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As a supplementary analysis we estimate the reproduction number from the growth using the formula: 

where is the mean extrinsic incubation period,  is the mean intrinsic incubation period,  is the mean duration of viremia in humans, and is the mean duration of viremia in mosquitoes, which is assumed to be the expected additional life of the vector. Other authors have used the formulae  or [1]. However, the first formula fails to account for the duration of viremia, while both formulae implicitly assume that the incubation period is exactly for all human cases and that the incubation period is exactly for all mosquitos; an assumption that tends to over-estimate the reproduction number [2].
Inspection of the number of new cases reported each week over the course of the epidemic revealed four distinct phases in the epidemic. We estimated the value of the growth rate, , for different stages of the epidemic by fitting a linear model to the log of the number of new cases reported each week during that phase, using the function glm from the stats R package [3]. For the purposes of these estimates, the four phases were defined with three breakpoint weeks which were considered the last week of the preceding phase and the first week of the following phase. The breakpoint between phases one and two (week 25) was chosen to correspond to the start of summer school vacation and a period of high rainfall (i.e. the monsoon season). The breakpoint between phases three and four (week 34) was chosen to correspond to the beginning of large-scale interventions. The breakpoint between stages two and three (week 28) was chosen by inspection. We confirmed our choice of breakpoints by using the function segmented, from the R package, segmented [4], to fit a piecewise log-linear model and estimate the choice of the breakpoints. The breakpoint estimates using this procedure were week 25.7 (95% CI 25.2–26.3), week 27.6 (95% CI 26.9–28.2) and week 35.2 (95% CI 33.9–36.6). Moreover, the best fit model with four phases had a lower Akaike information criterion (26.2) than the best fit with three phases (53.4), while models with five or more phases failed to converge, confirming the suitability of a four-phase model. Breakpoints at 25, 28, and 34 were preferred as these aligned with the weekly reporting structure of the NEWARS data, provided a more robust estimate of the growth rate in phase two by including two additional data points, and allowed for the comparison of growth rates before and after interventions.
The estimates for the growth rate () in each phase was combined with estimates of  drawn from the literature [Table 1 in [5]], to estimate the reproduction number for each period. We used Monte Carlo sampling from each parameter’s uncertainty distribution to calculate confidence intervals for the reproduction number. We modelled the uncertainty in the growth rate, , using a normal distribution with mean and standard deviation determined by the maximum likelihood estimate and standard error. Following Enduri and Jolad [5] we used gamma distributions to model the uncertainty in the remaining parameters: lifespan of vector (mean 8.88 days; s.d. 1.33 days) [6], duration of viremia (mean 5 days; s.d. 1 day) [6], extrinsic incubation period (mean 10 days; s.d. 1 day) [7], and intrinsic incubation period (mean 5.38 days, s.d. 0.73 days) [7]. By drawing 107 sets of parameters from these distributions and calculating  for each set, we calculated the median and 95% highest density intervals using the package coda in R [8]. 
Using this method, the estimated reproduction number was approximately the same in phases one and three with  (95% CI 0.95–3.26) and  (95% CI 1.30–1.92) respectively. However, the reproduction number was very high in phase two (, 95% CI 15.2–60.7) and less than one in phase four (, 95% CI 0.16–0.29) (Supplementary Table S6).
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