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Abstract: Live commerce is creating a new paradigm for e-commerce platform economy. This study
aims to provide effective strategies that can be used for live commerce platform operation and
management by analysing factors that influence consumer intentions to purchase. As a combination
of e-commerce and live streaming, live commerce allows businesses to demonstrate products, answer
customer questions, and provide personalized recommendations in a way that replicates the in-
store experience. Thus, this study aims to provide effective strategies that can be used for the
new e-commerce platform economy and market competition that live commerce platforms build
by analysing factors that influence consumer intentions to purchase. This study was conducted
using structural equation modeling (SEM) based on a survey of 237 live commerce users. The
results of this study lend platform-providers a more comprehensive understanding of the functional
and social factors that influence consumers’ decisions to make purchases on such platforms. The
outcomes can further serve as a basis for improving platforms, providing consumers with a better
consumption experience, and offering theoretical support for consumers to use related services
rationally and efficiently.

Keywords: live commerce; perceived entertainment; perceived quality; platform; social influence;
technology acceptance model

1. Introduction

Live commerce platforms are opening a new chapter in sales. They have transformed
the retail business environment and built a major sales channel in five years. Live com-
merce involves live-streaming videos to showcase products and engage with customers in
real-time. It is a combination of e-commerce and live streaming. It allows businesses to
demonstrate products, answer customer questions, and provide personalized recommen-
dations in a way that replicates the in-store experience. Unlike existing static e-commerce
platforms, therefore, live commerce has a dynamic appearance. In China, Taobao developed
its own live commerce programme, Taobao Live, regional versions of which also emerged in
Amazon and India’s Budul in 2019. In 2020, due to the impact of the COVID-19 pandemic,
live commerce has grown even faster. The pandemic has promoted the further expansion
of live commerce and has offered many traditional industries a new way to thrive. Live
commerce is not a phenomenon but has established itself as a significant sales channel. In
2020, as an example, the first 30 min of Alibaba’s Singles’ Day presales campaign on Taobao
Live generated an impressive 7.5 billion USD in total transaction value.

Why do consumers love live commerce? Why did consumers switch from traditional
e-commerce to new live commerce? Many domestic and foreign studies have examined the
attitudes and behavioural intentions of e-commerce platform consumers [1,2]. However,
new live commerce models have only appeared in recent years, and the existing research
has mainly focused on the construction of such systems. Some scholars have examined
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interactions in live streaming [3], but few have conducted research on consumer behaviour
based on consumers’ cognitive view of live commerce platforms. Therefore, this study
applies the consumer acceptance model to live commerce platforms. By expanding the
technology acceptance model, we identify factors that influence consumer acceptance and
examine the structural relationship between such factors. Unlike existing e-commerce plat-
forms, live commerce platforms are dynamic and different from previous online shopping
methods, as they allow the seller and consumer to communicate in real time.

In this study, we examine consumers’ intentions to purchase in the recently growing
live commerce platforms to understand the new e-commerce platform economy and market
competition by elucidating their motivations and the factors that affect their purchase deci-
sions. This study included the following steps: (1) by considering existing studies, variables
that could affect consumers’ acceptance of live commerce platforms were examined; (2) the
structural influence of the construct factors and the corresponding research hypotheses was
established; (3) structural equation modelling (SEM) was conducted for factor analysis and
reliability verification to test the research hypothesis and structural model analysis; and
(4) through the structural equation model analysis, the path between factors influenc-
ing the acceptance of the social network game was analysed and verified to provide an
interpretation of the model, practical implications and conclusions, and future research
directions. The explosive growth of online networks and smartphones means that the
live commerce platforms, a form of real-time e-commerce, are attracting attention as the
new e-commerce business model. This study examined the factors influencing consumers’
intentions to purchase on live commerce platforms by applying the technology acceptance
model. The study pool included 237 participants who use live commerce platforms, and
the data were collected utilizing structural equation modelling. The results of this study
confirmed that the quality and entertainment, social influence, and decision-making pro-
cess of personal innovativeness affecting consumers’ intentions to purchase during online
shopping are crucial.

2. Literature Review
2.1. Purchasing Behaviour of E-Commerce Consumers

E-commerce is the production, advertising, sale, and distribution of products via
telecommunication networks [4,5]. As people have increasingly used and developed an
understanding of e-commerce in recent decades, scholars have conducted much research
on the technology. The purchasing behaviour of e-commerce consumers has been a partic-
ularly important research area, in which researchers examine the process through which
consumers use e-commerce platforms to make purchase decisions. The primary function
of e-commerce is to induce customers to use e-commerce applications to make purchases
through processes such as demand information inquiry, purchase decisions, and payment
transactions. In most research on consumer purchasing behaviour, intentions to purchase
are the target variable and represent the probability that a consumer will engage in a
type of purchasing behaviour [6]. In recent years, the research models and dimensions
of e-commerce have become more abundant. Gao [7] added a variable of trust based on
the successful information system model, immersion theory, and a better understanding
of the determinants of consumers’ continued intentions to purchase. An understandable
integration model was proposed, and Hillman [8] investigated the impact of consumer
trust concerns in e-commerce shopping through interviews with e-commerce consumers.
Other studies explore relevant consumer behaviours by creating models from various
perspectives combining several theories, and many studies have been conducted on the
mechanisms of consumer purchasing behaviours in e-commerce. Yang [9] introduced two
important interaction factors, convenience and entertainment, in mobile-commerce-related
research. Cheung et al. [10] built a model to explore the effect of mobile social e-commerce
in-app advertising on consumer intentions to purchase using the theory of planned be-
haviour combined with trust relationship factors. Pantano and Priporas [11] insisted that
retailers need to develop new mobile service features to stimulate consumer consumption.
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2.2. Technology Acceptance Model

Davis [12] proposed the Technology Acceptance Model (TAM, See Figure 1), while
Gefen [13] introduced the TAM model to e-commerce and constructed an online consumer
trust model based on TAM theory when studying online shopping purchasing behaviour.
Kim [14,15] and Leyton et al. [16] conducted a study on the adoption factors of providers in
the platform. Liébana-Cabanillas et al. [17] explored consumers’ adoption of e-commerce
by expanding the technology adoption model and introducing other external variables. Cyr
et al. [18] and Liu and Guo [19] introduced the perceived entertainment factor based on the
technology acceptance model. As a result of the study, the design aesthetics of e-commerce
were shown to affect consumers’ perceived usefulness, perceived ease of use, and perceived
entertainment, which in turn affects consumers’ loyalty to e-commerce. Ahuja et al. [20]
pointed out that perceived entertainment, perceived quality, and trust are the main factors
influencing consumer acceptance of use. Their research model pointed out that perceived
ease of use, collaboration, entertainment motivation, and personal habits are all important
factors influencing consumer use and that Internet familiarity regulates the convenience of
using e-commerce applications and the effectiveness of collaboration. Ingham et al. [21]
pointed out that the most common additional variables of TAM in the field of e-commerce
are trust, perceived risk, perceived entertainment, and social impact in a research review of
technology acceptance models in e-commerce shopping applications over the past decade.
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2.3. New Commerce: Live Commerce Platform

The live commerce platforms are the newest type of e-commerce, with functions such
as live streaming and real-time interactive comments, which combine the instant purchasing
of a featured product and audience participation. In an increasingly digitalised society,
this has garnered significant attention [22]. Live commerce has transformed the retail
environment and established itself as a major sales channel; thus, there is a lot of interest
in industry and academics. Luo et al. [23] analysed live commerce cases on Taobao and
pointed out that building a self-participatory community increased consumers’ trust and
product exposure, leading to more live consumer engagement and consumer purchasing
behaviour. Li et al. [24] pointed out that live streaming has changed from PC to mobile
advertisement in the mobile internet era. Ma et al. [25] found that mobile technologies
can adapt to time and space, and Sun et al. [26] discussed the effect of live commerce
on purchase intention from the perspective of IT affordance theory. Visibility affordance,
meta-voicing affordance, and guidance shopping affordance are suggested to influence
consumers’ participation and intentions to purchase. Hu and Chaudhry [27] found that
social and structural bonds positively affect consumer engagement both directly and
indirectly via affective commitment. Cai and Wohn [28] used the satisfaction perspective
to examine the intrinsic motivation of buyers to engage in live commerce. Park and
Lin [29] suggested that Internet masters positively attract consumers and increase purchase
possibilities.

Live commerce platforms and traditional e-commerce platforms differ significantly
in their level of interactivity, personalization, social features, and sales conversion rates.
Live commerce platforms offer a highly engaging and interactive shopping experience,
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with real-time product demonstrations, live chats, and personalized interactions, leading to
increased customer satisfaction and loyalty. In contrast, traditional e-commerce platforms
offer a more static and impersonal shopping experience, with limited opportunities for
customer interaction. As live commerce continues to grow in popularity, it is crucial for
businesses to consider incorporating this new form of e-commerce into their overall digital
strategy to stay competitive in the ever-evolving online marketplace.

However, existing studies have some drawbacks. First, since live commerce research
remains in its infancy, the number of studies on live commerce is insufficient compared
to the level of interest in the industry. Most previous studies were conducted as case
studies. They contained little quantitative analysis, and although the research focused
mainly on system-level or platform-level studies, the analysis from a consumer perspective
was relatively incomplete. Therefore, there is a need for further research on the factors
and mechanisms influencing the purchasing behaviour of live commerce platforms for
consumers. Therefore, this research investigated consumer purchase behaviours on live
commerce platforms.

3. Research Hypothesis
3.1. Technology Acceptance Model

Social influence is defined as a change in an individual’s thoughts, feelings, attitudes,
or behaviours resulting from interactions with other individuals or groups [30]. Social in-
fluence theory originates from social psychology and is mainly used to study the formation
of individuals’ ideas and their influence on the behaviour of others [31]. Chen et al. [32]
pointed out that social influences will, to some extent, determine an individual’s intention
to purchase library books, and Turel et al. [33] found that peer influence is an important part
of users’ perception of the environment and promotes purchasing behaviour. Therefore,
this study established the following hypotheses.

Hypothesis 1: Social influence has a positive effect on perceived usefulness on live commerce
platforms.

Hypothesis 2: Social influence has a positive effect on perceived ease of use on live commerce
platforms.

Midgley and Dowling [34] proposed the concept of individual innovation and defined
personal innovativeness as the ability and degree to accept new things based on communi-
cation with others. Everett [35] found that innovators embrace new things earlier because
they try new things, are more adventurous, and are more willing to face more prominent
factors beyond their control. Limayem [36] added perceived innovation to online shopping
research and confirmed that perceived innovation could influence consumers’ purchas-
ing attitudes and intentions to purchase. Therefore, this study established the following
hypotheses.

Hypothesis 3: Personal innovativeness has a positive effect on perceived usefulness on live com-
merce platforms.

Hypothesis 4: Personal innovativeness has a positive effect on perceived ease of use on live
commerce platforms.

3.2. Perceived Service Quality and Perceived Entertainment

Perceived service quality is the customer’s judgment about the extent to which the
service is efficient. Bou-Llusar et al. [37] found that perceived quality is divided into two
dimensions, perceived product quality and perceived service quality, in a study on the
relationship between perceived quality and customer satisfaction in a firm, and Delone and
Mclean [38] modified and improved the information system success model, introduced ser-
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vice quality variables, and emphasised that system quality, information quality, and service
quality all significantly influence customer satisfaction. In addition, Kim and Choi [39] con-
firmed that perceived quality positively affects customer satisfaction in the post-purchase
intention study of mobile value-added services. Therefore, this study established the
following hypotheses.

Hypothesis 5: Perceived service quality in live commerce platforms has a positive effect on perceived
usefulness.

Hypothesis 6: Perceived service quality in live commerce platforms has a positive effect on perceived
ease of use.

Perceived entertainment is an effective intrinsic factor for users to adopt information
technology [12]. Crawford and Melewar [37] pointed out that when an environment
makes consumers happy and comfortable, it will promote consumer purchases. Rodgers
and Harris [38] and Kumar et al. [39] pointed out that users’ e-commerce activities will
decrease if the perceived emotional benefits are insufficient when users engage in shopping
through e-commerce. As users’ enjoyment of the online shopping experience increases,
they are more likely to conduct longer searches and inquiries and adopt online shopping
behaviours [40,41]. Therefore, this study established the following hypotheses.

Hypothesis 7: Perceived entertainment on live commerce platforms has a positive effect on perceived
usefulness.

Hypothesis 8: Perceived entertainment on live commerce platforms has a positive effect on perceived
ease of use.

3.3. Perceived Usefulness and Perceived Ease of Use

Perceived usefulness reflects users’ internal perceptions of the extent to which the
systems and platforms they use can improve their behavioural effectiveness. Live commerce
platforms are the primary mode of application of information technology, and technology
adoption and extension models are commonly used to describe users’ online purchasing
behaviour and loyalty [4,13,42]. O’cass and Fenech [43] found that perceived usefulness
positively affected attitudes through online retail surveys. Shih [44] and Chen and Tan [45]
found that consumers’ perceptions of the usefulness of online stores positively affects their
shopping attitudes. Mun and Hwang [46] also confirmed that perceived usefulness has a
positive effect on perspective. Therefore, this study established the following hypotheses.

Hypothesis 9: Perceived usefulness in live commerce platforms has a positive effect on consumers’
intention to purchase.

Perceived ease of use reflects users’ perceptions of the effort required to use the in-
formation technology. Several studies by Moore and Benbasat [47] showed that users
follow the rule of least effort when acquiring new skills. Between two information tech-
nologies with the same function, the consumer will choose the one that is easier to use.
Gefen (2003) emphasised, through an empirical study, that usefulness and intention to
purchase are greatly affected by ease of use. Numerous studies have shown that ease of use,
whether direct or indirect, is useful through positive influences and influences behavioural
intentions [48–50]. Therefore, this study established the following hypotheses.

Hypothesis 10: Perceived ease of use in live commerce platforms has a positive effect on perceived
usefulness.

Hypothesis 11: Perceived ease of use in live commerce platforms positively affects consumers’
intention to purchase.
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3.4. Technology Acceptance Model

Wu and Chen [51] and Escobar-Rodríguez and Bonsón-Fernández [52] defined in-
tention to purchase as ‘consumer’s will to purchase a specific product at a specific time
or in a specific situation’. Gefen et al. [40] pointed out that the premise of intention to
purchase is a customer’s subjective perception of a specific product or service. Intention to
purchase can be influenced by external factors. Purchasing intent is a subjective tendency
of consumers and can be used as a key metric to predict consumer buying behaviour.
Schiffman and Kanuk [53] asserted that intention to purchase is closely related to purchas-
ing behaviour, which indicates the likelihood that one will purchase a specific product or
service. Armstrong [54] confirmed that purchasing behaviour can effectively be predicted
using intention to purchase. Therefore, this study established the following hypotheses.

Hypothesis 12: Consumers’ intention to purchase positively affects their actual purchasing be-
haviour on live commerce platforms.

Therefore, the research model of this study is as follows Figure 2.
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4. Research Method
4.1. Research Design and Data Collection

The survey participants of this study are consumers who have experience using live
commerce platforms such as Taobao, JD.com, Amazon Live, Pinduoduo, and Coupang
Live. The survey was conducted based on snowball sampling, and the questionnaire was
provided and collected online. The demographic characteristics of the respondents show
that 45.1% (107 people) were male and 54.9% (130 people) were female. Regarding the age
group of the respondents, the highest ratio was found among those who were 20–29 years
old (see Table 1).

Table 1. Demographic characteristics (n = 237).

Demographic Characteristics n %

Gender
Male 107 45.1

Female 130 54.9

Age

Under 19 58 24.5

20–29 73 30.8

30–39 68 28.7

40–49 24 10.1

Over 50 14 5.9
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Based on the model proposed in this study, variables and questionnaire items were
designed as shown in Appendix A. The survey items were designed and combined with
the characteristics of the live commerce platform concerning the mature scale. In this study,
a 5-point Likert scale was used for each measurement item.

4.2. Hypothesis and Scalability Testing

Prior to the analysis conducted using structural equation modelling, exploratory factor
analysis was performed to examine whether the items presented in the questionnaire were
grouped with the relevant factors. SPSS 19.0 was used for factor analysis, and principal
component analysis was used for factor extraction. The factor rotation method was Varimax,
which eliminates the multicollinearity problem between factors through orthogonal rotation.
In addition, a reliability analysis was also conducted to check whether the response of
the measurement items grouped by each factor was reliable. Table 2 shows the results of
the factor analysis of the questionnaire items. Cronbach’s α for each factor calculated to
confirm that reliability was 0.8 or higher for each item, indicating a reliable level. Kaiser–
Meyer–Olkin’s measure of sampling adequacy, which is used to check the possibility of
factor analysis, was found to be 0.680, which is higher than the general recommended
value of 0.5. For Bartlett’s test of sphericity, which checks whether factor analysis is suitable
with a high correlation between some variables, the p-value was 0.000, which can reject the
null hypothesis that the variables are uncorrelated or independent of each other. Thus, it
suggested that the variables are not independent and there is a structure to be uncovered.

A confirmatory factor analysis was performed on the items to confirm their validity.
AMOS 24.0 was used. The results showed that all critical ratio (C.R) values were above
1.965 and all p values were below 0.05 (See Table 3). The factor analysis indicated that the
fit index of the measurement model was at a good level. Chi-square = 830.129 (df = 751,
p < 0.05), GFI = 0.862, CFI = 0.990, RMR = 0.022, RMSEA = 0.021, Q (χ2/df) = 1.105 were
recorded.

This study also added a discriminant validity. As can be seen in ‘Table 4’, all variables
have excellent differential validity. We also added a discriminant validity. As can be seen
in Table 4, all variables were found to have excellent differential validity.

The model fit results, χ2 = 860.049, df = 761, χ2/df = 1.130, RMSEA = 0.023, GFI = 0.858,
AGFI = 0.853, CFI = 0.964, NFI = 0.905, and RMR = 0.023, mostly satisfy the recommended
level. Thus, we found that the research model is overall well-developed. As shown in
Figure 3, all paths were meaningful except social influence for perceived ease of use and
perceived entertainment for perceived usefulness.

Hypothesis 1 tested whether social influence affected perceived usefulness, and the
p-value was found to be positive. Hypothesis 2 tested whether social influence affected
perceived ease of use, and the p-value was 0.67, which was not considered to have a signifi-
cant effect. Hypotheses 3 and 4 tested whether personal innovativeness affected perceived
usefulness and perceived ease of use, and all of them showed that the significance level had
a positive effect. Hypotheses 5 and 6 tested whether perceived service quality affected per-
ceived usefulness and perceived ease of use, and all of them were found to positively affect
the significance level. For hypothesis 7, regarding whether perceived entertainment affects
perceived usefulness, the p-value (=0.09) was greater than the significance level (0.05), so
the hypothesis was rejected. Hypothesis 8 tested whether perceived entertainment affected
perceived ease of use, and the p-value was found to be positive. Hypothesis 9 showed that
perceived usefulness had a positive effect on the intention to purchase. Hypotheses 10 and
11 showed that perceived ease of use positively affected perceived usefulness and intention
to purchase. Finally, hypothesis 12, which tested whether the intention to purchase affects
purchasing behaviour, was found to have a positive effect (See Table 5).
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Table 2. Pattern matrix.

Factors
1 2 3 4 5 6 7 8 Cronbach’s α

PQ3 0.808

0.871

PQ4 0.807
PQ6 0.784
PQ1 0.773
PQ5 0.745
PQ2 0.704
IP 1 0.829

0.87
IP 5 0.796
IP 4 0.792
IP 3 0.790
IP 2 0.787
PU5 0.861

0.884
PU1 0.832
PU3 0.816
PU4 0.812
PU2 0.764
PB4 0.844

0.868
PB2 0.82
PB1 0.795
PB3 0.786
PB5 0.749
PI1 0.836

0.869
PI5 0.822
PI2 0.795
PI4 0.773
PI3 0.765
SI3 0.855

0.862
SI2 0.806
SI1 0.792
SI5 0.792
SI4 0.737

PEOU5 0.839

0.866
PEOU2 0.834
PEOU4 0.813
PEOU3 0.771
PEOU1 0.701

PE2 0.808

0.840
PE1 0.803
PE5 0.797
PE4 0.762
PE3 0.705

Extraction Method: Principal Factor Analysis
Rotation Method: Direct oblimin with Kaiser normalization

Rotation converged in 7 iterations.
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Table 3. Confirmatory factor analysis results.

Variable Estimate S.E. C.R. p AVE Construct
Reliability

PQ1

Perceived
Service
Quality

(PQ)

0.697

0.5151 0.8642

PQ2 0.722 0.11 10.062 ***
PQ3 0.685 0.107 9.579 ***
PQ4 0.768 0.099 10.635 ***
PQ5 0.695 0.111 9.707 ***
PQ6 0.736 0.111 10.238 ***
IP 1

Intention to
Purchase

(IP)

0.905

0.8051 0.9538
IP 2 0.896 0.044 21.913 ***
IP 3 0.908 0.044 22.709 ***
IP 4 0.878 0.042 20.806 ***
IP 5 0.899 0.04 22.127 ***
PU1

Perceived
Usefulness

(PU)

0.919

0.8314 0.961
PU2 0.902 0.042 23.426 ***
PU3 0.914 0.041 24.348 ***
PU4 0.904 0.044 23.575 ***
PU5 0.92 0.043 24.867 ***
PB1

Purchasing
Behaviour

(PB)

0.898

0.8133 0.9561
PB2 0.9 0.042 21.648 ***
PB3 0.918 0.044 22.82 ***
PB4 0.904 0.048 21.953 ***
PB5 0.889 0.051 21.003 ***
PI1

Personal
Innovativeness

(PI)

0.758

0.5552 0.8619
PI2 0.762 0.091 11.562 ***
PI3 0.726 0.081 10.975 ***
PI4 0.736 0.086 11.139 ***
PI5 0.743 0.099 11.25 ***
SI1

Social
Influence

(SI)

0.764

0.5843 0.8754
SI2 0.737 0.08 11.34 ***
SI3 0.781 0.069 12.103 ***
SI4 0.757 0.073 11.692 ***
SI5 0.782 0.084 12.113 ***

PEOU1

Perceived
Ease of Use

(PEOU)

0.852

0.7178 0.9271
PEOU2 0.845 0.05 16.793 ***
PEOU3 0.88 0.047 18.058 ***
PEOU4 0.822 0.042 16.029 ***
PEOU5 0.836 0.045 16.474 ***

PE1

Perceived
Entertainment

(PE)

0.748

0.5544 0.8614
PE2 0.761 0.1 11.326 ***
PE3 0.714 0.089 10.609 ***
PE4 0.749 0.097 11.156 ***
PE5 0.75 0.085 11.168 ***

*** p < 0.001 ** p < 0.01 * p < 0.05.
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Table 4. Discriminant Validity Results.

PQ IP PU PB PI SI PEOU PE
PQ 0.718
IP 0.681 *** 0.897
PU 0.737 *** 0.896 *** 0.912
PB 0.587 *** 0.889 *** 0.786 *** 0.902
PI 0.556 *** 0.712 *** 0.739 *** 0.635 *** 0.745
SI 0.493 *** 0.614 *** 0.710 *** 0.575 *** 0.503 *** 0.764

PEOU 0.666 *** 0.849 *** 0.856 *** 0.839 *** 0.673 *** 0.515 *** 0.847
PE 0.458 *** 0.607 *** 0.602 *** 0.582 *** 0.497 *** 0.463 *** 0.726 *** 0.745

*** p < 0.001 ** p < 0.01 * p < 0.05.
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H1 Social Influence (SI)
→ Perceived Usefulness (PU) 0.304 0.051 6.688 *** Approved

H2 Social Influence (SI)
→ Perceived Ease of Use (PEOU) 0.025 0.069 0.426 0.67 Rejected

H3 Personal Innovativeness (PI)
→ Perceived Usefulness (PU) 0.181 0.066 3.578 *** Approved

H4 Personal Innovativeness (PI)
→ Perceived Ease of Use (PEOU) 0.28 0.09 4.248 *** Approved

H5 Perceived Service Quality (PQ)
→ Perceived Usefulness (PU) 0.18 0.074 3.575 *** Approved

H6 Perceived Service Quality (PQ)
→ Perceived Ease of Use (PEOU) 0.298 0.1 4.553 *** Approved

H7 Perceived Entertainment (PE)
→ Perceived Usefulness (PU) −0.091 0.07 −1.694 0.09 Rejected

H8 Perceived Entertainment (PE)
→ Perceived Ease of Use (PEOU) 0.439 0.089 6.728 *** Approved
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Table 5. Cont.

Hypothesis Path Path
Coefficient S.E. C.R. p-Value Result

H9 Perceived Usefulness (PU)
→ Intention to Purchase (IP) 0.599 0.061 8.21 *** Approved

H10 Perceived Ease of Use (PEOU)
→ Perceived Usefulness (PU) 0.523 0.07 7.177 *** Approved

H11 Perceived Ease of Use (PEOU)
→ Intention to Purchase (IP) 0.348 0.058 4.831 *** Approved

H12 Intention to Purchase (IP)
→ Purchasing Behaviour (PB) 0.893 0.062 17.113 *** Approved

*** p < 0.001 ** p < 0.01 * p < 0.05.

5. Findings

This study aims to provide effective strategies that can be used for the new e-commerce
platform economy and market competition that live commerce platforms build by analysing
factors that influence consumer intentions to purchase. As a result, this study found that
platform quality, entertainment, social influence, and personal innovativeness affect con-
sumers’ purchasing behaviour on live commerce platforms. We conducted a comprehensive
analysis of the factors and mechanisms that influence consumers’ purchasing behaviours
on live commerce platforms. We aimed to present a strategic direction for building an
effective live commerce platform. Therefore, prominent findings in this study are the
discovery that live commerce responds to several variables that are somewhat unrelated to
existing e-commerce, and that the viewpoints of platform providers and users are different.
The results of the analysis of hypothesis 1 indicated that social influence was perceived as
useful for live commerce platforms. This can be attributed to crowd psychology; the higher
the number of people who advertise that something is useful, the more likely it is that
consumers will subconsciously find it useful. As a result of the analysis of hypothesis 2, it
was found that there was no significant effect between social influence and perceived ease
of use. Thus, social influence does not change the perception of ease of use, even if it is
actively promoted by others and mass media. In other words, everyone’s ability to embrace
technology is different and may be difficult to change using the external environment.
The results of the ANOVA analysis considering the difference among the respondents’
proficiency in using electronic products according to age indicated a significant difference
in the perception of social influence items according to age. The average value of those
50 and older was 2.5, which was much lower than those in their 30s, with the highest
average value of 3.1. The order of the scores was in the order of 30s, 20s, 10s, 40s, and 50s.
According to the results of the analysis of hypotheses 3 and 4, personal innovativeness
was shown to be useful for live commerce platforms. As innovative people like to try new
things on their own and are curious and receptive, they can quickly learn how to use live
commerce platforms and discover the advantages of such platforms faster than the existing
e-commerce platform, to recognise its usefulness and ease of use more easily. The results of
the analysis of hypotheses 5 and 6 show that live commerce platform consumers perceived
convenience if perceived service quality was higher that of live shopping. Because the live
commerce platform page is easy to use, customer service is considered to be good. The real-
time live function is more realistic and comprehensive, so it is judged to be convenient and
comfortable if it is useful. As a result of hypothesis 8, live commerce platform consumers
felt that perceived entertainment was convenient during live shopping. This is because
users of live commerce platforms can interact in real time with BJs and other consumers.
Therefore, this real-time question-and-answer method will greatly reduce doubts in the
use process and provide consumers with a greater sense of convenience. As a result of
the analysis of hypothesis 9, it was found that the live commerce platform consumers’
perceived usefulness had a significant effect on their intention to purchase through live
shopping. According to the results of hypotheses 10 and 11, there is a significant effect
between perceived ease of use, perceived usefulness, and intention to purchase. As with
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many previous studies, most studies based on the TAM model produced similar results.
From the results of hypothesis 12, it was confirmed that intention to purchase leads to pur-
chase behaviour. According to the structural equation, it can be judged that an individual’s
ability to embrace innovation outweighs social influence and, in terms of the platform itself,
service quality is more important than entertainment.

As a result of the analysis of hypothesis 7, the only rejected hypothesis, it was found
that live commerce platform consumers experienced no significant differences between
perceived entertainment and perceived usefulness through live shopping. Because the live
broadcast time is specified and lengthy, people who need a specific product may choose
to buy it directly rather than waiting for a live broadcast or watching a live broadcast for
a long time. The findings showed differences in perceptions between male and female
consumers. In this study, adding the T-test according to gender shows that there is a
significant difference in the perception of entertainment according to gender. The male
average was 2.8, which was lower than the female average of 3.0.

6. Discussion and Conclusions

The live commerce platform takes the form of a dynamic e-commerce platform beyond
the existing static e-commerce platform. This study used the technology acceptance model
to examine the structural relationship between factors affecting consumers’ intentions to
purchase on live commerce platforms and new e-commerce platforms. The implications of
the results of this study are as follows. First, considering the implications from an academic
perspective, this study establishes the mechanism of the influence of consumer intentions
to purchase through the TAM theoretical model, combined with the main characteristics of
the live commerce platform and the dimensional analysis of factors that consider consumer
cognition from the perspective of the external environment, revealing their impact on
consumption. We show the influence of the quality and entertainment, social influence, and
individual innovation of live commerce platforms on the intention to purchase of online
shopping consumers. The results of this study thus provide innovative ideas for related
research, expand consumer research content on live commerce platforms, and provide
research directions for future live commerce platforms and consumer behaviour.

Next, if we consider the implications from a practical perspective, the live commerce
industry environment was only recently formed, but there is still a lot of room for im-
provement for operators. This study provides an effective strategy that can be used for
live commerce platform operation and management by analysing the influencing factors,
focusing on consumers’ intentions to purchase. First, we show that social influence pos-
itively affects consumers’ perceived usefulness and thus has an impact on consumers’
intention to purchase. Live commerce platform operators should pay particular attention to
publicity, such as by promoting the platform on social media or holding events that actively
encourage existing consumers to recommend live commerce platforms to their family and
friends. Second, this study shows that consumers with strong personal innovativeness
have more intentions to try new things, feel that platforms are more useful and easy to use,
and this positively affects their intention to purchase. Therefore, advertising a platform
can ensure the platform’s quick development by prioritising specific groups with strong
personal innovativeness, such as youth and highly educated people. Third, live commerce
platform operators should pay attention to platform system quality, information quality,
and service quality management. In this study, the higher the consumer’s awareness of
platform quality, the higher their awareness of its usefulness and ease of use, positively
affecting consumers’ intentions to make purchases.

Therefore, live commerce platform operators must strictly manage related systems,
information, and customer service quality. Fourth, we found that entertainment perceived
by the live commerce platform positively affects consumers’ perceived ease of use and
intentions to purchase. Sellers of live commerce platforms should attempt to improve
the shopping experience by providing a better service to general consumers and better
entertainment for target consumers. Finally, looking at the interpretation of the rejected
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hypothesis, social influence does not affect perceived ease of use because the receptive
capacity for electronic products differs according to age. Therefore, platform operators
should encourage young people to help their parents and other, older adults learn how
to use new products and features. Tutorials should also be created for seniors, and age
options could be added to home pages to guide people in need. This could improve
some people’s perception of ease of use to some extent. Further, consumption preferences
vary according to gender; women tend to be hedonistic, while men are more pragmatic.
Therefore, perceived entertainment does not affect perceived usefulness. Suppliers must
prepare different content for consumers of different products and genders. For women’s
products, entertainment content can be added, such as jokes to uplift their mood. In the
case of men’s products, male consumers’ awareness of the product’s usefulness should be
increased by emphasising the functionality, practicality, and direct topic of the product to
quickly provide the desired information.

This study has the following limitations. First, there was no classification according to
the type and trend of the platform. As the market is growing, live commerce is becoming
more diverse; thus, comparative analyses performed in consideration of the type of live
commerce platform in the future could derive results with more implications. Second,
variables that affect the intention to purchase of live commerce platform consumers are set
as social influence, personal innovativeness, perceived service quality, perceived entertain-
ment, perceived usefulness, and perceived ease of use, but other influential variables may
exist. Future investigations that consider a broader range of variables could provide more
general results. Therefore, in follow-up studies, the above limitations should be considered
to provide additional results.

Author Contributions: Conceptualization, J.K. and N.H.; methodology, J.K. and N.H.; validation,
J.K., N.H. and I.M.; formal analysis, N.H.; investigation, J.K. and N.H.; resources, N.H.; data curation,
J.K.; writing—original draft preparation, J.K. and N.H.; writing—review and editing, J.K., N.H. and
I.M.; visualization, J.K. and N.H.; supervision, J.K. and I.M.; funding acquisition, J.K. All authors
have read and agreed to the published version of the manuscript.

Funding: This paper was supported by Konkuk University.

Institutional Review Board Statement: Not applicable.

Informed Consent Statement: Not applicable.

Data Availability Statement: Not applicable.

Conflicts of Interest: The authors declare no conflict of interest.

Appendix A. Metric Variables

Variables Questions References
1. Mass media influences my use of live commerce platforms.

Agarwal & Karahanna [55]
Fishbein & Ajzen [56]

Koufaris et al. [57]
Venkatesh et al. [58]

Venkatesh & Davis [59]

2. The higher the number of people around me who are interested in live
commerce, the more it influences my use of live commerce platforms.

3. When a celebrity, leader, or someone I admire uses live commerce platforms,
it affects my use of these platforms.

4. People around me want me to use live commerce platforms.

Social
Influence

(SI)
5. I believe that my personal social image can be improved by using live

commerce platforms.
1. I am willing to accept new things.

Eastlick & Lotz [60]
Hirschman

[61]

2. I am often the first to try new things among the people around me.
3. I am always looking for information about strange things.

4. I like to try new shopping methods.

Personal
Innovativeness

(PI)
5. I always ask my friends for advice on where to shop.
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Variables Questions References
1. The live commerce platform is easy to operate and use.

Cao et al. [62]
Devaraj et al. [63]

Mckinney et al. [64]

2. You can easily find the product you want with guidance on the live
commerce platform page.

3. The information provided by the live commerce platform matches reality.
4. The live commerce platform intelligently provides information tailored to

one’s taste.
5. The live commerce platform customer service can respond to my inquiries

in time.

Perceived Service
Quality

(PQ)

6. The live commerce platform staff can help me solve problems on time.
1. I think the live commerce platform adds to the fun of shopping.

Davis et al. [65]
Moon & Kim [48]

Mun & Hwang [66]

2. The process of shopping with a live commerce platform is fun.
3. The visual effects of live commerce are fascinating to me.
4. The visual effects of live commerce are fascinating to me.

Perceived
Entertainment

(PE)
5. The recommendation function of the live commerce platform page is

fascinating to me.
1. Live commerce platforms allow me to purchase the right product

more efficiently.

Chiu [67]
Davis et al. [65]

Lu & Su [68]
Venkatesh & Davis [59]

2. On live commerce platforms, recommendations can provide me with a more
comprehensive understanding of products.

3. Live commerce platforms improve my shopping judgments and
decision-making abilities.

4. Shopping on live commerce platforms helps my consumption.

Perceived
Usefulness

(PU)

5. Live commerce provides more effective interactions.
1. Live commerce platforms can adapt quickly without consuming a lot

of energy.

Davis [12]
Fishbein & Ajzen [56]

Venkatesh & Davis [59]

2. I am satisfied with the page design of live commerce platforms.
3. The interface of live commerce platforms makes interactions simple.

4. It is easy to make purchases and provide payments on live commerce
platforms.

Perceived
Ease of Use

(PEOU)

5. I think live commerce platforms make it easy for me to achieve my goals.
1. Live commerce platforms can adapt quickly without consuming a lot

of energy.
Boulding et al. [69]

Ajzen & Fishbein [56]
Fishbein & Ajzen [56]

2. I am satisfied with the page design of live commerce platforms.
3. The interface of live commerce platforms makes interactions simple.

4. It is easy to purchase and pay on live commerce platforms.

Intention to
Purchase

(IP)
5. I think live commerce platforms make it easy for me to achieve my goals.

1. I often shop on live commerce platforms.

Venkatesh & Davis [59]

2. I have recommended live commerce platforms to others.
3. Compared to traditional e-commerce platforms, I have recently been

shopping more using live commerce platforms.
4. I have recently spent a lot of money on live commerce platforms.

Purchasing
Behaviour

(PB)
5. We will continue to make purchases on live commerce platforms in

the future.
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