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Abstract: Competition in smartphone market has been fierce, and customers’ switching has become
a primary concern for the success of smartphone businesses. Nonetheless, research on customer
switching behavior regarding smartphones is still under investigation. The purpose of this study
is to examine how social factors affect users’ smartphone switching intention and how customer
rational and emotional factors moderate the customers’ switching behavioral intention. In an attempt
to understand the switching behavior of smartphone users, this study develops and tests a model
drawn from social factors (e.g., media and peer influence), customer rational factors (e.g., switching
experience and confidence in decision making), and customer emotional factors (e.g., anticipated
regret and alternative attractiveness). The model is tested with data collected from 302 smartphone
users. The results of structural equation modeling analysis demonstrate that, when customers make
switching decision, both media influence and peer influence affect behavioral switching intention.
Further, this study also revealed that customer rational and emotional factors moderate the effects
of media influence and peer influence toward customers’ switching intention. Overall, this study
enhances the omnidirectional understanding of the switching behavior of smartphone users and can
help smartphone companies in fierce competition to lead to sustainable growth.

Keywords: switching behavior; media influence; peer influence; switching experience; confidence in
decision making; anticipated regret; alternative attractiveness

1. Introduction

Smartphones are increasingly potent individual devices that provide new ways of communication,
searching and sharing information, and excitement. As such, smartphones have become a popular
issue among consumers, and the smartphone market has grown exponentially. Due to technology
advances, individuals can easily access smartphone alternatives. Paradoxically, this phenomenon has
encouraged customers to switch to newer smartphones. In particular, for consumers, switching their
smartphone OS platform is the most important issue. As a result, the competition in the smartphone
market has been fierce, and customer switching has become a primary concern for the success of any
smartphone business [1,2].

In this sense, research have begun to examine the switching behavior of smartphone consumers.
However, most of research related to smartphone switching is mainly concerned with the technology
attributes related to functionality, such as operating system (i.e., iOS, and Android), user interface, and
mobile cellular network infrastructure [1]. However, consumers switch smartphones both functional
but nonfunctional reasons [3]. Nonetheless, little is known about the nonfunctional switching reasons
of smartphone consumers.
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Although some empirical studies have traced nonfunctional switching factors, which are drawn
from the technology acceptance model (TAM) or the unified theory of acceptance and use of technology
(UTAUT), most of these studies have chosen to center on individual factors. However, the fundamental
argument is that individuals from beliefs about information technologies inside a milieu of impacts
exuding from both individual and social contexts [4]. Nonetheless, extant studies have not examined
how social factors jointly shape individual beliefs about information technologies. In particular, social
factors play a very important role in the choice to switch smartphones because smartphone users
generally decide to switch smartphones based on social context, such as media and peer influence.
On the other hand, when consumers switch smartphones, they are affected by rational and emotional
factors. As such, this study has an important research question: how do social factors affect users’
smartphone switching intention, and how do customer rational and emotional factors control customers’
switching behavior?

Therefore, the primary aim of this study is to examine the social factors that influence key
individual beliefs about smartphone switching. Further, this study traces how customers’ rational and
emotional factors moderate switching behavioral intention. By identifying these various relationships,
this study looks for the ways to ensure sustainable growth in the smartphone market.

2. Theoretical Background

2.1. Customer Switching Behaviour

Customer switching has been studied extensively in the field of management, marketing, and
information systems. In particular, a significant number of studies have been examined the impact of
consumer switching behavior [5,6]. These studies mainly focus on understanding why consumers
decide to switch to other products or services. Among them, the factors that drive consumers to
switch have received the most attention among researchers [7]. This is because these studies have high
potential to offer more pertinent and practical suggestions to practitioners.

On the other hand, some theoretical bases give the conceptual frame for technology switching.
Individual beliefs about technology use and switching are influenced by two dominant sources of
influence—individual and social factors [8,9]. Among them, although individual factors are examined
in a variety of studies associated with TAM and UTAUT, social factors have not been vigorously
examined. As such, this study focuses on the influence of social factors that are key individual beliefs
about consumer switching.

2.2. Social Environment Factors: Informational Influences

A basic tenet of consumer behavior theory holds that when consumers make purchase decisions,
they use different types of information sources [5] (p. 376). Indeed, individual beliefs about technology
use are influenced by primary information sources at varying distance from internal psychological
processes. Specifically, research has identified that individual consumer behavior is embedded in social
contexts and is thus susceptible to interactions with one’s social environment. The social environment
can be separated in sources of information influence, such as external and interpersonal source of
information [8] (p. 659).

2.2.1. External Source of Information: Media Influence

External source of information refers to mass media, reports, expert opinions, and other impersonal
information considered by adopters in making a rational acceptance decision [5] (p. 380). In general,
consumers accept external information by reading articles related to a certain products or services in
mass media. Consumers who seek external information look for factual and objective information
about products or services.
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A preponderance of factual information about attributes should lead to more accurate predictive
expectations about the future performance of the product or service [10]. Therefore, external information
is also thought to play a role throughout the adoption, switching, and diffusion processes [11].

Indeed, research found that information received from external information such as media has an
impact on individual behaviors [11,12]. For instance, Promotosh and Sajedul (2011) argued that mass
media play a viable role as a great advertising communication instrument for passing on a message [13].
They found that media presentation has coordinated and solid relationships to consumer’s buy choices
notwithstanding of their age, instruction, and social status.

Further, a number of studies found that individuals’ switching behavior are positively related
to media influence, such as newspapers, journals, television, and the internet [5,8,12]. We therefore
formulate the following hypothesis:

Hypothesis 1 (H1). External information influence (media influence) positively influences smartphone user
switching intention.

2.2.2. Interpersonal Source of Information: Peer Influence

Interpersonal information refers to word-of-mouth influence by friends, colleagues, superiors,
and other prior adopters known to the potential adopters [14] (p. 413). When making products or
service choices, customers tend to rely on word-of-mouth of others more than on their own opinions.
Even though information from other people is both subjective and evaluative, it does seem to have
vicarious involvement [5]. Accordingly, the influence of interpersonal relations should be important in
technology adoption [12].

In particular, individuals are in general uncomfortable with uncertainty and will tend to increase
communication with own social networks [15]. Indeed, information influence by peers decreases the
hazard of selection and vulnerability because it gives solid proof of the authenticity and suitability
of the appropriation choice. Therefore, socially proximal referents are vital for the consumption of
products or services [16].

As such, several studies empirically demonstrated that interpersonal influence affects the adoption
of technology. Schmitz and Fulk (1991) and Fulk (1993) found that information is passed on by means of
an individual’s social networks [17,18]. Specifically, they empirically found and argued that individuals
are influenced by other people’s views. Therefore, a compelling message received from others is likely
to influence one’s technology use or switching.

In addition, Karahanna et al. (1999) found that interpersonal influence is very significant in
potential adopters [15]. They revealed that peer opinions significantly affected one’s felt pressures
toward adopting IT. Similarly, since people use their smartphone for private purposes, change or
switching is preferred when individuals find that the advice or pressure from peers results in higher
switching intention. We therefore formulate the following hypothesis:

Hypothesis 2 (H2). Internal information influence (peer influence) positively influences smartphone user
switching intention of smartphone.

2.3. Moderating Role of Customer’s Rational Factors

In customers’ switching environments, some factors should be considered as important factors by
reflecting customers’ rational decision making. Among them, switching experience and confidence in
decision making are considerable factors influencing customer switching behavior. These factors can
be a significant moderating role.
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2.3.1. Switching Experience

Switching experience refers to how many products or services customers have experienced.
Hoffman and Novak (1996) argued that low experience users tend to have exploratory behavior, while
highly experienced users tend to show goal-oriented behavior [19].

In smartphone switching situations, customers who have low switching experience tend to be
satisfied with the smartphones they are using. Accordingly, they are less likely to switch smartphones
and consequentially have low switching experience. Indeed, the users with low switching experience
are not swayed by the experiences of their peers or word-of-mouth of colleagues. Therefore, the users
with low switching experience are not strongly affected by the interpersonal source of information.
Rather, they are influenced by mass media or other impersonal information.

On the other hand, customers with high switching experience tend to have a variety of
unsatisfactory factors. Accordingly, they have a high frequency of smartphone switching. Therefore,
the users with high switching experience often express their dissatisfaction with their friends or
colleagues. As a result, peers around the users are encouraged to switch, and the users have a strong
switching intention. We therefore formulate the following hypothesis:

Hypothesis 3a (H3a). The effect of external information influence (media influence) on switching intention
will be moderated by users’ switching experience.

Hypothesis 3b (H3b). The effect of internal information influence (peer influence) on switching intention will
be moderated by users’ switching experience.

2.3.2. Confidence in Decision Making

Another considerable factor is confidence in decision making. Confidence in decision making
refers a consumer’s rational belief that someone has done something correctly or incorrectly which
can increase for correct decisions and decrease for error decisions [20] (p. 539). In other words,
consumer confidence in decision making is decided by the degree to which an individual feels able
and guaranteed in relations to his or her choices and behaviors [21].

Research has shown that confidence in decision making rely on the amount of information
available. It implies that, with the increase in accessible information, customer confidence will increase.
Tsai et al. (2008) found that individuals become more confident if more information is provided to
them [22].

Particularly, in marketing literature, confidence in decision making was hypothesized to be
an important moderator on customer switching intention. For example, customers who have high
confidence in their decision making are very confident in their knowledge and information processing.
In other words, they tend to have high external information processing. Therefore, they are affected
by external sources of information drawn from television, newspapers, offline or online ads and
commercial articles, etc. On the contrary, customers who have low confidence in decision making
are less confident in knowledge and information processing. In other words, they are less capable
of processing external information. Rather, they are likely to adopt information from friends and
colleagues. As a result, individuals around the users are encouraged to switch, and consequentially,
the users have a strong switching intention. We therefore formulate the following hypothesis:

Hypothesis 4a (H4a). The effect of external information influence (media influence) on switching intention
will be moderated by user confidence in decision making.

Hypothesis 4b (H4b). The effect of internal information influence (peer influence) on switching intention will
be moderated by user confidence in decision making.



Sustainability 2020, 12, 1082 5 of 14

2.4. Moderating Role of Customer’s Emotional Factors

Customers’ emotional factors should be also considered as important factors affecting customer
switching behaviors. Among them, anticipated regret and alternative attractiveness are thoughtful
factors to customer switching behaviors

2.4.1. Anticipated Regret

One emotional aspect is anticipated regret. Regret generally refers to a negative emotion as a
result of decision making under uncertainty [23]. Specifically, Zeelenberg and Piters (2007) defined
regret as a counterfactual emotion resulting from external comparisons [24]. Also, Zeelenberg (1999)
also defined regret as “a negative, cognitively based emotion that we experience when realizing or
imaging that our present situation would have been better had we acted differently” [25] (p. 355).

In the smartphone market, there exist a number of alternatives. Hence, sometimes smartphone
users feel disappointed and “regret” on the chosen technology, and even switch to another alternative.
Therefore, it is important to have a better understanding of what regret is and how regret affects user
evaluation and behavior regarding the chosen technology [26]. Nonetheless, little is known about the
moderating role of customers’ anticipated regret. For example, when deciding among alternatives,
an individual must assess the potential utility to be derived from each option [27]. After selecting a
course of action, an individual may feel that the situation would be better had a forgone alternative
been selected.

As such, anticipated regret is a significant moderating role in smartphone switching intentions.
Specifically, consumers with high anticipated regret are able to have high switching intentions. In
general, they trust interpersonal information from peers or acquaintances rather than impersonal
information from external source of information. On the other hand, consumers with low anticipated
regret tend to have a rational disposition. Generally, they are strongly influenced by factual and
objective information provided by media channels.

Accordingly, since there will be moderating effects, we therefore formulate the following
hypothesis:

Hypothesis 5a (H5a). The effect of external information influence (media influence) on switching intention
will be moderated by anticipated regret.

Hypothesis 5b (H5b). The effect of internal information influence (peer influence) on switching intention will
be moderated by anticipated regret.

2.4.2. Alternative Attractiveness

Alternative attractiveness becomes one of the vital emotional factors in switching behavior.
Alternative attractiveness refers that “the expected outcome of the alternative is better than the outcome
achievable with the existing partner” [28] (p. 56). Basically, consumers who perceive high alternative
attractiveness have more confidence in their decision-making choices. As such, customers who
perceive high alternative attractiveness have high switching intention. This is because customers
who perceive high alternative attractiveness always have high interests in other smartphones. In
particular, they are very sensitive to advertising drawn from offline or online media, and they also
are very sensitive about which new smartphones are released. Therefore, consumers who perceive
high alternative attractiveness are affected well by external sources of information rather than internal
sources of information.

Meanwhile, the users who perceive low alternative attractiveness have low switching intention.
They tend to be affected by their friends or colleagues’ recommendations, which will be a more direct
stimulus to switch. Accordingly, since there will be moderating effects, we therefore formulate the
following hypothesis:
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Hypothesis 6a (H6a). The effect of external information influence (media influence) on switching intention
will be moderated by alternative attractiveness.

Hypothesis 6b (H6b). The effect of internal information influence (peer influence) on switching intention will
be moderated by alternative attractiveness.

Based upon the all of hypotheses, the research model is depicted in Figure 1.

Figure 1. Research Model.

3. Research Methodology

3.1. Data Collection

The purpose of this study is to examine how social factors affect smartphone switching intention
and how customer rational and emotional factors moderate customers’ behavioral switching intention.
The survey method is employed to test the proposed research and hypotheses. The research target of
this study was smartphone users. We conducted several procedures for data collection.

First, a pilot study was conducted with 60 undergraduate students to assess and gauge the clarity
of the questions. The participants provided detailed feedback through interviews. Based on this
feedback, we reworded some items and reorganized the layout.

Second, the actual survey was conducted in the field. Specifically, the survey was conducted in
the IT EXPO 2018, which is the largest ICT exhibition in Korea, from 5–7 September 2018. Basically, the
participants are very interested in ICT devices, including smartphones. In other words, they may have
significant experience in replacing smartphones. In addition, there are advantages to securing diverse
age groups for the survey.

To ensure confidentiality, all participants were informed that their responses would remain
anonymous and be used for academic purposes only. A total of 350 samples were collected. After
discarding the incomplete questionnaires, the final usable sample was 302. Table 1 described the
respondents’ demographic statics.
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Table 1. Respondents’ Profile.

Variable n % Variable n %

Gender
Male 185 61.3 Platform

Type
Android 180 59.6

Female 117 38.7 iOS 122 40.4

Age

20–30 163 54.0
Num. of

Smartphone
(so far)

First 9 3.0
31–40 52 17.2 Second–third 150 49.7
41–50 57 18.9 Fourth–fifth 105 34.8

Over 51 30 9.9 Over sixth 38 12.6

3.2. Measurement

The survey measurement for this study used multi-item scales adopted from previously validated
scales and slightly modified to suit the context of the current study. Specifically, media influence was
adapted from Yuen and Azree (2005), which was defined as the influence or pressure from media [29].
Four items asked the subject to mention how much they were affected by the related messages from
each of the sources, such as TV program and/or advertisements.

Peer influence was adapted from Greszczuket al. (2018), which defined it as the influence or
pressure from sources known to the smartphone user [30]. Four items were applied to measure how
respondents perceive peer, family, and friends’ influence on current smartphone issues.

Confidence in decision making measures was adapted from Bearden et al. (2001) and Hoffman
and Elwin (2004) [21,31]. Five items were applied to measure the perception of confidence in decision
making when they process the knowledge and information.

Anticipated regret measures were adapted from Conner and Abraham (2001) and Shih and
Schau (2011) [32,33]. This construct was measured by four items—For example, if you switched
your smartphone now and found out later that the other platform increase functionality, you will be
disappointed with your decision.

In addition, alternative attractiveness measures were adapted from Sharma and Patterson (2000)
and Ghazali et al. (2016) [34,35]. This construct was measured by four items—compared to Android
(iOS), there is iOS (Android), with which I would probably be equally or more satisfied.

Finally, switching intention was measured with three items adapted from Shih and Hsu (2014) [36].
These items aimed at capturing the degree to which respondents would switch to another platform in
the near future.

Faculty members with extensive experience in measurement scale development reviewed the
results, and the initial version of measurement scales was refined based on their feedback. All items
except switching experience were measured with a seven-point Likert scale from strongly disagree (1)
to strongly agree (7).

4. Data Analysis and Results

4.1. Reliability and Validity

This section includes reliability and validity information. In this study, structural equation
modeling (SEM) was used to test item reliability, convergent validity, and discriminant validity using
SPSS Ver. 22 and LISREL 8.2 were used. Although the validity of the all constructs had been tested in
previous studies, their validity was retested in this study. A confirmatory factor analysis (CFA) was
conducted for all constructs. Similarly, the measurement model was revised by dropping items with
low (< 0.50) factor loadings. High loading means that the shared variance between constructs and its
measurement is higher than error variance [37]. As a result, all items were retained in this analysis.
The final list of retained items is given in Table 2. As a result, the final CFA was acceptable.

The reliability of the constructs was examined with Cronbach’s alpha shown in Table 2. All
Cronbach’s alpha was over 0.7, the cut-off for confirmatory research [38]. Therefore, individual item
reliability is ensured in this study.
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The internal consistency of the scales was investigated using composite reliability (CR) values.
Hair et al. (1998) suggested a threshold value of 0.7 [39]. All CR were higher than 0.7, which also
indicated good internal consistency.

Convergent validity should also be examined when two indicators are used to measure the
constructs. The convergent validity of the proposed constructs was evaluated through CFA. This
validity could be ensured when factor loadings are higher than 0.7, composite reliability of all constructs
is higher than 0.7, and the AVE values are all greater than 0.5.

As a result, all factor loading values were equal to or larger than 0.70 and significant at p < 0.001.
Based on high factor loadings and AVE evaluations, it could be judged that convergent validity for the
measurement-scale items was achieved.

The existing literature (e.g., [40]) postulates that, in order to achieve discriminant validity, the
correlation between a pair of concepts should be smaller than the square root of AVE value for each
construct. As provided in the Tables 2 and 3, all of the correlations between a pair of constructs
were smaller than the square root of AVE for each proposed concept, which supported strong
discriminant validity.

Table 2. The results of the reliability and validity test.

Construct Measurement Factor
Loading

Num.
of Item

χ2

(s.d.)
Cronbach’s

α
AVE CR

MI
(Media

Influence)

MI1
MI2
MI3
MI4

0.893
0.866
0.721
0.763

4 3.64
(1.39) 0.822 0.653 0.881

PI
(Peer Influence)

PI1
PI2
PI3
PI4

0.739
0.905
0.826
0.885

4 3.09
(1.45) 0.900 0.720 0.909

DC
(Confidence in

Decision
Making)

DC1
DC2
DC3
DC4
DC5

0.769
0.901
0.897
0.803
0.723

5 4.72
(0.94) 0.771 0.706 0.832

AR
(Anticipated

Regret)

AR1
AR2
AR3
AR4

0.704
0.852
0.834
0.772

4 3.70
(1.29) 0.819 0.771 0.841

AA
(Alternative

Attractiveness)

AA1
AA2
AA3
AA4

0.900
0.813
0.741
0.755

4 3.45
(1.38) 0.819 0.679 0.886

SI
(Switching
Intention)

SI1
SI2
SI3

0.849
0.902
0.912

3 3.83
(1.32) 0.954 0.876 0.955

Note: χ2 = 464.23, d.f. = 237, χ2/d.f. = 1.96, GFI = 0.95, NFI = 0.94, CFI = 0.96, RMSEA = 0.045.

4.2. Validation of Moderating Effect

Using SEM, the general way of testing moderating effects is to split into two subgroups based on
value of the candidate moderating variables from the full sample. Then, comparing the model fitting
across groups, a χ2 difference test is conducted to assess the differences between two groups. If the
model without any constraints is significantly better (smaller χ2) than the constrained one, the one
group’s coefficients differ from those of the other group. If the change of χ2 is significant, a moderating
effect exists [41].
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Table 3. Matrix among constructs (Φ matrix).

Construct MI PI DC AR AA SI

MI 0.65

PI 0.24
(0.08)

0.72

DC 0.11
(0.08)

0.13
(0.08)

0.71

AR 0.27
(0.08)

0.39
(0.07)

−0.05
(0.08)

0.77

AA 0.26
(0.08)

0.40
(0.05)

0.12
(0.08)

−0.54
(0.06)

0.68

SI 0.35
(0.07)

0.42
(0.06)

−0.17
(0.08)

−0.37
(0.07)

0.52
(0.06)

0.88

Note: ( ) is standard error, bold is AVE.

This method, however, does not verify whether the differences are determined by the direct effect
such as error variances or moderating effect such as factor loadings of the dependent variables. This
study’s methodology was grounded in the work of Jöreskog, Sörbom (1993) and used in Im et al. (2008)
and Oh (2012), which investigates more a rigid approach [42–44].

Specifically, in this methodology, the dataset is divided into groups, and the statistics from one
are used to constrain models off the other. We generally test to find whether the changes of χ2 are
statistically significant given the change in the degree of freedom. In order to test if the changes of χ2

were caused by the moderating variable, but this method compares four models for each moderating
variable, such as from Models I to IV.

More specifically, Model I has all factor loadings constrained across the groups, and the error
variances of the items for endogenous variables are constrained. Model II has the factor loadings free,
but the error variances are constrained. Model III has both factor loadings and error variances are
free. Model IV has factor loadings constrained, but error variances are free. For instance, if Model I
and Model IV (or Model II and Model III) are different, it is caused by error variances in dependent
variables. If Model I and Model II (or Model III and Model IV) are significantly different from each
other, this is caused by the different factor loadings and path coefficients, which implies that there is a
significant moderating effect. Thus, by comparing these models, the difference due to error variance
can be separated from the difference from factor loadings and path coefficients.

The effects of switching experience, confidence in decision making, anticipated regret, and
alternative attractiveness variables were tested following this procedure. Because the switching
experience was a categorical variable, the groups were automatically divided into the switching
experienced group and the non-experienced group. However, the other variables were a continuous
variable, the groups were divided into high and low groups using the median as shown in Table 4.

As a result, Table 5 illustrates the comparisons of Models I, II, and III with fitting indices and
∆χ2/∆d.f. Model IV did not need to be compared because the comparison was redundant. As a
result, as shown in Table 6, the results of moderating effects and significant coefficients of the paths
were determined.

Table 4. Moderating variable (median of the group).

Construct Median t-Value p-Value

DC 4.40 28.25 <0.000
AR 3.25 28.25 <0.000
AA 3.75 24.47 <0.000
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Table 5. The results of moderating effects.

Variables Model χ2 d.f. χ2/d.f. GFI NFI CFI RMSEA ∆χ2/∆d.F.

Whole sample 82.78 41 2.02 0.99 0.93 0.95 0.042 n/a

Switching
Experience

Model I 244.77 97 2.52 0.97 0.85 0.81 0.124 n/a
Model II 222.99 94 2.37 0.98 0.86 0.90 0.122 7.26***(a)

Model III 175.02 84 2.08 0.99 0.90 0.97 0.061 5.37**(b)

Confidence in
Decision
Making

Model I 289.12 97 2.98 0.97 0.84 0.88 0.141 n/a
Model II 265.70 97 2.83 0.97 0.88 0.90 0.104 7.81***(a)

Model III 163.34 84 1.94 0.97 0.96 0.91 0.091 9.68**(b)

Anticipated
Regret

Model I 301.10 97 3.10 0.94 0.82 0.80 0.146 n/a
Model II 287.72 97 3.06 0.95 0.85 0.86 0.144 4.46***(a)

Model III 164.59 84 1.96 0.96 0.90 0.92 0.098 10.50***(b)

Alternative
Attractiveness

Model I 289.12 97 2.98 0.97 0.84 0.88 0.141 n/a
Model II 264.66 97 2.82 0.97 0.89 0.90 0.101 8.15***(a)

Model III 163.34 84 1.94 0.97 0.95 0.91 0.071 9.68***(b)

(a) Difference between Model TypeI and Model Type II
(b) Difference between Model Type II and Model Type III

* Significant at α = 0.05 level; ** Significant at α = 0.01 level; *** Significant at α = 0.001 level.

4.3. Hypotheses Testing

Structural equation modeling was employed to test proposed hypotheses. Tables 5 and 6 depict fit
statistics, estimated path coefficients (all significant paths are indicated with an asterisk), and associated
t-value of the paths. The fit statistics indicate that the research model provides a good fit to the data
shown as Table 5 (whole sample). χ2 is significant and all other statistics are within the range that
suggests a good model fit. Table 6 shows the result of changes in standardized β coefficients.

The findings from the whole sample model indicated that both peer influence and media influence
exhibited strong impacts on user’s smartphone switching intention. Specifically, peer influence posited
a significant direct effect on switching intention (β = 0.59, t = 5.91), and the media influence also had a
direct effect on switching intention (β = 0.53, t = 5.69). Thus, the result supported Hypothesis 1 and
Hypothesis 2, respectively.

Switching experience moderated also the effects of peer influence and media influence in the
research model from the 7.26 in the ∆χ2/∆d.f. column in Table 5. For the switching non-experienced
group, media influence has a bigger effect on switching intention (MI→SI coefficients, 0.59 in Table 6)
than the switching experienced group, which supports Hypothesis 5(a). However, peer influence has a
bigger effect on switching intention (PI→SI coefficients, 0.75 in Table 6) for the switching experienced
group than the switching non-experienced group. This supports Hypothesis 5(b).

Confidence in decision making moderated the effects of peer and media influence in the model
(see 7.81 in the ∆χ2/∆d.f. column in Table 5). For users perceiving higher confidence in decision
making, media influence has bigger effect on switching intention (MI→SI coefficients, 0.94 in Table 6)
than those perceiving a lower confidence, which supports Hypothesis 6(a). However, peer influence
has a bigger effect on switching intention (PI→SI coefficients, 0.58 in Table 6) for the low confidence in
decision making than the high perceived self-confidence group. This also supports Hypothesis 6(b).

Anticipated regret moderated the effects of peer influence and media influence toward switching
intention in the research model from the 4.46 in the ∆χ2/∆d.f. column in Table 5. For users perceiving
lower anticipated regret in using smartphone, media influence has bigger effect on switching intention
(MI→SI coefficients, 0.45 in Table 6) than those perceiving a higher anticipated regret, which supports
Hypothesis 3(a). However, peer influence has a bigger effect on switching intention (PI→SI coefficients,
0.50 in Table 6) for the high perceived anticipated regret than the low perceived anticipated regret
group. This supports Hypothesis 3(b).
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Alternative attractiveness also moderated the effects of peer and media influence in the model
(see 8.15 in the ∆χ2/∆d.f. column in Table 5). For users perceiving higher alternative attractiveness,
media influence has a bigger effect on switching intention (MI→SI coefficients, 0.59 in Table 6) than
those perceiving a lower alternative attractiveness, which supports Hypothesis 4(a). However, peer
influence has a bigger effect on switching intention (PI→SI coefficients, 0.69 in Table 6) for the low
perceived alternative attractiveness than the high perceived alternative attractiveness group. This also
supports Hypothesis 4(b).

Table 6. The changes in standardized β coefficients.

Path
Whole
Sample

SE DC AR AA

No(a) Yes(b) High(c) Low(d) Low(e) High(f) High(g) Low(h)

MI→SI 0.53**(5.69)
0.59** 0.22** 0.94** 0.23** 0.45** 0.24** 0.59** 0.51**

(17.53) (5.90) (9.99) (4.73) (10.34) (11.48) (17.09) (8.25)

PI→SI 0.59**(5.91)
0.22** 0.75** 0.26** 0.58** 0.23** 0.50** 0.22** 0.69**

(12.94) (15.81) (4.37) (7.52) (9.97) (13.33) (12.61) (10.45)

(a) χ2/d.f. = 1.49, GFI = 0.99, CFI = 0.98, RMSEA = 0.064
(c) χ2/d.f. = 1.76, GFI = 0.98, CFI = 0.96, RMSEA = 0.104
(e) χ2/d.f. = 1.63, GFI = 0.97, CFI = 0.94, RMSEA = 0.085
(g) χ2/d.f. = 1.42, GFI = 0.99, CFI = 0.98, RMSEA = 0.061

(b) χ2/d.f. = 1.67, GFI = 0.99, CFI = 0.91, RMSEA = 0.078
(d) χ2/d.f. = 1.94, GFI = 0.98, CFI = 0.93, RMSEA = 0.096
(f) χ2/d.f. = 1.48, GFI = 0.99, CFI = 0.92, RMSEA = 0.073
(h) χ2/d.f. = 1.94, GFI = 0.98, CFI = 0.95, RMSEA = 0.096

* Significant at α=0.05 level; ** Significant at α=0.01 level.

5. Discussion and Conclusions

This study empirically examined how social factors affect smartphone switching intention and
how rational and emotional factors moderate behavioral intention. When users make a switching
decision, both peer influence and media influence affect switching behavioral intention, consistent
with findings obtained from prior studies.

Motivated by a need to understand the moderating drivers of users’ smartphone switching
intention, this research incorporated switching experience and confidence in decision making as
rational aspects, anticipated regret, and alternative attractiveness as emotional aspects. While
analyzing the effects of these moderating variables, this study also demonstrated systematic and
rigorous methodology of testing moderating effects using SEM. It showed that customers’ rational
factors (e.g., switching experience and confidence in decision) and customers’ emotional factors (e.g.,
anticipated regret and alternative attractiveness) were moderating factors.

Our findings indicate that those rational and emotional factors are very significant in smartphone
switching intention. Specifically, based upon the empirical analysis, we discuss the role of switching
experience. Generally, if a consumer keeps using a product without switching it, this indicates that he
or she is relatively satisfied with the product. Particularly, even though a consumer has switched her
smartphones several times, if she is still using the same platform, it means that she has a high level
of loyalty toward a certain platform. Accordingly, even with the direct encouragement of peers, the
user’s decision may not be shaken. Therefore, relatively formal and indirect media influence may have
a greater impact on the intention of switching. Meanwhile, consumers with high switching experience
imply that they were dissatisfied with the platform they used. Accordingly, peer influence can be
made to form a stronger switching intention.

On the other hand, we discuss the role of confidence in decision making. Groups with high
confidence in decision making also have high confidence in their ability to process external information.
Accordingly, more formal external information may have a greater impact on the intention of the
replacement. Meanwhile, groups with low confidence in decision making will be less confident without
advice [45]. In this case, decisions are made with the help of family or friends [46]. Accordingly, peer
support can help form a stronger intention to switch.

In addition, we also discuss the role of anticipated regret as following. If perceived risk level is
high, consumers prefer to seek more direct information [47]. Specifically, consumers who perceive high
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anticipated regret trust information from simple but direct acquaintances more than from relatively
indirect information [48].

Meanwhile, groups with low anticipated regret can be more influenced by factual and objective
information provided by media than by word-of-mouth [49,50]. Therefore, media influence can affect
the intention of switching more widely than peer influence.

Finally, we discuss the role of alternative attractiveness. High alternative attractiveness implies
that the intention of switching is relatively high. In other words, consumers who perceive high
alternative attractiveness are confident in their decision making. Accordingly, more formal media
information can have a greater impact on switching intention than interpersonal information. On the
other hand, direct peer pressure has a more direct and strong influence than any other sources [51].
Accordingly, consumers are more likely to be affected by peers than media, if they perceive low
level of alternative attractiveness. As a result, in the case of high alternative attractiveness, media
influence plays an important role in shaping short-term switching intention. On the contrary, in the
case of low alternative attractiveness, peer influence plays a significant role in shaping the long-term
switching intention.

6. Implications and Limitations

This study contains several theoretical and practical implications. Although existing post-adoption
research has accepted positive constructs such as satisfaction or sustainable use, this study adopted
switching behavioral intention when trying to understand smartphone switching behavior.

To illustrate, industries have recently been reorganizing around representative brands. In other
words, when consumers choose their smartphones, their basic question is whether to choose Android
or iPhone. Therefore, this is a switching matter, and the smartphone market is the most representative
industry to look at switching behavior. Accordingly, we revealed which factors affect switching behavior.

Specifically, this study adopted social factors where switching behavior was explained by both
peer and media influences and provided rigorous moderating effects. This approach will help many
smartphone companies in fierce competition to lead to sustainable growth.

Nevertheless, this study deserves several limitations. First, it relates to the self-report method
used in collecting data from users. For further research, the study could have been strengthened if
perception-based data was complemented with objective data obtained from other sources. Second,
this study empirically tested only a limited set of constructs, which is small considering the variety of
those studied in other studies. Finally, considering switching is a complex decision-making process, it
needs to conduct a set of experiments and quasi-experiments using specially developed Android and
iOS characteristics based on experiences, complemented by in-depth research.
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