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Abstract

:

After the COVID-19 pandemic, traditional online shopping with pictures and videos has been transformed into livestreaming shopping. Various apps for livestreaming shopping have gained popularity, and TikTok livestreaming (TTL) accounts for more than half of livestreaming shopping in China. Therefore, consumers’ ability to continue shopping is the core factor for the sustainable development of TTL. The purpose of this study was to explore what kinds of gratifications affect the continuous purchase intentions of TTL consumers and to examine the moderating effect of education level. We collected data from 234 TTL consumers in China and then used a structural equation model to analyze, while SPSS23.0 and AMOS24.0 were applied to evaluate and empirically test the research hypotheses. This study confirmed the significant impact of four kinds of satisfaction on consumers’ continuous shopping intentions and also confirmed the differences among consumers with different levels of education. This provides theoretical support for the sustainable development of e-commerce in the future and the maximization of income from live shopping.
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1. Introduction


Human society has been experiencing the fourth industrial revolution (4IR), contributing to dramatic changes in the ways people shop at present [1]. Thanks to today’s information and current communication technologies, consumers have access to shopping via a range of social media and websites [2,3]. Therefore, it further promotes the development of livestream shopping, which gradually becomes an important means for merchants to improve their sales performance [4].



Livestream shopping, or simply live shopping, is a marketing tactic in which a host, generally an influencer or celebrity, uses a live video to advertise a product. With the help of likable, current online personalities, livestream shopping promotes and sells products via influencer streams on social media platforms. It has elements of infomercials, variety shows, and group chats [5]. Many social media platforms have started livestream shopping, such as Facebook [6], TikTok [7], and Instagram [8].



This study focuses on the most popular social media, TikTok (Douyin or “抖音” in Chinese). It was first launched in China in 2016 and has since taken the world by storm [9]. After the outbreak of COVID-19, China implemented lockdown policies in response to the pandemic, which temporarily brought physical and economic mobility to a standstill. However, the popularity of TTL not only provides real-time information for people who stay indoors [10] but also plays an important role in the sustainable economic development of China [11].



As a new way of online shopping, livestream shopping attracts more consumers than traditional online shopping. Since the streamer in the livestream is a major feature of live shopping, many researchers from the aspect of the live streamer explored the impact on purchase intention [4,5,12] and continuous purchase intention [13].



Livestream shopping is a combination of social media and online shopping, and the development of social media is closely related to the uses and gratifications (U&G) theory [14]. In recent years, the U&G theory has proved the feasibility of the effect of satisfaction generated by using various social media apps on behavioral motivation [15,16,17,18,19]. On TikTok, as a shopping social media software, the most direct expression of users’ satisfaction is continuous use or purchase [20,21]. Therefore, a reasonable way to analyze TTL consumers’ continuous purchase intention is based on the U&G theory.



Although some researchers have adopted this method, they only take utilitarian and hedonic gratification into consideration [22,23]. It is not very comprehensive to analyze these two kinds of gratification only. TikTok users can publicly articulate wanting to have connections with other users and share their comments or likes [19]. Thus, according to the characteristics of TTL, this study must increase the gratification of TTL consumers in terms of content and society.



Meanwhile, according to the China 2022 TikTok report [9], both men and women, young and old, are enthusiastic about the short video app. But there is a bipolar difference when buying; those who are willing to buy will keep buying, and those who are not willing to buy will not try it once. Based on previous studies, different levels of education lend to different ways of individual knowledge, ways of thinking, and consumption behavior [24,25]. In the field of e-commerce, consumer education proved to be important [26]. With the improvement of professional education levels, the tendency to use online shopping is also on the rise [27]. Research as early as 2001 has shown that the acceptance population of e-commerce at that time was mainly young people with good IT education [28]. This evidence indicates a strong correlation between education levels and consumers’ online shopping intentions and behaviors. However, remarkably little consideration has been given to the impact of different education levels on specific differences in shopping intentions. Whether consumers of TTL will also have such differences, this study proposes the hypothesis of the moderating effect of education level.



Therefore, based on the U&G theory, we developed a research model first, discussed how four kinds of gratification affect continuous purchase intention, and finally took education level as a regulating variable to analyze its differences. The literature review is first presented in Section 2, and the research model and hypotheses are elaborated in Section 3. The research methods are explained in Section 4, and the data analysis and results are described in Section 5. The discussions are focused on Section 6, and the implications and limitations are explained in Section 7.




2. Literature Review


2.1. Livestream Shopping and TikTok


Livestream shopping is an emerging trend in Internet shopping; consumers can enter a livestream platform via social media apps and then shop directly. This method has a more immersive shopping experience than the traditional online shopping method of adding to a shopping cart [29]. Livestream shopping includes e-commerce, social networking, and entertainment [30]. As witnessed on social media, video apps have grown at an exponential rate, changing the way companies are conducting business online [31]. Meanwhile, the form of “livestreaming + shopping” is also rapidly heating up around the world. Consumers would like a more convenient, interactive, and entertaining purchasing experience from high-quality livestream shopping [5]. Moreover, for livestreaming e-commerce, most studies focus on impulse buying [32] and the celebrity economy [5], but few studies analyze the motivation of consumers’ continuous behavior from the perspective of their satisfaction.



TikTok seems to be in vogue and even has changed our lives, especially after the COVID-19 outbreak. For instance, even some healthcare workers have turned to TikTok to spread information to the public [33]. At present, research on TikTok has spread all over various fields. TikTok has facilitated research in psychology [34], privacy [35], scientific public engagement [36], and the online spreading of hate [37]. As Mou [7] argued, TikTok is one of the top and emerging social media platforms that is being adopted by marketers to reach and engage with their target audience. Shopping via livestreaming has become the primary method of shopping [38]. In 2021, TTL sold 450 thousand books a day, and the sales of China’s time-honored brands increased by 647% year on year [11], and the popularity of live shopping is unprecedented.




2.2. U&G Theory of Social Media


The origin of U&G is from research in radio communication [39]. Early researchers’ studies on U&G were descriptive [40,41]. By the 1970s, U&G’s research was focused on finding gratification. The U&G theory provides a theoretical framework for media researchers to study how users use traditional or new media and puts forward five types of needs that mass media satisfy, namely cognitive, emotional, personal integration, social integration, and stress release [42]. In recent years, with the rapid growth of computers and networks driving the rise of mass media, the importance of the U&G theory has been revealed. Ruggiero [14] emphasized that any consideration of mass communication theory’s future direction must take the U&G theory into account.



With the emergence of smartphones, more researchers on the U&G theory have focused on the motivation of mobile phone use [43]. At the same time, various social media apps related to smartphones, for example, Facebook, Instagram, Twitter, WeChat, TikTok, and so on [15,16,17,18,19], have also become a broad research direction for researchers. Table 1 provides a summary of the gratifications obtained by researchers for current social media with a large number of users in the world. Therefore, it is reasonable and feasible in the TTL context to use the U&G theory in this study.




2.3. Consumers’ Continuous Purchase Intention


Users’ satisfaction with the information system will be directly reflected in the continuous use of the information system [20], while consumers’ satisfaction with e-commerce will be reflected in the continuous purchase intention [21]. A study in Pakistan has demonstrated that social media use and browsing can significantly affect sustainable purchase intentions [46]. Customers who use social media may not initially have a strong desire to buy, but after viewing social media material or engaging in social media interactions, they will have continuous purchase intention [47,48]. In previous studies, many factors were observed to affect the customer’s intention of different items. For example, streamers’ characteristics [4,12], perceived value [47,49,50], and online information search [51]. Concurrently, the influence of human emotional factors such as the different types of trust [26,52,53,54], enjoyment [50], and perceptual curiosity [53] has also been shown to correlate with shopping behavior and willingness.




2.4. The Role of Education Level in Online Shopping


Education level is an aspect of demographic difference. Studies have shown that highly educated users are more receptive to new things, such as mobile health apps [55]. Meanwhile, they are also more likely to use social media [56]. Few studies have shown that differences in education level have different effects on shopping behaviors or intentions, but there is some evidence to support these differences. People who know more about online shopping will trust and go shopping more online [26]. Li et al. [57] argued that a higher proportion of better-educated consumers fall into the frequent online buyer category. Consumers with better education are more likely to choose online shopping rather than offline shopping [24]. Millan and Howard [58] also suggested that there is a connection between education and shopping enjoyment. Previous research showed that different levels of education could influence customers’ online shopping intentions or behaviors. More details on the relevant aspects between education level and online shopping are shown in Table 2.





3. Research Hypothesis and Model


3.1. Research Hypothesis


In previous studies on social media, gratifications are mainly divided into the following five dimensions: content gratification [15,44], utilitarian gratification [18,22,23], social gratification [15,62,63], technological gratification [44], and hedonic gratification [19,64,65].



3.1.1. Content Gratification


Content gratification is derived from the use of mediated messages for their direct, substantive, intrinsic value for the receiver [66], and it plays an important role in influencing social media behavior from dimensions such as information sharing, self-documentation, and self-expression in recent years [15,16,44,67]. Content gratification is linked to the information itself [66,68]. Knowledge or information sharing can have an impact on people’s intentions because, with knowledge about products and services, people can make decisions wisely [69]. The more shared and exchanged consumption-related information is, the better social business websites will be developed [70,71]. When consumers watch the live-shopping channels, they can share product information with friends or share some shopping discount pieces of information via private social media to obtain more “Likes” and then motivate them to continue shopping. Thus, the following hypothesis was put forward.



Hypothesis 1 (H1). 

Information sharing significantly affects TTL consumers’ continuous purchase intention.






3.1.2. Utilitarian Gratification


Utilitarian gratification is related to the consumers’ benefit from specific goals and tasks [72]. The utilitarian motive of consumers is the determining factor of their purchase intention [22,23]. Previous researchers generalized utilitarian gratification from different dimensions to different social media, mainly including information seeking, access to new news, work efficiency, cost saving, and self-presentation [19,22,67]. According to Babin et al. [73], utilitarian shopping motivations are task oriented, rational, and cognitive. The convenience or utilitarian orientation of online shopping leads Internet shoppers to website features that save search costs to pursue their utilitarian outcomes during shopping [57], such as saving money [74] and obtaining a lot of information about stores and products [75]. To et al. [22] demonstrated that consumer intention to seek and purchase is influenced by utilitarian motives. Therefore, hypotheses are outlined as follows.



Hypothesis 2 (H2). 

Cost saving significantly affects TTL consumers’ continuous purchase intention.





Hypothesis 3 (H3). 

Information seeking significantly affects TTL consumers’ continuous purchase intention.






3.1.3. Social Gratification


Stafford et al. [76] defined social gratification as a term for maintaining social relationships, and it is also the result of satisfying the social motivation to maintain or start a relationship via social media [44,77]. Liu et al. [44] also emphasized that social gratification is an outcome of the fulfillment of social engagement. As an emerging social media platform, TikTok has implications not only for meeting people’s social needs but also for carrying out e-commerce via the software; even the TTL streamer’s introduction may produce the illusion of offline shopping. When audiences are watching the livestream, social presence induces a more authentic consumer-viewing experience [78], trust, enjoyment, and perceived usefulness [79]; this, in turn, increases consumers’ continuous purchase intentions [13]. Thus, the following hypothesis was suggested.



Hypothesis 4 (H4). 

Social presence significantly affects TTL consumers’ continuous purchase intention.






3.1.4. Hedonic Gratification


Hedonic gratification is related to the fulfillment of hedonic expectations [80], and it has been proven by many studies to be a crucial factor in determining users’ behavior in using social media [15,16,18,72]. Xu et al. [81] believed that consumers shop online not only to buy goods but also to meet the needs of experience and emotion. There has been research showing that hedonic value and consumers’ willingness to continue to purchase would have a significant causal relationship with livestreaming e-commerce [13]. Therefore, it shows that online consumers, similar to offline consumers, also pursue pleasure and gratification. Studies show that shopping behaviors or intentions are means to pass time [82], enjoyment [62,83], and escapism [62,84]. The hypotheses are outlined as follows.



Hypothesis 5 (H5). 

Passing time significantly affects TTL consumers’ continuous purchase intention.





Hypothesis 6 (H6). 

Enjoyment significantly affects TTL consumers’ continuous purchase intention.





Hypothesis 7 (H7). 

Escapism significantly affects TTL consumers’ continuous purchase intention.





Technological gratifications are the fulfillment of the use of social media as a technically innovative system platform [44]. However, this study is based on the consumer’s perspective, and there is no significant relationship between the level of technological innovation and consumers; thus, technological gratification was not applicable to this study.





3.2. Education Level


In addition, previous studies have shown that education level is an influential factor in shopping intentions or behaviors [60,61]. Kee and Wan [59] proposed that consumers with higher education are in favor of online shopping because it can provide more favorable prices. As we discussed above, previous research has shed light on consumers’ perceptions and attitudes towards shopping variation caused by education level. The background of this study is in social media with shopping via the TikTok platform, and we speculated that the impact of gratification generated by watching TTL programs on continuous purchase intention will vary with the level of education. Therefore, the following hypothesis was formulated.



Hypothesis 8 (H8). 

The effect of information sharing (H8a), cost saving (H8b), information seeking (H8c), social presence (H8d), passing time (H8e), enjoyment (H8f), and escapism (H8g) on continuous purchase intention is larger for high-educated than for low-educated individuals.







4. Research Methods


4.1. Research Model


According to our previous discussion, we identified four main gratification categories of TikTok consumers in livestreaming shopping in this study. Table 3 shows the definitions of gratification in TTL shopping, and Figure 1 depicts the research model.




4.2. Construct Measurement


The research model was made up of eight constructs, including perceived information sharing (IS), cost saving (CS), information seeking (ISE), social presence (SP), passing time (PT), enjoyment (EN), escapism (ES), and continuous purchase intention (CPI). Multiple-item measures were used to assess all of the components. All of the measurement items were adapted from previous research and then tweaked to meet the TTL shopping research scenario.



All items were measured with a seven-point Likert scale, ranging from “strongly disagree (1)” to “strongly agree (7)”. In addition, a screening question that the first question of this questionnaire is to ask whether participants have ever had a TikTok live-shopping experience. If the answer was “no”, this questionnaire ended directly. Some multiple-choice questions were used to ask about gender and other demographic factors. The final items are listed in Table 4.




4.3. Sample and Data Collection


We made online questionnaires and collected data on Wenjuanxing (www.wjx.cn), which is the Chinese largest online questionnaire platform. Following the snowball sampling technique, firstly, we published the questionnaire on the platform. The first 50 people who answered the complete questions were able to receive a reward of CNY 2 (USD 0.3) per person, and they were required to distribute the links to their relatives and friends. For this, respondents could obtain a reward of CNY 1 (USD 0.15) per person. To complement this approach, we also disseminated survey links on social media channels such as WeChat and QQ.



The survey time of the study was from 5 February 2022 to 25 February 2022. We collected a total of 656 questionnaires. At the beginning of the questionnaire, TikTok live shopping (TTL) was explained in detail, and then, “Have you ever shopped on TTL?” was the first selection question of the questionnaire, 332 questionnaires with no TTL shopping experience were excluded. Through assessing the questionnaires with answer times of less than 1 min, and for which all of the answer options were consistent, we finally obtained 234 valid questionnaires.



The results revealed that in the full sample (see Table 5), just over half of the sample (51.3%) were females and 48.7% were males. Among the respondents, 8.1% of them were below 20 years old, while those aged from 20 to 40 accounted for 48.3%, from 41 to 60 comprised 38.5%, and 5.1% of them were above 60 years old; this showed that people in their 20s and 30s are the backbone of online shopping. These data were also in line with the ASKCI [90] data report that indicated that Chinese Internet users born between 1980 and 1995 had the highest online shopping utilization rate. For education, the highest educational level of respondents was junior and senior high school (46.6%), followed by college and university (32.5%), then below junior high school (12.4%), and finally a Master’s degree or above (8.5%). There are four types of higher education institutions in China: regular higher education institutions, independent institutions, higher vocational colleges, and adult higher education institutions [91]. Therefore, the scope of higher education in China is basically summarized as college and above education. In this study, in order to better determine the impact of different levels of education on continuous purchase intention, the education levels of college and university and master’s degree or above were positioned as high educated, while those high school or below were defined as low educated. This classification had no discriminatory meaning for all groups of people. Regarding purchase frequency, most consumers bought once or twice a month (45.7%), 35.5% bought once a week, 8.5% shopped more than twice a week, and 6.4% shopped once every half a year or longer. The demographic information of the sample was in line with the 48th China statistical report on Internet development [92]; thus, the sample could be considered representative of the TTL viewers in China.





5. Data Analysis and Results


The data analysis of this study was divided into three steps. First, SPSS 23.0 and AMOS 24.0 were used for confirmatory factor analysis, the reliability and validity of the test model, common method bias, multicollinearity, and descriptive analysis of the data. Second, the technique of structural equation modeling (SEM) was employed in order to make an analysis of the research model and test the hypothesis via AMOS 24.0. Third, multi-group SEM in AMOS 24.0 was used to examine the moderating effect of differing education levels and to test the hypothesis.



5.1. Evaluation Measurement Model


First, Table 4 shows that most factor loadings were above 0.70; only two-factor loadings were lower than 0.7 but above 0.60; this demonstrated adequate item reliability. Then, we checked the reliability, convergence validity, and discriminant validity of the structure in our proposed model. In terms of reliability, the compound reliability (CR) of all constructs and Cronbach’s Alpha (α) were both numerically higher than 0.7 (see Table 6). Convergent validity was checked using Average Variance Explained (AVE); the scores, which ranged from 0.503 to 0.633, were numerically greater than the value of 0.50, meaning that this study had good convergence validity [93,94,95,96]. In terms of discriminant validity, the square root of AVE should exceed the diagonal elements of the correlation matrix in its highest correlation with different structural items (see Table 7) [95]. Therefore, as a result of the above tests, it was proven that our scale had good reliability, validity, and discriminative validity.



For the fitness index, a confirmatory factor analysis was conducted to test the adequacy of the measurement model. We ran the data and the results of the analysis demonstrated a satisfactory fit (X2/df = 1.245; p = 0.009 < 0.05; GFI = 0.914; AGFI = 0.888; IFI = 0.977; TLI = 0.971; CFI = 0.976; RMSEA = 0.032) [97,98,99].



If the data are collected using the same tools/questionnaires/methods (online surveys) for various variables, there may be a common method bias [100]. Harman’s one-factor method was used to detect the CMB [101]. In this study, Harman’s one-factor method was performed using SPSS 23.0. The results demonstrated that the items explained 67.6% of the total variance and that the largest factor explained 20.1% of the variance, which was lower than 40%. Thus, this indicated that there was no serious CMB in this study. We also test the risk of multicollinearity, and all the variable inflation factor (VIF) values are below 3.027, which indicates that there are no major multicollinearity problems [102].




5.2. Research Model and Hypotheses Testing


Figure 2 manifests the results of the structural model with the overall explanatory power, the results of the path coefficients, and the corresponding levels of significance. All factors significantly affected the CPI: IS (β = 0.204; p < 0.001), CS (β = 0.179; p < 0.01), ISE (β = 0.133; p < 0.05), SP (β = 0.374; p < 0.001), PT (β = 0.260; p < 0.01), EN (β = 0.403; p < 0.001), and ES (β = 0.289; p < 0.001). The model explained 72 percent of the variance of the TTL consumers’ continuous purchase intention, indicating that it had good explanatory power. Thus, H1, H2, H3, H4, H5, H6 and H7 were supported.




5.3. Multi-Group Analysis on AMOS 24.0


The researchers used the main steps proposed by Awang [103] to conduct a multi-group analysis, in order to investigate the moderating effect of different education levels on the purchasing intentions of TTL consumers. The moderation effect was examined in the overall model by applying chi-square (X2) values of the measurement residuals and the unconstrained model (ΔX2: 660.266 − 521.143 = 139.123). The chi-square difference was statistically significant (see Table 8), indicating that differing levels of education had a moderating effect on the overall structural model.



As illustrated in Table 9, comparing the critical ratios of parameters between the two groups, there were two pathways with education level having a moderating effect (see Figure 3 and Figure 4). First, from SP to CPI (z score: 2.447 **, p < 0.05), in the high-educated group (β = 0.73 ***, p < 0.001), the effect of social presence on continuous purchase intention was much stronger than in the low-educated group (β = 0.37 *, p < 0.05). Second, in the path from EN to CPI (z score: 2.011 *, p < 0.05), the effect of enjoyment on continuous purchase intention was considerably stronger in the high-education group (β = 0.57 **, p < 0.01) than in the low-education group (β = 0.56 **, p < 0.01). In conclusion, education level was found to have a moderating effect on SP and EN to CPI, while there was no significant difference between models with high-educated and low-educated individuals in the path of IS, CS, ISE, PT, and ES to CPI. Therefore, hypotheses H8d and H8f were supported.





6. Discussion


6.1. Gratifications and Continuous Purchase Intention


The aim of this study was to explore the influencing factors of TikTok on livestream consumers’ continuous purchase intentions. The results show that four types of gratification affect continuous purchase intention in livestream shopping: content gratification (information sharing), utilitarian gratification (cost saving and information seeking), social gratification (social presence), and hedonic gratification (passing time, enjoyment, and escapism).



Firstly, our results are consistent with previous findings that hedonic gratification has a significant impact on the attitudes and behaviors of users or consumers [18,62,84]. Enjoyment has the largest path coefficient (H6 was supported), so it is the most influential factor in this study. Previous studies also found that when consumers experience a high level of enjoyment (e.g., their favorite brands or stars), they will be more willing to buy [83,104]. It is well known that people take it for granted that TTL is mainly for entertainment. Moreover, passing time (H5 was supported) and escapism (H7 was supported) also play an important role in TTL consumers’ continuous purchase intentions. When consumers feel bored or under pressure, they are more willing to turn on their favorite live programs to temporarily forget their troubles, thus arousing stronger continuous purchase intentions. However, thanks to improvements in Internet technology, livestream shopping websites should be able to provide Internet shoppers with a more welcoming and thorough online shopping experience as well as more fun.



Secondly, this study investigates the extent to which the dimension of social gratification influences consumers’ persistent purchase intentions. The results from our SEM model show that social presence is the second most influential factor (H4 was supported) after enjoyment. It fully shows that it plays a pivotal role in exploring the factors of consumer willingness, and the findings of the social presence match those observed in earlier studies [78,79,105]. Social presence authenticates the consumer-viewing experience, which, in turn, impacts consumers’ search, subscribing, and purchase intentions [78]. For example, if the streamer recommends a lipstick, demonstrates it on their lips, and explains their feeling, the user’s empathic concern would be aroused, it signifies the user’s ability to emotionally connect with the streamer’s experience and creates a practical feeling of personal involvement. The consumers’ social presence is satisfied, which stimulates their shopping desire.



Thirdly, utilitarian factors have always been the focus of social media and e-commerce research [18,22,23,65]. Consumers browsing and shopping on the Internet tend to be practical and are motivated by utilitarian purposes [22]. When watching the TTL shopping program, consumers will always have a stronger shopping impulse to buy cheaper items than usual in the supermarket, and the importance of cost saving (H2 was supported) is also fully demonstrated in this study. On WeChat and Facebook, people obtain useful and helpful information that turns into their “like” behavior [18,65]. TTL viewers can obtain some information about relevant products, understand the goods, or use methods of more detail, and inspire them to shop on the TTL again. The gratification of consumers’ information seeking will be reflected in their continuous purchase intention, and the significant impact effect (H3 was supported) has also been proved.



Lastly, the dimension of consumers’ content gratification is reflected in their satisfaction with information sharing [66]. Information sharing is highly common in social media. Facebook users share information about topics they are interested in with more like-minded strangers by joining group chats [15]. Microbloggers share topics, trends, news, information, and other materials with people in their social networks [44]. In this study, the positive impact of TTL information sharing (H1 was supported) on consumers’ continuous purchase intention should not be underestimated. In daily life, TTL consumers are always willing to tell their close friends what they want to buy before shopping, sometimes for advice and sometimes to share pleasure.




6.2. The Role of Education Level in Continuous Purchase Intention


This study found that social presence and enjoyment gratification in the high-educated group was significantly stronger than in the low-educated group, and the results align with prior studies [27,28,57,106]. IT education significantly affects the initial willingness of Singaporeans to online shopping [28]. Further IT education also predicts higher education levels, so it can be inferred that consumers with higher education levels will shop online more frequently [27,57]. Researchers have demonstrated that high-educated and low-educated consumers have different shopping needs [106]. High-educated consumers are more inclined to meet their personal needs via social interaction, and buying a specific product or service can bring social identity and belonging, so they are also more susceptible to the social presence of goods and services. Apart from this, high-educated people might always keep an eye on their spiritual happiness needs, they view their lives as more meaningful and experience more positive emotions [58,107]. Therefore, high-educated consumers tend to be more likely to buy something again when they find something entertaining, pleasurable, or funny.





7. Implications and limitations


7.1. Implications for Research and Practice


The results of this study have an impact, both academically and in terms of management. This study contributes to the existing literature in several ways. First of all, previous studies on livestreaming shopping mainly investigated the influence of platform characteristics and celebrity economy on consumers’ intentions. This study, from the perspective of consumers, identified internal factors that influence continuous purchase intention, to expand this research direction. Secondly, e-commerce is mostly focused on research on the level of utilitarianism doctrine, and social media is always associated with hedonism and utilitarianism. However, this research focused on the phenomenon of shopping with social media by examining how each met different weights of different dimensions and consumers’ continuous purchase intention to expand the research direction; the empirical results showed that the influence of each gratification dimension in the hypothesis on continuous purchase intention had statistical significance. Thirdly, although it has been confirmed in previous literature that there is a difference in educational level associated with consumer intention or behaviors, most of the studies were very general and did not carefully study in which dimensions significant differences in educational level existed. This study underpins this research field based on the specific background of TTL, and the research results deepen our understanding of the gratification structure of different educational levels in live shopping.



From the perspective of management, these findings provide practical significance for managers and developers to promote sales and improve services. The results bring home the issue of continuous purchase intentions that are especially affected by enjoyment and social presence. Therefore, developers of platforms can design functions to help users know more about product details, and managers can formulate interesting participation schemes before livestreams to meet users’ needs in order to attract more users to shop again and again. Moreover, developers should exert themselves to satisfy the users’ different gratifications by adopting different strategies for users on the basis of education level. If consumers are pushed to the shopping channel by a precise algorithm, it will also keep them from choosing the platform.




7.2. Limitations and Suggestions for Further Research


This study recognizes limitations that were manifested in sampling choices and by extending the variables examined. Firstly, we only surveyed 234 consumers in the Chinese Mainland market. To obtain better universality and deeper findings, future research should investigate a bigger sample in more countries. Secondly, this study mainly focused on the gratification of motivating consumers’ continuous purchase intention but did not consider the influence of other factors (e.g., impulse buying and vanity). Future research should combine these factors with the U&G theory to fully understand the influencing factors of continuous purchase intention. Thirdly, this study only emphasizes the moderating effect of different educational levels of consumers, and the educational level of streamers seems to be related to consumers’ purchasing behaviors. Future studies may also consider the effect of this difference in educational level on the two-way communication app; however, gender, age, income level, and other demographic information could also be explored as directions for comparison to enrich the empirical body of research; therefore, further research will be carried out in this category.
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Figure 1. The research model. 






Figure 1. The research model.
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Figure 2. Full sample path estimate (N = 234). (***: p < 0.001; **: p < 0.01; *: p < 0.05). 
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Figure 3. Low educated (N = 138). (***: p < 0.001; **: p < 0.01; *: p < 0.05; n.s.: not significant). 
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Figure 4. High educated (N = 96). (***: p < 0.001; **: p < 0.01; *: p < 0.05; n.s.: not significant). 
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Table 1. Social media summary of the gratifications.
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	Social Media
	Research Methods
	Keywords of Motives/Gratifications
	Study





	Facebook
	online survey
	relaxing entertainment, information sharing, escapist, companionship, professional advancement, social interaction, passing time, and meeting new people
	[15]



	Twitter
	online survey
	connecting with other people
	[17]



	Instagram
	content analysis
	self-expression, surveillance of others, and entertainment
	[16]



	Microblogging
	online survey
	information sharing, self-documentation, self-expression convenience, medium appeal, and social presence
	[44]



	YouTube
	online survey
	information sharing, passing time, enjoyment, media appeal
	[45]



	WeChat
	online survey
	enjoyment, social support, and information seeking
	[18]



	TikTok (Douyin)
	online survey
	socially rewarding self-presentation, trendiness, escapist addiction, and novelty
	[19]
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Table 2. Literature review on the role of education level in online shopping.
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	Research Context
	Research Methods
	Research Findings
	Study





	attitudes toward online shopping
	random sampling survey
	With increasing levels of education, the perception of the Internet as giving better cost-saving prices and grows.
	[59]



	Internet shopping behavior
	random sampling survey
	Highly educated believe that online shopping provides better cost-saving prices.
	[60]



	online purchase behavior
	online survey; interview
	Professionals’ online purchase behavior and their educational level have a strong correlation.
	[27]



	online shopping
	random sampling survey by mail
	Online shoppers are better educated and have a greater level of computer literacy than non-shoppers.
	[24]



	online shopping adoption
	convenience sampling approach on a face-to-face basis
	Higher education levels and online shopping adoption have a positive association.
	[61]



	online shopping behavior
	secondary analysis; interview
	Over time, an online shopper’s level of education will have a positive impact on their online purchasing behavior.
	[25]



	internet-based e-shopping
	online survey; interviews
	The findings imply that the more computer and IT-educated people are, the more they would be willing to e-shop on the Internet
	[28]










[image: Table] 





Table 3. List of research constructs in the research model.






Table 3. List of research constructs in the research model.












	Gratifications
	Comments
	Dimension
	Definition
	Study





	Content Gratification
	By sharing the TTL useful information with friends, they may receive more attention and be more motivated to make the next purchase.
	Information sharing
	The extent to which consumers share interesting information about events, trends, music, and so on.
	[44,85]



	Utilitarian Gratification
	TTL consumers are more likely to stimulate their shopping motivation when utilitarian results are satisfied.
	Cost saving
	The extent to which consumers use it to save product costs and browsing costs.
	[60]



	
	
	Information seeking
	The extent to which the activity of using it refers to browsing product information in a virtual context.
	[86]



	Social Gratification
	TTL makes consumers seem to be involved in it, and through this illusion, consumers are even more motivated to buy.
	Social presence
	The degree to which a consumer’s psychological sensation of physically connecting and forming a personal connection with others is achieved by it.
	[62]



	Hedonic Gratification
	Consumers may be more likely to buy goods that bring them happiness while enjoying themselves with TTL.
	Passing time
	The extent to which consumers use it can enrich their free time.
	[87]



	
	
	Enjoyment
	The extent to which the activity of using it is perceived to be enjoyable.
	[88]



	
	
	Escapism
	The extent to which consumers avoid the real world to forget the different pressures and worries of one’s real life.
	[89]
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Table 4. The list of questionnaires.
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	Gratification
	Construct
	Item
	Measurement
	References





	Content gratification
	Information sharing
	IS1
	I can provide information
	[44]



	
	
	IS2
	I can share information that is useful to other people
	



	
	
	IS3
	I can present information on my interests
	



	Utilitarian gratification
	Cost saving
	CS1
	I can save money
	[22]



	
	
	CS2
	I can spend less when I go shopping
	



	
	
	CS3
	It can offer me the competitive price
	



	
	Information seeking
	ISE1
	I can obtain useful information
	[18]



	
	
	ISE2
	I can obtain helpful information
	



	Social gratification
	Social presence
	SP1
	There is a sense of human contact in it
	[63]



	
	
	SP2
	There is a sense of personalness in it
	



	
	
	SP3SP4
	There is a sense of sociability in itThere are all kinds of emotions in it
	



	Hedonic gratification
	Passing time
	PT1
	It is just a habit, just something I do
	[44]



	
	
	PT2
	It helps me pass time when I am bored
	



	
	Enjoyment
	EN1
	I can feel entertained
	[18]



	
	
	EN2
	I can feel pleasure
	



	
	
	EN3
	I can feel fun
	



	
	Escapism
	ES1
	I can get a break from what I am doing
	[19]



	
	
	ES2
	When I do not want to work or study
	



	
	
	ES3
	I can forget unpleasant things from work, school, or life
	



	Continuous purchase intention
	
	CPI1
	I am willing to shop from the TTL
	[20,21]



	
	
	CPI2
	I prefer to shop from TTL rather than other apps
	



	
	
	CPI3
	I am willing to recommend TTL
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Table 5. Respondents’ demographic information.






Table 5. Respondents’ demographic information.











	Measure
	Items
	Frequency
	Percentage (%)





	Gender
	Male
	114
	48.7



	
	Female
	120
	51.3



	Age
	Below 20
	19
	8.1



	
	20–40
	113
	48.3



	
	41–60
	90
	38.5



	
	Above 60
	12
	5.1



	Education level
	Below junior middle school
	29
	12.4



	
	Junior middle school and senior high school
	109
	46.6



	
	College and university
	76
	32.5



	
	Master’s degree or above
	20
	8.5



	Frequency
	More than twice a week
	29
	12.4



	
	Once a week
	83
	35.5



	
	Once or twice a month
	107
	45.7



	
	Once every half a year or longer
	15
	6.4
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Table 6. Confirmatory factor analysis results.






Table 6. Confirmatory factor analysis results.













	Items
	Factor Loading
	VIF
	α
	C.R
	AVE





	IS3
	0.757
	2.017
	0.835
	0.822
	0.606



	IS2
	0.814
	2.232
	
	
	



	IS1
	0.764
	2.089
	
	
	



	CS3
	0.720
	1.772
	0.756
	0.751
	0.503



	CS2
	0.631
	1.570
	
	
	



	CS1
	0.769
	1.763
	
	
	



	ISE2
	0.698
	1.708
	0.717
	0.712
	0.553



	ISE1
	0.787
	1.636
	
	
	



	SP4
	0.736
	2.138
	0.819
	0.833
	0.556



	SP3
	0.729
	1.809
	
	
	



	SP2
	0.710
	2.000
	
	
	



	SP1
	0.805
	1.919
	
	
	



	PT2
	0.790
	1.893
	0.747
	0.754
	0.605



	PT1
	0.765
	1.947
	
	
	



	EN3
	0.729
	2.368
	0.854
	0.825
	0.612



	EN2
	0.832
	2.558
	
	
	



	EN1
	0.782
	2.329
	
	
	



	ES3
	0.649
	2.103
	0.808
	0.775
	0.537



	ES2
	0.794
	2.117
	
	
	



	ES1
	0.747
	1.941
	
	
	



	CPI3
	0.794
	2.531
	0.856
	0.855
	0.663



	CPI2
	0.866
	3.027
	
	
	



	CPI1
	0.780
	2.529
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Table 7. Discriminant validity and correlation matrix.






Table 7. Discriminant validity and correlation matrix.

















	
	AVE
	ES
	EN
	PT
	SP
	ISE
	CS
	IS
	CPI





	ES
	0.537
	0.733
	
	
	
	
	
	
	



	EN
	0.612
	0.508
	0.782
	
	
	
	
	
	



	PT
	0.605
	−0.047
	−0.093
	0.778
	
	
	
	
	



	SP
	0.556
	−0.003
	−0.149
	0.657
	0.748
	
	
	
	



	ISE
	0.553
	−0.058
	0.155
	0.019
	0.117
	0.744
	
	
	



	CS
	0.503
	−0.085
	−0.067
	0.144
	0.120
	−0.190
	0.709
	
	



	IS
	0.606
	0.000
	0.027
	−0.014
	−0.027
	−0.032
	−0.260
	0.778
	



	CPI
	0.663
	0.443
	0.469
	0.464
	0.499
	0.181
	0.128
	0.146
	0.814







Note: Bold-faced diagonal elements are the square roots of AVEs. The off-diagonal elements are the correlations between constructs.
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Table 8. Moderation with chi-square (X2) significance.
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	Model
	CFI
	IFI
	GFI
	RMSEA
	NPAR
	CMIN (X2)
	DF
	P
	CMIN/DF





	Unconstrained
	0.936
	0.939
	0.851
	0.035
	148
	521.143
	404
	0.000
	1.290



	Measurement residuals
	0.900
	0.902
	0.818
	0.041
	74
	660.266
	478
	0.000
	1.381



	Chi-square (X2) significance
	−0.036
	−0.037
	−0.033
	0.006
	
	139.123
	74
	0.000
	1.880
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Table 9. Critical ratios for differences between parameters.






Table 9. Critical ratios for differences between parameters.





	
Hypothesis

	

	
H

	
IS

	
CS

	
ISE

	
SP

	
PT

	
EN

	
ES

	
Support?




	
L

	

	
→CPI

	






	
H8a

	
IS

	
→CPI

	
−1.921

	
−1.816

	
−0.339

	
−3.443

	
0.584

	
−2.851

	
−1.927

	
NO




	
H8b

	
CS

	
−0.946

	
−1.226

	
0.227

	
−2.802

	
0.934

	
−2.507

	
−1.342

	
NO




	
H8c

	
ISE

	
−2.121

	
−1.937

	
−0.491

	
−3.553

	
0.478

	
−2.918

	
−2.046

	
NO




	
H8d

	
SP

	
−0.453

	
−0.871

	
0.608

	
−2.447 *

	
1.217

	
−2.286

	
−0.991

	
YES




	
H8e

	
PT

	
−0.490

	
−0.902

	
0.609

	
−2.499

	
1.226

	
−2.311

	
−1.023

	
NO




	
H8f

	
EN

	
0.195

	
−0.409

	
1.195

	
−2.043

	
1.679

	
−2.011 *

	
−0.538

	
YES




	
H8g

	
ES

	
−0.124

	
−0.627

	
0.878

	
−2.209

	
1.426

	
−2.133

	
−0.749

	
NO








*: z score > 1.96, significant at 5% (p < 0.05).
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