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Abstract: This paper investigates the role of FDI in international knowledge diffusion with a focus
on the evolution of the comparative advantage of FDI-host and FDI-source countries. We use data on
99 countries, which leads to 876 country pairs, over the 2001 to 2012 period. Spatial autoregressive
(SAR) models are used to investigate the impact of bilateral FDI on the similarity of the comparative
advantage between the host and source countries. Empirical results show that the effect of the bilateral
FDI on the evolution of the comparative advantage of the host and source countries is statistically
significant. Specifically, the larger the scale of bilateral FDI, the more similar the comparative
advantage between the host and source countries becomes. We also find that the impact of FDI
on international knowledge diffusion is heterogeneous across country pairs and this effect varies
across the development gap between the source and host countries. In the case of countries that
are not very different in terms of their level of economic development, bilateral FDI has a relatively
more significant effect on the similarity of the comparative advantage between countries. Moreover,
we find that the similarity of the comparative advantage is spatially correlated, and FDI linkages
between country pairs strengthen the spatial correlations.
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1. Introduction

Globalization has had a far-reaching impact on trade and living standards over the past few
decades, while foreign direct investment (FDI) flows have multiplied as well. From 1980 to 2016,
FDI outflows increased by 26 times worldwide. For developed countries, the FDI outflows in 2016
were 139 times more than they were in 1980, and the FDI inflows were 86 times more. Whereas for
developing countries, both the FDI outflows and inflows in 2016 were about 20 times more than they
were in 1980. Moreover, between 1980 and 2016, the growth rate of FDI was higher than that of trade
and gross domestic product (GDP) [1], the annual growth rate of FDI outflows reached 14%, which is
twofold the annual growth rate of exports and threefold the annual growth rate of GDP.

FDI is not only a critical driver of global sustainable economic growth, but also plays a vital role in
narrowing the economic development gap between the North and South. FDI is the largest and most
stable source of external funding for developing countries, and, more importantly, it is also a significant
source of advanced technology, which is of great importance to the structural transformation and
upgrading of developing countries. Since Hymer [2], FDI is widely regarded as a “package” that
involves a flow of capital, management, and knowledge, rather than just the international asset
transactions. Moreover, “knowledge assets” is believed to be the core advantage of multinational
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corporations [3], which provides a foundation for examining the role of FDI in international knowledge
transfer and diffusion.

FDI-related knowledge diffusion includes horizontal diffusion and vertical diffusion [4].
The former refers to the knowledge diffusion generated by multinational corporations through the
linkages with local intra-sector firms, and the latter refers to the diffusion of knowledge generated
by multinational corporations through contacts with local inter-sector firms, including upstream and
downstream firms.

Caves [5] pioneered the study of horizontal knowledge diffusion of FDI. Using the cross-sectional
data of the manufacturing industry in Canada and Australia in 1966, he found that the productivity
of local firms is positively associated with the scale of FDI, and thus he concluded that multinational
corporations may have a knowledge diffusion effect on local competitors in the host market. This
finding provides early evidence for the role of FDI in international knowledge diffusion. Since then,
a large number of follow-up studies have drawn similar conclusions [6–18]. A few also found out
that FDI has no significant or even negative impacts on the productivity of local firms due to its
“crowding-out effect” [19–25].

Meanwhile, Lall [26] found that when multinational companies operate in the host countries,
they not only have linkages with local rivals in the same sector, but also have linkages with upstream
and downstream firms in different sectors. These backward and forward linkages may become an
important channel for international knowledge diffusion of FDI. Many empirical studies have provided
evidence for vertical knowledge diffusion effects through forward and backward linkages with local
firms [23,24,27–32]. However, some studies also found that multinational companies have a negative
impact on the productivity of local firms through vertical linkages [33,34].

In most recent studies, scholars have investigated the nonlinear effects of FDI on knowledge
diffusion. Spencer [35] argued that FDI has a U-shaped effect on the productivity of local firms.
Specifically, in the short term, due to the “crowding-out effect” from fierce competition, FDI negatively
affects the productivity of local firms. In the long run, FDI will eventually lead to a positive impact
on local companies through horizontal spillovers. Based on the data of China’s manufacturing sector
over the period of 2006–2009, Li and Tanna’s [36] study provides evidence for a U-shaped effect of
FDI on local firms at both horizontal and vertical linkage levels. On the contrary, using the data of
manufacturing firms in China during 1998–2007, Xiao and Park [37] found that the effect of FDI on
local firms’ productivity exhibits an inverted U-shape instead. They argued that FDI has a positive
impact in the short-term due to knowledge diffusion effects, but with the weakening of the knowledge
diffusion over time, the “crowding-out effect” will finally dominate and make the net effect negative.

While a considerable amount of literature has produced a broad range of findings on the
knowledge diffusion effect of FDI, most studies on FDI knowledge diffusion have focused on the
perspective of host countries, and paid little attention to the impact of FDI on the relative competitive
position between the FDI-host and FDI-source countries owing to knowledge diffusion. However,
in the sustainability analysis of the impact of FDI on the convergence between the North and South,
the perspective of source countries becomes equally important as the knowledge diffusion of FDI may
weaken the competitive position of source countries. Moreover, previous studies have traditionally
intended to capture the attribute of the knowledge diffusion effect based on the analysis of local
productivity, and some recent studies have alternatively used patent applications, patent counts,
or patent citations as measures of the knowledge diffusion effect of FDI [38]. While these measures
provide an insightful assessment regarding the extent of the knowledge diffusion effect of FDI, to fully
explore the effect of FDI on international knowledge diffusion, it is essential to account for other
measures reflecting the relative competitive position between the FDI-host and FDI-source countries.
Since the international knowledge diffusion can affect the comparative advantages of both source
and host countries, this paper aims to study the role of FDI in knowledge diffusion by paying special
attention to the evolution of the comparative advantages between the host and source countries.
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Our study can provide new evidence for the role of FDI in international knowledge diffusion, and
help understand the effect of FDI on the world distribution of income.

The remainder of this paper is organized as follows. Section 2 develops the hypotheses on the
role of FDI in international knowledge diffusion from the viewpoint of the evolution of comparative
advantages. Section 3 discusses the variable measurements and estimation specifications. Section 4
implements the spatial autoregressive (SAR) model to test the hypotheses. Section 5 summarizes the
main conclusions, policy implications, and limitations.

2. Hypothesis Development

2.1. The General Effect of FDI on the Pattern of Comparative Advantage

The form of spatial diffusion of knowledge is different with the type of knowledge. Some
knowledge is explicit and thus can be transmitted in an indirect way, such as international trade of
goods and services. Some knowledge is disembodied and tacit, however, and can be transferred only
in the form of more direct contacts [39]. Since tacit knowledge plays a significant role in the economic
growth and the distribution of income, the international diffusion of tacit knowledge has long been of
central interest for scholars and policymakers.

Since Hymer [2] pointed out the significant difference between foreign indirect investment and
foreign direct investment (FDI), the role of FDI in the international diffusion of tacit knowledge has been
increasingly recognized. First of all, unlike foreign indirect investment, FDI is not only the transnational
flows of physical capital, but also the flows of knowledge, human capital, and management. Thus,
it can be a carrier of tacit knowledge diffusion between the source and host countries. Moreover,
compared with local firms in the host countries, multinational corporations have the advantage of
“knowledge assets”, which is the core advantage of multinational corporations, so they can generate
knowledge diffusion. There are two basic types of international knowledge diffusion of FDI: Horizontal
diffusion and vertical diffusion.

Horizontal knowledge diffusion of FDI occurs within the sector mainly through the demonstration
effect, workers’ mobility, and competition effect [4]. The demonstration effect suggests that local firms
can learn by imitating the operations of multinational companies in the host market. Workers’ mobility
means that when the local workers employed by multinational companies move to local firms or start
their own business, technological and managerial expertise can flow from multinational companies to
local firms. The competition effect occurs when the entry of multinational companies forces local firms
to improve their productivity through technological innovation or other measures.

Compared with horizontal diffusion, vertical diffusion of FDI mainly occurs through backward
and forward linkages [26,28]. Backward linkages refer to the linkages of multinational companies
with local upstream firms. In order to reduce the operation costs in host countries, multinational
corporations usually intend to cooperate with local suppliers of intermediate inputs, and voluntarily
provide technical guidance and training to the suppliers, such as product design, quality control,
and inventory management, thus generating knowledge diffusion through backward linkages.
Forward linkages refer to the linkages between multinational companies and local downstream
firms. Local customers of multinational companies can benefit from spillovers embodied in products
and processes. Furthermore, to promote the marketing of their products, multinational companies are
willing to provide some post-sale technological services to the local customers (downstream firms),
thus generating knowledge diffusions through forward linkages.

As FDI plays a significant role in international knowledge diffusion, the following question is
how this effect will influence a country’s trade pattern. According to the Ricardian framework of the
comparative advantage model, the pattern of trade reflects the differences in productivity between
countries. Each country exports the products in which it is relatively more productive and imports
the products in which it is relatively less productive. Ceteris paribus, if a country relatively increases
its productivity in a product, it will be more likely to become a potential exporter of that product.
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The international diffusion of knowledge can affect the differences in productivity between countries,
thus affecting the comparative advantage and trade pattern across countries. Considering the role of
FDI in international knowledge diffusion, two countries with the linkages of FDI should have similar
patterns of comparative advantage, and, therefore, will be exporting similar baskets of goods and
services. Based on this, against no effect, we propose the following hypothesis:

Hypothesis 1 (H1). Bilateral FDI affects the similarity of the comparative advantage between the host and
source countries. The larger the bilateral FDI, the more similar the comparative advantage between the host and
source countries.

2.2. The Heterogeneous Effect of FDI on the Pattern of Comparative Advantage

While a large number of studies provided evidence for the role of FDI in knowledge diffusion,
many studies also illustrated that the significance of this effect is determined by the absorptive capacity
of host countries [21,24,30,37,40], which suggests that the effect of FDI on knowledge diffusion is
heterogeneous across the country pairs. The absorptive capacity is defined as a dynamic capability
pertaining to knowledge creation and utilization that enhances a firm’s ability to gain and sustain a
competitive advantage [41]. According to the theories of absorptive capacity, regardless of whether
the knowledge diffusion of multinational companies is voluntary or not, due to the stickiness of
knowledge diffusion, the external knowledge will not be easily converted into a local firm’s internal
knowledge. The extent of knowledge diffusion depends on the absorptive capacity of host countries.

The ability of the host country to absorb FDI’s knowledge spillovers is determined by several
factors. The first is the technological gap between the source and host countries. The existence of the
technological gap is a prerequisite for knowledge diffusion, but the technological gap can also become
an obstacle to knowledge absorption [10]. The greater the technological gap between the source and
host countries, the more difficult it is for the host countries to absorb the knowledge spillovers of
FDI [42]. Another factor is the accumulation of human capital in the host countries. Teece [43] found
that even if the technological gap between the source and host countries is large, as long as human
capital flourishes in the host countries, FDI can be still helpful for the technological progress of local
firms. Moreover, previous research also found out that there is a human capital “threshold effect”
in the knowledge diffusion of FDI: The host countries can only benefit from the knowledge diffusion
of FDI when the accumulation of human capital reaches a certain level [9,44]. Moreover, the absorptive
capacity is also associated with market maturity of the host countries. To maintain their market
share in the host countries, the multinational corporations will usually use their monopoly power to
prevent the local firms from absorbing the knowledge spillovers of FDI. The extent of the dominance of
multinational corporations depends on the market maturity of the host countries. The better the host
country’s market mechanism performs, the less likely the multinational corporations are to monopolize
the host countries’ market. Therefore, the market maturity of the host countries will affect whether
local firms can benefit from the multinational corporations [45]. The last factor is the difference in social
background between the source and host countries. Some knowledge is usually rooted in the social
context in which they emerged, such as the legal system, education system, cultural background, and
labor market rules. It is usually not easy for the host countries to absorb FDI’s knowledge spillovers
unless they have a similar social background with the source countries [46].

Since knowledge diffusion of FDI depends on the absorptive capacity of the host countries,
the effects of FDI on the similarity of comparative advantages can vary across the country pairs with
different development gaps. For a long time, in the “South-North” FDI flows, the source of FDI
was mainly the developed countries [1], hence the technological gap and social background between
the host and source countries were relatively large. On the other hand, most developing countries
have limited accumulation of human capital and often experience a significant loss of human capital.
In addition, developing countries are usually less marketized and their markets are more likely to be
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monopolized by multinational corporations. Therefore, if FDI occurs between “South-North” countries,
the knowledge diffusion effect of FDI will be relatively weak, and the effects of bilateral FDI on the
similarity of the comparative advantage will be less significant. However, if FDI occurs between
“South-South” countries, two parties are more likely to have a smaller technological gap and exhibit a
similar social context. Moreover, the narrower the technological gap between two parties, the lower
the requirements for the accumulation of human capital and market maturity. Therefore, the effects of
bilateral FDI on the similarity of comparative advantages between the “South-South” countries will be
more significant. Finally, if FDI occurs between the “North-North” countries, the technological gap and
social background difference between the host and source countries are relatively small. On the other
hand, the accumulation of human capital and market maturity in both parties is relatively high. Thus,
we would expect that the knowledge diffusion effect of FDI to be more significant in the “North-North”
country pairs. Based on the above discussion, we propose the following theoretical hypothesis:

Hypothesis 2 (H2). The effects of FDI on the similarity of comparative advantages are heterogeneous across the
country pairs. The “North-North” and “South-South” FDI have more significant effects on the similarity of
comparative advantages between the host and source countries than “South-North” FDI.

2.3. FDI and the Spatial Correlation of the Pattern of Comparative Advantage

Spatial correlation is frequently considered in the fields that observations from nearby locations
often share more common attributes than would be expected on a random basis, and it is also often
highlighted in the relevant research on the regional economics [47]. It is essential to investigate the
spatial correlation of comparative advantage, because if the pattern of comparative advantage does
not spill over, the FDI location in one country may endanger the comparative position of adjacent
areas, which may discourage regional corporations in attracting foreign capital inflows.

The pattern of comparative advantage can be spatially correlated between nearby countries for at
least three reasons. First, adjacent areas are more likely to have similar resource endowments, and then
develop a similar pattern of comparative advantage. Second, the economic policies of neighbors
can influence the relative competitive position, so if neighboring countries alter their policies, other
countries may feel competitive pressure to implement similar policies [48,49], which also can lead
to a similar pattern of comparative advantage between neighboring countries. Finally, neighboring
countries can more easily share knowledge. Due to relatively low mobility costs, adjacent areas are
more likely to incur bilateral flows of goods and production factors, thereby having a higher spatial
correlation of comparative advantage. Some studies have found that the diffusion of knowledge tends
to decay with geographical distance, where they measured the knowledge diffusion by using patent
citations [50], research and development (R&D) output [51,52], or total factor productivity [53]. In a
recent study, Bahar et al. [54] investigated the impacts of geographical distance on knowledge diffusion
by examining the evolution of comparative advantage, and found that neighboring countries share
more knowledge, and have a higher similarity of comparative advantages.

Concerning the above spatial correlation, we expect that the similarity of comparative advantages
between a country pair should be correlated to that of another country pair, and the spatial correlation
between country pairs should be negatively associated with the average geographic distance between
country pairs. In addition, since FDI is an essential channel for international knowledge diffusion,
we expect that the spatial correlation of the comparative advantage similarity will be influenced by
FDI linkages between country pairs. In particular, the spatial correlation of the comparative advantage
similarity should be more significant for country pairs with FDI linkages. Therefore, we propose the
following hypothesis:
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Hypothesis 3 (H3). The FDI linkages between the country pairs can strengthen the spatial correlation of the
similarity of comparative advantages. In other words, the country pairs with FDI linkages have more significant
spatial correlations in the similarity of comparative advantages.

3. Estimation Specifications

3.1. Measurement of the Similarity of Comparative Advantages

Following Bahar et al.’s [54] study, we used the revealed comparative advantage (RCA) to measure
the comparative advantage, and also employed the correlation coefficient of comparative advantage
between two countries to measure their similarity of comparative advantage. That is:

RCAc,p =
Xc,p/ ∑p Xc,p

∑c Xc,p/ ∑c ∑p Xc,p
, (1)

where RCAc,p is the revealed comparative advantage of country c in product p, and Xc,p denotes the
export of country c in product p.

Sc,c′ =
∑p
(
rc,p − rc

)
∑p

(
rc′ ,p − rc′

)
√

∑p
(
rc,p − rc

)2
(

rc′ ,p − rc′
)2

, (2)

where Sc,c′ is the similarity of comparative advantages between two countries, c and c′,
and rc,p = ln(RCAc,p). rc is the average of rc,p over all products in country c. The reason for choosing
the log form is to prevent the correlation from being affected by the few products with a very high RCA.

The data used to calculate the similarity of comparative advantage was sourced from the
World Integrated Trade Solution (WITS) database of the United Nations Conference on Trade and
Development (UNCTAD). WITS data includes information on the revealed comparative advantage of
30 product categories, which include Animal, Vegetable, Food Products, Minerals, Fuels, Chemicals,
Plastic or rubber, Food Products, Hides and skins, Wood, Textiles and Clothing, Footwear, Stone
and glass, Metals, Mach and Elec, Transportation, Miscellaneous, Agricultural Raw materials,
Chemicals, Food, Fuel, Manufactures, Ores and metals, Textiles, Machinery and Transport Equipment,
Raw materials, Intermediate goods, Consumer goods, Capital goods, Chemical.

3.2. Specification of the Econometric Model

To account for the spatial correlations between the country pairs, we used the spatial
autoregressive (SAR) model to analyze the effects of FDI on international knowledge diffusion.
The SAR model is widely applied to cases where outcomes of a spatial unit at one location depend on
those of its neighbors. The estimation model for testing the hypothesis, H1 and H3, is as follows:

Sc,c′ ,t = α + βFDIc,c′ ,t + ρ(W × Sq,q′,t) + λDistancec,c′ + φ1Borderc,c′ + φ2Languagec,c′

+φ3Colonizerc,c′ + γ1DGDPPPCc,c′ ,t + γ2DPOPc,c′ ,t + γ3DPCPWc,c′ ,t

+γ4DHCPWc,c′ ,t + γ5DLPWc,c′ ,t + εc,c′ ,t

(3)

where the dependent variable, Sc,c′ ,t, is the similarity of comparative advantages between two
countries, c and c′, in period t, which is in its logarithmic form. ε is the error term following
log-normal distribution.

FDIc,c′ ,t represents the sum of bilateral FDI between country c and c′ at time t, which is also in
its logarithmic form. We investigated the effects of FDI flow and stock, respectively. If the coefficient,
β, is positive, then the data support hypothesis H1. The data on bilateral FDI were sourced from the
UNCTAD database.
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Sq,q′,t is the similarity of the comparative advantage of any other country pairs at time t. W is the
weight matrix that accounts for the spatial relationships (dependencies) among the spatial data. ρ is
the spatial autoregression (autocorrelation) parameter. ρ(W × Sq,q′,t) is the spatial autocorrelation term
that models the strength of the spatial dependencies among the elements of the dependent variable.
Based on the information of the geographical distance, we constructed two spatial weight matrices:
W1 and W2. We let W2 contain information on FDI linkages between country pairs, which was used to
test the hypothesis, H3.

Distancec,c′ represents the logarithmic transformation of the geographical distance between the
biggest city (measured in population) of two countries, c and c′. The data on the geographical distance
was derived from the Center for Research and Expertise on the World Economy (CEPII) database.
According to the study by Bahar et al. [54], the similarity of comparative advantages will decay with
geographical distance between countries.

We constructed three dummy variables to control the geographical and cultural commonality
between countries. Specifically, Borderc,c′ is a dummy variable indicating whether country c and c′

share a border. If two countries are contiguous, it takes the value of 1, or 0 otherwise. Languagec,c′ is
also a dummy variable. It equals one if country c and c′ have the same official language. Colonizerc,c′

measures whether country c and c′ have a colony–colonizer relationship in history after 1945. If they
do, then it takes the value of one, otherwise zero. We expect that the existence of commonalities should
be positively associated with the similarity of the comparative advantage between two countries.
The data on the above three dummy variables was compiled from the CEPII database.

DGDPPCc,c′ ,t represents the absolute value of differential in the logarithmic values of the real GDP
per capita between two countries in period t. It was used to measure the gap of economic development
between two countries. According to the trade theory of preference similarity [55], countries with a
similar income level have a similar trade pattern. Therefore, the gap of the development level should
be negatively associated with the similarity of the comparative advantage. The data in real GDP per
capita (2010 constant dollars) were from the World Bank database.

DPOPc,c′ ,t is the absolute value of differential in the logarithmic values of the population between
two countries, c and c′, in period t, which was used to measure the similarity of the market size
between the two countries. According to the new trade theory, market size is also an important
determinant for the pattern of comparative advantage. The closeness of the market size is expected to
be positively associated with the similarity of the comparative advantage. The data on the population
was derived from the World Bank database.

DPCPWc,c′ ,t represents the absolute value of differential in the capital-labor ratio, which takes the
logarithmic form between c and c′ in period t. DHCPWc,c′ ,t is the absolute value of the differential in
the average education level in the logarithmic form between two countries in period t. DLPWc,c′ ,t is
the absolute value of differential in the land-labor ratio in the logarithmic form between countries c
and c′ in period t. These three variables were used to control the differentials in resource endowments
between two countries. According to the neoclassical trade theory, the lower the difference in resource
endowments, the higher the similarity of the comparative advantage.

In order to test to whether FDI’s knowledge diffusion effect is heterogeneous across country pairs,
which is the hypothesis H2, we introduced an interaction term between FDI and a dummy variable,
B

c,c′ × FDIc,c′ ,t, into the model, where B
c,c′ indicates whether a country pair has a similar development

level. If both countries, c and c′, are developed countries or developing countries, then B
c,c′ = 1,

otherwise B
c,c′ = 0. That is:

Sc,c′ ,t = α + β(B
c,c′ × FDIc,c′ ,t) + ρ(W× Sq,q′,t) + λDistancec,c′ + φ1Borderc,c′ + φ2Languagec,c′

+φ3Colonizerc,c′ + γ1DGDPPCc,c′ ,t + γ2DPOPc,c′ ,t + γ3DPCPWc,c′ ,t + γ4DHCPWc,c′ ,t

+γ5DLPWc,c′ ,t + εc,c′ ,t

(4)
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where if the parameter of the interaction term, β, is significantly positive, then the bilateral FDI are more
likely to have a positive effect on the similarity of comparative advantages between two countries with
a similar development level. In other words, two countries with a similar development level absorb
each other’s FDI knowledge spillovers more easily. The identification of developed and developing
countries follows the standard of the International Monetary Fund (IMF), where 39 countries are
classified as developed countries.

3.3. Spatial Weight Matrix

Since the sample is an unbalanced panel data, we constructed 12 small spatial sub-matrices for 12
periods of 2001–2012, and then combined 12 small sub-matrices into an aggregated diagonal matrix.
wijt is an item of a sub-matrix for period t, where i represents the country pair of c and c′, and j denotes
the country pair of q and q′, then:

wijt =
1

average(dc,q + dc,q′ + dc′ ,q + dc′,q′)
(5)

where, dc,q′ denotes the geographical distance between c and q, dc,q′ is the geographical distance
between q and q′, etc. For example, if c and c′ denote Algeria and France, respectively, and q denotes
the United States, then dc,c = 0, dc,q = 6471.879, dc′,q = 1340.39, and dc′ ,q = 5838.157. Moreover,
if i denotes the country pair of Algeria and France, and j denotes the country pair of Algeria and
the United States, then according to Equation (5), wijt = 0.00028. Unlike the neighborhood matrix
formation, which only considers whether two countries are adjacent, the spatial weight matrix in this
paper contains more geographical information. Based on the discussion above, the spatial weight
sub-matrix for period t, Wt, is constructed as follows:

Wt =

 0 · · · wn1t
...

. . .
...

w1nt · · · 0

, (6)

where the geographical distance between the country pair i and itself is zero. Using 12 small sub-matrices
for 12 periods from 2001 to 2012, we then aggregated them into a final diagonal matrix, W, as follows:

W =

 W2001 · · · O
...

. . .
...

O · · · W2012

, (7)

where the elements along the diagonal line are composed of 12 small sub-matrices, and the
off-diagonal is filled by sub-matrices containing only zeroes. The elements of the spatial matrix,
W, were standardized.

In order to test the hypothesis, H3, based on matrix (7), we needed to set up another spatial
matrix that incorporated the bilateral FDI information between country pairs. If any country in the
country pair, i, is also in the country pair, j, we used formula (5) to calculate the spatial weight between
the country pair, i and j. However, if none of the countries in the pair, i, are included in the pair, j,
the spatial weight between the country pair, i and j, is set to zero. For example, for the country pair of
China-US vs China-Japan, we used the geographical distance between China and the United States,
Japan and China, and Japan and the United States to calculate the spatial weight between the two
country pairs. For the country pair of China-US vs. Japan-Korea, the spatial weight between the two
country pairs was set to zero. This spatial matrix contains the information on bilateral FDI linkages,
which can be used to investigate the spatial spillover effects of FDI’s knowledge diffusion.

We defined W1 as the spatial matrix without considering bilateral FDI linkages, and W2 as the
spatial matrix incorporating information on bilateral FDI between country pairs. Figure 1 is the image
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of the matrix, W1 and W2, simulated using Matlab, where both W1 and W2 are a diagonal matrix of
5282 × 5282. The number of observations in 2001 was the smallest, which contained 309 observations,
while the sample size in 2007 being the biggest, which was composed of 546 observations.
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We implemented Moran’s I index to test the spatial autocorrelation against the null hypothesis that
the data is randomly distributed. Results are presented in Table 1, which reject the null hypothesis at
the 1% level of significance, suggesting that the dependent variable is spatially correlated in the sample.

Table 1. The results of the Moran test.

W1
Moran I 0.0440 ***

Moran I-statistic 0.0237 ***

W2
Moran I 0.1990 ***

Moran I-statistic 0.1280 ***

Notes: *** denotes the significance level of 1%.

3.4. Data and Descriptive Statistics

Mainly due to the data limitation of bilateral FDI (stock and flow), the data set used in our study
consists of 99 countries and 876 country pairs over the period of 2001–2012. It includes 36 developed
countries and 446 country pairs with similar economic development levels.

The descriptive statistics are presented in Table 2. As can be seen, the correlations between most
of the independent variables are low. The mean for all variables is positive and falls within the interval
[0, 2]. Specifically, the mean of comparative advantage similarity is 0.17, which implies that for most
countries, their comparative advantages are positively correlated with each other. In addition, the
standard deviation of all variables is small, which is helpful to exclude the impacts of outliers.

For the similarity of the comparative advantage, the minimum value is -0.81, which takes place
between Algeria and the United States, and the maximum is 0.91 (between Austria and Slovenia).
The country pair with the largest FDI flows was Luxembourg and the United States in 2011, and the
smallest flow comes from Czech and Lithuania in 2008. The country pair with the largest FDI stock
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was the United Kingdom and the United States (2012), and the one with the smallest was Estonia and
Turkey (2006). There are 68 country pairs sharing a common border, and 48 country pairs having the
colony–colonizer relationship and 105 pairs of countries using the common official language.

Table 2. Coefficients of correlation and descriptive statistics.

S FDI-Stock FDI-Flows Distcance Border Colonizer Language DGDPPC DPOP DPCPW DHCPW DLPW

S 1 0.25 *** 0.22 *** −0.32 *** 0.30 *** 0.08 *** 0.10 *** −0.33 *** 0.025 * −0.30 *** −0.26 *** −0.04 ***
FDI-stock 1 0.56 *** −0.10 *** 0.18 *** 0.16 *** 0.19 *** −0.20 *** −0.06 *** −0.22 *** −0.11 *** −0.06 ***
FDI-flows 1 −0.12 *** 0.17 *** 0.15 *** 0.17 *** −0.19 *** −0.04 *** −0.21 *** −0.11 *** −0.07 ***
Distance 1 −0.45 *** −0.05 *** −0.01 0.23 *** 0.14 *** 0.24 *** 0.24 *** 0.16 ***
Border 1 0.20 *** 0.20 *** −0.18 *** −0.05 *** −0.16 *** −0.11 *** −0.02

Colonizer 1 0.38 *** 0.02 * −0.01 *** 0.03 *** 0.15 *** −0.06 ***
Language 1 −0.01 0.03 *** 0.01 0.16 *** 0.04 ***
DGDPPC 1 −0.04 *** 0.95 *** 0.55 *** 0.01

DPOP 1 −0.06 *** −0.06 *** 0.40 ***
DPCPW 1 0.55 *** −0.02 *
DHCPW 1 0.00
DLPW 1

Observations 5282 5282 5282 5282 5282 5282 5282 5282 5282 5282 5282 5282
Mean 0.17 20.84 18.77 7.83 0.10 0.06 0.11 1.09 1.83 1.02 0.17 4.53
S.D. 0.01 0.04 0.03 0.02 0. 0 0 0.01 0.02 0.01 0.01 0.05

Minimum −0.81 12.35 9.23 4.39 0 0 0 0.00002 0.0004 0.0004 0.00003 0.0011
Maximum 0.91 27.34 26.03 9.88 1 1 1 4.63 7.93 5.09 1.90 17.94

Notes: *** denotes the significance level of 1%, ** denotes the significance level of 5%, and * denotes the significance
level of 10%.

4. Estimation Results

4.1. The General Effect of FDI on the Pattern of Comparative Advantage

In this part, based on the econometric model (I), this paper performed SAR regression to test the
hypotheses H1 and H3. We also provide the OLS estimation results to compare with the results from
the SAR regression. The FDI stock and flow were used as the explanatory variable, respectively.

Table 3 presents the regression results using the FDI stock as the explanatory variable. Column (1)
shows the OLS regression results without incorporating the spatial autoregression term, while column
(2) and (3) are the SAR regression results from including the spatial autoregression term. As shown
in the OLS regression results, the coefficient of FDI stock is significantly positive at the level of 1%,
and a 1% increase in the stock of bilateral FDI will improve the similarity of the trade pattern by 2%.
This result supports the theoretical hypothesis, H1, that is, bilateral FDI will affect the pattern of the
comparative advantage of the host and source countries, and the larger the bilateral FDI, the more
similar the comparative advantages.

All control variables significantly affect the similarity of comparative advantage except for
Colonizer (colonial relationship) and DLWP (land endowment). The coefficient of Distance (geographical
distance) is negative, which is in line with the theoretical expectation that the international knowledge
diffusion of FDI decays with geographical distance. For another geographical variable, Border,
its coefficient is significantly positive, implying that two countries sharing a border are more likely to
have the similar pattern of comparative advantage. The coefficient of the dummy variable, language,
is positive, which confirms the prediction that speaking a common language can improve international
knowledge diffusion. The gap of economic development, DGDPPC, has a negative impact on the
similarity of trade pattern, which is consistent with the theoretical prediction. The differences in
the market size and physical capital are positively associated with the similarity of the comparative
advantages, which deviates from the theoretical expectation. As expected, the impact of the human
capital differential on the similarity of the comparative advantage is significantly negative.

Column (2) of Table 3 shows the regression results of the SAR model using the spatial weight
matrix, W1. As can be seen, after including the spatial autoregression term in the regression,
the coefficient of the FDI stock is still significantly positive at the level of 1%, but it becomes smaller
than the result from OLS regression. For the control variables, their signs and significance levels are
quite similar to the results from OLS regression. The coefficient of the spatial autoregression term is
positive and significant at the level of 1%. This result confirms that the similarity of the comparative
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advantage is spatially correlated between country pairs, and this correlation decays with the average
geographical distance between country pairs. Specifically, one unit of increase in the similarity of the
trade pattern between other countries will cause the similarity of the observed country pair to increase
by 0.463.

Table 3. The estimation results in the case of using the FDI stock as the explanatory variable.

Variable
(1) (2) (3)

OLS SAR (W1) SAR (W2)

Constant 0.2683 ***
(5.509)

0.1147 *
(1.859)

0.0066
(0.142)

FDI−stock 0.0202 ***
(12.119)

0.0197 ***
(11.814)

0.0166 ***
(10.412)

Distance −0.0593 ***
(−13.604)

−0.0506 ***
(−10.452)

−0.0347 ***
(−8.314)

Border 0.1487 ***
(9.065)

0.1547 ***
(9.4186)

0.1580 ***
(10.059)

Colonizer 0.0299
(1.586)

0.0290
(0.0290)

0.0335 *
(1.859)

Language 0.0508 ***
(3.453)

0.0524 ***
(3.569)

0.0372 **
(2.643)

DGDPPC −0.1413 ***
(−9.206)

−0.1431 ***
(−9.3460)

−0.1364 ***
(−9.282)

DPOP 0.0151 ***
(4.638)

0.0150 ***
(4.616)

0.0120 ***
(3.831)

DPCPW 0.0841 ***
(5.192)

0.0859 ***
(5.315)

0.0774 ***
(4.992)

DHCPW −0.1852 ***
(−7.076)

−0.1790 ***
(−6.843)

−0.1531 ***
(−6.111)

DLPW −0.0014
(−1.123)

−0.0012
(−0.924)

−0.0003
(−0.284)

W × S 0.4630 ***
(4.043)

0.6580 ***
(191.588)

Observations 5282 5282 5282
Adj.R2 0.2313 0.2320 0.2254

Notes: *** denotes the significance level of 1%, ** denotes the significance level of 5%, and * denotes the significance
level of 10%. Standard errors are reported in parentheses.

The regression results of the SAR model using the spatial weight matrix, W2, are reported in
column (3). The coefficient of the FDI stock continues to be positive and significant at the level of
1%, which further supports the impact of FDI on the pattern of the comparative advantage. For the
control variables, the estimation results are very similar to the case of the OLS regression and the
SAR regression using the spatial weight matrix, W1. The coefficient of the spatial autoregression term
is significantly positive at the level of 1%. Specifically, it is 0.658, which is greater than the value of
0.463 as in the case of estimation using the spatial weight matrix, W1. Thus, the result confirms the
theoretical hypothesis, H3, that the FDI linkages between country pairs will strengthen the spatial
correlation of the similarity of comparative advantages.

Table 4 reports the estimation results using the FDI flow as the explanatory variable. Similar to
Table 3, we provide the estimation outcomes from OLS, SAR (W1), and SAR (W2). Across the three
models, the coefficient of FDI flow is positive and significant at the 1% level, which again supports
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the hypothesis, H1. The coefficient of the spatial autoregression term in both SAR (W1) and SAR
(W2) models is significantly positive, which strongly indicates that the similarity of the comparative
advantage is spatially correlated between country pairs. Moreover, the coefficient of the spatial
auto-regression term in SAR (W2) is still larger than the case of the SAR (W1), which further confirms
the hypothesis, H3. The signs and significance levels of other control variables are largely consistent
from the results in Table 3. The main change is that the colonial relationship is no longer significant in
the case of using the FDI flow as the explanatory variable.

Table 4. The estimation results in the case of using FDI flow as the explanatory variable.

Variable
(1) (2) (3)

OLS SAR (W1) SAR (W2)

Constant 0.3741 ***
(7.747)

0.2130 ***
(4.431)

0.0988 **
(2.140)

FDI−flows 0.0163 ***
(9.312)

0.0158 ***
(9.041)

0.0131 ***
(7.807)

Distance −0.0574 ***
(−3.113)

−0.0485 ***
(−11.106)

−0.0331 ***
(−7.896)

Border 0.1576 ***
(9.579)

0.1638 ***
(9.980)

0.1656 ***
(10.524)

Colonizer 0.0330 *
(1.742)

0.0322 *
(1.703)

0.0364 **
(2.011)

Language 0.0594 ***
(4.0231)

0.0609 ***
(4.1390)

0.0445 ***
(3.156)

DGDPPC −0.1385 ***
(−8.972)

−0.1404 ***
(−9.125)

−0.1339 ***
(−9.075)

DPOP 0.0140 ***
(4.259)

0.0139 ***
(4.243)

0.0110 ***
(3.501)

DPCPW 0.0775 ***
(4.764)

0.0795 ***
(4.897)

0.0717 ***
(4.605)

DHCPW −0.1879 ***
(−7.140)

−0.1813 ***
(−6.910)

−0.1553 ***
(−6.172)

DLPW −0.0015
(−1.155)

−0.0012
(−0.953)

−0.0004
(−0.323)

W × S 0.4830 ***
(52.665)

0.6610 ***
(193.053)

Observations 5282 5282 5282
Adj.R2 0.2227 0.2235 0.2170

Notes: *** denotes the significance level of 1%, ** denotes the significance level of 5%, and * denotes the significance
level of 10%. Standard errors are reported in parentheses.

4.2. The Heterogeneous Effect of FDI on the Pattern of Comparative Advantage

We employed the econometric model (II) to test the hypothesis, H2, regarding whether the
impact of FDI on international knowledge diffusion is heterogeneous across country pairs due to the
absorptive capability. We still used the FDI stock and flow as the explanatory variable, respectively.
The SAR estimation results are shown in Table 5, and SAR(W1) and SAR(W2) were again used to
represent two cases of spatial matrix.

Across the four SAR models, the coefficients of the interaction term of FDI and the dummy variable
are all positive and significant at the 1% level, implying that compared with “North-South” FDI,
“North-North” and “South-South” FDI are more likely to influence the similarity of the comparative
advantage. This result is highly consistent with the hypothesis, H2. We also find that the coefficient of
the interaction term of FDI in SAR (W2) is consistently lower than the result in the case of SAR (W1).

The empirical results in Table 5 suggest that the heterogeneity of FDI’s effect on the similarity
of country pairs is highly robust. In addition, as shown in Table 5, the coefficient of the spatial
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autoregression term is significantly positive at the 1% level across all regressions, and it is consistently
higher in the case of using W2 as the spatial weight, which further supports the hypothesis, H3.

Table 5. The heterogeneous effect of FDI on the pattern of the comparative advantage.

Variable

FDI stock FDI flow

(1) (2) (3) (4)

SAR (W1) SAR (W2) SAR (W1) SAR (W2)

Constant 0.3805 ***
(10.121)

0.2537 ***
(7.021)

0.3818 ***
(10.137)

0.2542 ***
(7.020)

B × FDI−stock 0.0040 ***
(7.632)

0.0032 ***
(6.308)

B × FDI−flow 0.0044 ***
(7.451)

0.0034 ***
(6.118)

Distance −0.0417 ***
(−9.374)

−0.0283 ***
(−6.625)

−0.0417 ***
(−9.342)

−0.0282 ***
(−6.586)

Border 0.1789 ***
(10.911)

0.1776 ***
(11.298)

0.1795 ***
(10.945)

0.1781 ***
(11.327)

Colonizer 0.0594 ***
(3.138)

0.0586 ***
(3.232)

0.0583 ***
(3.083)

0.0578 ***
(3.184)

Language 0.0609 ***
(4.116)

0.0449 ***
(3.169)

0.0613 ***
(4.147)

0.0453 ***
(3.194)

DGDPPC −0.1044 ***
(−6.570)

−0.1050 ***
(−6.890)

−0.1053 ***
(−6.626)

−0.1058 ***
(−6.946)

DPOP 0.0115 ***
(3.488)

0.0090 ***
(2.865)

0.0114 ***
(3.459)

0.0090 ***
(2.841)

DPCPW 0.0698 ***
(4.313)

0.0633 ***
(4.077)

0.0697 ***
(4.304)

0.0631 ***
(4.067)

DHCPW −0.2151 ***
(−8.103)

−0.1826 ***
(−7.176)

−0.2141 ***
(−8.065)

−0.1815 ***
(−7.135)

DLPW −0.0018
(−1.394)

−0.0009
(−0.720)

−0.0018
(−1.380)

−0.0009
(−0.705)

W × S 0.5280 ***
(59.179)

0.6640 ***
(195.257)

0.5290 ***
(56.414)

0.6670 ***
(194.142)

Observations 5282 5282 5282 5282
Adj.R2 0.2180 0.2117 0.2176 0.2183

Notes: *** denotes the significance level of 1%. Standard errors are reported in parentheses.

5. Discussion and Limitations

The impact of FDI on cross-border knowledge diffusion has long been the subject of intense
debate among researchers. Most studies on FDI knowledge diffusion have adopted the perspective of
host countries in an attempt to investigate how inward FDI sustains the growth of host economies,
and paid little attention to the impact of FDI on the relative competitive position between the host
and source countries. Unlike the existing literature, while examining the FDI knowledge diffusion,
this paper focuses on the impact of FDI on the relative competitive position between the FDI-host
and FDI-source countries by paying special attention to the evolution of the comparative advantage
of both the source and host countries. Using a sample consisting of 99 countries, 876 country pairs,
and 5282 observations during the period of 2001–2012, we implemented the spatial autoregressive
model to estimate the impacts of bilateral FDI on the similarity of the comparative advantage between
the host and source countries.

The empirical results show that the bilateral FDI is associated with the similarity of the
comparative advantage between the source and host countries; specifically, the larger the bilateral
FDI, the more similar the comparative advantages between any two countries will be. This result not
only confirms the favorable role of FDI in global knowledge transfer and diffusion that is emphasized
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by a large number of previous studies since Caves [5], but also suggests that FDI has an impact on
the relative competitive position of the host and source countries; in particular, it can promote the
convergence of the competitive position of the host and source countries.

Moreover, we find that the impact of bilateral FDI on international knowledge diffusion is
heterogeneous across country pairs, and varies according to the development gap between the source
and host countries. In particular, “North-North” and “South-South” FDI has a more significant impact
on the similarity of the comparative advantages of country pairs than “South-North” FDI. This result
supports the prediction that the significance of the knowledge transfer of FDI is associated with
the absorptive capability of host countries, which has also been highlighted in previous relevant
literature [21,24,30,37,40]. Furthermore, we find that the similarity of the comparative advantage is
spatially correlated between country pairs and this correlation decays with the geographical distance
between country pairs. This empirical result is in line with the previous finding that there is a
spatial spillover effect of knowledge, and neighboring countries share more knowledge [54]. Finally,
we find that FDI linkages between country pairs can strengthen the spatial correlations of comparative
advantage similarity. In other words, the country pairs with FDI linkages have more significant spatial
correlations in the similarity of comparative advantages. This result further confirms the favorable
effect of FDI flows on international knowledge diffusion.

Our study provides some compelling implications for policymakers. First, FDI can indeed help
the host countries to develop their comparative advantage in modern industries and promote the
transformation and upgrading of economic structure. This implies that to achieve sustainable economic
growth, developing countries are expected to take further steps to liberalize their domestic markets,
and correspondingly attract more foreign capital inflows. Second, FDI can reduce the level of income
inequality across country groups, especially by narrowing the income gap between the developed
and developing countries. Therefore, in order to promote the convergence of income per capita
across countries, policies need to be designed to encourage global FDI flows between developing and
developed countries. Furthermore, considering the spatial correlations of FDI’s knowledge diffusion,
developing countries should promote more in-depth regional cooperation and create a sound business
environment for FDI flows within the adjacent regions. Finally, against the background of the surge of
anti-globalization in some developed countries, developing countries can benefit in strengthening the
“South-South” FDI to tackle the problem of trade protectionism.

We close our discussion by addressing the following caveats and limitations, which can be
extended in further research. First, the measurement of competitive advantage in our study does not
capture trade with processing goods, because “what countries export may be very different from what
they actually contribute to the production process” [56]. It will be interesting if future studies could
distinguish general trade from processing trade when measuring the competitive advantage. Next,
due to the data limitation, we do not distinguish horizontal FDI from vertical FDI; given the difference
between horizontal and vertical knowledge diffusion, it would be very valuable if further research
could investigate the respective impacts of the two types of FDI on the similarity of the comparative
advantage between the source and host countries. Finally, because of the empirical strategy, we did not
examine the impact of FDI on the dynamics of export similarity. Future studies could use a dynamic
analysis to study how FID makes the host countries add a particular product to their export basket or
improve their comparative advantage in a particular product.
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18. Šipikal, M.; Buček, M. The Role of FDI in Regional Innovation and Its Influence on the Emergence of

Knowledge Spillover Effects. In Knowledge Spillovers in Regional Innovation Systems. Advances in Spatial Science
(The Regional Science Series); Stejskal, J., Hajek, P., Hudec, O., Eds.; Springer: Cham, Switzerland, 2018.

19. Aitken, B.; Harrison, A.; Lipsey, R. Wages and Foreign ownership: A comparative Study of Mexico, Venezuela,
and the United States. J. Int. Econ. 1996, 40, 345–371. [CrossRef]

20. Tsou, M.W.; Liu, J.T. The Spillover Effect from Foreign Direct Investment: Empirical Evidence from Taiwan
Manufacturing Industries. Taiwan Econ. Rev. 1997, 25, 155–188.

21. Dimelis, S.; Louri, H. Foreign Ownership and Production Efficiency: A Quantile Regression Analysis.
Oxf. Econ. Pap. 2002, 54, 449–469. [CrossRef]

22. Damijan, J.P.; Knell, M.; Majcen, B.; Rojec, M. The Role of FDI, R&D Accumulation and Trade in Transferring
Technology to Transition Countries: Evidence from Firm Panel Data for Eight Transition Countries. Econ. Syst.
2003, 27, 189–204.

23. Javorcik, B.S. Does Foreign Direct Investment Increase the Productivity of Domestic Firms in Search of
Spillovers through Backward Linkages? Am. Econ. Rev. 2004, 94, 605–627. [CrossRef]

24. Dries, L.; Swinnen, J.F.M. Foreign Direct Investment, Vertical Integration, and Local Suppliers: Evidence
from the Polish Dairy Sector. World Dev. 2004, 32, 1525–1544. [CrossRef]

25. Buckley, P.J.; Clegg, J.; Wang, C. Is the Relationship between Inward FDI and Spillover Effects Linear?
An Empirical Examination of the Case of China. J. Int. Bus. Stud. 2007, 38, 447–459. [CrossRef]

http://dx.doi.org/10.1016/S0022-1996(84)80001-X
http://dx.doi.org/10.1111/1467-6419.00056
http://dx.doi.org/10.2307/2553765
http://dx.doi.org/10.2307/134570
http://dx.doi.org/10.1016/0305-750X(94)00131-H
http://dx.doi.org/10.1111/1467-9361.00007
http://dx.doi.org/10.1016/S0022-1996(97)00033-0
http://dx.doi.org/10.1080/00220389908422611
http://dx.doi.org/10.1057/palgrave.jibs.8490914
http://dx.doi.org/10.1080/1463137042000309584
http://dx.doi.org/10.1016/j.ibusrev.2015.12.004
http://dx.doi.org/10.1016/j.jinteco.2017.01.006
http://dx.doi.org/10.1016/0022-1996(95)01410-1
http://dx.doi.org/10.1093/oep/54.3.449
http://dx.doi.org/10.1257/0002828041464605
http://dx.doi.org/10.1016/j.worlddev.2004.05.004
http://dx.doi.org/10.1057/palgrave.jibs.8400274


Sustainability 2019, 11, 581 16 of 17

26. Lall, S. Vertical Inter-firm Linkages in LDCs: An Empirical Study. Oxf. Bull. Econ. Stat. 1980, 42, 203–226.
[CrossRef]

27. MacDuffe, J.; Helper, S. Creating Lean Suppliers: Diffusing Lean Production through the Supply Chain.
Calif. Manag. Rev. 1997, 39, 118–152. [CrossRef]

28. Lin, P.; Liu, Z.; Zhang, Y. Do Chinese Domestic Firms Benefit from FDI Inflow? Evidence of Horizontal and
Vertical Spillovers. China Econ. Rev. 2009, 20, 677–691. [CrossRef]

29. Girma, S.; Görg, H.; Pisu, M. Exporting, Linkages and Productivity Spillovers from Foreign Direct Investment.
Can. J. Econ. 2010, 41, 320–340. [CrossRef]

30. Perri, A.; Andersson, U.; Nell, P.C. Balancing the Trade-off Between Learning Prospects and Spillover Risks:
MNC Subsidiaries’ Vertical Linkage Patterns in Developed Countries. J. World Bus. 2013, 48, 503–514.
[CrossRef]

31. Newman, C.; Rand, J.; Talbot, T.; Tarp, F. Technology Transfers, Foreign Investment and Productivity
Spillovers. Eur. Econ. Rev. 2015, 76, 168–187. [CrossRef]

32. Orlic, E.; Hashi, I.; Hisarciklilar, M. Cross Sectoral FDI Spillovers and Their Impact on Manufacturing
Productivity. Int. Bus. Rev. 2018, 27, 777–796. [CrossRef]

33. Ha, Y.J.; Giroud, A. Competence-creating Subsidiaries and FDI Technology Spillovers. Int. Bus. Rev. 2015,
24, 605–614. [CrossRef]

34. Lin, P.; Saggi, K. Multinational Firms, Exclusivity, and the Degree of backward Linkages. J. Int. Econ. 2007,
71, 206–220. [CrossRef]

35. Spencer, J.W. The Impact of Multinational Enterprise Strategy on Indigenous Enterprises: Horizontal
Spillovers and Crowding out in Developing Countries. Acad. Manag. Rev. 2008, 33, 341–361. [CrossRef]

36. Li, C.; Tanna, S. FDI Spillover Effects in China’s Manufacturing Sector: New Evidence from Forward and
Backward Linkages. In Advances in Panel Data Analysis in Applied Economic Research; Tsounis, N., Vlachvei, A.,
Eds.; Springer: Cham, Switzerland, 2018.

37. Xiao, S.; Park, B.I. Bring Institutions into FDI Spillover Research: Exploring the Impact of Ownership
Restructuring and Institutional Development in Emerging Economies. Int. Bus. Rev. 2017, 27, 289–308.
[CrossRef]

38. Perri, A.; Peruffo, E. Knowledge Spillovers from FDI: A Critical Review from the International Business
Perspective. Int. J. Manag. Rev. 2016, 18, 3–27. [CrossRef]

39. Arrow, K.J. Classificatory Notes on the Production and Transmission of Technological Knowledge.
Am. Econ. Rev. 1969, 59, 29–35.

40. Girma, S. Absorptive Capacity and Productivity Spillovers from FDI: A Threshold Regression Analysis.
Oxf. Bull. Econ. Stat. 2010, 67, 281–306. [CrossRef]

41. Zahra, S.A.; George, G. Absorptive Capacity: A Review, Reconceptualization, and Extension.
Acad. Manag. Rev. 2002, 27, 185–203. [CrossRef]

42. Kinoshita, Y. R&D and Technology Spillovers via FDI: Innovation and Absorptive Capacity. In Cepr Discussion
Papers; William Davidson Institute: Ann Arbor, MI, USA, 2001.

43. Teece, D.J. Multinational Corporation and the Resource Cost of International Technology Transfer; Ballinger
Publishing Co.: Cambridge, MA, USA, 1976.

44. Xu, B. Multinational Enterprises, Technology Diffusion, and Host Country Productivity Growth. J. Dev. Econ.
2000, 62, 477–493. [CrossRef]

45. Alfaro, L.; Chanda, A.; Kalemli-Ozcan, S. FDI and Economic Growth: The Role of Local Financial Markets.
J. Int. Econ. 2004, 64, 89–112. [CrossRef]

46. Hildrum, J.; Ernst, D.; Fagerberg, J. The Complex Interaction between Global Production Networks, Digital
Information Systems and International Knowledge Transfers. In Icer Working Papers; International Centre for
Economic Research: Torino, Italy, 2010; pp. 395–416.

47. Anselin, L. Spatial Econometrics: Methods and Models. Econ. Geogr. 1988, 65, 160–162.
48. Simmons, B.A.; Elkins, Z. The globalization of Liberalization: Policy Diffusion in the International Political

Economy. Am. Polit. Sci. Rev. 2004, 98, 171–189. [CrossRef]
49. Elhorst, P.; Zandberg, E.; De Haan, J. The Impact of Interaction Effects among Neighbouring Countries

on Financial Liberalization and Reform: A Dynamic Spatial Panel Data Approach. Spat. Econ. Anal. 2013,
8, 293–313. [CrossRef]

http://dx.doi.org/10.1111/j.1468-0084.1980.mp42003002.x
http://dx.doi.org/10.2307/41165913
http://dx.doi.org/10.1016/j.chieco.2009.05.010
http://dx.doi.org/10.1111/j.1365-2966.2008.00465.x
http://dx.doi.org/10.1016/j.jwb.2012.09.006
http://dx.doi.org/10.1016/j.euroecorev.2015.02.005
http://dx.doi.org/10.1016/j.ibusrev.2018.01.002
http://dx.doi.org/10.1016/j.ibusrev.2014.11.001
http://dx.doi.org/10.1016/j.jinteco.2006.02.003
http://dx.doi.org/10.5465/amr.2008.31193230
http://dx.doi.org/10.1016/j.ibusrev.2017.08.004
http://dx.doi.org/10.1111/ijmr.12054
http://dx.doi.org/10.1111/j.1468-0084.2005.00120.x
http://dx.doi.org/10.5465/amr.2002.6587995
http://dx.doi.org/10.1016/S0304-3878(00)00093-6
http://dx.doi.org/10.1016/S0022-1996(03)00081-3
http://dx.doi.org/10.1017/S0003055404001078
http://dx.doi.org/10.1080/17421772.2012.760136


Sustainability 2019, 11, 581 17 of 17

50. Jaffe, A.B.; Trajtenberg, M.; Henderson, R. Geographic Localization of Knowledge Spillovers as Evidenced
by Patent Citations. Q. J. Econ. 1993, 108, 577–598. [CrossRef]

51. Branstetter, L.G. Are Knowledge Spillovers International or Intranational in Scope? Microeconometric
Evidence from the U.S. and Japan. J. Int. Econ. 2004, 53, 53–79. [CrossRef]

52. Bottazzi, L.; Peri, G. Innovation and Spillovers in Regions: Evidence from European Patent Data.
Eur. Econ. Rev. 2003, 47, 687–710. [CrossRef]

53. Keller, W. Geographic Localization of International Technology Diffusion. Am. Econ. Rev. 2002, 92, 120–142.
[CrossRef]

54. Bahar, D.; Hausmann, R.; Hidalgo, C.A. Neighbors and the Evolution of the Comparative Advantage of
Nations: Evidence of International Knowledge Diffusion? J. Int. Econ. 2014, 92, 111–123. [CrossRef]

55. Johnson, R.C. Five Facts about Value-Added Exports and Implications for Macroeconomics and Trade
Research. J. Econ. Perspect. 2014, 28, 119–142. [CrossRef]

56. Linder, S.B. An Essay on Trade and Transformation; John Wiley and Sons: New York, NY, USA, 1961.

© 2019 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.2307/2118401
http://dx.doi.org/10.1016/S0022-1996(00)00068-4
http://dx.doi.org/10.1016/S0014-2921(02)00307-0
http://dx.doi.org/10.1257/000282802760015630
http://dx.doi.org/10.1016/j.jinteco.2013.11.001
http://dx.doi.org/10.1257/jep.28.2.119
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Hypothesis Development 
	The General Effect of FDI on the Pattern of Comparative Advantage 
	The Heterogeneous Effect of FDI on the Pattern of Comparative Advantage 
	FDI and the Spatial Correlation of the Pattern of Comparative Advantage 

	Estimation Specifications 
	Measurement of the Similarity of Comparative Advantages 
	Specification of the Econometric Model 
	Spatial Weight Matrix 
	Data and Descriptive Statistics 

	Estimation Results 
	The General Effect of FDI on the Pattern of Comparative Advantage 
	The Heterogeneous Effect of FDI on the Pattern of Comparative Advantage 

	Discussion and Limitations 
	References

