seedless fruit, which is not a function
of pollination but can improve fruit set when the conditions are not favourable during
the reproductive phase. Therefore, parthenocarpy can improve winter and early yields,
enabling consumers to purchase crops all year round [1,2]. Additionally, the food industry
prefers seedless fruits due to their longer shelf life and ease of processing.

Parthenocarpy can be facilitated artificially by applying several plant hormones [3,4].
However, the use of artificial plant hormones incurs extra financial and labour costs to
farmers and leads to small-size cultivation and the development of malformed fruit with
poor firmness [5–7]. Additionally, many of the current parthenocarpic mutants have a
substantial impact on the entire plant’s morphogenesis, such as leaf morphological changes,
the development of malformed fruits with reduced fruit size and quality and a reduced
fruiting rate [8–10]. Thus, it is crucial to investigate the significant molecular targets that
can achieve parthenocarpy but do not affect morphological alterations of other organs and
characteristics of the entire plant.

Genes associated with plant hormones are presently being used to produce partheno-
carpic mutants in tomatoes. Plant hormones play a critical role in fruit development,
and plant hormones are recognized to be closely related to parthenocarpy [11]. A model
in which auxin and gibberellin (GA) regulatory pathways cooperate hierarchically has
been proposed. Pollination initiates the auxin regulatory pathway; after that, the GA-
regulatory pathway is activated [12]. Therefore, to avoid negative impacts and develop
seedless tomatoes with better yield and quality through molecular breeding and trans-
genic approaches, it is necessary to ascertain the molecular mechanisms of parthenocarpy
via plant hormone-mediated control. Auxin and GA are the primary hormones that en-
courage fruit initiation and stimulate growth to enhance fruit production [13,14]. Two
prominent mutants that demonstrate parthenocarpy include aux/indole-3-acetic acid 9 (sliaa9)
and sldella. Sliaa9 works as a transcription factor (TF) in the control of the expression of
auxin-responsive factors (ARFs) through the auxin signalling that is involved in the regu-
lating the fruit set [15,16]. Wang and colleagues found that the downregulation of SlIAA9
in tomatoes caused parthenocarpy [16]. In contrast, SLDELLA is a negative regulator of GA
signalling by combining with the GA receptor, GA-INSENSITIVE DWARF1 (GID1) [17].
The loss of SLDELLA function in the GA signalling pathway leads to SLDELLA, which
generally inhibits GA-responsive gene expression by binding to the corresponding TFs. In
the presence of GA, post-translational modification and degradation of SLDELLA release
the suppression of GA-responsive gene expression [14,17,18]. In tomatoes, mutations and
RNAi inhibition of SLDELLA/PROCERA cause parthenocarpy [18–20], confirming that
PROCERA is a repressor of fruit initiation. Although auxin and GA play an essential role in
fruit initiation, the exact mechanism by which auxin and GA promote fruit initiation and
the nature of the genes that control fruit set remains unclear. Meanwhile, other genes can
cause parthenocarpy in plants. For example, proteins encoded by MADS-box genes (ABC
model) are essential TF families linked with flowering time assessment, fruit development
and seed set [21–24]. Earlier reports have considered the role of the MADS-box genes in
parthenocarpy, such as the downregulation of TM29, a homologue of SEPALLATA, which
causes the changing of both petals and stamens into sepals followed by pistil infertility, lead-
ing to parthenocarpic fruits in tomatoes [25]. Similarly, the loss of function of APETALA3
(TAP3), a B class of a floral organ identity gene that converted into a carpelloid structure,
reveals parthenocarpic fruits in tomatoes [26,27]. In parthenocarpic cultivars, the Russian
cultivar ‘Severianin’ is a natural source of parthenocarpy in tomatoes, possessing the pat-2
gene located on chromosome 4. This cultivar demonstrates strong parthenocarpy even
under several environmental conditions [28]. Therefore, many investigations have been
done to ascertain the characterisation of pat-2 in ‘Severianin’ [29–31].
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Multi-omics strategies allow us to derive new insights into understanding compli-
cated biological mechanisms in plants. Of these, data integration of transcriptomic and
metabolomic data can be applied to measure plant responses, e.g., biotic and abiotic stresses,
senesce, chemical treatments including plant hormones and the mutation of significant
genes [32–35]. A combination of varying separation techniques hyphened with mass spec-
trometry is applied to analyse metabolites in central metabolism, specialised metabolites,
lipids and plant hormones for covering a broad range of metabolites [36–39].

Correlation network analysis helps visualize and give hints for interpreting the biolog-
ical relationships between multiple variables (nodes). Furthermore, constructing transcript
and metabolite correlation networks enables extracting major modules that are necessary
for natural events. For example, the correlation network analyses were highlighted to
reorganize changes of metabolite and transcript status in Arabidopsis thaliana (Arabidopsis),
tomato, pepper, potato and Brassica rapa [40–43].

In this research, we sought to examine the molecular events from the varying be-
haviour of parthenocarpic mutants, i.e., sliaa9, sldella and sltap3, using multi-omics strate-
gies to interpret the techniques involved in early fruit growth. First, we discussed the
plausible roles of plant hormones verified by hormonome assessment in the regulation of
fruit set and the timing of their changes. We then revealed the molecular activities causing
fruit set process via the joint transcriptomic and metabolomic approach. Additionally, to
better explain the intersection between each mutant and wild type (WT) during fruit setting
and formation in tomatoes, we adopted RNA-sequencing (RNA-seq) to profile transcript
alterations involved in fruit set in the prominent parthenocarpic cultivar ‘Severianin’. Our
investigation revealed that the genotype-dependent behaviour appears vital in controlling
the expression of transcripts, especially on the flowering day. Moreover, the comparative
examination at the transcript and metabolite concentrations of pollination-induced and
parthenocarpic fruit sets identified auxin and GA, photosynthesis and cell division and
glycolysis as prominent actors of the fruit sets.

2. Materials and Methods
2.1. Plant Materials and Growth Conditions

In this study, Japanese (MTJ) and Brazilian (MTB) varieties of Micro-Tom were used as
a wild type of tomato (Solanum lycopersicum), and sliaa9 with MTJ background, sldella with
MTB background and sltap3 with MTJ background were used as mutants generated by
ethyl methanesulfonic acid (EMS) treatment. Seeds were absorbed overnight in deionized
water and stored at 25 ◦C for 4 to 6 days on deionized water-moistened filter paper under a
photoperiod of 16 h/8 h with a light intensity of 100 µmol·m−2·s−1. Tomato seedlings were
transplanted into Rockwool cubes (75 mm × 75 mm × 65 mm) and grown in a nutrient
solution with an electrical conductivity (EC) of 1.6 dS·m−1 (Otsuka A, Otsuka Chemical
Co., Ltd., Osaka, Japan) under fluorescent light with a photoperiod of 16 h/8 h and a light
intensity of 300 µmol·m−2·s−1 under light conditions of 25 ◦C in bright conditions and
20 ◦C in dark conditions. The experimental treatment was divided into two wards: one
was manually pollinated on the day of flowering, and another was manually emasculated.
Day after flowering (DAF) was used as a reference for the sampling of pistils from each line
at two days before flowering (–2DAF, flowering day (0DAF), 2 days after flowering (2DAF),
4 days after flowering (4DAF) for the three mutants with corresponding WT and 8 days
after flowering (8DAF) for the sltap3 mutant and MTJ. Sampled ovaries were weighed and
subsequently frozen at −80 ◦C in liquid nitrogen until use. The ‘Severianin’ and ‘M82’
cultivars were grown in nutrient culture in a coconut–peat substrate fed with hydroponic
solution (revised-A nutrient prescription, Otsuka Chemicals, Osaka, Japan) with an EC of
0.8–1.5 ms·cm−1. Supplementary Figure S1 shows the experimental design.

2.2. Microarray Analysis

For the quality check of isolated RNA, the Agilent RNA6000 Nano LabChip® kit was
used for 1 µL of 250 ng/3 µL RNA. According to the kit protocol, the quality assessment
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was performed using an Agilent 2100 Bioanalyzer. According to the kit protocol, the
labeled cRNA was then purified for the same concentrations of RNA using the Gene Chip®

3′ IVT Express Kit (Affymetrix). The content was obtained using a NanoDrop and was
sufficient. According to the kit protocol, the labelled cRNA was prepared to 15 µg/32 µL
and fragmented. After that, 80 µL of fragmented and labelled cRNA and hybridisation
cocktail mixture was injected into the GeneChip® Tomato Genome Array and incubated
at 45 ◦C at 60 rpm for 16 h according to the protocol. Next, the microarray chips of the
microarray were set into the GeneChip® Fluidics Station 450 (Affymetrix), and the chips
were washed and stained according to the accompanying manual. Finally, the GeneChip
scanner 3000 (Affymetrix) was utilised to scan the chip and measure the gene expression
level. Our microarray data have deposited to NCBI GEO.

2.3. Metabolomic Profiling Analysis

The processing and extraction of freeze-dried samples in the 2 mL tubes were mixed
thoroughly with 5 mm of zirconia beads in a mixer mill (MM301; Retsch, Haan, Ger-
many) for 1 min at 20 Hz. After mixing, the samples were used for gas chromatography
hyphened with time-of-flight MS (GC-MS) and liquid chromatography hyphened with
quadrupole time-of-flight mass spectrometry (LC-MS) for polar metabolites and lipids.
Hormonome analysis was utilized by LC with a tandem quadrupole mass spectrometer
(LC-q-MS/MS). Additionally, carotenoid and chlorophyll content was estimated using
liquid chromatography hyphened with photodiode array (LC-PDA). We used 5–6 biological
replicates for metabolomic analysis and six carotenoid quantification, while three biological
replicates were used to quantify 42 hormones. For detailed information, see Supplementary
Methods S1.

2.4. RNA-Seq Analysis

Ovaries of Severianin and M82 (100 mg fresh weight (FW)) were harvested in the green-
house located at Nasushiobara, Tochigi, Japan. Moreover, we ordered genome sequencing
and RNA-seq analysis to BGI JAPAN (the Beijing Genomic Institute, Kobe, Japan). Illumina
HiSeq 2000 (Illumina) was used for the RNA-seq analysis. For detailed information, see
Supplementary Methods S1.

2.5. Weighted Correlation Network Analysis (WCNA) of Transcriptome and Metabolome Datasets

WCNA was carried out using transcriptome and metabolome datasets. In more detail,
see Methods S1.

2.6. Data Analysis

The following analyses were carried out mainly using R (ver. 3.6.3), a statistical
analytical tool. For the detail information, see Supplementary Methods S1.

3. Results
3.1. Comparison of Ovary/Fruit Development of WT and the Mutants during Early Fruit Set

We weighed ovary samples of the three mutants, sliaa9, sldella and sltap3, and the
corresponding WT (MTJi, MTB and MTJt) at developmental phases during fruit set: before
flowering (–2DAF), during flowering (0DAF), 2 and 4 days after flowering (2DAF, 4DAF)
and 8 days after flowering for the sltap3 mutant (8DAF) with and without pollination
(Figure S1A). The fruit enlargement of the sltap3 mutant at 8DAF was comparable with that
of WT and the two mutants at 4DAF. For each experiment, transcriptomic, metabolomic and
plant hormone alternations were linked with all categories of fruit set (Figure S1B). Regard-
ing phenotypes of parthenocarpic mutants related to SlIAA9, SlDELLA and SlTAP3 from
previous research, the three mutants demonstrated unusual morphological phenotypes
even though these mutants have a high proportion of parthenocarpic fruit set (Table S1).
At the 0DAF stage, the sliaa9 mutant exhibited increased pistil growth compared with the
other two mutants and the WT. After the 0DAF, the FW of each mutant was significantly
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higher than WT without pollination. Notably, the new weight of the sliaa9 mutant was
already high before pollination (Figure 1). In the case of the sldella mutant, there was a
significant alternation in weight with or without pollination at 4DAF. The emasculated
sltap3 mutant influenced the fruit enlargement at the 8DAF stage, similar to the emasculated
sldella mutant at the 4DAF stage. To ascertain the molecular mechanism of parthenocarpic
fruit productivity in floral homeotic mutants such as the sltap3, the sltap3 mutant samples
were utilised until the 8DAF stage.
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Figure 1. The ovary weight of the three mutants (MT) and the corresponding wild type (WT). (A) MT
and WT before flowering (−2DAF) and flowering date (0DAF); (B) the sliaa9 and sldella mutants and
the corresponding WT after flowering 2, 4 DAF; and (C), the sltap3 mutant and MTJt after flowering
2, 4, and 8 DAF. ‘P’ represents pollinated, while ‘E’ represents emasculated. The number of biological
replicates, n = 6.

3.2. Plant Hormone Accumulation Patterns during Fruit Set in WT and the Mutants with and
without Pollination

To examin the plant hormone alternations during the fruit set, hormonome analysis
was conducted for the three mutants and corresponding WTs at varying stages with and
without pollination (Figures 2 and S2). In the 42 hormones (indole acetic acid (IAA)
and their derivatives, GAs, cytokinins (CKs), abscisic acid (ABA), salicylic acid (SA) and
jasmonic acid (JA) that were assessed throughout the mutants and corresponding WTs
(Dataset S1), the accumulative composition of the five hormones in the sliaa9 mutant
varied from that of the sldella and sltap3 mutants (Figure 2). In contrast to WT and the
other mutants, the sliaa9 mutant pollination efficiently stimulated the increase in auxin
(IAA) after flowering; the maximum was about 3000 pmol/g FW. The levels of bioactive
GAs (GA1, GA4 and GA20) were also significantly induced (about 100 times) by sliaa9
pollination compared with others. Additionally, the accumulation configurations of trans-
zeatin content (tZ) in the mutants and WTs differed (Figure 2 and Dataset S1).
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pollination. IAA, indole-3-acetic acid; GA1, gibberellin 1; GA4, Gibberellin 4; GA20, gibberellin 20; tZ,
trans-zeatin. ND, not detected. Number of biological replicates, n = 3. Significant, * False discovery
rate (FDR) < 0.05, ** FDR < 0.005.

3.3. General Trend of the Transcriptomic and Metabolomic Changes of the Mutants

Microarray analysis, metabolite profiling and carotenoid and chlorophyll quantifi-
cation were performed to capture complete transcriptomic and metabolomic alterations
before and after anthesis of tomato fruits (Figure S1B). The 715 metabolites, including
primary metabolites, polar secondary metabolites, lipids, carotenoids and chlorophylls,
were identified or annotated in the metabolomic data (Dataset S2). Principal component
analysis (PCA) was conducted using transcript and metabolite profiles to visualize the
sample distribution (Figure 3). The profiles of the sltap3 mutant lack pollination data due
to the pollen fertility of the mutant. The PC1 direction throughout the three mutants and
WTs explained the separation in the PCA according to the developing fruit status of the
mutants and WTs and WT without pollination concerning transcript and metabolite profile
data, respectively (Figure 3).
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Figure 3. The PCA score scatter plots of transcript and metabolite profiles during early fruit develop-
ment. The PCA of the transcript levels (A) and metabolite (B) between MTJi/sliaa9 (MTJ, orange;
sliaa9, green), MTB/sldella (MTB, orange; sldella, green) and MTJ/sltap3 (MTJ, green; sltap3, orange)
at all four growth stages are shown. Number of biological replicates, n = 3 for transcriptmic data;
n = 5–6 for metabolomic data. Inverted triangle, m2; circle, 0; triangle, 2E; the cross mark, 4E; asterisk,
8E; plus, 2P; rhombus, 4P; and 4, 8P.

The transcript profiles of the sliaa9 mutant at the 0DAF stage (iaa9 0) were similar to
those before flowering (iaa9 m2) and WT before flowering (MT-J m2), although the ovary
weight of the sliaa9 mutant was higher than that of the iaa9 m2 and MT-J m2 samples. After
flowering, the sliaa9 mutant and WT profiles had advanced sequentially. The sldella mutant
demonstrated fundamental expression configurations compared with the result of the sliaa9
mutant profiles. After flowering, the expression configurations of the sldella mutant with
and without pollination showed the same pattern with WT pollination (MT-B 2P, MT-B
4P). Simultaneously, WT unpollination (MT-B 2E, MT-B 4E) was separated. In the case of
the sltap3 mutant, time course-dependent distinction was observed from the 0DAF stage
according to fruit development.

Metabolite profiles of the sliaa9 and sldella mutants at the 0DAF (iaa9 0 and della 0)
were distinguished clearly from other samples. In contrast, the sltap3 samples at the 0DAF
stage (tap3 0) were gathered with the profiles of the sltap3 mutant at -2DAF, 2DAF and
4DAF together with WT at 2DAF. Samples of the sltap3 mutant at the 8DAF stage (tap3 8)
and those of WT with pollination at 4DAF (MT-J 4P) were close to each other on the PCA
score scatter plot. The outcomes are uniform, with similar pistil weight for WT and the
sltap3 mutant (Figure 1).
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3.4. WCNA of the Transcript and Metabolite Profiles of the Mutants

To understand the responsive network structure in each tomato mutant, an unsigned
correlation network linkage was designed using the transcript and metabolite profile
data with the fast-greedy modularity optimisation algorithm (Datasets S3 and S4). As a
result, the networks had five significant modules in the transcript and metabolite networks
(Figures 4 and 5).
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Gene ontology (GO) enrichment assays using genes from each module demonstrated
that the core network was composed of developmental genes related to the photosynthesis,
cell cycle, protein kinase complex and oxidoreductase activity (Figure 4A; Dataset S3).
Photosynthesis/chloroplast was a standard module throughout the three mutants. Among
them, significantly overrepresented genes were photosynthesis-linked genes in the sliaa9
mutant network (M3). In this module, the ‘hub’ genes associated with many other nodes
in M3, including glucose-1-phosphate adenylyltransferase (77 edges), ribulose bisphosphate
carboxylase small chain 1 (73 edges), fructose-1,6-bisphosphatase 1 (71 edges), photosystem
II 22 kDa protein (70 edges), etc. (Figure 4B; Dataset S4). In the sldella mutant network,
significantly overrepresented genes were found in all four modules, particularly the cell
cycle in M2 (Figure 4A). This model demonstrated a highly interrelated hub gene of SYP111
(46 edges), cytoskeletal END BINDING PROTEIN 1C (EB1C; 43 edges), mitotic spindle
checkpoint protein MAD2 (38 edges), etc. We found many genes related to cell division
and expansion upregulation, such as cyclin A1, B2-type cyclin and cyclin B2 (Figure 4B).
Interestingly, genes such as GA20-ox1 (37 edges) and ethylene response factor 1 (63 edges)
were related to plant hormones and cell division and expansion, and genes such as auxin
responsive protein-coding genes (43 edges) for hormone-related genes were related to auxin
signalling, while cycD3 (36 edges) and expansin (33 edges) appeared as the cell division
and expansion. These also participate in the M2 module in the sldella network. The GO
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term of ‘oxidoreductase activity’ in M1 was significantly overrepresented in the sltap3
mutant linkage including a highly interrelated hub gene (Figure 4A). For instance, probable
xyloglucan endotransglucosylase (182 edges) demonstrated the most remarkable association
with another module, followed by 4-hydroxyphenylpyruvate dioxygenase (176 edges), beta-
galactosidase (171 edges), glucose-1-phosphate adenylyltransferase (159 edges), etc. Furthermore,
M1 in the sltap3 network contained gibberellin 20-oxidase-1 and expansin, essential genes in
cell proliferation and division (Figure 4B).
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In the metabolite correlation linkages of the sliaa9 and sldella mutant profiles, the
number of metabolites in each module was less than that of the sltap3 mutant (Figure 5A;
Dataset S4). The four hub metabolites (phenylalanine, tocopherol, sitosteryl linoleate
and ketopantoate) found in the sliaa9 mutant linkage in M3 can be synthesized in plastid
(Figure 5B). Glucuronic acid, which is the common precursor for arabinose, xylose, galactur-
onic acid and apiose residues found in the cell wall was connected with cell-division-related
genes in the sldella-M2 module (Figure 5B). In the sltap3 mutant linkage, galacturonic acid,
gluconic acid, glucuronic acid and saccharic acid were isolated as hub metabolites, while
proteogenic amino acids were linked with the others (Figure 5B).

3.5. Transcript Changes in Photosynthesis, Sugar Metabolism and Cell Wall Biosynthesis during
Tomato Fruit Set

WCNA can be used for obtaining clusters (modules) of highly linked genes or metabo-
lites. For example, the network assay using transcriptome data isolates a common module
‘photosynthesis’ throughout the mutant networks as a prospective specimen for partheno-
carpy. During the early formation of fruit, photosynthesis itself considerably contributes
to the organ’s metabolism and growth. Network analysis of hub genes posited that high
expression of common genes related to photosynthesis was involved in protochlorophyllide



Cells 2022, 11, 1420 10 of 19

oxidoreductase (SlNADPH), photosystem II 22 kDa protein (SlPSBS) and tetrapyrrole-binding
protein (SlGUN4) in the three mutants and WTs with pollination (Figure 6). This also relates
to other photosynthesis-related genes.
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ductase 1; SlPSBS, photosystem II 22 kDa protein; SLGUN4, tetrapyrrole-binding protein; SlSUT1, sucrose
transporter; SlFRK2, fructokinase-2; SlTOMSSF, fruit sucrose synthase; SlHB15A, SlHOMEOBOX 15A;
SlExpa5, expansin 5; SlCel7, endo-1,4-beta-D-glucanase. Number of biological replicates, n = 3.
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The levels of the four glycolysis-related genes were decreased in the unpollinated WTs
(Figure S4). In contrast, the phloem sucrose transporter 1 (SlSUT1) and tomato fructokinase-2
(SlFRK2) were abruptly increased in the three mutants and pollinated WTs from the 0DAF
stage (Figure 6). The expression level of tomato sucrose synthase (SlTOMSSF) was also
higher in the mutants than the unpollinated WTs (Figure 6). Additionally, the expression
of SlHOMEOBOX 15A (SlHB15A), which was one of the class III homeodomain-leucine
zipper gene (HD-ZIP III) transcription factors to mediate crucial developmental processes
including fruit set, demonstrated substantial downregulation after flowering except for
WTs without pollination (Figure 6) [44,45].

Cell divisions and cell-wall-related genes were upregulated at the post-flowering stage
in WTs, while their activation of some genes occurred earlier in the mutants at the flowering
stage (Figure 6). Cell-wall-related genes were significantly demonstrated in the mutants,
including expansin 5 (SlExpa5) and endo-1,4-beta-D-glucanase (Slcel7), which participated in
fruit enlargement through cell expansion. In the microarray we used for the research, there
were 83 genes involving that carbohydrate metabolic process (Dataset S5). In differentially
expressed genes linked to this process, 12 genes were discovered in each network assay of
the mutants. The expression levels of the six genes linked to sugar metabolism and cell wall
biosynthesis in the mutants and pollinated WTs were higher than those of WTs without
pollination (Figure S4).

3.6. Metabolite Correlations in Photosynthesis and Carbohydrate Metabolism and Extracted by
Network Analysis

Since the outcome of the transcript profiling indicated the alternations of photosyn-
thesis, sugar metabolism and cell wall biosynthesis, we firstly focused on metabolites
related to these metabolic events. As a result, metabolite alternations in photosynthesis
and carotenoid pathways in the sliaa9 and sldella mutants and the corresponding WTs
demonstrated a comparable trend, while those in the sltap3 mutant did not (Figure S5).

For sugar metabolism, changes in fructose and glucose showed a clear difference
between unpollinated WTs and the others (Figure 7). After flowering, the levels of these
sugars in unpollinated WTs were decreased, while the others demonstrated a significant
increase. Sucrose is a substrate for the production of fructose and glucose. As expected,
the sucrose level of unpollinated WTs was higher than the others. However, this level of
unpollinated WTs showed a similar trend, i.e., decreased after flowering (Figure 7). The
levels of metabolites produced through glycolysis (e.g., fructose-6-phosphate) remained
constant (Dataset S2). The levels of metabolites produced through glycolysis were similar
with the result of antisense of the IAA9 line described by Wang et al. (2009) [46].

In the levels of metabolites that are crucial for cell wall formation involving the cell wall
constituents and lignin biosynthesis, glucuronic acid (cell-wall component), phenylalanine,
cinnamic acid and coumaryl alcohol (lignin biosynthesis) demonstrated significant changes
(Figure 7). Alternatively, the levels of caffeic acid, ferulic acid and sinapic acid, downstream
products from cinnamic acid and flavonoids, including quercetin derivatives, did not
exhibit distinct configurations throughout all genotypes (Dataset S2). The level of shikimic
acid, which is the precursor of aromatic amino acids and phenylpropanoids, used to make
pigments, hormones and cell wall constituents, demonstrated a significant increase in the
three mutants at the 0DAF stage. However, that of WT was less. This trend was discovered
in the changes of phenylalanine (Figure 7).

The common metabolites, phenylalanine, glucuronic acid, 4-hydroxysphinganine and
two unidentified glycoalkaloids (UGAs), 6 and 9, were found throughout the three linkages.
Of these, 4-hydroxysphinganine was high in the mutants with and without pollination,
especially at the 0DAF stage (Figure 7). Similar trends were observed in unidentified
glycoalkaloids (UGAs) 6 and 9. Glycoalkaloids have been proposed to function in plant
defence against biotic threats (Figure 7). However, tomatine and tomatine derivatives,
which were not found as the common metabolites in the three mutant networks, showed
no specific patterns (Dataset S2).
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3.7. RNA-Seq Analysis of a Parthenocarpic Cultivar ‘Severianin’ Reveals the Similar Trends of
Transcript Changes Found throughout the Three Micro-Tom Mutants

Significant alternations in genes and metabolites linked to photosynthesis, sugar
metabolism and cell wall biosynthesis in the three mutants, sliaa9, sldella and sltap3, were
discovered. The mutants using a cultivar ‘Micro-Tom’ are expected to show whether
parthenocarpic cultivars show similar transcript changes during the fruit set. Thus, an
RNA-seq analysis was performed using ‘Severianin’, which demonstrates parthenocarpy
by comparing one of the common cultivars, M82. WGCNA was then conducted for genes
in the RNA-seq data. The resultant linkages had four modules (Figure 8; Dataset S4).
Of these, the GO term of M1 (cell wall) was overpresented. The linkage analysis in M1
revealed beta-galactosidase (Solyc10g055470) as a hub gene. The hub gene is one of the
crucial genes for cell wall modification enzymes in various plants, including tomatoes [47].
Additionally, two pectinesterases were found in M1 that played multiple functions involved
in cell wall metabolism. To envision transcript alternations at each time point, MapMan
analysis was performed (Figure S6). There was remarkable upregulation of genes linked to
photosynthesis and cell wall in Severianin. This pattern was comparable with transcript
alternations in the profiles of the sliaa9, sldella and sltap3 mutants, especially for emasculated
samples (Figure S6; Dataset S6).
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Figure 8. Gene regulatory networks of the parthenocarpic cultivar ‘Severianin’. The WGCNA of
clustered genes (A). Nodes and edges represent genes and co-expression configurations between
genes, respectively. The different coloured nodes show modules assassed by the fast-greedy modular-
ity optimisation algorithm (M1–M4). Selected GO terms enriched in each module (FDR < 0.05) are
represented, and the detailed results of the GO enrichment analysis are presented in Supplementary
Dataset S3. Module (B) presents the detailed network structure in M1, M2 and M4. Number of
replicates, n = 3.

4. Discussion

In this research, transcript and metabolite profiling were demonstrated to explain the
alternations occurring within the growing ovary and fruits and discriminated between the
pollination-dependent and pollination-independent fruit sets of WT and parthenocarpy
mutants. Furthermore, this examination revealed vast differences in gene expression linked
with the formative stages in tomatoes. Additionally, the fundamental reasons were that
such studies provide valuable resources for understanding how sliaa9, sldella and sltap3
impart their role(s) in gene transcription and subsequently on metabolite accumulation
and developmental procedures. Moreover, Severianin, a prominent parthenocarpic cultivar,
demonstrated a similar linkage structure compared with that of the three parthenocarpic
mutants, particularly after emasculation.

4.1. Endogenous Accumulation of IAA and Active GAs Has no Relation for Induction of
Parthenocarpy of the Mutants Lacking SlIAA9, SlDELLA and SlTAP3

Earlier research discovered that SlIAA9 and SlDELLA are two prominent genes that
participate in auxin and gibberellin, which are important for plant growth and development,
including fruit set and enlargement through cell division and cell multiplication [16,48,49].
Sliaa9 demonstrated augmented pistil enlargement compared with the mutants sldella and
sltap3 and the WT from the 0DAF stage. Corresponding levels of IAA and bioactive GAs
(GA1, GA4 and GA20) in the sliaa9 mutant with pollination were efficiently stimulated from
the 0DAF stage and after flowering, while the sldella and sltap3 mutants were not. Similar
trends were observed in the changes of active GAs throughout the three mutants (Figure 2).
The results indicate that the causality of parthenocarpy observed in the sliaa9 mutant dif-
fered from the sldella and sltap3 mutants. Mariotti et al. (2011) discovered that the level of
IAA improved after pollination for 2 days in WT [50]. With regard to the relationships be-
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tween active GA accumulation and parthenocarpy, García-Hurtado et al. (2012) discovered
that the overexpression of the citrus GA biosynthetic gene GA20-oxidase 1 (CcGA20ox1) in
tomato cv. Micro-Tom stimulated parthenocarpic fruit growth related to increased GA4
content [51]. In this research, SlGA20ox1 was upregulated in the three mutants, especially
the sliaa9 mutant with pollination (Figure S3); moreover, GA1 and GA4 and precursor
GA20 increased from the flowering stage (Figure 2). Therefore, it was assumed that high
active GA1, GA4 and precursor GA20 accumulation in an early developmental stage is
crucial for fruit set and induced fruit expansion in parthenocarpic tomato, especially the
sliaa9 mutant with pollination. It was posited that SlIAA9 influences GA biosynthesis genes
leading to cell division and multiplication. Additionally, earlier studies demonstrated that
the use of artificial plant hormones as the exogenous hormones improved parthenocarpy.
For example, 2,4-dichlorophenoxyacetic acid (2,4-D), an artificially produced plant growth
regulator with roles comparable with auxin, induced parthenocarpy in pear and stimulated
the production of bioactive GA4 fourfold (~36.101 pmol/g FW) compared with pollination
(~9.025 pmol/g FW) and induced PbGA20ox2-like and PbGA3ox-1 [52]. It posited that a
fruit stimulated by the plant growth regulator accumulates more endogenous hormones
compared with a fruit influenced by WT pollination and mutants with pollination.

Some earlier reports demonstrated that parthenocarpy can be caused throughout hor-
mone signalling, and the expression levels of auxin-signalling components AUX/IAAs and
ARF family during an early stage in the three mutants with and without pollination were
upregulated (Figure S3). ARF genes performed critical functions in early fruit development.
For instance, SlARF9 regulates cell division during early tomato fruit development [53].
ARF3 regulates developmental timing, modelling and gynecium development in Ara-
bidopsis [54]. In this study, the three mutants after flowering induced the expression of
SlARF9 and SlARF3 (Figure S3). Zhang et al. (2021) found that not only parthenocarpic
tomato ‘R35-P’ but also non-parthenocarpic tomato ‘R35-N’ exhibited the increase in IAA
content after 3DAF [55], suggesting that IAA was independent of pollination. In this study,
SlIAA3, SlIAA16, SlIAA17 and SlIAA19 were upregulated in three mutants. In contrast, the
auxin biosynthesis genes SlTAR1, ToFZY and ToFZY5 were not induced. It also suggests
that parthenocarpy caused by SlIAA9 deficiency may be due to activation of the auxin
signalling pathway.

4.2. Photosynthesis, Sugar Metabolism and Cell Wall Pathways Are Potential Candidates
Contributing Parthenocarpy in the Mutant Tomato

Earlier studies suggested that fruit photosynthesis performs an essential role in fruit
establishment, and the chloroplast numbers and cell size conformed to the induction of
genes related to photosynthesis and chloroplast biogenesis. The GUN family proteins
are localized in the chloroplast. Among them, GUN4 was upregulated, a regulator of
Mg-chelatase activity in the chlorophyll biosynthesis pathway [56]. Moreover, NADPH:
protochlorophyllide oxidoreductase catalyses the light-dependent reduction of protochloro-
phyllide in chlorophyll biosynthesis [57]. In this study, the three mutants demonstrated
significant improvements in the expression of SlNADPH, SlPSBS and SlGUN4 in ovaries
after flowering (Figure 6). Furthermore, our statistical assessment integrating network anal-
ysis discovered the activation of photosynthesis in the mutants (M3) (Figure 4). Tang et al.
(2015) reported that photosynthesis-associated genes were intensely induced during fruit
set [58]. These results reinforced the examination of chloroplast development in partheno-
carpy tomatoes and the genes required during fruit setting and transition to mature growth
in the mutants. However, chlorophylls, carotenoids and flavonoids declined after flowering
(Figure S5). The decline of these secondary metabolite contents at an early stage of develop-
ment is likely to be due to fruit cell division and multiplication due to energy flow; thus,
the accumulation of these metabolites demonstrated a slower rate relative to fruit growth.

In sugar metabolism-related genes/metabolites, the genes encoding carbohydrate ab-
sorption and sugar metabolism enzymes demonstrated increased transcripts in ovaries, e.g.,
SlSUT1, SlFRK2 and SlTOMSSF (Figure 6). To produce energy, sugars developed from
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assimilation are hydrolysed through the glycolysis and TCA cycle. WT pollination and MT
with and without pollination produced fructose and glucose after flowering, while high
production of sucrose was found in the only flowering date and decreased after flowering
(Figure 7). It suggests that the flowering stage requires sucrose as an energy source for
fruit setting. SlHB15A knockout stimulated parthenocarpy and significantly contributed
to rapid ovary growth. A kinetic model of sucrose metabolism projected that the sucrose
cycle had increased activity levels in unpollinated ovaries, while it was shut down when
sugars rapidly accumulated in vacuoles in fruit-setting ovaries [45]. Moreover, glucose-
6-phosphate and fructose-6-phosphate were produced after flowering in the pollinated
WT and the mutants (Figure 7). The sugar metabolism-related genes that demonstrated
differential expression between the mutants and the WT displayed upregulation during
the fruit set developmental process, indicating that the activation of sugar metabolism was
an essential process coupled with the induction of pollination-independent fruit set.

WCNA of transcriptome and metabolome data demonstrated that the amounts of cell
cycle and cell-wall-related genes were well associated in the three mutants. It suggests
that cell division and multiplication were critical in both types of fruit set during the
flowering-to-after-flowering transition. Several cell divisions, protein biosynthesis and
cell-wall-related genes were upregulated after flowering in the pollinated WT, while their
activation transpired earlier in the mutants at the 0DAF stage (Figure 6). Two key regulators,
CDKs and cyclins, regulate the call cycle. Fourteen cell cycle genes are positively associated
with cell multiplication during apple fruit set and development [59]. This study demon-
strated that cyclin A2, B-type cyclin, cyclin B1 and cyclin B2 were developed in the mutant
tomato (Dataset S4), suggesting that cyclins are crucial cell cycle regulators for cell division
in the three parthenocarpic mutant tomatoes. Xyloglucan endotransglucosylase/hydrolase
(XTH) enzymes plays critical roles in stimulating cell expansion by disassembling xyloglu-
can [60], and the expression of XTHs (XTH3, XTH9) and endo-xyloglucan transferase (ext)
was significantly upregulated in mutant tomato ovaries and pollinated ovaries (Figure S4).
Unlike endo-1,4-beta-D-glucanase, expansins promote the long-term extension of extracted
cell walls and expansin ability to stimulate rapid cell expansion [61,62]. In this investiga-
tion, expansin precursor 5 (SlExpa5) was upregulated in all mutants through development
(Figure 6). The high hub association for metabolites included gluconic acid, glucuronic acid
and galacturonic acid (Figure 7). These metabolites were linked to the pentose phosphate
pathway that was quantitatively a minor route of glucose metabolism and UDP-glucuronic
acid and a nucleotide sugar that was a precursor of the cell wall [63]. These outcomes
confirm that different pathways are activated in pollination and parthenocarpy tomato in
the early developmental stage.

4.3. The Proof-of-Concept Approach Could Objectively Extract the Common Genes with Similar
Behaviour in Parthenocarpic Tomato

In the MapMan analysis, the expression levels of photosynthesis-linked genes were up-
regulated in the mutants’ parthenocarpic ovaries, while Severianin ovaries and pollinated
ovaries demonstrated similar outcomes (Figures S6–S9). In genes related to photosyn-
thesis, one of the SlNADPH cording genes (Solyc12g013710) was commonly upregulated
after 0DAF in the three mutants and Severianin without pollination. SlNADPH catalyzes
the photoreduction of protochlorophyllide to chlorophyllide in higher plants [64]. The
SlNADPH are negatively regulated by zinc finger transcription factor SlZFP2 during fruit
set [65]. These suggest that the SlNADPH may have a crucial role for parthenocarpy.

SlFRK repression resulted in a decline in flower development and fruit set in tomato,
revealing its crucial role in fruit development [66]. This gene was commonly upregulated
in the parthenocarpic tomato used in the study with and without pollination (Figure 6;
Dataset S8). Shinozuki et al. (2020) discovered that the silencing of SlFRK2 repressed ovary
growth during fruit set in the sldella mutant [45], suggesting that the multi-omics approach
combined with WCNA can objectively provide candidate genes in sugar metabolism
for parthenocarpy.
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We found that the significant changes contributed to cell expansion (Figure 6). Among
them, expansin 2 (Solyc06g049050) tended to be upregulated in the mutant and Severianin
after 2DAF with and without pollination. Expansins have been regarded as the major
wall-loosening constraint causing the extension of plant cell walls. RNA-seq analysis of the
suppressed SlARF5 tomato, which induces parthenocarpy, revealed the significant change
of expansin 2 [67]. These findings suggest that there is probably a tight correlation between
cell expansion and parthenocarpy.

5. Conclusions

In this study, we conducted transcriptomic, hormonomic and metabolomic analyses
to reveal candidate genes and metabolites that may contribute to parthenocarpy using the
three well-studied mutants, i.e., tomato lacking SlIAA9, SlDELLA and SlTAP3. Specifically,
the resultant candidate genes were sought in the four modules obtained by WGCNA of
a parthenocarpic cultivar, ‘Severianin.’ As a result, several genes in the modules related
to photosynthesis, sugar metabolism and cell division were commonly observed in the
networks of the mutants as well as those of Severianin.

The integrated analysis of multi-omics and the WCNA of transcriptome and metabolome
datasets enabled us to reveal additional information necessary for biological activities rele-
vant to parthenocarpy from the tomato mutants with Severianin. Integrated omics analyses
emphasised numerous crucial genes and candidate metabolites linked to photosynthesis,
sugar metabolism and cell division in parthenocarpic tomato fruit. Understanding the reg-
ulation mechanisms of significant genes and metabolites provides us with great potential
for subsequent breeding strategies in generating new parthenocarpic tomatoes.

Supplementary Materials: The following supporting information can be downloaded at: https:
//www.mdpi.com/article/10.3390/cells11091420/s1. Dataset S1: hormonome data set of WT and
the MT tomato; Dataset S2: metabolome dataset of WT and the MT tomato; Dataset S3: gene ontology
(GO) enrichment analysis using genes in the represent modules; Dataset S4: weighted correlation
network analysis (WCNA) of the five major modules for the metabolome dataset; Dataset S5: the
83 genes involving carbohydrate metabolic process in the microarray dataset; Dataset S6: the signifi-
cant DEGs compared with Severianin and M82; Dataset S7: the DEGs of Severianin compared with
M82; Dataset S8: the metabolism overview from MapMan analysis of Severianin vs. M82 at 0DAF, 2E-
DAF and 2P-DAF. Table S1: The previous study summarised phenotypes of parthenocarpic mutants
related to SlIAA9, SlDELLA and SlTAP3. Methods S1. Metadata of multi-omics analysis. Figure S1:
Experimental design for growing conditions (A) and analysis of transcriptomic, metabolomic and
hormonome alternations. (B) Association with fruit set in the three mutants, Severianin and the
corresponding wild types; Figure S2: Accumulation patterns of the detected hormones and hormone
derivatives during fruit setting in MTJ/sliaa9, MTB/sldella and MTJ/sltap3; Figure S3: Alternations of
auxin and GA related genes during fruit setting in MTJ/sliaa9, MTB/sldella and MTJ/sltap3; Figure S4:
Alternations of the genes related to carbohydrate metabolic process during fruit set in MT and WT
with and without pollination; Figure S5: Changes of the photosynthesis- and carotenoid-related
metabolites during fruit setting in MTJ/sliaa9, MTB/sldella and MTJ/sltap3; Figure S6: MapMan visu-
alisation of DEGs in the profiles of MTJ/sliaa9 at 0DAF (A), 2E-DAF (B) and 4E-DAF (C); Figure S7:
MapMan visualisation of DEGs in the profiles of MTJ/sldella at 0DAF (A), 2E-DAF (B) and 4E-DAF
(C); Figure S8: MapMan visualisation of DEGs in the profiles of MTJ/sltap3 at 0DAF (A), 2E-DAF
(B) and 4E-DAF (C); Figure S9: MapMan visualisation of DEGs in the profiles of Severianin/M82 at
0DAF (A) and 2E-DAF (B).

Author Contributions: Conceptualisation, M.K. (Miyako Kusano), T.A. and H.E.; methodology, M.K.
(Miyako Kusano), A.F., Y.M., Y.O. (Yozo Okazaki), Y.H., R.N., M.K. (Makoto Kobayashi), T.M., T.N.,
Y.T., M.K. (Mikiko Kojima) and H.S.; sample preparation, S.H., Y.S., Y.O. (Yoshihiro Okabe) and J.K.;
data analysis, M.K. (Miyako Kusano), K.W., A.F. and K.K.; writing—original draft preparation, M.K.
(Miyako Kusano), K.W. and K.K.; writing—review and editing, M.K. (Miyako Kusano), K.W., A.F.
and K.K.; visualisation, M.K. (Miyako Kusano), K.W., A.F. and K.K.; supervision, M.K. (Miyako
Kusano); project administration, K.S. and H.E.; funding acquisition, M.K. (Miyako Kusano) and H.E.
All authors have read and agreed to the published version of the manuscript.

https://www.mdpi.com/article/10.3390/cells11091420/s1
https://www.mdpi.com/article/10.3390/cells11091420/s1


Cells 2022, 11, 1420 17 of 19

Funding: This work was partially supported by the ‘Sustainable Food Security Research Project’
in the form of an operational grant from the National University Corporation, Japan. This work
was funded by the Science and Technology Research Promotion Program for Agriculture, Forestry,
Fisheries and Food Industry, Japan, https://www.affrc.maff.go.jp/docs/e/index.htm, (accessed on
1 September 2011), grant no. 26013A to H.E.

Institutional Review Board Statement: Not applicable.

Informed Consent Statement: Not applicable.

Data Availability Statement: Microarray datasets used in the study were deposited to NCBI GEO
(accession GSE179122). All short-read data are available for download at the DDBJ Sequence Read Archive
under accession number DRA012573. All data are included in the article and supporting information.

Acknowledgments: We would like to thank Kouji Takano (RIKEN) for sample preparation and his
technical support of lipid analysis. We also thank Minoru Suzuki (RIKEN) for LC-q-TOF-MS analysis.
We are grateful to Per Jonsson and Hans Stenlund of Umeå University (Sweden) and Thomas Moritz
of the Swedish Metabolomics Centre for providing the customised software for pretreatment of gas
chromatography-mass spectrometry data. We acknowledge Enago for English language review.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Ficcadenti, N.; Sestili, S.; Pandolfini, T.; Cirillo, C.; Rotino, G.L.; Spena, A. Genetic engineering of parthenocarpic fruit development

in tomato. Mol. Breed. 1999, 5, 463–470. [CrossRef]
2. Acciarri, N.; Restaino, F.; Vitelli, G.; Perrone, D.; Zottini, M.; Pandolfini, T.; Spena, A.; Rotino, G.L. Genetically modified partheno-

carpic eggplants: Improved fruit productivity under both greenhouse and open field cultivation. BMC Biotechnol. 2002, 2, 4.
[CrossRef] [PubMed]

3. Serrani, J.C.; Fos, M.; Atarés, A.; García-Martínez, J.L. Effect of gibberellin and auxin on parthenocarpic fruit growth induction in
the cv Micro-Tom of tomato. J. Plant Growth Regul. 2007, 26, 211–221. [CrossRef]

4. De Jong, M.; Mariani, C.; Vriezen, W.H. The role of auxin and gibberellin in tomato fruit set. J. Exp. Bot. 2009, 60, 1523–1532.
[CrossRef]

5. Gorguet, B.; Van Heusden, A.W.; Lindhout, P. Parthenocarpic fruit development in tomato. Plant Biol. 2005, 7, 131–139. [CrossRef]
[PubMed]

6. Blanvillain, R.; Delseny, M.; Gallois, P.; Varoquaux, F. Less is better: New approaches for seedless fruit production. Trends
Biotechnol. 2000, 18, 233–242. [CrossRef]

7. Serrani, J.C.; Ruiz-Rivero, O.; Fos, M.; García-Martínez, J.L. Auxin-induced fruit-set in tomato is mediated in part by gibberellins.
Plant J. 2008, 56, 922–934. [CrossRef]

8. Schijlen, E.G.W.M.; De Vos, C.H.R.; Martens, S.; Jonker, H.H.; Rosin, F.M.; Molthoff, J.W.; Tikunov, Y.M.; Angenent, G.C.; Van
Tunen, A.J.; Bovy, A.G. RNA interference silencing of chalcone synthase, the first step in the flavonoid biosynthesis pathway,
leads to parthenocarpic tomato fruits. Plant Physiol. 2007, 144, 1520–1530. [CrossRef]

9. Molesini, B.; Pandolfini, T.; Rotino, G.L.; Dani, V.; Spena, A. Aucsia gene silencing causes parthenocarpic fruit development in
tomato. Plant Physiol. 2009, 149, 534–548. [CrossRef]

10. Rojas-Gracia, P.; Roque, E.; Medina, M.; Rochina, M.; Hamza, R.; Angarita-Díaz, M.P.; Moreno, V.; Pérez-Martín, F.; Lozano, R.;
Cañas, L.; et al. The parthenocarpic hydra mutant reveals a new function for a SPOROCYTELESS-like gene in the control of fruit
set in tomato. New Phytol. 2017, 214, 1198–1212. [CrossRef]

11. Gustafson, F.G. The cause of natural parthenocarpy. Am. J. Bot. 1939, 26, 135–138. [CrossRef]
12. Hu, J.; Israeli, A.; Ori, N.; Sun, T.P. The interaction between DELLA and ARF/IAA mediates crosstalk between gibberellin and

auxin signaling to control fruit initiation in tomato. Plant Cell 2018, 30, 1710–1728. [CrossRef]
13. Srivastava, A.; Handa, A.K. Hormonal regulation of tomato fruit development: A molecular perspective. J. Plant Growth Regul.

2005, 24, 67–82. [CrossRef]
14. Bassel, G.W.; Mullen, R.T.; Bewley, J.D. Procera is a putative DELLA mutant in tomato (Solanum lycopersicum): Effects on the seed

and vegetative plant. J. Exp. Bot. 2008, 59, 585–593. [CrossRef]
15. Audran-Delalande, C.; Bassa, C.; Mila, I.; Regad, F.; Zouine, M.; Bouzayen, M. Genome-wide identification, functional analysis

and expression profiling of the Aux/IAA gene family in Tomato. Plant Cell Physiol. 2012, 53, 659–672. [CrossRef]
16. Wang, H.; Jones, B.; Li, Z.; Frasse, P.; Delalande, C.; Regad, F.; Chaabouni, S.; Latché, A.; Pech, J.C.; Bouzayen, M. The tomato

Aux/IAA transcription factor IAA9 is involved in fruit development and leaf morphogenesis. Plant Cell 2005, 17, 2676–2692.
[CrossRef]

17. Yoshida, H.; Hirano, K.; Sato, T.; Mitsuda, N.; Nomoto, M.; Maeo, K.; Koketsu, E.; Mitani, R.; Kawamura, M.; Ishiguro, S.; et al.
DELLA protein functions as a transcriptional activator through the DNA binding of the INDETERMINATE DOMAIN family
proteins. Proc. Natl. Acad. Sci. USA 2014, 111, 7861–7866. [CrossRef]

https://www.affrc.maff.go.jp/docs/e/index.htm
http://doi.org/10.1023/A:1009665409959
http://doi.org/10.1186/1472-6750-2-4
http://www.ncbi.nlm.nih.gov/pubmed/11934354
http://doi.org/10.1007/s00344-007-9014-7
http://doi.org/10.1093/jxb/erp094
http://doi.org/10.1055/s-2005-837494
http://www.ncbi.nlm.nih.gov/pubmed/15822008
http://doi.org/10.1016/s0167-7799(00)01448-7
http://doi.org/10.1111/j.1365-313X.2008.03654.x
http://doi.org/10.1104/pp.107.100305
http://doi.org/10.1104/pp.108.131367
http://doi.org/10.1111/nph.14433
http://doi.org/10.1002/j.1537-2197.1939.tb12880.x
http://doi.org/10.1105/tpc.18.00363
http://doi.org/10.1007/s00344-005-0015-0
http://doi.org/10.1093/jxb/erm354
http://doi.org/10.1093/pcp/pcs022
http://doi.org/10.1105/tpc.105.033415
http://doi.org/10.1073/pnas.1321669111


Cells 2022, 11, 1420 18 of 19

18. Carrera, E.; Ruiz-Rivero, O.; Peres, L.E.P.; Atares, A.; Garcia-Martinez, J.L. Characterization of the procera tomato mutant shows
novel functions of the SlDELLA protein in the control of flower morphology, cell division and expansion, and the auxin-signaling
pathway during fruit-set and development. Plant Physiol. 2012, 160, 1581–1596. [CrossRef]

19. Martí, C.; Orzáez, D.; Ellul, P.; Moreno, V.; Carbonell, J.; Granell, A. Silencing of DELLA induces facultative parthenocarpy in
tomato fruits. Plant J. 2007, 52, 865–876. [CrossRef]

20. Livne, S.; Lor, V.S.; Nir, I.; Eliaz, N.; Aharoni, A.; Olszewski, N.E.; Eshed, Y.; Weiss, D. Uncovering DELLA-independent gibberellin
responses by characterizing new tomato procera mutants. Plant Cell 2015, 27, 1579–1594. [CrossRef]

21. Honma, T.; Goto, K. Complexes of MADS-box proteins are sufficient to convert leaves into floral organs. Nature 2001, 409, 525–529.
[CrossRef] [PubMed]

22. Pelaz, S.; Ditta, G.S.; Baumann, E.; Wisman, E.; Yanofsky, M.F. B and C floral organ identity functions require SEPALLATTA
MADS-box genes. Nature 2000, 405, 200–203. [CrossRef] [PubMed]

23. Vrebalov, J.; Ruezinsky, D.; Padmanabhan, V.; White, R.; Medrano, D.; Drake, R.; Schuch, W.; Giovannoni, J. A MADS-box gene
necessary for fruit ripening at the tomato ripening-inhibitor (rin) locus. Science 2002, 296, 343–346. [CrossRef] [PubMed]

24. Molesini, B.; Dusi, V.; Pennisi, F.; Pandolfini, T. How hormones and mads-box transcription factors are involved in controlling
fruit set and parthenocarpy in tomato. Genes 2020, 11, 1441. [CrossRef] [PubMed]

25. Ampomah-Dwamena, C.; Morris, B.A.; Sutherland, P.; Veit, B.; Yao, J.L. Down-regulation of TM29, a tomato SEPALLATA
homolog, causes parthenocarpic fruit development and floral reversion. Plant Physiol. 2002, 130, 605–617. [CrossRef]

26. De Martino, G.; Pan, I.; Emmanuel, E.; Levy, A.; Irish, V.F. Functional analyses of two tomato APETALA3 genes demonstrate
diversification in their roles in regulating floral development. Plant Cell 2006, 18, 1833–1845. [CrossRef]

27. Okabe, Y.; Yamaoka, T.; Ariizumi, T.; Ushijima, K.; Kojima, M.; Takebayashi, Y.; Sakakibara, H.; Kusano, M.; Shinozaki, Y.;
Pulungan, S.I.; et al. Aberrant Stamen Development is Associated with Parthenocarpic Fruit Set Through Up-Regulation of
Gibberellin Biosynthesis in Tomato. Plant Cell Physiol. 2019, 60, 38–51. [CrossRef]

28. Vardy, E.; Lapushner, D.; Genizi, A.; Hewitt, J. Genetics of parthenocarpy in tomato under a low temperature regime: II Cultivar
‘Severianin’. Euphytica 1989, 41, 9–15. [CrossRef]

29. Lin, S.; Splittstoesser, W.E.; George, W.L. Factors controlling the expression of parthenocarpy in ‘Severianin’ tomato. Sci. Hortic.
1983, 19, 45–53. [CrossRef]

30. Lin, S.; George, W.L.; Splittstoesser, W.E. Expression and inheritance of parthenocarpy in ‘severianin’ tomato. J. Hered. 1984, 75,
62–66. [CrossRef]

31. Fos, M.; Nuez, F.; García-Martínez, J.L. The gene pat-2, which induces natural parthenocarpy, alters the gibberellin content in
unpollinated tomato ovaries. Plant Physiol. 2000, 122, 471–479. [CrossRef] [PubMed]

32. Arbona, V.; Manzi, M.; de Ollas, C.; Gómez-Cadenas, A. Metabolomics as a tool to investigate abiotic stress tolerance in plants.
Int. J. Mol. Sci. 2013, 14, 4885–4911. [CrossRef] [PubMed]

33. Nakabayashi, R.; Saito, K. Integrated metabolomics for abiotic stress responses in plants. Curr. Opin. Plant Biol. 2015, 24, 10–16.
[CrossRef]

34. Flis, A.; Mengin, V.; Ivakov, A.A.; Mugford, S.T.; Hubberten, H.M.; Encke, B.; Krohn, N.; Höhne, M.; Feil, R.; Hoefgen, R.; et al.
Multiple circadian clock outputs regulate diel turnover of carbon and nitrogen reserves. Plant Cell Environ. 2019, 42, 549–573.
[CrossRef]

35. Kusano, M.; Fukushima, A.; Tabuchi-Kobayashi, M.; Funayama, K.; Kojima, S.; Maruyama, K.; Yamamoto, Y.Y.; Nishizawa, T.;
Kobayashi, M.; Wakazaki, M.; et al. Cytosolic glutamine synthetase1;1 modulates metabolism and chloroplast development in
ROOTs1[open]. Plant Physiol. 2020, 182, 1894–1909. [CrossRef]

36. Kojima, M.; Kamada-Nobusada, T.; Komatsu, H.; Takei, K.; Kuroha, T.; Mizutani, M.; Ashikari, M.; Ueguchi-Tanaka, M.; Matsuoka,
M.; Suzuki, K.; et al. Highly sensitive and high-throughput analysis of plant hormones using ms-probe modification and liquid
chromatographytandem mass spectrometry: An application for hormone profiling in oryza sativa. Plant Cell Physiol. 2009, 50,
1201–1214. [CrossRef]

37. Maruyama, K.; Urano, K.; Yoshiwara, K.; Morishita, Y.; Sakurai, N.; Suzuki, H.; Kojima, M.; Sakakibara, H.; Shibata, D.; Saito,
K.; et al. Integrated analysis of the effects of cold and dehydration on rice metabolites, phytohormones, and gene transcripts.
Plant Physiol. 2014, 164, 1759–1771. [CrossRef]

38. Todaka, D.; Zhao, Y.; Yoshida, T.; Kudo, M.; Kidokoro, S.; Mizoi, J.; Kodaira, K.S.; Takebayashi, Y.; Kojima, M.; Sakakibara, H.; et al.
Temporal and spatial changes in gene expression, metabolite accumulation and phytohormone content in rice seedlings grown
under drought stress conditions. Plant J. 2017, 90, 61–78. [CrossRef]

39. Fukushima, A.; Kuroha, T.; Nagai, K.; Hattori, Y.; Kobayashi, M.; Nishizawa, T.; Kojima, M.; Utsumi, Y.; Oikawa, A.; Seki, M.; et al.
Metabolite and phytohormone profiling illustrates metabolic reprogramming as an escape strategy of deepwater rice during
partially submerged stress. Metabolites 2020, 10, 68. [CrossRef]

40. Urano, K.; Maruyama, K.; Ogata, Y.; Morishita, Y.; Takeda, M.; Sakurai, N.; Suzuki, H.; Saito, K.; Shibata, D.; Kobayashi, M.; et al.
Characterization of the ABA-regulated global responses to dehydration in Arabidopsis by metabolomics. Plant J. 2009, 57,
1065–1078. [CrossRef]

41. Diretto, G.; Al-Babili, S.; Tavazza, R.; Scossa, F.; Papacchioli, V.; Migliore, M.; Beyer, P.; Giuliano, G. Transcriptional-metabolic
networks in β-carotene-enriched potato tubers: The long and winding road to the golden phenotype. Plant Physiol. 2010, 154,
899–912. [CrossRef] [PubMed]

http://doi.org/10.1104/pp.112.204552
http://doi.org/10.1111/j.1365-313X.2007.03282.x
http://doi.org/10.1105/tpc.114.132795
http://doi.org/10.1038/35054083
http://www.ncbi.nlm.nih.gov/pubmed/11206550
http://doi.org/10.1038/35012103
http://www.ncbi.nlm.nih.gov/pubmed/10821278
http://doi.org/10.1126/science.1068181
http://www.ncbi.nlm.nih.gov/pubmed/11951045
http://doi.org/10.3390/genes11121441
http://www.ncbi.nlm.nih.gov/pubmed/33265980
http://doi.org/10.1104/pp.005223
http://doi.org/10.1105/tpc.106.042978
http://doi.org/10.1093/pcp/pcy184
http://doi.org/10.1007/BF00022405
http://doi.org/10.1016/0304-4238(83)90043-2
http://doi.org/10.1093/oxfordjournals.jhered.a109867
http://doi.org/10.1104/pp.122.2.471
http://www.ncbi.nlm.nih.gov/pubmed/10677440
http://doi.org/10.3390/ijms14034885
http://www.ncbi.nlm.nih.gov/pubmed/23455464
http://doi.org/10.1016/j.pbi.2015.01.003
http://doi.org/10.1111/pce.13440
http://doi.org/10.1104/pp.19.01118
http://doi.org/10.1093/pcp/pcp057
http://doi.org/10.1104/pp.113.231720
http://doi.org/10.1111/tpj.13468
http://doi.org/10.3390/metabo10020068
http://doi.org/10.1111/j.1365-313X.2008.03748.x
http://doi.org/10.1104/pp.110.159368
http://www.ncbi.nlm.nih.gov/pubmed/20671108


Cells 2022, 11, 1420 19 of 19

42. Osorio, S.; Alba, R.; Nikoloski, Z.; Kochevenko, A.; Fernie, A.R.; Giovannoni, J.J. Integrative comparative analyses of transcript
and metabolite profiles from pepper and tomato ripening and development stages uncovers species-specific patterns of network
regulatory behavior. Plant Physiol. 2012, 159, 1713–1729. [CrossRef] [PubMed]

43. Ichihashi, Y.; Date, Y.; Shino, A.; Shimizu, T.; Shibata, A.; Kumaishi, K.; Funahashi, F.; Wakayama, K.; Yamazaki, K.; Umezawa,
A.; et al. Multi-omics analysis on an agroecosystem reveals the significant role of organic nitrogen to increase agricultural crop
yield. Proc. Natl. Acad. Sci. USA 2020, 117, 14552–14560. [CrossRef] [PubMed]

44. Xu, Q.; Li, R.; Weng, L.; Sun, Y.; Li, M.; Xiao, H. Domain-specific expression of meristematic genes is defined by the LITTLE
ZIPPER protein DTM in tomato. Commun. Biol. 2019, 2, 134. [CrossRef]

45. Shinozaki, Y.; Beauvoit, B.P.; Takahara, M.; Hao, S.; Ezura, K.; Andrieu, M.H.; Nishida, K.; Mori, K.; Suzuki, Y.; Kuhara, S.; et al.
Fruit setting rewires central metabolism via gibberellin cascades. Proc. Natl. Acad. Sci. USA 2020, 117, 23970–23981. [CrossRef]
[PubMed]

46. Wang, H.; Schauer, N.; Usadel, B.; Frasse, P.; Zouine, M.; Hernould, M.; Latché, A.; Pech, J.C.; Fernie, A.R.; Bouzayena, M.
Regulatory features underlying pollination-dependent and-independent tomato fruit set revealed by transcript and primary
metabolite profiling. Plant Cell 2009, 21, 1428–1452. [CrossRef]

47. Smith, D.L.; Gross, K.C. A family of at least seven β-galactosidase genes is expressed during tomato fruit development. Plant
Physiol. 2000, 123, 1173–1183. [CrossRef]

48. Fuentes, S.; Ljung, K.; Sorefan, K.; Alvey, E.; Harberd, N.P.; Østergaard, L. Fruit growth in Arabidopsis occurs via DELLA-
dependent and DELLA-independent gibberellin responses. Plant Cell 2012, 24, 3982–3996. [CrossRef]

49. Bu, H.; Yu, W.; Yuan, H.; Yue, P.; Wei, Y.; Wang, A. Endogenous auxin content contributes to larger size of apple Fruit. Front. Plant
Sci. 2020, 11, 592540. [CrossRef] [PubMed]

50. Mariotti, L.; Picciarelli, P.; Lombardi, L.; Ceccarelli, N. Fruit-set and early fruit growth in tomato are associated with increases in
indoleacetic acid, cytokinin, and bioactive gibberellin contents. J. Plant Growth Regul. 2011, 30, 405–415. [CrossRef]

51. García-Hurtado, N.; Carrera, E.; Ruiz-Rivero, O.; López-Gresa, M.P.; Hedden, P.; Gong, F.; García-Martínez, J.L. The characteriza-
tion of transgenic tomato overexpressing gibberellin 20-oxidase reveals induction of parthenocarpic fruit growth, higher yield,
and alteration of the gibberellin biosynthetic pathway. J. Exp. Bot. 2012, 63, 5803–5813. [CrossRef] [PubMed]

52. Cong, L.; Yue, R.; Wang, H.; Liu, J.; Zhai, R.; Yang, J.; Wu, M.; Si, M.; Zhang, H.; Yang, C.; et al. 2,4-D-induced parthenocarpy in
pear is mediated by enhancement of GA4 biosynthesis. Physiol. Plant. 2019, 166, 812–820. [CrossRef] [PubMed]

53. De Jong, M.; Wolters-Arts, M.; Schimmel, B.C.J.; Stultiens, C.L.M.; De Groot, P.F.M.; Powers, S.J.; Tikunov, Y.M.; Bovy, A.G.;
Mariani, C.; Vriezen, W.H.; et al. Solanum lycopersicum AUXIN RESPONSE FACTOR 9 regulates cell division activity during
early tomato fruit development. J. Exp. Bot. 2015, 66, 3405–3416. [CrossRef]

54. Liu, X.; Dinh, T.T.; Li, D.; Shi, B.; Li, Y.; Cao, X.; Guo, L.; Pan, Y.; Jiao, Y.; Chen, X. AUXIN RESPONSE FACTOR 3 integrates the
functions of AGAMOUS and APETALA2 in floral meristem determinacy. Plant J. 2014, 80, 629–641. [CrossRef]

55. Zhang, S.; Gu, X.; Shao, J.; Hu, Z.; Yang, W.; Wang, L.; Su, H.; Zhu, L. Auxin metabolism is involved in fruit set and early fruit
development in the parthenocarpic tomato “R35-P”. Front. Plant Sci. 2021, 12, 671713. [CrossRef]

56. Larkin, R.M. Tetrapyrrole signaling in plants. Front. Plant Sci. 2016, 7, 1586. [CrossRef]
57. Masuda, T.; Fusada, N.; Oosawa, N.; Takamatsu, K.i.; Yamamoto, Y.Y.; Ohto, M.; Nakamura, K.; Goto, K.; Shibata, D.; Shirano, Y.

Functional analysis of isoforms of NADPH: Protochlorophyllide oxidoreductase (POR), PORB and PORC, in Arabidopsis thaliana.
Plant Cell Physiol. 2003, 44, 963–974. [CrossRef]

58. Tang, N.; Deng, W.; Hu, G.; Hu, N.; Li, Z. Transcriptome profiling reveals the regulatory mechanism underlying pollination
dependent and parthenocarpic fruit set mainly mediated by auxin and gibberellin. PLoS ONE 2015, 10, e0125355. [CrossRef]

59. Malladi, A.; Johnson, L.K. Expression profiling of cell cycle genes reveals key facilitators of cell production during carpel
development, fruit set, and fruit growth in apple (Malus×domestica Borkh.). J. Exp. Bot. 2011, 62, 205–219. [CrossRef]

60. Atkinson, R.G.; Johnston, S.L.; Yauk, Y.K.; Sharma, N.N.; Schröder, R. Analysis of xyloglucan endotransglucosylase/hydrolase
(XTH) gene families in kiwifruit and apple. Postharvest Biol. Technol. 2009, 51, 149–157. [CrossRef]

61. Cosgrove, D.J. Diffuse growth of plant cell walls. Plant Physiol. 2018, 176, 16–27. [CrossRef] [PubMed]
62. Kende, H.; Bradford, K.J.; Brummell, D.A.; Cho, H.T.; Cosgrove, D.J.; Fleming, A.J.; Gehring, C.; Lee, Y.; McQueen-Mason, S.;

Rose, J.K.C.; et al. Nomenclature for members of the expansin superfamily of genes and proteins. Plant Mol. Biol. 2004, 55,
311–314. [CrossRef] [PubMed]

63. Klinghammer, M.; Tenhaken, R. Genome-wide analysis of the UDP-glucose dehydrogenase gene family in Arabidopsis, a key
enzyme for matrix polysaccharides in cell walls. J. Exp. Bot. 2007, 58, 3609–3621. [CrossRef] [PubMed]

64. Runge, S.; Sperling, U.; Frick, G.; Apel, K.; Armstrong, G.A. Distinct roles for light-dependent NADPH: Protochlorophyllide
oxidoreductases (POR) A and B during greening in higher plants. Plant J. 1996, 9, 513–523. [CrossRef] [PubMed]

65. Weng, L.; Zhao, F.; Li, R.; Xu, C.; Chen, K.; Xiao, H. The zinc finger transcription factor SlZFP2 negatively regulates abscisic acid
biosynthesis and fruit ripening in tomato. Plant Physiol. 2015, 167, 931–949. [CrossRef] [PubMed]

66. Odanaka, S.; Bennett, A.B.; Kanayama, Y. Distinct physiological roles of fructokinase isozymes revealed by gene-specific
suppression of Frk1 and Frk2 expression in tomato. Plant Physiol. 2002, 129, 1119–1126. [CrossRef] [PubMed]

67. Liu, S.; Zhang, Y.; Feng, Q.; Qin, L.; Pan, C.; Lamin-Samu, A.T.; Lu, G. Tomato AUXIN RESPONSE FACTOR 5 regulates fruit set
and development via the mediation of auxin and gibberellin signaling. Sci. Rep. 2018, 8, 2971. [CrossRef]

http://doi.org/10.1104/pp.112.199711
http://www.ncbi.nlm.nih.gov/pubmed/22685169
http://doi.org/10.1073/pnas.1917259117
http://www.ncbi.nlm.nih.gov/pubmed/32513689
http://doi.org/10.1038/s42003-019-0368-8
http://doi.org/10.1073/pnas.2011859117
http://www.ncbi.nlm.nih.gov/pubmed/32883877
http://doi.org/10.1105/tpc.108.060830
http://doi.org/10.1104/pp.123.3.1173
http://doi.org/10.1105/tpc.112.103192
http://doi.org/10.3389/fpls.2020.592540
http://www.ncbi.nlm.nih.gov/pubmed/33519848
http://doi.org/10.1007/s00344-011-9204-1
http://doi.org/10.1093/jxb/ers229
http://www.ncbi.nlm.nih.gov/pubmed/22945942
http://doi.org/10.1111/ppl.12835
http://www.ncbi.nlm.nih.gov/pubmed/30203555
http://doi.org/10.1093/jxb/erv152
http://doi.org/10.1111/tpj.12658
http://doi.org/10.3389/fpls.2021.671713
http://doi.org/10.3389/fpls.2016.01586
http://doi.org/10.1093/pcp/pcg128
http://doi.org/10.1371/journal.pone.0125355
http://doi.org/10.1093/jxb/erq258
http://doi.org/10.1016/j.postharvbio.2008.06.014
http://doi.org/10.1104/pp.17.01541
http://www.ncbi.nlm.nih.gov/pubmed/29138349
http://doi.org/10.1007/s11103-004-0158-6
http://www.ncbi.nlm.nih.gov/pubmed/15604683
http://doi.org/10.1093/jxb/erm209
http://www.ncbi.nlm.nih.gov/pubmed/18057039
http://doi.org/10.1046/j.1365-313X.1996.09040513.x
http://www.ncbi.nlm.nih.gov/pubmed/8624514
http://doi.org/10.1104/pp.114.255174
http://www.ncbi.nlm.nih.gov/pubmed/25637453
http://doi.org/10.1104/pp.000703
http://www.ncbi.nlm.nih.gov/pubmed/12114566
http://doi.org/10.1038/s41598-018-21315-y

	Introduction 
	Materials and Methods 
	Plant Materials and Growth Conditions 
	Microarray Analysis 
	Metabolomic Profiling Analysis 
	RNA-Seq Analysis 
	Weighted Correlation Network Analysis (WCNA) of Transcriptome and Metabolome Datasets 
	Data Analysis 

	Results 
	Comparison of Ovary/Fruit Development of WT and the Mutants during Early Fruit Set 
	Plant Hormone Accumulation Patterns during Fruit Set in WT and the Mutants with and without Pollination 
	General Trend of the Transcriptomic and Metabolomic Changes of the Mutants 
	WCNA of the Transcript and Metabolite Profiles of the Mutants 
	Transcript Changes in Photosynthesis, Sugar Metabolism and Cell Wall Biosynthesis during Tomato Fruit Set 
	Metabolite Correlations in Photosynthesis and Carbohydrate Metabolism and Extracted by Network Analysis 
	RNA-Seq Analysis of a Parthenocarpic Cultivar ‘Severianin’ Reveals the Similar Trends of Transcript Changes Found throughout the Three Micro-Tom Mutants 

	Discussion 
	Endogenous Accumulation of IAA and Active GAs Has no Relation for Induction of Parthenocarpy of the Mutants Lacking SlIAA9, SlDELLA and SlTAP3 
	Photosynthesis, Sugar Metabolism and Cell Wall Pathways Are Potential Candidates Contributing Parthenocarpy in the Mutant Tomato 
	The Proof-of-Concept Approach Could Objectively Extract the Common Genes with Similar Behaviour in Parthenocarpic Tomato 

	Conclusions 
	References

