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Abstract:

 Algal biomass that is represented mainly by commercially grown algal strains has recently found many potential applications in various fields of interest. Its utilization has been found advantageous in the fields of bioremediation, biofuel production and the food industry. This paper reviews recent developments in the analysis of algal biomass with the main focus on the Laser-Induced Breakdown Spectroscopy, Raman spectroscopy, and partly Laser-Ablation Inductively Coupled Plasma techniques. The advantages of the selected laser-based analytical techniques are revealed and their fields of use are discussed in detail.
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1. Introduction

Expanding economies are still technologically dependent on crude oil, while the decreasing amount of oil deposits moves up prices of crude oil and related gasoline [1]. Trends are observed in searching for alternatives to fossil fuels. Another challenge lies in satisfying global energy needs in a way that would decrease the level of environmental pollution. This challenge can be faced with renewable energy sources [2]. Algae are a possible energy source which could solve both issues. Amongst prospective alternatives to fossil fuel, algae have become one of the most significant without competing for arable land [3–5]. Algae convert solar energy into lipids, carbohydrates and proteins via photosynthesis and then further processing of these primary metabolites can take place. Algae have a per-acre per-year yield that is 200 times higher than the best-performing plant/vegetable oils [6], while some algal strains are also capable of doubling their mass several times per day [7].

The complex study of algae as a future biodiesel and biomass feedstock was initiated by Williams and Laurens [3]. They summarized the collection of oil-producing microalgae. Great emphasis was placed on understanding the biochemistry of the algal strains and on the development of algal production systems. They pointed out the influence of the biochemical composition of the biomass (i.e., the lipid content) on the economics of the biofuel production. They concluded that algal biofuels are potential valuable alternative to “traditional” biofuels. However, the non-profitable economics (considering the oil prices in the 1990s) of the biofuel production caused the termination of the long-term research program funded by the U.S. Department of Energy [4]. The possible replacement of fossil fuels by algal biofuels is a matter of future research and commercialization of the production process [8,9]. Algae may provide an effective solution, but several challenging aspects need to be overcome [3,10,11], e.g., light use efficiency, high amount of oil production in the algal cell, daily crop harvest, effective algal biomass to 3rd generation biofuel conversion, and the improvement of the entire system economics [3].

Algae can be grown in open pond systems [6,12–14] and bioreactors [15] with a possibility of a daily harvest. Algal ponds can as well serve for waste water treatment [13,14], which should result in the cost reduction. Every algal strain has to be grown under optimized conditions to obtain high amounts of crop harvest per day, e.g., sufficient sunlight, nutrients, and protection against natural pests. Individual algal strains have different properties and react differently to the conditions in which they grow. On the other hand, algal strains can easily adapt to their new environment [3]. Bioremediation is the ability of the algal strain to grow in polluted water and even prosper to increase its yielded lipid content [16–18]. Algae can also be used as bio-indicators of water pollution level, e.g., to determine the presence of heavy metals [19,20]. In order to reduce expenses for algae cultivation, it is possible to use various sources for nutrient control, including the agricultural waste waters [5]. Environmental and climate changes can be traced in coralline algae–in mineralized algae species that are an excellent record of this information [21].

It is noteworthy that algae may be also used in other fields with potential economic impact [22,23], such as the food, cosmetic and pharmaceutical industries. A review covering majority of literature sources concerning marine algae products was done by Blunt et al. [24]. One of the studies is focused on the possible processing of an algal cell in order to yield more products at once [25]. Cardozo et al. [22] report on the importance of algae in the food industry in numerous countries, where the emphasis has moved from wild harvests to farming and controlled cultivation in order to produce valuable products on a large scale. The investigation of the algal chemical composition and related products are nowadays promising research areas in the pharmaceutical industry. Algal products may be used in cancer [26] and HIV [27] treatment. In civil engineering, flat panel airlift reactors for lipid production by the algal strain Chlorella vulgaris were already installed [28]. The reactor was designed as the renewable energy stock based on the algal biomass production. Another step in this research and development is the construction of a building with a bioreactor facade in Hamburg, Germany [29], where the energy is supplied by the growth of the algal biomass.

Despite the main aim of this article we briefly review the analysis of algae utilizing other techniques. Light Detection and Ranging (LIDAR) is an optical remote sensing technique that may be used for the analysis of larger areas [30]. Phytoplankton in the delta of the river Po was monitored utilizing fluorescence LIDAR systems placed on a van [31], oceanographic ship and airplane [32]. Laser-induced fluorescence has a long history of applications in the detection of marine algae; in the year 1972 a series of measurements was made employing a dye laser, ruggedized for airborne use [33].

Algae are mainly composed of carbohydrates, proteins, nucleic acids, and lipids, where carbohydrates and lipids are responsible for the energy storage [3]. It was reported that the lipid content in the lipid bodies depends on the growth and the nutrient status of algae. Various techniques are employed for obtaining elemental or molecular information of an algal strain. For instance, nuclear magnetic resonance (NMR) spectroscopy was applied to the analysis of plants, fungi and algae by Martin [34]. A non-invasive in vivo measurement employing NMR spectroscopy revealed details of the nitrogen and carbon metabolism in real time [35,36]. NMR spectroscopy was utilized to give characteristic fingerprints of the lipid extractions from algal samples, while marine algal strains and samples from the Lagoon of Venice were compared [37]. Danielewicz et al. [38] studied the intact triacylglycerol composition of four microalgae species using MALDI-TOF-MS (matrix-assisted laser desorption and ionization time-of-flight mass spectrometry) and 1H-NMR spectroscopy. Moreover, MALDI-TOF-MS was employed in other studies for comparison of various algal strains [39–41].

The fast estimation of the algae lipid content is possible by employing Raman spectroscopy. Raman spectra—in the sense of a fingerprint—give information about the saturated and unsaturated fatty acids in the lipid body [42–45]. Samek et al. [42] showed that it is feasible to calculate the iodine value (IV) from Raman spectra. IV quantifies the degree of unsaturation and is mainly used in the biodiesel industry [46]. Moreover, the analysis of fatty acid composition in algae by gas chromatography—mass spectrometry (GC-MS) is also possible; however, it is a time-consuming technique [47,48].

Atomic spectroscopy techniques are in general the most commonly used for elemental analysis [49]. Inductively Coupled Plasma techniques, among others, have been the most commonly used technique in any field of interest. It was shown that Laser-Ablation Inductively Coupled Plasma Mass Spectrometry (LA-ICP-MS) is an appropriate method for detection of environmental changes over the year (or even decades) in coralline algae [50–55]. This method is characterized by high spatial-resolution that is required to detect long-lived coralline algae, because seasonal growth increment widths range approximately from 230 to 330 μm/yr [50].

Winefordner et al. [49] proposed another laser-based technique, Laser-Induced Breakdown Spectroscopy (LIBS), as a future superstar for elemental analysis of various samples in any state of matter. LIBS has the added advantage that the analysis can be performed remotely, provided optical access can be established between the instrument and the target. When analyzing a sample with other techniques the sample has to be presented to the instrument. This of course is not the case of LIBS, because all interactions between the system and the target can be purely optical. Therefore, LIBS has an extremely competitive position and excels if remote, in-situ, real time analysis is required. For instance, in analyzing a water jet containing algal suspension where only optical access using either an optical fiber or a telescope can be used. The most appropriate applications are thus found to be those which prefer remote quantitative or qualitative analysis, without any physical contact with the sample.

Moreover, the sample does not have to be prepared for analysis using solvents and any surface contaminants can be ablated off the sample before carrying out a measurement. This makes LIBS ideal for algal strain analysis where the target may be in the form of dried biomass as algal suspension. Specially engineered systems can be designed and assembled for each analytical problem allowing fast decisions to be made concerning the identification/analysis of target materials which can then be immediately analyzed, sorted and labelled. In this review, LIBS is critically evaluated and considered as a mature technique capable of competing with other techniques for elemental analysis.

Furthermore, the combination of Raman spectroscopy (chemical composition) and LIBS (elemental composition) can be complementary, increasing the information power [56]. This combination of techniques, called a hyphenated or tandem approach, has been already successfully used for the analysis of minerals [57] and cultural heritage objects [58]. Hoehse et al. [59] constructed a LIBS-Raman system with a two-arm Echelle spectrometer equipped with single CCD camera. Pořízka et al. [60] used laser-based techniques (LIBS and Raman spectroscopy) in tandem for obtaining both elemental and molecular information of the algal strain Trachydiscus minutus. suspended in water. Raman spectroscopy can be used to obtain the molecular composition of the sample under study, e.g., information on the lipid content inside algal cells. The elemental composition can be observed employing LIBS or LA-ICP-MS. As was mentioned above, LIBS is an emerging technique for elemental analysis, with its main advantage being the possibility of fast in-situ measurement. It has to be noted that LA-ICP-MS or LA-ICP coupled to Optical Emission Spectrometry (LA-ICP-OES) can be advantageously used also to validate the LIBS outcomes, mainly in the first stages of the research and development of new LIBS applications. The classification of the algal strains based on their spectra, i.e., spectrochemical fingerprint in the sense of elemental or molecular composition, can be also provided by employing standard chemometric algorithms, such as principal component analysis (PCA) [61] and partial least squares (PLS) algorithms [61,62]. Chemometrics and their applications are further discussed in the text.

In this review the literature was surveyed for recent developments and results in research utilizing selected laser-based techniques (mainly LIBS and Raman spectroscopy, partly LA-ICP-MS) for analysis of the algal biomass or calcified coralline algae. ICP-OES was used as a supervising technique for analyzing LIBS results with chemometric.

Using LIBS and Raman spectroscopy techniques, one is able to monitor in-situ, on-line and in real time the spectral evolution of the major/minor elements (LIBS) and in addition chemical composition of the sample (Raman spectroscopy). Moreover, in these approaches, knowledge about the relation between elemental/chemical composition and spatial location is achieved. This enables to measure time-course data so that monitoring changes of sample over time (which could be related to spatial position) introduced by environmental/nutritional influences. On the contrary, when other approaches are used for analysis where the part of a sample is dissolved/pelleted and consequently analyzed using for instance methods based on atomic absorption spectroscopy (AAS) or MALDI information about spatial location and time evolution is hard to obtain or even completely lost.



2. Laser-Induced Breakdown Spectroscopy

The spectrochemical analytical technique LIBS, which is based on generating a laser-induced plasma (LIP) by high energy laser pulses and subsequent time-resolved spectral analysis of the LIP emission, can be used to analyze materials in any state of matter [63–67]. A LIP spectrum containing atomic and ionic emission lines may provide qualitative and quantitative information about the elemental composition of the sample in real-time and in-situ. In recent years, LIBS technique has gained its position among other spectroscopic techniques due to its advantages; such as simple and robust instrumentation, fast and precise analysis, no need for the sample preparation, the capability of on-site application and remote/stand-off detection [49]. Due to the relative simplicity of the whole measurement process, a movable remote (or stand-off) system can be constructed and employed for the analysis of environmental samples [68,69].

The utilization of LIBS in various fields is summarized in the review articles [56,70–72]. The technique has already proved its capability for the analysis of biological samples [73,74] and in biomedical applications [75]. Review on the femtosecond (fs) LIBS (physics of the laser-induced plasma, applications and perspectives) was introduced in [76]. The utilization of fs-laser source in a LIBS measurement leads to significant suppression of the matrix effect. Though, there exist multi ways how to overcome the matrix effect occurring in ns-LIP [56], e.g., Laser-Ablation LIBS (LA-LIBS).

To the best of our knowledge, only a few pioneering works have recently been performed in the analysis of algae employing LIBS. Surveying the literature for the LIBS measurements, multiple arrangements and several approaches can be found for direct measurements of algal strains. One possibility is to dry the algal biomass to produce a thin film [60] or to press dried algal biomass into the pellets [77,78]. Garcimuno et al. [77] measured natural watercourse algae with added standard solutions of Cu. The analytical figure of merit, limits of detection, were obtained and claimed to be in the units of ppm. Niu et al. [78] produced internal standards by adding known amount of Sr into dried biomass of two different algal strains, Chlorella and Sargasso. Both strains were standardized samples obtained from National Institute for Environmental Studies (NIES) in Japan. After drying, the algal powder was pressed into pellets, and measured by LIBS. The amount of Sr in the unknown sample was then successfully evaluated using the constructed calibration curves. The approach pressing the pellets prior the LIBS analysis, however, is time-demanding and not-applicable for in-situ and time-course analysis [77,78]. The most straightforward way is to measure the algae directly, in the water suspension. Pořízka et al. [60] observed the elemental composition of algal strain Trachydiscus minutus (Bourrelly) measured with LIBS in three ways, (i) the algal sample was dried and deposited into the thin biofilm; (ii) the suspended algae was measured in the liquid jet; and (iii) in bulk (where laser-induced plasma was produced on the surface of the liquid). Elements of biological significance (Ca, K, Mg, and Na) were determined as well as the trace amounts of potentially toxic metal (Cu). The results of LIBS analysis of algal strains are listed in Table 1.


Table 1. The list of articles focused on the analysis of algae employing LIBS.



	
Algal Strain

	
Ref.

	
Pretreatment of Algae

	
Matrix Elements

	
Minor Elements

	
Trace Element

	
LOD (ppm)






	
Trachydiscus minutus (Bourrelly)

	
[60]

	
dried biofilm. liquid jet, surface of bulk liquid

	
Ca, K, Na, Mg

	
-

	
Cu

	
-




	






	
watercourse algae strain not specified

	
[77]

	
dried and pressed to pellets

	
Mg, K, Na, Fe, Si

	
Al, Mn, Ti, V

	
Cu, Cr, Pb, Zn

	
Cu: 9 ± 2




	






	
Chlorella, NIES No. 3 Sargasso, NIES No. 9

	
[78]

	
dried and pressed to pellets

	
Ca

	
-

	
Sr

	
-









One consideration that needs attention when using LIBS for quantitative analysis are “matrix-effects”, and these have been the subject of much discussion in all branches of spectrochemical analysis. These are the effects on the spectra associated with the combined physical and chemical properties of the target which result in different dynamics of laser/matter interaction and consequent ablated mass values, plasma formation, and its properties. They cause outliers in calibration plots if the samples are not chosen with similar composition. Extreme cases are seen when calibration plots for the same element are obtained from totally different materials. To get around these problems the composition of the calibration samples should closely match, in the sense of matrix elements content, that of the material to be analysed. Otherwise a different analytical approach has to be followed.

The composition of the sample, mainly in the sense of matrix or macro elements, is crucial in the laser/matter interaction and consecutive LIP formation and emission. The quantitative analysis of trace elements content in the algal samples is limited due to the significant influence of the matrix effect on the intensity of trace element lines. The same amount of an analyte in samples with various matrices may result in the significantly different intensity of corresponding spectral line. Then general calibration of the system for various matrices is therefore not possible. For this reason, the ways of compensating or even avoiding the matrix effect should be considered. The performance of LIBS in quantitative analysis may be improved by multivariate algorithms [64]. Though, multivariate algorithms, such as principal component regression (PCR) and partial least squares regression (PLSR), may compensate the matrix effect only to a certain extent. However, when the classification prior to the quantitative analysis is considered the main benefit may be to discriminate the samples based on their matrix elements content. Then the matrix effect may be suppressed while the calibration curve is constructed only for particular group, i.e., samples with limited range of variation in the composition of matrix elements.

LIBS analysis of liquid samples is very challenging for the essential problem arising from the laser/liquid interaction. Improvement in the LIBS instrumentation for the measurements of samples in the form of liquid solutions and suspensions should lead to the improvement in the sensitivity and repeatability of the technique. Moreover, the density of the liquid suspension has to be taken into account when different ratios (water to algae) affects also the matrix. The measurement can be performed in the matrix assisted mode, as was presented in [79], where algae were deposited on the surface which matrix is considered to be supreme, or simply measured in the form of dried biofilm [60]. With this approach the promising improvement in the sensitivity and repeatability of the LIBS setup is expected. This approach was adapted in our recent measurements [60] where alga Trachydiscus minutus (Bourrelly) was deposited on a microscope slide and dried. Thin film of algal biomass was then analyzed utilizing a double pulse LIBS (DP LIBS) technique. Elements of biological significance (Ca, K, Mg, and Na) were detected with the highest signal for Ca (II) doublet (393.4 and 396.9 nm). Furthermore, DP LIBS was utilized for higher sensitivity and lower amount of ablated mass. Moreover, table-top LIBS setup offers in general satisfying repeatability and reproducibility of the measurement with limits of detection under the ppm level.

The ratio of algae to water content may be controlled if the algal strains are prepared under the laboratory conditions. Further problems arise when the algal strains are collected from their natural environment, which affects the elemental composition of an algal strain. Though, influence of environmental parameters could be helpful when the classification of the algal strains is of an issue, i.e., in the provenance study. Then, an algal strain may be classified when the composition of matrix elements (Ca, K, Mg, and Na) is affected by the surrounding environment.

Despite the increasing popularity of LIBS within the spectroscopic groups dealing with various application fields, the use of LIBS for the analysis of algal biomass remains still unexplored. Published papers on the analysis of algae samples employing LIBS, however, proved the capabilities of this analytical technique. Both reproducibility and good sensitivity were reached when algal pellets were measured with additional trace amounts of toxic heavy metals. The approach for measuring algae in liquid suspension further strengthened the position of LIBS for in-situ measurement of biological samples—from a liquid jet the instrument (see further in the text) can directly measure in-situ, in real-time and on-line changes in algal elemental composition within the bioreactor. LIBS is a promising technique for analyzing the algae elemental composition of samples in-situ and in real-time, in their natural habitat. It can be useful for monitoring the cultivation process of algae and for evaluating environmental pollution.

It should be noted that in different fields, e.g., in biofuel production, the elemental analysis of algal samples is not the primary objective with respect to the molecular analysis. As detailed in Section 2.2, LIBS, with certain limitations, is capable also of direct molecular analysis. Utilizing LIBS solely for elemental analysis, however, has applications in the analysis of drinking water, evaluation of the waste waters and its treatment control, the so-called bioremediation, trace elements detection in marine algae, etc.


2.1. Laser-Induced Breakdown Spectroscopy of Liquid Samples

An effective LIBS arrangement using a vertical thin liquid flow for measurement of trace amounts in water solutions has already been used [60,80]. Thus, LIBS has proved its applicability for detection of trace elements in aqueous samples, but for the rapid in-situ and real-time analysis of biological samples suspended in water, i.e., algae, it is necessary to further develop LIBS systems, so that they are capable of measuring samples in the liquid state of matter.

Despite the general problems with plasma generation in liquid samples, the capability of LIBS for analysis of liquid samples has been tested and improved for more than thirty years. A detailed literature survey on the analysis of liquids is beyond the scope of this review, however, more comprehensive review on the analysis of liquid can be found in [56]. Practically, three different approaches of liquid sample measurements can be employed: (1) creation of the plasma in a bulk of the liquid; (2) on the steady surface of the liquid; or (3) on the surface of a thin laminar jet.

Both approaches, in bulk and on surface analysis, suffered from the sedimentation process when the suspended specimen in the liquid settled down to the bottom, making the sample inhomogeneous and the measurement irreproducible. This fact led to the introduction of the thin laminar vertical flow of a liquid [81–85]. Limits of detection found in selected articles are in the tenths or units of ppm for heavy metals (Pb, Cu, and Cr) and elements of biological significance, matrix elements of algae, (Ca, Na, Mg, and K). Preliminary LIBS measurements of algae suspended in liquid suspension utilizing the liquid jet and steady surface approaches were reported [60]. In this article, the peaks of Hα, Hβ and O lines were obtained with highest intensity.



2.2. Laser-Induced Breakdown Spectroscopy for Molecular Analysis

The analysis of a LIP emission provides information on the elemental composition of the sample. Molecular bands can be as well detected in a LIP radiation [56]. The molecular structural information of a sample is broken after the impact of a laser pulse. The newly formed LIP is composed of ions, atoms, and electrons. As the LIP cools down, ions recombine and molecules may be formed further in LIP temporal evolution. Consequently, the radiation corresponding to excitation states of molecular bands is detected. The molecular bands occur in later stages of the LIP formation. Debras-Guedón and Liodec [86] made series of measurements of molecular radiation, CN and AlO. However, CN bands were present in the plasma of carbon samples. Different timing of the LIBS experiment should be utilized for molecular analysis compared to conventional elemental analysis. Elements originating from the ambient gas surrounding the sample are as well ablated to create a consequent LIP. Those elements then react with the elements from the sample and form molecular bonds. Then, detected molecular radiation does not directly reflect the molecular structural information of the sample. Therefore, significant uncertainty may be introduced to the computation. Molecular analysis is not so frequent in LIBS applications, though this kind of analysis has already been tested. It was already proved that the CN band is a consequence of recombination among C2 in the plasma, i.e., ablated C from the sample, and N2 originating from the ambient air [87]. Moreover, Baudelet et al. [88] in their work suggest the CN band as a reliable marker for the observation of biological samples.

Doucet et al. [89] coupled LIBS measurement with chemometrics (principal component regression and partial least squares regression) in order to obtain more reliable quantitative molecular prediction. In this work they analyzed 18 standardized pharmaceutical samples with emphasis on CN band emission. Kongbonga et al. [90] analyzed different types of oils and saccharose dissolved in water with an emphasis on direct detection CN (in the region 388 nm) and C2 (516.6 nm) bonds. The attempt to correlate the intensity of molecular band with the amount of fatty acid in the sample was done. However, no calibration curve was given due to a low range in the amounts of fatty acids. The detection of CN and C2 bonds together with the theory of the chemical processes involved in forming those molecular bands in LIP were presented by several authors [91–95]. In the wider context, the detection of molecular bonds (e.g., C2) utilizing LIBS could be correlated under well specified circumstances to the real amount of fatty acids.

Utilization of laser-based methods, LIBS and Raman spectroscopy, for obtaining complete chemical information of algae has already been published [60]. In this work, the analysis of molecular information was delivered by Raman spectroscopy. Utilization of Raman spectroscopy with LIBS beneficially in tandem was already reviewed by Hahn and Omenetto [56] for various applications (such as archeology, cultural heritage, mineralogy and soil analysis). Nevertheless, based on the proposed theory, LIBS can—under well specified circumstances—provide both elemental and molecular information. There are several molecular bands (CN, C2, CO, CO2) which can be detected in the LIP radiation. The concentration of molecules within a LIP could be obtained when the LIBS measurement is supervised with Raman spectroscopy or GC-MS. Advanced statistical algorithms, such as PLS and PCR (principal components regression), could be used for that purpose.

Concluding the LIBS section, LIBS instrument could be used in bioremediation and environmental pollution monitoring. The sensitivity of the technique is satisfactory with the detection limits in the units of ppm. However, a robust LIBS setup with good reproducibility has to be constructed. As it was concluded by Hahn and Omenetto [56], the LIBS device is capable of quantitative analysis, however it is considered to be the only vulnerable feature of LIBS, therefore further research should be concentrated in this direction. Moreover, the matrix effect is of an issue when the quantitative analysis of the trace element is needed [56,64]. Nevertheless, it is possible to avoid or compensate the matrix effect to a certain extent in many ways, e.g., LA-LIBS, fs-LIBS, matrix assisted LIBS, and chemometric algorithms. Despite its limitations, LIBS is capable of direct and fast in-situ analysis without any need of sample preparation. Moreover, it is possible to classify various samples based on their chemical fingerprint provided by LIBS.

The performance of a LIBS device for in-situ analysis should be adapted to a case study rather than to a general use. Then, LIBS should be in the first stage of the research supervised with another technique (such as ICP-OES, GC-MS, etc.) to obtain the reference results and then to construct the supervised library of algal strains. Consequently, LIBS instrument can provide reliable real-time analysis.




3. Laser Ablation Inductively Coupled Plasma Based Techniques

To quantify the total content of elements in algal samples, numerous analytical techniques have recently been employed. Most of them, such as solution analysis by ICP-OES and ICP-MS, require sample decomposition and dissolution. The main drawback is the relatively demanding and laborious sample pre-treatment. After rinsing in ultra-pure water to remove salts and oven-drying, the samples are homogenized, grinded and then weighed [96,97]. Some samples are extracted [98]. The next step is the decomposition procedure, usually the acid digestion [99] or microwave assisted acid digestion [98]. Other treatments such as the slurry sampling technique, acid leaching or the enzymatic hydrolysis can be used [100]. These procedures lead to a total dissolution of the biological materials. Due to the complete decomposition of biological materials, however, the spatially-resolved analysis of elements cannot be carried out.

The solution ICP-OES technique was used to determine major (such as Ca, K, Mg) and trace elements (such as Zn, Cr, Co) in edible algae [97–100]. Using ICP-OES Michalak et al. [100] observed the differences of concentrations of elements of marine edible algae during the annual period in different parts of Baltic Sea. Perez et al. [21] utilized ICP-OES of algae from three different stations from Patagonia (Argentina) to detect the degree of contamination caused by human activities and to study the seasonal differences between Cd and Pb. ICP-OES is distinguished by ability of multi-elemental analysis of biological (algal) samples with relatively high-sensitivity and rapidness over wide concentrations ranges [98]. Better sensitivity can be acquired by solution ICP-MS. It is a very sensitive and precise analytical technique that allows simultaneous determination of trace and ultra-trace elements in algae with detection limits in the order of ng·g−1 [101]. Van Netten et al. [102] utilized ICP-MS to control heavy metals and radioactive isotopes in edible marine algae. The amounts of heavy metals in edible algae have to be controlled because of algal high affinity to heavy metals. Rodenas de la Rocha et al. [96] have also employed ICP-MS to analyze different elements in edible algae.

The analysis of biological samples without laborious decomposition can be performed using LA-ICP-MS/OES. These analytical techniques are widely used for a trace elemental analysis of solid samples with high spatial resolution (typically below 20 μm [50]). Moreover, LA-ICP-MS allows also a multi-element analysis of biological samples with no or little sample preparation and enables rapid analysis in real time with high spatial resolution. This advantage enables the observation of the evolution of appropriate biological samples (e.g., calcified algae) during their lifetime, which aids in the understanding their life cycle (series) or living conditions.

LA-ICP-MS was used on coralline red algae to detect climatic condition changes. Coralline red algae represent an ideal organism that occurs in mid- to high-latitude oceans. Their asset is their longevity and their incremental growth pattern. They are widely distributed in the coastal regions worldwide. Part of their skeleton is constituted of high content Mg-calcite. This skeleton grows over their lifespan. Coralline red algae do not suffer from the drawback of the ontogenetic growth trend [103]. Usually, to detect climatic condition changes, the most plentiful species of Clathromorphum from North Pacific Ocean are used; they can grow up to 850 years (based on radiometric dating). They can record climate information during an annual period [50–54].

The ratio of Mg/Ca is used to record temperature variation in different marine organisms [97,102]. For the detection of the sea-surface temperature Hetzinger [55] utilized coralline red alga, Clathromorphum nereostratum, which archives the environmental information of seawater with a high temporal resolution during its growth. Gamboa et al. [53] compared by LA-ICP-MS the Mg/Ca ratio in coralline red algae Clathromorphum compactum from two sites within the same region and showed that algae can be used as a recorders of past temperature variability. Halfar et al. [51] utilized Clathromorphum compactum to employ growth increment widths as a temperature proxy by LA-ICP-MS. They investigated the relationship between the growth and the environmental parameters. Averaged results of multiple growth increments show strong correlations with annual sea surface temperature. They showed that the highest growth rates are observed during the summer months when the sea-surface temperatures and the light intensities are the highest.

Chan et al. [52] and Hetzinger et al. [54] used LA-ICP-MS to study the Ba/Ca ratio variations in Clathromorphum nereostratum, and investigated temporal salinity changes. Gamboa et al. [53] utilized LA-ICP-MS to determine Mg/Ca ratios of Clathromorphum compactum to understand the North Atlantic Oscillation. Hetzinger et al. [50] investigated algal species Clathromorphum compactum and Clathromorphum nereostratum by LA-ICP-MS in order to compare the ratios of Mg/Ca, Sr/Ca, U/Ca and Ba/Ca. The temperature dependence of Sr/Ca and Mg/Ca ratios was evidenced. The results show that the Sr content into algal calcite is dependent on the seawater temperature. The relationship between Mg/Ca, U/Ca and Ba/Ca ratios and the sea surface temperature was not proved.

The reported limits of LA-ICP-MS detection are under the ppm range, summarized in Table 2. For the analysis of algal samples, i.e., measuring the concentrations of 24Mg, 43Ca, and 137Ba, an Agillent 7500ce Quadrupole ICP-MS coupled with a New Wave Research UP 213 laser ablation system (213 nm, ND:YAG laser) was used [51–53]. The carrier gas was helium and the utilized laser energy density was 6 J/cm2. The scan speed was 10 μm/s, the spot size was 65 μm, and the pulse rate was 10 Hz. NIST SRM 610 (U.S. National Institute of Standard and Technology Standard Reference Material) glass reference material was utilized as an external standard [51,52].


Table 2. Limits of detection (LOD) obtained by LA-ICP techniques taken from selected references.



	
Samples

	
Isotope

	
LOD [ppm]

	
Reference






	
Clathromorphum compactum, Clathromorphum nereostratum

	
24 Mg

	
0.16

	
[50]




	
43 Ca

	
54.9




	
88 Sr

	
0.04




	
238 U

	
0.016




	
137 Ba

	
0.13




	






	
Clathromorphum compactum

	
24 Mg

	
0.16

	
[51]




	
43 Ca

	
54.9




	






	
Clathromorphum nereostratum

	
24 Mg

	
0.02

	
[52]




	
43 Ca

	
5.47




	
137 Ba

	
0.01




	






	
Clathromorphum compactum

	
24 Mg

	
0.16

	
[53]




	
43 Ca

	
54.9









LA-ICP-MS is a prospective method to study solid algal samples with high resolution and relatively low limits of detection. This method seems to be more suitable to detect coralline algae than LIBS because LA-ICP-MS has in general higher spatial resolution and can detect isotopes ratio. This is important in the study of coralline algae, because they are optimal organisms to archive and detect climatic conditions of the environment. On the other hand, LA-ICP-MS cannot be used to study algal suspensions, and needs reference methods to measure the total concentration of elements in the samples, or standard reference materials to quantify elemental concentration in the samples.



4. Raman Spectroscopy

Raman spectroscopy (alternatively Raman tweezers–a combination of Raman microspectroscopy with optical trapping) is a powerful and robust technique for analyzing biochemical information and revealing the molecular composition of samples under study [42,104–113].

Raman spectroscopy is based on the phenomenon of Raman scattering of monochromatic light (laser), which is the inelastic scattering of a photon. When there is monochromatic light incident on a target there are several possibilities for the incoming photons, if they have sufficient energy the molecules of the target can be raised to an excited electronic state and the photons absorbed, they can pass through the target without interacting or they can undergo elastic or inelastic scattering. Elastic scattering is the type of scattering that occurs most often when light is incident upon a target. In Raman spectroscopy however, inelastic scattering is exploited. In this case the molecule is excited to a virtual energy state, however this time when it relaxes it returns to a different vibrational energy state than the one that it started from. Therefore the energy of the photon emitted during the relaxation is different to the energy of the photon that caused the excitation in the first place. The scattered photon consequently has a different frequency than the excitation source and this is what produces the Raman spectrum, a plot of the frequency shift between incident and scattered light (see Figure 1).

Figure 1. Raman spectrum of a lipid body within the algae (Trachydiscus minutus). From the ratio of intensities I1656/I1445 the iodine value (IV) can be estimated [42]. Here algal lipid content is close to IV ∼ 230.
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Review articles on biological applications [114–118] and especially on algae [119] have been presented. The primary goal of this literature research is the utilization of Raman spectroscopy for obtaining the information about the amount of lipid content within the algal cell. Efficient production of algal strains with higher lipid yield could lead to lowering the prices of biofuels [3]. Therefore, techniques allowing for rapid characterization/identification of algae species are required, and specifically to determine the degree of unsaturation of constituent fatty acids in algal lipid bodies. Note that the third generation biofuels technology is based on algae that contain high oil content. Also, concerning the modern fish industry, most fish consumed inland come from fish farms. In this aquaculture industry, as the number of fish farms grow (mainly control farmed salmon products), it becomes important to guarantee that the high content of precious omega-3 fatty acids find their way into fish oils. This therefore dictates some fish dietary requirements for dedicated aqua-cultural environment. Consequently, aquafarmers feed fish, soy, and chicken oil to fish, all of which could be eliminated using algal oil. This highlights algae as a potential source from which desired omega-3 fatty acids can be extracted [120].

In 1983, Brahma et al. [121] reported on the measurement of the marine algae phytoplankton, employing Raman spectroscopy. Algae were measured directly in the suspension and the emphasis was given to the observation of the carotenoid pigments and chlorophyll peaks. The application of Raman spectroscopy to the analysis of photo-synthetizing organisms, such as algae, is challenging due to the underlying strong fluorescence of omnipresent pigments that might obscure the characteristic Raman spectral features. Therefore, the use of Raman spectroscopy has been limited to relatively few algal species. Accordingly, the number of published papers is relatively small, but tends to increase in recent years. Because of being in an early stage of development, these publications on Raman spectroscopy of algae are scattered over a wide range of journals, for instance [42,122–127], with the majority of work published in the last five years.

Algal strains, which could be promising candidates for biofuel production, have been so far investigated by five groups worldwide (see Table 3). The most widely studied species is Botryococcus braunii. The species with the highest iodine value (IV) was found to be Trachydiscus minutus. Thus far only two groups have been involved in systematic research on estimating the unsaturation degree/IV within algal samples (see Table 3).


Table 3. The list of articles focused on the analysis of algae employing Raman spectroscopy.



	
Algae Species

	
Reference

	
Estimate of the Degree of Unsaturation/Iodine-Value of Algal Oil






	
Dunaliella tertiolecta

	
[122,126]

	
No




	






	
Chlorella sorokiniana Neochloris oleoabundans

	
[123]

	
No




	






	
Botryococcus braunii

	
[124]

	
No




	






	
Botryococcus braunii Neochloris oleoabundans Chlamydomonas reinhardtii

	
[125]

	
Yes




	






	
Trachydiscus minutus Botryococcus sudeticus Chlamydomonas sp.

	
[42]

	
Yes









The pioneering work of Heraud et al. [122,126], performed in 2007 in Beardall's laboratories at Monash University (Australia), was focused namely on in vivo Raman spectroscopy to predict the nutrient status of individual algal cells. They found that the Raman spectra of cells revealed a range of Raman bands mainly attributed to chlorophyll and carotene when 780 nm laser beam was used for excitation.

Preliminary feasibility studies on using Raman spectroscopy of algae were reported by Huang et al. [123]. They performed the study on two algal species, namely Chlorella sorokiniana and Neochloris oleoabundans, which could be seen as potential candidates for the biofuel production. Nitrogen-starved C. sorokiniana and N. oleoabundans samples were measured and Raman signals due to storage lipid (specifically triglycerides) were detected. The fluorescence background interrupted by sudden high-intensity fluorescence events was observed in the Raman signals from the algae. The fluorescence was acquired as a consequence of photo-bleaching of cell pigments due to prolonged intense laser light exposure; but the occurrence of the sudden high-intensity fluorescence bursts eluded full understanding.

Weiss et al. [124] reported Raman spectroscopy on Botryococcus braunii algae. In this study, authors were focused mainly on mapping the presence and location of methylated Botryococcenes within the colony. Specific Raman spectroscopic characteristics for Botryococcenes of Botryococcus braunii have been identified. In vivo lipid profiling of oil-producing algae has been described, using single-cell laser-trapping Raman spectroscopy [125].

Finally, Samek et al. [42] have recently demonstrated spatially resolved Raman spectroscopy to determine the effective IV in lipid storage bodies of individual algal cells. The Raman spectra were collected from different algal species immobilized in agarose gel, thus preventing them from moving out from the tightly focused region of the probe laser beam in order to maintain high spatial resolution within lipid bodies. The principal parameter characterizing the algal lipid is the degree of unsaturation of the constituent fatty acids and can be quantified by the IV. Crucially, the IV is conveniently estimated from information contained within the Raman spectra, with no need to add any chemicals to the cells. They used the characteristic peaks in the Raman spectra at 1656 cm−1 (cis C=C stretching mode) and 1445 cm−1 (CH2 scissoring mode) as the markers defining the ratio of unsaturated-to-saturated carbon-carbon bonds of the fatty acids in the algal lipids (Figure 1). For the quantitative IV determination a calibration curve was generated based on pure fatty acids of known IV, when the IV differed significantly for the various algal species. These estimates based on Raman spectroscopy were validated using the established technique of gas chromatography mass spectroscopy (GC-MS); indeed, excellent agreement was found.

As was mentioned above, the technique of Raman spectroscopy could be an excellent candidate to follow the food chain in the aquaculture industry, enabling one to monitor the IV within the food chain. Similarly, the same procedure of IV determination can be applied to monitor algae samples for biofuel production, where IV must be kept below a given limit. Moreover, it has been demonstrated [42] that various algal oils exhibit significantly different IV, which may have important implications for the food/pharmaceutical industry in obtaining 3-omega fatty acids. The main advantage of oils obtained from algae is that they are not contaminated by industrial toxins/antibiotics as some oils obtained from fish possibly could be due to the contaminated environment (industrial farmed fish or wild-caught fish).



5. Chemometrics for the Recognition of Algal Strains

The discussed spectroscopic techniques (LIBS, LA-ICP-MS, and Raman spectroscopy) are able to analyze extensive samples set, where each sample is represented by complex spectral information. Chemometric algorithms are used in many fields including spectroscopy, for data mining and pattern recognition within the bulky data sets [61]. In general, chemometrics are used for both qualitative and quantitative analysis.

Classification of the algal strain has already been performed. Zbikowski et al. [128] applied the factor analysis for the discrimination of algal strain collected in coastal and lagoon waters, based on their appearances in flame atomic absorption spectroscopy spectra (FAAS). The algal strains were collected in the Gulf of Gdansk in a short time period (2000–2003). Algal samples were then dried and digested with HNO3 acid. The contents of four macroelements (Ca, Mg, Na and K) and six heavy metals (Cd, Cu, Ni, Pb, Zn and Mn) were determined and used for further statistical analysis. The correlation between the concentrations of Cu, Pb and Zn in green algae and the sampling sites was observed. Heraud et al. [126,129] utilized Raman spectroscopy and Fourier transform infrared spectroscopy (FTIR), respectively. Chemometrics were then applied on the measured data set for accurately predicting the nutrient status of an independent individual algal strain. PCA was successfully applied as well on the near-infrared (NIR) and FTIR spectra [130]. Laurens and Wolfrum [130] used the NIR and FTIR spectra of biomass from four species to predict accurately the levels of exogenously added lipids. Salomonsen et al. [131] presented an extensive comparative study of alginate, a salt of alginic acid distributed widely in the cell walls of brown algae, using IR, Raman spectroscopy, NIR and NMR techniques. Chemometric algorithms, partial least squares discriminant analysis (PLS-DA) and PCA were then used to accurately predict the nutrient status of the cells from the Raman spectral data.

Concluding, chemometric algorithms may be of help in handling bulky data sets and revealing latent variables and relations among the biological samples. As stated above, LIBS is capable of providing information about the overall elemental composition of the sample, the so-called chemical fingerprint. The composition of matrix elements Ca, K, Mg, and Na could differ according to the particular measured algal strain [60]. The classification of algal strains based on their spectra is possible while employing the standard chemometric algorithm, such as principal component analysis. To the best of our knowledge, chemometric algorithms have not been used so far for the analysis and discrimination of algal strain based on their LIBS measurements. Nevertheless, successful utilization of LIBS for classification of biological samples has already been published [88,132–135].


5.1. Discrimination of Four Algal Strains by LIBS

Description of employed LIBS system, Figure 2, and related preparation of the four algal strains has already been published [60]. Four algal strains (Chlarydomonas reinhardti (ChR), Chlorococuum zurek (ChZ), Desmodesmus quadratic (DQ), Haematococcus pluralis (HP)) were prepared under the same laboratory conditions. The samples were measured in the form of liquid suspensions with LIBS device where thin liquid jet was utilized. In this experiment, ns-laser pulse (Solar LQ 529a; operated at 532 nm, 10 ns, 50 mJ, ∼65 GW/cm2) was focused with 75 mm planoconvex lens into a tight spot (100 μm). Radiation of a LIP was collected by using a large aperture collector-collimator (Andor CC52, F/2). Collected light was then spectrally resolved on the echelle grating (Andor Mechelle 5000; F/7, λ/Δλ = 6000) and detected by an ICCD (Andor iStar 734). The temporal gating of the LIBS experiment was as follows: the gate delay of 3 μs and the gate width of 10 μs. Each measurement consists of 50 spectra in an accumulation while each measurement was 20 times repeated to obtain robust statistical dataset. A typical spectrum of an algal strain is depicted in Figure 3, where matrix elements (Ca, K, Mg, and Na) are highlighted. During the data processing, the spectra were normalized to their integral intensities and averaged, and then four spectra per sample were obtained. Lines of matrix elements, listed in Table 4, were fitted with pseudo-Voigt profile and their intensities were calculated as the area under the peak with the background subtraction using custom MATLAB (version R2012a) software. Four spectra per each sample were organized as rows in the data matrix and its columns refer to individual variables. The range of each variable was normalized to unity and then mean-centered. The data matrix was analyzed with PCA to reveal possible latent variables among the data and to provide the discrimination of the samples (for detailed description of this procedure see further paragraph). This analysis was done employing MATLAB software customized with Self-Organizing MAP (SOM) toolbox [136] (Helsinki University of Technology, Finland) for multivariate analysis.

Figure 2. Schematic diagram of the so called liquid LIBS system [60].
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Figure 3. Typical spectrum of algae with the emphasis given to the matrix elements (Mg, Ca, Na, and K).



[image: Sensors 14 17725f3 1024]





Table 4. Table of matrix elements utilized in multivariate analysis.


	Element
	Wavelength (nm)





	Mg (II)
	279.5



	Mg (II)
	280.3



	Ca (II)
	393.4



	Ca (II)
	396.8



	Na (I)
	589



	Na (I)
	589.6



	K (I)
	766.5



	K (I)
	769.9








Working with the whole data set can result in a PC space where various samples may be assigned to one group. In other words, the least squares property of PCA algorithm highlights the most significant variation among the data. For this reason, the less significant variation is overshadowed, i.e., has lower impact on the classification in a newly constructed PC space. To overcome this problem one can utilize the approach suggested by Multari et al. [132] and used as well in related work by Ollila et al. [137]. There, any cluster is removed from the computation when it is successfully assigned to a distinct group in respect to the rest of the data set. Then the PCA algorithm is applied again on the reduced dataset. This leads to simplification of the variation in the dataset. In other words, the variation responsible for the distinct separation of a group withdrawn from the computation is not present anymore. This results in the increase of the significance of a formerly less significant variation among the rest of the data. This process is repeated until all of the samples are successfully classified. By employing this algorithm for data classification we can proceed further in our investigation.

PCA was then applied on the data matrix constructed from the LIBS data. Two distinct groups are clearly visible when investigating resulted PCA scores in Figure 4a. The first two principal components describe 95% of overall variation among the data. This suggests that the discrimination of algal strains into three distinct groups is possible. However, data points representing algal strains DQ and HP are strongly overlapping. This may be a consequence of the similarity in the matrix elements and moderate repeatability of the LIBS measurement.

Figure 4. PCA of four algal strains based on their LIBS measurement: (a) scores; (b) loadings.
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PCA analysis of LIBS spectra, i.e., the clustering of the LIBS measurements, was then emulated by the PCA analysis of the ICP-OES measurement (not shown in this article). As in the case of LIBS measurement, the main emphasis was given to the signal intensities of the matrix element lines (namely Ca, K, Mg, and Na lines). The scores plot indicated that the composition of DQ and HP is more similar in the sense of matrix elements, i.e., the data points are closer to each other, than the composition of ChZ and ChR, whose data points are distinctly separated in the newly created PC space. Those results coincided with the results of PCA applied to the LIBS data, where LIBS measurements of ChR and ChZ are distinctly separated compared to the overlapping LIBS data of DQ and HP. Therefore, the repeatability of the LIBS measurement under given conditions still could be improved for reliable classification using PCA.




6. Conclusions and Future Prospects

Algae are considered to be promising alternative sources to corn and soybean for the next generation biofuel production. Third generation technology may be based on algal biomass, which is rich in polyunsaturated fatty acids. The algal biomass can be grown without competing for arable land (e.g., industrial waste waters can be used for the cultivation instead of the land suitable for growing food crops). Also, algae have the potential to decontaminate polluted water, because their cellular wall exhibits high affinity to metal cations. They are also widely used as a dietary supplement and in the drug industry. Moreover, calcified coralline algae can be utilized to detect climatic condition changes due to their longevity.

A comprehensive review on the analysis of algal biomass was given, preferably for the application in the fields of biofuels and bioremediation. The main aim of this review is focused on laser-based techniques for elemental and molecular analysis. It was shown that further development of methods for monitoring the elemental/chemical composition of the algal biomass is necessary. Each individual algal strain has different properties and reacts differently with its environment. Current laser-based spectroscopy techniques presented here such as LIBS, Raman spectroscopy and LA-ICP-OES/MS represent powerful tools for fast and complete analysis of biological samples and with certain limitations, can be adopted for effective analysis of algae biomass.

LIBS technique provides information primarily about the elemental composition. However limited information about the molecular structure can be also obtained. LIBS can serve as a robust, remote and rapid method for in-situ, on-line and real-time elemental analysis. Furthermore, portable LIBS equipment, employing a water jet, can be constructed for the fast elemental analysis or the algal identification in the field, mainly for the bioremediation application. Note that in the primary stage of the LIBS development LA-ICP-MS/OES can be also advantageously used to validate the LIBS outcomes. When the supervised spectral libraries are created, LIBS can stand alone as a robust, remote and rapid device for in-situ elemental analysis.

Raman spectroscopy (alternatively Raman tweezers – a combination of Raman microspectroscopy with optical trapping) is suitable for in vivo analysis of algae molecular composition in a non-destructive way. Recently, the primary goal of Raman spectroscopy was the determination of the lipid content within the algal cells. Spatially resolved Raman spectroscopy utilized for the determination of the iodine value, i.e., lipid storage composition in the algal bodies, has a potential importance, especially in regard to third generation biofuels technologies. Raman spectroscopy as the only from the presented methods does not influence viability of living cells and can be combined with optical tweezers to sort individual cells according to their lipid content for subsequent breeding.

Chemometrics become more popular and irreplaceable in the spectral data mining. Chemometric algorithms may be an indispensable part of a robust analysis. Discrimination of different algal strains by LIBS or Raman spectroscopy using chemometric algorithms is also provided.

Pioneering works combining some of these approaches (e.g., LIBS and Raman spectroscopy) have already been published and the results, which are discussed above, show that those approaches can open new directions of bioanalytical remote measurement of algae.






Acknowledgments

This work was supported by the project “CEITEC—Central European Institute of Technology” (CZ.1.05/1.1.00/02.0068) from European Regional Development Fund. J.N. acknowledges the project CZ.1.07/2.3.00/30.0005: “Support of Interdisciplinary Excellence Research Teams Establishment at BUT”. O.S., Z.P. and P.Z. acknowledge the support from Ministry of Education, Youth and Sports of the Czech Republic (LO1212) together with the European Commission (ALISI No. CZ.1.05/2.1.00/01.0017) and GACR P205/11/1687.



Author Contributions

Pavel Pořízka, Ota Samek, Karel Novotný, Jan Novotný and Jozef Kaiser initiated, designed and structured the review. They were responsible for the six chapters of the manuscript and for writing and submission of the final manuscript.

David Procházka, Pavel Pořízka, Vojtěch Adam, Pavel Zemánek, and René Kízek participated in the study design, performed statistical analysis and analyzed extensive sample sets using in-house written routines. They significantly participated during the revision of the manuscript contributing to LIBS (chemometric), ICP and Raman chapters.

Petra Procházková, Lucia Sládková, and Zdeněk Pilát contributed to the study design, participated in data analysis and were responsible for cultivation and presentation of algae samples.

Michal Petrilak, Michal Brada contributed to manuscript writing, data presentation, literature survey and selection of relevant references for individual chapters.



Conflicts of Interest

The authors declare no conflict of interest.



References


	1. 
I.E.A. IEA 2013 Key World Energy Statistics, 2013. Available online: http://www.iea.org/publications/freepublications/publication/KeyWorld2013_FINAL_WEB.pdf (accessed on 22 October 2013).

	2. 
U.S. Department of Energy Energy Efficiency and Renewable Energy December 2007. Available online: http://www.nrel.gov/docs/fy08osti/42168.pdf (accessed on 22 October 2013).

	3. 
Williams, P.J.l.B.; Laurens, L.M.L. Microalgae as biodiesel & biomass feedstocks: Review & analysis of the biochemistry, energetics & economics. Energy Environ. Sci. 2010, 3, 554–590. [Google Scholar]

	4. 
Sheehan, J.; Dunahay, T.; Benemann, J.; Roessler, P. A Look back at the U.S. Department of Energy's Aquatic Species Program-Biodiesel from Algae; A National Laboratory of the U.S. Department of Energy: Golden, CO, USA, 1998. [Google Scholar]

	5. 
Hannon, M.; Gimpel, J.; Tran, M.; Rasala, B.; Mayfield, S. Biofuels from algae: Challenges and potential. Biofuels 2010, 1, 763–784. [Google Scholar]

	6. 
Demirbas, M.F. Biofuel from algae for sustainable development. Appl. Energy 2011, 88, 3437–3480. [Google Scholar]

	7. 
U.S. Department of Energy, Energy Efficiency & Renewable Energy, 2013. Available online: http://www1.eere.energy.gov/biomass/pdfs/algalbiofuels.pdf (accessed on 1 October 2013).

	8. 
Chisti, Y. Constraints to commercialization of algal fuels. J. Biotechnol. 2013, 167, 201–214. [Google Scholar]

	9. 
Elliott, L.G.; Feehan, C.; Laurens, L.M.L.; Pienkos, P.T.; Darzins, A.; Posewitz, M.C. Establishment of a bioenergy-focused microalgal culture collection. Algal Res. 2012, 1, 102–113. [Google Scholar]

	10. 
Aguirre, M.; Bassi, A.; Saxena, P. Engineering challenges in biodiesel production from microalgae. Crit. Rev. Biotechnol. 2013, 33, 293–308. [Google Scholar]

	11. 
Simionato, D.; Basso, S.; Giacometti, G.M.; Morosinotto, T. Optimization of light use efficiency for biofuel production in algae. Biophys. Chem. 2013, 182, 71–78. [Google Scholar]

	12. 
Subhadra, B.G. Sustainability of algal biofuel production using integrated renewable energy park (IREP) and algal biorefinery approach. Energy Policy 2010, 38, 5892–5901. [Google Scholar]

	13. 
Park, J.B.K.; Craggs, R.J.; Shilton, A.N. Wastewater treatment high rate algal ponds for biofuel production. Biosource Technol. 2011, 102, 35–42. [Google Scholar]

	14. 
Park, J.B.K.; Craggs, R.J.; Shilton, A.N. Enhancing biomass energy yield from pilot-scale high rate algal ponds with recycling. Water Res. 2013, 47, 4422–4432. [Google Scholar]

	15. 
Demirbas, A. Use of algae as biofuel sources. Energy Convers. Manag. 2010, 51, 2738–2749. [Google Scholar]

	16. 
Christenson, L.; Sims, R. Production and harvesting of microalgae for wastewater treatment, biofuels, and biproducts. Biotechnol. Adv. 2011, 29, 686–702. [Google Scholar]

	17. 
Rawat, R.R.; Kumar Mutanda, T.; Bux, F. Dual role of microalgae: Phycoremediation of domestic wastewater and biomass production for sustainable biofuels production. Appl. Energy 2011, 88, 3411–3424. [Google Scholar]

	18. 
Davis, T.A.; Volesky, B.; Mucci, A. A review of the biochemisty of heavy metal biosorption by brown algae. Water Res. 2003, 37, 4311–4330. [Google Scholar]

	19. 
Durrieu, C.; Tran-Minh, C. Optical algal biosensor using alkaline phosphatase for determination of heavy metals. Ecotoxicol. Environ. Saf 2002, 51, 206–209. [Google Scholar]

	20. 
Campanella, L.; Cubadda, F.; Sammanrtino, M.P.; Saoncella, A. An algal biosensor for the monitoring of water toxicity in estaurine environments. Water Res. 2000, 35, 69–76. [Google Scholar]

	21. 
Perez, A.A.; Farias, S.S.; Strobl, A.M.; Perez, L.B.; Lopez, C.M.; Pineiro, A.; Roses, O.; Fajardo, M.A. Levels of essential and toxic elements in Porphyra columbina and Ulva sp. from San Jorge Gulf, Patagonia Argentina. Sci. Total Environ. 2007, 376, 51–59. [Google Scholar]

	22. 
Cardozo, K.H.M.; Guaratini, T.; Barros, M.; Falcao, V.R.; Tonon, A.P.; Lopes, N.P.; Campos, S.; Torres, M.A.; Souza, A.O.; Colepicolo, P.; et al. Metabolites from algae with economical impact. Toxicol. Pharmacol. 2007, 146, 60–78. [Google Scholar]

	23. 
Singh, S.; Kate, B.N.; Banerjee, U.C. Bioactive compouds from cyanobacteria and microalgae: An overview. Crit. Rev. Biotechnol. 2005, 25, 73–95. [Google Scholar]

	24. 
Blunt, J.W.; Copp, B.R.; Munro, M.H.G.; Northcote, P.T.; Prinsep, M.R. Marine natural products. Nat. Prod. Rep. 2005, 22, 15–61. [Google Scholar]

	25. 
Skjånes, K.; Rebours, C.; Lindblad, P. Potential for green microalgae to produce hydrogen, pharmaceuticals and other high value products in a combined process. Crit. Rev. Biotechnol. 2013, 33, 172–215. [Google Scholar]

	26. 
Kim, S.K.; Thomas, N.V.; Li, X. Anticancer compounds from marine macroalgae and their application as medical foods. Adv. Food Nutr. Res. 2011, 64, 213–224. [Google Scholar]

	27. 
Kim, S.K.; Karadeniz, F. Anti-HIV activity of extracts and compounds from marine algae. Adv. Food Nutr. Res. 2011, 64, 255–265. [Google Scholar]

	28. 
Munkel, R.; Schmid-Staiger, U.; Werner, A.; Hirth, T. Optimization of outdoor cultivation in flat panel airlift reactors for lipid production by Chlorella vulgaris. Biotechnol. Bioeng. 2013, 110, 2882–2893. [Google Scholar]

	29. 
IBA, BIQ, Smart Material Houses, 2013. Available online: http://www.iba-hamburg.de/en/themes-projects/the-building-exhibition-within-the-building-exhibition/smart-material-houses/biq/projekt/biq.html (accessed on 22 October 2013).

	30. 
Jaboyedoff, M.; Oppikofer, T.; Abellán, A.; Derron, M.H.; Loye, A.; Metzger, R.; Pedrazzini, A. Use of LIDAR in landslide investigations: A review. Nat. Hazards 2012, 61, 5–28. [Google Scholar]

	31. 
Cracknell, A.P.; Hayes, L. Introduction to Remote Sensing, 2nd ed.; Taylor and Francis: London, UK, 2007. [Google Scholar]

	32. 
Bazzani, M.; Cecchi, G. Algae and mucillagine monitoring by fluorescence LIDAR experiments in field. Adv. Remote Sens. 1995, 3, 90–101. [Google Scholar]

	33. 
Mumola, P.B.; Kim, H.H. Remote sensing of marine plankton by dye laser induced fluorescence. Eng. Ocean Environ. 1972, 72, 204–207. [Google Scholar]

	34. 
Martin, F. Monitoring plant metabolism by 13C, 15N and 14N nuclear magnetic resonance spectroscopy. A review of the applications to algae, fungi, and higher plants. Plant Physiol. 1985, 23, 463–490. [Google Scholar]

	35. 
Schneider, B. In-vivo nuclear magnetic resonance spectroscopy of low-molecular-weight compounds in plant cells. Planta 1997, 203, 1–8. [Google Scholar]

	36. 
Ratcliffe, R.G. In-vivo NMR studies of higher plants and algae. Adv. Bot. Res. 1994, 20, 43–123. [Google Scholar]

	37. 
Pollesello, P.; Toffanin, R.; Murano, E.; Paoletti, S.; Rizzo, R.; Kvam, B.J. Lipid extracts from different algal species: 1H- and 13C-NMR spectroscopic studies as a new tool to screen differences in the composition of fatty acids, sterols and carotenoids. J. Appl. Phycol. 1992, 4, 315–322. [Google Scholar]

	38. 
Danielewicz, M.A.; Anderson, L.A.; Franz, A.K. Triacylglycerol profiling of marine microalgae by mass spectrometry. J. Lipid Res. 2013, 52, 1–26. [Google Scholar]

	39. 
Vieler, A.; Wilhelm, C.; Goss, R.; Süβ, R.; Schiller, J. The lipid composition of the unicellular green alga Chlamydomonas reinhardtii and the diatom Cyclotella meneghiniana. Chem. Phys. Lipids 2007, 150, 143–155. [Google Scholar]

	40. 
Wirth, H.; von Bergen, M.; Murugaiyan, J.; Rösler, U.; Stokowy, T.; Binder, H. MALDI-typing of infectious algae of the genus Prototheca using SOM portraits. J. Microbiol. Methods 2012, 88, 83–97. [Google Scholar]

	41. 
Anastyuk, S.D.; Shevchenko, N.M.; Dmitrenok, P.S.; Zvyagintseva, T.N. Structural similarities of fucoidans from brown algae Silvetia babingtonii and Fucus evanescens, determined by tandem MALDI-TOF mass spectrometry. Carbohydr. Res. 2012, 358, 78–81. [Google Scholar]

	42. 
Samek, O.; Jonáš, A.; Pilát, Z.; Zemánek, P.; Nedbal, L.; Tříska, J.; Kotas, P.; Trtílek, M. Raman microspectroscopy of individual algal cells: Sensing unsaturation of storage lipids in vivo. Sensors 2010, 10, 8635–8651. [Google Scholar]

	43. 
Bailey, G.F.; Horvat, R.J. Raman spectroscopic analysis of the cis/trans isomer coposition of edible vegetable oils. J. Am. Oil Chem. Soc. 1972, 4, 494–498. [Google Scholar]

	44. 
Sadeghi-Jorabchi, H.; Hendra, P.J.; Wilson, R.H.; Belton, P.S. Determination of the total unsaturation in oils and margarines by Fourier Transform Raman Spectroscopy. J. Am. Oil Chem. Soc. 1990, 67, 483–486. [Google Scholar]

	45. 
Ozaki, Y.; Cho, R.; Ikegaya, K.; Muraishi, S.; Kawauchi, K. Potential of near-infrared Fourier Transform Raman Spectroscopy in food analysis. Appl. Spectrosc. 1992, 46, 1503–1507. [Google Scholar]

	46. 
Schober, S.; Mittelbach, M. Iodine value and biodiesel: Is limitation still appropriate? Lipid Technol. 2007, 17, 281–284. [Google Scholar]

	47. 
Gouveia, L.; Marques, A.E.; da Silva, T.L.; Reis, A. Neochloris oleabundans: A suitable renewable lipid source for biofuel production. J. Ind. Microbiol. Biotechnol. 2009, 36, 821–826. [Google Scholar]

	48. 
Gouveia, L.; Oliveira, A.C. Microalgae as a raw material for biofuels production. J. Ind. Microbiol. Biotechnol. 2009, 36, 269–274. [Google Scholar]

	49. 
Winefordner, J.D.; Gornushkin, I.B.; Correll, T.; Gibb, E.; Smith, B.W.; Omenetto, N. Comparing several atomic spectrometric methods to the super stars: Special emphasis on laser induced breakdown spectrometry, LIBS, a future superstar. J. Anal. Atomic Spectrom. 2004, 19, 1061–1083. [Google Scholar]

	50. 
Hetzinger, S.; Halfar, J.; Zack, T.; Gamboa, G.; Jacob, D.E.; Kunz, B.E.; Kronz, A.; Adey, W.; Lebednik, P.A.; Steneck, R.S. High-Resolution analysis of trace elements in crustose coralline algae from the North Atlantic and North Pacific by laser ablation ICP-MS. Palaeogeogr. Palaeoclimatol. Palaeoecol. 2011, 302, 81–94. [Google Scholar]

	51. 
Halfar, J.; Hetzinger, S.; Adey, W.; Zack, T.; Gamboa, G.; Kunz, B.; Williams, B.; Jacob, D.E. Coralline algal growth-increment widths archive North Atlantic climate variability. Palaeogeography 2011, 302, 71–80. [Google Scholar]

	52. 
Chan, P.; Halfar, J.; Williams, B.; Hetzinger, S.; Steneck, R.; Zack, T.; Jacob, D.E. Freshening of the Alaska Coastal Current recorded by coralline algal Ba/Ca ratios. J. Geophys. Res. Biogeosc. 2011, 116, 2005–2012. [Google Scholar]

	53. 
Gamboa, G.; Halfar, J.; Hetzinger, S.; Adey, W.; Zack, T.; Kunz, B.; Jacob, D.E. Mg/Ca ratios in coralline algae record NW Atlantic temperature variations and NAO relationships. J. Geophys. Res. Oceans 2010, 115. [Google Scholar] [CrossRef]

	54. 
Hetzinger, S.; Halfar, J.; Zack, T.; Mecking, J.V.; Kunz, B.E.; Jacob, D.E.; Adey, W.H. Coralline algal Barium as indicator for 20th century northwestern North Atlantic surface ocean freshwater variability. Sci. Rep. 2013, 3, 1–8. [Google Scholar]

	55. 
Hetzinger, S.; Halfar, J.; Kronz, A.; Steneck, S.; Walter, A.; Lebednik, P.A.; Schöne, B.R. High-resolution Mg/Ca rations in a coralline red algae as a proxy for Bering Sea temperature variations from 1902 to 1967. Soc. Sediment. Geol. 2009, 24, 406–412. [Google Scholar]

	56. 
Hahn, D.W.; Omenetto, N. Laser-Induced Breakdown Spectroscopy (LIBS), Part II: Review of instrumental and methodogical approaches to material analysis and applications to different fields. Appl. Spectrosc. 2012, 66, 347–419. [Google Scholar]

	57. 
Wiens, R.C.; Sharma, S.K.; Thomson, J.; Misra, A.; Lucey, P.G. Joint analysis by LIBS and Raman spectroscopy at stand-off distances. Spectroschim. Acta Part A 2005, 61, 2324–2334. [Google Scholar]

	58. 
Giakoumaki, A.; Osticioli, I.; Anglos, D. Spectroscopic analysis using a hybrid LIBS-Raman system. Appl. Phys. A 2006, 83, 537–541. [Google Scholar]

	59. 
Hoehse, M.; Mory, D.; Florek, S.; Weritz, F.; Gornushkin, I.; Panne, U. A combined laser-induced breakdown and Raman spectroscopy Echelle system for elemental and molecular microanalysis. Spectrochim. Acta Part B 2009, 64, 1219–1227. [Google Scholar]

	60. 
Pořízka, P.; Prochazka, D.; Pilát, Z.; Krajcarová, L.; Kaiser, J.; Malina, R.; Novotný, J.; Zemánek, P.; Ježek, J.; Šerý, M.; et al. Application of laser-induced breakdown spectroscopy to the analysis of algal biomass for industrial biotechnology. Spectrochim. Acta Part B 2012, 74–75, 169–176. [Google Scholar]

	61. 
Martens, H.; Naes, T. Multivariate Calibration; John Wiley & Sons Ltd.: Chichester, UK, 1989. [Google Scholar]

	62. 
Barker, M.; Rayens, W. Partial least squares for discrimination. J. Chemom. 2003, 17, 166–173. [Google Scholar]

	63. 
Cremers, D.A.; Radziemski, L.J. Handbook of Laser-Induced Breakdown Spectroscopy; John Wiley & Sons, Ltd: New York, NY, USA, 2006. [Google Scholar]

	64. 
Miziolek, A.W.; Palleschi, V.; Schechter, I. Laser-Induced Breakdown Spectroscopy (LIBS): Fundamentals and Applications; Cambridge University Press: Cambridge, UK, 2006. [Google Scholar]

	65. 
Noll, R. Laser-Induced Breakdown Spectroscopy: Fundamentals and Applications; Springer-Verlag: Berlin/Heidelberg, Germany, 2012. [Google Scholar]

	66. 
Hahn, D.W.; Omenetto, N. Laser-Induced breakdown spectroscopy (LIBS), Part I: Review of basic diagnostics and plasma-particle interactions: Still-Challenging issues within the analytical plasma community. Appl. Spectrosc. 2010, 64, 335–366. [Google Scholar]

	67. 
Aragón, C.; Aguilera, J.A. Characterization of laser induced plasma by optical emission spectroscopy: A review of experiments and methods. Spectrochim. Acta Part B 2008, 63, 893–916. [Google Scholar]

	68. 
López-Moreno, C.; Palanco, S.; Laserna, J.J. Remote laser-induced plasma spectrometry for elemental analysis of samples of environmental interest. J. Anal. Atomic Spectrom. 2004, 19, 1479–1484. [Google Scholar]

	69. 
Fortes, F.J.; Laserna, J.J. The development of fieldable laser-induced breakdown spectrometer: No limits on the horizon. Spectrochim. Acta Part B 2010, 65, 975–990. [Google Scholar]

	70. 
Gaudiuso, R.; Dell'Aglio, M.; de Pascale, O.; Senesi, G.S.; de Giacomo, A. Laser induced breakdown spectroscopy for elemental analysis in environmental, culturar heritage and space applications: A review of methods and results. Sensors 2010, 10, 7434–7468. [Google Scholar]

	71. 
Harmon, R.S.; Russo, R.E.; Hark, R.R. Application of laser-induced breakdown spectroscopy for geochemical and environmental analysis: A comprehensive review. Spectrochim. Acta Part B 2013, 87, 11–26. [Google Scholar]

	72. 
Michel, A.P.M. Review: Application of single-shot laser-induced breakdown spectroscopy. Spectrochim. Acta Part B 2010, 65, 185–191. [Google Scholar]

	73. 
Santos, D., Jr.; Nunes, L.C.; de Carvalho, G.G.A.; da Silva Gomes, M.; de Souza, P.F.; de Oliveira Leme, F.; Cofani dos Santos, L.G.; Krug, F.J. Laser-Induced breakdown spectroscopy for analysis of plant materials: A review. Spectrochim. Acta Part B 2012, 71, 3–13. [Google Scholar]

	74. 
Kaiser, J.; Novotný, K.; Martin, M.Z.; Hrdlička, A.; Malina, R.; Hartl, M.; Adam, V.; Kizek, R. Trace element analysis by laser-induced breakdown spectroscopy—Biological applications. Surf. Sci. Rep. 2012, 67, 233–243. [Google Scholar]

	75. 
Rehse, S.J.; Salimnia, H.; Miziolek, A.W. Laser-Induced breakdown spectroscopy (LIBS): An overview of recent progress and future potential for biomedical applications. J. Med. Eng. Technol. 2012, 36, 77–89. [Google Scholar]

	76. 
Gurevich, E.L.; Hergenröder, R. Femtosecond laser-induced breakdown spectroscopy: Physics, applications, and perspectives. Appl. Spectrosc. 2007, 61, 233–242. [Google Scholar]

	77. 
Garcimuno, M.; Pace, D.M.D.; Bertuccelli, G. Laser-Induced breakdown spectroscopy for quantitative analysis of copper in algae. Opt. Laser Technol. 2013, 47, 26–30. [Google Scholar]

	78. 
Niu, L.; Cho, H.H.; Song, K.; Cha, H.; Kim, Y.; Lee, Y.I. Direct determination of stroncium in marine algae samples by laser-induced breakdown spectrometry. Appl. Spectrosc. 2002, 56, 1511–1515. [Google Scholar]

	79. 
Aguirre, M.A.; Legnaioli, S.; Almodóvar, F.; Hidalgo, M.; Palleschi, V.; Canals, A. Elemental analysis by surface-enhanced Laser-Induced Breakdown Spectroscopy combined with liquid-liquid microexcitation. Spectrochim. Acta Part B 2013, 79, 88–93. [Google Scholar]

	80. 
Nakamura, S.; Ito, Y.; Sone, K. Determination of an iron suspension in water by laser-induced breakdown spectroscopy with two sequential laser pulses. Anal. Chem. 1996, 68, 2981–2986. [Google Scholar]

	81. 
Ito, Y.; Ueki, O.; Nakamura, S. Determination of colloidal iron in water by laser-induced breakdown spectroscopy. Anal. Chim. Acta 1995, 299, 401–405. [Google Scholar]

	82. 
Samek, O.; Beddows, D.C.; Kaiser, J.; Kukhlevsky, S.V.; Liska, M.; Telle, H.H.; Whitehouse, A.J. Application of laser-induced breakdown spectroscopy to in situ analysis of liquid samples. Opt. Eng. 2000, 39, 2248–2262. [Google Scholar]

	83. 
Rai, V.N.; Yueh, F.Y.; Singh, J.P. Study of laser-induced breakdown emission from liquid under double-pulse excitation. Appl. Opt. 2003, 42, 2094–2101. [Google Scholar]

	84. 
Feng, Y.; Yang, J.; Fan, J.; Yao, G.; Ji, X.; Zhang, X.; Zheng, X.; Cui, Z. Investigation of laser-induced breakdown spectroscopy of a liquid jet. Appl. Opt. 2010, 49, 70–74. [Google Scholar]

	85. 
Cheri, M.S.; Tavassoli, S.H. Quantitative analysis of toxic metals lead and cadmium in water jet by laser-induced breakdown spectroscopy. Appl. Opt. 2011, 50, 1227–1233. [Google Scholar]

	86. 
Debras-Guédon, J.; Liodec, N. De l'utilisation du faisceauissu d'un amplificateur á ondes lumineuses par émissioninduite par rayonnement (laser á rubis), comme source énergétique pour l'excitation des spectres d'émission des éléments. Comptes Rendus Hebdomadaires des séances de l'Académie des Sci. 1963, 257, 3336–3339. [Google Scholar]

	87. 
Samuels, A.C.; DeLucia, F.C., Jr.; McNesby, K.L.; Miziolek, A.W. Laser-Induced breakdown spectroscopy of bacterial spores, molds, pollens, and protein: Initial studies of discrimination potential. Appl. Opt. 2003, 42, 6205–6209. [Google Scholar]

	88. 
Baudelet, M.; Guyon, L.; Yu, J.; Wolf, J.P.; Amodeo, T.; Fréjafon, E.; Laloi, P. Femtosecond time-resolved laser-induced breakdown spectroscopy for detection and identification of bacteria: A comparison to the nanosecond regime. J. Appl. Phys. 2006, 99, 84701–84709. [Google Scholar]

	89. 
Doucet, F.R.; Faustino, P.J.; Sabsabi, M.; Lyon, R.C. Quantitative molecular analysis with molecular bands emission using laser-induced breakdown spectroscopy and chemometrics. J. Anal. At. Spectrom. 2008, 23, 694–701. [Google Scholar]

	90. 
Kongbonga, Y.G.M.; Ghalila, H.; Onana, M.B.; Lakhdar, Z.B. Classification of vegetable oils based on their concentration of saturated fatty acids using laser induced breakdown spectroscopy (LIBS). Food Chem. 2013, 147, 327–331. [Google Scholar]

	91. 
Locke, R.J.; Morris, J.B.; Forch, B.E.; Miziolek, A.W. Ultraviolet laser microplasma-gas chromatography detector:detection of species-specific fragment emission. Appl. Opt. 1990, 29, 4987–4991. [Google Scholar]

	92. 
St-Onge, L.; Sing, R.; Béchard, S.; Sabsabi, M. Carbon emission following 1.064 μm laser ablation of graphite and organic samples in ambient air. Appl. Phys. A 1999, 69, 913–916. [Google Scholar]

	93. 
Morel, S.; Leone, N.; Adam, P.; Amouroux, J. Detection of bacteria by time-resolved laser-induced breakdown spectroscopy. Appl. Opt. 2003, 42, 6184–6191. [Google Scholar]

	94. 
Guyon, L.; Baudelet, M.; Yu, J.; Wolf, J.P.; Amodeo, T.; Fréjafon, E.; Laloi, P. Laser-Induced breakdown spectroscopy analysis of bacteria: What femtosecond lasers make possible. Chem. Phys. 2007, 2007, 193–195. [Google Scholar]

	95. 
Berman, L.; Wolf, P.J. Laser-Induced breakdown spectroscopy of liquids: Aqueous solutions of nickel and chlorinated hydrocarbons. Appl. Spectrosc. 1998, 52, 438–443. [Google Scholar]

	96. 
Rodenas de la Rocha, S.; Sanchez-Muniz, F.J.; Gomez-Juaristi, M.; Larrea Marin, M.T. Trace elements determination in edible seaweeds by an optimized and validated ICP-MS method. J. Food Compos. Anal. 2009, 22, 330–336. [Google Scholar]

	97. 
Larrea Marin, M.T.; Pomares-Alfonso, M.S.; Gomez-Juaristi, M.; Sanchez-Muniz, F.J.; Rodenas de la Rocha, S. Validation of an ICP-OES method for macro and trace element determination in Laminaria and Porphyra seaweeds from four different countries. J. Food Compos. Anal. 2010, 23, 814–820. [Google Scholar]

	98. 
Moreda-Pineiro, J.; Alonso-Rodriguez, E.; Lopez-Mahia, P.; Muniategui-Lorenzo, S.; Prada-Rodriguez, D.; Moreda-Pineiro, A.; Bermejo-Barrera, P. Development of a new sample pre-treatment procedure based on pressurized liquid extraction for the determination of metals in edible seaweed. Anal. Chim. Acta 2007, 598, 95–102. [Google Scholar]

	99. 
Subba Rao, P.V.; Mantri, V.A.; Ganesan, K. Mineral composition of edible seaweed Porphyra vietnamensis. Food Chem. 2007, 102, 215–218. [Google Scholar]

	100. 
Pena-Harfal, C.; Moreda-Pineiro, A.; Bermejo-Barrera, A.; Bermejo-Barrera, P.; Pinochet-Cancino, H.; Gregori-Henriquez, I. Speeding up enzymatic hydrolysis procedures for the multi-element determination in edible seaweed. Anal. Chim. Acta 2005, 548, 183–191. [Google Scholar]

	101. 
Michalak, I.; Chojnacka, K. Multielemental analysis of macroalgae from Baltic Sea by ICP-OES to monitoring environmental pollution and assess their potential uses. Int. J. Environ. Anal. Chem. 2009, 89, 583–596. [Google Scholar]

	102. 
Van Netten, C.; Hoption Cann, S.A.; Morley, D.R.; van Netten, J.P. Elemental and radioactive analysis of commercially available seaweed. Sci. Total Environ. 2000, 255, 169–175. [Google Scholar]

	103. 
West, G.B.; Brown, J.H.; Enquist, B.J. A general model for ontogenetic growth. Nature 2001, 413, 628–631. [Google Scholar]

	104. 
Čižmár, T.; Brzobohatý, O.; Dholakia, K.; Zemánek, P. The holographic optical micro-manipulation system based on counter-propagating beams. Laser Phys. Lett. 2011, 8, 50–56. [Google Scholar]

	105. 
Vlasova, I.M.; Saletsky, A.M. Investigation of denaturation of human serum albumin under action of cethyltrimethylammonium bromide by raman spectroscopy. Laser Phys. 2011, 21, 239–244. [Google Scholar]

	106. 
Gen, D.E.; Chernyshov, K.B.; Prokhorov, K.A.; Nikolaeva, G.Y.; Sagitova, E.A.; Pashinin, P.P.; Kovalchuk, A.A.; Klyamkina, A.N.; Nedorezova, P.M.; Optov, V.A.; et al. Polarized Raman study of random copolymers of propylene with olefins. Laser Phys. 2010, 20, 1354–1367. [Google Scholar]

	107. 
Lademan, J.; Caspers, P.J.; van der Pol, A.; Richter, H.; Patzelt, A.; Zastrow, L.; Darvin, M.; Sterry, W.; Fluhr, J.W. In vivo Raman spectroscopy detects increased epidermal antioxidative potential with topically applied carotenoids. Laser Phys. Lett. 2009, 6, 76–79. [Google Scholar]

	108. 
Sturm, M.; Schlösser, M.; Lewis, R.J.; Bornschein, B.; Drexlin, G.; Telle, H.H. Monitoring of all hydrogen isotopologues at tritium laboratory Karlsruhe using Raman spectroscopy. Laser Phys. 2010, 20, 493–507. [Google Scholar]

	109. 
Samek, O.; Al-Marashi, J.F.M.; Telle, H.H. The potential of Raman spectroscopy for the identification of biofilm formation by Staphylococcus epidermidis. Laser Phys. Lett. 2010, 7, 378–383. [Google Scholar]

	110. 
Samek, O.; Zemánek, P.; Jonáš, A.; Telle, H.H. Characterization of oil-producing microalgae using Raman spectroscopy. Laser Phys. Lett. 2011, 8, 701–709. [Google Scholar]

	111. 
Jonáš, A.; Zemánek, P. Light at work: The use of optical forces for particle manipulation, sorting, and analysis. Electrophoresis 2008, 29, 4813–4851. [Google Scholar]

	112. 
Petrov, D.V. Raman. spectroscopy of optically trapped particles. J. Opt. 2007, 9, 139–156. [Google Scholar]

	113. 
Pilát, Z.; Ježek, J.; Šerý, M.; Trtílek, M.; Nedbal, L.; Zemánek, P. Optical trapping of microalgae at 735–1064 nm: Photodamage assessment. J. Photochem. Photobiol. B Biol. 2013, 121, 27–31. [Google Scholar]

	114. 
Kundu, P.P.; Narayana, C. Raman based imaging in biological application—A perspective. J. Med. Allied Sci. 2012, 2, 41–48. [Google Scholar]

	115. 
Matousek, P.; Stone, N. Emerging concepts in deep Raman spectroscopy of biological tissue. Analyst 2009, 134, 1058–1066. [Google Scholar]

	116. 
Downes, A.; Elfick, A. Raman spectroscopy and related techniques in biomedicine. Sensors 2010, 10, 1871–1889. [Google Scholar]

	117. 
Movasaghi, Z.; Rehman, S.; Rehman, I.U. Raman spectroscopy of biological tissues. Appl. Spectrosc. 2007, 42, 493–541. [Google Scholar]

	118. 
Notingher, I. Raman spectroscopy cell-based biosensors. Sensors 2007, 7, 1343–1358. [Google Scholar]

	119. 
Parab, N.D.T.; Tomar, V. Raman spectroscopy of algae: A review. J. Nanomed. Nanotechnol. 2012, 3, 131–138. [Google Scholar]

	120. 
Samek, O.; Zemánek, P.; Bernatová, S.; Pilát, Z.; Telle, H.H. Following lipids in the food chain: Determination of the iodine value using Raman micro-spectroscopy. Spectrosc. Eur. 2012, 24, 22–25. [Google Scholar]

	121. 
Brahma, S.K.; Hargraves, P.E.; Howard, W.F., Jr.; Nelson, W.H. A Resonance raman method for the rapid detection and indentification of algae in water. Appl. Spectrosc. 1983, 37, 55–58. [Google Scholar]

	122. 
Heraud, P.; Wood, B.R.; Beardall, J.; McNaughton, D. Effects of pre-processing of Raman spectra on in vivo classification of nutrient status of microalgal cells. J. Chemom. 2006, 20, 193–197. [Google Scholar]

	123. 
Huang, Y.Y.; Beal, C.M.; Cai, W.W.; Ruoff, R.S.; Terentjev, E.M. Micro-Raman spectroscopy of algae: Composition analysis and fluorescence backgroud behavior. Biotechnol. Bioeng. 2010, 105, 889–898. [Google Scholar]

	124. 
Weiss, T.L.; Chun, H.J.; Okada, S.; Vitha, S.; Holzenburg, A.; Laane, J.; Devarenne, T.P. Raman spectroscopy analysis of botryococcene hydrocarbons from the green microalga Botryococcus braunii. J. Biol. Chem. 2010, 285, 32458–32466. [Google Scholar]

	125. 
Wu, H.; Volponi, J.V.; Oliver, A.E.; Parikh, A.N.; Simmons, B.A.; Singh, S. In vivo lipidomics using single-cell Raman spectroscopy. Proc. Natl. Acad. Sci. USA 2011, 108, 3809–3814. [Google Scholar]

	126. 
Heraud, P.; Beardall, J.; McNaughton, D.; Wood, B.R. In vivo prediction of the nutrient status of individual microalgal cells using Raman microspectroscopy. FEMS Microbiol. Lett. 2007, 275, 24–30. [Google Scholar]

	127. 
Pilát, Z.; Bernátová, S.; Ježek, J.; Šerý, M.; Samek, O.; Zemánek, P.; Nedbal, L.; Trtílek, M. Raman microspectroscopy of algal lipid bodies: Beta-Carotene quantification. J. Appl. Phycol. 2012, 24, 541–546. [Google Scholar]

	128. 
Zbikowski, R.; Szefer, P.; Latala, A. Comparison of green algae Cladophora sp. and Enteromorpha sp. as potential biomonitors of chemical elements in the southern Baltic. Sci. Total Environ. 2007, 387, 320–337. [Google Scholar]

	129. 
Heraud, P.; Stojkovic, S.; Beardall, J.; McNaughton, D.; Wood, B.R. Intercolonial variability in macromolecular composition in p-starved and p-replete scedesmus populations revealed by infrared microspectroscopy. J. Phycol. 2008, 44, 1335–1339. [Google Scholar]

	130. 
Laurens, L.M.L.; Wolfrum, E.J. Feasibility of spectroscopic characterization of algal lipids: Chemometric correlation of NIR and FTIR spectra with exogenous lipids in algal biomass. Bioenergy Res. 2011, 4, 22–35. [Google Scholar]

	131. 
Salomonsen, T.; Jensen, H.M.; Stenbæk, D.; Engelsen, S.B. Chemometric prediction of alginate monomer composition: A comparative spectroscopic study using IR, Raman, NIR and NMR. Carbohydr. Polym. 2008, 72, 730–739. [Google Scholar]

	132. 
Multari, R.A.; Cremers, D.A.; Dupre, J.M.; Gustafson, J.E. The use of laser-induced breakdown spectroscopy for distinguishing between bacterial pathogen species and strains. Appl. Spectrosc. 2010, 64, 750–759. [Google Scholar]

	133. 
Kim, T.; Specht, Z.G.; Vary, P.S.; Lin, C.T. Spectral fingerprints of bacterial strains by laser-induced breakdown spectroscopy. J. Phys. Chem. B. 2004, 108, 5477–5482. [Google Scholar]

	134. 
Diedrich, J.; Rehse, S.J.; Palchaudhuri, S. Pathogenic Escherichia coli strain discrimination using laser-induced breakdown spectroscopy. J. Appl. Phys. 2007, 102, 014702–014708. [Google Scholar]

	135. 
Rehse, S.J.; Jeyasingham, N.; Diedrich, J.; Palchaudhuri, S. A membrane basis for bacterial identification and discrimination using laser-induced breakdown spectroscopy. J. Appl. Phys. 2009, 105, 1–13. [Google Scholar]

	136. 
SOM Toolbox team, Helsinki University of Technology. 23 March 2005. Available online: http://www.cis.hut.fi/somtoolbox/ (accessed on 1 November 2013).

	137. 
Ollila, A.M.; Lasue, J.; Newson, H.E.; Multari, R.A.; Wiens, R.C.; Clegg, S.M. Comparison of two partial least squares-discriminant analysis algorithms for identifying geological samples with the ChemCam laser-induced breakdown spectroscopy instrument. Appl. Opt. 2012, 51, 130–142. [Google Scholar]























© 2014 by the authors; licensee MDPI, Basel, Switzerland. This article is an open access article distributed under the terms and conditions of the Creative Commons Attribution license ( http://creativecommons.org/licenses/by/3.0/).







media/file4.png





nav.xhtml


  sensors-14-17725


  
    		
      sensors-14-17725
    


  




  





media/file3.png
n

IS

PC2(12.6 %)

o

0
PC 1 (824 %)

0
PC 1(82.4 %)

o






media/file0.png
C=C stretching vibration at
1000 1,656 cm™ (unsaturated  fat
indicator)

CH, bend, scissoring
deformatton at1,445cm’
(saturated fat indicator)

Intensity [a.u.]
@ ®
o
o

N

o

]
L

1550 1650 1750

0
1050 1150 1250 1350 1
Raman shift [em™]





media/file1.png
Solar LQ 529a Andor CC52
collecting optics ) Andor Mechelle 5000
Andor iStar

75mm e
focusing lens peristaltic pump
PCD 81

acrylic glass vessel





media/file2.png
1500
Mg Il -
2 279.50m Mg I 0
5 280.3 nm 5
g 1000 8 3000
2 2
2 H
§ § 2000
E  s0 z
1000
4
279 280 281 303 304 395 3% 397
wavelength (nm) wavelength (nm)
Nal i
589 nm
Nal
7000
. 9.6 nr & 2000
£ 6000 €
3 3
8 5000 8
g 4000 £
5 § 1000
€ 3000 .E
2000
1000
4 0
589 591 7






