
Citation: Liu, J.; Liu, M.; Wang, Z.;

Yang, J.; Lou, S. Multi-Flexibility

Resources Planning for Power

System Considering Carbon Trading.

Sustainability 2022, 14, 13296.

https://doi.org/10.3390/

su142013296

Academic Editors: Haixiang Zang,

Wei Liu, Xi Wu, Yizhou Zhou and

Haiteng Han

Received: 6 August 2022

Accepted: 6 October 2022

Published: 16 October 2022

Publisher’s Note: MDPI stays neutral

with regard to jurisdictional claims in

published maps and institutional affil-

iations.

Copyright: © 2022 by the authors.

Licensee MDPI, Basel, Switzerland.

This article is an open access article

distributed under the terms and

conditions of the Creative Commons

Attribution (CC BY) license (https://

creativecommons.org/licenses/by/

4.0/).

sustainability

Article

Multi-Flexibility Resources Planning for Power System
Considering Carbon Trading
Juan Liu 1, Minwei Liu 1, Zhimin Wang 1, Junwen Yang 1 and Suhua Lou 2,*

1 Center of Power Grid Planning and Constructing, Yunnan Power Grid Ltd., Kunming 650011, China
2 State Key Laboratory of Advanced Electromagnetic Engineering and Technology, School of Electrical and

Electronic Engineering, Huazhong University of Science and Technology, Wuhan 430074, China
* Correspondence: shlou@hust.edu.cn

Abstract: Clean and low-carbon energy represented by wind power and photovoltaic power will
develop rapidly and will form a new power system with a high proportion of renewable energy. In
the context of a low-carbon economy, how to make reasonable planning for power system flexibility
resources is crucial for the development of new power systems. In this paper, we establish a
multi-flexibility resource planning model for a power system based on a low carbon economy by
considering the planning of multi-flexibility resources of “source–load–storage”. First, a ladder-type
carbon trading cost accounting model is proposed, and a set of power system flexibility evaluation
indexes are proposed. Then, with the objective of minimizing the sum of low carbon operation cost,
investment cost, and operation cost of the system, the planning model of multi-flexibility resources is
established by considering constraints such as system power balance constraint, investment constraint,
and wind power consumption constraint. Finally, the model proposed in this paper is validated
by the IEEE-RTS96 system; the results show that: (1) collaborative planning of source–load–storage
multi-flexible resources can obtain the best overall system economics, although the investment cost
increases by USD 12.6M, the total system cost is reduced by 11.22% due to the reduction in coal
generation consumption cost, carbon trading cost, and wind curtailment penalty cost; (2) as the
penetration of wind power grows, the demand for energy storage in the power system is gradually
increasing; when the installed capacity of wind power grew from 800 MW to 1600 MW, the demand
for new thermal power decreased by 53.5% and the demand for new energy storage increased by
200%; (3) the total cost of the planning model considering ladder-type carbon trading decreases by
1.35% compared to the model without carbon trading, and increases by 2.5% compared to the model
considering traditional carbon trading, but its carbon emissions decrease by 5.5%.

Keywords: low-carbon economy; carbon trading; power system planning; power system flexibility

1. Introduction

With the depletion of fossil energy and the gradual intensification of environmental
problems, the development of renewable energy has become the mainstream, within which
wind power is developing rapidly as one of the most important components. By the
end of 2020, the total installed capacity of global wind power had reached 743 GW, with
93 GW of newly installed wind power in 2020, which was an increase of 59% compared to
2019 [1]. With the increase in the penetration of renewable energy sources such as wind and
photovoltaic power in the power system, the volatility and uncertainty is also increasing,
which leads to a sharply rising demand for flexibility resources. The existing literature
has conducted in-depth analyses on a series of issues such as the mechanism of power
system flexibility balance [2], evaluation of power system flexibility [3], and operating
optimization of multiple flexibility resources [4]. However, existing studies related to
flexibility resource planning of power systems have usually ignored carbon emission
constraints, which are difficult to apply to the decarbonization transition of a power system.
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Therefore, constructing a collaborative planning method for multiple flexibility resources
considering carbon trading to promote the decarbonization of the power system is the
focus of current research.

All adjustment methods that can cope with fluctuations and uncertainties can become
flexibility resources, which mainly include thermal power units on the power supply side,
demand response on the load side, and battery storage on the energy storage side. Some
studies have been conducted on the operation optimization and planning of various types
of flexible resources on the “source–load–storage” side of the power system. In [5], a flexibil-
ity resources planning model for medium-term and long-term development was proposed
to cope with high uncertainty in the future. The study in [6] divided conventional units into
three types of flexible units according to their regulation capability, then proposed a flexible
power source expansion planning model considering the wind power consumption target.
In [7], a renewable energy power planning model was constructed with the objective of
minimizing the full-cycle investment cost by integrating renewable energy with flexibility
resources based on a quantitative flexibility assessment method. In [8], a multi-objective
transmission grid planning model based on flexibility and economy was proposed con-
sidering the economic operation strategy of the system with the objective of minimizing
the investment cost and operation cost. Reference [9] presented a power system planning
model that balances flexibility and reliability by using thermal power units, energy storage
systems, and demand-side response as flexibility resources. Reference [10] used robust
optimization to deal with peak load demand and wind capacity uncertainty, and proposes
a coordinated planning model for power grid expansion and thermal power flexibility
reformation. In [11], considering the real-time flexibility demand and the flexibility supply
capability of energy storage, a power supply expansion planning model with the objective
of minimizing the investment in renewable energy, energy storage, and thermal power units
was proposed. In [12], taking the port microgrid as an example, the integrated operation
planning and energy management model of smart microgrid, including energy storage
and power demand management, is proposed, and the positive influence of energy storage
and demand-side management on the improvement of microgrid operation economy is
explored. Although scholars have conducted sufficient research on power system flexibility
resource optimization and planning, there are few studies on flexibility resource planning
methods considering carbon trading.

In the context of the low-carbon transition of the whole society, scholars have con-
ducted in-depth research on carbon management from various perspectives, including
industry, energy, logistics, and the built environment. Reference [13] established a Com-
putable General Equilibrium model to analyze the impact of different carbon emission
trading schemes on the electricity industry and determine the best choice of carbon quota
allocation scheme for the electricity industry in China. Focusing on carbon pricing rules
in Germany’s road transport and housing sector, Reference [14] examines three possible
options for reimbursing carbon revenues, including a per-capita reallocation to private
households, the reduction of electricity prices by decreasing the electricity tax, and increas-
ing housing benefits. Reference [15] studied the impact of carbon trading on the power
industry and provided ideas for power grids to adhere to a low-carbon and environmentally
friendly development route.

As one of the measures to effectively reduce carbon emissions, carbon trading is used
as a mechanism to trade emission rights through carbon allowances, and the cost of carbon
trading is included in the power system dispatch cost to achieve low carbon goals with the
help of economic leverage [16]. The paper [17] analyzed the impact of carbon trading on the
energy costs of thermal power generation units. The paper [18] introduced carbon trading
cost into the objective function and applied stochastic programming theory to propose a
dispatching model that considers both economy and low carbon. Reference [19] introduced
a carbon trading mechanism in the model to improve the wind power acceptance capacity,
and proposed an optimization model for wind power consumption based on carbon trading.
Reference [20] introduced carbon trading costs in a system with large-scale PV access and
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established a low-carbon economic dispatch model for a system containing large-scale
PV. Reference [21] conducted a systematic literature review and analyzed the operational
strategies and technical means to improve the energy efficiency and carbon reduction
benefits of ports and terminals, and studied the low-carbon transformation of integrated
port energy systems.

While the existing literature has made some progress in flexible resource planning
and low-carbon operation of power systems, there are still some shortcomings: (1) Existing
studies only consider one or two flexibility resources, however, with the increasing pen-
etration of renewable energy, a single flexibility resource is no longer sufficient to meet
the flexibility needs of the power system. (2) Existing studies have failed to adequately
consider the negative impact of carbon emissions from power system operation on the
global environment when conducting flexibility resource planning.

To sum up, a planning model that integrates multiple flexibility resources, such as
source–load–storage, is the key to solving the problem of insufficient flexibility caused by a
high proportion of renewable energy in the future; meanwhile, incorporating a reasonable
carbon trading mechanism into the flexibility resource planning model is an effective way
to achieve a low-carbon power system.

The main contributions of this paper are summarized as follows.

(1) Based on the traditional carbon trading model, a ladder-type carbon trading model
considering carbon emissions is proposed, which will make low-emission units more
competitive and minimize system carbon emissions while ensuring system economics.

(2) Based on the technical mechanism of multi-flexibility resources, a comprehensive
flexibility evaluation index system is proposed, which enables a comprehensive
evaluation of the planning results of the power system’s multiple flexibility resources.

(3) With the objective of minimizing the sum of operation cost and investment cost
of the system, the multi-flexibility resource planning model of the power system
under carbon trading is established considering the system power balance constraint,
investment constraint, wind power consumption constraint, and other constraints.

The rest of the paper is organized as follows. Section 2 constructs the ladder-type
carbon trading model. The flexibility evaluation indexes of power system operation are
introduced in Section 3. Section 4 presents the carbon trading-based multi-flexibility
resource planning model. Section 5 presents the case study of the IEEE-RTS96 system, in
which the impact of different flexibility resources allocation schemes, wind power access
capacity, and different carbon trading models on the power system planning result is
analyzed. Finally, Section 6 concludes the paper.

2. Modeling of Carbon Trading Costs

Considering the “low carbonization” requirement of the future power system, carbon
allowance and carbon trading costs need to be considered in the optimization model.
During the operation of the power system, thermal power units burning coal to generate
electricity are the main source of carbon emissions. Sources such as hydropower, wind
power, photovoltaic power, and energy storage produce almost no carbon emissions during
power system operation. Therefore, in this paper, only the carbon emissions of thermal
power units are modeled. Considering that the power carbon trading market is in its initial
stage, this paper adopts a carbon emission allowance allocation method based on power
generation, and the main idea is that the baseline method is used to determine the carbon
emission allowance of the market player based on the average emission intensity of the
power industry and the actual power generation amount of the market player.

CEC = η
T

∑
t=1

NG

∑
i=1

Pi,t (1)
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where CEC is the carbon allowance allocated to the power system, NG is the number of
thermal units, Pi,t is the output of thermal unit i at time t, T is the dispatch period, η is the
carbon allowance per MW of the unit output.

The reference [22] gave a method for calculating carbon emissions from thermal
power units in power systems, where the actual carbon emissions are determined by the
following equation:

CEA =
T

∑
t=1

NG

∑
i=1

(
αiP2

i,t + βiPi,t + λi

)
(2)

where CEA is the actual carbon emissions of thermal units, αi, βi and λi are carbon emission
factors of thermal power unit i.

The carbon trading cost of a power system is related to the carbon trading volume of
the system, which is generally based on the net emissions of the system, i.e., the difference
between the carbon emissions of the system and the carbon emission allowances as the
carbon trading amount of the system. After calculating the net carbon emissions, the
traditional carbon trading model generally takes Equation (3) to calculate the carbon
trading cost. It indicates that if the system’s carbon emissions are smaller than the carbon
emission allowances in a certain time, the remaining credits can be sold to gain revenue; if
the system carbon emissions are larger than the carbon emission allowance, it needs to pay
extra to buy the allowance.

CC = f C∆CE = f C(CEA − CEC) (3)

where f C is the carbon trading price per unit of carbon emissions, ∆CE indicates the net
carbon emissions.

In order to further control carbon emissions and guide the power system toward low-
carbon and clean development, this paper adopts a ladder-type carbon trading model [23,24]
to divide the system carbon trading cost into more detailed intervals. An incentive factor is
introduced to characterize the government subsidy when the system carbon emissions are
lower than the carbon allowance; a penalty factor is introduced to characterize the higher
carbon trading cost when the system needs to purchase carbon allowance. The ladder-type
carbon trading cost model constructed in this paper takes the net carbon emissions of the
power system as the interval division criterion, and the net carbon emissions are linearized
in segments when solving the model. The mathematical expression of the model is shown
in Equation (4).

CC =



f C(1 + 3µ)(∆CE + 2d)− f C(2 + 3µ)d ∆CE ≤ −2d
f C(1 + 2µ)(∆CE + d)− f C(1 + µ)d −2d <∆CE ≤ −d
f C(1 + µ)∆CE −d <∆CE ≤ 0
f C∆CE 0 <∆CE ≤ d
f C(1 + λ)(∆CE− d) + f Cd d <∆CE ≤ 2d
f C(1 + 2λ)(∆CE− 2d) + f C(2 + λ)d ∆CE > 2d

(4)

where CC is the carbon trading cost of the power system under the ladder-type carbon
trading model; µ and λ are respectively the incentive and penalty factors when the net
carbon emissions of the system are less than or greater than the carbon emission allowance;
and d is the length of the interval of segmented carbon emissions.

The relationship between carbon trading price and net carbon emissions in the above
carbon trading cost calculation model is shown in Figure 1. The solid blue line indicates
the “Ladder-type carbon trading model”, and the red dashed line indicates the “traditional
carbon trading model”. A positive net carbon emission means that the system is short of
carbon allowances and needs to purchase additional allowances from the carbon trading
market; a negative net carbon emission means that the system has a surplus of carbon
allowances and can sell the surplus for a profit. By comparison, when the system carbon
emission allowance is insufficient, the system needs to accept extra penalties by using
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the ladder-type carbon trading cost model rather than the traditional carbon trading cost
model; when there is a surplus of the system carbon emission allowance, the system can get
more benefits by using the ladder-type carbon trading cost model rather than the traditional
carbon trading cost model. Thus, compared with the traditional carbon trading cost model,
the ladder-type carbon trading cost model used in this paper has stronger sensitivity and
identification accuracy for the carbon reduction efforts or excess carbon emissions of the
power system.
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3. Flexibility Evaluation Index of Power System

The power system flexibility evaluation index is mainly used to measure the opera-
tional flexibility of the power system and evaluate the effect of various types of flexibility
resources in each stage of operation, so that the optimization results of the model can be
evaluated and analyzed. In this paper, we propose electricity loss of upward flexibility
insufficient (ELUFI), electricity loss of downward flexibility insufficient (ELDFI), power
curtailment rate of upward flexibility insufficient (PCRUFI), and power curtailment rate of
downward flexibility insufficient (PCRDFI).

The flexibility resources studied in this paper come from the thermal power units,
demand response, and energy storage, and the flexibility supply capacity is shown in
Equation (5). The flexibility demand of the power system mainly considers the load
fluctuation, load, and wind power forecast inaccuracy, which is calculated as shown in
Equation (6). {

Pup
G,t = Pup

g,t + Pup
L,t + Pup

B,t
Pdown

G,t = Pdown
g,t + Pup

L,t + Pup
B,t

(5)

{
Pup

R,t = (Lt+1 − Lt) + ξupLt+1 + λupPW,t+1 if Lt+1 ≥ Lt

Pdown
R,t = (Lt − Lt+1) + ξdownLt+1 + λdownPW,t+1 if Lt+1 < Lt

(6)

where Pup
G,t and Pdown

G,t are upward and downward supply capacity of the flexibility resource,
Pup

R,t and Pdown
R,t are the upward and downward flexibility requirements of the power system,

Lt is the system load forecast at time t, PW,t is the predicted output of wind power at
moment t, ξup and ξdown are the upward and downward flexibility demand factors due
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to load forecast errors, λup and λdown are the upward and downward flexibility demand
factors due to wind power forecast errors.

3.1. Electricity Loss of Flexibility Insufficient

Electricity loss of flexibility insufficient is the cumulative value of load electricity loss
or renewable energy curtailment due to the upward and downward flexibility demand
being greater than the flexibility resource supply capacity in the statistical cycle.

EL =
T

∑
t=1

∆Pup
t sgn

{
Pup

R,t − Pup
G,t

}
(7)

ER =
T

∑
n=1

∆Pdown
t sgn

{
Pdown

R,t − Pdown
G,t

}
(8)

where EL and ER are electricity loss of upward flexibility insufficient and electricity loss
of downward flexibility insufficient, ∆Pup

t is the electricity loss at time t, ∆Pdown
t is the

curtailed power of renewable energy at time t.

3.2. Power Curtailment Rate of Flexibility Insufficient

Power curtailment rate of flexibility insufficient is the ratio of the accumulated value
of electricity loss to the total load electricity demand or the ratio of renewable energy
curtailment power to renewable electricity generation due to the upward and downward
flexibility demand being greater than the flexibility resource supply capacity.

ηup =

T
∑

t=1
∆Pup

t sgn
{

Pup
R,t − Pup

G,t

}
T
∑

t=1
Lt

(9)

ηdown =

T
∑

t=1
∆Pdown

t sgn
{

Pdown
R,t − Pdown

G,t

}
T
∑

t=1
PE,t

(10)

where ηup and ηdown are power curtailment rate of upward flexibility insufficient and power
curtailment rate of downward flexibility insufficient, PE,t is the power output of renewable
energy generation at time t.

4. Carbon Trading Based Multi-Flexibility Resource Planning Model
4.1. Framework of the Planning Model

The main purpose of power system flexibility resource planning is to obtain the
investment decision plan for new flexibility resources in the planning year, so that the
system can meet the requirements of economy and flexibility at the same time. The planning
target may include both thermal and hydropower sources that can meet the power demand,
and there may be a variety of flexibility resources involved in the planning, such as energy
storage and demand response resources used to meet the flexibility demand of the system.

The flowchart of the power system multi-flexibility resource planning model is shown
in Figure 2. The model mainly considers the planning of thermal power units, energy
storage and interruptible load, with the objective of minimizing the total annual cost of the
whole power system; it considers constraints such as unit operation constraints, energy
storage operation constraints, interruptible load constraints, wind power consumption
constraints, and investment ceiling constraints. The model takes the original system
parameters, load and wind power typical scenario data, and parameters of the flexibility
resources to be built as inputs; optimizes the variables such as the type and number of
flexibility resources to be built, all unit output, energy storage output, and interruptible



Sustainability 2022, 14, 13296 7 of 18

load interruption. The final output is the type and number of flexibility resources to be
built, the system operation economy index, and the system operation flexibility index.
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4.2. Objective Function

The multi-flexible resource capacity planning model of the power system under the
low carbon economy is aimed at minimizing the total annual cost of the power system,
which includes the investment cost of thermal units, energy storage, interruptible load, and
the total operating cost of the system. The specific mathematical expression of the objective
function is shown in Equation (11).

Min.C = CIV + COP (11)

where C is the total annual cost of the power system, CIV is the annual value of the
total investment cost for flexibility resources, and COP is the annual operating cost of the
power system.

4.2.1. Investment Cost of Flexibility Resources

Since this paper focuses on the expansion planning of thermal power, energy storage,
and interruptible load, the investment cost of flexibility resources consists of the investment
cost of conventional thermal power, energy storage, and interruptible load together, and
the specific mathematical expressions are shown below.

CIV = CG,IV + CT,IV + CD,IV (12)

where CG,IV is the equivalent annual value of investment cost for new thermal units, CT,IV
is the equivalent annual value of investment cost for new energy storage devices, and CD,IV
is the equivalent annual value of investment cost for new interruptible load.

CG,IV = ∑
i∈ΩG

xiCiGiδCRF(r, YG) (13)

CT,IV = ∑
j∈ΩT

yj(kPPj + kEEj)δCRF(r, YT) (14)

CD,IV = ∑
m∈ΩD

zmQmPmδCRF(r, YD) (15)
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δCRF(r, Y) =
r(1 + r)Y

(1 + r)Y − 1
(16)

where ΩG, ΩT , and ΩD denote the set of thermal units, the set of energy storage, and the
set of interruptible loads to be selected, respectively; the binary variables xi, yj, and zm
indicate whether the thermal units, energy storage, and interruptible loads are put into
construction; Ci is the construction cost per unit capacity of candidate thermal power unit i;
Gi is the installed capacity of the candidate thermal power unit i; kP and kE are the price
per unit power and per unit capacity of energy storage; Qm is the investment cost per unit
capacity of interruptible load; Pm is the power demand of the candidate interruptible load
m; δCRF(r, Y) is the equal annual value factor, whose value is related to the operating life of
each flexible resource Y and the discount rate r.

4.2.2. Operation Costs

The total operating costs of the system include energy generation costs, start-up and
shutdown costs, carbon trading costs, wind curtailment penalty costs, and load interruption
compensation costs, which are calculated as shown in Equation (17).

COP = CG + CQT + CC + CQW + CDR (17)

where, CG is the operation cost of thermal power units, and its value includes the operation
cost of original units and new units; CQT is start-up and shutdown costs of thermal power
units; CC is carbon trading costs; CQW is wind curtailment penalty costs; CDR is load
interruption compensation costs for users who participate in demand response.

CG = NT

NS

∑
s=1

[
ρs

T

∑
t=1

(
NG

∑
i=1

(
aiPG

s,i,t
2 + biPG

s,i,t + ciuG
s,i,t

)
+ ∑

j∈ΩG

xj

(
ajPG

s,j,t
2 + bjPG

s,j,t + cjuG
s,j,t

))]
(18)

CQT = NT

NS

∑
s=1

[
ρs

(
T

∑
t=1

(
NG

∑
i=1

uG
i,s,t(1− uG

i,s,t−1)SQT,i + ∑
j∈ΩG

uG
j,s,t−1(1− uG

j,s,t−1)SQT,j)

)]
(19)

CQW = QW × NT

NS

∑
s=1

T

∑
t=1

ρsPLOSS
W,s,t (20)

CC = NT

NS

∑
s=1

ρsCC,s (21)

CDR = NT

NS

∑
s=1

ρs

T

∑
t=1

(
NIL

∑
n=1

KnPIL
n,s,t + ∑

j∈ΩD

KnPIL
j,s,t

)
(22)

where, NT is the total statistical period; ρs is the probability of the scenario s; NG is the
number of existing generating units; uG

i,s,t is the operating state of thermal power unit i
at time t under scenario s; ai, bi, and ci are the energy cost coefficients for generation of
thermal power unit i; SQT,i is the start-up and shutdown cost of thermal power unit i; QW
is the cost factor of wind curtailment penalty; PLOSS

W,s,t is the curtailed wind power at the time
t under scenario s; PNL

n,s,t is the interrupted load power of user n at time t under scenario s;
Kn is the coefficient for load interruption compensation.

4.3. The Constraints

The constraints of the multi-flexible resource capacity planning model of power system
under low carbon economy include system power balance constraint, investment constraint,
wind power consumption constraint, energy storage operation constraint, transferable load
constraint, interruptible load constraint, etc.

(1) System power balancing constraints
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∑
i∈ΩGS

PG
i,s,t + PW,s,t + ∑

j∈ΩBS

PB,j,s,t + ∑
n∈ΩIL

µn,s,tPIL
n,s,t = PL1,t + LTLin,s,t − LTLout,s,t (23)

where PW,s,t is the output of wind farm at time t under scenario s; PB,j,s,t is the output of
energy storage j at time t under scenario s; PG

i,s,t is the output of thermal power unit i at time
t under scenario s; ΩGS is the set of thermal power units, which includes the exciting units
and candidate units; ΩBS is the set of energy storage; ΩIL is the set of interruptible load;
µn,s,t is the load interruption state variable of user n at time t under scenario s; LTLin,s,t and
LTLout,s,t are the transferred-in and transferred-out load power at time t under scenario s.

(2) Flexibility Resource Investment Constraints

∑
i∈ΩG

xiCiGi + ∑
j∈ΩT

yj(kPPj + kEEj)+ ∑
m∈ΩD

zmQm(qPPm + qEDm) ≤ Imax (24)

where Imax is the upper limit of total investment in flexibility resources.
(3) Wind Power Consumption Constraints

NS

∑
s=1

T

∑
t=1

PLOSS
W,s,t /

NS

∑
s=1

T

∑
t=1

PW,s,t ≤ DW (25)

where, DW is the maximum allowable wind curtailment rate of the power system.
(4) Energy Storage Operating Constraints
Equation (26) is the energy state constraint of the energy storage device; Equation (27)

is the battery storage power balance constraint; Equation (28) indicates that the beginning
and end residual capacities of the energy storage device need to be kept equal.

SBESS,min ≤ SBESS,s,t ≤ SBESS,max (26)

max(−PB,
EB,s,t − EB

∆t
ηd) ≤ PB,s,t ≤ min(−PB,

EB,s,t − EB,min

∆tηc
) (27)

EB,0 = EB,T (28)

where, EB,s,t is the value of the power stored in the battery at time t under scenario s;
SBESS,s,t is the state of charge of the battery energy storage at time t in scenario s.

In this paper, the degradation of the load storage system is not considered, thus
reducing the difficulty of solving the model.

(5) Constraints of Transferable Load
When customers participate in demand response, the load demand of each time

period will change with the price of electricity, but customers do not change the electricity
consumption of the whole time period, and only adjust the electricity consumption of each
time period. So, it is necessary to meet the electricity conservation constraint of customers.

T

∑
t=1

LTLin,s,t =
T

∑
t=1

LTLout,s,t (29)

The amount of power load transferred during each period cannot exceed the maximum
load capacity that can be transferred.

LTLin,s,t ≤ LTLin,max (30)

LTLout,s,t ≤ LTLout,max (31)

where LTin,max indicates the maximum electric load capacity that can be transferred in;
LTin,max indicates the maximum electric load capacity that can be transferred out.

(6) Constraints of Interruptible Load
Equation (32) is the load interruption amount constraint at time t, Equation (33) is the

interruption time constraint, and Equation (34) is the interrupt count constraint.
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PIL.min
n ≤ PIL

n,s,t ≤ PIL.max
n (32){(

Ton
n,s,t−1 − Ton

n,min

)
(µn,s,t−1 − µn,s,t) ≥ 0

Ton
n,s,t ≤ Ton

n,max
(33)

T

∑
t=2

(1− µn,s,t−1)µn,s,t ≤ NIL.max
n (34)

where PIL.min
n and PIL.max

n denote the maximum and minimum interrupted electrical power
demand of customer n at time t; Ton

n,s,t denotes the duration time of the continuous inter-
ruption of the interruptible user n at time t under scenario s; Ton

n,min and Ton
n,max are the

minimum and maximum interruption time for user n; NIL.max
n is the maximum number of

interrupts for user n.

5. Case Study

In this paper, the modified IEEE-RTS96 system [25] is used to carry out a case study.
The number of exciting thermal power units is 26, the total installed capacity of thermal
power is 3105 MW, the maximum system load is 4800 MW, and the system load curve is
shown in Figure 3. The capacity of exciting energy storage is 50 MW/150 MWh, and the
charging and discharging efficiency of which is 90%; detailed data on energy storage are
shown in [26]. The maximum wind curtailment rate DW of the power system is 5%, QW
takes the value of 40 USD/MWh [27]. The system has three exciting interruptible load
users, each with an interruptible capacity of 60 MW, a maximum interruption time of 3 h,
and a minimum interruption time of 1 h; the compensation cost of load interruption for the
user is 40 USD/MWh [28]. The installed capacity of the existing wind farms in the system
is 1200 MW, the typical scenes of wind power output are obtained by K-means clustering,
and the results are shown in Figure 4. The upward and downward flexibility demand
factors from load forecasting errors are ξup = ξdown= 0.05, and the upward and downward
flexibility demand factors from wind forecasting errors are λup = λdown= 0.01. According
to the carbon emission factor data of the power grid in the “Notice on the Key Work Related
to the Management of Enterprise Greenhouse Gas Emissions Reporting in 2022” issued by
the Ministry of Ecology and Environment of People’s Republic of China [29], the carbon
emission allowance per unit of power generation is set at 0.5810tCO2eq/MWh, the carbon
trading price of 30 USD/t, and the incentive and penalty factors of carbon trading are set
at µ = 0.2 and λ = 0.25, respectively. The parameters of thermal power, energy storage,
and interruptible load to be built are shown in Table 1, and the social average discount
rate takes the value of 0.08. The MATLAB platform is used to employ CPLEX to solve the
model proposed in this paper, and the overall computation time is less than 5 min.

Since wind power output is characterized by randomness and uncertainty, it is impos-
sible to analyze and evaluate every wind power output scenario in the analysis process,
and cluster analysis, as an effective tool for cutting scenarios, can solve this problem well.
In this paper, the K-means clustering algorithm is used to cluster the wind power output
scenarios. Based on the one-year wind power generation data of a wind farm in western
China, the number of target clusters is set to six, and the six typical clustering output curves
and the corresponding scenario probabilities are shown in Figure 4.

There are three types of flexibility resources that can be selected to be built, which
includes thermal power units, battery energy storage devices, and interruptible load.
Thermal power units have a selectable capacity from 20 MW to 400 MW, and their annual
value of per unit capacity investment is 65,000 USD/MW. Battery energy storage has a
selectable capacity from 50 MW/150 MWh and 150 MW/450 MWh, and its annual value
of per unit capacity investment is (16,500 USD/MW)/(22,000 USD/MWh). Interruptible
load has a selectable capacity of 30 MW/90 MWh and 60 MW/180 MWh, and its annual
value of per unit capacity investment is (10,000 USD/MW)/(90 USD/MWh). The detailed
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investment data of thermal power units and energy are shown in [27], and the detailed
investment data of interruptible load are shown in [28].
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Figure 4. Typical Scenes of Wind Power Output Obtained by K-means Clustering.

Table 1. Parameters of flexibility resources to be built.

Thermal Power Energy Storage Interruptible Load

Selectable Capacity
(MW/MWh) 20, 50, 100, 200, 400 50/150, 150/450 30/90, 60/180

Annual Value of Per Unit Capacity Investment
(USD/MW)/(USD/MWh) 65,000 16,500/22,000 10,000/90

5.1. Impact of Different Flexibility Resources on Power System Planning

In order to deeply explore the impact of different flexibility resources on power system
expansion planning, this paper compares and analyzes the system planning results under
the following four scenarios.

Scenario 1: Consider thermal power only as a flexibility resource for expansion planning.
Scenario 2: Consider thermal power and energy storage as flexibility resources for

expansion planning.
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Scenario 3: Consider thermal power and demand response as flexibility resources for
expansion planning.

Scenario 4: Consider thermal power, energy storage, and demand response as flexibil-
ity resources for expansion planning.

According to the calculation results, the planned unit types and capacities under
each scenario are shown in Figure 5, and the economic indicators as well as the flexibility
evaluation indicators are shown in Tables 2 and 3, respectively.
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Figure 5. Unit types and capacities for flexibility resource planning in different scenarios.

Table 2. Economic indicators corresponding to each flexibility resource planning scheme.

Cost/($106) Scenario1 Scenario 2 Scenario 3 Scenario 4

Total cost 2160.1 1962.5 1959.5 1917.6
Investment cost 55.9 58.8 32.1 68.5
Operation cost 2104.2 1903.7 1927.4 1849.1

Coal consumption cost 1727.2 1708.2 1707.0 1673.0
Start-up and shutdown cost 54.0 51.1 46.8 34.3

Carbon trading cost 171.6 133.8 145.9 119.1
Wind curtailment penalty cost 6.9 0 5.1 0

Penalty for loss of load 133.8 0 0 0
Load interruption cost 10.6 10.6 22.7 22.7

Table 3. Flexibility evaluation metrics for each flexibility resource planning scheme.

Scenario 1 Scenario 2 Scenario 3 Scenario 4

ELUFI /(106 kW) 66 27 0 0
PCRUFI 0.23% 0.09% 0 0

ELDFI /(106 kW) 241 0 185 0
PCRDFI 4.1% 0 3.0% 0

Table 2 shows the economic indicators corresponding to each flexibility resource
planning scheme, which shows the total annual cost of the power system and the detailed
investment cost of the flexibility resource, operation cost of power system, carbon trading
cost, etc.

There are 4 types of flexibility evaluation metrics in Table 3: electricity loss of upward
flexibility insufficient (ELUFI), electricity loss of downward flexibility insufficient (ELDFI),



Sustainability 2022, 14, 13296 13 of 18

power curtailment rate of upward flexibility insufficient (PCRUFI), and power curtailment
rate of downward flexibility insufficient (PCRDFI).

Combining Figure 5 and Tables 2 and 3, it can be seen that under the expansion
planning scenario considering only thermal power as a flexibility resource, on the one
hand, without the addition of new energy storage and demand response resources, the
system does not have sufficient up-regulation as well as down-regulation capacity, making
the system appear to have insufficient up-regulation and down-regulation flexibility, and
the up-regulation and down-regulation insufficient curtailment rates reach 0.23% and
4.1%, respectively. On the other hand, due to the large number of thermal units and lack
of sufficient flexibility resources, although there is a reduction in investment costs, the
system curtailment penalty costs, carbon trading costs, generation costs, and start-up and
shutdown costs have increased, making the total system costs increase accordingly.

In Scenario 2, the installation of new energy storage increases the flexible regulation
capacity of the system, and compared with Scenario 1, the wind curtailment phenomenon
is significantly improved, and the system operation cost and carbon trading cost are also
reduced, but the construction cost of energy storage is relatively high, which makes the
investment cost increase.

In Scenario 3, the new interruptible load increases the up-regulation capacity, which
can reduce the thermal power start-up and improve the system’s load loss phenomenon,
while the new demand for thermal power decreases, and the system operation cost, carbon
trading cost, and start-up and shutdown cost are reduced, but the system wind curtailment
phenomenon is still relatively serious, and the annual curtailment rate reaches 3.0%.

In Scenario 4, the best overall system economics are achieved by planning for the three
kinds of flexibility resources. Compared with Scenario 1, although the investment cost
increases by USD 12.6M, the total system cost is reduced by 11.22% due to the reduction of
coal generation consumption cost, carbon trading cost, and wind curtailment penalty cost.
At the same time, the system does not experience a shortage of upward and downward
flexibility due to the addition of energy storage and interruptible load to meet the system
flexibility needs.

It can be seen that integrated planning for multiple types of flexibility resources is
more competitive in terms of system economics and operational flexibility than planning
for a single resource or two resources.

5.2. Analysis of Optimization Results for Different Access Wind Power Capacity

In order to study the impact of installed wind power capacity on the optimization
results, we set the wind power installation in the 800–1600 MW variation to get the system
in different wind power capacities access to the operational economic indicators shown
in Table 4. Figure 6 shows the planning type and capacity of flexibility resources under
different wind power access capacities.

Table 4. System economic indicators for different access wind power capacity.

Wind Capacity/MW 800 1000 1200 1400 1600

Total cost/(USD 106) 2193.3 2061.1 1917.6 1802.3 1742.2
Investment cost/(USD 106) 70.4 61.6 68.5 59.6 65.3
Operation cost/(USD 106) 2122.9 1999.6 1849.1 1742.6 1676.9

Coal consumption cost/(USD 106) 1884.7 1785.9 1673.0 1566.5 1494.1
Start-up and shutdown cost/(USD 106) 36.5 35.3 34.3 33.2 32.2

Carbon trading cost/(USD 106) 179.0 155.7 119.1 117.8 115.2
Wind curtailment penalty cost/(USD 106) 0 0 0 2.5 12.8

Penalty for loss of load 0 0 0 0 0
Load interruption cost/(USD 106) 22.7 22.7 22.7 22.7 22.7
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Figure 6. Impact of different wind capacities on flexibility resource planning results.

Combined with Table 4 and Figure 6, the total system cost shows a gradual decrease
with the increase in wind power capacity. When the system accesses wind power capacity
from 800 MW to 1400 MW, on the one hand, wind power, as a clean energy source, gradually
increases with its access capacity, and the new demand for thermal power units gradually
decreases, which makes the system power generation cost and carbon trading cost also
gradually decrease due to the substitution effect of clean energy on fossil energy. On the
other hand, wind power has certain anti-peaking characteristics, and the new wind power
installation increases the flexibility demand of the system, so the energy storage planning
capacity increases. When the wind power capacity increases to 1600 MW and the wind
power penetration rate reaches 40%, the energy storage required to match the system also
increases significantly, and the newly built energy storage capacity reaches 450 MW, so
the investment cost of the system also increases significantly, and a small amount of wind
curtailment phenomenon occurs in the system.

The more the wind power penetration rate increases, the more flexibility resources the
system needs to match due to the increase in flexibility demand brought by it. In the future
scenario of a high percentage of renewable energy, when the penetration rate of wind and
other resources is getting higher, it is more necessary to have sufficient flexibility resources
to ensure the stable operation of the system and the consumption of renewable energy.

5.3. Analysis of Optimization Results for Different Carbon Trading Models

In order to illustrate the rationality of the established ladder-type carbon trading model
in this paper, the following three kinds of power system planning models are compared:
(1) traditional power system planning model, where carbon trading cost is not considered
in the objective function, and the carbon trading cost is calculated after the results are
obtained; (2) power system planning model based on carbon trading, where the carbon
trading cost is calculated by CC = f C(CEA − CEC) in the objective function; (3) power
system planning model based on carbon trading, where the carbon trading cost is calculated
by the ladder-type carbon trading model established in this paper.

The planning results for the different power system planning models considering
different carbon trading models are shown in Table 5.
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Table 5. Planning results under different carbon trading models.

Planning Results/MW
Total Cost/

($106)
Investment
Cost/($106)

Carbon Trading
Cost/($106)

Carbon
Emissions/t

Thermal
Power

Energy
Storage

Interruptible
Load

(1) 560 150 210 1943.9 50.9 132.8 49,168.3
(2) 460 250 210 1870.7 52.7 102.3 48,632.5
(3) 440 300 210 1917.6 68.5 119.1 45,941.5

As can be seen from Table 5, when the objective function of the optimization model
does not consider the carbon trading cost, the total cost and investment cost of scheme (1)
are the smallest. When the carbon trading cost is considered in the optimization model, the
total cost and carbon trading cost of scheme (2) with the traditional carbon trading model
are reduced by 3.7% and 22.9%, respectively, compared with scheme (1); the new thermal
power is reduced by 100 MW and the new energy storage is increased by 100 MW in the
planning result. Meanwhile, the total cost and carbon trading cost of scheme (3) with the
ladder carbon trading model are respectively reduced by 1.4% and 10.31%, compared with
scheme (1); the new thermal power is reduced by 120 MW and the new energy storage
is increased by 150 MW. When carbon trading costs are considered, the overall carbon
emissions of schemes (2) and (3) are lower than that of scheme (1). Considering carbon
trading costs in the power system multi-flexibility resource planning model can increase
the competitiveness of low-carbon units such as energy storage and demand response on
the basis of ensuring system economics, promoting system priority in using clean power,
and reducing system carbon emissions.

Scheme (3) introduces the incentive and penalty mechanism of carbon emission based
on scheme (2), which imposes penalties on power generation entities with high carbon
emissions and gives additional incentives to clean and low-carbon power generation en-
tities, further promoting the low carbon development of the power system. Compared
with scheme (2), the total cost of scheme (3) increases by 2.5%, and the investment cost in-
creases by 29.98%, but both carbon emissions and carbon trading costs decrease. Therefore,
considering the ladder-type carbon trading model in the planning model will make the
low-emission units more competitive and thus reduce the system carbon emissions, which
has a stricter constraint on carbon emissions than the planning scheme considering the
traditional carbon trading model, and still ensures the economics of the planning scheme.

6. Conclusions

As energy supply shortage, environmental pollution, global warming, and other issues
become more and more significant, the development of low pollution and low emissions
for the characteristics of the low-carbon power system has become the trend. However,
due to the large volatility and uncertainty of wind power, photovoltaic power, and other
clean energy output systems, its large-scale access will bring the severe challenge of the
operational flexibility of the system, resulting in a sharp increase in the demand for power
system flexibility resources. Therefore, this paper establishes a multi-flexibility resource
planning model for power systems considering ladder-type carbon trading, and optimizes
the newly installed capacity of various flexibility resources. The conclusions are as follows.

(1) By analyzing the results of the participation of different flexibility resources in
the planning, the integrated planning of multiple flexibility resources is more competitive
in terms of system economy and operational flexibility than the planning of one or two
resources; although the investment cost increases by USD 12.6M, the total system cost
is reduced by 11.22% due to the reduction in coal generation consumption cost, carbon
trading cost, and wind curtailment penalty cost.

(2) The model proposed in this paper can effectively improve the utilization rate of
the connected wind power and help the system to consume more wind power. When
only thermal power is considered as the flexibility resource, the wind curtailment penalty
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cost is USD 6.9 × 106; when considering “source–load–storage” multiple flexibility re-
sources, the wind curtailment penalty cost is 0, which means that the wind power output is
fully consumed.

(3) By comparing the results of different wind power access capacities, the rise in wind
power capacity will increase the capacity demand of new energy storage and reduce the
capacity of new thermal power; when the wind power penetration rate increases, there is a
need for more adequate flexibility resources to ensure the stable operation of the system
and the consumption of renewable energy. When the installed capacity of wind power
grew from 800 MW to 1600 MW, the demand for new thermal power decreased by 53.5%
and the demand for new energy storage increased by 200%.

(4) By comparing the results of different planning schemes considering different
carbon trading models, the ladder-type carbon trading model established in this paper
can constrain system carbon emissions more strictly when conducting flexibility resource
planning, promoting low-carbon development of the power system, and still ensure the
economics of the planning scheme. The total cost of the planning model considering ladder-
type carbon trading decreases by 1.35% compared to the model without carbon trading,
and increases by 2.5% compared to the model considering traditional carbon trading, but
its carbon emissions decrease by 5.5%.

In this paper, we have studied the problem of multi-flexible resource planning for
power systems considering carbon trading, and have achieved some theoretical results,
but there is still some work that deserves to be continued. The model proposed in this
paper only considers wind power, and the adaptability of the model can be improved by
considering both PV and wind power in the flexibility resource planning model in the
future. At the same time, this paper does not consider the influence of the electricity market
on the system flexibility supply and demand, and the influence of market instruments on
the flexibility resource planning scheme can be studied in the future.
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Abbreviations

ELUFI Electricity Loss of Upward Flexibility Insufficient
ELDFI Electricity Loss of Downward Flexibility Insufficient
PCRUFI Power Curtailment Rate of Upward Flexibility Insufficient
PCRDFI Power Curtailment Rate of Downward Flexibility Insufficient
Nomenclature
Sets and Indices
i Index of units
T Total dispatch period
t Index of time periods
η Carbon allowance per MW of the unit output
NG The number of thermal units
NT The total statistical period
NG The number of existing generating thermal power units
ΩG/ΩT/ΩD The set of thermal units/energy storage/interruptible load to be selected
ΩGS/ΩBS/ΩIL The set of all thermal power units/energy storage/interruptible load
Parameters
αi ,βi ,λi Carbon emission factors of thermal power unit i
f C Carbon trading price per unit of carbon emissions
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µ/λ Incentive/Penalty factors when the net carbon emissions of the system are less than
or greater than the carbon emission allowance

d The length of the interval of segmented carbon emissions
ξup/ξdown Upward/Downward flexibility demand factors due to load forecast errors
λup/λdown Upward/Downward flexibility demand factors due to wind forecast errors
δCRF(r, Y) The equal annual value factor
r The discount rate
ρs The probability of the scenario s
ai , bi , ci The energy cost coefficients for generation of thermal power unit i
QW The cost factor of wind curtailment penalty
Kn The coefficients for load interruption compensation
Imax The upper limit of total investment in flexibility resources
DW The maximum allowable wind curtailment rate of the power system
LTin,max/LTin,max The maximum electric load capacity can be transferred in/transferred out

PIL.min
n /PIL.max

n
The maximum/minimum interrupted electrical power demand of customer n
at time t

Ton
n,min/Ton

n,max The minimum and maximum interruption time for user n
NIL.max

n The maximum number of interrupts for user n
Gi The installed capacity of the candidate thermal power unit i
Pj/Ej The installed capacity/storage capacity of the candidate energy storage device j
Pm The power demand of the candidate interruptible load m
Ci Construction cost per unit capacity of candidate thermal power unit i
kP/kE The price per unit power and per unit capacity of energy storage
Qm The investment cost per unit capacity of interruptible load
Variables
CEC Carbon allowance allocated to the power system
CEA Actual carbon emissions of thermal units
∆CE Net carbon emissions
CC Carbon trading cost of the power system
C Total annual cost of the power system
CIV The annual value of the total investment cost for flexibility resources
COP The annual operating cost of the power system

CG,IV/CT,IV/CD,IV
Equivalent annual value of investment cost for new thermal units/energy
storage devices/ interruptible load

CG/CQT Operation cost/start-up and shutdown cost of thermal power units
CQW Wind curtailment penalty costs
CDR Load interruption costs for users who participate in demand respond
Pup

G,t/Pdown
G,t Upward/Downward supply capacity of the flexibility resource

Pup
R,t/Pdown

R,t Upward/Downward flexibility requirements of the power system
EL/ER Electricity loss of upward/downward flexibility insufficient
∆Pup

t /∆Pdown
t Electricity loss or curtailed power of renewable energy at time t

ηup/ηdown Power curtailment rate of upward/ downward flexibility insufficient

xi/yj/zm Binary variables of whether thermal power, energy storage, interruptible load is
invested or not

uG
i,s,t The operating state of thermal power unit i at time t in scenario s

PLOSS
W,s,t The curtailed wind power at the time t under scenario s

PNL
n,s,t The interrupted load power of user n at time t under scenario s

PW,s,t/PB,j,s,t Output of wind farm/energy storage at time t under scenario s
PG

i,s,t Output of thermal power unit i at time t under scenario s
µn,s,t The load interruption state variable of user n at time t in scenario s
LTLin,s,t/LTLout,s,t The transferred-in/transferred-out load power at time t in scenario s
EB,s,t The value of the power stored in the battery at time t in scenario s
SBESS,s,t The state of charge of the battery energy storage at time t in scenario s
Ton

n,s,t
The duration time of the continuous interruption of the interruptible user n at time
t under scenario s

References
1. National Bureau of Statistics of China. 2021 Statistical Bulletin on National Economic and Social Development [EB/OL]. Available

online: http://www.stats.gov.cn/tjsj/zxfb/202202/t20220227_1827960.html (accessed on 28 January 2022).
2. Lu, Z.; Li, H.; Qiao, Y. Flexibility Evaluation and Supply/Demand Balance Principle of Power System with High-penetration

Renewable Electricity. Proc. CSEE 2017, 37, 9–19.
3. Heggarty, T.; Bourmaud, J.; Girard, R.; Kariniotakis, G. Multi-temporal assessment of power system flexibility requirement. Appl.

Energy 2019, 238, 1327–1336. [CrossRef]
4. Chen, X.; Kang, C.; O’Malley, M.; Xia, Q.; Bai, J.; Liu, C.; Sun, R.; Wang, W.; Li, H. Increasing the Flexibility of Combined Heat and

Power for Wind Power Integration in China: Modeling and Implications. IEEE Trans. Power Syst. 2015, 30, 1848–1857. [CrossRef]

http://www.stats.gov.cn/tjsj/zxfb/202202/t20220227_1827960.html
http://doi.org/10.1016/j.apenergy.2019.01.198
http://doi.org/10.1109/TPWRS.2014.2356723


Sustainability 2022, 14, 13296 18 of 18

5. Mejia-Giraldo, D.; McCalley, J.D. Maximizing Future Flexibility in Electric Generation Portfolios. IEEE Trans. Power Syst. 2014, 29,
279–288. [CrossRef]

6. Ma, J.; Silva, V.; Belhomme, R.; Kirschen, D.S.; Ochoa, L.F. Evaluating and Planning Flexibility in Sustainable Power Systems.
IEEE Trans. Sustain. Energy 2013, 4, 200–209. [CrossRef]

7. Xu, T. Medium and Long-Term Generation Planning Considering the Evolution Law of Flexibility Resources Supply and Demand.
Master’s Thesis, Northeast Electric Power University, Ji Lin, China, 2019.

8. Chen, Z.; Hu, Y.; Tai, N.; Tang, X.; You, G. Transmission Grid Expansion Planning of a High Proportion Renewable Energy Power
System Based on Flexibility and Economy. Electronics 2020, 9, 966. [CrossRef]

9. Hamidpour, H.; Aghaei, J.; Pirouzi, S.; Dehghan, S.; Niknam, T. Flexible, reliable, and renewable power system resource expansion
planning considering energy storage systems and demand response programs. IET Renew. Power Gener. 2019, 13, 1862–1872.
[CrossRef]

10. Wang, Y.; Lou, S.; Wu, Y.; Lv, M.; Wang, S. Coordinated planning of transmission expansion and coal-fired power plants flexibility
retrofits to accommodate the high penetration of wind power. IET Gener. Transm. Distrib. 2019, 13, 4702–4711. [CrossRef]

11. Tejada-Arango, D.A.; Morales-Espana, G.; Wogrin, S.; Centeno, E. Power-Based Generation Expansion Planning for Flexibility
Requirements. IEEE Trans. Power Syst. 2020, 35, 2012–2023. [CrossRef]

12. Iris, Ç.; Lam, J.S.L. Optimal energy management and operations planning in seaports with smart grid while harnessing renewable
energy under uncertainty. Omega 2021, 103, 102445. [CrossRef]

13. Zhang, L.; Li, Y.; Jia, Z. Impact of carbon allowance allocation on power industry in China’s carbon trading market: Computable
general equilibrium based analysis. Appl. Energy 2018, 229, 814–827. [CrossRef]

14. Frondel, M.; Schubert, S.A. Carbon pricing in Germany’s road transport and housing sector: Options for reimbursing carbon
revenues. Energy Policy 2021, 157, 112471. [CrossRef]

15. Jiang, C. A Research on the Influence of the Establishment of China’s Carvon Emissions Trading System to the Electric Power
Industry. Master’s Thesis, University of Science and Technology of China: Hefei, China, 2014.

16. Fan, Z. Research on Economic Dispatch of Power System Intergrated with Wind Power considering Carbon Trading. Master’s
Thesis, North China Electric Power University: Beijing, China, 2015.

17. Benz, E.; Trück, S. Modeling the price dynamics of CO2 emission allowances. Energy Econ. 2009, 31, 4–15. [CrossRef]
18. Xiaohui, Z.; Keke, Y.; Zhigang, L.; Shoulong, H. Carbon Trading Based Low-Carbon Economic Dispatching for Power Grid

Integrated with Wind Power System. Power Syst. Technol. 2013, 10, 2697–2704.
19. Tao, L.; Liwei, J.; Daoxin, P.; Chao, Q.; Anyou, D.; Zhongfu, T. Collaborative Scheduling Optimization Model of Wind Power and

Energy Storage System Considering the Carbon Emission Trade. J. North China Electr. Power Univ. 2015, 42, 97–104.
20. Suhua, L.; Bin, H.; Yaowu, W.; Siyu, L. Optimal Dispatch of Power System Integrated with Large Scale Photovoltaic Generation

Under Carbon Trading Environment. Autom. Electr. Power Syst. 2014, 38, 91–97.
21. Iris, Ç.; Lam, J.S.L. A review of energy efficiency in ports: Operational strategies, technologies and energy management systems.

Renew. Sustain. Energy Rev. 2019, 112, 170–182. [CrossRef]
22. Zhigang, L.; Kai, G.; Guihong, Y.; Liangce, H. Optimal Dispatch of Power System Integrated with Wind Power Considering

Virtual Generator Units of Demand Response and Carbon Trading. Autom. Electr. Power Syst. 2017, 41, 58–65.
23. Wang, R.; Wen, X.; Wang, X.; Fu, Y.; Zhang, Y. Low carbon optimal operation of integrated energy system based on carbon capture

technology, LCA carbon emissions and ladder-type carbon trading. Appl. Energy 2022, 311, 118664. [CrossRef]
24. Wang, L.; Dong, H.; Lin, J.; Zeng, M. Multi-objective optimal scheduling model with IGDT method of integrated energy system

considering ladder-type carbon trading mechanism. Int. J. Elec. Power 2022, 143, 108386. [CrossRef]
25. Grigg, C.; Wong, P.; Alvrecht, P.; Allan, R.; Bhavaraju, M.; Billinton, R.; Chen, Q.; Fong, C.; Haddad, S.; Kuruganty, S.; et al. The

IEEE reliability test system-1996. IEEE Trans. Power Syst. 1999, 14, 1010–1018. [CrossRef]
26. Suhua, L.; Yaowu, W.; Yanzhao, C.; Lin, Y.; Jianjun, W.; Tingting, H. Operation Strategy of Battery Energy Storage System for

Smoothing Short-term Wind Power Fluctuation. Autom. Electr. Power Syst. 2014, 38, 17–22.
27. Tianmeng, Y.; Zhuoran, S.; Suhua, L.; Zhiming, W. Sizing of Hybrid Energy Storage System for Improving Wind Power Penetration.

Power Syst. Technol. 2018, 42, 1488–1494.
28. Wenjuan, N.; Yang, L.; Beibei, W. Demand Response Based Virtual Power Plant Modeling Considering Uncertainty. Proc. CSEE

2014, 34, 3630–3637.
29. Ministry of Ecology and Environment of People’s Republic of China. Notice on the Key Work Related to the Management of

Enterprise Greenhouse Gas Emissions Reporting in 2022. Available online: https://www.mee.gov.cn/xxgk2018/xxgk/xxgk06/
202203/t20220315_971468.html (accessed on 15 March 2022).

http://doi.org/10.1109/TPWRS.2013.2280840
http://doi.org/10.1109/TSTE.2012.2212471
http://doi.org/10.3390/electronics9060966
http://doi.org/10.1049/iet-rpg.2019.0020
http://doi.org/10.1049/iet-gtd.2018.5182
http://doi.org/10.1109/TPWRS.2019.2940286
http://doi.org/10.1016/j.omega.2021.102445
http://doi.org/10.1016/j.apenergy.2018.08.055
http://doi.org/10.1016/j.enpol.2021.112471
http://doi.org/10.1016/j.eneco.2008.07.003
http://doi.org/10.1016/j.rser.2019.04.069
http://doi.org/10.1016/j.apenergy.2022.118664
http://doi.org/10.1016/j.ijepes.2022.108386
http://doi.org/10.1109/59.780914
https://www.mee.gov.cn/xxgk2018/xxgk/xxgk06/202203/t20220315_971468.html
https://www.mee.gov.cn/xxgk2018/xxgk/xxgk06/202203/t20220315_971468.html

	Introduction 
	Modeling of Carbon Trading Costs 
	Flexibility Evaluation Index of Power System 
	Electricity Loss of Flexibility Insufficient 
	Power Curtailment Rate of Flexibility Insufficient 

	Carbon Trading Based Multi-Flexibility Resource Planning Model 
	Framework of the Planning Model 
	Objective Function 
	Investment Cost of Flexibility Resources 
	Operation Costs 

	The Constraints 

	Case Study 
	Impact of Different Flexibility Resources on Power System Planning 
	Analysis of Optimization Results for Different Access Wind Power Capacity 
	Analysis of Optimization Results for Different Carbon Trading Models 

	Conclusions 
	References

