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Abstract: Flooding is prominent in West Africa, and is expected to be exacerbated, due to global
climate and land-use changes. This study assessed the impacts of future climate and land-use changes
on flood hazards in the Mono river catchment area of Benin and Togo. Climate scenarios from the
representative concentration pathways, RCP 4.5 and RCP 8.5, and land-use projection at the horizon
of 2070 were used for runoff simulation at the Athiémé outlet, and flood mapping in the lower Mono
river basin. The planned Adjarala dam was also simulated, to evaluate its potential impact. The
Soil and Water Assessment Tool (SWAT) was used to investigate the impact of the projected changes
on runoff, while the flood-water extent was simulated using the two-dimensional TELEMAC-2D
model. TELEMAC-2D was validated with satellite observation and in a participatory way with local
stakeholders. SWAT showed good performance during the calibration (KGE = 0.83) and validation
(KGE = 0.68) steps. Results show an increase in the magnitude of flood extremes under future climate-
and land-use-change scenarios. Events of 10-year return periods during 1987–2010 are expected to
become 2-year return-period events under the climate- and land-use-change scenarios considered.
The planned Adjarala dam showed potentials for extreme-peak and flood-extent reduction. However,
flow-duration curves revealed that the discharge of the river during low-flow periods may also
be reduced if the Adjarala dam is built. Adaptation measures as well as sustainable land-use and
dam-management options should be identified, to alleviate the impacts of the projected changes.

Keywords: flood hazard; Mono river catchment; climate change; land-use change; SWAT;
TELEMAC-2D

1. Introduction

The compound effect of climate change and land-use/land-cover change jeopardizes
human security around the world [1,2]. It has been established that the trends in precipita-
tion and temperature observed since the 1950s are imputable to human-induced climate
change [3]. With a 50% increase in built-up areas, 11.5% increase in croplands, and 2.4%
decrease in forest area from 2000 to 2020, the global state of land use and land cover has
substantially changed over the past decades [4]. Acting in a feedback loop, changes in
land use and climate conditions affect the water cycle, and exacerbate hydrological hazards
including floods and droughts [5,6]. Furthermore, the magnitude and frequencies of these
events are expected to increase in the coming decades.
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However, there are uncertainties about the potential trends and patterns of these
hazards in the future. According to the 6th assessment report of the Intergovernmental
Panel on Climate Change [7], heavy precipitation and flooding are expected to intensify
and be more frequent in most parts of Africa. In addition, the continent is expected, with
medium confidence, to experience hydrological droughts. However, extreme precipitation
indices in West Africa show mixed patterns, with few statistically significant trends [8]. The
projected changes in heavy precipitation over West Africa have low confidence, due to data
scarcity and limited evidence [7,9,10]. Moreover, the uncertainty array is further widened
with potential uncertainties from climate and hydrological models [11,12]. Therefore, local
and regional studies are needed to establish area-specific hazard profiles and to accordingly
support decision making.

During the disastrous flood event of 2010 that caused about USD 300 million of loss
and damage in Benin and Togo, intense precipitations and the overflow of the Mono
river were pointed to, among other causes [13,14]. Recent studies reported the increasing
trend in temperature and above-normal precipitation over the past 50 years in the Mono
river catchment shared by Benin and Togo [15,16]. In addition, the lower part of the
catchment area is prone to higher risks of flooding [17,18]. Extreme precipitation events in
the Mono catchment are expected to become more frequent in the future [19,20], despite
the ambiguous projected trends [21,22]. Looking to the horizon in 2050, precipitations in
the Mono catchment are expected to be characterized by high interannual variabilities,
changes in seasons, and a mixture of above- and below-normal precipitations compared
to the period 1981–2010 [23,24]. Furthermore, the future land use and land cover (LULC)
in the Mono catchment is expected to be characterized by a decrease in forests, and an
expansion of settlement and built-up areas [25,26]. Moreover, the two riparian countries
intend to build a joint dam, the Adjarala dam, on the Mono river for hydropower energy
production, flood protection and for agricultural purposes [27]. However, studies on the
potential effect of these climate, land-use, and infrastructural changes on floods in the
Mono river basin are lacking. In fact, all the above-mentioned studies addressed either
land-use changes or climate trend in the Mono river basin, and not their effect on floods
that occur frequently and trigger substantial losses. Questions related to the response of
river runoff and flood extent to these changes have so far not been answered in existing
works. Therefore, it is important to carry out studies that can incorporate these various
types of changes and provide an overview of possible futures with respect to floods in
the Mono river basin. Thus, the use of physically based models that can represent the
hydrologic and hydrodynamic processes in the basin are needed.

Considering the past and projected changes in the Mono river catchment, this study
aims to assess the combined impact of climate and LULC changes, as well as the influence
of the forthcoming Adjarala dam on flood hazards in the lower part of the catchment.
Climate change data from the representative concentration pathways RCP 4.5 and RCP 8.5,
LULC maps and the Adjarala dam information were used for future runoff simulation
and, ultimately, for flood mapping. Discharge simulations were performed with the Soil
and Water Assessment Tool (SWAT), whereas flood modelling was carried out with the
TELEMAC-2D model. The novelty of this study resides in the integrated runoff–flood
modeling that was carried out, the assessment of climate and land-use change impacts, and
the integration of the planned Adjarala dam into runoff simulation.

2. Materials and Methods
2.1. The Study Area

Located between latitudes 6.28◦ N and 9.39◦ N and longitudes 0.62◦ E and 1.99◦ E, the
Mono river catchment extends over the territories of Benin (11%) and Togo (89%) Republics
(Figure 1). It has a surface area of 23,736.64 km2, and hosts the hydroelectric dam of Nangbéto.

The climate is sub-equatorial in the south and tropical in the northern part of the
catchment. Main economic activities in the study area are small-scale farming, livestock
breeding, fishing and trading. The average annual temperature recorded over the past
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30 years ranges between 26 ◦C and 28 ◦C, with an average annual precipitation of 1200 mm.
Land-use and land-cover types in the catchment are predominantly savannah, forest,
croplands, settlements and water bodies. In this study, the entire Mono river catchment was
used for hydrological modelling whereas only the portion of the river located downstream
of the Nangbéto dam, and designated as the Lower Mono River (LMR), was considered for
flood-hazard mapping with a hydrodynamic model. The downstream area of the catchment
is characterized by low elevation and flat lands, which favor the persistence of flood events
in the area. The main economic activities in the Mono catchment are agriculture, fisheries,
livestock breeding and trade.
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Figure 1. Study area location.

2.2. Data
2.2.1. Hydro-Climatic Data

Precipitation and minimum and maximum temperature were collected for the period
1967–2010. Precipitation data was taken at 38 gauging stations and temperature from
3 synoptic stations. These observation data were provided by the meteorological services of
Benin and Togo (METEO-Benin, DGMN-Togo). In addition, future precipitation and tem-
perature data taken from the Coordinated Regional Downscaling Experiment (CORDEX)
database, https://esgf-data.dkrz.de/projects/esgf-dkrz/ (accessed on 5 March 2020), were
used. The period 2021–2070 was considered, and the Representative Concentration Path-
ways (RCP) scenarios RCP 4.5 and RCP 8.5 were used for future projections. Processed and
ready-to-use climate-model data for future projection were provided by Houngue et al.,

https://esgf-data.dkrz.de/projects/esgf-dkrz/
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2022 [19] who systematically selected 6 Regional Climate Models (RCM) that were found
to be the best performing in the Mono river basin. The 6 RCMs are shown in Table 1.

Table 1. List of regional climate models used.

RCM Institute Driving Model Designation

CCLM4-8-17 Climate Limited-area Modelling Community (CLMcom) MOHC-HadGEM2-ES MOHC-CCLM4
CCLM4-8-17 Climate Limited-area Modelling Community (CLMcom) MPI-M-MPI-ESM-LR MPI-CCLM4
RACMO22T Royal Netherlands Meteorological Institute (KNMI) ICHEC-EC-EARTH ICHEC-RACMO22T

RCA4 Swedish Meteorological and Hydrological Institute (SMHI) MOHC-HadGEM2-ES MOHC-RCA4
RCA4 Swedish Meteorological and Hydrological Institute (SMHI) MPI-M-MPI-ESM-LR MPI-RCA4

REMO2009 Helmholtz-Zentrum Geesthacht, Climate Service Center,
Max Planck Institute for Meteorology (MPI-CSC) MOHC-HadGEM2-ES MPI-REMO

Potential evapotranspiration (PET) was computed using the Hargreaves method [28].
The Hargreaves method (Equation (1)) is temperature-based and recommended when
climate data such as wind speed, humidity, and solar radiation are lacking.

E0 = 0.0023×H0 × (Tmax − Tmin)
0.5 × (Tmean + 17.8) (1)

where E0 is PET (mm/day), H0 is extra-terrestrial radiation (MJ/m2/day), Tmax is the
maximum air temperature for a given day (◦C), Tmin is the minimum air temperature of
the day (◦C), and Tmean is the mean air temperature of the day (◦C).

This PET computation method was used due to data limitation in the study area, as
reported in previous works [23,24,29]. In addition, it was reported that the well-known
FAO (Penman–Monteith) method showed PET underestimation in the Mono basin, as
opposite to temperature-based approaches [30]. As highlighted by Poméon et al. [31],
who modelled streamflow in a dozen West African basins, including the Mono basin, the
Hargreaves method is recommended when the quality of input data is questionable. In such
circumstances, the Hargreaves approach is an effective alternative, with good results [32].
However, regardless of the computation method, daily PET estimates may be subject to
error, due to daily fluctuations of climate variables [33].

Runoff data and rating curves were provided by the water directorate of Benin, DGEau-
Benin, and the management of the Nangbéto dam (Centrale Electrique du Bénin, CEB) at
3 stations: Athiémé (1964–2010), Nangbéto (1987–2019) and Tététou (1965–1991). Runoff
data were used for model calibration and validation.

2.2.2. Land-Use and Land-Cover (LULC) Maps

LULC maps from the past, 1986, and the future, 2030, 2050 and 2070 were used
(Figure 2) as input in the runoff simulation. The maps were taken from the study of Thiam
et al., 2022 [26]. They were classified and simulated using machine learning, stakeholders’
perspectives on land-use scenarios, and CA–Markov chain model embedded in the Land
Change Modeler (LCM) of IDRISI software [26]. The LULC maps present 5 classes: savanna,
forest, water bodies, settlement and cropland. The authors used the map from 2020 as a
reference, to check the accuracy of the projections.

A classified LULC map from 2020 was compared to the one generated by the Land
Change Modeler (simulated LULC map 2020) for the model validation. Good results were
observed: the kappa index agreement resulted in a kappa for no information (Kno) of
0.91, a standard kappa (Kstandard) of 0.89, and a kappa for grid-cell-level location of
0.95 (Klocation). The LULC maps from 1986 to 2070 indicate a reduction in croplands and
forests, while savanna and settlements are expected to continue to increase in the Mono
river basin. Forest areas showed a 58% decrease, while settlements and built-up areas are
expected to undergo a 384.47% increase. Land-use and land-cover changes in the Mono
catchment are mainly driven by rapid population growth, overexploitation of lands, cities’
expansion and rainfall variability [25,26].
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2.2.3. Soil Data

The soil map (Figure 3) was derived from the Harmonized World Soil Database
(HWSD) v1.2 of the Food and Agriculture Organisation of the United Nations (FAO) https:
//www.fao.org/soils-portal/data-hub/soil-maps-and-databases/harmonized-world-soil-
database-v12/en/ (accessed on 14 February 2020) and provides, among others, information
on soil textures. Soil textures in the catchment are comprised of clay, loam and sandy-
clay-loam. The map has a 30-arc-second resolution, about 1 km, and serves as the basis in
the SWAT model for computation of the soil parameters (soil bulk density, water-storage
capacity, and hydraulic conductivity), using pedotransfer functions.

The catchment is dominated by Luvisols, occupying 61.58% of the surface area. Luvisols
are characterized by a higher proportion of clay in the subsoil than on the surface [34].
They have a sandy-clay-loam texture. The western part of the catchment, hosting the high
elevation areas, is made of Lithosols, which cover 17.06% of the catchment area. Lithosols are
usually found in mountainous regions and are characterized by rocks and gravelly or stony
soils [34,35]. The rest of the catchment is made of Nitosols, Vertisols, and Eutric Gleysols,
covering 11.26%, 7.44% and 2.47%, respectively, of the catchment area. The Vertisols have a
clay texture, while Nitosols and the Eutric Gleysols are mainly made of loam.

https://www.fao.org/soils-portal/data-hub/soil-maps-and-databases/harmonized-world-soil-database-v12/en/
https://www.fao.org/soils-portal/data-hub/soil-maps-and-databases/harmonized-world-soil-database-v12/en/
https://www.fao.org/soils-portal/data-hub/soil-maps-and-databases/harmonized-world-soil-database-v12/en/
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2.2.4. Digital Elevation Model (DEM)

The digital surface model from the Advanced Land Observing Satellite (ALOS) pro-
vided by the Japan Aerospace Exploration Agency (JAXA) was used for elevation informa-
tion. ALOS data has a 1 × 1 arc-second (about 30 m) resolution, and displays heights above
sea level. As shown in Figure 1, elevation in the Mono catchment ranges from 0 to 922 m,
with highest elevations located in the western and northern parts, while the downstream
area in the south hosts the lowest elevations (Figure 1).

2.2.5. Reservoir Data

Two reservoirs were taken into account in this study: the reservoir of the existing
Nangbéto dam, and that of the upcoming Adjarala dam. The Adjarala dam is located
100 km downstream of the Nangbéto dam. The characteristics of these reservoirs are shown
in Table 2.

Table 2. Reservoir characteristics.

Dam Parameter Description Unit Value at Nangbéto Value at Adjarala

MORES Month the reservoir became operational September January
IYRES Year the reservoir became operational 1987 2022

RES_ESA Reservoir surface area when the reservoir
is filled to the emergency spillway ha 18,000 9500

RES_EVOL Volume of the water needed to fill the
reservoir to the emergency spillway 106 m3 1715 630

RES_PSA Reservoir surface area when the reservoir
is filled to the principal spillway ha 4200 8260

RES_PVOL Volume of the water needed to fill the reservoir to the
principal spillway 106 m3 373.5 523

RES_VOL Initial reservoir volume 106 m3 373.5 523

CNEE, 2014 [27]; Houessou, 2016 [36].

The reservoir of the Nangbéto dam was represented as an existing reservoir, while the
reservoir of Adjarala was simulated as a “scenario”, since the dam is not yet operational.
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2.2.6. Cross-Sections

A good representation of river bathymetry is needed to adequately model the water
flow in a river section. Cross-sections can be derived from field measurements and if field
measurements are not available or possible, due to resource constraints, cross-sections can
be extracted from DEM. However, caution should be observed when using DEM for the
cross-section because of the resolution and errors on bed elevation, due to uncorrected water
surface elevation. Due to COVID-19 travel restrictions, the fieldwork for cross-sectional
measurement did not proceed according to what was initially planned. Because of this,
cross-sections were derived by extracting the river-bed elevation from the DEM, and were
corrected using the slope-area method supported by a 1D river model. ArcGIS, with the
HEC-GeoRAS and HEC-RAS 1D model, was used as a tool to derive cross-sections, since
these data were not available. The method behind this is elaborated on in Section 2.6 (a).
Seventy-seven (77) cross-sections were derived, with their locations identified following
the criteria of changes in width and slope and areas with meanders or bends.

2.3. River Runoff Simulation

The Soil and Water Assessment Tool (SWAT) is a physically-based hydrological model for
water-quality and -quantity simulation. The water balance in SWAT is based on Equation (2)
(Arnold et al., 2012) [37].

SWt = SWo + ∑t
i=1

(
Rd −Qsurf − ETa −Wperc −Qgw

)
(2)

where SWt is the final soil-water content; SWo the initial soil-water content; Rd the amount
of precipitation, Ssurf the surface runoff, ETa the evapotranspiration, Wperc the percolation,
and Qgw the amount of return flow on day i.

SWAT has been used successfully, with good results, in various West African catch-
ments [38] such as the Niger basin [39,40], the Volta basin [41,42] and the Ouémé basin in
Benin [43,44]. Koubodana et al., 2021 [23] applied SWAT to the Mono river catchment and
also reported good results.

As a semi-distributed model, SWAT splits the catchment into sub-basins that are
further divided into hydrological response units (HRU). An HRU is a unique combination
of land use, soil type and slope. HRU are the computation units in SWAT [45]. For the
Mono river catchment, 153 sub-basins and 552 HRUs were derived.

The impacts of climate and LULC changes on the runoff of the Mono river were
evaluated over the period 2022–2070. In order to account for the continuous LULC change
in the catchment, the LULC map from 2030 was used for the period 2022–2030, the map
from 2050 for the period 2031–2050, and the map from 2070 for 2051–2070.

This study used the sequential uncertainty fitting, SUFI-2, embedded in the calibration
and uncertainty programs, SWAT-CUP v5.1.6, for calibration, sensitivity analysis and
uncertainty analysis. One specificity of SWAT-CUP is that its calibration parameters are
not assigned single values; rather, intervals are defined. This approach accounts for the
uncertainties in the definition of parameter value, because nothing like a unique perfect
set of parameters exists [46]. For that purpose, a 95% prediction uncertainty (95PPU) is
calculated at the 2.5% and 97.5% levels of the cumulative distribution of the output variable
obtained through Latin hypercube sampling.

The calibration and validation periods were identified based on the available data, the
peak flow events, and the construction of the Nangbéto dam. Discharge data for the Mono
river catchment are characterized by a substantial level of missing values, especially after
the construction of the Nangbéto dam in 1987. From 1967–2010, 28% of discharge records
are missing, out of which 72% are in the period 1988–2010, and occurred mainly during the
high-flow period of April–October. Since the focus of this study is on flood events, only
years with no more than 30% missing data between April and October were used. These
are 1964–1986, 1988, 1989, 1990, 1991, 1992 and 2010. The first 3 years, 1964–1966, were
used as a warm-up period. As recommended, the different hydrological events in the study
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area should be accounted for during both the calibration and the validation phases, and
the mean and standard deviation should be similar during the two periods [47]. In that
regard, the calibration period was made up of the years 1967–1977, 1990, 1991, and 1992,
and the model was validated for 1978–1986, 1988, 1989 and 2010. The two periods contain
years before and after the construction of the dam, as well as low and high peaks. The
mean discharge values during calibration and validation are 106.40 m3/s and 111.38 m3/s
respectively, while the standard variations are 177.15 m3/s and 170.40 m3/s.

Thirteen (13) calibration parameters were selected, based on previous studies in Benin
and Togo [29,40,48], and in the West African region [31,49,50]. The Global Sensitivity
program embedded in SWAT was used to assess the sensitivity of the parameters after
a 1000-run simulation. Table 3 presents the list of parameters, their ranking based on
the sensitivity analysis, and the ranges used. The goodness-of-fit between simulation
and observation was based on the Kling-Gupta efficiency (KGE) [51], the coefficient of
determination (R2) and the percentage of bias (PBIAS). In addition, the p-factor and r-factor
provided by the SUFI-2 program, indicate respectively the percentage of measured data
bracketed by the 95PPU, and the average thickness of the 95PPU band divided by the
standard deviation of the measured data.

Table 3. SWAT calibration parameters.

Rank Parameter Definition Range

1 r_CN2 SCS runoff curve number −0.5–0
2 r_ESCO Soil-evaporation compensation factor −0.4–(−0.1)
3 v_GW_REVAP Groundwater “revap” coefficient 0.04–0.12
4 r_SOL_AWC Available water capacity of the soil layer 0–0.5
5 r_SOL_BD Moist bulk density −0.1–0.5
6 v_RCHRG_DP Deep-aquifer percolation fraction 0–0.5

7 v_REVAPMN Threshold depth of water in the shallow aquifer
for “revap” to occur 70–120

8 r_SOL_K Saturated hydraulic conductivity −0.3–0.3

9 v_GWQMN Threshold depth of water in the shallow aquifer
required for return flow to occur 600–1200

10 v_GW_DELAY Groundwater delay 5–15
11 v_ALPHA_BF Baseflow alpha factor 0.1–0.3
12 v_SURLAG Surface-runoff lag time 5–15
13 r_EPCO Plant-uptake compensation factor −0.3–0.3

With the assumption of all being equal, these parameter values were applied to
simulate future climate- and land-use-change impacts on the runoff of the Mono river.

2.4. Runoff and Flood Scenarios

Five scenarios organized in 3 groups are investigated in this study: a base-case scenario,
scenarios without the Adjarala dam, and scenarios with the Adjarala dam. The base-case
(BC) scenario has been the reference situation since the construction of the Nangbéto dam.
It serves as a basis for comparison, and represents the past-to-present conditions in the
catchment. The year of construction of the Nangbéto dam is taken as the starting point of
the BC, in order to assure similar hydrological conditions when comparing past-to-present
runoff with projected ones.

The scenarios without the Adjarala dam are scenarios that account simultaneously for
climate- and land-use-change projections. Climate- and land-use-change scenarios were not
simulated separately, but concomitantly and in subsets, in the SWAT model. The projected
climatic data from 2022 to 2030 are used together with the LULC map from 2030 to simulate
runoff from 2022 to 2030; likewise, for the period 2031–2050 (and 2051–2070), climate data
from 2031 to 2050 (and 2051–2070) is used in combination with the LULC map from 2050
(and 2070) to obtain runoff projections for the period under consideration. Therefore, the
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scenarios referred to as RCP 4.5 and RCP 8.5 in this study already embed LULC scenarios,
and stand for “RCP 4.5 + LULC scenario” and “RCP 8.5 + LULC scenarios”, respectively.

Scenarios with Adjarala consist of climate scenarios and LULC scenarios simulated
together with the Adjarala dam. They are referred to as “RCP 4.5 + Adjarala dam” and
“RCP 8.5 + Adjarala dam”, respectively.

2.5. Flow Trend and Pattern Analysis

The trend of discharge was assessed using the Mann–Kendall test [52] at 95% confi-
dence level. The Z statistics from the Mann–Kendall test indicate the trend (increasing or
decreasing) and the significance of the test. A positive Z means an increasing trend, while a
negative value suggests a decrease in the time series. The result of the test is considered to be
statistically significant (and not significant) when Z > 1.96 (Z < 1.96). The Man—Kendall test
was applied to the time series of daily discharge under the scenario RCP 4.5 and RCP 8.5.

Mean hydrographs were derived to analyze the overall pattern of the flow in a year.
The mean hydrographs were obtained by averaging the daily discharge over all the years
of the study period. The mean hydrographs were derived for the scenarios RCP 4.5 and
RCP 8.5, before and after the construction of the Adjarala dam.

In addition to the mean hydrographs, flow-duration curves (FDCs) were used to assess
the effects of the yet-to-be-built Adjarala dam. FDCs are obtained with the following steps:

• Discharge records are ordered from the highest to lowest values, and each discharge
value is assigned a rank r, r = 1, . . . , n, where n is the total number of records and 1 is
assigned to the largest value;

• Probabilities of exceedance are calculated as:

p =
r
n
× 100 (3)

• Discharge values are represented on the y-axis, with a logarithmic scale, and the
probabilities of exceedance on the x-axis, with an arithmetic scale.

The probability of exceedance indicates the percentage of time that a given discharge
is equaled or exceeded [53], e.g., when a discharge value Q has a percentage of exceedance
p, it does not mean that the discharge is Q for p% of the time, but that Q is equaled or
exceeded p% of the time. The shape of the FDC informs on the hydrological characteristics
of the stream under consideration. A very curved FDC shows the flashy or ephemeral
state of the stream; a steep shape in the upper end indicates that high runoffs in the study
area are caused by rainfall, unlike snowmelt floods, which would depict a flatter shape at
the upper end of the curve [54]. A flat slope at the lower end of the FDC indicates a high
storage or a regulation of the streamflow (either artificially or naturally), while a steep slope
indicates a lower storage [55]. In this study, discharges with 0–5% percentage of exceedance
are characterized as extremely high, 5–20% as high, 20–70% as medium, 70–95% as low,
and 95–100% as extremely low [56].

2.6. Flood-Hazard Simulation

Flood (hazard) or a hydrodynamic model can be a valuable tool to support flood-
emergency managers and planners in making decisions, as well as creating community
awareness to mitigate the impact of flooding. Flood models can be used for both event and
long-term management of floods, and this can be from near-real-time flood forecasting to
understanding the impact of future scenarios in the context of climate and land-use change
and evaluating the adequacy of current and planned mitigation measures. Such examples
are the work of Icyimpaye et al. (2022) [57] in the Nyabugogo River in Rwanda, and Komi
et al. (2017) [58] in the Oti River basin in West Africa. These studies coupled together the
hydrological and hydrodynamic models to forecast flooding and to assess the effectiveness
of the proposed measures to mitigate the impact of floods.
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Flood models can be classified into one dimension (1D), or 2D, or a coupled 1D–2D
model. Due to the nature of the directional flow of water in rivers and floodplains, 1D mod-
els are generally used for simulating water flow in the channel and 2D for the floodplain.
However, for wide rivers, a 2D model can also be used to simulate water flow, because
water may also flow in 2 dimensions. 2D models often require more computational time
and resources compared to 1D; nevertheless, this type of model is really useful for spatio-
temporal hazard-impact assessment, because it provides you with a better understanding
of, and information about, the affected area. Mitsopoulos et al. (2022) [59] presented an in-
teresting study on the coupling and optimizing of a 1D and 2D hydrodynamic model, using
HEC-RAS for early warning of flash floods. Compared to just a 1D or 2D hydrodynamic
mode, the coupling of 1D and 2D yielded a faster simulation, with spatial information on
flooding in the floodplain.

In the current case study, the TELEMAC-2D developed by Laboratoire National
d’Hydraulique et Environnement (LNHE), part of the R&D group of Électricité de France,
was used. It simulates free-surface flows in two dimensions of horizontal space, solving the
Saint-Venant equations using the finite-element or finite-volume method in a computational
mesh of triangular elements. For pre- and post-processing of the TELEMAC-2D model,
the Kalypso 1D/2D software from Björnsen Consulting Engineers (BCE) GmbH Germany
was used. It presents a structured user-oriented graphical unit interface to visually set up
the model (https://kalypso.bjoernsen.de (accessed on 5 March 2020)). ArcGIS with the
HEC-GeoRAS and HEC-RAS 1D model was used as a tool to derive cross-sections, since
these data were not available.

(a) Data input pre-processing

A representative cross-section is required for the hydrodynamic model to simulate
adequately the flows in the channel. A measured cross-section is the most ideal represen-
tation, although alternatively, a DEM-derived cross-section can be an option. However,
DEM river-bed elevations are often time erroneous, and thus correction is needed. In this
research study, due to the lack of measured cross-sections, seventy-seven cross-sections
were derived using the 30 m DEM, and this was corrected using the slope-area method
(Equation (4)). The DEM cross-section was extracted using the HEC-GeoRAS tool, and
adjustments were supported and verified using the HEC-RAS 1D modelling tool. The
following are examples of adjusted and unadjusted cross-sections (Figures 4 and 5).

Q =
1
n

AR
2
3 S

1
2 → Q× n

S1/2
=

( x
4
)5/3 × (y)5/3(

(x2 + 4y2)
1/2
)2/3

(4)

where

Q = discharge (m3/s)
n = Manning’s roughness coefficient (range between 0.01 and 0.75)
A = cross-section area (m2)
R = the hydraulic radius, equal to the area divided by the wetted perimeter (m)
S = the head-loss per unit length of the channel, approximated by the channel slope

Different land uses can affect water flow, where the greater the roughness coefficient
the lesser the flow velocities. To represent this in the equations, an empirically derived
roughness coefficient is introduced, using the table from Chow (1959) [60] approximating
it to Ks values. Landsat satellite imagery (present time) was used for the identification of
land-use types, based on the works of Thiam et al. (2022) [26].

As a requirement for the model, using ArcGIS, the river and its banks and DEM
spatial-model boundary and distinct features (e.g., roads) were delineated and exported to
shape and ascii files, respectively.

https://kalypso.bjoernsen.de
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(b) Model setup

The LMR was initially divided into four sections (S1–S4) for the reasons of model
run-time efficiency, availability of historical discharge and flexibility in the integration of
scenarios and measures. However, during the first investigation and run analysis, it was
decided to combine the S1 and S2 (Figure 6) sections because of the rather flat terrain in
these sections. Coupling these two sections allowed us to have a better representation of the
flow and interaction of floodwater in the terrain. Furthermore, knowing that computational
parallelization is possible, a multi-core CPU were used when running the model. Measured
discharge was used for calibration and for climate- and land-use-change scenarios, and for
the planned Adjarala dam the hydrologically derived discharge model was used. Table 4
presents the summary of the set-up of the sections.

In setting up the model in Kalypso, the discharge data was imported, the location of the
model boundary was defined, a computational mesh to represent the river and floodplain
was created, the mesh elevation and roughness coefficient were assigned, upstream and
downstream boundary conditions were defined, and calculation units and simulation
settings were set. At the end, the model set-up was exported to a file format for Telemac2D,
and the model was run using the command line terminal script for Telemac2D.
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Figure 5. Longitudinal profile of the unadjusted (b) and adjusted (a) cross-section, presenting the
lowest bed elevation of the 77 cross-section. Ideally, rivers follow a constant slope. Due to DEM
errors, the left-hand figure shows an irregular slope between the cross-section. After correcting all
cross-sections, the longitudinal profile shown in (b) now has a constant slope.
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Figure 6. Lower Mono River (LMR) basin study area showing the modelled sections and water level
measuring stations in green markers.

Table 4. Model set-up of the three sections.

Input Data
Section

S1–S2 S3 S4

DEM 30 m 30 m 30 m

River bathymetry
30 m DEM—Corrected
theoretically
Length—139.5 km

30 m DEM—Corrected
theoretically
Length—52.83 km

30 m DEM—Corrected
theoretically
Length—53.11 km

Land use for flow resistance Farmland, water, settlement
and savanna

Farmland, water, settlement
and savanna

Farmland, water, settlement
and savanna

Mesh 2D elements Number of elements—477,889
Area—2064 km2

Number of elements—174,876
Area—182.7 km2

Number of elements—183,325
Area—237 km2

Upstream boundary Athiémé/Adjarala discharge Tététou discharge Nangbéto discharge

Downstream boundary Sea-water level (constant) Athiémé/Adjarala rating
curve Tététou rating curve

Discharge time series August 2010–April 2011 August 2010–April 2011 August 2010–April 2011
Rating curve Not available Yes Yes

(c) Calibration and validation

Calibration of a hydrodynamic model generally makes use of the observed-water-level
data, to compare it with the model output. However, due to the unavailability of observed-
water-level data, the model results were calibrated and validated by comparing them with
a satellite image of a flooding event with a similar discharge. Moreover, stakeholders were
also engaged in a workshop on identifying the most flood-prone areas, based on their field
and expert knowledge.

In this context, first, the low- and medium-flow discharge was used to simulate a
full riverbank. Then the 1963 and 2010 extreme events were used as reference cases, for
comparison with satellite imagery of a similar flood discharge in the year 2019. The 1963
and 2010 extreme events had a maximum peak discharge at Athiémé of about 900 m3/s.
Flooding in the Mono river, as shown in Figure 7, can last up to several months. Thus, the
model has to run a 70-to-90-day event to capture the rise and fall of the water level in the
Mono river.
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Figure 7. Hydrograph of Athiémé station—2010 event.

The extreme event was spatially validated with the processed satellite imagery from
MODIS by UNOSAT for the flood event of 2019 (https://unosat.org/products/2763 (ac-
cessed on 5 March 2020)) and inputs from the stakeholder workshop (Figure 8). Unfor-
tunately, UNOSAT published a flood map that only shows the side of Togo. Hence, the
southeastern coastal part is not presented. The flood event of 2010 was more or less compa-
rable to that of 2019 in terms of peak discharge. The results show an almost similar flood
extent. However, remotely sensed information cannot capture shallow water depths, which
is why some parts look as if there is no flooding.
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2.7. Analysis of Extremes and Flood-Hazard Scenarios

For the analysis of extremes, max-discharge return periods (HQ) of 2, 5, 10, 50 and
100 years were statistically derived for the historical (base case) and future scenarios. The
extreme value distribution (EVD) statistical analysis of Gumbel (GEV) and Pearson III were
used to derive HQ for stations Nangbeto, Tetetou and Athieme. The work of Millington
et al. (2011) [61] presented an interesting study on the comparison of GEV and Pearson III in
the upstream of the Thames river basin under different global climate models. In the Lower
Mono case study, GEV was used, because it represents the trend of the recorded HQs.

For the base case, discharge data of 33 years (1987–2019) were used for Nangbéto
station, 27 years (1965–1991) for Tététou and 24 years (1987–2010) for Athiémé. Future
scenarios on climate (RCP 4.5 and 8.5) and land-use change, with and without the Adjarala
dam from the years 2022 to 2070 were used to derive future return periods (HQs) of dis-
charge. Estimates of discharge with future scenarios were modelled using the hydrological
model at the station at Athiémé. Figure 9 presents the plot of the base case HQ.
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Figure 9. Base Case (HQ) for different stations.

After the analysis of extremes, these HQs were transformed into a hydrograph
(Figure 10), having the shape derived from several high-flow-event hydrographs. This was
then used as an input for the hydrodynamic model, to obtain an idea of the severity of
these flooding scenarios.
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3. Results and Discussion
3.1. Runoff Simulation
3.1.1. Model Calibration and Validation

Figure 11 shows the simulation results during the calibration and validation phases. A
visual inspection indicates that the pattern of observed discharge at the Athiémé station is
well represented. This is supported by the statistics presented in Table 5.

Overall, the values of p-factor and r-factor show that the parameter ranges that were
used represent well the observation, and with relatively low uncertainty. As reported
by Schuol et al., 2008 [49], a p-factor and a r-factor near 1 indicate fairly good results.
The p-factor of 0.91 during calibration (0.85 during validation), means that 91% (85%) of
observation was bracketed within the 95% certainty range, defined by the 95PPU band.
Moreover, the ability of the model to capture the flow during the period 1970–1985, which is
known as a drought-dominated period over West Africa [62], and the capacity of the model
to represent the peaks, confirms the good performance of the SWAT model in both drought
and flood periods in the Mono basin. The lower R2 and KGE statistics noticed during
validation are imputable to the abnormally high values simulated at the beginning of
2010. This overestimation may be due to outliers in the rainfall records. Despite this lower
R2 value, the model showed good results during validation, compared to the calibration
statistics, which were also very good. In addition, the bias level declined during the
validation period. The fact that the calibration and validation periods were not selected as
continuous periods (e.g., 1967–1976 and 1977–1986), but were rather based on a balanced
combination of hydrologic conditions (dam and no-dam years, high- and low-peak years),
has led to better results, compared to a previous study conducted with SWAT in the Mono
catchment [29]. In the study by Koubodana et al., 2021 [29], known to date as the only
published work with SWAT in the Mono catchment, the authors created two distinct
models: one for the period before the Nangbéto dam construction (1964–1986), and another
one for the period after the dam (1988–2011). The model calibration with that approach
yielded very good results for the period before the construction of the dam (KGE = 0.82,
R2 = 0.68), but a lower performance during the post-dam period (KGE = 0.54, R2 = 0.2).
The decline in the statistics may be attributed to the high level of missing discharge data
during the post-dam period of 39% (the majority occurring in the high-flow season), which
substantially reduced the actual exploitable data.
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Table 5. Goodness-of-fit during SWAT calibration and validation.

Goodness-of-Fit KGE R2 PBIAS p-Factor r-Factor

Calibration 0.83 0.80 −13 0.91 1.31
Validation 0.68 0.57 2.3 0.85 1.46

3.1.2. Future Runoff under Climate- and Land-Use-Change Scenarios

Figure 12 presents the pattern of the discharge under climate- and land-use-change
scenarios.

During the period 2022–2070, the runoff is expected to be characterized by a mixture
of high and low peaks. The scenario RCP 4.5 projects higher peak values than the scenario
RCP 8.5. This is attributable to rainfall and temperature projections in the Mono River
basin. As reported by Houngue et al., 2022 [19], RCP 4.5 projects wetter conditions (higher
precipitations peaks and lower temperatures) than the high-pathway scenario, RCP 8.5, in
the Mono basin. With reference to 1966–2015, the average annual temperature in 2021–2070
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presented a 1.5 ◦C increase under RCP 8.5, while the intermediate-pathway scenario,
RCP 4.5, showed a 1 ◦C increase.
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The Mann–Kendall test performed on annual peaks of runoff from 2022 to 2070,
revealed a statistically-insignificant increase with the scenario RCP 4.5 (p-value = 0.53), and
a significant decrease under RCP 8.5 (p-value = 0.04). This is in line with the rainfall and
temperature scenarios mentioned above. However, regardless of the projected trend, a
succession of low and high annual peaks are expected in some years; for instance, 2058
(464.5 m3/s) and 2059 (1629 m3/s) under RCP 4.5, and the years 2045 (592.1 m3/s) and
2046 (1407 m3/s) under RCP 4.5.

The highest discharge recorded in the Mono catchment, from 1960 to 2010, is about
900 m3/s, and was observed in 1963 and in 2010. That discharge magnitude triggered one
of the most disastrous flood events in the catchment [13,14]. Taking 900 m3/s as a reference
during the period 2022–2070, it was noticed that the discharge under RCP 8.5 has more
years (24 years) above 900 m3/s than the scenario RCP 4.5 (19 years). This means that,
despite the lower peak values projected by the scenario RCP 8.5, potentially high flood
events are likely to occur often under that scenario. That assumption is corroborated by
the discharge values at return periods 2, 5, 10, 50, and 100. Table 6 presents the return
period and associated discharge values for scenario RCP 4.5 and RCP 8.5, and for the
base-case scenario.

Table 6. Return periods of runoff with climate- and land-use-change scenarios.

Runoff (m3/s)

Return Period Base Case RCP 4.5 RCP 8.5

2 554.80 1014.32 927.28
5 810.30 1373.82 1228.53
10 956.2 1584.36 1408.91
50 1218.00 1981.44 1758.66

100 1308.50 2125.34 1889.02

Comparing the base case (BC) with the future scenarios shows that the peak runoff
becomes more frequent in the future. For example, the base case HQ10 will become HQ2.

Figure 13 presents the mean hydrograph for the period 1988–2010 (after the construc-
tion of the Nangbéto dam) and the hydrographs under future climate- and land-use-change
scenarios.
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Overall, the peaks are expected to increase during 2022–2070, with a longer overland
flow. This is attributable to rainfall projections in the Mono catchment, which are expected
to be more intense due to climate and land-use changes. As reported by Amoussou et al.,
2020 [20], the annual maximums of daily precipitation are expected to increase between
2028 and 2050. The authors assessed extreme rainfall patterns in the Mono catchment, and
concluded that a significant increase in the intensity of extreme rainfall events is expected.
The analysis of the precipitation data used in this study revealed an increase in peaks, a
delay in the start of the rainy season, and a shorter season [19]. Moreover, the findings of
the study of Wetzel et al., 2022 [63] on assessing flood-risk dynamics in the LMR shows that
there is a strong causality between economic dependence on agriculture and the destruction
of ecosystems and soil degradation, which are driven by the type of agriculture and the
agricultural techniques. This soil degradation and destruction of ecosystems will also
have an impact on the extremity of the flooding. This will produce more run-off and
sedimentation in the river channels. Those factors, compounded with the decrease in forest
areas and the extension of settlements in the catchment [25,26] may trigger low infiltration
rates and a higher runoff. The works of Thiam et al., 2022 [26] shows a 58% decrease in
forest in the year 2070, which would have an effect on the ecosystems and soil degradation.

The boxplots in Figure 14 illustrate the interannual variability of discharge under the
scenarios RCP 4.5 (a) and RCP 8.5 (b).
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Despite the projected overall increase in discharge, high interannual variabilities are
expected at a monthly scale, especially during the high peak season. The highest variations
are noticed from July to November.
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3.1.3. Effect of the Adjarala Dam

After adding the second, yet to be built, Adjarala dam into the model, the annual
maxima were globally reduced (Figure 15). The average annual maximum dropped from
1050.63 m3/s to 814.42 m3/s under RCP 4.5, and from 995.29 m3/s to 816.72 m3/s under
RCP 8.5.
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Table 7 presents a comparison of return periods of annual maximum discharge, with
and without the Adjarala dam.

Table 7. Return periods of runoff with climate, land-use and Adjarala dam scenarios.

Runoff (m3/s)

Return Period Base Case
LU + RCP LU + RCP + Adjarala Dam

RCP 4.5 RCP 8.5 RCP 4.5 RCP 8.5

2 554.80 1014.32 927.28 810.85 772.01
5 810.30 1373.82 1228.53 1050.35 1127.80

10 956.2 1584.36 1408.91 1173.24 1420.99
50 1218.00 1981.44 1758.66 1370.50 2279.85
100 1308.50 2125.34 1889.02 1430.94 2755.42
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The results show that constructing the Adjarala dam may reduce the recurrence of
extreme discharges. Nonetheless, the peaks are expected to remain above the levels experi-
enced to date (the base case). Under the scenario RCP 8.5, HQ50 and HQ100 are expected to
increase rather a lot if the Adjarala dam is constructed. These obviously off-track values
may be due to the limited length of the time series used (49 years) and to outliers.

Figure 16 presents the mean hydrographs over the period 2022–2070, with and without
the Adjarala dam. The mean hydrographs indicate that, from a long-term perspective,
building the Adjarala dam may reduce the discharge at Athiémé, but only slightly. This
is probably attributable to the characteristics of the reservoir which might be relatively
small for a substantial and long-term flood reduction under future climate- and land-use-
change scenarios in the Mono catchment. In this regard, the Netherlands Commission
for Environmental Assessment [27] has reported that the intended volume and surface
area of the reservoir of the Adjarala dam, as announced in the dam project, might be
underestimated, due to potential inaccurate elevation considerations.
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The flow-duration curves (FDC) presented in Figure 17 illustrate the percentage of
time that a certain amount of discharge is reached or exceeded during the period 2022–2070.
The shapes of FDCs from scenarios ‘with’ and ‘without’ the Adjarala dam are similar,
indicating that the overall hydrology of the flow is not expected to change. The FDCs show
that peaks of 0–1% of exceedance percentage are reduced with the Adjarala dam. This
supports the assumption that the dam can reduce the peak of extremely high discharges.
However, a lower effect is observed for medium (20–70%) and low (70–95%) flows.
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Furthermore, the very low flows (95–100% of exceedance probability) depict a remark-
able decrease with the Adjarala dam, especially under the scenario RCP 8.5. This indicates
that the construction of the Adjarala dam may cause the river to dry out downstream
sometimes in the future. It is worth recalling that the current simulation is basically based
on the storage information for the reservoir of the Adjarala dam. The reservoir simulation
did not account for other water uses such as irrigation and aquaculture, as announced
by the two countries [27]. The peaks might therefore become lower, and the dam more
effective for flood protection, if those components were integrated. However, beyond
the flood-reduction aspect tackled in this study, it is recommended that a minimum en-
vironmental flow is ensured, to sustain water availability for local communities and for
ecosystem services [64,65]. As reported by King and Brown 2018 [66], the expansion of
hydropower infrastructures in developing countries may jeopardize river systems and
induce environmental and social impacts. Considering the potential reduction in discharge
detected during very-low-flow periods, further studies on the management of the Adjarala
dam, and on possible options for the regulation of the river flow, are recommended.

3.2. Flood Hazard

The flood modelling produced 25 hazard maps, modelling the return periods (HQ)
2, 5, 10, 50 and 100 of the base case, RCP 4.5 and RCP 8.5, and with the Adjarala dam. In
this section, we present selected flood-hazard maps that are representative of our findings
and analysis. Moreover, RCP 4.5 return periods were selected for comparison, because they
show that this climate scenario produces a higher discharge when compared to RCP 8.5.

3.2.1. Base Case and RCP 4.5 (H2 and HQ10)

The findings show that flooding considerably affects, and is more dynamic, in the
mid-to-downstream sections. Even with low-return periods (i.e., HQ2, with the probability
of occurrence of 50% every year), many townships/communities are still affected. Figure 18
shows a comparison of the base case and RCP 4.5 HQ2 and HQ10. Looking at HQ10
RCP 4.5 (Figure 18d) which has a peak of ~600 m3/s more than the HQ10 base case
(Figure 18c), large areas which have not experienced flooding in the Athiémé township
and the floodplains in the south to the east of Grand Popo may be inundated. The HQ10
base case is an event comparable to the year 2010, one of the most devastating flood events
recorded in the study area.

3.2.2. RCP 4.5 and RCP 8.5 (HQ10 and HQ 100)

The following figures present the scenarios RCP 4.5 and RCP 8.5 HQ10 and HQ100
with the base case. As shown again in these figures, even with an increase of >47% (HQ10
RCP 8.5) in the discharge peak of the HQ10 base case, the areas that did not experience
flooding in the township of Athiémé and the southern flood plains may also be inundated
(Figure 19b,c). Furthermore, an increase of >98% (Figure 20e) in the discharge peak of the
HQ10 base case will also further exacerbate the flooding near the area of Lac Ahémé, in the
southwest, and also the areas in the upper midsection.

3.2.3. Effect of the Adjarala Dam on Flood Extent

Presenting the results of the Adjarala dam scenario, Figure 20 shows that for HQ10
RCP 4.5, the Adjarala dam can potentially reduce the impact of flooding. This is clearly
shown in the townships of Athiémé and the southern coastal areas. The assumptions for
the Adjarala dam were based on the parameters and projected operational management
information provided by the Communauté Electrique du Bénin (CEB), the institution in
charge of electric infrastructures in Benin and Togo [27]. This, however, can be improved if
new data and information are acquired.
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In addition to the findings, in Figure 21, the simulation shows that certain sections on
the western coast drain the water coming from the flood plains. These existing flood plains
and drains play a vital role in storage and drainage, and thus need to be preserved in order
not to exacerbate flooding.



Sustainability 2023, 15, 5862 26 of 31Sustainability 2023, 15, x FOR PEER REVIEW 27 of 33 
 

 
Figure 20. Flood-hazard map—RCP 4.5—(b) with and (a) without Adjarala Dam. The red circles 
are new areas inundated with higher discharges. 

3.2.3. Effect of the Adjarala Dam on Flood Extent 
Presenting the results of the Adjarala dam scenario, Figure 20 shows that for HQ10 

RCP4.5, the Adjarala dam can potentially reduce the impact of flooding. This is clearly 
shown in the townships of Athiémé and the southern coastal areas. The assumptions for 
the Adjarala dam were based on the parameters and projected operational management 
information provided by the Communauté Electrique du Bénin (CEB), the institution in 
charge of electric infrastructures in Benin and Togo [27]. This, however, can be improved 
if new data and information are acquired. 

In addition to the findings, in Figure 21, the simulation shows that certain sections 
on the western coast drain the water coming from the flood plains. These existing flood 
plains and drains play a vital role in storage and drainage, and thus need to be preserved 
in order not to exacerbate flooding. 

Figure 20. Flood-hazard map—RCP 4.5—(b) with and (a) without Adjarala Dam. The red circles are
new areas inundated with higher discharges.

Sustainability 2023, 15, x FOR PEER REVIEW 28 of 33 
 

 
Figure 21. Flood-hazard maps—Western coast drainage. The green circles are drainage areas. 

3.2.4. Limitations 
The model was set up with the limited data we collected, and to compensate for this, 

scientifically derived inputs such as the cross-section were also used as input. If additional 
information and data are made available in the future, this will significantly improve the 
model results, especially in the southern section. 

The east and west coastal area and the southeastern floodplain are beyond the scope 
of the basin boundary defined in this study. We tried to integrate these into the model but 
in our investigation the interaction here is more complex, and thus current results in the 
coastal area must be dealt with with caution, because of that uncertainty. This requires an 
in-depth investigation, integrating the other system and also (new) data regarding dis-
charge, storm surge/tides and bathymetry. See Figure 22 below for the areas (in red) that 
need caution for further use. 

Figure 21. Flood-hazard maps—Western coast drainage. The green circles are drainage areas.



Sustainability 2023, 15, 5862 27 of 31

3.2.4. Limitations

The model was set up with the limited data we collected, and to compensate for this,
scientifically derived inputs such as the cross-section were also used as input. If additional
information and data are made available in the future, this will significantly improve the
model results, especially in the southern section.

The east and west coastal area and the southeastern floodplain are beyond the scope
of the basin boundary defined in this study. We tried to integrate these into the model but
in our investigation the interaction here is more complex, and thus current results in the
coastal area must be dealt with with caution, because of that uncertainty. This requires
an in-depth investigation, integrating the other system and also (new) data regarding
discharge, storm surge/tides and bathymetry. See Figure 22 below for the areas (in red)
that need caution for further use.
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4. Conclusions

This study assessed the combined impact of climate and land-use change on floods in
the Lower Mono river catchment, and the potential effect of the forthcoming Adjarala dam.
Results show that extreme flood events will persist in the future, based on the climate and
LULC-change scenarios investigated. A high interannual variability of runoff is expected
from 2022 to 2070, with possibilities of drought and flood occurring in consecutive years.
During the wet season, more intense precipitation is expected, which translates to more
extreme flood events. This is clearly seen on the mean hydrographs from 2022 to 2070,
which depict higher runoff during the peak season of August–November. In addition, HQ10
events of the base case become HQ2 under the climate- and land-use-change scenarios.
Although the sole investigation of land-use-change impact on flooding was not explicitly
investigated here, it is already clear that urban growth will also exacerbate flooding,
producing higher runoffs. This will have an increased impact on communities and the
agricultural economy, which is the main economic activity in the study area. The Adjarala
dam may reduce the magnitude of extreme flood events in the future. However, it may also
affect water availability during low-flow periods, and thus jeopardize environmental flow
and related benefits in the LMR basin. Based on the observed variability of spatio-temporal
impacts on flood hazard in the LMR basin, both local and basin scales need to be taken
into account by decision makers. The expansion of settlements in flooded areas that are
currently not settled should be avoided. The integrated and participatory approach used
in this study, with the engagement of stakeholders for flood-map validation, should be
maintained and furthered for the identification of sustainable adaptation measures. Further
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studies could investigate the capabilities of other models for flood-hazard mapping in the
LMR basin. In addition, improved model performances may be achieved with more in
situ data, e.g., longer discharge-time series, measured cross-sections of the river, and tidal
data. Furthermore, a system analysis of floods, involving water intrusion from the sea and
the influence of the nearby Ahémé lake are recommended, in order to obtain a holistic
perspective of flood hazards in the LMR basin. Finally, vulnerability and risk assessments
are recommended for an effective preparedness, response and adaptation to floods in the
LMR basin.
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