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Abstract: China is committed to using digital technology to drive urban–rural integration in health
care. This study aims to explore the effect of digital inclusion on health status with the mediating role
of cultural capital and the digital health disparities between urban and rural residents in China. Using
data from the 2017 Chinese General Social Survey (CGSS), the present study adopted an ordinary least
squares (OLS) robust standard error regression model to investigate the impact of digital inclusion on
health status. In addition, causal step regression (CSR) and bootstrapping methods were combined
to test the mediating effect of cultural capital. The results showed that, first, digital inclusion was
related to positive and significant effects on resident health status. Second, cultural capital played a
mediating role in the relationship between digital inclusion and health status. Third, urban residents
gained more health benefits from digital inclusion than rural residents. Additionally, common
method variance (CMV) tests, endogenous tests, and a propensity score matching (PSM) analysis
showed that the above conclusions remained robust. The government should therefore focus not only
on promoting the population’s health by utilizing digital inclusion but also on accelerating digital
health equity between urban and rural areas by developing such strategies as a digital infrastructure
expansion schedule and digital literacy education and training programs.

Keywords: digital inclusion; cultural capital; health status; influencing mechanism; digital health equity

1. Introduction

Advances in digital technology are accelerating social transformation [1]. The Chinese
government has proposed the concept of integrating urban and rural development through
digitization, and this involves various sectors of society, such as health, education, and
finance [2]. However, few studies have investigated the mechanism of how digitization af-
fects health. In addition, whether digitization promotes or hinders urban–rural integration
in health care is still not well understood. Digital inclusion is a concept that consists of digi-
tal access, skills, and outputs when considering the digital divide regarding inequality in
access to information and communications technology (ICT) and in the ability and benefits
of using ICT among those who already have access [3]. Based on the partial understanding
of digital inclusion, Kan et al. [4] examined the digital access associations using children’s
health status among Chicago families, but no significant correlation was found. The pos-
itive and significant effect of Internet use on elderly health with the mediating role of
cultural engagement in China was reported by Chen et al. [5]. Kirsten et al. [6] pointed out
efficient doctor-patient interactions as a simple output of digital health cutting-edge apps.

Cultural capital is defined as the knowledge and skills that people possess for achiev-
ing social advancement and higher status, including being institutionalized, embodied,
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and objectified [7]. Institutionalized cultural capital is associated with institution-issued
educational qualifications and academic credentials, such as diplomas and degrees [7].
Embodied cultural capital is regarded as part of the habitual nature of human beings, such
as reading and exercising [8]. Objectified cultural capital refers to the physical possession
of transferable cultural products such as books, antiques, and paintings [9]. However,
empirical research on cultural capital has never been a fully manipulated concept utilizing
indicators of all three types differentiated by Bourdieu [10]. As one non-material form of
resource, cultural capital might well be able to determine people’s health status, but studies
regarding this issue are few [11]. Gagné et al. [12] showed that cultural capital indicators
are fine predictors of adolescent smoking behavior. In addition, the significant and positive
effects of cultural capital on physical health and psychological health were revealed by
Xu [13] and Kate [14], respectively.

The above literature review shows that most of the existing studies related to the
action of digital inclusion and cultural capital on health status have the following three
shortcomings. First, limited measuring techniques tend to analyze the association between
one dimension of digital inclusion and one aspect of health status. Second, to date, no
comprehensive mechanism analyses of the function of digital inclusion, cultural capital, and
health status have been carried out. Third, the results and conclusions are not sufficiently
robust due to the neglect of variable endogeneity, confounding factors, and methodological
biases regarding data collection.

The application of digital technologies reduces the barriers and costs for residents in
the process of medical service utilization, such as providing convenient transportation,
medical consultation, and payment [15]. It also effectively alleviates the psychological
gap caused by the transition of life state [16]. Accordingly, in this study, we make the
following assumption:

H1. Digital inclusion can improve resident health status.

Residents with strong cultural capital are more capable of using digital devices. This
means they can achieve convenient functions, such as health information searching, medical
treatment, and interpersonal interactions [3,5], that are considered to be beneficial for their
physical health and social adaptability [17]. Based on the cultural capital theory and existing
research [9,18], in this study, we make the following assumption:

H2. Cultural capital mediates the effect of digital inclusion, thereby improving resident health status.

The gap in Internet facilities, medical care, and education between urban and rural
areas in China exists objectively [2,5], and this suggests that rural residents may have a
harder time reaping development dividends from the digitization of health. Accordingly,
in this study, we make the following assumption:

H3. Urban residents gain more health benefits from digitization than rural residents.

The present study aims to utilize data from the 2017 Chinese General Social Sur-
vey (CGSS) database to explore the mechanism of how digital inclusion acts on multi-
dimensional health, with the mediating role of cultural capital. We further combine this
with a heterogeneity analysis of digital health disparities between urban and rural residents
in China to investigate whether digitization expedites or impedes urban–rural integration
in health care. In addition, we adopt comprehensive post hoc analysis methods to ensure
credible results and conclusions. The analyses not only contribute to the literature regarding
mechanism studies of the relationship between digitization and health but also provide
practical policy suggestions for stimulating Chinese urban–rural integration development
in health care.
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2. Materials and Methods
2.1. Data Processing

This study utilized 2017 CGSS data that were collected by the Renmin University
of China. The CGSS is the first nationwide, comprehensive, and continuous large-scale
social survey project with high-quality data in China. It adopted a multistage stratified
sampling method to obtain representative samples and covered all of the provinces except
for Hong Kong, Macao, and Taiwan. The 2017 CGSS survey data were released in October
2020 and include 783 variables and 12,582 valid samples. This endeavor is one of the latest
projects for studying China’s social issues. We limited the sample group to those who
are registered as urban or rural residents (excluding residents without census registration
or military service). In addition, after eliminating respondents with missing values and
outliers, we ended up with a dataset of 94,626 data points covering 2253 valid samples. The
data were obtained using a signed data use agreement from a publicly accessible database
at the Renmin University of China Open Research Data platform (http://cgss.ruc.edu.cn/,
(accessed on 28 October 2022)) [5].

2.2. Variables and Measures
2.2.1. Dependent Variable

According to Huber [19] and Druten et al. [15], we constructed three dependent
variables to comprehensively describe the health status of residents, namely, physical
health, psychological health, and social adaptability. To define physical health, we utilized
the question, “How do you feel about your current state of physical health?”, which
had five levels of possible responses ranging from 1 (very unhealthy) to 5 (very healthy).
Psychological health was defined using the question, “In the last four weeks, how often
have you felt unhappy and depressed?”, and, “In the last four weeks, how often have you
felt the difficulties piling up so much that you cannot overcome them?”. Both questions had
five possible responses that we redefined as “Never = 5”, “Rarely = 4”, “Sometimes = 3”,
“Frequently = 2”, and “Very frequently = 1”. Therefore, the psychological health variable
was scored on a scale of 2–10, with higher scores associated with a better psychological
health status. Social adaptability was measured using the questions, “In the last 12 months,
how often have you participated in activities organized by a leisure group, sports group,
or cultural group?”, “In the last 12 months, how often have you participated in activities
organized by a political party, political group, or political society?”, and “In the last
12 months, how often have you volunteered for a charity or religious organization?”. The
above three questions had five possible responses: “Once a week or more”, “One to three
times a month”, “Several times last year”, “One-time last year”, and “Never”. We redefined
“Never = 0” and “Otherwise = 1”. Accordingly, the social adaptability variable was scored
on a scale of 0–3, with higher scores indicating a stronger social adaptation ability.

2.2.2. Independent Variable

The independent variable in this study was digital inclusion, and this was divided into
digital access, digital skills, and digital output according to Riggins and Dewan [3]. Digital
access was measured using the question, “Do you have Internet access at home?”. The
available answers were edited to “No = 0” or “Yes = 1”. The measurement of digital skills
included the respondents’ self-report on six common operating abilities of digital devices
including “using a computer to open websites”, “using a smartphone to install apps”, and
“using the Internet to find the information they want”. Each of the six questions originally
had five answers that we recorded as “Poor = 0”, “General = 1”, and “Good = 2”. Digital
outputs were assessed based on the responses of the respondent’s use of digital tools in
six related activities to questions such as “In the past year, how often have you used the
Internet (e.g., WeChat, Microblog, and Twitter) for self-presentation?” and “In the past year,
how often have you used the Internet for business transactions (e.g., transferring accounts,
making payments, and shopping)?”. The six questions in the original questionnaire primar-
ily had five optional answers: “Never”, “Rarely”, “Sometimes”, “Often”, and “Always”,

http://cgss.ruc.edu.cn/
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and these were enumerated as “Poor = 0”, “General = 1”, and “Good = 2”. Finally, the
scores of the three dimensions, i.e., digital access, skills, and output, were summed. The
score range of digital inclusion was from 0 to 25. The higher the score, the higher the degree
of digital inclusion.

2.2.3. Mediating Variable

The mediating variable in this study was cultural capital that consists of institution-
alized and embodied cultural capital by reference to the research of Tilbrook et al. [20]
Educational level was used as the proxy variable of institutionalized cultural capital [7].
The question was “What is your highest level of education?” in the original questionnaire,
including 13 options for the educational level, and this was reprocessed and merged into
“Not attended school = 0”, “Primary school or below = 1”, “Junior high school = 2”, “Se-
nior high or Technical secondary school = 3”, “Junior or Undergraduate school = 4”, and
“Graduate school or above = 5”. Embodied cultural capital is typically reflected by the
frequency of individual cultural engagements [8]. The current study was based on the
question, “In the past year, did you often engage in the following activities in your free
time?”, and the options included 10 cultural activities such as “Going out to the movies”,
“Taking part in physical exercise”, and “reading books/newspapers/magazines” as obser-
vational indicators. We also included five additional options: “Every day”, “Several times a
week”, “Several times a month”, “Several times a year or less”, and “Never” in the original
questionnaire. These were re-edited as “Never = 0” and “Otherwise = 1”. Thus, cultural
capital was measured by the sum of the scores of the above two dimensions that ranged
from 0 to 15. The higher the score, the stronger the cultural capital.

2.2.4. Control Variable

The previous research conclusions indicated that sociodemographic characteristics
would significantly affect the multi-dimensional health of residents [18]. We then selected
nine sociodemographic variables (living region, census register, gender, age, race, marital
status, religion, family income, and working status) as the control variables. It should
be noted that we utilized the respondents’ subjective feelings on household economic
status as the measurement of the family income variable based on the principle of utility
economics [21]. This subjective feeling is an individual’s evaluation of whether he or she
is poor or rich, and this self-evaluation standard is typically associated with the reference
group set by the individual himself or herself that avoids the drawback of using a certain
percentage of the median household income as the threshold standard to distinguish
the family income level [22]. Table 1 presents a descriptive statistical analysis of all of
the variables.

Table 1. Definition and descriptive statistics of various variables.

Variables Category Descriptions Mean Standard Deviation

Dependent variables Physical health Ranging from 1 to 5 3.80 0.973
Psychical health Ranging from 2 to 10 8.09 1.365

Social adaptability Ranging from 0 to 3 0.75 0.934
Independent variables Digital inclusion Ranging from 0 to 25 16.64 6.201

Mediating variables Cultural capital Ranging from 0 to 15 9.33 2.821

Control variables Living region Eastern area = 1, Central area = 2,
Western area = 3 1.64 0.796

Census register 0 = Rural, Urban = 1 0.48 0.500
Gender Female = 0, Male = 1 0.50 0.500

Age Ranging from 18 to 86 41.40 14.012
Race Minority = 0, Han = 1 0.94 0.246

Marital status Not “married with spouse” = 0,
Married with spouse = 1 0.75 0.433

Religion Nonreligious = 0, Religious = 1 0.09 0.282
Family income Poor = 1, General = 2, Rich = 3 1.72 0.614
Working status Jobless = 0, Working = 1 0.67 0.471
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2.3. Statistical Analysis
2.3.1. The Mediation Effect Test Model

Based on the relevant research of Zhang et al. [23] combined with the research objects
of this study, the mediation effect test model was constructed as follows:

In the following three models, Healthi,j,k represents the dependent variable “health
status”, Digitali,j,k represents the independent variable “digital inclusion”, Cultural j,k rep-
resents the mediating variable “cultural capital”, Controli,j,k represents the control variables,
εi,j,k represents the random error term of the regression models, and a, b, c, c′, β, β′, β

′′
are

the coefficient vectors. The basic principles of the mediation effect testing are shown in
Figure 1.
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Figure 1. The basic principles of mediation effect testing.

Model 1: Healthi = cDigitali + βControli + εi
Model 1 is a regression analysis of the independent variable “digital inclusion” and the

dependent variable “health status” with the ordinary least squares (OLS) robust standard
error regression model. This aims to obtain the total effect value c.

Model 2: Healthj = c′Digital j + bCultural j + β′Control j + ε j
Model 2 is a regression analysis of the independent variable “digital inclusion”, the

mediating variable “cultural capital”, and the dependent variable “health state” with the
aim of obtaining the direct effect value c′ and the intermediate effect process value b. The
difference between Model 2 and Model 1 is that Model 2 adds the mediating variable
“cultural capital” based on Model 1.

Model 3: Culturalk = aDigitalk + β
′′
Controlk + εk

Model 3 is a regression analysis of the independent variable “digital inclusion” and
the mediating variable “cultural capital” to acquire the intermediate effect process value a.

After referring to the research of Chen et al. [5,24,25], we chose to use both the causal
step regression (CSR) and bootstrap methods to execute the mediating effect test procedure.

2.3.2. Post Hoc Analyses

Variable endogeneity, confounding factors, and methodological biases regarding data
collection will lead to less robust research results and conclusions. We therefore utilized the
appropriate post hoc analyses to avoid this. First, since all of the variables were measured
by surveying Chinese mainland residents, our findings might be biased by the common
method variance (CMV). As suggested by Singh-Manoux [26] and Sören Fiedler [27], we
conducted a Harman’s single-factor test and confirmatory factor analysis (CFA) to assess
the CMV.

Second, when used as explanatory variables, endogenous variables will lead to bi-
ased regression estimates because of the correlation with missing or unknown omitted
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variables [28]. Following common practice [29,30], we selected the Internet access of the re-
spondents lagged by one period (i.e., whether the respondents used the Internet frequently
in the last year) as an instrumental variable (IV), and sociodemographic characteristics, such
as age, gender, and race, were utilized as control variables. In addition, the endogeneity of
digital inclusion in the model for each health status outcome variable was tested using the
Durbin–Wu–Hausman (DWH) test.

Third, some confounding factors may affect the population’s digital inclusion and
health status simultaneously. In addition, the data bias could lead to the problem of
inconsistent estimates of the real situation. We performed the method of propensity
score matching (PSM) to solve this. Accordingly, we divided residents into “high digital
inclusion” (scores ≥ 13) and “low digital inclusion” (scores < 13) groups based on their
scores on the digital inclusion variable. We also utilized a nearest-neighbor matching model
to calculate the average treatment effect on the treated (ATT) participants by referring to
the studies of Sun [31] and Hou et al. [21].

All of the statistical analyses were performed using SPSS (version 25.0) [32] and Stata
SE (version 15.0) [33]. A p of 0.05 was considered to be significant.

3. Results
3.1. Characteristics of the Samples

More than half of the population (1255, 55.70%) were from eastern China. The number
of rural residents (1173, 52.06%) was similar to that of urban residents (1080, 47.94%).
The proportion of female (1127, 50.02%) and male (1126, 49.98%) groups was relatively
close. There were 1348 (59.83%) respondents aged 44 or younger, and 143 (6.35%) respon-
dents were aged 65 or older. The Han population (2107, 93.52%) was dominant. A total
of 1692 (75.1%) respondents were “married with spouse”, and 561 (24.90%) respondents
were not “married with spouse” (i.e., widowed or divorced). Of all of the respondents,
2057 (91.30%) were nonreligious, and 196 (8.70%) were religious. For the family income
group, 1234 (54.77%) respondents considered they were average, 820 (36.40%) thought they
were poor, while only 199 (8.83%) said they were wealthy. A total of 747 (33.16%) respon-
dents were jobless, and 1506 (66.84%) were employed. Table 2 shows the demographic
characteristics of the respondents.

Table 2. The characteristics of the sample (N = 2253).

Variables Category N Percentage (%)

Living region Eastern area 1255 55.70
Central area 543 24.10
Western area 455 20.20

Census register Rural 1173 52.06
Urban 1080 47.94

Gender Female 1127 50.02
Male 1126 49.98

Age From 18 to 44 1348 59.83
From 45 to 64 762 33.82

At least 65 143 6.35
Race Minority 146 6.48

Han 2107 93.52
Marital status Not “married with spouse” 561 24.90

Married with spouse 1692 75.10
Religion Nonreligious 2057 91.30

Religious 196 8.70
Family income Poor 820 36.40

Average 1234 54.77
Good 199 8.83

Working status Jobless 747 33.16
Working 1506 66.84
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3.2. OLS Analysis (Model 1)

We first tested the multicollinearity to avoid its negative impact on the results of
the OLS model. The results showed that the variance inflation factor (VIF) values of
each variable were all less than two (the cut-off value was five), indicating there was
no multicollinearity problem in this study. Second, we conducted a White test, and the
results showed that the OLS model had a heteroscedasticity problem. Thus, the OLS
robust standard error regression model was adopted for our OLS analysis. The OLS
analysis results showed that the regression coefficients of digital inclusion on physical
health, psychological health, and social adaptability were 0.019 (p < 0.001), 0.017 (p < 0.001),
and 0.033 (p < 0.001), respectively, reflecting a significant positive relationship between
digital inclusion and health status, and H1 was verified. Table 3 shows the correlation
between the digital inclusion and resident health status while controlling for the other
relevant variables.

Table 3. The OLS analysis results.

Variables
Physical Health Psychical Health Social Adaptability

β p-Value β p-Value β p-Value

Digital inclusion 0.019 *** <0.001 0.017 *** 0.004 0.033 *** <0.001
Living region −0.086 *** 0.001 −0.251 *** <0.001 0.104 *** <0.001

Census register −0.017 0.67 0.020 0.74 0.213 *** <0.001
Gender 0.115 *** 0.003 0.113 ** 0.05 0.108 *** 0.005

Age −0.019 *** <0.001 0.012 *** <0.001 0.006 *** 0.003
Race 0.047 0.56 −0.166 0.17 −0.079 0.29

Marital status 0.084 * 0.07 0.300 *** <0.001 −0.146 *** 0.004
Religion 0.029 0.69 −0.102 0.35 0.169 ** 0.01

Family income 0.284 *** <0.001 0.220 *** <0.001 0.242 *** <0.001
Working status 0.168 *** <0.001 −0.144 ** 0.02 −0.013 0.76
Constant terms 3.628 *** <0.001 7.333 *** <0.001 −0.601 *** <0.001

Sample size 2253 2253 2253
R2 0.179 0.077 0.108

Abbreviations: β, standardized beta regression coefficient. * p < 0.1, ** p < 0.05, *** p < 0.01.

3.3. CSR Analysis (Models 2 and 3)

The results of the CSR showed that the coefficient of digital inclusion on cultural
capital was 0.184 (p < 0.001). The regression coefficients of cultural capital on physical
health and social adaptability were 0.019 (p < 0.05) and 0.124 (p < 0.001), respectively, while
cultural capital had no significant effect on physical health. In addition, compared with
the OLS regression results, the coefficient values of digital inclusion on physical health
(0.019 vs. 0.016) and social adaptability (0.033 vs. 0.010) both showed a decrease. Therefore,
we could preliminarily determine that cultural capital possessed a significant mediating
effect on the association between digital inclusion and health status. Table 4 shows the test
results of the mediating effect of cultural capital based on the CSR model.

Table 4. The test of the mediating effect of cultural capital based on the CSR model.

Variables
Cultural Capital Physical Health Psychical Health Social Adaptability

β p-Value β p-Value β p-Value β p-Value

Cultural capital NA 0.019 ** 0.03 0.001 0.91 0.124 *** <0.001
Digital inclusion 0.184 *** <0.001 0.016 *** <0.001 0.017 *** 0.007 0.010 ** 0.01
Control variables Yes Yes Yes Yes
Constant terms 5.069 *** <0.001 3.533 *** <0.001 7.326 *** <0.001 −1.229 *** <0.001

Sample size 2253 2253 2253 2253
R2 0.394 0.181 0.077 0.193

Abbreviations: NA, not applicable; β, standardized beta regression coefficient. ** p < 0.05, *** p < 0.01.
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3.4. Bootstrap Analysis (Model 2)

Based on the above results, we further tested the mediation effect using the bootstrap
method. The results showed that the direct and indirect effect coefficients of digital inclu-
sion on physical health were 0.016 [95% CI, 0.008–0.024] and 0.003 [95% CI, 0.003–0.042],
respectively. The mediating effect value of cultural capital in the influence of digital inclu-
sion on psychological health was zero. The direct effect coefficient of digital inclusion on
social adaptability was 0.010 [95% CI, 0.002–0.018], and the indirect effect coefficient was
0.023 [95% CI, 0.128–0.177]. Thus, in general, cultural capital played a mediating role in
the relationship between digital inclusion and resident health status, and H2 was verified.
Table 5 shows the results of testing the cultural capital intermediary mechanism using the
bootstrap method. Figure 2 shows the diagram of the mediating effect of cultural capital
based on the bootstrap analysis results.

Table 5. The test of the mediating effect of cultural capital based on the Bootstrap method.

Variables
DI→(CC→) PhyH DI→(CC→) PsyH DI→(CC→) SA

Coefficient 95% CI Coefficient 95% CI Coefficient 95% CI

Direct effect 0.016 [0.008–0.024] 0.017 [0.005–0.029] 0.010 [0.002–0.018]
Indirect effect 0.003 [0.003–0.042] 0.000 [−0.018–0.024] 0.023 [0.128–0.177]

Total effect 0.019 [0.012–0.027] 0.017 [0.006–0.028] 0.033 [0.025–0.040]
Proportion of mediating effect 17.88% 0 69.81%

Abbreviations: CI = confidence intervals; DI = Digital inclusion; CC = Cultural capital; PhyH = Physical health;
PsyH = Psychical health; SA = Social adaptability.
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Figure 2. The impact of digital inclusion on health status: the mediating effect of cultural capital.

3.5. Urban–Rural Heterogeneous Analysis

As shown in Table 6, rural residents were slightly better than urban residents in physi-
cal health (mean values 3.82 vs. 3.78); however, their psychological health (7.97 vs. 8.22),
social adaptability (0.60 vs. 0.91), digital inclusion (15.75 vs. 17.60), and cultural capital
(8.35 vs. 10.39) were all inferior to urban residents. Moreover, the positive effects of digital
inclusion on the physical health (coefficient value 0.023, p < 0.001 vs. 0.015, p < 0.05) and
psychological health (0.018, p < 0.05 vs. 0.013, p < 0.1) of urban residents were significantly
higher than that on the physical health and psychological health of rural residents after
controlling for other relevant variables, and H3 was verified. Table 7 shows the gain
divergences in digital inclusion for promoting health between urban and rural residents.
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Table 6. The health status, digital inclusion, and cultural capital gap between urban and rural
residents.

Variables

Rural (N = 1173) Urban (N = 1080)

Mean Standard
Deviation Minimum Maximum Mean Standard

Deviation Minimum Maximum

Physical health 3.82 1.006 1 5 3.78 0.937 1 5
Psychical health 7.97 1.314 5 10 8.22 1.379 4 10

Social adaptability 0.60 0.871 0 3 0.91 0.974 0 3
Digital inclusion 15.75 6.523 0 25 17.60 5.681 0 25
Cultural capital 8.35 2.808 1 14 10.39 2.423 2 15

Table 7. The disparities of digital inclusion’s effects on health status between urban and rural
residents.

Variables

Physical Health Psychical Health Social Adaptability

Urban Rural Urban Rural Urban Rural

β p-Value β p-Value β p-Value β p-Value β p-Value β p-Value

Digital inclusion 0.023 *** <0.001 0.015 ** 0.01 0.018 ** 0.05 0.013 * 0.08 0.034 *** <0.001 0.034 *** <0.001
Control variables Yes Yes Yes Yes Yes Yes
Constant terms 3.357 *** <0.001 3.913 *** <0.001 7.401 *** <0.001 7.359 *** <0.001 −0.373 0.15 −0.635 *** 0.002

Sample size 1080 1173 1080 1173 1080 1173
R2 0.191 0.179 0.073 0.067 0.085 0.091

Abbreviations: β, standardized beta regression coefficient. * p < 0.1, ** p < 0.05, *** p < 0.01.

3.6. Post Hoc Analyses
3.6.1. Common Method Variance

The results of the Harman’s single-factor test showed that there was no general factor
accounting for more than 20% of the variation. The CFA results showed that the values
of X2/df = 38.05, GFI = 0.88, RMSEA = 0.13, RMR = 1.24, CFI = 0.51, NFI = 0.51, and
NNFI = 0.39 were not up to the standard. The above evidence collectively suggested that
the CMV was not a valid threat in this study.

3.6.2. Endogeneity Issues

The DWH test results provided no evidence of endogeneity of digital inclusion in the
OLS models; that is, the results of the prior OLS robust standard error regression models
were acceptable.

3.6.3. Data Bias and Confounding Factor Interference

The results of the PSM analysis showed that the degree of digital inclusion significantly
increased the probability of physical health (ATT = 0.291, p < 0.001), psychological health
(ATT = 0.413, p < 0.001), and social adaptability (ATT = 0.518, p < 0.001). Evidence from the
above PSM analysis indicated that the conclusion that digital inclusion improves health
status based on the OLS regressions was robust.

4. Discussion

This study utilized the 2017 CGSS data to probe the effect of digital inclusion on
multi-dimensional health, with the mediating role of cultural capital and the digital health
disparities between urban and rural residents in China. We utilized the OLS robust standard
error regression model to understand how digital inclusion would affect the three types of
health of Chinese residents. To explore the mechanism of the impact of digital inclusion on
health, we utilized cultural capital as a mediating variable for mediating the effect analysis.
Moreover, we performed a heterogeneity analysis of digital health disparities between
urban and rural residents. The CFA, IV, and PSM methods were adopted for the CMV,
endogenous, and robustness tests, respectively, to verify the analysis. The systematic and
rigorous findings are presented as follows:
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4.1. Digital Inclusion Is a Health Booster

The results of the OLS analysis showed that, first, digital inclusion had a positive
impact on physical health, and this was consistent with a previous study [34]. Second,
digital inclusion significantly and positively affected psychological health, which was also
similar to previous findings [35,36]. Third, digital inclusion was significantly, positively,
and strongly associated with social adaptability, and this was similar to the results found in
the prior work of Jones [37] and Ghouse et al. [38].

In summary, the higher the degree of digitization that people were engaged with,
the greater the influence on physical and psychological health and the greater their social
adaptability would be. Thus, overall, digital inclusion can effectively improve the health
status of the population, and our post hoc analyses confirmed the robustness of this
conclusion. A possible reason for this result may be that the information and resources
on the Internet are more abundant, and this further empowers people to adopt healthy
behaviors and keep connected to their social networks [5]. Furthermore, Keesara et al. [39]
argued that digital form services maintained health care operations and safeguarded
population health while reducing face-to-face encounters, and Hila et al. [40] showed
how digital networks increase the subjective well-being of participants in the COVID-19
pandemic context.

4.2. Cultural Capital Mediated the Effect of Digital Inclusion for Promoting Health

Our findings demonstrated that cultural capital was introduced as a mediating vari-
able to identify the influencing mechanism of digital inclusion on the three dimensions
of health. We found that digital inclusion affected cultural capital positively and signif-
icantly. This may because digital inclusion will increase educational opportunities and
cultural engagement activities [17]. Digitization can dramatically reduce the costs of search,
replication, transportation, tracking, and the verification of information [41]. In addition,
people are able to use digital equipment as a medium to obtain information regarding
cultural activities at nearly zero cost, and this will further promote people’s accumulation
of cultural capital [42].

However, we did notice significant positive correlations between cultural capital and
the level of physical health and social adaptability, and these were also demonstrated
in previous studies [43]. People who are highly educated and frequently involved in
cultural activities may have greater physical exercise consciousnesses and richer social
networks [44] and therefore possess a superior physical health status and social adaptabil-
ity. Additionally, Leonhardt et al. [45] pointed out people with superior cultural capital
are more likely to withstand the shock of the COVID-19 pandemic. Khawaja [46] and
Saville et al. [47] reported the positive effects of cultural capital on psychological health,
while the research results of Pan [11] and Pinxten et al. [48] suggested that cultural capital
was not related to psychological health. There was no evidence found in this study that
cultural capital was beneficial or unfavorable for psychological health.

4.3. Digital Inclusion Risks Exacerbating Health Inequities between Urban and Rural Populations

Based on the results of the urban–rural heterogeneity analysis, we found that the
health disparities between urban and rural residents not only lay in the fact that the capital
endowments [49] (e.g., family income, cultural capital, and digital inclusion level) of rural
residents were poorer than those of urban residents but also in the fact that urban residents
could gain more health benefits from digitization than rural residents. These findings
are a reminder of the fact that digital inclusion exacerbates the risk of health inequities
between urban and rural areas and may run counter to the Chinese government’s desire to
promote the development of urban–rural integration in health care via digitization, that is,
the digital health inequity between urban and rural areas.

Furthermore, Haenssgen [50] pointed out that rapid mobile phone diffusion created
opportunities to improve people’s access to health care in rural India, but it also created
new forms of marginalization among poor rural households. Chen et al. [5] indicated
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that the effect of Internet use on the physical and mental health of Chinese elderly in
agricultural households was significantly lower than that on their counterparts in the
non-agricultural group. Kaihlanen et al. [51] found that the COVID-19 pandemic has given
an unprecedented boost to already increased digital health services, while hampering
vulnerable groups’ access to digital health services due to insufficient digital facilities and
skills. The studies conducted by the aforementioned scholars indirectly support one of
our views that digitization risks tearing apart urban and rural integrated development in
health care if the authorities do not utilize pro-rural policy interventions related to digital
health in a timely manner, especially in the context of COVID-19 pandemic.

Given the above empirical analysis results, we propose the following pro-rural policy
recommendations: first, build a favorable rural digital environment by constructing digital
infrastructures (e.g., broadband router and Wi-Fi Internet), providing subsidies to rural
residents for purchasing smartphones, and offering preferential Internet charges [52]; sec-
ond, develop digital education and training programs to enhance digital skills, awareness,
and the literacy of rural residents [53]; third, provide financial support for encouraging
local communities to organize various forms of cultural activities among rural residents to
motivate them to participate in such cultural activities [5].

4.4. Strengths and Limitations

This study enriches and extends the previous research and contributes to the literature
in the following aspects. First, we divided health status into three dimensions (physical
health, psychological health, and social adaptability) in our practical evaluation, providing
a multi-dimensional application of health connotation. Second, our findings provide
empirical evidence for the first time that cultural capital plays an important mediating role
between digital inclusion and the health of Chinese residents. Third, from an innovative
research perspective, our results revealed the causes of digital health inequity between
urban and rural residents in terms of capital endowment and digital benefit disparities
simultaneously. Additionally, we strengthened the reliability of the results using systematic
post hoc analyses.

Although potentially useful for guiding the government’s use of digitization to drive
urban–rural integration in health care, our study has several data-related limitations. First,
our data are five years old now, even though we utilized the latest data from the CGSS
database. Second, we only utilized the data from the one period and did not consider
variable-related changes with time. Third, there exist shortcomings in the measurements of
digital inclusion and cultural capital due to limitations in the availability of the secondary
data variables. Fourth, important control variables, such as medical insurance participation,
were ignored because of data restrictions. However, these limitations will provide research
directions for further studies in the future.

5. Conclusions

This study unveiled that digital inclusion indeed contributes directly to improving
the health of both urban and rural people in China and explained the mechanism of how
digital inclusion affects multi-dimensional health status under the mediating role of cultural
capital. In addition, our empirical results indicated that the reason for the digital health
inequity between Chinese urban and rural residents was not only because urban residents
possess more powerful capital endowment but also because urban residents obtain more
health gains from digitization than rural residents. The above findings provide a reliable
and practical basis for authorities to formulate pro-rural policies on digital health care
facility construction and literacy education as well as to formulate other plans to narrow
the health gap between urban and rural areas by using digitization.



Int. J. Environ. Res. Public Health 2023, 20, 4022 12 of 14

Author Contributions: Conceptualization, Z.S. and D.Q.; methodology, Z.S., W.S. and H.G.; formal
analysis, Z.S., W.S. and H.G.; resources, W.S.; data curation, Z.S., W.S. and H.G.; writing—original
draft preparation, Z.S.; writing—review and editing, Z.S., R.F. and S.C.; supervision, D.Q.; project
administration, D.Q.; funding acquisition, D.Q. All authors have read and agreed to the published
version of the manuscript.

Funding: This work was supported by the National Natural Science Foundation of China (Grant
number: 71874085).

Institutional Review Board Statement: Not applicable.

Informed Consent Statement: Not applicable.

Data Availability Statement: The datasets generated and/or analyzed in the current study are
available in the Chinese General Social Survey Database (2017 version, http://cgss.ruc.edu.cn/,
(accessed on 28 October 2022)). All the data used in this study are available to the public, and hence,
no ethical or governmental permissions were required for this study.

Acknowledgments: We greatly appreciate all the authors for their endeavors.

Conflicts of Interest: The authors declare that they have no competing interests. The funder of the
study had no role in the study design, data collection, data analysis, data interpretation, and writing
of the report.

References
1. Locsin, R.C.; Soriano, G.P.; Juntasopeepun, P.; Kunaviktikul, W.; Evangelista, L.S. Social transformation and social isolation of

older adults: Digital technologies, nursing, healthcare. Collegian 2021, 28, 551–558. [CrossRef] [PubMed]
2. Peng, C. Digital Inclusive Finance Data Mining and Model-Driven Analysis of the Impact of Urban-Rural Income Gap. Wirel.

Commun. Mob. Comput. 2022, 2022, 5820145. [CrossRef]
3. Riggins, F.; Dewan, S. The Digital Divide: Current and Future Research Directions. J. Assoc. Inf. Syst. 2005, 6, 298–337. [CrossRef]
4. Kan, K.; Heard-Garris, N.; Bendelow, A.; Morales, L.; Lewis-Thames, M.W.; Davis, M.M.; Heffernan, M. Examining Access to

Digital Technology by Race and Ethnicity and Child Health Status Among Chicago Families. JAMA Netw. Open 2022, 5, e2228992.
[CrossRef] [PubMed]

5. Chen, W.; Yang, L.; Wang, X. Internet Use, Cultural Engagement, and Multi-Dimensional Health of Older Adults: A Cross-
Sectional Study in China. Front. Public Health 2022, 10, 887840. [CrossRef]

6. Kirsten, N.; Augustin, M.; Strömer, K. Digitale Gesundheitsanwendungen und Datenschutz. Der Hautarzt 2022, 73, 391–397.
[CrossRef]

7. Yu, F.; Peng, K.; Hu, X. Knowledge is money: Do people think cultural capital can be transformed into economic value? Psych J.
2021, 10, 87–95. [CrossRef]

8. Bygren, L.O.; Johansson, S.; Konlaan, B.B.; Grjibovski, A.M.; Wilkinson, A.V.; Sjöström, M. Attending cultural events and cancer
mortality: A Swedish cohort study. Arts Health 2009, 1, 64–73. [CrossRef]

9. Xie, C.; Ma, Y. The mediating role of cultural capital in the relationship between socioeconomic status and student achievement in
14 economies. Br. Educ. Res. J. 2019, 45, 838–855. [CrossRef]

10. Kraaykamp, G.; van Eijck, K. The Intergenerational Reproduction of Cultural Capital: A Threefold Perspective. Soc. Forces 2010,
89, 209–231. [CrossRef]

11. Pan, H.; Chen, Z. Cultural capital and mediatory role of meaning-making in post-bereavement depression among older adults in
rural China. Curr. Psychol. 2021. [CrossRef]

12. Gagné, T.; Frohlich, K.L.; Abel, T. Cultural capital and smoking in young adults: Applying new indicators to explore social
inequalities in health behaviour. Eur. J. Public Health 2015, 25, 818–823. [CrossRef] [PubMed]

13. Xu, P.; Jiang, J. Individual Capital Structure and Health Behaviors among Chinese Middle-Aged and Older Adults: A Cross-
Sectional Analysis Using Bourdieu’s Theory of Capitals. Int. J. Environ. Res. Public health 2020, 17, 7369. [CrossRef] [PubMed]

14. Ten Kate, J.; de Koster, W.; van der Waal, J. Why are Depressive Symptoms More Prevalent Among The Less Educated? The
Relevance of Low Cultural Capital and Cultural Entitlement. Sociol. Spectr. 2017, 37, 63–76. [CrossRef]

15. van Druten, V.P.; Bartels, E.A.; van de Mheen, D.; de Vries, E.; Kerckhoffs, A.P.M.; Nahar-van Venrooij, L.M.W. Concepts of health
in different contexts: A scoping review. BMC Health Serv. Res. 2022, 22, 389. [CrossRef] [PubMed]

16. Adib-Hajbaghery, M.; Aghahoseini, S. The evaluation of disability and its related factors among the elderly population in Kashan,
Iran. BMC Public Health 2007, 7, 261. [CrossRef] [PubMed]

17. Cilesiz, S. Educational Computer Use in Leisure Contexts: A Phenomenological Study of Adolescents’ Experiences at Internet
Cafés. Am. Educ. Res. J. 2009, 46, 232–274. [CrossRef]

18. Liang, X.; Xiong, F.; Xie, F. The effect of smartphones on the self-rated health levels of the elderly. BMC Public Health 2022, 22, 508.
[CrossRef]

http://cgss.ruc.edu.cn/
http://doi.org/10.1016/j.colegn.2021.01.005
http://www.ncbi.nlm.nih.gov/pubmed/34720647
http://doi.org/10.1155/2022/5820145
http://doi.org/10.17705/1jais.00074
http://doi.org/10.1001/jamanetworkopen.2022.28992
http://www.ncbi.nlm.nih.gov/pubmed/36018593
http://doi.org/10.3389/fpubh.2022.887840
http://doi.org/10.1007/s00105-022-04980-z
http://doi.org/10.1002/pchj.387
http://doi.org/10.1080/17533010802528058
http://doi.org/10.1002/berj.3528
http://doi.org/10.1353/sof.2010.0087
http://doi.org/10.1007/s12144-021-01819-z
http://doi.org/10.1093/eurpub/ckv069
http://www.ncbi.nlm.nih.gov/pubmed/25862433
http://doi.org/10.3390/ijerph17207369
http://www.ncbi.nlm.nih.gov/pubmed/33050214
http://doi.org/10.1080/02732173.2016.1274248
http://doi.org/10.1186/s12913-022-07702-2
http://www.ncbi.nlm.nih.gov/pubmed/35331223
http://doi.org/10.1186/1471-2458-7-261
http://www.ncbi.nlm.nih.gov/pubmed/17888171
http://doi.org/10.3102/0002831208323938
http://doi.org/10.1186/s12889-022-12952-0


Int. J. Environ. Res. Public Health 2023, 20, 4022 13 of 14

19. Huber, M.; van Vliet, M.; Giezenberg, M.; Winkens, B.; Heerkens, Y.; Dagnelie, P.C.; Knottnerus, J.A. Towards a ‘patient-centred’
operationalisation of the new dynamic concept of health: A mixed methods study. BMJ Open 2016, 6, e10091. [CrossRef]

20. Tilbrook, N.; Shifrer, D. Field-specific cultural capital and persistence in college majors. Soc. Sci. Res. 2022, 103, 102654. [CrossRef]
21. Hou, B.; Wu, Y.; Huang, S. Participating in health insurance and health improvements for the relatively poor population: A

propensity score analysis. Front. Public Health 2022, 10, 968009. [CrossRef] [PubMed]
22. Rojas, M. Experienced Poverty and Income Poverty in Mexico: A Subjective Well-Being Approach. World Dev. 2008, 36, 1078–1093.

[CrossRef]
23. Zhang, Y.; Su, D.; Chen, Y.; Tan, M.; Chen, X. Effect of socioeconomic status on the physical and mental health of the elderly: The

mediating effect of social participation. BMC Public Health 2022, 22, 605. [CrossRef] [PubMed]
24. Baron, R.M.; Kenny, D.A. The moderator-mediator variable distinction in social psychological research: Conceptual, strategic,

and statistical considerations. J. Pers. Soc. Psychol. 1986, 51, 1173–1182. [CrossRef]
25. Berndt, N.C.; Hayes, A.F.; Verboon, P.; Lechner, L.; Bolman, C.; De Vries, H. Self-efficacy mediates the impact of craving on

smoking abstinence in low to moderately anxious patients: Results of a moderated mediation approach. Psychol. Addict. Behav.
2013, 27, 113–124. [CrossRef]

26. Singh-Manoux, A.; Marmot, M.G.; Adler, N.E. Does Subjective Social Status Predict Health and Change in Health Status Better
Than Objective Status? Psychosom. Med. 2005, 67, 855–861. [CrossRef]

27. Fiedler, S.; Krüger, N.; Daseking, M. Structural Equation Modeling of Common Cognitive Abilities in Preschool-Aged Children
Using WPPSI-IV and BRIEF-P. Children 2022, 9, 1089. [CrossRef]

28. Angrist, J.D.; Pischke, J.R. Mostly Harmless Econometrics: An Empiricist’s Companion. Eur. Rev. Agric. Econ. 2011, 38, 281–283.
[CrossRef]

29. Fortney, J.C.; Steffick, D.E.; Burgess, J.F.; Maciejewski, M.L.; Petersen, L.A. Are Primary Care Services a Substitute or Complement
for Specialty and Inpatient Services? Health Serv. Res. 2005, 40, 1422–1442. [CrossRef]

30. Thompson, C.A.; Hay, J.W. Estimating the association between metabolic risk factors and marijuana use in U.S. adults using data
from the continuous National Health and Nutrition Examination Survey. Ann. Epidemiol. 2015, 25, 486–491. [CrossRef]

31. Sun, J.; Lyu, S. Does Health Insurance Lead to Improvement of Health Status Among Chinese Rural Adults? Evidence From the
China Family Panel Studies. Int. J. Health Serv. 2020, 50, 350–359. [CrossRef]

32. IBM Corp. IBM SPSS Statistics for Windows, Version 25.0; IBM Corp.: Armonk, NY, USA, 2017.
33. StataCorp. Stata Statistical Software: Release 15; StataCorp LLC: College Station, TX, USA, 2017.
34. Văidean, V.L.; Achim, M.V. When more is less: Do information and communication technologies (ICTs) improve health outcomes?

An empirical investigation in a non-linear framework. Socio-Econ. Plan. Sci. 2022, 80, 101218. [CrossRef]
35. Farooq, S.; Taylor, C.D.; Gire, N.; Riley, M.; Caton, N.; Husain, N. Digital inclusion: The concept and strategies for people with

mental health difficulties. Aust. N. Z. J. Psychiatry 2015, 49, 772–773. [CrossRef]
36. Rantanen, T.; Gluschkoff, K.; Silvennoinen, P.; Heponiemi, T. The Associations Between Mental Health Problems and Attitudes

Toward Web-Based Health and Social Care Services: Evidence from a Finnish Population-Based Study. J. Med. Internet Res. 2021,
23, e28066. [CrossRef]

37. Jones, R.B.; Ashurst, E.J.; Atkey, J.; Duffy, B. Older People Going Online: Its Value and Before-After Evaluation of Volunteer
Support. J. Med. Internet Res. 2015, 17, e122. [CrossRef]

38. Ghouse, G.; Aslam, A.; Bhatti, M.I. The Impact of the Environment, Digital–Social Inclusion, and Institutions on Inclusive Growth:
A Conceptual and Empirical Analysis. Energies 2022, 15, 7098. [CrossRef]

39. Keesara, S.; Jonas, A.; Schulman, K. COVID-19 and Health Care’s Digital Revolution. N. Engl. J. Med. 2020, 382, e82. [CrossRef]
[PubMed]

40. Cano-Hila, A.B.; Argemí-Baldich, R. Early Childhood and Lockdown: The Challenge of Building a Virtual Mutual Support
Network between Children, Families and School for Sustainable Education and Increasing Their Well-Being. Sustainability 2021,
13, 3654. [CrossRef]

41. Goldfarb, A.; Tucker, C. Digital Economics. J. Econ. Lit. 2019, 57, 3–43. [CrossRef]
42. Li, M.; Guo, X.; Zhang, L. Digitalization, Cultural Capital and Productivity: Evidence from Resource-based Enterprises in China.

In Proceedings of the 2nd International Conference on Big Data Economy and Information Management, Sanya, China, 3–5
December 2021; pp. 36–41.

43. Willekens, M.; Lievens, J. Who participates and how much? Explaining non-attendance and the frequency of attending arts and
heritage activities. Poetics 2016, 56, 50–63. [CrossRef]

44. Ma, A.S. Social networks, cultural capital and attachment to the host city: Comparing overseas Chinese students and foreign
students in Taipei. Asia Pac. Viewp. 2014, 55, 226–241. [CrossRef]

45. Leonhardt, M.; Brodahl, M.; Cogan, N.; Lien, L. How did the first COVID-19 lockdown affect persons with concurrent mental
health and substance use disorders in Norway? A qualitative study. BMC Psychiatry 2022, 22, 179. [CrossRef]

46. Khawaja, M.; Mowafi, M. Cultural Capital and Self-Rated Health in Low Income Women: Evidence from the Urban Health Study,
Beirut, Lebanon. J. Urban Health 2006, 83, 444–458. [CrossRef] [PubMed]

47. Saville, C.; Mann, R. Cross-level group density interactions on mental health for cultural, but not economic, components of social
class. Soc. Sci. Med. 2022, 296, 114790. [CrossRef] [PubMed]

http://doi.org/10.1136/bmjopen-2015-010091
http://doi.org/10.1016/j.ssresearch.2021.102654
http://doi.org/10.3389/fpubh.2022.968009
http://www.ncbi.nlm.nih.gov/pubmed/36187669
http://doi.org/10.1016/j.worlddev.2007.10.005
http://doi.org/10.1186/s12889-022-13062-7
http://www.ncbi.nlm.nih.gov/pubmed/35351078
http://doi.org/10.1037/0022-3514.51.6.1173
http://doi.org/10.1037/a0028737
http://doi.org/10.1097/01.psy.0000188434.52941.a0
http://doi.org/10.3390/children9071089
http://doi.org/10.1093/erae/jbr016
http://doi.org/10.1111/j.1475-6773.2005.00424.x
http://doi.org/10.1016/j.annepidem.2015.01.013
http://doi.org/10.1177/0020731420914824
http://doi.org/10.1016/j.seps.2021.101218
http://doi.org/10.1177/0004867415591827
http://doi.org/10.2196/28066
http://doi.org/10.2196/jmir.3943
http://doi.org/10.3390/en15197098
http://doi.org/10.1056/NEJMp2005835
http://www.ncbi.nlm.nih.gov/pubmed/32240581
http://doi.org/10.3390/su13073654
http://doi.org/10.1257/jel.20171452
http://doi.org/10.1016/j.poetic.2016.01.004
http://doi.org/10.1111/apv.12053
http://doi.org/10.1186/s12888-022-03812-7
http://doi.org/10.1007/s11524-006-9051-8
http://www.ncbi.nlm.nih.gov/pubmed/16739047
http://doi.org/10.1016/j.socscimed.2022.114790
http://www.ncbi.nlm.nih.gov/pubmed/35158133


Int. J. Environ. Res. Public Health 2023, 20, 4022 14 of 14

48. Pinxten, W.; Lievens, J. The importance of economic, social and cultural capital in understanding health inequalities: Using
a Bourdieu-based approach in research on physical and mental health perceptions. Sociol. Health Illn. 2014, 36, 1095–1110.
[CrossRef] [PubMed]

49. Wan, Y.; Hu, W.; Hu, H. Understanding nutritional intake of Chinese farmers from the perspective of sustainable livelihood
analysis. Environ. Sci. Pollut. Res. 2021, 28, 33632–33648. [CrossRef]

50. Haenssgen, M.J. The struggle for digital inclusion: Phones, healthcare, and marginalisation in rural India. World Dev. 2018,
104, 358–374. [CrossRef]

51. Kaihlanen, A.; Virtanen, L.; Buchert, U.; Safarov, N.; Valkonen, P.; Hietapakka, L.; Hörhammer, I.; Kujala, S.; Kouvonen, A.;
Heponiemi, T. Towards digital health equity-a qualitative study of the challenges experienced by vulnerable groups in using
digital health services in the COVID-19 era. BMC Health Serv. Res. 2022, 22, 188. [CrossRef]

52. Sieck, C.J.; Sheon, A.; Ancker, J.S.; Castek, J.; Callahan, B.; Siefer, A. Digital inclusion as a social determinant of health. NPJ Digit.
Med. 2021, 4, 52. [CrossRef]

53. Richardson, S.; Lawrence, K.; Schoenthaler, A.M.; Mann, D. A framework for digital health equity. NPJ Digit. Med. 2022, 5, 119.
[CrossRef]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

http://doi.org/10.1111/1467-9566.12154
http://www.ncbi.nlm.nih.gov/pubmed/25040507
http://doi.org/10.1007/s11356-021-12872-3
http://doi.org/10.1016/j.worlddev.2017.12.023
http://doi.org/10.1186/s12913-022-07584-4
http://doi.org/10.1038/s41746-021-00413-8
http://doi.org/10.1038/s41746-022-00663-0

	Introduction 
	Materials and Methods 
	Data Processing 
	Variables and Measures 
	Dependent Variable 
	Independent Variable 
	Mediating Variable 
	Control Variable 

	Statistical Analysis 
	The Mediation Effect Test Model 
	Post Hoc Analyses 


	Results 
	Characteristics of the Samples 
	OLS Analysis (Model 1) 
	CSR Analysis (Models 2 and 3) 
	Bootstrap Analysis (Model 2) 
	Urban–Rural Heterogeneous Analysis 
	Post Hoc Analyses 
	Common Method Variance 
	Endogeneity Issues 
	Data Bias and Confounding Factor Interference 


	Discussion 
	Digital Inclusion Is a Health Booster 
	Cultural Capital Mediated the Effect of Digital Inclusion for Promoting Health 
	Digital Inclusion Risks Exacerbating Health Inequities between Urban and Rural Populations 
	Strengths and Limitations 

	Conclusions 
	References

