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Abstract

:

Under the background of the constant development of sharing economy and constant upgrade of Internet technologies, various knowledge sharing platforms have emerged in recent years. As a new form for sharing economy, knowledge sharing platforms have made great strides, thus, providing new channels of knowledge acquisition, knowledge sharing and individual knowledge storage for users. Nevertheless, knowledge sharing platforms are still faced with problems, such as uneven product quality (Content quality) and poor user experience. Therefore, how to maintain consumers’ continued use intention without impairing consumer satisfaction has obviously become an issue of great concern on the development path of knowledge sharing platforms. Based on the expectation confirmation theory (ECT) and information system (IS) success model, and integrating major characteristics of knowledge sharing platforms, the conceptual models and hypotheses influencing consumers’ continued use intention of knowledge sharing platforms are built to study primary factors affecting consumers’ continued use intention. Through online and offline questionnaires, 428 copies were collected online, and 150 copies were collected offline, with a total of 578 copies recovered. We deleted some questionnaires with untrue and contradictory answers, because these interviewees might not have carefully read. A questionnaire is conducted with 512 valid copies collected from respondents. At the same time, the structural equation model (SEM) is used to verify and analyze hypotheses. Results show that various variables have a direct or indirect influence on consumers’ continued our intention. Meanwhile, it is observed that perceived usefulness and satisfaction degree have a significant influence on continued use intention of knowledge sharing platforms. The higher the satisfaction degree is, the more likely the consumers will continue using knowledge sharing platforms. The expectation confirmation degree exerts an indirect influence on consumers’ continued use intention of knowledge sharing platforms via perceived usefulness. The IS success model can also significantly influence consumers’ satisfaction degree of knowledge sharing platforms. Additionally, perceived usefulness is observed to have the strongest influence on consumers’ continued use intention of knowledge sharing platforms. According to the above research findings, knowledge sharing platforms should strengthen their content quality control, ensure the consistency between service quality and payment, and improve the platform quality. To sum up, this research can provide theoretical bases for sustainable development and follow-up research of the knowledge sharing platform industry.
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1. Introduction


With the continuous development of information technology, knowledge sharing platforms (KSPs) have ushered in prosperity in recent years and attracted the widespread attention of consumers. KSPs are online communities where users can share, sell, and buy knowledge, as exemplified by Chinese Zhihu, iGetGet, Fenda, and Ximalaya FM, as well as Foreign Skillshare and Udemy. The content on KSPs were free at the beginning; most of the income depends on advertising. However, with the constantly emerging of the knowledge platforms, and the difficulty of the screening of information, increasing the quality of the knowledge may not be able to secure. The users must spend more time and energy, getting valuable and useful free knowledge [1,2]. Therefore, by paying to obtain high quality knowledge will also increase. In order to attract knowledge seekers and producers, in recent years, some of the knowledge sharing platforms to provide paid services as the breakthrough point, allowing knowledge contributors (the seller) and platforms to obtain specific knowledge demanders consulting fees (the buyer). This mode can bring knowledge producers, demanders, and platform interests, respectively. AS for demand of knowledge, they can benefit from the knowledge sharing platforms they need, to a certain extent, improve the efficiency of the users’ information screening [3,4]. For knowledge producers, they can obtain corresponding economic returns and pass on their successful methods and experience [5]. For the platform, they get a stable income through commissions, membership fees, advertising and value-added services, etc. [6]. According to the China Sharing Economy Development Report, 2019, released by the Sharing Economy Research Center of State Information Center of China, the market turnover of the knowledge and skills sector in 2018 was approximately 46.4 billion yuan (US $ 6.5 billion), a year-on-year increase of 70.3%, with the number of users reaching up to about 400 million [7].



However, what comes with the continuous emergence of KSPs is their declined quality of knowledge, spoiled word of mouth, lack of content evaluation systems, poor copyright protection, and other issues. For example, the quality of the questions raised by users in the Q&A community and the answers obtained seem to have been diluted [8]. Accordingly, the visits to KSPs have witnessed a sharp decline [9]. According to a research report released by Penguin Think Tank, only 38% of users in mainland China are satisfied with KSPs and would continue to use them, 49.7% have a medium degree of satisfaction, and 12.3% are dissatisfied. Users have revealed gradually weakened enthusiasm for paying for knowledge, and instead, they begin to rationally examine knowledge consumption. Although knowledge sharing still shows an upward momentum in economic benefits, users’ willingness to use KSPs is dropping [10]. Additionally, the surging number of KSPs provides users with more options, so that users are only willing to pay for high-quality, practical knowledge. Therefore, in order to better retain existing users and attract new ones, this study, from the perspective of KSPs, aims to explore how to improve user satisfaction and enhance their willingness for continuous use, to promote the sustainable development of the knowledge sharing industry [5,11].



Although sustainability has been proved playing a key role in the decision-making process of the sharing economy [12,13,14], current studies give no adequate consideration over the influence of KSPs’ content quality on users’ willingness for continuous use. Besides, knowledge is of intangibility, not matter for its professionalism, diversity, or accuracy [15], while high-quality information is usually the main driving force for users to use free learning systems or knowledge search engines [16,17,18,19,20,21]. Compared to other sharing fields, the users in knowledge sharing field have their own characteristics in terms of consumption concepts and behaviors. In such a context, according to the characteristics of KSPs, this study designs a research model by integrating the D&M IS Success Model and the expectation confirmation theory. The purpose of this study is to explore the main factors influencing consumers’ satisfaction with knowledge sharing platforms. First of all the D&M IS Success Model is used to explore the impact of KSPs’ quality on user satisfaction. Then, in combination with KSPs’ quality and expectation confirmation theory, the factors affecting users’ willingness for continuous use of the KSPs are analyzed. The findings of this study are expected to fill the research gap on KSPs and provide theoretical support for the sustainable development of the knowledge sharing platform industry.



The remaining parts of this study are structured as below. Section 2 reviews the relevant theoretical background, thus, laying a theoretical basis for the building of the conceptual model in this thesis. Section 3 describes the model built in Section 2 and puts forward hypotheses. Section 4 presents the research methods and verifies the hypotheses above, and Section 5 draws conclusions and inspirations from the above empirical analyses.




2. Theoretical Review


2.1. Knowledge Sharing Platform


The term "knowledge sharing" has a long history. Believe that knowledge sharing is a process of communication and interaction between the owner of knowledge and the receiver, with knowledge as the core, to improve the utilization value of knowledge [22]. Regards knowledge as an economic resource that can be traded, and knowledge owners can use its usefulness and rarity to trade in the knowledge market, while the transaction of knowledge sharing is the process of knowledge trading [23,24]. With the mature Internet information technology, information technology has become an important tool for knowledge sharing. Some scholars think that knowledge sharing in a very great degree is determined by information technology and its use, emphasize the important role of knowledge in knowledge sharing. Knowledge sharing platform as the user interaction and information sharing network of public space, by the repeated communication, knowledge sharing, and improve the utilization value of knowledge [25,26,27]. The study points out that the exchange of information and knowledge is becoming easier because of the Internet [28,29].



Knowledge payment platform refers to that knowledge providers provide knowledge and information to people in need for a fee, which has typical characteristics of e-commerce (i.e., sales and purchase) [30]. Divided knowledge payment into paid questions and answers, paid courses and columns, live social broadcasting and other types. Moreover, some researchers have explained the reasons why users seek paid knowledge and adopt online knowledge [15,17]. In particular, why users use the knowledge payment platform to acquire knowledge [31]. High-quality information motivates users to use knowledge communities or learning systems because they are useful and can improve individual performance. Because they are useful, they can improve individual performance [29,32,33], which proves that the professionalism, diversity and accuracy of knowledge, as well as the convenience, timeliness and interactivity of search, improve users’ willingness to search for knowledge and use the knowledge payment platform [32].



Knowledge sharing platform is mainly through information dissemination at the transmission level, marketing promotion at the market level and service and feedback at the users’ level. The service provides content producers feedback as the core of value to provide user needs. Based on this, the platform continuously introduces knowledge products and services to meet the basic needs of users [34]. At the same time, the feedback of users can best reflect the publicity effect of the market, stimulate the market level to continuously increase the promotion of the platform’s "all-round knowledge service", and tap potential users; On the other hand, users’ feedback directly acts on information transmission at the transmission level, guiding the platform to establish a high level of connection with users’ psychology and behavior through more innovative communication methods [35].



Information dissemination at the communication level, on the one hand, sets up a new knowledge scene for the knowledge sharing platform spire to promote the collaborative production of knowledge, and on the other hand, receives high-quality content at the content level and transmits it to users in the knowledge sharing environment. Furthermore, information can be formed through the platform of high-speed, wide dissemination, marketing promotion to assist [36]. Moreover, the platform word-of-mouth formed by marketing can play a role in knowledge dissemination, expanding the dissemination effect, and lay a foundation for knowledge realization. Therefore, these three levels interact with each other and at the same time, interact with the core elements of the operation model. In the end, knowledge information is transmitted through payment, which is oriented to profit [37,38,39].



As a byproduct of the Internet development, the knowledge sharing platform is in itself a network space for basic communication and sharing between knowledge providers and receivers. The knowledge sharing platform relies on the Internet to share the fragmented knowledge with users in need of certain knowledge or information and having the time to acquire such knowledge or information.



According to different consumer needs (such as knowledge of the law, finance, business, psychology, medical care and health, science and technology, sports, art, tourism and Internet), knowledge sharing platforms can be divided into several categories. By collecting user characteristics and habits, knowledge sharing platforms can provide high-quality content and services for consumers to satisfy consumer demands [36].



In spite of the huge potential of knowledge sharing platforms, the growing content quantity of knowledge sharing platforms might bring about a series of problems, including poor content quality, content homogenization and lack of copyright protection [40]. This necessitates further research of factors influencing consumers’ continued use intention. Therefore, in advocating consumers’ use of knowledge sharing platforms, researchers should study the psychological and behavioral perception of consumers before and after their use of knowledge sharing platforms to effectively help the knowledge sharing industry improve the content quality, service quality and development strategies, and resolve users’ core knowledge demands, thus, finally realizing sustainable development.




2.2. IS Success Model


DeLone and McLean summarize IS empirical research of the validity of Management Information Service (MIS) in the past, and puts forward the IS success model [41]. According to the D&M’s IS success model, dependent variables of MIS research are divided into six categories, including system quality, information quality, system use, user satisfaction, personal influence and organizational influence. At the same time, the temporal relationship among these dependent variables is put forward. Among them, system quality and information quality can affect system use, which will further influence user satisfaction, personal performance and final organizational performance [42]. In a bid to ensure D&M IS success model to cope with the academic assessment needs of various system role changes, DeLone and McLean developed an improved D&M IS success model with service quality introduced, merging personal influence and organizational influence into net earnings, regarding user satisfaction as an important index to measure IS success, and holding that information quality, system quality and service quality can jointly influence user satisfaction and willingness to use [43].



So far, the IS success model has found wide applications in examining users’ use of various information systems. Chen and Cheng use the IS success model to verify consumers’ willingness to go shopping online [44]. Gao and Bai employ the IS success model to explain users’ continued use intention of mobile social network services [45].



Though the practicability and feasibility of the IS success model have been vigorously substantiated by extensive research into information systems, seldom has it been used to inspect the continued use behavior of knowledge sharing platforms. Therefore, to apply the IS success model to research into the knowledge sharing platform can make up the current research gap. Since the knowledge platform is one kind of information systems, it is feasible to adopt IS success model as a theoretical basis of the research model in this paper.




2.3. Expectation Confirmation Model


Expectation-confirmation theory (ECT) was developed in 1980 [46], which is a basic theory used to study consumer satisfaction. By definition, ECT is to compare the consumer expectation before buying a certain product or service and the perceived performance after buying for confirmation of whether the consumer is satisfied with the product or service. The consumer satisfaction, thus, obtained can provide a reference for repurchase intention. In 2001, Bhattacherjeet developed the Expectation-confirmation model (ECM) based on ECT to study user persistent behavior in the field of information systems [47]. Perceived usefulness is introduced to the model, which can directly influence user satisfaction and continued use intention. According to the information system, ECM, expectation confirmation is to compare the user expectation before using the information system and the cognition after using. The perceived usefulness refers to the user’s perception of the actual performance of the information system after using it. The expectation confirmation degree can influence the perceived usefulness and satisfaction, and further influence the continued use intention. The higher the expectation confirmation degree is, the more useful the system is perceived by the user, the more satisfied the user is with the system, and the stronger the user’s continued to use information is [48]. Currently, many researchers have verified the validity of the ECM in various information system products and services [49,50,51,52,53].



The representativeness of ECM has been substantiated more than once [45,54,55]. According to differences of research objects, prior scholars have built different research models on the basis of ECM, and combining the technology acceptance theory, IS success model, e-commerce trust theory, value perception theory and self-efficacy theory to study the user’s continued use intention of different information systems, including mobile apps [56], online learning platforms [52,57,58], or web-based service systems [59,60,61].




2.4. Continued Use Intention


As an independent variable, continued use intention can reflect the intensity of the user’s willingness to use the information system again. Some scholars regard continued use intention as the behavioral performance following the first use [62]. Continued use intention is more important than initial acceptance [47,59]. The continued use intention theory studies the information use process through the assessment, strengthening and feedback of the interaction process between users and products, information and services. Once consumers develop the intention to use the platform, it is of vital importance for the knowledge sharing platform to maintain user involvement.




2.5. Integration Between IS Success Model and ECM


ECM is the theory used most widely to examine consumer satisfaction [46]. Research has suggested the feasibility of combining the IS success model and ECM for the examination of research issues. However, a majority of scholars think that information quality, service quality and system quality can directly influence the expectation confirmation degree and perceived usefulness, thus, affecting user satisfaction and continued use intention [63,64,65]. Some scholars have combined the ECM and IS success model to verify the positive influence of information quality, system quality and service quality on user satisfaction [63,66,67]. According to prior research findings (such as research into integrated trust [68,69], integrated self-efficacy [70], social cognitive theories [42], integrated perceived value [71], and subjective norm [72] all regards system quality, service quality and information quality as factors directly influencing consumer satisfaction. Compared with the use of the IS success model alone, the integrated ECM and IS success model can more satisfactorily explain key factors affecting consumer satisfaction and continued use intention. Therefore, this paper integrates the ECM and IS success model, and builds the conceptual model for this research according to the corresponding characteristics of the platform’s service quality, information quality and system quality (such as the information system functions, knowledge platform’s information reliability and consumer Q&A service quality), and influence of perceived usefulness and expectation confirmation degree on user satisfaction and continued use intention.





3. Research Model and Hypotheses


3.1. Research Model


This paper integrates the ECM and IS success model, and builds the conceptual ECM research model for this research according to the corresponding characteristics of the platform’s service quality, information quality and system quality (such as the information system functions, knowledge platform’s information reliability and consumer Q & A service quality), and influence of perceived usefulness and expectation confirmation degree on user satisfaction and continued use intention. As shown in Figure 1.




3.2. Research Hypotheses


3.2.1. Hypotheses of Service Quality, System Quality, Information Quality and User Satisfaction


User satisfaction is one of the key factors assessing platform use, so it has found wide application in the IS success research [73,74] by defining user satisfaction with platform functions, content quality, and system response speed as a measure of system usefulness. Research has shown a significant correlation between information quality and user satisfaction [75], a significantly positive influence of service quality on satisfaction with online learning [76,77,78,79], and information quality as a key dimension to assess user satisfaction and whether the electronic learning system can be successful [79,80]. Information quality is usually regarded as a critical factor affecting user satisfaction [77,81,82,83]. Therefore, the quality of the information provided by the system can influence user satisfaction and indirectly influence the user’s continued use intention. Research findings also indicate that system quality can directly and positively influence user satisfaction, and indirectly influence the user’s system use [80]. This suggests that learning functions, discussion communities, auxiliary learning tools and other functions of the mobile learning system might, to a large extent, improve the user satisfaction and user’s use of online systems. Meanwhile, there is a positive correlation between system quality and user satisfaction [19,83]. The IS success model can influence the user’s recognition of the system [84]. The IS success model can reveal the correlation of system quality, service quality, and information quality with user satisfaction and use intention [85], and the feasibility of applying the IS success model to research into the electronic learning system is substantiated, thus, providing a platform for mutual exchange (knowledge sharing) between learners and knowledge providers. In this research, service quality, system quality, and information quality are believed to have a positive influence on consumer satisfaction. Based on the above discussions, the following hypotheses are made:



Hypothesis 1 (H1).

Service quality can positively influence consumer satisfaction with the knowledge sharing platform.





Hypothesis 2 (H2).

System quality can positively influence consumer satisfaction with the knowledge sharing platform.





Hypothesis 3 (H3).

Information quality can positively influence consumer satisfaction with the knowledge sharing platform.






3.2.2. Hypotheses of the ECM


When the actual performance of the information system lives up to consumer expectation, the consumer will perceive its usefulness and obtain a high degree of satisfaction [39,43,86]. According to the ECM, perceived usefulness can influence the continued use intention of the information system [32]. According to the literature [54,61], the direct and positive influence of perceived usefulness on user satisfaction and continued use intention is pointed out. Similarly, when the consumer perceives the usefulness of the platform system, they tend to use the platform continuously. The continued use intention is decided by personal satisfaction with the information system. More than one research finding has suggested the feasibility of using the ECM to explore the continued use intention. Zheng et al. [87] examine the influence of user satisfaction on the continued use intention in the virtual community. When the user obtains a high degree of satisfaction with the intelligent watch, the user will show a stronger intention to continuously use the intelligent watch [61]. Additionally, research into the electronic learning system reveals that the perceived usefulness and user satisfaction with the system can significantly influence the user’s continued use intention [84]. In this paper, the knowledge sharing platform can be regarded as the information system. When the user is satisfied with the knowledge sharing platform, the user will demonstrate a stronger intention to use the knowledge sharing platform. Based on the above discussions, this research makes the following hypotheses:



Hypothesis 4 (H4).

Perceived usefulness can positively influence consumer’s continued use intention of the knowledge sharing platform.





Hypothesis 5 (H5).

Perceived usefulness can positively influence consumer’s satisfaction with the knowledge sharing platform.





Hypothesis 6 (H6).

Expectation confirmation degree can positively influence consumer’s satisfaction with the knowledge sharing platform.





Hypothesis 7 (H7).

Expectation confirmation degree can positively influence consumer’s perceived usefulness of the knowledge sharing platform.





Hypothesis 8 (H8).

User satisfaction can positively influence consumer’s continued use intention of the knowledge sharing platform.








4. Verification of Hypotheses


4.1. Questionnaire Design


The following questionnaire is designed by referring to mature scales studying information system use behaviors at home and abroad. At the same time, research findings concerning information system use behaviors at home and abroad are examined to make modifications of the scale. Every research variable adopts at least four measurement indexes. The questionnaire is designed on the basis of the five-point Likert scale, with “1” indicating “strongly disagree” and “5’ indicating “strongly agree”. In order to ensure the validity of the questionnaires filled by respondents, the designed questionnaire is sent to three experts in this field for suggestions. The author modifies the questionnaire according to experts’ suggestions, and carries out a small-scale questionnaire among Chinese students studying in South Korea. In light of the survey results, the final questionnaire is designed. The measurement indexes and references adopted by this questionnaire are shown in Appendix A.




4.2. Data Collection and Sample Statistics


The questionnaire mainly adopts Chinese consumers with the user experience of knowledge sharing platforms as research objects. The questionnaire was delivered and collected online from 2 September 2019 to 12 October 2019. Through online and offline questionnaires, 428 copies were collected online, and 150 copies were collected offline, with a total of 578 copies recovered. We deleted some questionnaires with untrue and contradictory answers, because these interviewees might not have carefully read. In total, 512 copies were collected. Through descriptive statistical analysis of the 512 copies using IBM SPSS Statistics 24.0 and IBM SPSS AMOS 24.0, results show that 57.8% of knowledge sharing platform users are males, and 42.4% are females. Age of the users concentrates on the range from 21 years old to 40 years old, accounting for 74% of the total. Their educational degree is mainly the junior college and the undergraduate, accounting for 66.6% of the total. The users earning a monthly salary of around 3,100 RMB to 5,000 RMB are in the majority. Most users are students and company staff. See Table 1. Below:




4.3. Reliability and Validity


In order to verify the reliability and validity of measurement scales, the composite reliability (CR) is used to measure the internal consistency of various measurement items, while the value of Cronbach’s Alpha is used to measure the reliability of various factors. When the value of CR and Cronbach’s Alpha is both larger than 0.8, the reliability is acceptable [88]. Results show the Cronbach’s Alpha value of all latent variables is larger than 0.8, which is up to the requirement of reliability. In order to verify the validity of variables in this research, the convergence validity and the discriminant validity are adopted. Verification of the convergence validity consists of verification of the composite reliability and the average variation extraction (AVE) to assess the convergent validity of the measurement model. Table 2 shows that the value of CR and Cronbach’s Alpha is both larger than 0.8, and the value of AVE is larger than 0.5, it suggests high reliability of internal consistency and a favorable convergent validity of the model [89,90,91,92,93,94]. The discriminant validity can be measured by whether the AVE square root of latent variables is larger than the correlation coefficient of latent variables. If the former is larger than the latter, it indicates a favorable discriminant validity of the questionnaire [91]. According to Table 3, the AVE square root of the research data is greater than the correlation coefficient of each factor, and the discriminant validity is ensured.




4.4. Hypothesis Testing


This research mainly uses AMOS 24.0 to conduct confirmatory factor analysis of the structural equation model (SEM). In order to ensure the consistency between the data and the research data and hypotheses, the model’s degree of fitting should conform to relevant requirements: x2/df ≤ 3.00, GFI and AGFI ≥ 0.90, RMSEA < 0.08 (reasonable degree of fitting) or < 0.05 (favorable degree of fitting), NFI, IFI and CFI > 0.90 [94]. The degree of fitting of the research model is x2/df = 2.079, NFI = 0.911, GFI = 0.914, AGFI = 0.896, IFI = 0.952, CFI = 0.952, and RMSEA = 0.046. All the above indexes satisfy the standard requirements. Verification results show that the service quality of the user’s knowledge sharing platforms (β = 9.803), system quality (β = 2.317), and information quality (β = 3.662) has a significantly positive influence on user satisfaction of the knowledge sharing platform. The user’s perceived usefulness of the knowledge sharing platform can significantly and positively influence user satisfaction with the knowledge sharing platform (β = 2.228) and continued use intention (β = 11.459). The user’s perceived usefulness has the greatest influence on the continued use intention of the knowledge sharing platform. The user’s expectation confirmation degree of the knowledge sharing platform can positively influence user satisfaction (β = 2.950) and perceived usefulness (β = 9.741). User satisfaction with the knowledge sharing platform can positively influence the user’s continued use intention (β = 4.444). To sum up, all hypotheses made by this research are substantiated, as shown in Table 4 and Figure 2.





5. Discussion and Conclusions


5.1. Discussion


In the context where the knowledge sharing platform industry is confronted with increasingly fierce competition and gradually refining market segmentation, how to realize sustainable development and retain users has turned into a tricky challenge facing KSPs. With the ECM-IS integrated model, this study identifies the dominant factors affecting users’ willingness for continuous use of KSPs. The integrated model combines multiple explanatory variables, such as perceived usefulness, degree of expectation confirmation, service quality, system quality, information quality, and degree of satisfaction, that are taken as the determinants affecting users’ willingness for continuous use.



The verification analysis results of this study suggest that service quality, system quality, and information quality have a positive and significant impact on user satisfaction with KSPs; the path coefficients from service quality, system quality, and information quality are 0.383, 0.087, and 0.136, respectively, which fully shows that service quality is the top factor to be considered by users when they use KSPs. This finding is consistent with the conclusions of existing studies [76,77,78]. The services provided by KSPs should be timely, comprehensive and high-quality, to help users solve specific problems encountered during platform use, strengthen their connection with users, and meet user needs. Information quality reflects the professionalism, accuracy, and usefulness of the knowledge provided by KSPs [75,77]. With the continuous increase in the number, the content of knowledge sharing platform tends to be entertainment. The professional level of knowledge producers is uneven, and the copyright protection of knowledge being insufficient. Therefore, knowledge sharing platforms should remove entertaining content, get rid of the tendency of excessive entertainment of part of knowledge content, focus the value of knowledge dissemination on knowledge itself, and enhance the protection of knowledge copyright in a bid to help users reduce perceived uncertainty in terms of technical means and users’ consumption intention. System quality reflects KSPs’ level in page design, available access speed and so on, so KSP management should take actions to continuously perfect their website system to make sure clear and neat page layouts, efficient retrieval availability, and reliable uninterrupted services. Seen from the perspective of users, a high-quality system helps users get a glimpse of platform strength and raise their trust in the platform, thereby affecting user satisfaction with it. This finding echoes the conclusions of some researchers [19,95]. Therefore, high-quality information, services, and system quality can improve user experience and help increase user satisfaction with KSPs.



Besides, expectation confirmation has a significant impact on consumer satisfaction and perceived usefulness. The path coefficients from expectation confirmation and perceived usefulness to the degree of satisfaction are 0.127 and 0.589, respectively. In other words, the better KSPs to meet user expectations, the higher the degree of performance perceived by users, and the higher the degree of their satisfaction, thereby strengthening their willingness for continuous use. This finding is consistent with ECM hypotheses and some empirical study conclusions, for example, the degree of confirmation is a key determinant of user satisfaction. Perceived usefulness has a significant positive impact on user satisfaction and willingness for continuous use [49,96], and the path coefficient from perceived usefulness to a willingness for continuous use is 0.648. This finding is consistent with the conclusions of some researchers [56,65]. This shows that the platform is the same as other platforms, and that perceived usefulness and satisfaction can enhance consumers’ willingness to use the platform. Therefore, KSPs should spare no effort to foster users’ understanding of their functions and advantages, and take actions to help users more aware of their usefulness, in an attempt to raise users’ willingness for continuous use.



In the end, the degree of satisfaction has a significant positive impact on users’ willingness to continuously use KSPs. The path coefficient from the degree of satisfaction to a willingness for continuous use is 0.334, which is consistent with the conclusion of some existing studies [87,97] that the overall user satisfaction degree is one of the key factors in evaluating the use of KSPs [75]. When users are generally satisfied with a KSP, their willingness for continuous use tends to increase. Therefore, improving user satisfaction with KSPs is still the main way to increase users’ willingness for continuous use. The structural model calculation results show that the structure is of certain practical value, which suggests that the ECM-IS integrated model well explains users’ willingness to continuously use KSPs.




5.2. Conclusions


This study verifies the causal relationship among the variables by integrating the ECM and IS theories, and its design and findings are of certain academic significance to explore users’ willingness to continuously use KSPs and promote the development of the entire knowledge sharing platform industry. Moreover, this study expands the scope of research on knowledge sharing platform industry and promises to lay a solid theoretical foundation for subsequent research.



Theoretically speaking, this study, first of all, further confirms that both ECM and IS theories can be applied to studying users’ willingness for continuous use of information systems, including KSPs, and enrich and deepen the theoretical systems of ECM and IS, thereby contributing to the theoretical development of KSPs-related research. Additionally, knowledge sharing has entered the stage of paid knowledge acquisition, so it is of great importance to explore users’ willingness to continuously use KSPs. The results of this study show that KSP developers should constantly optimize their service quality and information quality to increase user satisfaction, and thus, uplift users’ willingness for continuous use if they want to retain existing users and solicit new ones. This finding provides valuable theoretical references for the knowledge sharing platform industry to screen and create higher-quality content.



Practically speaking, system quality, service quality, and information quality significantly affect user satisfaction with KSPs. In a context where the content of KSPs is of varying quality, users cast doubt over whether the knowledge provided by the platforms can effectively benefit them, which may turn into a major obstacle to users’ willingness for continuous use of KSPs. For this reason, in the operation of the knowledge sharing platform, a strict content screening mechanism should be established to prevent the emergence of excessive entertainment and malicious hype of knowledge information, and the protection of intellectual property rights should be enhanced to help consumers reduce the perception of uncertainty. Moreover, good service quality is especially important for users who use the knowledge sharing platform for the first time, which is the prerequisite to win users’ recognition and satisfaction. Therefore, the knowledge sharing platform should develop quick and effective users’ response mechanism to ensure that it can help users quickly solve the problems encountered in use. We should emphasize the requirements of user platform quality, because users’ perceived usefulness and expectations of the platform affect their satisfaction and willingness to continue using the knowledge sharing platform. Therefore, platform developers should pay attention to the actual use of the platform in the design phase, simplify the search process and wait time, to enhance users’ experience and users’ stickiness, improve user perceived usefulness and expectations, and thereby improve users’ satisfaction and willingness to continue using. A high-quality system is in favor of users perceiving the strength of KSPs, thereby improving user satisfaction. Expectation confirmation has a significant positive impact on both users’ degree of satisfaction and perceived usefulness of KSPs. Satisfaction is the core of improving user loyalty and willingness for continuous use of KSPs. Hence, in order to improve user loyalty, reduce customer attrition, and maintain their willingness for continuous use, KSPs should focus on enhancing user experience and meeting user expectations, in an attempt to improve user expectation confirmation and perceived usefulness, which in turn boosts user satisfaction and willingness for continuous use.



The research results of this study offer the following revelations for the knowledge sharing platform industry. First of all, KSPs should establish a sound knowledge content review system that regulates content production process and makes sure the accuracy and professionalism of the information provided. Efforts should also be made to combat piracy, perfect knowledge information screening system and knowledge pricing system, and avoid low-quality information. User evaluation mechanisms should be strictly carried out to regularly assess user satisfaction, and sufficient importance attached to user opinions and suggestions. KSPs are also suggested to highlight platform management and maintenance, protect the personal privacy of users, and formulate humanized after-sales service strategies, to ensure product quality and platform service quality. Furthermore, KSPs should be user-oriented, fully disclose the information that users care about, and keep a wary eye on information homogeneity (e.g., mutual imitation and plagiarism). Efforts should be made to effectively integrate and utilize fragmented information for knowledge processing, promote the comprehensive and systematic dissemination of knowledge, and ensure that the quality of knowledge provided matches its price. In the end, KSPs should continue to explore new business models and unceasingly expand market segments. Different pricing strategies should be made targeting at different income groups, to improve the learning experience of users at different levels and enhance user stickiness. Vertical (professional) segmentation over content is also recommended to improve the professionalism and authoritativeness of various KSPs and provides users with better resources. Such segmentation is expected to enable KSPs to satisfy diversified user groups, thereby leaving a satisfactory impression on users and facilitating the sustainable development of KSPs.




5.3. Limitations


Despite confirming that ECM and IS theories can be applied to the research on users’ willingness for continuous use of KSPs, this study is beset by some limitations and deficiencies. First of all, although the respondents cover different groups from universities and enterprises, it is undeniable that random filling-in may exist. The online questionnaire designed in this study is mainly targeted at Chinese users, leading to that the findings may not be suitable for KSPs in other countries. Meanwhile, the questionnaires were distributed first among the author’s friends and acquaintances and then spread to more people with the help of them, which may lead to certain similarities among the respondents enrolled in this survey in terms of age and education background and inadequate demographic differences. Therefore, future studies are suggested to expand respondents from different countries (e.g., the United States and Europe) to ensure the diversity of respondent sources. Moreover, this study fails to distinguish user behaviors under different knowledge payment models, including paid columns, voice services, online question-and-answer and more. Under the different models, there may be disparities in user needs and user habits, so future studies should conduct more detailed classification and comparative analysis. In conclusion, this study mainly integrates ECM and IS Success theories. As such, there are still many factors with research value that need to be further explored, such as TAM theory, trust, use habits, and theory of planned behavior, which are to be the emphases of subsequent studies.








Author Contributions


Conceptualization, S.P., P.B. and W.G.; Data curation, S.P., P.B.; Formal analysis, W.G.; Funding acquisition, S.P.; Investigation, P.B.; Methodology, S.P. and W.H.; Project administration, J.K.; Software, W.H.; Writing—original draft, J.K. and W.G.; Writing—review and editing, J.K. All authors have read and agreed to the published version of the manuscript.




Funding


This research received no external funding.




Conflicts of Interest


The authors declare no conflict of interest.





Appendix A




	Variables
	Measurement Indexes
	Literature Sources



	Perceived Usefulness
	Use of the knowledge sharing platform can facilitate my learning or working process.

Use of the knowledge sharing platform can help me acquire my desired information resources.

Knowledge sharing platform is a learning style suitable for me.

Knowledge sharing platform is on the whole useful to me.
	[49,51]



	Expectation Confirmation
	My user experience of the knowledge sharing platform is better than expected.

Functions offered by the knowledge sharing platform are more than expected.

Effects of using the knowledge sharing platform is better than expected.

My expectations of the knowledge sharing platform are satisfied after use.
	[49,51]



	System Quality
	System response to the knowledge sharing platform is fast.

System performance of the knowledge sharing platform is steady.

Operation of the knowledge sharing platform can achieve expected outcomes.

It is convenient to operate the knowledge sharing platform.
	[81,82]



	Information Quality
	Information output by the knowledge sharing platform demonstrates high reliability.

Information output by the knowledge sharing platform has a high content quality.

Information provided by the knowledge sharing platform is all-dimensional.

Information provided by the knowledge sharing platform is easy to understand.
	[81,82]



	Service Quality
	Service quality of the knowledge sharing platform is beyond my expectation.

The knowledge sharing platform provides excellent service quality on the whole.

The knowledge sharing platform provides reliable service for users.

The knowledge sharing platform can soon respond to my request.
	[77,78]



	Satisfaction
	Use of the knowledge sharing platform makes me happy.

My use of the knowledge sharing platform is almost barrier-free.

It is a wise choice made by me to use the knowledge sharing platform.

Use of the knowledge sharing platform is satisfactory to me on the whole.
	[79]



	Continued Use Intention
	I will continue using the knowledge sharing platform in the future.

I will maintain my knowledge sharing platform use frequency in the future.

I tend to use the knowledge sharing platform rather than other software in the future.

I will recommend the knowledge sharing platform to others.
	[84,87]
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Figure 1. Research model. 
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Figure 2. Results of the research model. Note: PU: Perceived Usefulness EC: Expectation Confirmation. SEQ: Service quality SYQ: System quality. IQ: Information quality. SAT: Satisfaction. CUI: Continuous use intention. 






Figure 2. Results of the research model. Note: PU: Perceived Usefulness EC: Expectation Confirmation. SEQ: Service quality SYQ: System quality. IQ: Information quality. SAT: Satisfaction. CUI: Continuous use intention.



[image: Sustainability 12 02341 g002]







[image: Table] 





Table 1. Sample characteristics.






Table 1. Sample characteristics.





	
Variables

	
Items

	
Frequency

	
Percentage






	
Gender

	
Male

	
296

	
57.8%




	
Female

	
216

	
42.2%




	
Age

	
Below 20

	
71

	
13.9%




	
21~30

	
211

	
41.2%




	
31~40

	
168

	
32.8%




	
41~50

	
46

	
9%




	
Above 50

	
16

	
3.1%




	
Academic Degree

	
Middle school or below

	
43

	
8.4%




	
Senior high school (including higher vocational education)

	
62

	
12.1%




	
Junior college

	
142

	
27.7%




	
Undergraduate

	
199

	
38.9%




	
Postgraduate or above

	
66

	
12.9%




	
Profession

	
Student

	
201

	
39.3%




	
Freelancer

	
98

	
19.1%




	
Public servant

	
78

	
15.2%




	
Company employee

	
109

	
21.3%




	
Others

	
26

	
5.1%




	
Monthly Income (RMB)

	
Lower than 3000

	
76

	
14.8%




	
3100~5000

	
198

	
38.7%




	
5100~7000

	
107

	
20.9%




	
7100~10,000

	
79

	
15.4%




	
Above 10,000

	
52

	
10.2%
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Table 2. Convergent validity and reliability.






Table 2. Convergent validity and reliability.





	
Construct

	
Indicators

	
Factor Loading

	
SMC

	
AVE

	
CR

	
Cronbach’s






	
Service Quality

	
SEQ1

	
0.836

	
0.699

	
0.589

	
0.851

	
0.850




	
SEQ2

	
0.736

	
0.542




	
SEQ3

	
0.702

	
0.493




	
SEQ4

	
0.790

	
0.624




	
System Quality

	
SYQ1

	
0.778

	
0.605

	
0.592

	
0.853

	
0.852




	
SYQ2

	
0.836

	
0.699




	
SYQ3

	
0.731

	
0.534




	
SYQ4

	
0.729

	
0.532




	
Information Quality

	
INQ1

	
0.873

	
0.762

	
0.544

	
0.825

	
0.814




	
INQ2

	
0.724

	
0.525




	
INQ3

	
0.635

	
0.404




	
INQ4

	
0.697

	
0.486




	
Expectation Confirmation

	
EC1

	
0.720

	
0.519

	
0.601

	
0.857

	
0.856




	
EC2

	
0.823

	
0.677




	
EC3

	
0.757

	
0.573




	
EC4

	
0.796

	
0.633




	
Perceived Usefulness

	
PU1

	
0.836

	
0.699

	
0.679

	
0.894

	
0.894




	
PU2

	
0.839

	
0.704




	
PU3

	
0.789

	
0.622




	
PU4

	
0.830

	
0.688




	
Satisfaction

	
SAT1

	
0.678

	
0.459

	
0.521

	
0.812

	
0.811




	
SAT2

	
0.669

	
0.447




	
SAT3

	
0.757

	
0.574




	
SAT4

	
0.777

	
0.604




	
Continued Use Intention

	
CUI1

	
0.749

	
0.721

	
0.703

	
0.904

	
0.903




	
CUI2

	
0.872

	
0.761




	
CUI3

	
0.827

	
0.683




	
CUI4

	
0.804

	
0.647








Note: CR= composite reliability; AVE= average variation extraction; SMC= squared multiple correlation.
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Table 3. Discriminant validity analysis.
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	Construct
	SEQ
	SYQ
	IQ
	EC
	PU
	SAT
	CUI





	SEQ
	1.000
	
	
	
	
	
	



	SYQ
	0.336
	1.000
	
	
	
	
	



	IQ
	0.364
	0.273
	1.000
	
	
	
	



	EC
	0.152
	0.172
	0.210
	1.000
	
	
	



	PU
	0.227
	0.138
	0.278
	0.489
	1.000
	
	



	SAT
	0.399
	0.659
	0.417
	0.342
	0.327
	1.000
	



	CUI
	0.182
	0.169
	0.276
	0.472
	0.595
	0.367
	1.000







Note: Diagonals represent the AVE, and the other matrix entries represent the squared factor correlations. PU: Perceived Usefulness EC: Expectation Confirmation. SEQ: Service quality SYQ: System quality. IQ: Information quality. SAT: Satisfaction. CUI: Continuous use intention.
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Table 4. Results of hypothesis analysis.






Table 4. Results of hypothesis analysis.





	Hypothesis
	Path
	Estimate
	t-Value
	S.E.
	p-Value
	Result





	H1
	SEQ→SAT
	0.383
	9.803
	0.039
	***
	Supported



	H2
	SYQ→SAT
	0.087
	2.317
	0.037
	0.021
	Supported



	H3
	IQ→SAT
	0.136
	3.662
	0.037
	***
	Supported



	H4
	PU→CUI
	0.648
	11.459
	0.057
	***
	Supported



	H5
	PU→SAT
	0.078
	2.228
	0.035
	0.026
	Supported



	H6
	EC→SAT
	0.127
	2.950
	0.043
	0.003
	Supported



	H7
	EC→PU
	0.589
	9.741
	0.060
	***
	Supported



	H8
	SAT→CUI
	0.334
	4.444
	0.075
	***
	Supported







Note: *** p < 0.001. Note: PU: Perceived Usefulness EC: Expectation Confirmation. SEQ: Service quality SYQ: System quality. IQ: Information quality. SAT: Satisfaction. CUI: Continuous use intention.
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