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Abstract: In the Baltics, warming is expected to burden the growth of Norway spruce Picea abies, with
weather anomalies/extremes having strong triggering effects, which can be mitigated by tree breeding.
Within the region, breeding programmes have been aiming for productivity, yet being conservative,
their sustainability depends on the adaptability of native genotypes, which is unclear. The adaptability
of genotypes can be assessed through local adaptations and phenotypic plasticity, with the sensitivity
of increment depicting the conformity of genotypes and environments. To assess the adaptability of
native populations to anticipated climates, local genetic adaptation and phenotypic plasticity of the
weather sensitivity of the radial increment were assessed by the methods of time series analysis and
quantitative genetics based on three clonal trials (low-density single-tree plot plantations of grafted
clones of native plus trees) representing the local climatic gradient in Latvia. The growth of trees was
sensitive to the moisture availability in summer and the thermal regime in winter, yet coinciding
anomalies in both were associated with abrupt changes in tree ring width. These environmental
effects differed among the clones, indicating genetic controls over the sensitivity of increment, which,
however, decreased under a warmer climate, suggesting a limited adaptability of local populations to
warming. Still, the weather-growth relationships showed moderate phenotypic plasticity, suggesting
some mid-term adaptability. Accordingly, supplementation of breeding populations via assisted gene
transfer with the genotypes that are adapted to warmer and drier climates appears crucial.

Keywords: Picea abies; heritability; weather-growth relationships; meteorological anomalies;
local adaptation

1. Introduction

In the eastern Baltic region, the projected changes in tree species abundance are giving
rise to concerns about the sustainability of Norway spruce Picea abies Karst. [1,2], which is
an economically important species [3]. The decline in Norway spruce, though, has been
predicted by the bioclimatic models, which can be biased due to uneven adaptability of
populations [4,5]. On the contrary, an increase in forest productivity has been projected as
the vegetation season extends [6], thus adding to the uncertainties. Accordingly, estimates
of the genetic adaptation and phenotypic plasticity of local populations are crucial for
their adaptability assessment [7,8], as well as being indicative of the marginality of the
growing conditions [2,9]. Such estimates can be made by the methods of quantitative
genetics [10], with provenance/progeny trials providing empirical material for broad-sense
estimates [11,12]. In this regard, weather anomalies/extremes resulting from a shift/extension
of the local climatic gradient [13,14] are considered the triggers for genetic adaptations [9],
with the follow-up responses revealing the resilience of growth [15,16]. Such information is
crucial for adaptive management [17] and for tree breeding in particular [10,11,18].

In the eastern Baltic region, forest tree breeding programmes are conservative, i.e.,
they rely on native genotypes and their genetic diversity [19–21], as well as genetic controls
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for the sets of the most relevant traits [22,23]. Hence, the presence of small-scale genetic
adaptations is crucial [7,8,24]. Currently, the breeding indices emphasize productivity and
stem quality traits [21–23], which are a cumulative representation of the conformity of
genotypes with the past climates [25,26]. Under the accelerating environmental changes,
such information might be outdated [27,28], and hence, traits highlighting compatibility
with the climate are crucial [8,9]. Increment, which is an integral estimate of the conformity
of genotypes with the environment [29,30], can therefore be considered an informative
adaptability proxy [31,32].

Radial increment is a widely used proxy of forest growth and productivity, as it can be
conveniently reconstructed from measurements of tree ring widths (TRW) [29,33]. Further-
more, TRW is a complementary source of information on the genetic and environmental
control of growth [30,31]. However, radial increment is a product of site, genetics, age,
weather, disturbances, etc., and hence, elaborate mathematical methods (e.g., time series
deconstruction) have been developed for the separation of variance [15,34]. Considering
the discrete nature of weather anomalies, specific standardization methods have been
advised for the quantification of responsiveness and resilience of growth, ensuring reliable
retrospections [16,34,35].

Norway spruce tolerates a wide range of edaphic conditions, but favors mesotrophic
and eutrophic sites [36]. The species is sensitive to water deficit [7,24,37]; still, under a
temperate climate, its growth is limited by both warmth and moisture availability [38,39].
Furthermore under temperate climate, the weather controls of growth of spruce are com-
plex, with temperature in the dormancy period having carry-over effects [2,39], which
might alter its susceptibility to water shortage in summer [36,40]. In Northern Europe,
warming has been projected to improve the growth of Norway spruce [6,25,36]; however,
the complex effects of the intensifying water shortages are becoming devastating [3,37,41].
This is particularly so in the case of anomalously warm and dry summers [37], high-
lighting the ability of genotypes to deal with water deficit as being paramount for their
sustainability [8,27,42].

For Norway spruce populations, some local genetic adaptation to drought has been
shown under close-to-marginal (tailing) conditions, which, however, rapidly decreases at
the distribution limit [2,7]. In the Baltics, local provenances (considered nonmarginal) with
trees differing in dimensions and stem/crown properties have been distinguished [43,44].
However, nonmarginal tree populations can have a common sensitivity to the principal
weather drivers of growth to maximize growth [45]. Accordingly, estimates of the adaptabil-
ity of such populations are crucial for the assessment of the sustainability of conservative
breeding programmes and management [10,18,28]. Considering the specialization of popu-
lations [7], local information is highly anticipated.

This study aimed to estimate the local genetic adaptation and phenotypic plasticity
of the native populations (local provenances) of Norway spruce in Latvia in terms of the
sensitivity of increment to weather anomalies and drought conditions in particular. We
hypothesized that local genotypes would show only moderate differences in sensitivity
to weather anomalies, indicating a limited adaptability of the native population to the
anticipated climatic changes.

2. Material and Methods
2.1. Trials and Sampling

Three clonal trials (initially intended as seed orchards, but left as clonal trials due to
lack of tree topping) of local genotypes (plus trees) located in the mid-part of Latvia near
Tukums (TUK), Biksti (BKT), and Kalsnava (KLN), were studied (Figure 1). The trials were
established in 1964 (TUK and KLN) and 1967 (BKT) by planting two-year grafts of local
plus trees originating within 35 km from the trials (in TUK and KLN trials), as well as from
the western and eastern local provenance regions of Latvia (in BKT trial). Accordingly,
these were the oldest clonal trials of the species within the region that were available, with
their age being sufficient for time series analysis of increment. In all cases, rootstocks grown
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in local nurseries were used. Each trial had a unique set of clones (without overlap; the
number of clones differed). The trials were established on mesotrophic former agricultural
land (meadows) with a flat topography and deep freely draining sandy/silty soil. The
initial spacing was 5 × 5 m (trees ha−1), and the design was randomized single-tree plots.
The trials contained from 32 to 84 clones, initially represented by seven to 30 ramets (trees).
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Figure 1. Location of the studied clonal trials of local plus trees of Norway spruce in Latvia.

The trials represented the local continentality gradient from maritime (TUK and BKT
trials) to inland (KLN trial) climate; the mean annual temperature (±st. dev.) was 7.4 ± 0.7
and 6.4 ± 0.7 ◦C, respectively (Supplementary Material, Figure S1). January and July
were the coldest and warmest months, with temperatures ranging from −4.3 ± 2.8 to
−2.2 ± 2.6 and from 17.9 ± 1.7 to 18.0 ± 1.6 ◦C in KLN and TUK/BKT trials, respectively.
The mean annual precipitation was comparable among the trials, ranging from 681 ± 82
to 700 ± 80 mm/year in TUK/BKT and KLN, respectively. The annual distribution of
precipitation was also similar among the trials, as approximately half of the annual pre-
cipitation fell during the summer months (June–September, 75 ± 16 mm/month). The
climatic changes were expressed as the warming during the dormancy period, and hence
as the extension of the vegetation period (by ca. two weeks during the 20th century), and
particularly as the increasing heterogeneity of a summer precipitation regime with the
extension of hot precipitation-free periods [13,42].

Based on the data from a trial inventory conducted in 2010–2014, 19, 20, and 77 clones,
which represented the distribution of tree dimensions of the plantations and had more
than four ramets, were selected for sampling in KLN, TUK, and BKT trials, respectively.
Between 5 and 22 ramets, representing the stem diameter distribution, were selected for
each clone. From each of the selected trees, two increment cores from randomly oriented
opposite sides of the stem were collected at breast height using a 5 mm increment borer.
It was ensured that at least one core per tree contained the pith (with a maximum offset
of three tree-rings). Only visually healthy nonleaking trees were sampled, though. The
sampling was carried out in 2015 in the KLN and TUK trials and in 2018 in the BKT trial. In
the laboratory, increment cores were mounted, and their surface was progressively grinded
to ensure recognition of tree ring borders. The measurements of TRW were done manually
using the LINTAB 6 measuring table (RinnTech, Heidelberg, Germany). All measurements
were done by the same person; TRW was measured with 0.01 mm accuracy.
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2.2. Data Analysis

To ensure the quality of measurements and exact dating of increment crucial for assess-
ment of linkages with meteorological data, time series of TRW were cross-dated graphically
and statistically. The metrics of environmental strength (e.g., expressed population signal,
signal-to-noise ratio, interseries correlation) and variability of TRW (mean sensitivity, gini
coefficient, first-order autocorrelation, etc.) were calculated for the datasets, and their
subsets were calculated based on a detrended (by a flexible cubic spline) time series. To
relate changes (their abruptness) in increment (TRW) with weather anomalies, as well as to
assess the effects of local adaptation in it, the complex approach suggested by Schwarz et al.
(2020) [16] and Jetschke et al. (2019) [34] was used for the identification of weather-driven
growth changes. To estimate the abruptness of changes in increment, pointer year (PY)
analysis based on the relative growth change was used [46]. The analysis was conducted for
each clone. The time series of TRW were converted into the time series of growth changes
relative to the preceding five years. The relative changes in TRW of ≥40% were considered
an indicator of an event year.

A PY for a clone was considered “significant” if ≥50% of trees showed coherent
(positive or negative) event year. Such mild threshold values were set due to favorable
growing conditions and productive growth. Additionally, time series of mean relative
growth deviations were calculated for each clone. Rolling z-scores for 30-year windows
were calculated for the meteorological variables to identify anomalies (z-score > 2.0). A
bootstrapped (semiparametric bootstrap, 1000 iterations) Pearson correlations analysis
between the mean relative deviation in TRWs for clones and local meteorological variables
was conducted for the screening of meteorological conditions relating to changes in growth.

The gridded (0.5◦ latitude/longitude) meteorological data, mean monthly temperature,
and precipitation sums were acquired from the online repository of the Climatic Research
Unit of the University of East Anglia [47]. Local data (for the grid points located closer than
0.25◦ from the trials) were acquired. The standardized precipitation evapotranspiration
index (SPEI) was calculated with respect to the three preceding months to describe the
occurrence of drought conditions [48]. Considering the carry-over effects of weather
conditions [2,39], the meteorological variables were arranged into the climatic window
from June in the year preceding the formation of increment to September of the year
of growth. Additionally, composite variables representing conditions of climatic years
(October–September), winter (December–February), spring (March and April), summer
(June–September), and growing period (June and July) were calculated.

To evaluate the resilience of TRW in response to the identified PYs and their local
differences, resilience (“RRR”) analysis was performed [15,16]. The resilience indices
(resistance, recovery, resilience, and relative resilience) were calculated for each tree with
respect to four years before/after a PY. The local provenance effect of the resilience indices
in the common negative PYs was estimated using mixed effects models, which were fitted
using the restricted maximum likelihood approach [49]. Affiliation of the clones to local
provenance region, the western and eastern part of Latvia, which differ in dimensions
and stem quality of trees [43,44], was used as the fixed effect. Stem diameter at breast
height was included as a covariate (fixed) to control for tree size. Trial, clone (nested),
and year (crossed) were included in the models as the random effects to account for the
spatiotemporal dependencies. The models were based on the pooled data from the studied
trials (incomplete design). Wald’s type II χ2 test was used to estimate the significance of
the differences between the two local provenance regions.

To evaluate the strength of genetic control over responses and resilience of increment
in relation to weather anomalies, which differed by nature, as well as “normal” variation,
heritability indices [50,51] were calculated on an annual basis. For the separation of variance
components, a simple random effect was used, where relative changes in TRW as well as
the calculated resilience indices of trees were used as the response, and clone was used as
the random effect. The models in general form were as follows:
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rijk = µ+ (ck) + εk, (1)

where (ck) is the random effect of clone in the i-th year. The models were fitted using the
maximum likelihood approach. Broad-sense heritability (H2) was estimated as the ratio of
the variance of clone and the total variance [51]. To evaluate genetic variability in growth
responses, the clone/provenance coefficient of variation (CCV) was calculated as the ratio
of the square root of variance of a clone to the absolute mean value of the growth response.
Considering that the weather-related drivers of changes in increment differed by the trials,
the analysis was conducted separately for each of the trials.

To generalize genetic effects on relative changes and resilience of growth across the
local climatic gradient, variance separation was carried out by mixed models based on the
data from all the trials combined. The models in general form were as follows:

rijk = µ+ ti + yj + ti : yj +
(

ck(i)

)
+

(
ck(i) : yj

)
+

(
ck(i) : yj : ti

)
+ εijk, (2)

where ti is the fixed effect of trial, yj is the fixed effect of year, ti:yj is their interaction,
(ck(i)) is the random effect of clone nested in trial, ck(i):yj is the random effect of interaction
between clone and year, and ck(i):yj:ti is the random effect of the interaction among clone,
year, and trial. Random effects represent random intercepts. The relative growth changes
and tolerance indices of trees were used as the responses. The heritability estimates were
calculated as stated above. Data analysis was conducted in R v. 4.2.2 [52], using packages
“dplR” [53], “pointRes” [46], and “lme4” [49].

3. Results

The measurements of TRWs were of a good quality, and the time series representing
1175 of 1260 initially sampled trees (93.2%) were successfully cross-dated; accordingly,
the trials were represented by data from 211 to 629 trees (Table 1). Due to the uneven
number of trees per clone, the metrics of the environmental signals that were captured
by the time series of TRW ranged widely, particularly under the harsher climate in the
KLN trial. Nevertheless, the datasets of the trials and clones mostly were representative
of environmental variation, as the EPS values exceeded the arbitrary threshold of 0.85.
The lower values of EPS for some clones were likely due to the lower number of trees;
nevertheless, when averaged for the trial, the values were sufficient. The strength of
environmental forcing of the TRW indicated by the SNR of the datasets also ranged widely,
indicating the uneven sensitivity of the clones; however, it tended to be higher in the
TUK trial. The gini coeffects were low, implying a low interannual variation of TRW, as
the growth of trees has been quite rapid. However, the intermediate values of the mean
sensitivity of the time series, as well as the low autocorrelation, indicated a nonlagged
responsiveness of increment to environmental forcing.

During the periods covered by the time series of TRW, a few PYs were identified,
indicating some abrupt changes in radial growth (Figure 2). However, the incidence of
PYs largely differed among the clones, and such differences, as indicated by the common
“significant” PYs, were stronger under the cooler climate of the KLN trial. In contrast,
common PYs were more frequent under the warmer climates of the BKT and TUK trials,
where up to 100 and 65% of clones showed them, respectively. Nevertheless, common
tendencies in the occurrence of PYs were observed in all trials, as the positive PY occurred
when trees were young, and the negative PYs occurred as the trees were ageing. The
spatial synchrony (among the trials) of the positive PYs was limited, indicating the effects
of local environmental conditions. Most of the negative PYs, identified during the second
part of the reference intervals, were common among the trials, indicating large-scale
environmental effects.
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Table 1. Statistics of the time series of tree ring width of Norway spruce clones in three low-density
grafted clonal trials in Latvia. The agreement statistics are calculated for time series detrended
by flexible cubic spline. The mean value and the range of estimates (among clones; in brackets)
are shown.

Trial Kalsnava (KLN) Tukums (TUK) Biksti (BKT)

Number of clones 19 20 77
Timespan of series 1969–2015 1971–2015 1981–2018
Total number of cross-dated trees 211 335 629
Number of ramets (trees) per clone 11.1 (6–18) 16.7 (7–24) 8.3 (5–22)
Mean tree ring width, mm 4.00 (3.58–4.91) 4.62 (3.74–5.44) 5.68 (4.22–7.02)
Standard deviation in tree ring width, mm 1.61 (1.28–2.16) 1.49 (1.21–1.76) 2.00 (1.33–2.99)
Mean sensitivity of time series 0.22 (0.19–0.28) 0.25 (0.21–0.29) 0.23 (0.17–0.29)
Gini coefficient of time series 0.13 (0.10–0.16) 0.14 (0.12–0.15) 0.12 (0.09–0.17)
First-order autocorrelation of time series 0.13 (0.10–0.16) 0.14 (0.12–0.15) 0.12 (0.09–0.17)
Mean interseries correlation (r-bar) 0.40 (0.22–0.57) 0.48 (0.31–0.62) 0.50 (0.20–0.68)
Expressed Population Signal (EPS) 0.87 (0.75–0.94) 0.93 (0.81–0.97) 0.85 (0.82–0.97)
Signal-to-noise ratio (SNR) 8.02 (3.00–17.25) 16.21 (4.07–32.45) 9.02 (3.73–38.06)

Forests 2024, 15, x FOR PEER REVIEW 6 of 17 
 

 

when trees were young, and the negative PYs occurred as the trees were ageing. The spa-
tial synchrony (among the trials) of the positive PYs was limited, indicating the effects of 
local environmental conditions. Most of the negative PYs, identified during the second 
part of the reference intervals, were common among the trials, indicating large-scale en-
vironmental effects. 

Table 1. Statistics of the time series of tree ring width of Norway spruce clones in three low-density 
grafted clonal trials in Latvia. The agreement statistics are calculated for time series detrended by 
flexible cubic spline. The mean value and the range of estimates (among clones; in brackets) are 
shown. 

Trial Kalsnava (KLN) Tukums (TUK) Biksti (BKT) 
Number of clones 19 20 77 
Timespan of series 1969–2015 1971–2015 1981–2018 
Total number of cross-dated trees 211 335 629 
Number of ramets (trees) per clone  11.1 (6–18) 16.7 (7–24) 8.3 (5–22) 
Mean tree ring width, mm 4.00 (3.58–4.91) 4.62 (3.74–5.44) 5.68 (4.22–7.02) 
Standard deviation in tree ring width, mm 1.61 (1.28–2.16) 1.49 (1.21–1.76) 2.00 (1.33–2.99) 
Mean sensitivity of time series 0.22 (0.19–0.28) 0.25 (0.21–0.29) 0.23 (0.17–0.29) 
Gini coefficient of time series 0.13 (0.10–0.16) 0.14 (0.12–0.15) 0.12 (0.09–0.17) 
First-order autocorrelation of time series 0.13 (0.10–0.16) 0.14 (0.12–0.15) 0.12 (0.09–0.17) 
Mean interseries correlation (r-bar) 0.40 (0.22–0.57) 0.48 (0.31–0.62) 0.50 (0.20–0.68) 
Expressed Population Signal (EPS) 0.87 (0.75–0.94) 0.93 (0.81–0.97) 0.85 (0.82–0.97) 
Signal-to-noise ratio (SNR) 8.02 (3.00–17.25) 16.21 (4.07–32.45) 9.02 (3.73–38.06) 

 
Figure 2. The proportion of clones showing “significant” pointer year in TRW in the studied clonal 
trials (a–c) of local plus trees of Norway spruce in Latvia (bars). Lines indicate broad-sense clonal 
heritability (H2; solid line) and coefficient of genetic (clonal) variation (CCV) of relative changes in 
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Figure 2. The proportion of clones showing “significant” pointer year in TRW in the studied clonal
trials (a–c) of local plus trees of Norway spruce in Latvia (bars). Lines indicate broad-sense clonal
heritability (H2; solid line) and coefficient of genetic (clonal) variation (CCV) of relative changes in
TRW calculated on an annual basis. Heritability coefficients are calculated for the periods represented
by ≥5 clones and ≥50 observations.

The identified PYs occurred in years with a few coinciding weather anomalies (Table 2),
indicating complex cumulative effects of meteorological conditions, as well as the robust-
ness of radial growth regarding single moderate climatic disturbances. Generally, the
positive PYs (growth improvements) occurred when winters were cold and summers were
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cool or moist. The negative PYs were associated with hot and dry summers coupled with
an increased temperature during the dormancy period, which, however, differed by clone.
On an annual basis, the relative growth changes (mean growth deviations for the clones)
showed correlations with the meteorological variables, reflecting periods during and be-
fore the formation of increment, thus indicating direct and carry-over effects of weather
conditions (Figure 3). However, the strength of weather limitations on the TRW differed by
trials as indicated by the proportion of clones with significant correlations.

Table 2. Meteorological anomalies according to the national almanack and gridded climatic data
(monthly meteorological variables; CRU TS4) coinciding with the estimated “significant” pointer
years in tree ring width of local clones of Norway spruce in clonal trials in Latvia during the period of
1971–2018. For the monthly weather anomalies, rolling 30-year z-scores are shown in brackets. Only
the anomalies with z-score > 2.00 are shown. MAT—mean annual temperature, SPEI—standardized
precipitation evapotranspiration index.

Year Pointer Year Almanack Gridded Data, Monthly Variables

1974 neg., KLN Cold and heat records in winter and summer Prec. spring (−2.34)

1975 neg., KLN Warmth records in winter, contrasting spring temp.,
dry summer MAT (2.49), SPEI Mar. (−2.41)

1978 pos., TUK Low temp. records in spring and summer, moist summer Prec. Aug. (2.14)

1980 pos., TUK,
KLN

Low. temp. records in winter and spring, cool spring,
moist summer Prec. prev. Jul. (2.19), SPEI Aug. (2.46)

1981 pos., KLN Cold records in spring, heat records in summer, warm and
moist summer Prec. Mar. (2.17), prec. Jun. (2.25)

1990 pos., BKT, TUK Warmth records in winter, warm winter, spring Temp. Feb. (2.14), temp. Mar. (2.10), temp.
winter (2.68)

1993 pos., BKT, TUK Low temp. records in winter and summer, cold year Temp. prev. Oct. (−2.31), temp. May (2.34),
SPEI Mar. (2.04)

1995 pos., BKT Warmth records in spring and summer, contrasting
summer temp.

Temp. prev. Jul. (2.32), prec. prev. Jul.
(−2.11)

1998 neg., KLN Warmth records in winter, moist summer Temp. prev. Aug. (2.46), prec. Jun. (2.1),
prec. veg. seas. (2.07)

2000 neg., KLN Warmth records in winter, spring, and summer Temp. prev. Jun. (2.29), temp. Apr. (2.37),
SPEI. Jun. (2.06)

2006 neg. Cold records in winter, heat records in July -

2007 neg., BKT, TUK Temp. contrasts in winter and spring Temp. prev. Dec. (2.26), temp Mar. (2.43),
prec. Jan. (2.33)

2014 neg. Warmth record in spring, contrasting temp. May, heat
records in summer, warm and dry summer

SPEI. prev. Sep. (2.06), SPEI Jan. (2.30),
SPEI. veg. seas (−2.55)

2017 neg., BKT Warmth records in winter and spring, low temp. records
in summer, warm winter, cool summer. Prec. Sep. (2.26)

2018 neg., BKT Heat records in spring and summer, dry and
warm summer Temp. May (2.51), temp. summer (2.34)

Under the harsher climate of the KLN trial, clonal differences regarding the mete-
orological forcing of the TRW were the strongest. Accordingly, the negative correlation
with precipitation in May was the most common, being significant for 63% of the clones
(Figure 3). Between 32 and 42% of the clones showed correlations with moisture availability
(SPEI) in the preceding summer (July to September). The correlation with summer pre-
cipitation, indicating a direct effect of moisture availability on increment, was significant
for one-third of the clones. A few clones showed correlations with conditions during
winter. Under the warmer coastal climate of the TUK trial, correlations with precipitation
in February and June (positive) and temperature during the growing season and summer
(negative) were the most common, being significant for up to 52% of clones. Such correla-
tions, as well as similar effects of precipitation, indicated growth limitations by summer
water availability.
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Considerably stronger weather limitations on the TRW and, hence, the weakest clonal
differences were suggested by the weather-growth correlations under warmer inland cli-
mate in the BKT trial (Figure 3). This was particularly so considering the higher number
of clones tested, which represented genotypes from the local and neighboring prove-
nance region. In this trial, the number of meteorological variables showing significant
weather–growth correlations was also higher, likely due to a wider representation of the
genotypes (Table 1). In the trial, 95% of the clones showed a positive correlation with Febru-
ary precipitation, and the majority of them also showed a positive correlation with SPEI in
spring months (Figure 3). The temperature in summer showed negative correlations for 72%
of the clones. Additionally, positive correlations with temperature in winter/spring and
precipitation in summer months were significant for 20–30% of the genotypes. Nevertheless,
the signs of correlations were consistent for the clones.

The resilience of growth regarding the negative PY was similar among the studied
populations (local provenances), as only slight differences in resilience components were
estimated (Figure 4, Table 3). Overall, the mean values of the resilience components
indicated the ability of the genotypes to restore growth to pre-disturbance levels, even
though the negative PY were considered. As trees were young and TRW had an explicit
age trend, the resilience of the TRW was slightly below 1.0, and hence, relative resilience
was low. However, resilience was specific for the genotypes and local conditions, as well as
the nature of the water anomaly underlying PY, as indicated by the structure of random
variances. The recovery was comparable to the inverse values of the resistance, confirming
that the pre-disturbance levels of TRW were rapidly achieved. The resistance was the only
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component, which differed among the local populations and indicated higher sensitivity
of the genotypes from the eastern population, likely to the intensifying water shortages
(Table 2).
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Table 3. The fixed effect of local provenances (provenance region) and stem diameter at breast height
on the resilience components of tree ring width of native genotypes of plus trees of Norway spruce,
generalized across the studied three clonal trials in Latvia in relation to negative pointer years during
the period of 1985–2018, as well as the random variance related to trial design and year of increment.

Resistance Recovery Resilience Relative Resilience

Fixed effects

χ2 p-value χ2 p-value χ2 p-value χ2 p-value
Local provenance 4.7 <0.05 0.1 0.82 2.8 0.09 0.1 0.74
Stem diameter at breast
height 38.7 <0.05 56.4 <0.05 0.1 0.81 32.2 <0.05

Random effects, variance

Tree 0.0010 0.0001 0.0355 0.0076
Clone 0.0022 0.0105 0.0013 0.0023
Provenance 0.0001 0.0001 0.0001 0.0001
Year 0.0029 0.0082 0.0023 0.0007
Trial 0.0045 0.0035 0.0083 0.0014
Residual 0.0353 0.2224 0.0156 0.0419

Model statistic, R2

Marginal 0.018 0.025 0.005 0.017
Conditional 0.245 0.114 0.753 0.238

The clonal differences in the occurrence of PY (Figure 2) and sensitivity of increment
(Figure 3) indicated genetic controls over the growth responses to weather anomalies;
however, the annual heritability estimates (both H2 and CCV) were low to intermediate
(Figure 2). The CCV was generally lower than H2, indicating limited genetic plasticity.
The heritability estimates mostly peaked during the negative PY, yet the peaks and the
overall values tended to be lower under the warmer climate, indicating diminishing genetic
effects. Accordingly, the highest annual heritability estimates for the relative changes in
TRW were higher under the coolest climate in the KLN trial while being the lowest under
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warmer conditions in BKT. Still, in the BKT trial, the highest heritability was estimated in
response to the positive PY of 1993, which was a cold year (Table 2). The occurrence of
peaks in heritability estimates showed some specifics among the PY, indicating complex
meteorological triggers of genetic effects. In the BKT and TUK trials, heritability peaked in
2007, although a stronger PY occurred a year before, while in the KLN trial, the peak in
1992 was not associated with the identified PYs. Similar trends occurred in the BKT and
TUK trials in 2012. The heritability of the resilience components of TRW showed a pattern
that is highly similar to the relative changes in growth, although the heritability estimates
for resilience were low (Supplementary Material, Figure S2).

The components of clone/genetic variance and the broad-sense heritability coefficients
estimated for the entire reference periods were low, showing weak genetic effects on
the responsiveness of TRW to weather anomalies (Table 4). The variance components,
however, showed that such low estimates were likely due to a high random variance,
as the models did not include fixed effects of environmental variability. Irrespective of
the random variance, the clonal variance was low compared to the other components,
implying a lack of systematic responses. On the other hand, the variance components
related to the interactions involving clones, which indicate the genotype-by-environment
interactions, were higher, yet their structure differed for the resilience components of TRW.
Clone-by-year interaction was the highest for relative growth changes, resistance, and
relative resistance of TRW, indicating specific responses to meteorological anomalies. For
recovery, the interaction between clone, year, and trials was the strongest, implying local
specifics in the effects of weather anomalies.

Table 4. Components of genetic/clonal variance for relative changes and resilience components in
tree ring width of native genotypes of plus trees of Norway spruce, generalized across the studied
three clonal trials in Latvia in relation to negative pointer years calculated on an annual basis for the
entire period of 1985–2018. H2—broad sense heritability, CCV—clonal coefficient of variation.

Relative
Changes Resistance Recovery Resilience Relative

Resilience

Variance components

Clone-trial-year interaction 0.0007 0.0178 0.0468 0.0001 0.0026
Clone-year interaction 0.0035 0.0164 0.0001 0.0221 0.0261
Clone 0.0002 0.0001 0.0001 0.0016 0.0001
Residual 0.0642 0.0680 0.1339 0.1260 0.0857

Heritability estimates

H2 0.0035 0.0001 0.0001 0.0104 0.0001
CCV 0.0160 0.0001 0.0001 0.0401 0.0001

4. Discussion
4.1. Representativity of the Datasets

The increment of the studied genotypes of Norway spruce was sensitive to weather
fluctuations, implying climatic controls over the growth, thus allowing assessment of
sustainability under anticipated climatic changes [29,31,33]. The high percentage of the
cross-dated time series of TRW, as well as the statistics on its interannual variation (Table 1),
highlighted the presence of explicit weather forcing of radial increment, as well as the
informativity of the datasets [53,54]. The intermediate values of the mean sensitivity of
the time series confirmed their sufficiency for weather-growth analysis [54]. Although
tree growth under temperate conditions depends on nutrient reserves, which results in
the autocorrelation of growth [54], the estimate was low implying immediate and plastic
responses to environmental changes. The clonal differences in the time series statistics
(Table 1) also indicated a diversity of responses to environmental fluctuations, hinting at
the adaptability of the local populations [7,8].
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The intermediate strength of the PYs (Figure 2), considering limited interannual vari-
ability (Table 1), implied a general rigidness of increment, particularly as the trees were
young and grew under optimal conditions (trial). The incidence of the PY with several
weather anomalies (Table 2) also suggested the robustness of TRW to single climatic distur-
bances [34,35]. The relatively low variability in TRW can also be related to the seasonally
fluctuating rate of xylogenesis [55]. The largest part of which (earlywood) is formed during
the first part of the period [38] when soil moisture is abundant [13]. As the growing season
advances and the weather gets warmer and drier, the effects of moisture availability on
growth increases, yet only a part of TRW is affected [38,55], thus explaining the limited in-
terannual variability (gini of TRW; Table 1). The negative effects of water shortage on TRW
might also be partially offset by the positive effects of warming [6,56]. Accordingly, the
moderate expression of a common sensitivity of growth can still be considered informative
for the sustainability of genotypes to weather conditions and, particularly, moisture defi-
ciency, which can have devastating legacy effects on Norway spruce [3,41]. The plasticity
of increment and its responses to environmental fluctuation, however, can be considered
an adaptation to an increasing range of environmental conditions [4,9,11], as the trees
grow productively. Alternatively, this might be an artefact of the relatively small age of
the trees, when the radial increment is largely affected by competition rather than weather
conditions [54].

4.2. Weather Controls of Increment

Under the temperate climate in the hemiboreal zone, weather controls of tree growth
are complex, as the effects of cold damage by low temperatures, vegetation, and/or grow-
ing season length and intensifying droughts interact [36,37]. Accordingly, the effects of
weather conditions previously identified as the regional drivers of spruce growth [2,39]
were associated with the PY and annual changes in the TRW of the studied genotypes
(Figure 3, Table 2). These relationships confirmed the spatiotemporal complexity of meteo-
rological effects [39]. The effects of intensifying hot droughts, which are emerging threats
to forest growth [14,37,42], were indicated by the weather anomalies in summer moisture
availability underlying the PY, particularly in the latter part of the analyzed period (Table 2).
The correlations with summer temperature (negative) and precipitation (positive; Figure 3)
particularly supported the sensitivity of local genotypes to hot droughts [42]. Considering
Norway spruce as a boreal species that is adapted to cold climates [7,57], the differences
in climatic forcing of TRW showed an explicit thermal cline in sensitivity of increment
among the trials, such as on the distribution limit [2]. In turn, the positive correlations in
the KLN trial with moisture availability in the previous vegetation season (Figure 3) might
be explained by the assimilation of additional nutrients and, hence, the facilitated early
growth in cases when moisture was not limited [36,38].

Considering the location in a cool temperate climate, the weather conditions during the
dormancy period had a carry-over effect on increment. The effects of winter temperature
and precipitation (Figure 3), which are usually in the form of snow, might be explained
by the insulating effects of snow cover, which affect root dynamics and water relations in
the following vegetation season [40]. Additionally, the amount of winter precipitation that
replenishes groundwater determines the moisture availability during the first part of the
vegetation period [13]. This was particularly so under the warmer and drier climate of the
BKT trials. Contrastingly, the negative correlations with May precipitation under the cooler
climate of the KLN trial might be related to reduced assimilation in the case of rainy and,
hence, cloudy conditions [36,58].

The positive PY (Figure 2) tended to coincide with a cool or moist summer (Table 2),
implying that increased moisture availability boosted increment at a juvenile age, when
drought tolerance of spruce is high [59]. As the trees age, their drought sensitivity increases
due to changes in their hydraulic architecture and increasing maintenance costs [60];
accordingly, the limiting effect of moisture deficiency emerged. However, at the maturing
age, the incidence of a negative PY with increased winter temperatures (warmth records)
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might be related to interrupted dormancy and respiratory nutrient loss [58,61], and hence,
reduced formation of earlywood [38]. Such a shift in responsiveness to anomalies implicitly
suggests that 20–25 years is the age when the drought sensitivity of trees increases [60].

Although spruce populations from the two local provenance regions show explicit
differences in productivity [43,44], only minor differences were estimated for the resilience
components of growth (Figure 4), suggesting a comparable tolerance to weather anomalies.
Still, the resistance of TRW in the negative PYs, which were drought-related (Table 2),
was higher for genotypes from the western local provenance region, indicating some
degree of local adaptation [2,7,24]. Although resistance is inverse to plasticity, it has been
related to the productivity of the genotypes of Scots pine [62]. For the studied Norway
spruce genotypes, resilience was similar, implying even susceptibility of growth to weather
extremes [7,36], although recovery appeared sufficient [15]. The clonal differences in
resilience components (Table 3), though, suggested the presence of adaptations to microsite
conditions [9,45]. This was also supported by the variability in resilience in response to
the combinations of weather anomalies underlying PY (Table 3). The weather-growth
relationships were estimated for progenies of plus trees, and hence, might be biased for
general populations [63]. Nevertheless, adaptive management implies that improved forest
regenerative material is used, thus emphasizing the superior genotypes [21,26,28]

4.3. Genetic Controls over Sensitivity of Growth

Trees possess large genomes, which is an adaptation allowing them to survive a range
of environmental conditions and their extremes [64], for which the rare alleles can be
crucial [65]. Accordingly, the genetic control of the increment peaked during the PY, indi-
cating immediate genetic responses to weather disturbances and highlighting small-scale
local genetic adaptations [31,45,57,66]. Still, meteorological conditions apparently had
uneven adaptive significance on increment [8,66], as the peaks in heritability differed by
PY (Figure 2, Table 4), thus highlighting the complexity of genotype and environment
interactions [10,11,18]. Genetic controls over the sensitivity of the TRW, particularly regard-
ing moisture availability, have been observed between populations of Scots pine from the
same region [32], highlighting the growing relevance of local adaptations regarding the
sustainability of genotypes [26,31].

The adaptability of populations to environmental changes depends on local ge-
netic adaptation and phenotypic plasticity [8,12,57], which are reflected by the variance
components of genotype and genotype-by-environment interaction, respectively [11,18].
The differences in the strength of peaks in genetic (clonal) effect represented by H2 be-
tween the BKT/TUK and KLN trials (Figure 2), which had small differences in climate
(Supplementary Material, Figure S1), suggested negative effects of warming [2,4,6]. This
was also supported phenotypically by the higher proportion of clones, which represented
two local provenances, showing common correlations (Figure 3). Accordingly, the dimin-
ishing genetic effects under a warmer climate project a reducing adaptability for the local
populations that are used to cool and moist climates [7,67], supporting the hypothesis
of this study. Genetic differences in weather-growth relationships at a small scale have
been attributed to the near-marginal parts of the distribution of widespread species [45],
while the actual genetic differences diminish [2]. Accordingly, the estimated structure
of the variance component of a clone (Figure 2; Table 4) supports the rapidly increasing
marginality of climatic conditions for the native populations of Norway spruce, also within
the species range [4]. Hence, the marginality of growing conditions apparently also ap-
plies to the population level, supporting regional differences in the adaptability of native
stands [28,37].

When the heritability estimates were generalized for the reference periods across
the trials (Table 4), the negligible variance of clone indicated a limited adaptability to
extending climatic gradients and intensifying droughts [7,57,68]. Still, the variance of
the clone-by-year, as well as by year and trial interactions, which comprised up to 33%
of the total for resilience components (Table 4), implied moderate phenotypic plasticity,
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and hence, some mid-term adaptability of the populations [8,10,18,26]. Accordingly, the
moderate, yet diminishing genetic controls over the weather-growth responses (Figure 2,
Table 4) supported the projected decline in the abundance of the local population [1,4] and
indicated a weakening potential for improvements by conservative breeding [7,19,23]. Still,
the location of the Baltics within the range of spruce suggests that assisted gene transfer of
genotypes adapted to warmer and drier conditions could still contribute to the sustainability
of Norway spruce. Accordingly, supplementation of local breeding populations with north-
transferred genotypes appears compulsory for sustaining commercial spruce forests in the
Baltics [24,57]. For the screening of the most adapted genotypes, the sensitivity of increment,
particularly in response to the intensifying weather anomalies (Table 2, Figure 2), appears
as a crucial and informative trait [30,35].

5. Conclusions

The increment of studied clones of Norway spruce plus trees under a temperate climate
in the near marginal tailing part of the species distribution was complexly controlled by
summer moisture availability and winter thermal regime, which have been identified as
the regional drivers of growth. The increment of the tree, however, appeared quite robust
to meteorological conditions, as only coinciding anomalies in both winter thermal and
summer moisture regimes were associated with abrupt (yet moderate) changes in growth.
The strength of these environmental effects showed clonal differences that suggest genetic
controls over the sensitivity of increment. The genetic controls, however, were weaker under
a warmer climate, implying an increasing marginality of growing conditions and limited
adaptability of local populations to it. Still, the weather-growth relationships showed
moderate genotype-by-environment interactions and, hence, phenotypical plasticity, thus
highlighting the ability to cope with moderate environmental changes. This suggests that
the increase in marginality also applies to local populations. Considering the diminishing
genetic effects and moderate plasticity of native genotypes/populations regarding the
weather-growth relationships, supplementation of breeding populations with genotypes
that are adapted to warmer and drier climates via assisted gene transfer is encouraged.

Supplementary Materials: The following supporting information can be downloaded at: https://www.
mdpi.com/article/10.3390/f15010015/s1, Figure S1: Climatic description of the trials. Mean monthly
temperature (line) and precipitation (bars) with their standard deviations (whiskers and polygon) for
the period 1988–2017 are shown. Figure S2: The proportion of clones showing “significant” pointer
year in TRW in the studied clonal plantations of local plus-trees of Norway spruce in Latvia (bars).
Lines indicate broad sense clonal heritability (H2) of the resilience components (resistance, recovery,
resilience and relative resilience) of TRW calculated on annual basis. Heritability coefficients are
calculated for the periods represented by ≥5 clones and ≥50 observations.
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19. Baliuckas, V.; Pliūra, A.; Eriksson, G. Forest tree breeding strategies in Nordic and Baltic countries and the possible implications
on Lithuanian tree breeding strategy. Balt. For. 2004, 10, 95–103.
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