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Abstract: Cell-based impedance spectroscopy (CBI) is a powerful tool that uses the principles
of electrochemical impedance spectroscopy (EIS) by measuring changes in electrical impedance
relative to a voltage applied to a cell layer. CBI provides a promising platform for the detection of
several properties of cells including the adhesion, motility, proliferation, viability and metabolism
of a cell culture. This review gives a brief overview of the theory, instrumentation, and detection
principles of CBI. The recent applications of the technique are given in detail for research into cancer,
neurodegenerative diseases, toxicology as well as its application to 2D and 3D in vitro cell cultures.
CBI has been established as a biophysical marker to provide quantitative cellular information,
which can readily be adapted for single-cell analysis to complement the existing biomarkers for
clinical research on disease progression.

Keywords: cell-based impedance; cell culture; electrochemical impedance spectroscopy;
high-throughput screening

1. Introduction

The process of cell culturing involves the removal of the cells of interest from their host
organism, inoculating the cells in an artificial environment, and allowing them to propagate in vitro,
until confluency is reached [1]. The process is referred to as “culturing” because after the point of
confluency, the cells can be passed and further propagated into future cell lines [1]. Most commonly,
cell cultures are used to study cell development, differentiation and propagation as well as genetic
manipulation with viral particles and production of biological agents such as vaccines and therapeutic
proteins for drug screening and toxicity testing [1–4]. Cell cultures can either be grown in a suspension,
(non-adherent cell lines such as hematopoietic and adipose cells), or on a surface/substrate (adherent
cell lines). Generally, adherent cell cultures can be either two-dimensional (2D), in which the cells
are inoculated on a petri dish and allowed to grow until confluency in which a monolayer is formed,
or three-dimensional (3D), in which the cells are grown on or embedded in a polymeric gel which
mimics the extracellular matrix and allowed to grow until confluency [3,4]. Although 3D cell cultures
are better models for in vivo cell to cell communication 2D cell cultures are still widely used today due
to the relative ease of conducting high-throughput screening (HTS) on them [3,5–7], although progress
is still being made to apply HTS to 3D cultures [8–10].

There are several manual techniques used to assay cell cultures, including hemocytometers to count
the number of live versus dead cells [11], phase contrast microscopy to visualize cell structures [12,13],
as well as using a light microscope in combination with cell staining [14–16] or confocal microscopy
to get high resolution images [17–19]. Although these assays are well established, they are generally
labor-intensive and time consuming [20]. Furthermore, several automated assays have also been
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developed that use spectrophotometric plate readers in combination with various dyes to measure
specific cell properties such as cell proliferation [14,19], DNA quantification [21,22], and myogenic
cell differentiation [23]. These staining techniques have the advantage of being rapid and reliable;
however, for each property to be studied, a specific stain is required, which ends up consuming
several resources [20]. Other automated assays that exist include electronic cell counting using a
Coulter counter (which is also based on impedimetric principles), as well as flow cytometry, which can
rapidly and reliably count and separate marked cells [19,24,25]. However, these two aforementioned
techniques require cells to be in a suspension form [20]. Furthermore, although these assays are well
established, they have some limitations. They generally are time consuming, need labeling, and most
importantly, these techniques are destructive, and cells need to be sacrificed; therefore, their application
is mostly limited to 2D in vitro systems.

Cell-based impedance (CBI) (also known as electrochemical cell–substrate impedance
spectroscopy) is an assay that uses the principles of electrochemical impedance spectroscopy (EIS)
to measure the dielectric properties of a cell culture. These properties can be used to monitor cell
proliferation, metabolism, and viability [26,27]. In principle, any cell type can be studied using CBI,
whether they form adherent cell cultures (i.e., cell cultures that are fixed on a substrate), or suspended
cell cultures. Furthermore, the technique has proven to be a powerful one to monitor the cell behavior in
both 2D and 3D cell culture systems using suspended or adherent cells as the technique is nondestructive
and can be used further study cells using other assays such as staining [27,28].

Herein, we review recent advancements in CBI-based technology by focusing on their applications
for adherent cell lines. First, the theory of EIS is briefly discussed along with the instrumentation that
is commonly used. This is followed by in-depth demonstrations of CBI in the context of areas such as
cancer, neurogenerative diseases, toxicology, as well as applications to 3D cell cultures by providing
some examples from the recent literature. Finally, we discuss the improvements that have been made
in recent years in the field of CBI.

2. Instrumentation and Detection Principle of CBI

In terms of commercially available CBI instruments, only two manufacturers currently mass
produce the product. Applied Biophysics (Troy, NY, USA) produces the ECISTM system, which was
developed by Giaever and Keese in 1993 [29], and measures frequencies between 25 Hz–100 kHz.
ACEA Biosciences (San Diego, CA, USA) manufactures xCelligenceTM, although it operates using the
principles of EIS, uses a specific parameter termed Cell Index, which reported the measured resistance
of the adherent cells. Cell index (CI) is defined as:

CI = max
i=1,...,N

(
Rcell( fi)
R0( fi)

− 1)

where Rcell(fi) and R0(fi) represent the frequency-dependent resistance of the medium in the presence
and absence of cells, respectively, and N is number of frequency points for which resistance is measured
(usually N = 3 for 10, 25, and 50 kHz) [30,31]. Although commercial CBI instruments are available,
researchers have designed and fabricated various CBI detection platforms that were tailored for specific
applications [28,32,33]. This technology could become one of the essential instruments in cell culture
laboratories in the near future.

The instrumentation and the principals of the CBI technology were described in detail by several
articles [27,34–38]. Here, we give an overview of the detection principal of the CBI technique. In CBI,
the cell culture acts as the primary transducer by which the impedance signal is generated. Cells are
cultured on a substrate comprised of an insulating material which is typically glass as it minimizes
noise, and a conductive material which is the electrode [39].

A typical fabrication of this substrate is shown in Figure 1. On a glass surface, a 30 nm layer
of Cr is sputtered (Figure 1a) followed by a 300-nm-thick layer of Au (Figure 1b), which acts as the
electrode. Au is typically used as it is compatible with nanofabrication techniques and can be easily
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modified [39] (other conductive materials can be used as the electrode material including indium
tin oxide [40], Pt [41] and Ni [42]). The Au/Cr layer is subsequently photoetched into interdigitated
electrodes (Figure 1c,d). The Au layer can then be further chemically modified depending on the
particular sensing needs of the experiment.
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Figure 1. A typical fabrication procedure of the sensing substrate used in cell-based impedance (CBI)
set up. (a) the glass surface is coated by 30 nm layer of Cr; (b) followed by a 300-nm layer of Au;
(c) and (d) Au/Cr layer is subsequently photoetched into interdigitated electrodes. Adapted from
Wang et al. [43] under a Creative Commons Attribution License.

Figure 2 illustrates the detection principles of CBI [41]. Initially, the cells are deposited in the
culture medium in which the electrode substrate sits. The cells then gradually diffuse onto the surface
of the electrode and attach to the substrate resulting in a sharp increase in impedance. Initially,
the area of contact between the cells and the electrode is small; however, as the cells start to enter
the adhesion phase, the cytoskeletons rearrange, and the cell shapes change from spherical to an
irregular polygon until the cells are completely attached [36]. Given that the cell membrane is relatively
insulating (see next section), as the cells adhere more to the surface, the impedance measured from the
electrode gradually increases due to the current passing through the cells being hindered. Once the
cells begin to proliferate on the surface of the electrode, the impedance measured will further increase
due to the increasing insulating material on the surface of the electrode. At this point, once the
cells form a monolayer over the substrate, drug screening or toxicity experiments can be performed
while monitoring the changes in impedance. As the growth space is limited and the nutrients in the
medium are depleted, the cells will begin to undergo apoptosis and detach from the surface of the
electrode, and the measured impedance will then begin to decrease (not shown in figure). As a result,
the processes of adhesion, spreading, proliferation and apoptosis can be detected using CBI [36].

CBI provides the advantages of applying rapid, label-free, non-destructive and sensitive
measurements of cells with quantitative results in real time [27,29]. Furthermore, cell cultures
analyzed with CBI can be subsequently used for other assays such as staining techniques or drug
assays [27,29,41]. Another important advantage of CBI is that the experimental results obtained from
drug screening and toxicity studies are readily transferrable toward high-throughput screening of drug
candidates [41]. However, CBI also presents some limitations, such as the necessity of growing cells on
a conductive substrate, which may not be feasible for certain types of cells that would require special
conditions for growth. Furthermore, CBI lacks special resolution, which prevents the study of many
intracellular processes, although some progress in overcoming this limitation has been made in the
past decade [42,44]. Additionally, some intracellular processes generate too low of an impedimetric
signal to be detected by conventional CBI instruments, in which case CBI should be coupled with
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other more sensitive techniques such as fluorescence microscopy [32,41,44]. Lastly, there is a significant
demand for the development of standard protocols such that data obtained from independent research
groups can be archived and shared. One way to improve this is to collect raw impedimetric data into a
library for certain cell types/cell processes [32,41].
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3. Theory of Electrochemical Impedance Spectroscopy for Cell Analysis

In EIS, a frequency-dependent signal in the form of an AC voltage U(jω) is applied to the electrode.
The resulting current I(jω) is measured and the impedance is defined as follows [26,36]:

Z( jω) =
U( jω)
I( jω)

= ZRE + jZIM

where j2 is −1, ω is angular frequency, Z is the complex impedance, ZRE is the real component of the
impedance (also known as the resistance), and ZIM is the imaginary component of the impedance
(also known as the reactance). The absolute value of the impedance is hence given by [26,36]:

|Z| =
√
(ZRE)

2 + (ZIM)2

Given this, the phase shift (ψ) between the current and voltage can be calculated as follows
(Figure 3) [36]:

ψ = arctan
ZIM

ZRE

As shown in Figure 3, the real component of the impedance describes the energy dissipation of the
current as it travels through the material, while the imaginary component of the impedance represents
the dielectric capacitance and the induction of the system. The phase shift is therefore dependent on
the magnitude of the real and imaginary components of impedance.
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Impedance measurements can be represented as either a Bode plot (Figure 4A,B) in which ZRE
or ZIM is plotted versus the log of the frequency range measured, or a Nyquist plot (Figure 4C) in
which ZRE is plotted against ZIM. As mentioned previously, the real and imaginary impedance vary
depending on the frequency applied, hence a range of frequencies is typically swept.
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Given that the impedance of a system depends on the applied frequency, generally a range
of frequencies are scanned. In the case of CBI, the frequency ranges swept tend to be between
10 Hz–100 kHz as Arndt et al. [45] showed by monitoring the apoptosis induced changes in cell shape
that the impedance measured at frequencies below this range was due to the electrode/electrolyte
interaction and the impedance measured outside of this range was due to the sum of the contributions
from the culture medium, the constriction resistance of the working electrode, and the wiring of the
system (Figure 5) [34,45]. Hence, the impedance measured outside of the 10 Hz–100 kHz range was
independent of the cell properties.
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The most commonly accepted equivalent circuit model of biological cells is the “single shell”,
which simplifies the components of a cell and assumes that the cytoplasm is a conductive sphere
encapsulated by a non-conductive sphere which is the lipid-bilayer (Figure 6A) [26,34,46,47]. It is
worth noting that this model only applies to animal cells, since bacteria and plant cells possess an
additional cell wall and hence, the model needs to be modified to take that into consideration [35].

Using this model, the complex permittivity of the cell can be derived using Maxwell’s mixture
theory [34]:

εcell = εmem
ρ3 + 2

(
εct−εm
εct+2εm

)
ρ3 −

(
εct−εm
εct+2εm

)
where ρ = R

R−d , εcell, εmem, εct, and εm represent the complex permittivity of the cell, membrane,
cytoplasm and medium, respectively. R is the radius of the cell and d is the length of the lipid, where
σmem, σct, and σm represent the conductance of the membrane, cytoplasm and medium, respectively.

Both the conductivity and permeability of the cell can be assumed to be of the same order of
magnitude as the surrounding growth medium. However, given that the lipid bilayer acts as an
insulator, the permeability and conductance of the membrane will be significantly smaller than that of
the cytoplasm such that εm << εct and σm << σct. Indeed, it has been reported that the conductance of
the membrane and cytoplasm typically measure at 0.3 mS/cm2 and 0.005 S/cm2, respectively, while the
specific capacitance of the membrane measures at 1 µF/cm2 [34,48]. Only in the case of cell death when
the cell membrane begins to form porous structures would εm and σm approach the values of εct and
σct, respectively [26].
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Since the study of conductance and permeability require complex mathematical equations as
shown above, electrochemists prefer to lump these parameters together. For example, conductance can
be considered as resistance (R), as follows:

|ZRE| = R |ZIM| = 0

Additionally, permeability can be considered as capacitance using the following equations:

|ZRE| = 0 |ZIM| =
1

j2π f C

where f is the frequency applied and C is the capacitance.

4. Applications

CBI techniques can be used in a wide range of research fields for various applications. In this
section, we provide an outlook into the recent advances of CBI applications in research efforts towards
cancer, neurodegenerative diseases, and toxicity as well as discussing the ability of the CBI system
to evaluate the 2D and 3D in vitro models. Other important applications of the CBI techniques have
been discussed by Benson et al. [49]. The CBI system can also be used as a tomography sensor for
cell imaging [50–53]. Combining CBI with microfluidic systems and flow cytometry provided the
development of miniaturized devices for automated bioanalysis [54–60]. Although these devices may
be far from high throughput applications, they have the advantages of simplicity, low sample size that
make them valuable tools for fundamental and applied research.

4.1. Cancer Research

Cancer is one of the leading causes of death worldwide, with a rapid incidence and mortality
growth [61,62]. Given that more than a million new cancer cases are diagnosed each year, there is
an emerging need for developing early diagnostic tools and effective therapeutic strategies. In vitro
studies are in the forefront of drug design and they are considered as an essential part of cancer
research [63,64]. Studying cell behavior not only provides valuable information about drug potency
and efficacy but is also critically important to investigate drug resistance [64,65]. In vitro studies are
also performed to investigate cell migration and invasion, which are significantly implicated in cancer
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metastasis [66–68]. Therefore, it is crucial to use accurate and reliable techniques to study cell behavior
in cancer research. The combination of advanced cell analysis techniques with in vitro cancer models
that mimic the in vivo pathological conditions is a key for successful therapeutic strategies. There is
growing interest in using CBI instruments due to their advantages and ability to perform real-time
label-free analysis [27,34,38,69,70]. In the last few years, several novel strategies have been introduced
to study cancer cell behavior using the CBI [52,71–75].

Wang and coworkers [76] introduced an impedance sensor for real-time cell viability analysis
in a 3D in vitro model called 3D electric cell/matrigel-substrate impedance sensing (3D-ECMIS). The
3D-ECMIS was fabricated with eight individual sensor channels. Each channel contained a pair of
gold electrodes, a culture chamber, and a glass substrate (Figure 7). To perform the analysis, an
initial potential of 30 mV was applied to the electrodes and the impedance was measured in the
range of 0.1–50 kHz every 10 min for 96 h. They examined the anticancer activity of three different
drugs (ovarian/breast anti-cancer drug, Taxol; broad-spectrum anti-cancer drug, cisplatin; and liver
anti-cancer drug, sorafenib) using the 3D in vitro model of human hepatoma cells (HepG2) which were
encapsulated in a matrigel scaffold. They showed that the developed impedance sensor can be used to
improve the accuracy of drug screening in cancer research [76].Micromachines 2020, 11, x 9 of 25 
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Wang and coworkers [71] also developed a multi-dimensional microgroove impedance sensor
(MGIS) for real-time analysis. A silicon wafer was used to fabricate the MGIS with a gold electrode.
The MGIS was utilized for high-throughput pharmacokinetic analysis of drug candidates for lung
cancer. They used a 3D in vitro model of lung cancer to improve the predictability and reduce the
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false positive results of drug testing. The developed MGIS was tested using adenocarcinomic human
alveolar basal epithelial cells (A549), human hepatoma cells (HepG2), and Madin–Darby canine
kidney cells (MDCK) that were encapsulated in matrigel to provide a 3D in vitro system. They used
cisplatin to evaluate the drug efficacy as well as testing drug synergy using equimolar of cisplatin
with gemcitabine and cisplatin with pemetrexed. They validated the MGIS performance by testing
its stability, electrical properties, reproducibility, and long-term reliability [71]. Seidel et al. [73]
also proposed a multidimensional impedance platform to test anticancer activity in a single and
combination treatment for melanoma cancer. They used tissue derived from a patient to develop
2D and 3D cell culture model for melanoma cancer. The efficacy and pharmacokinetics of different
anticancer drugs against the melanoma cells were tested using the developed sensor, which was a
multielectrode and microcavity-based multidimensional impedance platform. Impedance spectra were
recorded before and after drug treatment between 5 kHz and 5 MHz. The results were compared with
adenosine triphosphate (ATP) cell viability bioassay, to evaluate the performance of the developed
sensor (Figure 8) [73].Micromachines 2020, 11, x 10 of 25 
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Figure 8. Comparison of the results obtained from the impedance sensor and the Adenosine triphosphate
(ATP) assay. The serine/threonine-protein kinase B-Raf (BRAF) inhibitor vemurafenib was applied
to 2D mutated melanoma in vitro models. (A) Fluorescence images of the melanoma cells with and
without treatment with vemurafenib. (B) Normalized concentration-response curves, (C) efficacy
plotted over time, and (D) potency plotted over time obtained from the impedance sensor (black line)
and ATP assay (gray line). Reprinted from Seidel et al. [73] with permission from Elsevier.

The cost of CBI devices can be reduced using a paper substrate to fabricate the impedance sensor.
Lei et al. [77] reported a simple and cost-effective paper-based impedance sensor (Figure 9) that was
developed to test the chemosensitivity of hepatoma cells in a 3D in vitro system [77]. The developed
sensor was fabricated with paper and glass substrates. A 2 × 4 array of 6 mm diameter circles was
drawn on a regular filter paper using a solid wax printer. The wax on the paper was fully melted to
provide a hydrophobic barrier, which provided microwells for the cell culture. The glass substrate was
used for the three-electrode impedimetric setup, and standard microfabrication was used to fabricate
a Cr/Au working electrode. Then, the paper substrate was mounted on the glass substrate for cell
viability analysis by measuring impedance between 0.1 to 100 kHz with an electric potential of 0.1 Vrms,
which was reported harmless to the cells. The 3D in vitro model was developed by encapsulating the
cells in 0.5% agarose hydrogel. The biosensor was used to evaluate the effect of two anticancer drugs
(doxorubicin and etoposide) against Huh7 and Hep-G2 hepatoma cell lines. The results showed that
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doxorubicin was a stronger anticancer agent compared to etoposide, and Huh7 cells had a higher drug
resistance than the Hep-G2 hepatoma cells [77].
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Figure 9. Schematic procedure of fabrication of the paper-based CBI sensor. Reprinted from Li et al. [77]
with permission from Elsevier.

Adcock et al. [78] applied a real-time cell impedance sensing (RT-CES) device to show the potential
of CBI systems in personalized medicine. To prove the concept, six different chemotherapeutic drugs
were tested against three prostate cancer cell lines and a normal prostate cell line. Cell viability was
monitored during the time after treatment with the different drugs to identify the most potent drug for
each type of cancer cells, which did not indicate any drug resistance for the tested anticancer drugs [78].

Several studies showed the capability of CBI systems to differentiate cancer cells using different
designs [53,79,80]. A microfluidic impedance system was designed to detect leukemia cells, which
showed the ability to differentiate red blood cells from the leukemia cells. The geometry of the
microchannels, as well as conductivity of the carrier solution, excitation voltage, and particle size,
were optimized to improve the precision and sensitivity of the microfluidic system [79]. The authors
claimed that this cost-effective and reusable device could be used as a high throughput technique to
diagnose leukemia and other hematological diseases like malaria and anemia [79]. Fing et al. [53] also
developed a microfluidic system, which was a combination of impedance flow cytometry (IFC) and
EIS to differentiate three different cancer cell lines including HeLa, A549, and HepG2. They tested the
performance of IFC and EIS individually as well as in the combination setup, which showed the system
with the combination of IFC and EIS had a higher efficiency than each individual technique. In the
combined device, cells were passed by the IFC and trapped by the EIS part of the system. The authors
showed the ability of IFC to classify HeLa, A549, and HepG2 when compared to microbeads as the
reference group (Figure 10). Their results showed that at 1 MHz frequency the overall impedance was
dominated by size and electrical property of the single cells, which allowed the system to differentiate
the cell types [53]. Another study demonstrated the ability of a novel microfluidic impedance device
to differentiate cancer cells, bead-cell aggregates, and bare magnetic beads [80]. The multi-frequency
microfluidic impedance cytometry device was fabricated with two gold electrodes on a glass wafer
substrate and polydimethyl siloxane micro-channels, which were combined with an immuno-magnetic
separation technique. The device was capable of quantitatively detecting 1.5 million cells/mL, which
could be used to detect dissociated cancer cells obtained from a tissue biopsy. However, the detection
limit of the developed device was not enough for detecting circulating tumor cells in blood [80].
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Figure 10. (A) Schematic diagram of the microchip structure depicting the cells passing/trapping
for impedance flow cytometry (IFC)/ electrochemical impedance spectroscopy (EIS)sensing. Cells
would pass through the IFC channel and then be trapped in the EIS site. (B) The dynamic response of
EIS-based impedance magnitude and phase when the flow rate was kept as 10 nL/min for a while and
then increased to 10 µL/min (f = 1 MHz). (C) The average impedance magnitudes of HepG2, A549,
HeLa cells and 6 µm beads, showing significant difference (p < 0.001). (D) The impedance magnitudes
of cells and beads exhibit Gaussian distribution in population. Reprinted from Feng et al. [53] with
permission from American Chemical Society.

Cancer metastasis is an important field in cancer research, in which detached circulating tumor cells
(CTCs) spread to new areas of the body through the lymph system or blood stream resulting in metastatic
tumors [81,82]. A recent publication reported the development of a disposable microfluidic impedance
device with two constriction channels and embedded electrodes that detected and enumerated cancer
cells in the blood [83]. CTCs found in the blood play an important role in cancer metastasis and
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the formation of the secondary tumors. CTCs also can be used for diagnosis and monitoring the
cancer progress. Ghassemi et al. [84] used the developed microfluidic impedance device to provide
information about the biophysical characteristics of breast and prostate cancer cells. They detected and
differentiated breast and prostate cancer cells that were spiked into murine blood [83]. Cell migration,
which is an important factor that could initiate the cancer metastasis, could be monitored by CBI
techniques as well. A 96-well high-density microelectrode array for impedimetric analysis of breast
cancer cell line and two malignant melanoma cell lines were employed to study cell migration [72].
The results obtained from the impedimetric data were also supported by microscopy imaging and
transwell assays [72]. Nguyen et al. [54] designed an electrical cell-substrate impedance sensing (ECIS)
chip using the Boyden chamber design to study the kinetics of migration and invasion of single cancer
cells. The designed chip consisted of three main parts: microelectrode arrays (MEAs), cell capture
arrays (CCAs), and a microfluidic channel with an inlet and an outlet (Figure 11). The injected cells
were hydrodynamically trapped by the CCAs in a 2D or 3D scaffold for the real-time study of cell
behavior by MEAs. The impedance measurements were performed with an alternating voltage of
10 mV between a frequency range of 100 to 106 Hz. The real-time analysis was carried out at 4 kHz with
an alternating voltage of 10 mV. The authors claimed that the rapid variation of impedance magnitude
can be correlated with cell migration. The ability of the designed chip to monitor cell migration was
tested using a 3D model of two different breast cancer cell lines (MDA-MB-231 and MCF-7). It was
shown that while impedance remained stable for MCF-7, the impedance decreased during the time
when MDA-MB-231 was mounted on the chip, which indicated that MCF-7 was less metastatic than
MDA-MB-231 cells [54].
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(b) Cross-sectional view of the MFC with a mechanism of passive pumping. (c) A V-shaped structure for
single cell trapping. Reprinted from Nguyen et al. [54] with permission from American Chemical Society.
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4.2. Neurodegenerative Diseases

Compared to the cancer research, there is less reported research that utilizes CBI devices to study
neuron behavior and neurodegenerative diseases. These few studies demonstrated the capability of
the CBI devices to monitor the behavior of neurons in physiological and pathogenically conditions
using 2D and 3D in vitro models [84–91].

One of the early studies that showed the capability of using CBI devices in neurodegenerative
research was performed by Robitzki and coworkers [85]. They used a multielectrode array (MEA) with
60 square-like indium tin oxide (ITO) electrodes to study the differentiation of human neuroblastoma
SH-SY5Y cells. They investigated the effect of staurosporine, a kinase inhibitor, on differentiated
neuronal phenotype. The results obtained from the device was correlated with common bioassays
such as western blot and immunocytochemistry analysis [85].

Tau hyperphosphorylation has been the subject of numerous researchers due to its implication
to a group of neurodegenerative diseases called tauopathies [92,93]. A real-time EIS system with
a multielectrode array was applied to monitor retrograde neurite degeneration in tauopathies by
inducing tau hyperphosphorylation [84]. The ESI system was fabricated with 60 nanocolumnar
structured titanium nitride electrodes in an 8 × 8 grid platform, which was coated with nitrocellulose.
To mimic the pathogenic condition, tau hyperphosphorylation was induced in hippocampal slices,
originated from Sprague Dawley rat pups, using okadaic acid. The experiments were performed after
five days culturing at 37 ◦C in a humidified atmosphere in a closed chamber. The impedance spectra
were recorded by applying an alternating voltage of 10 mV in a frequency range from 500 Hz to 5 MHz
every 15 min using at least 30 electrodes. The results obtained from this study indicated that neurite
degeneration consisted of two separate phases, in which the relative impedance measured was above
the control level in the first phase while in the second phase, the relative impedance measured declined
below the control levels. Furthermore, ESI experiments indicated that both degeneration phases
could be prevented by suppressing tau hyperphosphorylation using a kinase inhibitor. This study
illustrated the potential application of CBI devices to investigate the molecular mechanism of tau-based
therapeutic approaches in Alzheimer’s disease [84].

The CBI system was also used to study the neural signals using an in vitro model [87,88].
Zuo et al. [87] designed a multiple microelectrode array, with 105 electrodes, to stimulate and record
the extracellular neural signals of mouse brain slices. The electrodes were manually penetrated into the
brain slices to record the neural field potential of the tissue [87]. Recently, a diamond 3D microelectrode
array, with a hexagonal shape and high electrode density was developed for neuronal stimulation.
An in vitro model of rat retina was used to test the performance of the device, which showed that the
3D diamond electrodes could provide a localized stimulation of retinal ganglion cells [88].

A recent work by Soscia et al. [86] reported the first attempt to monitor a 3D co-culture in vitro
model of the brain using a 3D flexible microelectrode array (3DMEA). Figure 12 illustrates different
parts of the designed 3DMEA, which consisted of 10 probes, 80 electrodes, and 256 channels. Each probe
fabricated with 8 electrodes on a glass substrate (Figure 12F). The fabricated device was integrated into
a standard commercially available electrophysiology hardware. To test the 3DMEA, human induced
pluripotent stem cell (hiPSC)-derived neurons and astrocytes were co-cultured and encapsulated in
collagen-based hydrogel inside the 3DMEA chamber. The cell behavior in the 3D co-cultured system
was monitored for 45 days to study the electrophysiological characterization of 3D networks of hiPSCs
and astrocytes [86]. The presented 3DMEA had the potential to be tailored for a 3D in vitro model
of different neurodegenerative diseases with a vast range of applications. In addition, as the authors
suggested, resolution of the system could be improved by increasing the electrode density, which
might also provide better coverage of the 3D neuronal network. We envisage that this study may open
a new direction to study the neurodegenerative diseases using 3D in vitro co-culture models.
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4.3. Toxicity Research

Toxic side effects are an important part of the drug design that need to be investigated for any
drug candidates [94,95]. CBI devices are powerful tools to study the toxicity and the side effects of the
drug candidates using in vitro models [96,97]. A study by Gu et al. [96] investigated the short and
long term drug-induced cardiac side-effects of nifedipine and vinblastine using a cardiac muscle cell
line (HL-1). Vinblastine is a chemotherapeutic medication for many types of cancer, which inhibits
cell proliferation. While nifedipine, which is an inhibitor of L-type voltage-gated calcium channels,
widely prescribed to manage high blood pressure. Figure 13 illustrates the workflow of this study,
which started by obtaining a primary culture of HL-1 cardiac muscle cells from a mouse model and
continued by monitoring the cell viability using impedance and long-term electrophysiology recording
platform. The drug-induced cardiac side-effects were evaluated based on the cell viability, cell index
(CI), and electrophysiological activities of the HL-1 cells, which indicated that vinblastine induced
short-term side effects by reducing the cell viability to 20%, while cell viability after treatment with
nifedipine was more than 80% compared to the control samples [96].

Kustermann et al. [98] proposed an impedance-based approach to differentiate cytostatic from
cytotoxic drugs by studying the kinetic effects of the drugs on a NIH 3T3 fibroblast cell line (NIH 3T3)
using a commercial CBI device over 5 days. The CI obtained from the impedance correlated with
cytotoxicity and cell proliferation. The authors proposed an algorithm to differentiate cytostatic,
cytotoxic and non-toxic compounds based on the shape of the impedance spectrum. They applied
their approach to evaluate 37 compounds [98].

Gassar et al. [99] introduced a novel approach, which combined EIS and data analysis to provide
a toxin map (Figure 14). They designed a non-contact multi-electrode array, which could be assembled
in a standard culture plate for real-time analysis of cytotoxicity. The performance of the device was
tested by monitoring the cytotoxicity of three different compounds (dimethyl sulphoxide, saponin,
and cadmium chloride) against endothelial cells (ECV304). Figure 14 shows the toxin maps of these
compounds, which were obtained from EIS measurements over 18 h. The significant differences in
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the toxin maps emphasized the differences between the toxicity effects of these three compounds
on the endothelial cells. The authors suggested that these toxin maps could be correlated with
morphological and physiological changes in the cells due to the different mechanism of the toxicity of
each compound [99].

Micromachines 2020, 11, x 16 of 25 

 

 

Figure 13. Schematic diagram of the drug-induced cardiac side-effect assessment platform with the 
CBI system and long-term electrophysiology recording platform. Reprinted from Gu et al. [96] with 
permission from Royal Society of Chemistry. 

Kustermann et al. [98] proposed an impedance-based approach to differentiate cytostatic from 
cytotoxic drugs by studying the kinetic effects of the drugs on a NIH 3T3 fibroblast cell line (NIH 
3T3) using a commercial CBI device over 5 days. The CI obtained from the impedance correlated with 
cytotoxicity and cell proliferation. The authors proposed an algorithm to differentiate cytostatic, 
cytotoxic and non-toxic compounds based on the shape of the impedance spectrum. They applied 
their approach to evaluate 37 compounds [98]. 

Gassar et al. [99] introduced a novel approach, which combined EIS and data analysis to provide 
a toxin map (Figure 14). They designed a non-contact multi-electrode array, which could be 
assembled in a standard culture plate for real-time analysis of cytotoxicity. The performance of the 
device was tested by monitoring the cytotoxicity of three different compounds (dimethyl sulphoxide, 
saponin, and cadmium chloride) against endothelial cells (ECV304). Figure 14 shows the toxin maps 
of these compounds, which were obtained from EIS measurements over 18 h. The significant 
differences in the toxin maps emphasized the differences between the toxicity effects of these three 
compounds on the endothelial cells. The authors suggested that these toxin maps could be correlated 
with morphological and physiological changes in the cells due to the different mechanism of the 
toxicity of each compound [99]. 

Figure 13. Schematic diagram of the drug-induced cardiac side-effect assessment platform with the
CBI system and long-term electrophysiology recording platform. Reprinted from Gu et al. [96] with
permission from Royal Society of Chemistry.

Micromachines 2020, 11, x 17 of 25 

 

 
Figure 14. Toxin map of endothelial cells (ECV304) response to (A) dimethyl sulphoxide, (B) saponin, 
and (C) cadmium chloride treatment during 24 h at the frequency range 400–2400 kHz. Reprinted 
from Gasser et al. [99] with permission from Elsevier. 

4.4. 2D and 3D In Vitro Studies 

Although 2D cell culture is a well-established approach, which has been widely used for more 
than hundred years in many areas of research, it does not accurately represent the biological 
environment of cells in the tissue [4,100]. 3D cell cultures overcome the limitation of the 2D in vitro 
model by providing a more reliable environment that mimics the cell behavior in tissues. In the 3D 
in vitro model, cells grow in all directions into an extracellular matrix or artificial hydrogel, which 
allows for cell-to-cell communication that is more comparable to the in vivo environment [4,100]. 
Compared to 2D cell cultures, 3D in vitro models provided better cell differentiation, realistic 
proliferation rates, gene/protein expression, and an accurate response to drug and mechanical 
stimulation, which might improve the rate of success in animal studies for drug screening [4,100]. 
Even though the number of publications on the 3D in vitro models dramatically increased in the last 
decade, challenges in applying the common bioassays limits its application. There is a limitation to 
taking images with an inverted microscope due to the 3D nature of the cells. Although a confocal 
microscope provides 3D images, it remains challenging when cells are embedded in a thick gel which 
would destructively interfere with light. Application of spectroscopic techniques are limited since 
detaching the cells from the gel and labelling them with a fluorophore remain challenging. Also, the 
gel may interfere with the spectroscopic measurements. The non-destructive nature of the CBI makes 
this technique an ideal strategy to study the 3D cell models. Moreover, the real-time analysis of CBI 
sensors will be a great asset since the 3D models are expensive to develop, and for most of the 
common bioassays, cells need to be sacrificed [35,37,101]. Gerasimenk et al. [35] provided an 
overview of the CBI setup for the 3D in vitro systems and discussed the advantages of this technique 
for real time analysis. Challenges to apply CBI technique for analyzing 3D in vitro systems were 
discussed by De León and colleagues [37]. They emphasized the importance of the electrodes in the 

Figure 14. Toxin map of endothelial cells (ECV304) response to (A) dimethyl sulphoxide, (B) saponin,
and (C) cadmium chloride treatment during 24 h at the frequency range 400–2400 kHz. Reprinted from
Gasser et al. [99] with permission from Elsevier.



Micromachines 2020, 11, 590 16 of 23

4.4. 2D and 3D In Vitro Studies

Although 2D cell culture is a well-established approach, which has been widely used for more than
hundred years in many areas of research, it does not accurately represent the biological environment
of cells in the tissue [4,100]. 3D cell cultures overcome the limitation of the 2D in vitro model by
providing a more reliable environment that mimics the cell behavior in tissues. In the 3D in vitro
model, cells grow in all directions into an extracellular matrix or artificial hydrogel, which allows for
cell-to-cell communication that is more comparable to the in vivo environment [4,100]. Compared to
2D cell cultures, 3D in vitro models provided better cell differentiation, realistic proliferation rates,
gene/protein expression, and an accurate response to drug and mechanical stimulation, which might
improve the rate of success in animal studies for drug screening [4,100]. Even though the number
of publications on the 3D in vitro models dramatically increased in the last decade, challenges in
applying the common bioassays limits its application. There is a limitation to taking images with an
inverted microscope due to the 3D nature of the cells. Although a confocal microscope provides 3D
images, it remains challenging when cells are embedded in a thick gel which would destructively
interfere with light. Application of spectroscopic techniques are limited since detaching the cells from
the gel and labelling them with a fluorophore remain challenging. Also, the gel may interfere with the
spectroscopic measurements. The non-destructive nature of the CBI makes this technique an ideal
strategy to study the 3D cell models. Moreover, the real-time analysis of CBI sensors will be a great
asset since the 3D models are expensive to develop, and for most of the common bioassays, cells need
to be sacrificed [35,37,101]. Gerasimenk et al. [35] provided an overview of the CBI setup for the 3D
in vitro systems and discussed the advantages of this technique for real time analysis. Challenges to
apply CBI technique for analyzing 3D in vitro systems were discussed by De León and colleagues [37].
They emphasized the importance of the electrodes in the CBI setup, in which the electrodes should not
disturb the 3D cell culture system in order to provide a real-time quantitative analysis.

Pan et al. [71] compared the 2D and 3D in vitro models for drug screening using a designed
CBI system. They evaluated the cytotoxic effects of cisplatin as well as in combination with
gemcitabine/pemetrexed against a lung cancer cell line (A549). Figure 15 illustrates the real-time
monitoring of these evaluations for 2D (Figure 15A,C) and 3D (Figure 15B,D) in vitro systems.
The significant differences in the kinetics and profile effects of 2D and 3D models emphasized the
differences between the two models. While the 2D model showed the cytotoxic effects of cisplatin alone
and in combination with two other drugs after 24 h, no effects were observed until 4 days after the
treatment in 3D in vitro model. Notably, the 3D in vitro model was able to differentiate the different
concentrations of cisplatin (Figure 15B) as well as differentiating between combination treatments
(Figure 15D) [71].

Robitzki and coworkers [73,102] also reported on the differences between 2D and 3D in vitro models
in two different studies, in which both studies showed a meaningful difference in the pharmacokinetics
of the tested drug. In one of their studies, the cytotoxicity of the BRAF inhibitor vemurafenib was tested
against melanoma 2D and 3D models using a multidimensional impedance platform [73]. Their results
indicated meaningful differences in efficacy and potency of the vemurafenib obtained from these
two in vitro models. They also evaluated the cytotoxicity of three drugs (vincristine, doxorubicin,
and etoposide) against SH-SY5Y (neuroblastoma) cells, T98G, and U138MG (human glioblastoma)
cells using a 96-well multielectrode array-based impedimetric platform [102]. The experiments were
performed on both the 2D and 3D in vitro models of the cells. Figure 15 shows the real-time monitoring
of the cytotoxicity of the three tested drugs. While there were meaningful differences in the cytotoxicity
profile of cells between 2D and 3D SH-SY5Y in vitro models, the differences for the T98G cells were
negligible (Figure 16) [102].
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5. Conclusions

In conclusion, this review article detailed the theory and recent applications of CBI for research
in the areas of cancer, neurodegenerative diseases, toxicology, as well as its applications to both
2D and 3D in vitro cultures. CBI is rapidly becoming an established approach to non-destructively
evaluate and perform the quality control of cell cultures with quantitative and sensitive data that can
be easily adapted for single-cell analysis. CBI also provides complementary information for label-free
phenotypic assays when combined with in vitro disease models. However, some limitations remain to
be solved such as the challenges of growing the cells on a conductive substrate and the lack of spatial
resolution. This technique is used in a widespread of applications to analyze the effects of various
therapeutic agents, nanoparticles and toxins for the pharmaceutical and environmental studies.

Author Contributions: “Conceptualization, Q.H., S.A. and K.K.; writing—original draft preparation, Q.H. and
S.A.; writing—review and editing, Q.H., S.A. and K.K.; supervision, K.K.; project administration, K.K.; funding
acquisition, K.K. All authors have read and agreed to the published version of the manuscript.”

Funding: This work was supported by the Canada Research Chair Tier-2 award to K. Kerman for
“Bioelectrochemistry of Proteins” (project no. 950-231116), the Ontario Ministry of Research and Innovation
(Project no. 35272), Discovery Grant (project no. 3655) from the Natural Sciences and Engineering Research
Council of Canada (NSERC), and the Canada Foundation for Innovation (project no. 35272).

Conflicts of Interest: The authors declare no conflict of interest.

References

1. Hudu, S.A.; Alshrari, A.S.; Syahida, A.; Sekawi, Z. Cell Culture, Technology: Enhancing the Culture of
Diagnosing Human Diseases. J. Clin. Diagnostic Res. 2016, 10, DE01–DE05. [CrossRef] [PubMed]

2. Arango, M.-T.; Quintero-Ronderos, P.; Castiblanco, J.; Montoya-Ortíz, G. Autoimmunity from Bench to Bedside;
El Rosario University Press: Bogota, Colombia, 2013; ISBN 9789587383669.

3. Langhans, S.A. Three-dimensional in vitro cell culture models in drug discovery and drug repositioning.
Front. Pharmacol. 2018, 9, 1–14. [CrossRef] [PubMed]

4. Jensen, C.; Teng, Y. Is It Time to Start Transitioning From 2D to 3D Cell Culture? Front. Mol. Biosci. 2020, 7,
1–15. [CrossRef] [PubMed]

5. Alkhilaiwi, F.; Paul, S.; Zhou, D.; Zhang, X.; Wang, F.; Palechor-Ceron, N.; Wilson, K.; Guha, R.; Ferrer, M.;
Grant, N.; et al. High-throughput screening identifies candidate drugs for the treatment of recurrent
respiratory papillomatosis. Papillomavirus Res. 2019, 8, 100181. [CrossRef] [PubMed]

6. Chen, Y.; Liu, L.; Shan, X.; Du, G.; Zhou, J.; Chen, J. High-Throughput Screening of a 2-Keto-L-Gulonic
Acid-Producing Gluconobacter oxydans Strain Based on Related Dehydrogenases. Front. Bioeng. Biotechnol.
2019, 7, 1–9. [CrossRef]

7. Kohara, H.; Bajaj, P.; Yamanaka, K.; Miyawaki, A.; Harada, K.; Miyamoto, K.; Matsui, T.; Okai, Y.; Wagoner, M.;
Shinozawa, T. High-throughput screening to evaluate inhibition of bile acid transporters using human
hepatocytes isolated from chimeric mice. Toxicol. Sci. 2020, 173, 347–361. [CrossRef]

8. Liao, W.; Wang, J.; Xu, J.; You, F.; Pan, M.; Xu, X.; Weng, J.; Han, X.; Li, S.; Li, Y.; et al. High-throughput
three-dimensional spheroid tumor model using a novel stamp-like tool. J. Tissue Eng. 2019, 10. [CrossRef]

9. Ock, J.; Li, W. A high-throughput three-dimensional cell culture platform for drug screening. Bio-Design Manuf.
2020, 3, 40–47. [CrossRef]

10. Kenny, H.A.; Lal-Nag, M.; Shen, M.; Kara, B.; Nahotko, D.A.; Wroblewski, K.; Fazal, S.; Chen, S.; Chiang, C.Y.;
Chen, Y.J.; et al. Quantitative high-throughput screening using an organotypic model identifies compounds
that inhibit ovarian cancer metastasis. Mol. Cancer Ther. 2020, 19, 52–62. [CrossRef]

11. Chen, C.; Li, J.; Micko, C.J.; Pierce, G.F.; Cunningham, M.R.; Lumsden, A.B. Cytotoxic effects of basic FGF
and heparin binding EGF conjugated with cytotoxin saporin on vascular cell cultures. J. Surg. Res. 1998, 75,
35–41. [CrossRef]

12. Magun, R.; Boone, D.L.; Tsang, B.K.; Sorisky, A. The effect of adipocyte differentiation on the capacity of
3T3-L1 cells to undergo apoptosis in response to growth factor deprivation. Int. J. Obes. 1998, 22, 567–571.
[CrossRef] [PubMed]

http://dx.doi.org/10.7860/JCDR/2016/15837.7460
http://www.ncbi.nlm.nih.gov/pubmed/27134874
http://dx.doi.org/10.3389/fphar.2018.00006
http://www.ncbi.nlm.nih.gov/pubmed/29410625
http://dx.doi.org/10.3389/fmolb.2020.00033
http://www.ncbi.nlm.nih.gov/pubmed/32211418
http://dx.doi.org/10.1016/j.pvr.2019.100181
http://www.ncbi.nlm.nih.gov/pubmed/31446060
http://dx.doi.org/10.3389/fbioe.2019.00385
http://dx.doi.org/10.1093/toxsci/kfz229
http://dx.doi.org/10.1177/2041731419889184
http://dx.doi.org/10.1007/s42242-020-00061-z
http://dx.doi.org/10.1158/1535-7163.MCT-19-0052
http://dx.doi.org/10.1006/jsre.1997.5211
http://dx.doi.org/10.1038/sj.ijo.0800626
http://www.ncbi.nlm.nih.gov/pubmed/9665678


Micromachines 2020, 11, 590 19 of 23

13. Nixon, A.J.; Lillich, J.T.; Burton-Wurster, N.; Lust, G.; Mohammed, H.O. Differentiated cellular function in
fetal chondrocytes cultured with insulin-like growth factor-I and transforming growth factor-β. J. Orthop. Res.
1998, 16, 531–541. [CrossRef] [PubMed]

14. Byrne, K.M.; Cheng, X.; Vierck, J.; Erickson, S.; Greene, E.A.; Duckett, S.; Dodson, M.V. Use of a 96-well plate
reader to evaluate proliferation of equine satellite cell clones in vitro. Methods Cell Sci. 1998, 19, 311–316.
[CrossRef]

15. Dodson, M.V.; McFarland, D.C.; Grant, A.L.; Doumit, M.E.; Velleman, S.G. Extrinsic regulation of domestic
animal-derived satellite cells. Domest. Anim. Endocrinol. 1996, 13, 107–126. [CrossRef]

16. Lindsay, C.D.; Hambrook, J.L. Diisopropylglutathione ester protects A549 cells from the cytotoxic effects of
sulphur mustard. Hum. Exp. Toxicol. 1998, 17, 606–612. [CrossRef] [PubMed]

17. Matsuda, R.; Abe, M. Unfused C2C12 mouse skeletal muscle cells express neurofilament 140K protein.
Cell Struct. Funct. 1997, 22, 117–121. [CrossRef]

18. Tatsumi, R.; Anderson, J.E.; Nevoret, C.J.; Halevy, O.; Allen, R.E. HGF/SF is present in normal adult skeletal
muscle and is capable of activating satellite cells. Dev. Biol. 1998, 194, 114–128. [CrossRef]

19. Kumar, N.; Afjei, R.; Massoud, T.F.; Paulmurugan, R. Comparison of cell-based assays to quantify treatment
effects of anticancer drugs identifies a new application for Bodipy-L-cystine to measure apoptosis. Sci. Rep.
2018, 8, 1–11. [CrossRef]

20. Stewart, N.T.; Byrne, K.M.; Hosick, H.L.; Vierck, J.L.; Dodson, M.V. Traditional and emerging methods for
analyzing cell activity in cell culture. Methods Cell Sci. 2000, 22, 67–78. [CrossRef]

21. Cornelison, D.D.W.; Wold, B.J. Single-cell analysis of regulatory gene expression in quiescent and activated
mouse skeletal muscle satellite cells. Dev. Biol. 1997, 191, 270–283. [CrossRef]

22. Frank, A.J.; Proctor, S.J.; Tilby, M.J. Detection and quantification of melphalan-DNA adducts at the single cell
level in hematopoietic tumor cells. Blood 1996, 88, 977–984. [CrossRef] [PubMed]

23. Florini, R. Assay of Creatine Kinase in Microtiter Plates Using. Anal. Biochem. 1989, 182, 399–404. [CrossRef]
24. Watson, J.; Ebra, E. Animal Cell Culture: A Practical Approach; Freshney, R., Ed.; Oxford University Press:

Oxford, UK, 1992; ISBN 9786468600.
25. Tajima, S.; Tsuji, K.; Ebihara, Y.; Su, X.; Tanaka, R.; Muraoka, K.; Yoshida, M.; Yamada, K.; Yasukawa, K.;

Taga, T.; et al. Summary for Policymakers. J. Exp. Med. 1996, 184, 1357–1364. [CrossRef] [PubMed]
26. Morgan, H.; Sun, T.; Holmes, D.; Gawad, S.; Green, N.G. Single cell dielectric spectroscopy. J. Phys. D

Appl. Phys. 2007, 40, 61–70. [CrossRef]
27. Lei, K.F. Review on impedance detection of cellular responses in micro/nano environment. Micromachines

2014, 5, 1–12. [CrossRef]
28. Qiu, Y.; Liao, R.; Zhang, X. Real-time monitoring primary cardiomyocyte adhesion based on electrochemical

impedance spectroscopy and electrical cell-substrate impedance sensing. Anal. Chem. 2008, 80, 990–996.
[CrossRef]

29. Qiu, Y.; Liao, R.; Zhang, X. Impedance-based monitoring of ongoing cardiomyocyte death induced by tumor
necrosis factor-α. Biophys. J. 2009, 96, 1985–1991. [CrossRef]

30. Xu, T.; Lizarralde, M.; Nemer, W.E.; Pioufle, B.L.; Français, O. Monitoring Biological Cell Flow within a
Mimicking Capillary Device with Impedance Measurement. Proceedings 2017, 1, 517. [CrossRef]

31. Giaever, I.; Keese, C.R. A morphological biosensor for mammalian cells. Nature 1993, 366, 591–592. [CrossRef]
32. Doijen, J.; Van Loy, T.; Landuyt, B.; Luyten, W.; Schols, D.; Schoofs, L. Advantages and shortcomings of

cell-based electrical impedance measurements as a GPCR drug discovery tool. Biosens. Bioelectron. 2019, 137,
33–44. [CrossRef]

33. Solly, K.; Wang, X.; Xu, X.; Strulovici, B.; Zheng, W. Application of real-time cell electronic sensing (RT-CES)
technology to cell-based assays. Assay Drug Dev. Technol. 2004, 2, 363–372. [CrossRef] [PubMed]

34. Xu, Y.; Xie, X.; Duan, Y.; Wang, L.; Cheng, Z.; Cheng, J. A review of impedance measurements of whole cells.
Biosens. Bioelectron. 2016, 77, 824–836. [CrossRef] [PubMed]

35. Liu, Q.; Wu, C.; Cai, H.; Hu, N.; Zhou, J.; Wang, P. Cell-based biosensors and their application in biomedicine.
Chem. Rev. 2014, 114, 6423–6461. [CrossRef] [PubMed]

36. Gerasimenko, T.; Nikulin, S.; Zakharova, G.; Poloznikov, A.; Petrov, V.; Baranova, A.; Tonevitsky, A. Impedance
Spectroscopy as a Tool for Monitoring Performance in 3D Models of Epithelial Tissues. Front. Bioeng. Biotechnol.
2020, 7. [CrossRef] [PubMed]

http://dx.doi.org/10.1002/jor.1100160503
http://www.ncbi.nlm.nih.gov/pubmed/9820275
http://dx.doi.org/10.1023/A:1009774914564
http://dx.doi.org/10.1016/0739-7240(95)00062-3
http://dx.doi.org/10.1177/096032719801701104
http://www.ncbi.nlm.nih.gov/pubmed/9865417
http://dx.doi.org/10.1247/csf.22.117
http://dx.doi.org/10.1006/dbio.1997.8803
http://dx.doi.org/10.1038/s41598-018-34696-x
http://dx.doi.org/10.1023/A:1009839501174
http://dx.doi.org/10.1006/dbio.1997.8721
http://dx.doi.org/10.1182/blood.V88.3.977.977
http://www.ncbi.nlm.nih.gov/pubmed/8704257
http://dx.doi.org/10.1016/0003-2697(89)90614-3
http://dx.doi.org/10.1084/jem.184.4.1357
http://www.ncbi.nlm.nih.gov/pubmed/8879208
http://dx.doi.org/10.1088/0022-3727/40/1/S10
http://dx.doi.org/10.3390/mi5010001
http://dx.doi.org/10.1021/ac701745c
http://dx.doi.org/10.1016/j.bpj.2008.11.036
http://dx.doi.org/10.3390/proceedings1040517
http://dx.doi.org/10.1038/366591a0
http://dx.doi.org/10.1016/j.bios.2019.04.041
http://dx.doi.org/10.1089/adt.2004.2.363
http://www.ncbi.nlm.nih.gov/pubmed/15357917
http://dx.doi.org/10.1016/j.bios.2015.10.027
http://www.ncbi.nlm.nih.gov/pubmed/26513290
http://dx.doi.org/10.1021/cr2003129
http://www.ncbi.nlm.nih.gov/pubmed/24905074
http://dx.doi.org/10.3389/fbioe.2019.00474
http://www.ncbi.nlm.nih.gov/pubmed/32039179


Micromachines 2020, 11, 590 20 of 23

37. Stolwijk, J.A.; Wegener, J. Impedance-Based Assays Along the Life Span of Adherent Mammalian Cells In Vitro:
From Initial Adhesion to Cell Death. In Bioanalytical Reviews; Wegener, J., Ed.; Springer: Berlin/Heidelberg,
Germany, 2019; Volume 2, pp. 1–75.

38. De León, S.E.; Pupovac, A.; McArthur, S.L. Three-Dimensional (3D) cell culture monitoring: Opportunities
and challenges for impedance spectroscopy. Biotechnol. Bioeng. 2020, 117, 1230–1240. [CrossRef] [PubMed]

39. Wang, P.; Wu, C.; Hu, N.; Hsia, K.J. Micro/nano cell and molecular sensors. In Micro/Nano Cell and Molecular
Sensors; Springer: Singapore, 2016; pp. 1–243. ISBN 9789811016585.

40. Pänke, O.; Weigel, W.; Schmidt, S.; Steude, A.; Robitzki, A.A. A cell-based impedance assay for monitoring
transient receptor potential (TRP) ion channel activity. Biosens. Bioelectron. 2011, 26, 2376–2382. [CrossRef]
[PubMed]

41. Cheung, K.; Gawad, S.; Renaud, P. Impedance spectroscopy flow cytometry: On-chip label-free cell
differentiation. Cytom. Part. A 2005, 65, 124–132. [CrossRef]

42. Abdolahad, M.; Janmaleki, M.; Taghinejad, M.; Taghnejad, H.; Salehi, F.; Mohajerzadeh, S. Single-cell
resolution diagnosis of cancer cells by carbon nanotube electrical spectroscopy. Nanoscale 2013, 5, 3421–3427.
[CrossRef]

43. Wang, J.; Wu, C.; Hu, N.; Zhou, J.; Du, L.; Wang, P. Microfabricated Electrochemical Cell-Based Biosensors
for Analysis of Living Cells In Vitro. Biosensors 2012, 2, 127–170. [CrossRef]

44. Wang, W.; Foley, K.; Shan, X.; Wang, S.; Eaton, S.; Nagaraj, V.J.; Wiktor, P.; Patel, U.; Tao, N. Single cells and
intracellular processes studied by a plasmonic-based electrochemical impedance microscopy. Nat. Chem.
2011, 3, 249–255. [CrossRef]

45. Arndt, S.; Seebach, J.; Psathaki, K.; Galla, H.J.; Wegener, J. Bioelectrical impedance assay to monitor changes
in cell shape during apoptosis. Biosens. Bioelectron. 2004, 19, 583–594. [CrossRef]

46. Asami, K. Characterization of biological cells by dielectric spectroscopy. J. Non. Cryst. Solids 2002, 305,
268–277. [CrossRef]

47. Gawad, S.; Cheung, K.; Seger, U.; Bertsch, A.; Renaud, P. Dielectric spectroscopy in a micromachined flow
cytometer: Theoretical and practical considerations. Lab Chip 2004, 4, 241–251. [CrossRef] [PubMed]

48. Asami, K.; Yonezawa, T.; Wakamatsu, H.; Dielectric, N.K. Spectroscopy of biological cells. Bioelectrochemistry
Bioenerg. 1996, 40, 141–145. [CrossRef]

49. Benson, K.; Cramer, S.; Galla, H.J. Impedance-based cell monitoring: Barrier properties and beyond.
Fluids Barriers CNS 2013, 10, 1–11. [CrossRef] [PubMed]

50. Wang, Y.; Wang, Q.; Ren, S.; Dong, F. A complete sensor model for miniscopic electrical impedance
tomography. In Proceedings of the 2018 IEEE International Instrumentation and Measurement Technology
Conference (I2MTC), Houston, TX, USA, 14–17 May 2018; pp. 1–6. [CrossRef]

51. Wu, H.; Zhou, W.; Yang, Y.; Jia, J.; Bagnaninchi, P. Exploring the potential of electrical impedance tomography
for tissue engineering applications. Materials 2018, 11, 930. [CrossRef]

52. Yang, Y.; Jia, J.; Smith, S.; Jamil, N.; Gamal, W.; Bagnaninchi, P.O. A miniature electrical impedance tomography
sensor and 3-D Image Reconstruction for Cell Imaging. IEEE Sens. J. 2017, 17, 514–523. [CrossRef]

53. Wu, H.; Yang, Y.; Bagnaninchi, P.O.; Jia, J. Electrical impedance tomography for real-time and label-free
cellular viability assays of 3D tumour spheroids. Analyst 2018, 143, 4189–4198. [CrossRef]

54. Feng, Y.; Huang, L.; Zhao, P.; Liang, F.; Wang, W. A Microfluidic Device Integrating Impedance Flow Cytometry
and Electric Impedance Spectroscopy for High-Efficiency Single-Cell Electrical Property Measurement.
Anal. Chem. 2019, 91, 15204–15212. [CrossRef]

55. Nguyen, T.A.; Yin, T.I.; Reyes, D.; Urban, G.A. Microfluidic chip with integrated electrical cell-impedance
sensing for monitoring single cancer cell migration in three-dimensional matrixes. Anal. Chem. 2013, 85,
11068–11076. [CrossRef]

56. Pandya, H.J.; Dhingra, K.; Prabhakar, D.; Chandrasekar, V.; Natarajan, S.K.; Vasan, A.S.; Kulkarni, A.;
Shafiee, H. A microfluidic platform for drug screening in a 3D cancer microenvironment. Biosens. Bioelectron.
2017, 94, 632–642. [CrossRef] [PubMed]

57. Chawla, K.; Modena, M.M.; Ravaynia, P.S.; Lombardo, F.C.; Leonhardt, M.; Panic, G.; Bürgel, S.C.; Keiser, J.;
Hierlemann, A. Impedance-Based Microfluidic Assay for Automated Antischistosomal Drug Screening.
Sensors 2018, 3, 2613–2620. [CrossRef] [PubMed]

58. Panwar, J.; Roy, R. Integrated Field’s metal microelectrodes based microfluidic impedance cytometry for
cell-in-droplet quantification. Microelectron. Eng. 2019, 215, 111010. [CrossRef]

http://dx.doi.org/10.1002/bit.27270
http://www.ncbi.nlm.nih.gov/pubmed/31956986
http://dx.doi.org/10.1016/j.bios.2010.10.015
http://www.ncbi.nlm.nih.gov/pubmed/21051219
http://dx.doi.org/10.1002/cyto.a.20141
http://dx.doi.org/10.1039/c3nr33430a
http://dx.doi.org/10.3390/bios2020127
http://dx.doi.org/10.1038/nchem.961
http://dx.doi.org/10.1016/S0956-5663(03)00269-0
http://dx.doi.org/10.1016/S0022-3093(02)01110-9
http://dx.doi.org/10.1039/b313761a
http://www.ncbi.nlm.nih.gov/pubmed/15159786
http://dx.doi.org/10.1016/0302-4598(96)05067-2
http://dx.doi.org/10.1186/2045-8118-10-5
http://www.ncbi.nlm.nih.gov/pubmed/23305242
http://dx.doi.org/10.1109/I2MTC.2018.8409541
http://dx.doi.org/10.3390/ma11060930
http://dx.doi.org/10.1109/JSEN.2016.2631263
http://dx.doi.org/10.1039/C8AN00729B
http://dx.doi.org/10.1021/acs.analchem.9b04083
http://dx.doi.org/10.1021/ac402761s
http://dx.doi.org/10.1016/j.bios.2017.03.054
http://www.ncbi.nlm.nih.gov/pubmed/28371753
http://dx.doi.org/10.1021/acssensors.8b01027
http://www.ncbi.nlm.nih.gov/pubmed/30426744
http://dx.doi.org/10.1016/j.mee.2019.111010


Micromachines 2020, 11, 590 21 of 23

59. Cheung, K.C.; Berardino, M.D.; Schade-Kampmann, G.; Hebeisen, M.; Pierzchalski, A.; Bocsi, J.; Mittag, A.;
Tárnok, A. Microfluidic impedance-based flow cytometry. Cytom. Part A 2010, 77, 648–666. [CrossRef]

60. Claudel, J.; Nadi, M.; El Mazria, O.; Kourtiche, D. High reliability microfluidic biosensor for single cell
impedance cytometry. In Proceedings of the 2017 Eleventh International Conference on Sensing Technology
(ICST), Sydney, NSW, Australia, 4–6 December 2017; pp. 1–5. [CrossRef]

61. Siegel, R.L.; Miller, K.D.; Jemal, A. Cancer statistics, 2020. CA. Cancer J. Clin. 2020, 70, 7–30. [CrossRef]
62. Bray, F.; Ferlay, J.; Soerjomataram, I.; Siegel, R.L.; Torre, L.A.; Jemal, A. Global cancer statistics 2018:

GLOBOCAN estimates of incidence and mortality worldwide for 36 cancers in 185 countries. CA. Cancer
J. Clin. 2018, 68, 394–424. [CrossRef]

63. Andrade, E.L.; Bento, A.F.; Cavalli, J.; Oliveira, S.K.; Freitas, C.S.; Marcon, R.; Schwanke, R.C.; Siqueira, J.M.;
Calixto, J.B. Non-clinical studies required for new drug development—Part I: Early in silico and in vitro
studies, new target discovery and validation, proof of principles and robustness of animal studies. Braz. J.
Med. Biol. Res. 2016, 49, 1–9. [CrossRef]

64. Ediriweera, M.K.; Tennekoon, K.H.; Samarakoon, S.R. In vitro assays and techniques utilized in anticancer
drug discovery. J. Appl. Toxicol. 2019, 39, 38–71. [CrossRef]

65. Korpal, M.; Feala, J.; Puyang, X.; Zou, J.; Ramos, A.H.; Wu, J.; Baumeister, T.; Yu, L.; Warmuth, M.; Zhu, P.
Implementation of in vitro drug resistance assays: Maximizing the potential for uncovering clinically relevant
resistance mechanisms. J. Vis. Exp. 2015, 106, e52879. [CrossRef]

66. Polacheck, W.J.; Zervantonakis, I.K.; Kamm, R.D. Tumor cell migration in complex microenvironments.
Cell. Mol. Life Sci. 2013, 70, 1335–1356. [CrossRef]

67. Yamaguchi, H.; Wyckoff, J.; Condeelis, J. Cell migration in tumors. Curr. Opin. Cell Biol. 2005, 17, 559–564.
[CrossRef] [PubMed]

68. Hulkower, K.I.; Herber, R.L. Cell migration and invasion assays as tools for drug discovery. Pharmaceutics
2011, 3, 107–124. [CrossRef] [PubMed]

69. Stolwijk, J.A.; Wegener, J. Impedance-Based Assays Along the Life Span of Adherent Mammalian Cells
In Vitro: From Initial Adhesion to Cell Death. In Label-Free Monitoring of Cells In Vitro; Matysik, F.-M.,
Wegener, J., Eds.; Springer Nature Switzerland AG.: Cham, Switzerland, 2019; ISBN 9783030324322.

70. Lundstrom, K. Cell-impedance-based label-free technology for the identification of new drugs. Expert Opin.
Drug Discov. 2017, 12, 335–343. [CrossRef] [PubMed]

71. Pan, Y.; Jiang, D.; Gu, C.; Qiu, Y.; Wan, H.; Wang, P. 3D microgroove electrical impedance sensing to examine
3D cell cultures for antineoplastic drug assessment. Microsystems Nanoeng. 2020, 6. [CrossRef]

72. Jahnke, H.G.; Mewes, A.; Zitzmann, F.D.; Schmidt, S.; Azendorf, R.; Robitzki, A.A. Electrochemical live
monitoring of tumor cell migration out of micro-tumors on an innovative multiwell high-dense microelectrode
array. Sci. Rep. 2019, 9, 1–10. [CrossRef] [PubMed]

73. Seidel, D.; Rothe, R.; Kirsten, M.; Jahnke, H.G.; Dumann, K.; Ziemer, M.; Simon, J.C.; Robitzki, A.A.
A multidimensional impedance platform for the real-time analysis of single and combination drug
pharmacology in patient-derived viable melanoma models. Biosens. Bioelectron. 2019, 123, 185–194.
[CrossRef]

74. Ahuja, K.; Rather, G.M.; Lin, Z.; Sui, J.; Xie, P.; Le, T.; Bertino, J.R.; Javanmard, M. Toward point-of-care
assessment of patient response: A portable tool for rapidly assessing cancer drug efficacy using multifrequency
impedance cytometry and supervised machine learning. Microsyst. Nanoeng. 2019, 5, 1–11. [CrossRef]

75. Kumar, M.; Yadav, S.; Kumar, A.; Sharma, N.N.; Akhtar, J.; Singh, K. MEMS impedance flow cytometry
designs for effective manipulation of micro entities in health care applications. Biosens. Bioelectron. 2019, 142,
111526. [CrossRef]

76. Pan, Y.; Hu, N.; Wei, X.; Gong, L.; Zhang, B.; Wan, H.; Wang, P. 3D cell-based biosensor for cell viability and
drug assessment by 3D electric cell/matrigel-substrate impedance sensing. Biosens. Bioelectron. 2019, 130,
344–351. [CrossRef]

77. Lei, K.F.; Liu, T.K.; Tsang, N.M. Towards a high throughput impedimetric screening of chemosensitivity of
cancer cells suspended in hydrogel and cultured in a paper substrate. Biosens. Bioelectron. 2018, 100, 355–360.
[CrossRef]

78. Adcock, A.F.; Agbai, C.O.; Yang, L. Application of electric cell-substrate impedance sensing toward
personalized anti-cancer therapeutic selection. J. Anal. Sci. Technol. 2018, 9. [CrossRef]

http://dx.doi.org/10.1002/cyto.a.20910
http://dx.doi.org/10.1109/ICSensT.2017.8304446
http://dx.doi.org/10.3322/caac.21590
http://dx.doi.org/10.3322/caac.21492
http://dx.doi.org/10.1590/1414-431x20165644
http://dx.doi.org/10.1002/jat.3658
http://dx.doi.org/10.3791/52879
http://dx.doi.org/10.1007/s00018-012-1115-1
http://dx.doi.org/10.1016/j.ceb.2005.08.002
http://www.ncbi.nlm.nih.gov/pubmed/16098726
http://dx.doi.org/10.3390/pharmaceutics3010107
http://www.ncbi.nlm.nih.gov/pubmed/24310428
http://dx.doi.org/10.1080/17460441.2017.1297419
http://www.ncbi.nlm.nih.gov/pubmed/28276704
http://dx.doi.org/10.1038/s41378-020-0130-x
http://dx.doi.org/10.1038/s41598-019-50326-6
http://www.ncbi.nlm.nih.gov/pubmed/31554899
http://dx.doi.org/10.1016/j.bios.2018.08.049
http://dx.doi.org/10.1038/s41378-019-0073-2
http://dx.doi.org/10.1016/j.bios.2019.111526
http://dx.doi.org/10.1016/j.bios.2018.09.046
http://dx.doi.org/10.1016/j.bios.2017.09.029
http://dx.doi.org/10.1186/s40543-018-0149-x


Micromachines 2020, 11, 590 22 of 23

79. Bilican, I.; Guler, M.T.; Serhatlioglu, M.; Kirindi, T.; Elbuken, C. Focusing-free impedimetric differentiation of
red blood cells and leukemia cells: A system optimization. Sens. Actuators B Chem. 2020, 307. [CrossRef]

80. Lin, Z.; Lin, S.Y.; Xie, P.; Lin, C.Y.; Rather, G.M.; Bertino, J.R.; Javanmard, M. Rapid Assessment of Surface
Markers on Cancer Cells Using Immuno-Magnetic Separation and Multi-frequency Impedance Cytometry
for Targeted Therapy. Sci. Rep. 2020, 10, 1–10. [CrossRef] [PubMed]

81. Steeg, P.S. Tumor metastasis: Mechanistic insights and clinical challenges. Nat. Med. 2006, 12, 895–904.
[CrossRef]

82. Massagué, J.; Obenauf, A.C. Metastatic colonization by circulating tumour cells. Nature 2016, 529, 298–306.
[CrossRef]

83. Ghassemi, P.; Ren, X.; Foster, B.M.; Kerr, B.A.; Agah, M. Post-enrichment circulating tumor cell detection and
enumeration via deformability impedance cytometry. Biosens. Bioelectron. 2020, 150, 111868. [CrossRef]

84. Jahnke, H.G.; Braesigk, A.; Mack, T.G.A.; Pönick, S.; Striggow, F.; Robitzki, A.A. Impedance spectroscopy
based measurement system for quantitative and label-free real-time monitoring of tauopathy in hippocampal
slice cultures. Biosens. Bioelectron. 2012, 32, 250–258. [CrossRef]

85. Jahnke, H.G.; Rothermel, A.; Sternberger, I.; MacK, T.G.A.; Kurz, R.G.; Pänke, O.; Striggow, F.; Robitzki, A.A.
An impedimetric microelectrode-based array sensor for label-free detection of tau hyperphosphorylation in
human cells. Lab Chip 2009, 9, 1422–1428. [CrossRef]

86. Soscia, D.A.; Lam, D.; Tooker, A.C.; Enright, H.A.; Triplett, M.; Karande, P.; Peters, S.K.G.; Sales, A.P.;
Wheeler, E.K.; Fischer, N.O. A flexible 3-dimensional microelectrode array for: In vitro brain models. Lab Chip
2020, 20, 901–911. [CrossRef]

87. Zuo, L.; Yu, S.; Briggs, C.A.; Kantor, S.; Pan, J.Y. Design and fabrication of a three-dimensional multi-electrode
array for neuron electrophysiology. J. Biomech. Eng. 2017, 139, 1–6. [CrossRef]

88. Stamp, M.E.M.; Tong, W.; Ganesan, K.; Prawer, S.; Ibbotson, M.R.; Garrett, D.J. 3D Diamond Electrode Array
for High-Acuity Stimulation in Neural Tissue. ACS Appl. Bio Mater. 2020, 3, 1544–1552. [CrossRef]

89. Jahnke, H.G.; Krinke, D.; Seidel, D.; Lilienthal, K.; Schmidt, S.; Azendorf, R.; Fischer, M.; Mack, T.; Striggow, F.;
Althaus, H.; et al. A novel 384-multiwell microelectrode array for the impedimetric monitoring of Tau
protein induced neurodegenerative processes. Biosens. Bioelectron. 2017, 88, 78–84. [CrossRef] [PubMed]

90. Krinke, D.; Jahnke, H.G.; Mack, T.G.A.; Hirche, A.; Striggow, F.; Robitzki, A.A. A novel organotypic tauopathy
model on a new microcavity chip for bioelectronic label-free and real time monitoring. Biosens. Bioelectron.
2010, 26, 162–168. [CrossRef]

91. Seidel, D.; Obendorf, J.; Englich, B.; Jahnke, H.G.; Semkova, V.; Haupt, S.; Girard, M.; Peschanski, M.;
Brüstle, O.; Robitzki, A.A. Impedimetric real-time monitoring of neural pluripotent stem cell differentiation
process on microelectrode arrays. Biosens. Bioelectron. 2016, 86, 277–286. [CrossRef] [PubMed]

92. Arendt, T.; Stieler, J.T.; Holzer, M. Tau and tauopathies. Brain Res. Bull. 2016, 126, 238–292. [CrossRef]
[PubMed]

93. Guo, T.; Noble, W.; Hanger, D.P. Roles of tau protein in health and disease. Acta Neuropathol. 2017, 133,
665–704. [CrossRef]

94. Kroschinsky, F.; Stölzel, F.; von Bonin, S.; Beutel, G.; Kochanek, M.; Kiehl, M.; Schellongowski, P. New drugs,
new toxicities: Severe side effects of modern targeted and immunotherapy of cancer and their management.
Crit. Care 2017, 21, 1–11. [CrossRef]

95. Jiang, H.; Qiu, Y.; Hou, W.; Cheng, X.; Yim, M.; Ching, W.K. Drug Side-effect Profiles Prediction: From
Empirical Risk Minimization to Structural Risk Minimization. IEEE/ACM Trans. Comput. Biol. Bioinform.
2018, 17, 402–410. [CrossRef]

96. Gu, C.; Wei, X.; Pan, Y.; Liang, T.; Gan, Y.; Gao, K.; Qiu, Y.; Wan, H.; Wang, P. High-temporal-range
drug-induced cardiac side-effect evaluation using simultaneous HL-1-based impedance and long-term
electrophysiology recording systems. Anal. Methods 2019, 11, 5250–5259. [CrossRef]

97. Zhang, X.; Wang, T.; Wang, P.; Hu, N. High-throughput assessment of drug cardiac safety using a high-speed
impedance detection technology-based heart-on-a-chip. Micromachines 2016, 7, 122. [CrossRef]

98. Kustermann, S.; Boess, F.; Buness, A.; Schmitz, M.; Watzele, M.; Weiser, T.; Singer, T.; Suter, L.; Roth, A.
A label-free, impedance-based real time assay to identify drug-induced toxicities and differentiate cytostatic
from cytotoxic effects. Toxicol. Vitr. 2013, 27, 1589–1595. [CrossRef] [PubMed]

http://dx.doi.org/10.1016/j.snb.2019.127531
http://dx.doi.org/10.1038/s41598-020-57540-7
http://www.ncbi.nlm.nih.gov/pubmed/32080205
http://dx.doi.org/10.1038/nm1469
http://dx.doi.org/10.1038/nature17038
http://dx.doi.org/10.1016/j.bios.2019.111868
http://dx.doi.org/10.1016/j.bios.2011.12.026
http://dx.doi.org/10.1039/b819754g
http://dx.doi.org/10.1039/C9LC01148J
http://dx.doi.org/10.1115/1.4037948
http://dx.doi.org/10.1021/acsabm.9b01165
http://dx.doi.org/10.1016/j.bios.2016.07.074
http://www.ncbi.nlm.nih.gov/pubmed/27506337
http://dx.doi.org/10.1016/j.bios.2010.06.002
http://dx.doi.org/10.1016/j.bios.2016.06.056
http://www.ncbi.nlm.nih.gov/pubmed/27387257
http://dx.doi.org/10.1016/j.brainresbull.2016.08.018
http://www.ncbi.nlm.nih.gov/pubmed/27615390
http://dx.doi.org/10.1007/s00401-017-1707-9
http://dx.doi.org/10.1186/s13054-017-1678-1
http://dx.doi.org/10.1109/TCBB.2018.2850884
http://dx.doi.org/10.1039/C9AY01592B
http://dx.doi.org/10.3390/mi7070122
http://dx.doi.org/10.1016/j.tiv.2012.08.019
http://www.ncbi.nlm.nih.gov/pubmed/22954529


Micromachines 2020, 11, 590 23 of 23

99. Gasser, A.; Eveness, J.; Kiely, J.; Attwood, D.; Luxton, R. A non-contact impedimetric biosensing system for
classification of toxins associated with cytotoxicity testing. Bioelectrochemistry 2020, 133, 107448. [CrossRef]
[PubMed]

100. Breslin, S.; O’Driscoll, L. Three-dimensional cell culture: The missing link in drug discovery. Drug Discov. Today
2013, 18, 240–249. [CrossRef] [PubMed]

101. Alexander, F.; Eggert, S.; Price, D. Label-Free Monitoring of 3D Tissue Models via Electrical Impedance
Spectroscopy. In Bioanalytical Reviews; Wegener, J., Ed.; Springer: Berlin/Heidelberg, Germany, 2019; Volume 2,
pp. 111–134.

102. Eichler, M.; Jahnke, H.G.; Krinke, D.; Müller, A.; Schmidt, S.; Azendorf, R.; Robitzki, A.A. A novel 96-well
multielectrode array based impedimetric monitoring platform for comparative drug efficacy analysis on 2D
and 3D brain tumor cultures. Biosens. Bioelectron. 2015, 67, 582–589. [CrossRef] [PubMed]

© 2020 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.1016/j.bioelechem.2019.107448
http://www.ncbi.nlm.nih.gov/pubmed/31991387
http://dx.doi.org/10.1016/j.drudis.2012.10.003
http://www.ncbi.nlm.nih.gov/pubmed/23073387
http://dx.doi.org/10.1016/j.bios.2014.09.049
http://www.ncbi.nlm.nih.gov/pubmed/25445619
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Instrumentation and Detection Principle of CBI 
	Theory of Electrochemical Impedance Spectroscopy for Cell Analysis 
	Applications 
	Cancer Research 
	Neurodegenerative Diseases 
	Toxicity Research 
	2D and 3D In Vitro Studies 

	Conclusions 
	References

