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Abstract: This study analyzes the influence of site personalization, first impression, and design on
young consumers’ loyalty to tourism websites. It is a new and necessary study, taking into account
the multimedia profile and purchasing potential of the studied segment, the need for increasing
online consumer loyalty, and the tourism websites’ relevance. Based on previous findings and using
a sample of 609 young consumers, a causal model (PLS) is designed that is practical, novel, and
significantly predicts online loyalty. The descriptive analysis results show young consumers’ positive
attitudes toward e-commerce and their high online use and potential for making online purchases.
The significant influence of site personalization on consumers’ first impression is also confirmed.
In addition, first impression influence perceived website quality, and, in turn, this quality affects
consumers’ online purchase intention and loyalty to the website. Finally, it is shown that online
purchase intention has a direct and positive influence on website loyalty. Thus, this study provides
tourism managers with the knowledge to encourage young consumers’ loyalty to their websites
in a market orientation context. It can be achieved by acting on the site’s personalisation, the first
impression, and the design of the site. The generational approach (Generation Z) also allows the
conclusions and implications to be transferred to other regions and sectors.

Keywords: website personalization; first impression; online loyalty; site usability; site content;
purchase intention; young consumers’ behaviour

1. Introduction

Internet and information as well as communication technologies (ICTs) have trans-
formed commerce and marketing in tourism. Tourism has evolved toward a digital mode
faster than other sectors [1–4]. Today, websites have become the link between consumers,
products, and tourism companies. More and more tourists compare different sites’ con-
tents and share opinions, experiences, and evaluations to improve their decision-making
process [5–7]. Due to this process, the tourism industry is making increasing efforts, so that,
in a context of market orientation, sites are adapted to consumers [8–10].

The literature also confirms the growing interest in understanding, in-depth, the fac-
tors influencing tourists’ loyalty to websites [11,12]. This interest is because online loyalty
leads to increased sales and profitability for tourism companies [4,13]. Other reasons are
related to the insecure and intangible nature of tourism, e-commerce, the high competition
in the online tourism market, and consumers’ growing demands [4,14].

Despite its relevance, online loyalty is difficult to achieve, particularly as consumers
can change destinations at a mere “click” due to the low switching costs [15–18]. Among the
factors that influence online loyalty, the influence of site personalization, first impression,
and website quality have been highlighted [4,6].
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Additionally, the literature on e-commerce in tourism has identified the need to study
specific consumer segments [19,20]. It is the case of Generation Z, a population segment
that includes people born between 1995 and the late 2000s and shares similar perceptions
and experiences [21]. Despite their reduced loyalty, more than 95% of young people use the
Internet, mobile telephones, and social networks when they decide to purchase a tourist
product [22,23]. Particularly relevant is university students’ segment because they have
high educational levels, a great potential for online influence and purchasing, and represent
the young digital consumers well [23–25].

This paper studies young consumers’ online loyalty to tourism websites, whether car-
ried out through the Web, mobile telephones, or social networks, to address the demands
and concerns mentioned above. This study is relevant due to young people’s technological
nature and their potential for online purchasing and influence in tourism. To this must
be added the need to increase this segment’s online loyalty and the importance that per-
sonalization and site design have in forming the first impression. This study enriches the
theoretical literature in this field for several reasons. First, loyalty to tourism websites is
studied, and not just to a particular site. Second, the independent variables are site person-
alization, first impression, website quality, and online purchase intention. These variables
are considered very important in e-commerce in tourism and have not been studied jointly
before. Since no real data on online shopping behaviour is available, online loyalty is
analyzed through intention. It has been demonstrated that intention is the best predictor of
real and future tourism behaviour, as in other sectors [5]. On a practical level and using
the PLS method of structural equations, a causal model of online loyalty formation is
provided. The model is novel, fair, realistic, and a practical way to predict online loyalty
to tourism companies. In addition, a generational approach can facilitate the adoption
of online marketing actions at a global level. However, the generational approach must
be taken with some caution. There is still an open debate about the global validity of the
results of studies with younger generations. Finally, an Importance-Performance Analysis
(IPMA) is included in this study to facilitate the analysis, as other tourism researchers have
done [26].

2. Theoretical Review

Online loyalty has some similarities to loyalty in traditional commerce, but it also has
apparent differences. The Internet breaks down geographical and temporal limitations,
broaden product choice, and reduces switching costs [14]. Moreover, the formation of
online loyalty involves processes including internal and external variables to consumers
that are different from the formation of loyalty in traditional commerce. These variables
are related to the websites’ characteristics, the commercial proposals and messages on the
sites, and users’ relationship with the sites [4]. For all these reasons, there is interest in the
literature to better understand the role that websites play in online consumer loyalty in a
market-oriented context [4,9,10].

Today, it is accepted that online loyalty is a multi-dimensional construct. It has cog-
nitive, behavioural, and even emotional content [4,27]. From the behavioural point of
view, online loyalty refers to the repetitive behaviour of consumers. As an attitude, which
is the most widespread meaning in the literature, online loyalty is related to consumers’
predisposition or intention to repeat using the site or recommend it to others [6,7,28].
The predominance of an attitudinal approach to loyalty is based on the difficulty of mea-
suring past and present online loyalty behaviour. Additionally, it has been found that
intention is the best predictor of real behaviour in tourism [29,30].

In a more concrete way and within the attitudinal approach, online loyalty in tourism
can be understood in two ways. On the one hand, online loyalty refers to consumers’ inten-
tion to repeat the online purchase of the same product, service, or brand, or recommend it
through the Web, mobile phone, or social networks. All this occurs even if the repetition
and recommendation are carried out through a different site. In this case, it would be
about online loyalty to the product, destination, or a company (e.g., a hotel). Online loyalty
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also refers, as in this study, to website loyalty even if it is not about purchasing the same
product, service, or brand, and even though this recommendation is made offline [4,27,28].
A combination of both alternatives is also possible. In the context of e-loyalty, the recom-
mendation component of loyalty is less frequent than the repetition component, unlike the
offline context in which both aspects are equally relevant [4,5].

Several theoretical and empirical approaches have been used to study online loyalty to
websites [31,32]. First, the classical theories developed in the offline context (e.g., Oliver’s
Theory) were used to study online loyalty. These theories focus mainly on the behavioural
approach to loyalty but have been little used to study website loyalty [33–35]. The classical
theories have been followed by predictive studies based on consumers’ repetition intention
and developed fundamentally for the study of loyalty in traditional commerce. The The-
ory of Reasoned Action (TRA) [36,37] is the reference theory. TRA assumes that online
loyalty depends on the consumer’s attitude and, to a lesser extent, on social norm [38,39].
The Theory of Planned Behavior (TPB) [40,41] constituted an expanded model of the TRA
and was developed to improve the predictability of intention in the absence of unfore-
seen events [42]. TPB dictates that perceived control, together with attitude and social
norm, are the variables that best explain the formation of online consumer loyalty [43–45].
Both models have been empirically tested and provide reasonable predictions of intention
in various fields.

Despite their relevance and use, models based on these theories are not without
criticism [5,46,47]. For example, several studies have found that the prediction of loyalty
through TPB is usually less than 40% [48]. In addition, in the e-commerce context, con-
sumers do not have such a volitional control as in the traditional trade [49]. Both TRA and
TPB models have also received criticism related to their excessive linearity, the instability
of variables, and weakness of measurement instruments they use [50]. Finally, it has been
found that the weight of the social influence of communication on online loyalty is higher
than that exerted by the subjective norm [51,52]. The limitations of both models led to the
development in e-commerce of the Technology Acceptance Model (TAM) [53,54]. TAM,
which is also based on TRA, is the most used of the three models in e-commerce [55,56].
The model is based on website utility and ease of use, but it has also been criticized because
these variables have not been demonstrated that these variables provide a significant
prediction of loyalty to tourism websites [5,29,46].

More recent studies on website loyalty have considered the limitations mentioned
above and have focused on developing models with greater predictive power [4,7,57].
In many cases, these models have maintained the theoretical basis of the reference models
and have incorporated new variables and relationships [48,58]. These variables include, re-
garding the tourism company, its reputation and image [59], perceived value and price [60],
and eWOM communication [61]. This communication is defined as the evaluation, com-
ments, recommendations, and opinions developed online by users and consumers. From
the consumer’s perspective, commitment and trust [62] and satisfaction [59,63] stand out.
Of particular importance in the literature are also aspects related to site personalization,
first impression, and site quality [64–67]. This study is based in these variables.

3. Proposed Model and Hypotheses

Tourism companies manage websites to promote online purchasing and consumer
loyalty [4,67]. In this context and within the framework of market orientation, tourism mar-
keting and IT professionals join forces to make the sites as personalized as possible [68,69].
Websites’ personalization is defined as adapting content, structure, and messages to con-
sumers’ wishes, preferences, and needs [70]. Therefore, to encourage personalization,
a company must obtain information on those preferences and needs, either before or after
the transaction [65,69,70]. Website personalization entails an automatic response of the site,
either for a specific consumer or for a broad segment. This process can occur before, in the
moment, or after the transaction [71]. The consumer must perceive site personalization,
which could be initiated by the consumer, by the website, or by the transaction [69,72].
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Regarding the consequences of website personalization, its direct influence on the
formation of the immediate first impression has been verified [73]. The first impression is
defined as a consumer’s cognitive judgment or an emotional state derived from exposure
to a website [74,75]. This process is unconscious and fast (around 50 ms), and, through it,
the consumer selectively organizes the central and peripheral information available on the
website. Finally, the process depends on the consumer’s goals and expectations and the
attributes of the site, and it involves an immediate, consistent, and stable representation
of it [73]. It has been shown that the first impression of the site is first organized around
aspects related to aesthetics. Usability and content come second. Therefore, these are
aspects that a company must manage when considering website personalization [76,77].
Based on the above, we hypothesize:

Hypothesis 1 (H1). Website personalization has a direct and positive influence on the consumer’s
first impression of the site.

In the literature, it has been found that the first impression of the site exerts a halo
effect that facilitates the development of a positive consumer attitude to continue brows-
ing [73,77,78]. This deliberate impression influences the consumer’s perceived quality of
the site, which is defined as the consumer’s evaluation about how the site conforms to their
wishes, needs, and expectations [79–81]. There is no consensus in the literature about a
quality site [73,77]. However, in the literature review carried out by Król and Zdonek [82],
it was found that website quality is mainly related to functional aspects (usability and
content) and non-functional aspects (e.g., aesthetics, ergonomics, and security). It should
be noted that, at the stage of the deliberate impression that follows the first impression,
usability and content of the site are more relevant to the consumer than non-functional
aspects [73,76,77]. Consequently, the next hypotheses dictate:

Hypothesis 2 (H2a). The first impression of the site has a direct influence on the perception of the
site’s usability.

Hypothesis 2 (H2b). The first impression of the site directly influences the perception of site
content.

Numerous authors have also studied website design quality and its influence both
in tourism and in other sectors [4,83]. The model of website quality by DeLone and
McLean [84–86] included system quality, information quality, and service quality. Wang,
Law, Guillet, Hung, and Fong [79] proposed usability, functionality, and security. Hartono
and Holsapple [87] identified aesthetic quality, functional quality (contribution of the site
to the performance of desired activities), and symbolic quality (meanings or associations
that the site provokes). Regarding the consequences, it has been found that the quality
of site design influences variables such as trust and satisfaction [88,89]. In particular,
the literature emphasizes that functional aspects of the website (mainly site usability
and content) influence consumers’ purchase intention and online loyalty [64,82,87,90].
This effect is similar to that produced by service and price in a traditional establishment [91].
Thus, we hypothesize:

Hypothesis 3 (H3a). The usability of the site has a direct and positive influence on the intention
to purchase online.

Hypothesis 3 (H3b). The usability of the site has a direct and positive influence on online loyalty.

Hypothesis 4 (H4a). The content of the site has a direct and positive influence on the intention to
purchase online.

Hypothesis 4 (H4b). The content of the site has a direct and positive influence on online loyalty.
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Consumers’ online purchasing intention is defined as the desire to purchase tourism
products through websites. Therefore, the greater the desire, the greater the probability that
a customer will buy the tourism product in a particular place [92–94]. Likewise, it has been
found that lack of intention is the main obstacle for the development of e-commerce [95].

Online purchase intention and online loyalty to the site are different constructs that
are related [4,6,96]. Online loyalty is conceived as the consumer’s intention to make a new
online purchase at the same site or to recommend the site to others [97]. Therefore, it can
be affirmed that loyalty may have a direct antecedent intended on the part of the consumer
to use e-commerce to make purchases [4,57]. Due to the above, the following hypothesis
establishes that:

Hypothesis 5 (H5). Online purchase intention has a direct and positive influence on online loyalty
to the website.

The model proposed in this paper is presented below (Figure 1). The figure shows
how site personalization starts the chain of effects that begins with the first impression and
continues with its content and usability.

Figure 1. Research proposed model. Source: Authors.

4. Research Methodology
4.1. Questionnaire Development

We examine in this study young consumers’ online loyalty to tourism websites.
The study refers to tourism websites in general, not to any specific websites. For data
collection, a questionnaire was designed, as is usual in the literature, on the variables
included in this work [4,98]. The questionnaire was applied online in the third week of
September 2020. First, a literature analysis was conducted to generate content validity with
two experts’ collaboration [99]. The studies of Salonen and Karjaluoto [69], Kalaignanam,
Kushwaha and Rajavi [65], and Annamalai, Mathew, and Iyer [70] were consulted to design
the items related to site personalization. To design the three items related to the first im-
pression, the contributions of Lindgaard, Fernandes, Dudek, and Brown [100], Thielsch and
Hirschfeld [78], and Thielsch, Blotenberg, and Jaron [73] were consulted. DeLone and
McLean [84–86] and Hartono and Holsapple [87] have been considered for the design of
items related to site usability and content. Finally, the study of Buhalis, Parra-López, and
Martínez-González [4] has been considered to design purchase intention and online loyalty
to the site.

Second, to design the items’ content and consider the studies mentioned above, the
Delphi technique was used online through two rounds, involving two groups, and via
Google Meet [101]. The two groups were made up of three professors who are specialists
in developing predictive models of online loyalty in tourism. The authors of this study led
the groups. After a pretest and to reduce methodological problems and costs, the principle
of simplicity was considered [102,103]. The initial Likert scale included 22 items. Each
item included five response alternatives (1: no agreement to 5: total agreement) (Table 1).
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It should be noted that young consumers answered the items without considering any
specific website, but tourism websites are considered globally.

Table 1. Sample description (N = 609).

Level Men Women Total

1º 103 110 213
2º 86 83 169
3º 62 76 138
4º 41 48 89

Total 292 317 609
(%) (47.95%) (52.05%) (100%)

Next, to identify the latent variables, exploratory factor analyses were carried out.
After various analyses, a structure of six latent variables was obtained. These variables are:

Website personalization (WPE)
First impression (FIM)
Website usability (WUS)
Website content (WCO)
Purchase intention (PIN)
Online loyalty (LOY) (dependent variable)
Through this analysis, five items were eliminated corresponding to the latent variables

WPE (1) (The site is adapted to my wishes), FIM (1) (The first impression according to the
aesthetics of the site), WUS (2) (The site is adapted to my needs), and WCO (1) (The informa-
tion on the site is useful). Therefore, the final scale included 17 items. The latent variables’
nature was not significantly altered because the items are reflective, and all indicators
belonging to the same construct are interchangeable. In addition, by eliminating these
items, the questionnaire’s overall reliability (Cronbach’s alpha) changed from 82% to 84%.
Two items about loyalty (LOY) were accepted because the items have a reduced correlation
with other items and the correlation between them was higher than 70% [104]. In previous
studies, it should be noted that the measurement of online loyalty to websites has been
carried out through two items (4). The items refer to online purchases of tourist products
on e-commerce sites using the web, mobile telephones, or social networks indistinctly.
An additional item was included in the scale, which is the extent to which consumers
have made online purchases of tourism products and services on any site through the web,
mobile telephones, or social networks. It verifies the experiences and the online purchasing
potential of young people. They marked yes or no to answer this item.

4.2. Data Collection and Sample Profile

Regarding the sample, it was selected randomly in the first week of September 2020.
The sample was selected representatively after completing a stratified cluster study by
degree, academic year, and gender. One university was selected for this study, belonging to
Spain’s most important tourism destinations: the Canary Islands (La Laguna University).
Moreover, this study adopts the approach that considers university students represent
young consumers well [25,105], and the contributions of other authors regarding the veri-
fication of personal user data of the web community have been taken into account [106].
In recent generational studies, samples of students belonging to only one university cen-
ter have been used, including Spanish academic centers [107,108]. The sample initially
included 637 subjects (43.45% men and 56.55% women), which is an appropriate size when
structural equations are used [109]. The mean age of the respondents was 20.77 years
old. The online mode was selected because the respondents had online access and young
people accept the online context. Interviewers explained the questionnaire’s content and
instructions, and they answered questions from respondents through Google Meet.
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4.3. Data Analysis

First, data were examined using an SPSS-22 program to obtain descriptive indica-
tors: percentages, means, standard deviations, skewness, and kurtosis. Regarding the
causal study, the Partial Least Squares Structural Equation Modelling approach (PLS-SEM)
was applied through SmartPLS-3 software. PLS was selected to test the hypotheses due
to its potential to explain the theory [110], its great predictive potential of human be-
haviour, and because it allows the use of a wide range of sample sizes [111]. Moreover,
it is unnecessary to assume a normal distribution of data when using PLS [112]. The ul-
timate guidelines in applying PLS-SEM in tourism research have been followed, and an
Importance-Performance Analysis (IPMA) has been included [113,114].

5. Results
5.1. Sampling Data Results

Initially, the sample was made of 637 subjects. After responses with missing data
(n = 16, 7 men and 9 women) and outliers (n = 12, 4 men and 8 women) were excluded,
a total of 609 (N = 609) respondents were included in the final sample. Thus, the overall
response was 95.60%. This elimination did not significantly affect the sample’s representa-
tiveness in terms of degree, academic year, or gender. Additionally, the percentage of men
and women in the sample was similar to the selected university and population. Finally,
the mean age of the respondents was 20.88 years old.

5.2. Descriptive Data

First, each item’s response percentages were analyzed, as they are a relative indicator
compared to the total raw score of the item [4]. As shown in Table 2, STUDENTS scored
high on all the items with 70.59% of items obtaining a valuation above 70%. The items with
the lowest valuation are those related to the first impression (FIM2 and FIM3) (63.84% and
64.66%, respectively), and the item related to website usability (WUS3) (63.56%). Items
with the highest scores were those of purchase intention and loyalty, as well as website
content (WCO3) (80.00%). In addition, although PLS does not require normality in data
distribution, the results showed the existence of relative normality. Most skewness and
kurtosis values were in absolute terms around 2 and 7, respectively, which are limits
considered suitable for samples higher than 300 subjects [110]. Additionally, since all items’
standard deviation was less than half of the mean, it can be affirmed that there were no
extreme balances or values.

5.3. Assessment of the Overall Model

First, the Standardized Root Mean Square Residual indicator (SRMR) was calculated.
This indicator is an approximate model fit in the PLS-SEM context and assesses the average
magnitude of the discrepancies between expected and observed correlations. As results
show, a good fit has been confirmed because the SRMR result was 0.072 (SRMR = 0.72)
in the most conservative context, and less than 0.08 [115]. Second, the Common Method
Bias (CMB) was applied. CMB represents the spurious variance that is attributable to
the measurement method. Since all variance inflation factors (VIF) resulting from a full
collinearity test were lower than 3.3, both the indicators and constructs and, thus, the
model was considered free of CMB [116].

5.4. Test of the Measurement Model

The study of the measurement model through reflective indicators implies the analysis
of individual and composite reliability and the convergent and divergent validity of the
relationships between the observed variables and the constructs to which they belong [113].
The study of individual reliability was carried out by observing the factorial loading (λ),
which are the simple correlations of the indicators with the construct they intend to measure.
Regarding composite reliability (CR), it is an indicator similar to Conbrach’s alpha that is
more appropriate in structural equations. Results showed that all reliability values reached



Sustainability 2021, 13, 1425 8 of 17

the required levels (λ ≥ 0.70, CR ≥ 0.70) [114] (Table 3). Therefore, it was accepted that
the measurement model was internally consistent and that all the observed variables were
measuring their corresponding construct [117].

Table 2. Descriptive data.

Constructs and Items Min/
Max

%
≥50%

MD
≥3

SD
≤1.5

Skew.
≤|2|

Kurt.
≤|7|

Web site personalization (WPE)
The site is adapted to my wishes 1/5 68.77% 3.44 0.94 −0.37 −0.13
The site is adapted to my needs 1/5 76.16% 3.81 0.96 −0.45 −0.34
The site meets my expectations 1/5 74.52% 3.73 1.00 −0.60 −0.36

First impression (FIM)
The first impression according to the aesthetics of the site 2/5 76.71% 3.84 0.83 −0.27 −0.53
The first impression according to the usability of the site 1/5 63.84% 3.19 0.99 0.12 −0.53
The first impression according to the content of the site 1/5 64.66% 3.23 1.00 −0.32 −0.33

Website usability (WUS)
Easy navigation through the site 1/5 72.60% 3.63 0.97 −0.55 0.37

Speed of the site 1/5 69.86% 3.49 0.92 −0.40 0.06
The site allows interaction 1/5 63.56% 3.18 1.05 −0.36 −0.38
Website content (WCO)

The information on the site is useful 1/5 75.34% 3.77 1.19 −0.67 −0.46
The information on the site is up to date 1/5 72.33% 3.62 1.12 −0.44 −0.58
The information on the site is sufficient 1/5 80.00% 4.00 1.05 −0.86 0.11

Purchase intention (PIN)
I intend to purchase tourism products on the website(s) 2/5 78.90% 3.95 0.81 −0.21 −0.78

There is a possibility that I will purchase through the website(s) 1/5 83.01% 4.15 0.95 −1.08 0.75
I will continue to buy through tourism websites 2/5 80.55% 4.03 0.90 −0.64 −0.36

Online loyalty (LOY)
I would recommend the site(s) where I bought tourism products 3/5 83.09% 4.11 0.73 −0.17 −1.12

I would repeat the purchase of tourist’s products on the same site(s) 2/5 84.27% 4.27 0.73 −0.69 −0.08

Table 3. Measurement and predictive data.

Construct Item Loading λ

>0.70
CR

>0.70
AVE
>0.50

R2

>0.50
Q2

>0

Web site personalization (WPE)
WPE1 0.740

0.790 0.560 — —WPE2 0.800
WPE3 0.770

First impression (FIM)
FIM1 0.720

0.720 0.540 0.240 0.15FIM2 0.710
FIM3 0.740

Website usability (WUS)
WSU1 0.740

0.840 0.630 0.450 0.27WSU2 0.790
WSU3 0.850

Website content (WCO)
WCO1 0.800

0.860 0.670 0.330 0.16WCO2 0.810
WCO3 0.850

Website content (WCO)
PIN1 0.720

0.810 0.590 0.220 0.14PIN2 0.820
PIN3 0.850

Online website loyalty (LOY) LOY1 0.910
0.880 0.790 0.520 0.18LOY2 0.880

Regarding convergent validity, the average variance extracted (AVE) was calculated to
analyze the amount of variance that a construct obtains from its indicators as an indication
of variance due to a measurement error. AVE was greater than 0.50 (AVE > 0.50) (Table 3),
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thus, confirming that more than 50% of the variance of the construct was due to its
indicators [113].

As for discriminant validity and following the criteria of Fornell and Larcker, it was
verified that the AVE indicator of each variable (data in bold in Table 4) was higher than the
variance shared with the other variables [118]. The discriminant validity was also confirmed
through the Heterotrait-Monotrait Ratio (HTMT) (values above the diagonal in Table 4).
The results showed that all HTMT values were lower than 0.85 in all relationships [113].

Table 4. Discriminant validity: Criteria of Fornell and Larcker and HTMT rate.

Construct WPE FIM WUS WCO PIN LOY

WPE 0.750 0.770 0.630 0.490 0.260 0.150
FIM 0.420 0.680 0.790 0.830 0.490 0.290
WUS 0.420 0.660 0.790 0.380 0.500 0.150
WCO 0.340 0.500 0.290 0.820 0.170 0.250
PIN 0.140 0.230 0.330 0.130 0.770 0.530
LOY 0.060 0.150 −0.020 0.160 0.370 0.890

5.5. Test of the Structural Model

Regarding the structural model, which shows the relationship between the constructs,
it was found that, except for H3b, all relationships had positive signs, as do their corre-
sponding hypotheses (Table 5). Next, concerning the magnitude of the causal relationships,
it was verified that, except for H3b and H4a, path coefficients (β) (standardized regres-
sion weights) reached levels above 0.300, which is an acceptable level (β ≥ 0.300) [111].
As Table 5 shows, causal relationships with greater weights were obtained between First
impression (FIM) and Website usability (WUS) (βH2a = 0.660, t-value = 29.990, p < 0.001),
and between First impression (FIM) and Website content (WCO) (βH2b = 0.500, t-value
= 18.930, p < 0.001). The weakest relationship was between Website usability (WUS) and
Website loyalty (LOY) (βH3b = −0.210, t-value = 4.010, p < 0.001), and between Website
content (WCO) and Purchase intention (PIN) (βH4a = 0.020, t-value = 0.780, p > 0.001).
The significance was obtained through a bootstrapping analysis carried out with 5000
sub-samples [113]. Therefore, all hypotheses were confirmed except for H3b and H4a.

Table 5. Direct effects, significance, and confirmation of hypotheses.

Hypothesis Path Coefficient (β) t-Value p Supp.

H1: WEP→ FIM 0.420 11.460 0.000 YES
H2a: FIM→WUS 0.660 29.990 0.000 YES
H2b: FIM→WCO 0.500 18.930 0.000 YES
H3a: WUS→ PIN 0.320 6.160 0.000 YES
H3b: WUS→ LOY −0.210 4.010 0.000 NO
H4a: WCO→ PIN 0.020 0.780 0.440 NO
H4b: WCO→ LOY 0.337 5.660 0.000 YES

H5: PIN→ LOY 0.420 3.750 0.000 YES

5.6. Analysis of the Predictive Validity of the Model

First, the R2 indicator (coefficient of determination) was calculated within the sample
to analyse the model’s predictive validity. Results showed that the value of R2 related
to the dependent construct (LOY) was 0.520 (R2 = 0.520), with 0.500 being the minimum
acceptable value (Table 2) [117]. Next, the Q2 indicator was calculated through the Smart-
PLS blindfolding process in a redundancy-based prediction mode. The results showed
that all values were above zero (Q2 ≥ 0), both the items and the constructs [113]. Third,
the PLSPredict analysis showed that all the dependent construct indicators produced lower
prediction errors using RMSR (root mean squared error) than the LM (linear regression
model) benchmark [117]. Therefore, the proposed model has sufficient predictive potential.



Sustainability 2021, 13, 1425 10 of 17

5.7. Importance-Performance Analysis

Importance-Performance Analysis (IPMA) was carried out to determine the constructs
to prioritise and promote [119]. IPMA is a method developed to compare the constructs’
performance related to a target construct (through their average scores) with their an-
tecedent importance (through total effects) [120]. The results showed (Figure 2) that, in the
model, there were no variables with reduced importance or reduced performance. Pur-
chase intention (PIN) and content (WCO) are the most relevant model constructs due
to their importance and high performance about website loyalty. As shown in Figure 2,
both variables are near the maximum productivity line and require priority attention in
resources and time [121].

Figure 2. Importance-performance analysis (IPMA). Source: Authors.

6. Discussion and Implications

This study aims to better comprehend the formation of online loyalty to tourism web-
sites by young consumers. Other authors’ suggestions regarding studying new population
segments and complementing existing theories with different variables and relationships
have been adopted. The site’s personalization, consumers’ first impression, website quality,
and online intention to purchase have been included as independent variables. These vari-
ables have not been studied jointly before. In the sections below, the theoretical and
practical implications are discussed.

6.1. Theoretical Implications

Regarding responses to items, it can be confirmed that young people give importance
to all the variables presented in this study, thus, confirming the “technological” nature of
this population segment [23]. The results are in line with other studies in which young
people value more than 50% of the items related to the design and the personalization of
the website in the market orientation framework [13,83].

Although some previous studies highlight the reduced loyalty of young consumers [23],
in this study, the results show that online loyalty to sites is high, as shown in other stud-
ies [4]. More specifically, the items LOY1 and LOY2 obtained values above 80% in this
study. This is because, in this work, online loyalty refers to the website, and not to the
product or the tourism brand. Likewise, the results show that young people have a high
potential for online purchasing, confirming other authors’ findings [22,23]. The items
related to purchasing intention obtained levels above 78%. In addition, 98.25% of young
people affirm that they have purchased tourist products through websites.

This model explains the variance of loyalty by more than 50% (R2 = 0.520) regarding
this study’s causal model. First, personalization has a significant influence on the first
and immediate impression (βH1 = 0.420, t = 11.460, p = 0.000), as has been verified in the
literature for other population segments [73,77]. The first impression can be considered the
first evaluation of the quality of the website by the consumer, fundamentally determined by
the aesthetic aspects [76]. Of the three items related to the first impression, the item related
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to the site’s aesthetic aspects is the one that obtained the highest score (FIM1 = 76.71%).
The usability and content of the site obtained lower scores, while being above 50%.

The influence of the first impression on the website design’s perceived quality has
been confirmed [77,80]. However, this high influence in both cases is somewhat greater
for usability (βH2a = 0.660, t = 29.900, p = 0.000) than for content (βH2b = 0.500, t = 18.930,
p = 0.000). This may be because, by their generational profile, the site’s technology-related
aspects are somewhat more important to the young consumer than the content. Despite the
direct and high effect of the first impression on the website’s perceived quality, the three
items related to quality did not obtain a very high rating. However, it was higher than 63%.
This may be because the formation of the first impression is an immediate and fast process
(around 50ms), and, to a large extent, an unconscious one [77]. Young people may not give
too much prominence to the role of the first impression.

Likewise, the influence of website quality on intention and online loyalty has been
confirmed, as other authors have proposed [82,87]. It may be because, in this study, the
perceived quality of the website has been measured by using two different constructs
(site usability and site content). The usability of the site has a significant influence on
purchase intention (βH3a = 0.320, t = 6.160, p = 0.000), but this influence is negative in the
case of online loyalty (βH3b = −0.210, t = 4.010, p = 0.000). On the contrary, the influence of
the perceived quality of site content on purchase intention is low (βH4a = 0.020, t = 0.780,
p = 0.440), but this relationship is positive and significant regarding loyalty to the website
(βH4b = 0.337, t = 5.660, p = 0.000). Therefore, the results show that, in Generation Z,
the perception of high usability of the website favours the intention to purchase online
in tourism, but counteracts loyalty. On the contrary, a high perception of website content
quality favours loyalty, but hardly influences purchase intention online. Despite the above,
the Importance-Performance Analysis (IPMA) carried out shows that site content is a
priority variable compared to usability on the path to online loyalty.

The direct and positive influence of purchase intention on website loyalty has been
confirmed (βH5 = 0.420, t = 3.750, p = 0.000) [4]. As other authors have suggested, online pur-
chase intention and online loyalty to the site are different constructs that are related [6].
This result may be because the purchase intention in this study is considered a general
attitude toward buying on websites, while online loyalty refers to the same site’s repetition
or recommendation. Therefore, it seems reasonable to say that it is not possible to be
loyal to websites without a positive attitude toward electronic commerce. The strategic
importance of purchase intention to predict loyalty to the site has been confirmed in this
study through the IPMA analysis, as found by some other authors [4]. Finally, the causal
analysis results confirm the potential of the PLS model of structural equations to explain
the theory [110] and its predictive potential [111].

6.2. Practical Implications

In addition to the theoretical implications in the previous sections, the results obtained
in this study provide practical implications for tourism companies to encourage young
consumers’ loyalty to tourism websites. These will make it easier to guide professionals
in their market orientation and develop an appropriate and effective website design and
management.

First, the descriptive results show that young people’s perceptions, attitudes, and
predisposition favour using websites and buying through them. This information is
useful for business marketing management to encourage intention and loyalty. Moreover,
Generation Z values the personalization and quality design of tourism websites. Therefore,
tourism companies must adapt websites to the wishes, needs, and expectations of this
population segment in a market-oriented framework. It means finding out in advance
through market research what those needs, wants, and expectations are.

Second, it is concluded that the proposed model is practical to understand, predict,
and encourage young consumers’ loyalty to tourism websites. The model can also predict
online loyalty by focusing on two variables: managing website personalization and quality
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design. The results allow us to affirm that the importance of market orientation in the
online context underlies the model, which happens in traditional commerce. Additionally,
the personalization associated with market orientation must be perceived by consumers.
Moreover, actions related to market orientation and marketing in both online and offline
contexts must be coordinated.

Third, website personalization starts the chain of effects that influences online loyalty
to the site. Companies must manage this variable due to the significant influence on young
consumers’ first impression of website quality. Specifically, marketers and IT professionals
should personalize the site by adapting it to consumers’ wishes and needs. They must
consider those aesthetics prevail in the first impression, followed by usability and content.
Later, when the consumer browses the site, and a deliberate impression is formed, aesthetics
take a back seat, while usability and content prevail.

Fourth, professionals’ actions to personalize tourism websites and improve their
quality, as perceived by consumers, influence intentions to use e-commerce. Since purchase
intention is defined in this study as a general attitude, these actions favour intention
throughout the sector and the company itself through loyalty. This collective benefit
constitutes a call for collaboration in the sector, producing synergies.

Fifth, the generational approach adopted allows e-commerce companies in tourism to
consider taking global actions to encourage young consumers’ online loyalty to websites.
After all, e-commerce is global. However, the generational approach must be taken with
some caution. There is still an open debate about the global validity of studies with young
consumers, with few studies on Generation Z, particularly in tourism.

7. Conclusions

This paper studies the loyalty to e-commerce websites in tourism among young people.
Online loyalty to websites is an approach to online loyalty that is less common in the
literature. The study has been carried out considering the nature of tourism, the existing
gaps in the literature on loyalty to sites, and other authors’ suggestions in this field.
Theoretical and practical knowledge about online loyalty to websites has been improved,
and the following conclusions can be drawn.

First, this study on consumer loyalty responds to the rapid evolution of commerce
in tourism toward a digital model and the need to increase the commercial and financial
benefits of tourism companies associated with greater loyalty. However, it is not easy
to achieve consumer loyalty due to consumers’ growing demands, the high competition
in the sector, and the intangible nature of tourism. All these aspects suggest the need
to study consumers’ loyalty to tourism websites in greater depth. It is also essential to
develop new predictive models so that tourism companies know how to encourage loyalty
to their websites.

Second, websites have become the connecting link between consumers, companies,
and products. Various predictive studies about site loyalty have been developed through
different theoretical approaches and website quality factors. However, those studies have
not been devoid of limitations, and several authors have proposed the study of a wider
range of independent variables. Specifically, this study addresses site personalization,
the consumer’s first impression, and the website’s perceived quality. Regarding website
quality, site usability and content have been particularly considered. These variables
must be managed in a market-oriented context and a coordinated manner in both the
online and offline commercial environment. Therefore, this study calls for marketers
and IT professionals to work together to design websites that are increasingly tailored to
consumers’ wishes, expectations, and needs.

Third, the study has investigated further young consumers’ online loyalty to websites.
It is particularly relevant due to young people’s digital nature and their high purchasing
potential and influence on e-commerce in the tourism sector. Through the generational
approach adopted, there is a possibility of generalizing the results globally for the entire
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segment. However, the generational approach must be approached with caution as there is
still some debate about its global validity.

Although our study contributes to improving theoretical and practical knowledge
about online loyalty to websites, it is not without limitations. The main limitation of this
work is related to access to the sample. It has been complicated. Additionally, the study
has been limited to a single geographic context. Future research lines may be of interest to
study the validity of the model for the same segment in other universities, geographical
contexts, and sectors to verify the adopted generational approach.

Moreover, the global nature of generational studies’ results with Generation Z is not
entirely conclusive, particularly in tourism. A future line of research could delve into these
aspects. Additionally, it would be interesting to study the model by selecting some specific
tourism websites for a more in-depth analysis.
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