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Abstract: The Levelized Cost of Driving (LCOD) calculates how much it costs to drive a vehicle, per
kilometer, over the vehicle lifespan, and it is typically measured in USD/km. LCOD has been
widely applied to assess and compare the performance of Electric Vehicles (EVs) and Internal
Combustion engine Vehicles (ICVs). Unfortunately, there is no common methodology to establish
how to compute LCOD. As authors use different criteria to determine which elements are relevant in
LCOD, it is difficult to compare results. To overcome this issue, we re-introduce the LCOD concept,
where the most relevant expenditures and incomes are included. This novel LCOD definition also
incorporates key elements that are sometimes neglected, such as the second life of batteries in EVs,
EV battery degradation models, and stochastic models, to characterize daily operation. The proposed
methodology is applied to assess the cost of using EVs as taxis in the city of Quito, Ecuador.

Keywords: electric vehicles; Levelized Cost of Driving (LCOD); Life Cycle Cost (LCC); electro-mobility;
financial analysis

1. Introduction

Electric Vehicles (EVs) are currently considered one of the most promising alterna-
tives to Internal Combustion engine Vehicles (ICVs) in the endeavor towards a cleaner
transportation sector [1]. The massive usage of these free-emission terrestrial vehicles is
starting to become a reality in some countries, such as Norway and Iceland [2], and the total
number of EVs around the world has been steadily increasing during the last decade [3].
Despite this positive trend, the worldwide adoption of EVs is still limited compared with
conventional automobiles. This phenomenon is attributed to diverse factors including infe-
rior performance, considerable initial cost, and limited charging infrastructure. The high
purchase cost is still one of the most important barriers to acquire EVs [4]. Nonetheless,
the costs associated with the operation and maintenance of EVs tend to be lower compared
with ICVs, which might hence alleviate the initial investment in the long term. Considering
the above, one may wonder which vehicular technology (EVs or ICVs) is currently more
convenient. To address this question, we need an indicator capable of measuring the
performance of one vehicle in economic terms.

The Levelized Cost arises as a natural economic gauge to compare the performance
of different vehicular technologies. Levelized Cost aims at determining the cost asso-
ciated with driving an electric automobile, throughout its entire lifespan, measured in
USD/km. Due to its direct interpretability, it has been widely applied to assess the per-
formance of EVs and ICVs [5–9]. The Life Cycle Cost (LCC) is an economic evaluation
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technique that determines the total cost of owning, operating, and disposing of a system
over its lifespan [10–12].

Indeed, Ref. [5] determines the Levelized Cost of Driving (LCOD) by taking into
account Capital Expenditures (CAPEX) and annual energy consumption expenditures, and
assumes that the annual distance traveled is fixed. Jadun et al. in [6] outperforms the
LCOD formulation introduced in [5] by incorporating novel relevant factors: Operational
Expenditures (OPEX) and efficiency. On the other hand, a more practical analysis is
presented in [7], wherein the authors leverage LCOD to compare the economic performance
of EVs and ICVs by using real-world data collected by the EV subsidiary program in
Beijing. This comprehensive study even encompasses user driving patterns and vehicle
age. Finally, perhaps the most complete LCOD implementation is developed in [9] by
the National Renewable Energy Laboratory (NREL). The model incorporates numerous
inputs such as vehicle type, battery, energy fee, battery lifetime, user driving patterns,
and infrastructure costs. Additionally, it describes the EV battery as a function of the
operational profile, with the aim of finding a degradation rate per mile. As noted, each of
these research efforts takes into consideration dissimilar factors (see Table 1).

Table 1. Summary of the factors commonly considered for economic analyzes to evaluate electric mobility.

Factor

Reviewed Works

Levelized Cost (LCOD) Life Cycle Cost (LCC) Other Approaches

[5
,6

]

[7
]

[8
]

[9
]

Pr
op

os
al

[1
3]

[1
0]

[1
1]

[1
2]

[1
4]

[1
5]

[1
6]

[1
7]

Charging station infrastructure X X X
EV price X X X X X X X X X X X X X
Taxes X X
Depreciation X X
Maintenance cost X X X X X X X X X X X X X
Operational cost X X X X X X X X X X X X X
Air emission X X X X X X
Government incentives X X X X
Social externalities X
Insurance cost X X X X X
Residual value X X X X X
Disposal costs X X X
Depth of Discharge (DoD) X X X
Battery price X X X X X X X
Battery degradation X X
Stochasticity of daily operation X X X X X X
Hybrid Electric Vehicles (HEVs) X X X X
Battery second life X

There are certainly other approaches that can also be used to compare different ve-
hicular technologies. For instance, in [15] authors propose a methodology to evaluate the
unit-based cost of Electric Vehicles, Hybrid EVs, Plug-in Hybrid EVs, and ICVs. They con-
sider two assessment indices: the first one is focused on the vehicle expenditures, whereas
the second measures social impact. On the other hand, Ref. [14] investigate the economic
impact of two charging strategies for EVs: (i) conventional approach, in which the recharge
is carried out at the station, and (ii) battery swapping, wherein the depleted EV battery is
just swapped by a charged one. They analyze how the charging policies could impact the
battery lifetime and the long-term costs. In [16,17], the authors examine the feasibility of
the massive usage of EVs as taxis in Seoul, South Korea. Finally, in [13], researchers propose
an economic indicator called Life-Cycle Private Cost (LCPC), which seeks to calculate the
present value of the costs associated with the vehicle operational lifetime. To perform this,
they apply the Net Present Value (NPV) approach. Similar to the LCOD implementations
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discussed earlier, these research efforts incorporate diverse assumptions and factors into
the economic analysis, which have been conveniently summarized in Table 1.

Considering the aforementioned information, it can be stated that these analyses
lack unified criteria to evaluate EVs from an economic standpoint. This is even more
notorious in the case of LCOD-based indicators, because all authors are trying to estimate
the same quantity using different considerations. As a consequence, their results are not
comparable at all, which is certainly undesirable. To overcome this issue, in this work, we
re-introduce the LCOD concept, with a clear orientation to electro-mobility applications,
using a unified perspective where the most relevant expenditures and incomes are included.
This unified approach also includes key elements sometimes obviated in other approaches:
battery second life, EV battery degradation model based on the operational conditions,
and stochasticity of the daily operation. In this regard, the main contributions of this
work are:

• We re-introduce the LCOD from a unified approach so that findings and results
obtained in different research initiatives will be comparable.

• We include some key concepts into the economic analysis that are often obviated:
battery second life, EV battery degradation model based on the operational conditions,
and stochasticity of the daily operation. Table 1 includes the aspects considered by the
proposed LCOD model.

This paper is organized as follows. Section 2 presents the proposed methodology
to evaluate the operation of EVs from an economic perspective. Section 3 focuses on the
analysis of a case study where the economic feasibility of EVs used as taxis in the South-
American city of Quito, Ecuador, is explored. Section 4 presents a summary of the main
results and a discussion based on a sensitivity analysis and, finally, Section 5 shows the
main conclusions of this research effort.

2. Proposed Methodology for Evaluating Economically the Operation of EVs

To assess the economic performance of a particular vehicular technology, we propose
examining the associated implications from a project evaluation perspective to leverage
widely-known tools such as NPV. By doing so, our analysis will be focused on investigating
the expected cash flows throughout the project life cycle. These cash flows are associated
with capital expenditures, maintenance expenditures, and rewards obtained during the
daily operation. In this approach, we can suppose that both the vehicle price and mainte-
nance expenditures are fixed, whereas rewards could be variant. These assumptions trigger
the following question: what is the minimum reward per kilometer that guarantees the fea-
sibility of the project? This lower bound for rewards is informative regarding the economic
performance of the vehicle when used in a specific application; therefore, it constitutes a
valid economic indicator. Motivated by the previous insights, the Levelized Cost of Driving
(LCOD) arises as an economic indicator that systematically addresses the above question; it
is formally derived in the following paragraphs from a unified perspective.

Considering these aspects, let us initiate the proposed procedure by computing
the NPV:

NPV = −CAPEX +
n

∑
t=1

(
It −OPEXt

(1 + r)t

)
+

RV
(1 + r)n −

nc

∑
tc=1

DC + RC
(1 + r)yc (1)

The NPV is evaluated at a fixed horizon equal to n years with a discount rate r.
As usual, the NPV includes Operational Expenditures (OPEX), Capital Expenditures
(CAPEX), incomes (I), Residual Value (RV), and the Reparation Cost (RC). Disposal Costs
(DC) is the cost of recycling the EV batteries. The formulation allows to consider an RV
of the vehicle at the end of the project. When there is a battery replacement in the EV or
engine repair in the ICV, it is considered an RC and a DC in the year (yc) that the change is
made. The sum of the amount (nc) of the RC and DC is made during the life of the project.
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It is also relevant to observe that in (1) the income can be described as a reward per
kilometer traveled, which is denoted as λ [USD/km]. With this definition, the incomes
collected during the year t can be rewritten as λ · KMt, where KMt is the distance in
kilometers traveled during year t. Subsequently, we can now calculate the minimum λ that
guarantees the project feasibility. To do this, we replace It by λ · KMt in (1), and afterward
solve NPV(r) = 0. By doing so, the solution of this equation is, by definition, the proposed
indicator LCOD. Finally, we can derive a closed-form expression of LCOD resulting in
the following:

LCOD :=
CAPEX− RV

(1+r)n + ∑nc
tc=1

DC+RC
(1+r)yc + ∑n

t=1
OPEXt
(1+r)t

∑n
t=1

KMt
(1+r)t

(2)

Although the LCOD derivation is general, the computation of each of the terms related
to its definition will depend on the particular vehicular technology under evaluation.
As examples, in the following subsections (Sections 2.1–2.3), the determination of these
quantities for the case of EVs and ICVs will be explored from the LCOD perspective.
In this regard, it will be relevant to focus the analysis on the EVs and ICVs in Section 3
wherein both technologies will be compared economically with one application related
to taxis by the proposed LCOD indicator. Moreover, Section 2.4 also presents a detailed
discussion on how to incorporate the stochasticity of the daily operation of vehicles into
the LCOD analysis.

2.1. CAPEX

CAPEX constitutes the initial capital investment to buy a vehicle. Consequently, it
solely depends on the vehicle market price.

2.2. Residual Value and Reparation Cost

After finishing the project, the vehicle may still be useful and thus have a commercial
value, which is known as the residual value. This value may increment notably if the
vehicle is repaired, hence we consider a final Reparation Cost (RC) as well. At this point,
we must distinguish between EVs and ICVs. In the case of EVs, their battery may be almost
completely degraded at end of the project; therefore, the RCev will be equal to the price of a
new battery (B) plus some mechanical adjustments(MAev), then:

RCev = B + MAev. (3)

On the other hand, in the case of ICVs, the RC will include just mechanical adjustments,
thus RCicv = MAicv .

Furthermore, for EVs, we acknowledge that the degraded battery is not simply dis-
carded, but sold so that it may be used as energy storage in other applications. This concept
is known as battery second life and aims at re-purposing degraded batteries [18,19]. In other
words, when a battery is considered degraded at one application (e.g., EVs), it can still be
useful for a less-demanding application (e.g., domestic usage). Due to the above, in the
case of EVs, we assume that the total residual value can be computed as RV = RVev + RVbat,
where RVev is the residual value of the EV with the new battery and RVbat corresponds to
the residual value of the degraded battery.

2.3. Operational Expenses (OPEX)

The annual Operational Expenses (OPEX) is the result of the sum of two expenses: an-
nual maintenance cost (aMCt) and annual energy consumption cost(ECCt), i.e.,
OPEXt = aMCt + ECCt. In the case of ICVs, the annual maintenance cost has this form:

aMCICV
t = KICV ·KMt + 1(CKMt −KMmax) · RepICV . (4)
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The first addend represents an annual maintenance cost proportional to the kilometers
traveled, where KICV [USD/km] is the maintenance fee. On the other hand, the second
addend indicates that if the cumulative kilometers traveled CKMt, measured from the last
reparation, exceeds a threshold KMmax, then the automobile will require a major reparation
whose cost is RepICV . Notice that 1(x) = 1 if x ≥ 0 and 1(x) = 0 otherwise. Although in
EVs the maintenance cost is usually lower, we must incorporate the possibility of the EV
battery getting degraded prematurely before project completion. In such a scenario, it
must be replaced, which leads to an expenditure equal to the cost of a new battery B.
Consequently,

aMCEv
t = KEV ·KMt + B · 1(0.8− SOHt), (5)

where KEV [USD/km] is the EV reparation cost and the other addend corresponds to
battery replacement costs. This cost is nonexistent if the battery State-of-Health (SOH) is
greater than 80% by the end of the year t; otherwise, it is equal to B. The threshold 80% is
chosen because experts suggest that the batteries are no longer useful for traction purposes
after they have lost a 20% of their capacity [20–22].

Remark 1. A robust model to forecast the EV battery degradation process is of utmost importance
to fulfill a solid economic analysis in the field of EVs, and thus to apply the proposed LCOD indicator.
On the contrary, if we adopt a simplistic degradation model, its prediction might indicate that the
battery will not get degraded during the project life cycle. Nonetheless, in practice, the battery
could get degraded in the middle of the project execution, which may result in a substantial
unexpected expenditure that was not contemplated whatsoever in the initial economic analysis.
Therefore, the utilization of a detailed battery degradation model that allows to compute reliable
predictions is strongly recommended. Such a model should account for several critical factors that
govern the EV battery degradation process, such as discharge rate, Depth of Discharge (DoD),
temperature, among others [23]. In addition to this, we need to characterize the EV daily usage
profile, for example in terms of the daily distance traveled and average speed, because this profile
defines the typical current profile delivered by the battery, which in turn impacts its degradation
process, as mentioned previously.

Looking at the annual energy consumption cost, ECCj varies depending on the price
of the energy consumed during the year t, then:

ECCt =
Nrt

∑
i=1

Ei · e fi, (6)

where Nrt corresponds to the total number of recharges during the year t, Ei (expressed in
[kWh] in the case of EVs and [GL] for ICVs) represents the magnitude of the recharge when
the EV is connected to the power supply or the refuel in the case of ICVs.; and e fi (expressed
in USD/kWh and USD/GL for EVs and ICVs, respectively) is the energy fee. Hence, we
need to know in advance the number of annual recharges to calculate ECCt; unfortunately,
it is unfeasible in practice due to the stochasticity associated with the daily operation of
vehicles. A recommended procedure to overcome this challenge is to characterize the
daily distance traveled by the vehicle at the application under study, and then infer energy
consumption based on the distance traveled.

2.4. Dealing with the Stochasticity of Daily Vehicle Operation by Monte Carlo Simulation

As noted in Section 2.3, which focused on the analysis of operational expenses, OPEX
directly depends on the operational conditions and usage patterns associated with the
vehicle. Indeed, when a vehicle is used more aggressively, it degrades more quickly and
spends more energy; consequently, its owner will incur higher annual costs. Unfortunately,
if at the time of the economic evaluation we are unable to know in advance the exact
operating conditions at which the vehicle will be exposed, then computing the OPEX is not
straightforward. We propose dealing with this issue by using a Monte Carlo simulation
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to recreate probable scenarios of future operation and determine the associated LCOD.
The underlying idea is to simulate the daily operation of Nr (where Nr is large enough)
vehicles and to collect the individual annual OPEX to estimate the stochasticity of this
variable. By carrying out this procedure, we can estimate the LCOD for each of these
vehicles, and then obtain an approximation to the Probability Density Function (PDF) of
the LCOD. This PDF is informative about the variability of the LCOD, and thus helps us
to perform a more reliable economic evaluation. The complete simulation procedure is
more formally explained in Algorithm 1. It simulates the daily operation of the vehicles
for 365 · Ny (Lines 3–9), where Ny is the project lifetime. For each vehicle, for each day,
it samples the distance traveled from Pdist (Line 4), which should be estimated based on
historical data. Afterward, it saves the daily degradation and energy consumption (Line
5–6), which enables to compute the annual OPEX at the end of each year (Line 7–9). Finally,
the LCOD for each vehicle simulated is saved (Line 10). According to the theory behind
Monte-Carlo-based procedures, when Nr is large enough, the histogram obtained from the
collection of LCODi permits us to approximate the LCOD PDF. Last but not least, sensitivity
analyses were performed using the Multi-Objective Optimization using Genetic Algorithms
function, in MATLAB, to find the Pareto front of the LCOD with respect to the variable
under analysis.

Algorithm 1 Monte Carlo simulation to predict the LCOD probability distribution

Inputs: Pdist : Distribution of the distance traveled daily by the vehicles.
Output: LCOD: The final LCOD for each vehicle simulated.

1: for i = 1, · · · , Nr do
2: year = 0
3: for j = 1, · · · , 365 · Ny do
4: djPdist . Sample distance traveled from Pdist
5: degj ← Calculated daily degradation based on dj
6: eccj ← Compute consumption cost based on dj
7: if j is the last day of the year then
8: year = year + 1
9: OPEXj

year ← Calculate OPEX based on the annual realizations of degj and
eccj.

10: LCODi ← Compute LCOD considering OPEXj
year, using Multi-Objective Genetic

Algorithm optimization to find the Pareto front.
11: return LCOD

Remark 2. Notice that the LCOD methodology is generic and can be used for both taxis and
privately owned vehicles. The user just needs to characterize the daily distance traveled because this
quantity directly impacts the OPEX.

3. Case Study: Evaluating the Economic Feasibility of EV Taxis in the City of
Quito, Ecuador

Nowadays the Ecuadorian government is seriously evaluating the massive usage of
EVs as taxis in Quito, the capital of Ecuador. The implementation of this policy may be
notably beneficial to the community from the environmental-care perspective, however,
the economic impact is not clear enough. Motivated by the above, in this case study, we
will apply LCOD to contrast EVs and ICVs operating as taxis in Quito with the objective
of determining which vehicular technology is more convenient. This case of study is
also pertinent because several countries are studying pilot projects for the transition from
conventional taxis to electric vehicles.

As discussed in Section 2.4, to compute a more reliable estimation of the actual
LCOD, it is essential to characterize the distance traveled daily by the vehicles in the
application under study. Consequently, we need to statistically represent the distance
traveled, daily, by taxis in Quito. To accomplish this, the distribution of total travel distance
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was first approximated by fitting a non-parametric probability density function (PDF) to
measurements collected in a real-world database [24]. The PDF fit result is depicted in
Figure 1. Notice that the mean and the standard deviation of the data are 146.1 km and
34.6 km, respectively, whereas the mean and the standard deviation of the fit are 145.6 km
and 36.2 km, respectively.
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Figure 1. Data corresponds to actual usage of vehicles in the city of Quito, Ecuador. The resulting
histogram is fitted by a non-parametric distribution using MATLAB Distribution Fitter Toolbox.

Furthermore, the parameters of the LCOD procedure utilized in this case study were
adjusted to represent the Ecuadorian vehicle market (see Table 2). The vehicles compared
in this study are the following:

• EV: NISSAN LEAF 100% Electric, Autonomy: 280 km, Power: 147 hp, Battery capacity
40 kWh, 0.142 kWh/km, 2021 Year.

• ICV: Data sheet ICV: KIA RIO Sedan vehicle cylinder capacity: 1.4 L MPI 4× 2, Vehicle
performance in the city: (12.1 km/lt), 2021 Year.

Table 2. Case study parameters.

LCOD Parameters EV ICV

Economic Parameters

CAPEX [USD] $39,990 $20,000
Residual Value (RV) $20,000 $10,000
Battery price (B) [USD] $8000 -
RCICV [USD] - $2000
K [USD/km] $0.025 $0.05
DC [USD] $- $-

Technical features

Battery capacity [kWh] 40 -
EV range [km] 280 -
Expected battery lifetime [# cycles] 1000 -
ICV performance in the City [km/GL] - 45
EV performance in the City [km/kWh] 7.04 -
KMmax [1000 km] - 400

Energy consumption fee

Electric fee [USD/kWh] $0.17 -
Fuel fee [USD/GL] (85 & 92 octane) - $2.55–$4.66

NPV parameters

Discount rate 10% and 12%

Two different fuel fees found in Ecuador are analyzed, 2.55 USD/GL and 4.66 USD/GL,
which correspond to the current subsidized prices for the fuel of 85 and 92 octane, respectively.

Disposal Costs (DC) is not considered in this case study because there is still no
regulation in Ecuador for the handling and recycling costs of EV batteries.
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The EV charging cost depends on where and when the battery is charged. Two
recharge options are considered: charging at home and using a charging station. Regarding
the charging station tariff price, the Government of Ecuador, based on the provisions of
the Organic Law on Energy Efficiency, is working to establish a maximum price (price cap)
for fast charging for charging stations, which is estimated to be a value of 0.17 USD/kWh.
On the other hand, for EV charging at homes, according to Ecuador Agency of Regulation
and Control of Energy (https://www.controlrecursosyenergia.gob.ec/servicio-publico-
de-energia-electrica-spee/, (accessed on 1 February 2022)), there is a fixed monthly cost
of 4 USD/kW due to demand rate and a variable hourly rate described as follows: from
8:00 to 18:00 it is 0.08 USD/kWh, from 18:00 to 22:00 it is 0.10 USD/kWh, and from 22:00
to 8:00 it is 0.05 USD/kWh. For analysis purposes, we assume that the electricity price is
0.17 USD/kWh, which corresponds to the highest fee—utilizing just charging stations. We
also conduct a sensitivity analysis with respect to the electricity price, accounting for the
other possible fees.

To forecast the battery degradation process, we adopt the degradation model presented
in [25], since it allows us to incorporate the charging policy into the simulation procedure,
and hence to reproduce more realistic scenarios. Besides, this model has shown promising
results [23,26,27] despite its simplicity. The model assumes that the battery capacity evolves
cycle by cycle according to the following expression:

Ck+1 = ηk(SoCmin
k , SoCmax

k ) · Ck, (7)

where C is the battery capacity and ηk ∈ (0, 1) is the Coulomb efficiency. The latter
quantity is dependent on the State-of-Charge (SoC) variation at cycle k and can be tuned
for a particular battery following the instructions presented in [25]. Additionally, in our
simulations, we suppose that the EV battery will always be recharged when its SoC is less
or equal than 20%.

Remark 3. The EV battery degradation model utilized in the simulation framework should be
not only robust but also versatile to be tuned directly through the information provided by the
battery datasheet. We highlight this point because the academia offers abundant methodologies to
forecast the battery capacity fade, including for instance methods based on electric circuits [28–31]
or electrochemistry [32–34]. However, tuning such models demands a huge number of experiments,
which are impossible to conduct at the economic evaluation step because we do not even have the
vehicle yet. Therefore, our best alternative is to go for methods capable of being tuned based on the
information provided by the battery manufacturer such as [25].

4. Case Study: Obtained Results and Sensitivity Analysis

Firstly, we use LCOD to assess the performance of both EVs and ICVs as taxis in Quito,
Ecuador. To perform this task, we compute a Monte Carlo simulation with 103 instances,
according to the procedure described in Section 2.4. The corresponding results are summa-
rized in Table 3 for three different discount rate values: r = 8%, r = 10%, r = 12%. On the one
hand, we observe that when the refueling cost in ICVs is assumed to be 2.55 USD/GL, the EV
LCOD exceeds the ICV LCOD in 2.87 USD/100 km, 3.37 USD/100 km, 3.94 USD/100 km for
each of those discount rates, respectively, which is equivalent to a 15.5% of excess, on av-
erage, with respect to the ICV LCOD. On the other hand, we observe that when the refuel-
ing cost in ICVs is assumed to be 4.66 USD/GL, the ICV LCOD exceeds the EV LCOD in
2.08 USD/100 km, 1.32 USD/100 km, 0.75 USD/100 km for each discount rate, considered
in the analysis, which is equivalent to 5.61% excess, on average, with respect to the EV
LCOD. The EV LCOD results are equivalent to the value of ICV LCOD considering a fuel
cost of 4.66 USD/GL. Therefore, the operation of an EV as a taxi in this city may be cheaper,
the same, or even more expensive compared with the utilization of ICVs, depending on
the fuel cost in the locality. It must be also noted that this statement is naturally based on
actual fuel prices and, thus, it is always recommended to repeat this financial analysis with
up-to-date data before reaching a definitive conclusion in the future.

https://www.controlrecursosyenergia.gob.ec/servicio-publico-de-energia-electrica-spee/
https://www.controlrecursosyenergia.gob.ec/servicio-publico-de-energia-electrica-spee/
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Table 3. LCOD result obtained from a Monte Carlo simulation with 103 realizations.

Mean
(r = 8%)
[USD/100 km]

Mean
(r = 10%)
[USD/100 km]

Mean
(r = 12%)
[USD/100 km]

EV LCOD 20.55 21.75 23.03
ICV LCOD [2.55 USD/GL] 17.68 18.38 19.09
ICV LCOD [4.66 USD/GL] 22.36 23.07 23.78

4.1. Sensibility Analysis with Respect to Vehicle Performance

Another key factor to keep in mind when computing the LCOD is the Vehicle Spe-
cific Fuel Consumption (VSFC), defined as a ratio between the distance traveled and the
corresponding energy consumed over this distance. This quantity is hence measured in
km/GL and km/kWh for ICVs and EVs, respectively. Since VSFC can vary depending
on the profile use of the vehicle and the characteristics of the route (road, urban streets,
or highway), we conducted a sensitivity analysis over this quantity using a Monte Carlo
simulation. We suppose that the VSFC for the IC can be modeled by a normal random
variable with a mean of 45 km/GL and a standard deviation of 5 km/GL. Similarly, for the
EV, we suppose that its VSFC follows a normal random variable with a mean of 7 km/kWh
and a standard deviation of 2.5 km/kWh. Subsequently, we proceed to sample from these
distributions and for each sample we compute the LCOD. The results obtained are depicted
in Figure 2a,b for discount rates r = 10% and r = 12%, respectively.
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Figure 2. Sensibility Analysis with respect to Vehicle Performance. Note that the red horizontal
line represents the median, whereas the blue lines show the highest and lowest quartile. (a) Case A
(r = 10%). (b) Case B (r = 12%).

Regarding the estimates for annual average operational expenses (annual average
OPEX), obtained results are shown in Table 4. It is noteworthy that EV-related costs repre-
sent 49.3% of ICVs, when considering 2.55 USD/GL, or 34.24% of ICVs when considering
4.66 USD/GL instead.

Table 4. Annual OPEX Statistics.

Mean (OPEX) [USD] Standard Deviation [USD]

EV 2402.3 87.39
ICV [2.55 USD/GL] 4872.9 70.07
ICV [4.66 USD/GL] 7015.0 100.87

4.2. Sensibility Analysis with Respect to EV CAPEX

To generate the results above, we supposed that CAPEX of the EV was fixed and
equal to USD 39,990. Nevertheless, this initial cost might diminish, for example, as a
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result of government subsidies or new battery technologies. In fact, since several nations
are investing in these types of vehicles with the objective of alleviating greenhouse gas
emissions, as well as the industry of EVs reducing costs notably, these two potential
causes seem reasonable. Aiming at determining the impact of EV CAPEX reductions on
the EV-LCOD, we build a sensibility by applying the Pareto front with respect to this
variable with 103 realizations. This result is depicted in Figure 3a,b for discount rates
r = 10% and r = 12%, respectively. As expected, it evidences that EV LCOD is directly
proportional to the EV CAPEX. In particular, if r = 10% is assumed, a 17% reduction in EV
CAPEX for the scenario where refueling cost in ICVs is 2.55 USD/GL, implies that both
vehicular technologies (EV and ICV) have the same performance in terms of LCOD. On the
other hand, if r = 10% in a scenario where the refueling cost in ICV is 4.66 USD/GL, EV
technology is cheaper than ICV.

Analogously, if r = 12% is assumed, a 19% reduction in EV CAPEX for the scenario
where refueling cost in ICVs is 2.55 USD/GL implies that both vehicular technologies (EV
and ICV) have the same performance in terms of LCOD. On the other hand, if r = 12%, in a
scenario where the refueling cost in ICV is 4.66 USD/GL, EV technology is cheaper than ICV.
We should remark that this metric solely regards financial countable costs, but not other
positive externalities of EVs, such as its contribution in mitigating both air and acoustic
pollution, which are well-known incentives that boost the proliferation of such automobiles.
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(b)
Figure 3. Sensibility Analysis with respect to EV CAPEX. (a) Case A (r = 10%). (b) Case B (r = 12%).

4.3. Sensibility Analysis with Respect to EV Residual Value

On the other hand, in the first results of Table 3, we also assumed that the EV Residual
Value (RV) was fixed and equal to USD 20,000. However, since the introduction of EVs to
the vehicle market is still recent, the depreciation of such automobiles is a matter of ongoing
research [35]; thus, determining the RV of EVs is not straightforward. In particular, our
study assumed an annual depreciation rate of 10%. Additionally, we have to acknowledge
that the market of batteries to second life, which certainly boosts the EV RV, is still com-
plicated to characterize. The above encouraged us to perform another sensibility analysis
by applying the Pareto front with respect to the EV residual value with 103 instances; the
obtained results can be seen in Figure 4a,b for discount rates r = 10% and r = 12%, respec-
tively. In this case, we distinguish naturally that as the EV residual value increases, the gap
LCOD between both vehicular technologies is lower. Particularly, if r = 10% is assumed,
a 23% decrease in EV RV for the scenario where refueling cost in ICVs is 4.66 USD/GL
implies that both vehicular technologies (EV and ICV) have the same performance in terms
of LCOD. A similar outcome is obtained when assuming r = 12% and a 12% decrease in
EV RV for the scenario where refueling cost in ICV is 4.66 USD/GL.
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(b)
Figure 4. Sensibility Analysis with respect to EV Residual Value. (a) Case A (r = 10%). (b) Case B
(r = 12%).

4.4. Sensibility Analysis with Respect to EV the Discount Rate

It must be noted that to generate the results illustrated in Table 3, it was assumed that
the discount rate EV (DR) was fixed and equal to 10% and 12%. However, in the determi-
nation of DR, many variables enter the financial situation of each country, so determining
the DR of electric vehicles is not easy. This fact motivates another sensitivity analysis,
where the Pareto front is applied with respect to the EV discount rate. Obtained results
for this additional sensitivity analysis are shown in Figure 5a,b. In this case, we naturally
distinguish that as the EV discount rate increases, the EV’s LCOD grows. In particular,
if r = 10% and refueling cost for ICV is 4.66 USD/GL, if the EV discount rate is 11.86%, it
implies that both vehicle technologies (EV and ICV) perform the same in terms of LCOD.
A similar conclusion can be obtained when assuming r = 10%, the refueling cost for ICV is
2.55 USD/GL, and the EV discount rate is 4.8%.

Similarly, if r = 12% is assumed and refueling cost for ICV is 4.66 USD/GL, if the EV
discount rate is 13%, it implies that both vehicle technologies (EV and ICV) perform the
same in terms of LCOD. A similar conclusion can be obtained when assuming r = 12%,
refueling cost for ICV is 2.55 USD/GL, and the EV discount rate is 5.9%.
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(b)
Figure 5. Sensibility Analysis with respect to EV the Discount rate. (a) Case A (r = 10%). (b) Case B
(r = 12%).

4.5. Sensibility Analysis with Respect to EV Charging Electric Rate

Accounting for the possibility of different electricity prices as described in Section 3, we
have included one additional sensitivity analysis (see Figure 6a,b) in terms of the Charging
Electricity Rate that considers a single monomic value from 0.0 to 0.35 USD/kWh and two
different discount rates (r = 10% and r = 12%). When r = 10% is assumed and refueling
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cost for ICV is 4.66 USD/GL ( see Figure 6a), we note that setting the EV Charging Electric
Rate at 0.25 USD/kWh implies that both vehicle technologies (EV and ICV) perform the
same in terms of LCOD. On the other hand, when r = 12% is assumed and refueling cost
for ICV is 4.66 USD/GL ( see Figure 6b), we observe that setting the EV Charging Electric
Rate to 0.21 USD/kWh would imply that both vehicle technologies (EV and ICV) perform
the same in terms of LCOD.
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Figure 6. Sensibility Analysis with respect to EV Charging Electric Rate. (a) Case A (r = 10%).
(b) Case B (r = 12%).

4.6. Impact of Bias in Battery Degradation Models in Financial Analysis

Last but not least, we have examined the impact of the bias that could exist in battery
degradation models on the financial analysis outcome. To perform this sensitivity analysis,
we compute the LCOD for a six-year project using two different degradation models for a
battery with an estimated lifespan of five years. One of these models is biased, and proposes
a battery lifespan of six years, while the second degradation model is more reliable and
forecasts that the battery lifetime will be effectively five years. When using the biased
degradation model, the predicted EV LCOD is 20.93 USD/100 km. In contrast, when using
the most reliable model, the EV LCOD results 23.03 USD/100 km. Thus, the biased model
suggests that the operation of the EV is 10% cheaper than the reliable model, which is a
considerable discrepancy that could lead to misguided decisions. This example illustrates
the importance of using a reliable degradation model in our financial analysis.

4.7. Comparison with Another Methodology

A comparison is made with the method and case study applied in Australia in [12],
which has the data from Table 5 for analysis. Data and results are in Australian dollars.

Table 5. Case study parameters of [12].

Parameters EV

Economic Parameters

EV 2011 Nissan Leaf
CAPEX [A$] $39,990

+ Level 2 standalone charger: $3000
+ Insurance and stamp duty taxes: $2352.7

Residual Value (RV) $-
Battery price (B) [A$] $5725
Maintenance Fee (K) [A$/km] $0.038 + $0.024 (for tires)
Disposal Costs (DC) [A$] $1935
Insurance Cost [A$/year] $2452
Lifespan 200,000 km (20 years)
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Table 5. Cont.

Parameters EV

Technical features

Battery capacity [kWh] 24
EV range [km] 175
EV performance in the City [km/kWh] 6.66
EV charging inefficiency 20%

Energy consumption fee

Electric fee [A$/kWh] off-peak hours: $0.16522, on-peak hours: $0.35046
80% off-peak charging and 20% peak charging

NPV parameters

Discount rate 7%

The annual route of the EV considered in the case study of [12] is 10,000 km per year,
that is, 200,000 km in the useful life of the EV (without considering a stochastic behavior
in the route), which corresponds to a journey by use of the EV in a conventional family,
and not high journeys such as that of a taxi; 100 EV simulations are performed, which are
shown in the Figures 7b, 8b and 9b.
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(b)
Figure 7. Total LCC and LCOD versus battery cost. (a) Results with Method of [12] with LCC.
(b) Results with proposed method (LCOD).
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Figure 8. Total LCC and LCOD versus CAPEX. (a) Results with Method of [12] with LCC. (b) Results
with proposed method (LCOD).
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Figure 9. Total LCC and LCOD versus Range per charge—km per charge. (a) Results with Method
of [12] with LCC. (b) Results with proposed method (LCOD).

The LCOD values with the proposed methodology are higher than the LCOD obtained
based on the LCC in [12]. The difference in the results is due to the fact that [12] does
not consider the following in its model: it does not include battery degradation in its
model, which corresponds to a 10% increase in the method proposed by consider battery
degradation. The discount rate does not apply to the annual flows of the route, which
corresponds to a difference between 200,000 km (without discount) and 105,940 km (with
discount) throughout the evaluation period (20 years), and this represents an affectation of
the 80% increase in LCOD results. This difference will be less while the project is evaluated
for less time or vice-versa.

4.8. Discussion

The economic principle of the Levelized Cost is based on what is evaluated with
NPV = 0, r = IRR, to obtain the formulation in (2), in which, in the denominator,
the annual run contemplates the discount rate for the flow of each year.

In [7] the authors do not apply the discount rate to the annual run in the formulation
of the LCOD, which could lead to inaccuracies in the results.

In [10,12] they obtain the LCOD from the relationship between the LCC and the annual
trip (km), without applying the discount rate to the annual trip. This corresponds to an
incorrect application of the LCOD concept, which leads to inaccuracies in the results.

Therefore, the LCOD and the LCC are not comparable to each other because their
formulation, objectives, economic principles, and units are different.

Regarding the results obtained with the proposed methodology, the main barrier
identified for electric mobility to be competitive and even with better prices per KM than
the ICV, is the high CAPEX of the EV. The operating costs of the EV are lower than the ICV
but the high CAPEX of the EV considerably affects the performance of the LCOD. However,
the EV-LCOD is better performing than the ICV (refueling cost 4.66 USD/GL).

On the other hand, the performance of the EV-LCOD is subject to important variables
that intervene in its model, which are considered in this article: CAPEX, residual value,
discount rate, EV Charging Electric Rate, Vehicle performance and Battery Degradation.
Although the proposed methodology does not implicitly analyze other factors that other
authors contemplate in Table 1, such as: government incentive, taxes, social externalities,
insurance, and disposal costs, these incentives and costs directly influence the CAPEX,
for which the sensitivity of the CAPEX proposed in this article could be used.

The case studies analyzed in this article have not been applied to Hybrid Electric
Vehicles (HEVs), for which it is necessary to consider the particularities of hybrid mobil-
ity technology.
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5. Conclusions

This research work presents a bibliographic review on the application of the concept of
Levelized Cost of Driving (LCOD) in electromobility, demonstrating that dissimilar criteria
have been used by authors in its application. Moreover, inspired by the latter, we hereby
propose a novel and holistic redefinition of the concept of the LCOD. The calculation of the
proposed LCOD includes the most relevant expenses in the financial analysis, among them:
a Monte-Carlo-based model to characterize the stochasticity associated with daily journeys
of the vehicle, a battery state-of-health degradation model that incorporates information
from different operating conditions, CAPEX, OPEX, discount rate, EV Charging Electric
Rate, Vehicle performance, second life, and battery re-purposing (residual value). The
proposed methodology is applied to contrast the performance of electric vehicles and ICV
when they are used as taxis in the South American city of Quito, Ecuador. The relevance
of having a good battery degradation model is clearly quantified, due to its implication
on the financial analysis. A sensitivity analysis on the most important variables that affect
the LCOD was performed using the concept of the Pareto front, helping to identify which
conditions make an EV competitive with respect to the ICV. It should also be noted that these
financial analyses are naturally based on actual prices, operating conditions, technological
advances in vehicles, and the current economic situation of each country; therefore, it is
always recommended to apply the proposed financial analysis with up-to-date and local
data before reaching a definitive conclusion in other contexts.

The article analyzes the comparison of the LCOD with respect to the unit value of
$/km that is calculated based on the LCC, which allows for identifying why there is a
difference between both methodologies. The correct application of the Levelized Cost
methodology is important to avoid errors with relevant magnitudes that could lead to
misquantifying the unit costs that traveling with EV and ICV represent. Similarly, in the
case where the LCC is used to determine the Levelized Cost, it must be done considering the
economic principle with which the Levelized Cost was conceived (NPV = 0, and r = IRR).
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CAPEX Capital Expenditures
DoD Depth of Discharge
DR Discount Rate
DC Disposal costs
EVs Electric Vehicles
HEVs Hybrid Electric Vehicles
ICVs Internal Combustion engine Vehicles
IRR Internal Rate of Return
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K Maintenance fee
LCC Life Cycle Cost
LCOD Levelized Cost of Driving
NPV Net Present Value
OPEX Operational Expenditures
RV Residual Value
RepC Reparation cost
PDF Probability Density Function
SOC State of Charge
SOH State of Health
VSFC Vehicle Specific Fuel Consumption

References
1. Canals, C.L.; Egoitz, M.; Amante, G.B.; Nerea, N. Sustainability analysis of the electric vehicle use in Europe for CO2 emissions

reduction. J. Clean. Prod. 2016, 127, 425–437. [CrossRef]
2. Longo, M.; Lutz, N.M.; Daniel, L.; Zaninelli, D.; Pruckner, M. Towards an impact study of electric vehicles on the Italian

electric power system using simulation techniques. In Proceedings of the 2017 IEEE 3rd International Forum on Research and
Technologies for Society and Industry (RTSI), Modena, Italy, 11–13 September 2017. [CrossRef]

3. Ioannis, T.; Dalius, T.; Natalia, L. Li-ion Batteries for Mobility and Stationary Storage Applications Scenarios for Costs and Market Growth;
Publications Office of the European Union: Luxembourg, 2018; ISBN 978-92-79-97254-6. [CrossRef]

4. Zsuzsa, L.P.; Yannis, D.; Christian, T. The effect of fiscal incentives on market penetration of electric vehicles: A pairwise
comparison of total cost of ownership. Energy Policy 2017, 105, 524–533. [CrossRef]

5. Open Energy Information. Available online: https://openei.org/apps/TCDB/levelized{_}cost{_}calculations.html (accessed on
21 June 2021).

6. Paige, J.; Colin, M.; Daniel, S.; Matteo, M.; Laura, V.; Trieu, M. Electrification Futures Study: End-Use Electric Technology Cost
and Performance Projections Through 2050; National Renewable Energy Lab. (NREL): Golden, CO, USA, 2017. Available online:
https://www.nrel.gov/docs/fy18osti/70485.pdf (accessed on 1 March 2022).

7. Han, H.; Michael, W.; Yan, Z.; Hewu, W.; Minggao, O. Levelized Costs of Conventional and Battery Electric Vehicles in China: Beijing
Experiences; Springer: Berlin/Heidelberg, Germany, 2015; Volume 20, Number 7, pp. 1229–1246. [CrossRef]

8. EERE. Analysis 2018 Annual Progress Report Vehicle Technologies Office. US Department of Energy Office of Energy Efficiency
and Renewable Energy. 2018. Available online: https://www.energy.gov/sites/default/files/2019/04/f62/Analysis%202018%2
0Annual%20Progress%20Report.pdf (accessed on 5 March 2022).

9. Michael, O.; Aaron, B.; Caley, J.; Mike, M.; Jeremy, N.; Ahmad, P. Battery Ownership Model: A Tool for Evaluating the Economics of
Electrified Vehicles and Related Infrastructure; National Renewable Energy Lab. (NREL): Golden, CO, USA, 2011. Available online:
https://www.nrel.gov/docs/fy11osti/50356.pdf (accessed on 15 March 2022).

10. Sengupta, S.; Cohan, D.S. Fuel cycle emissions and life cycle costs of alternative fuel vehicle policy options for the City of Houston
municipal fleet. Transp. Res. Part Transp. Environ. 2017, 54, 160–171. [CrossRef]

11. Abas, A.P.; Yong, J.; Mahlia, T.M.; Hannan, M.A. Techno-Economic Analysis and Environmental Impact of Electric Vehicle. IEEE
Access 2019, 7, 98565–98578. [CrossRef]

12. Sami, K.; Wen, L.; Nikkita, S. Life cycle cost analysis of electrical vehicles in Australia. Procedia CIRP 2017, 61, 767–772. [CrossRef]
13. Zhao, X.; Doering, O.C.; Tyner, W.E. The economic competitiveness and emissions of battery electric vehicles in China. J. Appl.

Energy 2015, 156, 666–675. [CrossRef]
14. Zhang, C.; Chen, J.; Wang, Y.; Wang, G.; Xu, Z. Feasibility analysis and comparison of different types of electric vehicles. In

Proceedings of the 10th International Conference on Advances in Power System Control, Operation Management (APSCOM
2015), Hong Kong, China, 8–12 November 2015. [CrossRef]

15. Graditi, G.; Langella, G.; Laterza, C.; Valenti, M. Conventional and electric vehicles: A complete economic and environmental
comparison. In Proceedings of the 2015 International Conference on Clean Electrical Power (ICCEP), Taormina, Italy, 16–18 June
2015. [CrossRef]

16. Seong-Cheol, K.; Hoyoung, L. Economic appraisal of implementing electric vehicle taxis in Seoul. Res. Transp. Econ. 2019, 73,
45–52. [CrossRef]

17. Jooyoung, K.; Seungjae, L.; Sik, K.K. A study on the activation plan of electric taxi in Seoul. J. Clean. Prod. 2017, 146, 83–93.
[CrossRef]

18. Martinez-Laserna, E.; Giaga, I.; Sarasketa-Zabala, E.; Badeda, J.; Stroe, D.I.; Swierczynski, M.; Goikoetxea, A. Battery second life:
Hype, hope or reality? A critical review of the state of the art. Renew. Sustain. Energy Rev. 2018, 93, 701–718. [CrossRef]

19. Martinez-Laserna, E.; Sarasketa-Zabala, E.; Sarria, I.V.; Stroe, D.I.; Swierczynski, M.; Warnecke, A.; Timmermans, J.M.; Goutam, S.;
Omar, N.; Rodriguez, P. Technical viability of battery second life: A study from the ageing perspective. IEEE Trans. Ind. Appl.
2018, 54, 2703–2713. [CrossRef]

http://doi.org/10.1016/j.jclepro.2016.03.120
http://dx.doi.org/10.1109/RTSI.2017.8065911
http://dx.doi.org/10.2760/87175
http://dx.doi.org/10.1016/j.enpol.2017.02.054
https://openei.org/apps/TCDB/levelized{_}cost{_}calculations.html
https://www.nrel.gov/docs/fy18osti/70485.pdf
http://dx.doi.org/10.1007/s11027-013-9536-1
https://www.energy.gov/sites/default/files/2019/04/f62/Analysis%202018%20Annual%20Progress%20Report.pdf
https://www.energy.gov/sites/default/files/2019/04/f62/Analysis%202018%20Annual%20Progress%20Report.pdf
https://www.nrel.gov/docs/fy11osti/50356.pdf
http://dx.doi.org/10.1016/j.trd.2017.04.039
http://dx.doi.org/10.1109/ACCESS.2019.2929530
http://dx.doi.org/10.1016/j.procir.2016.11.179
http://dx.doi.org/10.1016/j.apenergy.2015.07.063
http://dx.doi.org/10.1049/ic.2015.0215
http://dx.doi.org/10.1109/ICCEP.2015.7177590
http://dx.doi.org/10.1016/j.retrec.2018.11.007
http://dx.doi.org/10.1016/j.jclepro.2016.06.056
http://dx.doi.org/10.1016/j.rser.2018.04.035
http://dx.doi.org/10.1109/TIA.2018.2801262


World Electr. Veh. J. 2022, 13, 119 17 of 17

20. Mikaela, D.; Benjamin, G.; Christopher, T.; Diran, A.; Yan, W. Repurposing Used Electric Car Batteries: A Review of Options; Springer:
Berlin/Heidelberg, Germany, 2017; Volume 69, Number 9, pp. 1575–1582. [CrossRef]

21. Matthew, T.L.; Paul, W.C.N.; Venkat, R.S. Model-Based SEI layer growth and capacity fade analysis for EV and PHEV batteries
and drive cycles. J. Electrochem. Soc. 2014, 161, A2099. [CrossRef]

22. Lluc, C.C.; Beatriz, A.G. Assessing electric vehicles battery second life remanufacture and management. J. Green Eng. 2016, 6,
77–98. [CrossRef]

23. Perez, A.; Moreno, R.; Moreira, R.; Orchard, M.; Strbac, G. Effect of Battery Degradation on Multi-Service Portfolios of Energy
Storage. IEEE Trans. Sustain. Energy 2016, 7, 1718–1729. [CrossRef]

24. Patricio, D.; Gómez, P.; Paúl, D. Estimación de Distancia Promedio Recorrida con y sin Pasajeros en los Taxis Convencionales del
Distrito Metropolitano de Quito. Bachelor Thesis, Pontificia Universidad Católica del Ecuador, Quito, Ecuador, 2015; pp. 1–92.
Available online: http://repositorio.puce.edu.ec/handle/22000/11883 (accessed on 1 February 2022).

25. Pérez, A.; Quintero, V.; Rozas, H.; Jaramillo, F.; Moreno, R.; Orchard, M.E. Modelling the degradation process of lithium-ion
batteries when operating at erratic state-of-charge swing ranges. In Proceedings of the 2017 4th International Conference on
Control, Decision and Information Technologies (CoDIT), Barcelona, Spain, 5–7 April 2017. [CrossRef]

26. Jiménez, D.; Ortiz-Villalba, D.; Perez, A.; Orchard, M.E. Lithium-ion Battery Degradation Assessment in Microgrids. In
Proceedings of the 2018 IEEE International Autumn Meeting on Power, Electronics and Computing (ROPEC), Ixtapa, Mexico,
14–16 November 2018. [CrossRef]

27. Pérez, A.; Quintero, V.; Rozas, H.; Jimenez, D.; Jaramillo, F.; Orchard, M.E. Lithium-ion battery pack arrays for lifespan
enhancement. In Proceedings of the 2017 CHILEAN Conference on Electrical, Electronics Engineering, Information and
Communication Technologies (CHILECON), Pucon, Chile, 18–20 October 2017. [CrossRef]

28. Zou, Y.; Hu, X.; Ma, H.; Li, S.E. Combined State of Charge and State of Health estimation over lithium-ion battery cell cycle
lifespan for electric vehicles. J. Power Sources 2015, 273, 793–803. [CrossRef]

29. Caihao, W.; Jing, S.; Huei, P. A unified open-circuit-voltage model of lithium-ion batteries for state-of-charge estimation and
state-of-health monitoring. J. Power Sources 2014, 258, 228–237. https://doi.org10.1016/j.jpowsour.2014.02.026.

30. Wang, Z.; Zeng, S.; Guo, J.; Qin, T. State of health estimation of lithium-ion batteries based on the constant voltage charging curve.
J. Energy 2019, 167, 661–669. [CrossRef]

31. Ma, Z.; Yang, R.; Wang, Z. A novel data-model fusion state-of-health estimation approach for lithium-ion batteries. Appl. Energy
2019, 237, 836–847. [CrossRef]

32. Thanapalan, K.; Bowkett, M.; Williams, J.; Hathway, M.; Stockley, T. Advanced EIS Techniques for Performance Evaluation of
Li-ion Cells. IFAC Proc. Vol. 2014, 47, 8610–8615. [CrossRef]

33. Kotub, U.; Surak, P.; Dhammika, W.W.; Limhi, S.; James, M. Characterising lithium-ion battery degradation through the
identification and tracking of electrochemical battery model parameters. Batteries 2016, 2, 13. [CrossRef]

34. Eddahech, A.; Briat, O.; Bertrand, N.; Delétage, J.; Vinassa, J. Behavior and state-of-health monitoring of Li-ion batteries using
impedance spectroscopy and recurrent neural networks. Int. J. Electr. Power 2012, 42, 487–494. [CrossRef]

35. Peter, W.; Patrick, M.; Margaret, O. Long-Term cost of ownership comparative analysis between electric vehicles and internal
combustion engine vehicles. Sustain. Cities Soc. 2018, 39, 578–591. [CrossRef]

http://dx.doi.org/10.1007/s11837-017-2368-9
http://dx.doi.org/10.1149/2.1161412jes
http://dx.doi.org/10.13052/jge1904-4720.614
http://dx.doi.org/10.1109/TSTE.2016.2589943
http://repositorio.puce.edu.ec/handle/22000/11883
http://dx.doi.org/10.1109/CoDIT.2017.8102703
http://dx.doi.org/10.1109/ROPEC.2018.8661410
http://dx.doi.org/110.1109/CHILECON.2017.8229537
http://dx.doi.org/10.1016/j.jpowsour.2014.09.146
http://dx.doi.org/10.1016/j.energy.2018.11.008
http://dx.doi.org/10.1016/j.apenergy.2018.12.071
http://dx.doi.org/10.3182/20140824-6-ZA-1003.02463
http://dx.doi.org/10.3390/batteries2020013
http://dx.doi.org/10.1016/j.ijepes.2012.04.050
http://dx.doi.org/10.1016/j.scs.2018.02.024

	Introduction
	Proposed Methodology for Evaluating Economically the Operation of EVs 
	CAPEX
	Residual Value and Reparation Cost
	Operational Expenses (OPEX)
	Dealing with the Stochasticity of Daily Vehicle Operation by Monte Carlo Simulation

	Case Study: Evaluating the Economic Feasibility of EV Taxis in the City of Quito, Ecuador
	Case Study: Obtained Results and Sensitivity Analysis
	Sensibility Analysis with Respect to Vehicle Performance
	Sensibility Analysis with Respect to EV CAPEX
	Sensibility Analysis with Respect to EV Residual Value
	Sensibility Analysis with Respect to EV the Discount Rate
	Sensibility Analysis with Respect to EV Charging Electric Rate
	Impact of Bias in Battery Degradation Models in Financial Analysis
	Comparison with Another Methodology 
	Discussion

	Conclusions
	References

