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Abstract

:

Climate change and its impact on agriculture and water resources have become a global concern. The implications of extreme weather events on food production and water resource availability are starting to have social and economic effects worldwide. The present research aims at integrating the analysis of the atmospheric parameters with remote sensing, geographic information systems, and CROPWAT 8 model to evaluate the impacts of climate change on the irrigation water requirements estimates in a selected area in El-Beheira governorate, Egypt. Remote sensing and GIS are incorporated to produce land-use/land-cover maps and soil properties maps. On the other hand, the atmospheric parameters were analyzed using python analytical coding. The study utilized the Land-use/Land-cover (LU/LC) map produced from Sentinel-2 data. The agricultural area covered about 89% of the studied area and was occupied by seven crops. Wheat and berseem were the major crops in the area and covered about 67% of the studied area; therefore, their irrigation water requirements were calculated utilizing the CROPWAT 8 model. Furthermore, citrus irrigation water requirements were also included in this research, even though it only covered 10% of the studied area because it had the highest amount of irrigation water requirements. Forecasting the potential climate changes under the best-case scenario for the next thirty years revealed that the studied area will have no rain and a slight decrease in the average temperature. Accordingly, the irrigation water requirements will increase by almost 4% under current practices, and the increase will reach about 13% under no-field loss practices.
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1. Introduction


Climate change and global warming have become the main concern of studies in the field of water resources, agriculture, ecology, and other disciplines [1]. Global warming promoted shifts in the climatic zones of various parts of the world, causing expansion in arid zones and reduction of glacial areas—consequently resulting in changes in the abundance and seasonal activities of various plant and animal species. Climate change also caused changes in rainfall intensity, drought frequency and severity, wind speed, and rise in sea level [2]. An example of these changes was reported by [3]. They stated that the mean surface temperature in the Himachal Pradesh state of the Himalayan Mountains has increased by almost 0.5 °C from 2000 to 2014. These changes were directly related to global warming, caused a reduction in apple production in low altitudinal regions of the state, and created new opportunities for apple cultivation in higher regions where the growth conditions became more favorable for apples.



Irrigated agriculture depends on freshwater from rivers, lakes, and aquifers and it consumes about 70% of the total renewable water resources [4]. Agriculture is directly affected by climatic conditions and changes, and it is essential to understand the impact of climate change on agricultural water resources for sustainable agriculture and to minimize the negative effects caused by such changes [1]. According to [5], lack of rainfall, soil moisture, and persistent above-normal temperatures are found to be the important factors in cases of severe loss in rice productivity in Bihar state, India. Furthermore, food security has been affected by climate change due to warming, changing precipitation patterns, and increasing frequency of extreme events [2]. Therefore, careful planning of water use by crops is of strategic importance from farm to the global level [6].



Remote sensing data have been excessively used in mapping the agriculture area and detecting their change as well as mapping water resources and their changes, which is vital for evaluating water availability and usability. Furthermore, the capability of GIS to analyze and visualize spatial information can be very important in water resources management. Considering their data collection and analysis capability, they are viewed as efficient and effective tools for irrigation water management. For example, remote sensing can be used in improving agricultural irrigation water accounting, both independently and in combination with in situ monitoring [7].



On the other hand, other studies utilized available models, such as CROPWAT, to develop sound water management strategies. The model was used to calculate the crop water requirements of selected crops under different environmental conditions, such as humid tropical areas [8] and Hungarian conditions [9]. The model was also utilized to study the crop water requirements when intercropping maize with rice, as well as intercropping maize with soybeans [10]. The model was also used to improve water management in selected on-farms in Egypt, and scenarios were suggested which could lead to saving irrigation water [11].



Moreover, remote sensing and GIS have been coupled with CROPWAT to simplify the water management process. CROPWAT was used to estimate the irrigation water requirements for selected crops and to compare the results with the farmer irrigation practices [12]. The author could verify that the irrigation practices exceeded the irrigation water requirement by 30%. The spatial distribution of irrigation water requirements in the study area derived by the GIS technique could be a good management tool for planners and decision-makers to minimize the overexploitation of the water recourses. An integrated approach of remote sensing, GIS, and CROPWAT model was used to determine the irrigation requirements of rice crops on different soils [13]. Satellite data were used to estimate the rice and fallow lands, and climate and soil data were integrated into the GIS platform. On the other hand, the CROPWAT model was used to determine crop evapotranspiration. Utilizing this approach, water deficiency and excess could be detected and could, thereafter, allow for better management in the studied area. The use of CROPWAT and GIS was studied to estimate crop water requirements in a selected area, and the results could be used for irrigation management of the different crops in the study area [14].



Moreover, CROPWAT was utilized in addition to climate models and under different scenarios to study the impact of climate change on crop water demand and irrigation requirements [6]. The results showed that under climatic changes in Serbia, irrigation water requirements will increase for sugar beet and potato to keep the actual quantity and quality of crop yield. A similar approach was followed, and the results revealed that there will be both rise and fall in crop water requirement for future scenarios when compared with baseline conditions depending on the crop [15].



The objective of the current work is to integrate the atmospheric data analysis remote sensing, GIS, and CROPWAT model to estimate the potential impacts of climate change on the irrigation water requirements of selected crops in a study area located in El-Beheira governorate, Egypt.




2. Materials and Methods


Figure 1 demonstrates the methodology and materials used in this study.



2.1. Study Area


The study area is located about 45 km south of Alexandria City and is considered part of El-Beheira governorate. The area is bounded by latitudes 30°41′55′′ and 30°53′20′′ N and longitudes 29°58′40′′ and 30°11′20′′ E. It extends to cover a total acreage of about 175 km2. It is surrounded by three irrigation canals: Nubariyah Canal to the east, Al-Hidayah Canal to the north, and Al-Nasr Canal to the south, while Cairo–Alexandria Desert Road outlined its western boundary (Figure 2).The area is irrigated from An-Nasr canal via various small branches. Nevertheless, the area is characterized by shortage of irrigation water [16].



The land use/land cover map produced by [16] was used in this study. This map was produced from four Sentinel-2 (S2) images acquired on 18 October 2020, 27 December 2020, 17 March 2021, and 6 April 2021. The images used covered most of the winter growing season, which extended from October 2020 to May 2021. The overall classification accuracy was 86.8% (Figure 3). According to the same authors, wheat and berseem were the major crops in the study area and covered about 67% of the study area. Green beans, potato, and citrus covered about 21%, while guava and strawberry covered less than one percent each (Table 1).




2.2. Fieldwork


Fieldwork was carried out from December 2020 to March 2021. Soil sampling was designed along a grid system (1 observation per 1 km2), and samples were collected using an auger. A total of 167 soil observations were planned for analyses, but only 149 samples were collected due to the inaccessibility of sample locations (Figure 4). Samples were geo-referenced using a GPS utility. For orchards, three soil samples were collected to 120 cm, while for other crops, two samples were collected to 75 cm depth. For each location, the weighted average of each measured soil characteristic was calculated [17].




2.3. Laboratory Analysis


The collected soil samples were air-dried, ground gently, and sieved through a 2 mm sieve. They were analyzed concerning the soil’s physical properties. Determining the sample’s particle size distribution was according to [18]. Other soil physical properties, including wilting point, field capacity, bulk density, hydraulic conductivity, and available water, were determined according to [19].




2.4. Geostatistical Analysis


After the average weight values calculated to the designated depths were calculated for each soil characteristic, these data were added to the QGIS software to produce a detailed soil database.



Spatial interpolation is the process of using a set of point data to create surface data [20]. Spatial interpolation has been widely and commonly used in many studies on a set of sampled points, such as soil properties, temperature, and precipitation, to produce a continuous representation of the phenomenon in question [21].



The inverse distance weighting (IDW) was developed by the U.S. National Weather Service in 1972. IDW is considered one of the most frequently used deterministic models in spatial interpolation. It is relatively fast and easy to compute, and straightforward to interpret. Its general idea is based on the assumption that the attribute value of an unsampled point is the weighted average of known values within the neighborhood, and the weights are inversely related to the distances between the prediction location and the sampled locations [22].




2.5. The CROPWAT Model


The crop water requirement refers to the total amount of water required by the crop from the time of cultivation to the time of harvest. On the other hand, the irrigation water requirement refers to the difference between the evapotranspiration of the crop under ideal conditions and the effective rainfall throughout the growing season. It is a measure of the excess quantity of water added through irrigation to guarantee optimum crop growth conditions [15].



The CROPWAT 8.0 is an empirical process-based crop model [23]. It provides an opportunity for automation of all the necessary calculations for evapotranspiration determination. The model uses the Penman–Monteith method as a base for calculations of evapotranspiration, crop water requirements, irrigation water requirements for separate crops and crop rotations, building of the irrigation schedules, etc. [24]. The Penman–Monteith methodology is recommended for estimating crop water requirements, especially for planning purposes [25]. The advantage of CROPWAT is its simplicity and easiness to use. Furthermore, the program requires less intense data. The model analyzes complex relationships of on-farm parameters, including crop, climate, and soil, for assisting in irrigation management and planning [9]. Its main functions are to calculate reference evapotranspiration, crop water requirements, and crop irrigation requirements to develop irrigation schedules under various management conditions, scheme water supply, and evaluate the efficiency of irrigation practices [26].




2.6. Climate Data Processing


2.6.1. Climate Data Download and Extraction


The climatic data used and analyzed in this study were obtained from NASA’s POWER (Prediction Of Worldwide Energy Resource) and The Modern-Era Retrospective Analysis for Research and Applications, version 2 (MERRA-2). NASA POWER is available for download from https://power.larc.nasa.gov/data-access-viewer (accessed on 1 January 2021). The data available from this site are in grid resolution 0.5 × 0.5 degrees [27]. On the other hand, MERRA-2 is the latest atmospheric reanalysis of the modern satellite era produced by NASA’s Global Modeling and Assimilation Office (GMAO), and has a spatial resolution of 0.5 × 0.67 degrees (latitude × longitude) [28]. MERRA-2 data are available at https://giovanni.gsfc.nasa.gov/giovanni (accessed on 1 January 2021).



The data collected and processed for the studied area included only: Day Length (sunshine hours), Precipitation (mm/month), Temperature at 2 m (°C), Maximum Temperature at 2 m (°C), Minimum Temperature at 2 m (°C), Wind Speed at 10 m (m/s), and Relative Humidity at 2 m (%).The temperature at 2 m, maximum and minimum temperatures were available at hourly time step and were used to deliver daily values, while the other variables were daily values already, and the data were continuous with no missing values. All the data were downloaded from MERRA-2, except the sunshine hours which were downloaded from NASA’s POWER.



The Coordinated Regional Climate Downscaling Experiment (CORDEX), a framework sponsored by the World Climate Research Program, which is responsible for the global coordination of regional climate downscaling to improve regional climate change adaptation and impact assessment, was used in this study [29]. Both Weather Research and Forecasting model (WRF) and Regional Climate Model (RegCM) within the CORDEX were used to determine which could provide the necessary climate variables to reconstruct a weather file that will be used as an input for at least one future scenario (temperature, solar radiation, relative humidity, atmospheric pressure, cloud cover, and wind speed) [30,31]. The reconstructed weather data were available in the popular NetCDF4 format.




2.6.2. Climate Data Analysis


The daily maximum and minimum temperature data were quality controlled for the period from 1991 to 2020 (i.e., outliers were checked and verified with metadata and corrected where applicable). Climate data analysis included checking and analyzing the temperatures over the historical period (1991–2020) as a reference period and carrying out a future run for the period 2021–2050; considering thirty years is standard in climatology to eliminate the uncertainty related to the internal climate variability. These historical periods are usually used in the literature and are the least referenced periods that are available on the platform. According to the literature, it is generally accepted that the 21st century can be divided into three equal future periods: The short-future (2011–2040), medium-future (2041–2070), and long-future (2071–2100) [30]. The data were processed using Python analytical coding.






3. Results and Discussion


3.1. Climatic Data Processing


The monthly meteorological data for the last thirty years (1991–2020) revealed that the maximum temperature ranged from 23.4 to 41.1 °C, while the minimum temperature ranged from 12.0 to 23.9 °C. The maximum temperature was recorded in June, whereas the minimum was recorded in January. The average minimum and maximum temperatures were 18.4 and 33.8 °C, respectively. The maximum relative humidity was 64.7%, while the minimum was 47.1%. The wind speed ranged from 229 to 286 km/day, with an average of 254 km/day. The average sunshine period was 10.5 h. There was no rain during August and almost no rain in May, June, July, and September. The highest amount of rain was in April and reached 7.6 mm/month. The total annual rain throughout the year was 39.4 mm (Table 2).



The monthly meteorological data for the next thirty years (2021–2050) are shown in Table 3. The data revealed that the maximum temperature ranged from 19.6 to 38.9 °C, while the minimum temperature ranged from 8.5 to 24.5 °C. The maximum temperature was recorded in August, whereas the minimum was recorded in January.The relative humidity ranged from 37.0% to 58.0%, with an average of 46.0%. The wind speed ranged from 250 to 379 km/day. The average sunshine hours were 12.2. There was no rain throughout the year.



The data revealed that compared to the previous thirty years, there will be a noticeable decrease in the total amount of rain and an increase in the sunshine hours as well as wind speed. The ETo was calculated using the CROPWAT model and ranged from 3.01 to 8.74 mm/day, with an average of 5.99 mm/day in the previous thirty years. On the other hand, the ETo for the next thirty years ranged from 2.94 to 10.36 mm/day, averaging 6.73 mm/day. The observed difference between the monthly precipitation and ETo ensures that there is a need for efficient irrigation throughout the year, especially in the upcoming thirty years under such forecasted conditions.




3.2. Processing of the Soil Data for the CROPWAT Model


The results of the soil physical analyses were used to develop a geographic database of the studied area. Nevertheless, the data were in the form of a point database. To convert these point data into spatially continuous data, spatial interpolation using IDW was employed utilizing the QGIS software. The IDW was performed using the power of two, a minimum of four points, and a maximum of 16. The accuracy of results was obtained using the cross-validation procedure as described by [17] for all the studied soil properties.Twenty-two samples, representing about 15% of the samples, were used for validation, while the rest of the samples were used for IDW. The performance evaluation was applied using the root mean square error (RMSE) [17]. The results revealed that the RMSE was 9.77, 7.55, and 7.78 for sand, silt, and clay, respectively. On the other hand, the RMSE for available moisture content (AMC) and infiltration rate (IR) was 15.03 and 4.84, respectively.



Utilizing the raster calculator, a model was developed to classify the soils based on their content into different soil texture classes. The resulting data revealed that the study area could be classified into four texture classes; sandy loam, clay loam, silty loam, and loam (Figure 5). Most of the studied area was classified as loamy soils covering about 71.0% of the studied area. The sandy and silty loam covered almost similar areas of about 6% and 6.5%, respectively, while the clay loam soils covered about 16.5% of the studied area.



To determine the vegetation cover in each soil texture class, the cross-operation of the Integrated Land and Watershed Management Information System “ILWIS” software was used.Only the agriculture area, which covered about 89% of the studied area (156.34 km2), was used in this operation, and the fish ponds and the settlements were excluded. The results of the cross-operation revealed that most berseem and wheat were cultivated in loamy soils, covering about 76.6 and 69.7% of the total area cultivated for each crop. For potatoes and citrus, about half of the crops were cultivated in loamy soils as well (Table 4).



The interpolated AMC and IR are presented in Figure 6A,B, respectively. Utilizing the raster zonal statistics of the QGIS software, the average values of each soil texture class within the study area could be calculated. The silty loam soils had the highest average AMC within this study area, reaching 149.9 mm/m, while the lowest was the sandy loam soils, with an average of 124.7 mm/m. Concerning the infiltration rate, the lowest rate was for the clay loam soils, with an average of 7.8 mm/h, and the highest was for the sandy loam soils, with an average of 20.1 mm/h.




3.3. Crop Water Requirement (CWR)


As concluded from the LU/LC map, the agricultural area covered about 156 km2. Citrus, wheat, and berseem were considered when determining the irrigation water requirements. While wheat and berseem were considered because they covered most of the agricultural area (about 75%), citrus was also considered because it is a permanent crop and is expected to consume the largest amount of irrigation water and covered about 6.4% of the agricultural area. The rooting depth, crop coefficient, critical depletion, and yield response factor parameters were according to [32,33]. The crop growth stages and planting dates for seasonal crops were adapted according to the field conditions.



According to the CROPWAT model, the CWR was 746.2 and 587.5 mm/season for wheat and berseem, respectively. On the other hand, the highest amount of CWR was for citrus, reaching about 1653.5 mm per year. On the other hand, under the forecasted climate conditions, the CWR increased to 809.7 and 636.1 mm/season for wheat and berseem, respectively, while citrus reached about 1926 mm/year (Figure 7). Compared to the previous thirty years, there is an increase in the crop water requirements, which could be rendered to the lack of rain throughout the year, which decreased from about 40 mm/year to none, in addition to changes in the other climatic conditions. That increase ranged from 3 to 3.9% in the case of the field crops but reached about 14% in the case of citrus.




3.4. Irrigation Water Requirements (IWR)


In the study area, the loamy soils were the dominant soils. Therefore, the loamy soils were considered when calculating the IWR. Furthermore, utilizing CROPWAT, the management practice that ensures no yield loss due to water deficiency was compared to current practices under current and forecasted climate conditions for the selected crops.



Wheat is mostly irrigated using sprinkle irrigation, whether fixed or movable. In loamy soils, the current irrigation practices include the application of irrigation water once almost every week, and adjustments are made when there is no irrigation water available in the irrigation canals. These practices should result in the reduction of the crop yield to 2.5%, according to CROPWAT.



Nevertheless, the decrease in crop yield reached about 10–20%, according to a field survey, which could be rendered to soil properties and/or management. Berseem is also irrigated using sprinkle irrigation and, in loamy soils, is irrigated almost once every two weeks, and adjustments are made when there is no irrigation water available in the irrigation canals. These practices should result in a reduction in crop yield reaching 10%, which matches the field survey. Under current practices, the amount of irrigation water required for wheat per feddan will increase by about 160 m3/feddan under climate forecast conditions, while this increase will reach 288.6 m3/feddan under the no-yield loss practices (Figure 8A).



On the other hand, under the current practices, there will be an increase of the irrigation water for berseem by 22 m3/feddan under forecast conditions, and under the no yield loss practices, there be an increase of about 50 m3/feddan (Figure 8B).



Moreover, citrus is irrigated every day using drip irrigation. It is irrigated throughout the study area in almost a uniform application daily which accounts for about 125 m3/feddan per week of irrigation water from mid-May to mid-September and about 65 m3/feddan per week from December to January and the in the remaining months is irrigated using about 85 m3/feddan per week, which accounted for about 5871.2 m3/feddan/year irrigation water under field conditions.



Nevertheless, the expected crop yield loss reached about 25%, which matched the field survey. Citrus irrigation water requirements will increase by about 146 m3/feddans under current practices, while under no yield loss, the irrigation requirements increase will be about 1095 m3/feddans (Figure 8C).





4. Conclusions


The crop water requirements of major crops in a selected area in El-Beheira governorate were computed using CROPWAT 8.0 model and supported by remote sensing, GIS, and atmospheric data analysis. The major cultivated crops in the study area were wheat and berseem, while citrus was the major orchard. The study area is irrigated from El-Nasr Canal, and there is a problem with water availability in the study area, which is considered a major problem, especially in the initial growth stages.



The crop water requirements and irrigation requirements for the various crops grown in loamy soils have been computed using CROPWAT 8. Citrus had the largest amount of irrigation water requirements. The irrigation water requirements calculated according to the model based on the current practices showed an expected decrease in yield for the three studied crops.



The research results revealed that there will be an increase in CWR due to the expected climate change in the next thirty years under the best-case scenario. The IWR will increase to reach almost 3.9, 0.7, and 2.5% for wheat, berseem, and citrus, respectively, under the current irrigation practices. The increase will reach about 6.6, 1.4, and 13% for wheat, berseem, and citrus under no field loss practices.



The proposed approach took advantage of various sources of information, especially the freely available remote sensing data, whether related to LU\LC or climatic data, as well as various tools such as climatic models, CROPWAT, GIS, and remote sensing software. The application of such an approach will facilitate setting up an efficient irrigation management strategy by the decision makers and releasing the right amount of water in irrigation canals at the right time to avoid any wastage or shortage in the water supply. It also provides decision-makers with an insight into the expected changes in irrigation water requirements and, therefore, helps to change or adjust the forthcoming land use plans accordingly, especially since the climate models provide the forecasting conditions that may not be appropriate for the current land uses.



The proposed approach is applicable at any administrative level where enough soil and LU\LC data are available. Nevertheless, in Egypt, its application is recommended on the sub-administrative level, where updated soil and LU\LC data could be collected more easily. Furthermore, it is worth mentioning that unless such data are available, the approach will be somewhat time-consuming, and processing the climatic model is time-consuming as well.
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Figure 1. Methodology flowchart. 
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Figure 2. Location map of the study area (modified after [16]). 
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Figure 3. Land use/Land cover classification map of the study area (Modified after [16]). 
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Figure 4. Location map of the soil samples. 
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Figure 5. Soil texture class map of the studied area. 
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Figure 6. Interpolated soil properties maps, (A) available moisture content (AMC), (B) infiltration rate (IR). 
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Figure 7. Crop water requirements under current and forecasted climate conditions. 
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Figure 8. IWR of the studied crops under current and predicted climate, (A) wheat, (B) berseem, (C) citrus. 
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Table 1. Acreage of the Land use/Land cover units.
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	Class
	km2
	%





	Wheat
	60.08
	34.19



	Berseem
	57.27
	32.59



	Green beans
	21.00
	11.95



	Potato
	6.32
	3.60



	Citrus
	10.00
	5.69



	Strawberry
	0.87
	0.50



	Guava
	0.80
	0.46



	Fish ponds
	3.48
	1.98



	Settlements
	15.89
	9.04



	Total
	175.71
	100.00
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Table 2. Meteorological data of the studied area from 1991–2020.
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Month

	
Temperature °C

	
Humidity (%)

	
Wind (km/Day)

	
Sunshine (Hours)

	
Precipitation (mm)

	
ETo

mm/Day




	
Tmax

	
Tmin






	
Jan.

	
23.4

	
12.0

	
64.7

	
240

	
10.4

	
6.1

	
3.01




	
Feb.

	
26.8

	
12.1

	
60.8

	
243

	
10.4

	
5.4

	
3.94




	
Mar.

	
31.9

	
14.8

	
55.8

	
256

	
10.5

	
6.9

	
5.51




	
Apr.

	
37.1

	
18.3

	
48.9

	
269

	
10.5

	
7.6

	
7.45




	
May

	
33.5

	
16.0

	
53.5

	
259

	
10.5

	
0.5

	
6.79




	
Jun.

	
41.1

	
22.4

	
47.1

	
286

	
10.5

	
0.5

	
8.74




	
Jul.

	
40.9

	
23.7

	
49.7

	
280

	
10.5

	
0.2

	
8.58




	
Aug.

	
39.8

	
23.9

	
52.1

	
259

	
10.6

	
0.0

	
7.80




	
Sep.

	
38.8

	
23.1

	
53.9

	
253

	
10.6

	
0.2

	
7.10




	
Oct.

	
36.1

	
21.4

	
57.6

	
237

	
10.6

	
2.4

	
5.71




	
Nov.

	
30.7

	
17.9

	
61.5

	
229

	
10.6

	
6.3

	
4.41




	
Dec.

	
25.4

	
14.5

	
64.5

	
237

	
10.7

	
3.3

	
3.14




	
Average/

Total

	
33.8

	
18.4

	
55.9

	
254

	
10.5

	
39.4

	
5.99
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Table 3. Meteorological forecasted data of the studied area from 2021 to 2050.
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Month

	
Temperature °C

	
Humidity (%)

	
Wind (km/Day)

	
Sunshine Hours

	
Precipitation (mm)

	
ETo

mm/Day




	
Tmax

	
Tmin






	
Jan.

	
19.6

	
8.5

	
54.6

	
279

	
10.4

	
0.00

	
3.14




	
Feb.

	
21.6

	
9.2

	
48.0

	
309

	
11.1

	
0.00

	
4.20




	
Mar.

	
25.5

	
12.0

	
41.8

	
350

	
12.0

	
0.00

	
5.94




	
Apr.

	
29.4

	
15.2

	
37.8

	
379

	
12.9

	
0.00

	
7.76




	
May

	
33.3

	
19.0

	
37.0

	
354

	
13.7

	
0.00

	
8.92




	
Jun.

	
36.8

	
22.8

	
37.2

	
364

	
14.1

	
0.00

	
10.05




	
Jul.

	
38.8

	
24.5

	
39.7

	
367

	
13.9

	
0.00

	
10.36




	
Aug.

	
38.9

	
24.4

	
41.2

	
344

	
13.2

	
0.00

	
9.71




	
Sep.

	
36.4

	
22.8

	
45.4

	
327

	
12.4

	
0.00

	
8.17




	
Oct.

	
30.8

	
19.4

	
51.8

	
275

	
11.4

	
0.00

	
5.67




	
Nov.

	
25.6

	
14.3

	
54.6

	
250

	
10.7

	
0.00

	
3.95




	
Dec.

	
20.7

	
9.9

	
58.0

	
252

	
10.2

	
0.00

	
2.94




	
Average/

Total

	
29.8

	
16.8

	
46.0

	
321

	
12.2

	
0.00

	
6.73
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Table 4. Land cover classification within each soil texture class.
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Class

	
Sandy Loam

	
Loam

	
Clay Loam

	
Silty Loam

	
Total




	
km2

	
%

	
km2

	
%

	
km2

	
%

	
km2

	
%

	
km2

	
%






	
Wheat

	
2.11

	
3.51

	
45.99

	
76.55

	
9.05

	
15.06

	
2.93

	
4.88

	
60.08

	
10.00




	
Berseem

	
4.63

	
8.08

	
39.90

	
69.67

	
9.77

	
17.06

	
2.97

	
5.19

	
57.27

	
100.00




	
Green beans

	
1.43

	
6.81

	
14.75

	
70.24

	
2.46

	
11.71

	
2.36

	
11.24

	
21.00

	
100.00




	
Potato

	
0.89

	
14.08

	
3.21

	
50.79

	
1.15

	
18.20

	
1.07

	
16.93

	
6.32

	
100.00




	
Citrus

	
0.84

	
8.40

	
5.55

	
55.50

	
3.09

	
30.90

	
0.52

	
5.20

	
10.00

	
100.00




	
Strawberry

	
0.11

	
12.64

	
0.34

	
39.08

	
0.33

	
37.93

	
0.09

	
10.34

	
0.87

	
100.00




	
Guava

	
0.17

	
21.25

	
0.21

	
26.25

	
0.32

	
40.00

	
0.10

	
12.50

	
0.80

	
100.00
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